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urveys are an important and often
Sused method of data collection in

sport management research (Jor-
dan, Walker, Kent, & Inoue, 2011;
Olafson, 1990) and the social sciences in
general, due primarily to the fact that
they can provide information not easily
attainable through other methods (Wer-
ner, Praxedes, & Kim, 2007). A review of
articles published from 2009-2011 in
three prominent sport management
journals, the Journal of Sport Management,
Sport Management Review, and the Europ-
ean Sport Management Quarterly, sup-
ports the notion that survey research is
an often used method of data collection
in the field. Specifically, of the 242
articles that were published during this
time period, 92 (38%) have utilized sur-
vey research methods, supporting the
contention that survey research is a
prominent data collection method in the
discipline. However, the value of survey
research is impacted in large measure
by the willingness of individuals to par-
ticipate, low response rates are a con-
sistent concern among those who con-

duct, analyze, consume, or act on survey
results (Kano, Franke, Afifi, & Bourque,
2008). Low response rates increase the
likelihood of systematic bias in a study,
decrease statistical power, increase the
confidence intervals around the sample
statistics, and limit the types of statis-
tical analyses that can be conducted
(Dillman, Smyth, & Christian, 2009;
Jordan et al., 2001; Rogelberg & Luong,
1998; Rogelberg & Stanton, 2007; Rogel-
berg et al., 2003). A low response rate
can also undermine the perceived
credibility of the study and cause con-
sumers of the research to question key
findings. More importantly, a low
response rate can threaten the external
validity of the study due to the existence
of nonresponse error (i.e., bias intro-
duced when information obtained from
respondents is significantly different
from what would have been gathered
from nonrespondents). When non-
response error exists, survey results can
produce misleading conclusions that are
not representative of the larger popula-
tion. Thus, in order to infer findings
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back to a population, researchers must
conduct nonresponse analyses and
demonstrate through the results of these
tests that this error type was not a
threat, providing assurance that find-
ings obtained from the sample were
truly representative of the population.
Unfortunately, recent reviews of sur-
vey research in the social sciences
(Bartlett, Bartlett, & Reio, 2008; Dooley
& Lindner, 2003; Kano et al., 2008; Wer-
ner et al., 2007) have revealed that non-
response analysis is generally not in-
cluded as part of the research design,
and thus nonresponse error is largely
ignored, resulting in a significant limi-
tation on generalizability. Recently, Jor-
dan et al. (2011) examined the frequency
of nonresponse analyses in articles pub-
lished in the Journal of Sport Management
from 1987-2008. Of the 371 articles pub-
lished during this time 162 (43.7%)
articles were based on studies that uti-
lized probability sampling procedures
and survey methods resulting in 172
separate data collections. Of these, Jor-
dan and colleagues suggested that 144
needed to address the threat of nonre-
sponse (due to having <85% response
rate). From these 144, it was determined
that only 31 (21.5%) studies mentioned
nonresponse error as a threat to external
validity, and only 13 (9%) actually re-
ported performing any type of nonre-
sponse analysis, thus calling into ques-
tion the external validity of the other
131(91%) studies. Jordan et al. high-
lighted the importance of addressing
nonresponse error and called for further
examination on what methods might
work best for sport management re-
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searchers. This call for review echoes
previous assertions of Paton (1987),
Costa (2005), and Chalip (2006) who all
identified the need to improve the rigor
of research methods used in sport man-
agement through the process of review
and testing. So, while the threat of non-
response error is not unique to sport
management, it is a significant concern
given the high frequency of survey
methods used in the field combined
with the lack of attention to this source
of error (Jordan et al., 2011). Continuing
their efforts to promote discourse on the
threat of nonresponse error within the
sport management field, the present
study demonstrates the utility of three
methods of nonresponse analysis most
often used in sport management (Jordan
et al.) with the objective of establishing
convergent results as a way to identify
the presence of nonresponse error.

LITERATURE REVIEW

Threats from Nonresponse

The threat of nonresponse error re-
sults from obtaining information from
respondents that is systematically dif-
ferent from others in the sample and
thus, the population in general. Stated
another way, nonresponse error is the
impact of those that do not respond on
the estimation to the population (Miller
& Smith, 1983). Nonresponse error can
pose a threat to the external validity of a
study in situations where a researcher
fails to obtain a response rate of 100%.
The likelihood of achieving this level of
response in survey research that incor-
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porates some form of random sampling
is highly unlikely (Rogelberg & Stanton,
2007), and therefore it is the responsi-
bility of researchers to “design the study
with the intent of collecting and report-
ing information about nonresponse and
its effects on survey results” (Kano et al.,
2008, p. 480). Campion (1993) suggested
that editors and reviewers need to en-
sure that published studies have ade-
quate response rates, and that authors
have made reasonable efforts to max-
imize participation and establish that
the influence of nonrespondents does
not pose a threat to the generalizability
of study findings. To this end, some
scholars have posited a minimum re-
sponse threshold that could be deemed
acceptable. This search for the “elusive
acceptable response rate” (Rogelberg &
Stanton, 2007, p. 196) is problematic for
a number of reasons. First, there is in-
consistency as to what has been deemed
an appropriate response rate, one that
establishes that nonresponse error poses
a minimal threat to the external validity
of a study (Baruch & Holtom, 2008).
What has been suggested as an accepta-
ble response rate has ranged from a low
of 50% (Fowler, 1984) to a high of 90%
(Miller & Smith, 1983), with some schol-
ars suggesting 85% as a response rate
sufficient enough to offset the threat of
nonresponse error (Dooley & Lindner,
2003; Lindner et al., 2001; Werner et al.,
2007). A related concern on the topic of
a minimum response rate is that these
proposed thresholds are based on as-
sertions rather than empirical support
(Baruch & Holtom, 2008; Rogelberg &
Stanton, 2007). While it is true that the
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threat of nonresponse error decreases
with a higher response rate, researchers
are unable to completely rule out the
existence of this threat without some
form of nonresponse analysis. Given the
preceding discussion, we would reiter-
ate the recommendation of Jordan et al.
(2011) that researchers in sport man-
agement utilize nonresponse analysis
techniques for all studies (which use
probability sampling and survey meth-
ods) where the response rate fails to
meet the threshold of 85%.

Another justification often used in
published research is that the obtained
response rate for a given study is con-
sistent or exceeds that of similarly re-
lated research. Rogelberg and Stanton
(2007) addressed this issue stating,
“...although such descriptions do put a
response rate into context, the fact that
everyone else also achieves 30%, 40%, or
50% response does not help to demon-
strate that the reported research is free
from nonresponse bias” (p. 198). The
response rate of a study is a representa-
tion of quantity rather than quality
(Wilcox, Bellenger, & Rigdon, 1994) and
as such does not provide insight about
the presence, magnitude, or direction of
nonresponse error in a study. Con-
versely, a study that achieves a low re-
sponse rate, one that could be perceived
as a “fatal flaw”, does not by itself rep-
resent the presence of nonresponse er-
ror. Thus, researchers, editors, and re-
viewers who minimize the validity of
results based on a low response rate
without first addressing whether the
low response rate truly had an impact
on the findings of the study have done a
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disservice to the consumers of the schol-
arship (Rogelberg & Stanton, 2007).

Handling Nonresponse

According to Dillman et al. (2009)
there are four sources of error that pose
potential threats in survey research.
These four (sampling error, coverage
error, measurement error, and nonre-
sponse error) were referred to by Dill-
man et al. as the “cornerstones for con-
ducting a quality survey” (p. 9). As any
one type of error increases the results
and recommendations of the study be-
come increasingly suspect and less rep-
resentative of the larger population (see
Dillman et al., 2009, for a review of the
sources of error). Of the four types of
error, nonresponse has received the
least amount of attention by researchers
and journal editors (Dooley & Lindner,
2003; Lindner et al., 2001; Rogelberg &
Stanton, 2007). However, despite this
lack of attention, there remains a need to
address the issue of nonresponse, espe-
cially in sport management research,
where survey methods are a common
procedure for data collection (Jordan et
al., 2011).

Controlling for nonresponse error be-
gins with implementing a research de-
sign that incorporates, a priori, a plan
for handling nonresponse (Lindner et
al., 2001), which would include a data
collection methodology designed to
maximize participation (Dillman et al.,
2009). Following this, a researcher will
either achieve a response rate sufficient
enough to conclude that nonresponse
error is not a threat to the external va-
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lidity or have obtained a response rate
that necessitates the inclusion of nonre-
sponse analyses. Further, researchers
need to be prepared to explain what
methods were used to test for nonre-
sponse error, the results of these tests
and the remediation of any differences.
It is noteworthy that while many have
identified the importance of addressing
nonresponse error (Armstrong & Over-
ton, 1977; Miller & Smith, 1983; Rogel-
berg & Luong, 1998; Werner et al., 2007),
in large part, this threat has routinely
been overlooked by authors and edito-
rial boards. For example, Lindner et al.
(2001) found in the Journal of Agricultural
Education that 50% of the reviewed
articles where nonresponse error posed
a threat to the external validity of the
study failed to mention the threat, or
include appropriate nonresponse analy-
ses. Similarly, Dooley and Lindner
(2003) found in Human Resource Develop-
ment Quarterly that 60% of the articles
reviewed that should have included
nonresponse analysis did not mention
this type of error. Consistent with these
two studies, Werner et al. (2007) re-
viewed a variety of business journals
from three different tier rankings and
found that in the aggregate, only one
third of the relevant articles mentioned
nonresponse error as a threat to external
validity. The findings from these studies
are consistent with others (Bartlett et al.,
2008; Jordan et al., in press; Kano et al.,
2008) that have found for the most part
there has been minimal mention of non-
response error and a general lack of
nonresponse analysis in survey re-
search. These authors as well as others
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(cf., Miller & Smith, 1983; Rogelberg et
al.,, 2003; Rogelberg & Stanton, 2007)
have called for researchers to include
nonresponse analyses as part of the
research design of studies when ap-
propriate. Additionally, there has been a
call for editorial boards to establish
standards and expected actions of re-
searchers for handling this type of threat
to external validity (Baruch & Holtom,
2008; Rogelberg & Stanton, 2007).

Methods of Nonresponse Analysis

A majority of the early discussion on
nonresponse error identified the per-
ceived difficulty of making valid esti-
mates of survey nonrespondents. How-
ever, ensuing research established sev-
eral strategies that could be employed in
an attempt to reduce the impact of non-
respondents (cf., Bartlett et al., 2008;
Linder et al., 2001; Rogelberg & Stanton,
2007; Werner et al.,, 2007). Armstrong
and Overton (1977) were among the first
to suggest that it is possible to garner
information about nonrespondents
through various extrapolation methods
(i.e., a process of estimating nonre-
sponse bias based on statistical anal-
yses). These authors proposed three dif-
ferent methods for conducting nonre-
sponse analysis: (1) comparing known
values of the population with that of
respondents; (2) subjective estimates
based on comparisons between respon-
dents and nonrespondents on known
values; and (3) extrapolation based on
time trends and waves of responses. The
work of Armstrong and Overton served
as the basis for additional research on
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the topic, most notably by Miller and
Smith (1983), who suggested five
methods of nonresponse analysis: (1) ig-
nore nonrespondents; (2) compare res-
pondents to the population on char-
acteristics of interest known a priori; (3)
compare respondents to nonrespond-
ents on characteristics of interest known
a priori; (4) compare early to late re-
spondents on core study variables; and,
(5) sample nonrespondents a second
time. As noted, the first strategy pro-
posed by Miller and Smith is ignoring
nonrespondents, and has been the
method most often employed for articles
published in the Journal of Sport Man-
agement (Jordan et al., 2011). This stra-
tegy is only appropriate when a re-
searcher has obtained a response rate
sufficient enough to eliminate the threat
of nonresponse error. Because the ma-
jority of survey research fails to achieve
a 100% response rate or meet the re-
sponse rate thresholds that have been
proposed as minimum standards (e.g.,
85%) this study tested the utility of im-
plementing three of the four strategies
proposed by Miller and Smith (1983).
The decision was made to not sample
nonrespondents a second time as it was
not appropriate for the research design
used in this study. The present study
was part of a larger project which ex-
amined, in part, the response rates of
collegiate coaches based on the time of
year. The stratification of the sample
based on the time of year restricted us
from contacting nonrespondents after
data collection was completed. Addi-
tionally, the method of nonresponse
analysis was not implemented in the
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present study due to the increased cost
and time requirements associated with
this method. Further, oversampling was
a concern as participants in this study
received multiple invitations to partici-
pate in the study and thus an additional
request did not seem appropriate and
likely would have been viewed as a nui-
sance by participants. What follows is a
description of the three methods of non-
response analysis used in this study as a
means to identify the presence of nonre-
sponse error.

Method 1: Compare respondents to the
population. This method requires that
the researcher have access to infor-
mation regarding different characteris-
tics of the population of interest. Access
to this information will allow the re-
searcher to make comparisons between
respondents and the population in an
effort to identify any significant differ-
ences between groups (Dooley & Lind-
ner, 2003; Miller & Smith, 1983). Nor-
mally this process involves comparisons
based on demographic variables such as
age, sex, race, marital status, and other
characteristics retrieved from an ar-
chival database (e.g., membership in-
formation) prior to the initiation of the
study. While this method of nonre-
sponse analysis provides valuable in-
sight on how respondents compare with
the larger population, it is limited in
that no information is obtained on how
the groups differ on the dependent vari-
ables of the study (Rogelberg & Stanton,
2007). The analysis is based on the im-
plicit assumption that “differences in
independent variables are associated
with differences in dependent varia-
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bles” (Kano et al., 2008, p. 481). How-
ever, it is important to note that the
presence of difference between two
groups does not necessarily indicate
nonresponse error. This type of error
only occurs when independent variables
for which difference was found are di-
rectly related to dependent variables
being measured in the study. For exam-
ple, any differences found based on
household income level are only rele-
vant if related to the topic(s) of interest
for a particular research study (Rogel-
berg & Stanton, 2007). Therefore, re-
searchers comparing respondents to the
larger population must make sure that
variables used for comparison are re-
lated to the objectives of the study.

Method 2: Compare respondents to
nonrespondents. Similar to method one,
this strategy for nonresponse analysis
involves univariate comparisons be-
tween groups on independent variables
relevant to the purpose of the study. As
mentioned previously, these variables
are often demographic characteristics
that can be obtained from sources other
than the study survey. Again, caution
should be used when making inferences
based on these comparisons, as infor-
mation does not reveal differences
based on the dependent measures of the
study. However, this method of analysis
does provide insight into any differ-
ences between groups and if related to
the objectives of the study, should be
controlled in some manner by the re-
searcher.

Comparison between respondents and
nonrespondents can also occur by uti-
lizing the follow-up approach. This
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method involves randomly selecting
and resurveying a small portion of non-
respondents (normally with an abridged
version of the survey) by phone, mail or
e-mail. When using this method of anal-
ysis, Dooley and Lindner (2003) suggest
that in order to conduct the appropriate
analyses between the two groups, a
minimum of 20 responses be obtained
from the initial nonrespondents. The
collection of data from the follow-up
sample allows the researcher to make
comparisons between groups on both
independent and dependent variables.
While an advantage of this method is
that it allows for meaningful compari-
sons between groups on actual survey
topic variables, it is important to note
that any observed differences might be
the result of method effects rather than
true characteristics of nonrespondents
(Rogelberg & Stanton, 2007).

Method 3: Compare early to late re-
spondents. An additional method pro-
posed by Miller and Smith (1983) in-
volves comparison of early and late re-
spondents. By noting when surveys are
returned, researchers can separate re-
spondents into different categories.
Normally classification of early and late
respondents is based on whether the
survey was returned prior to any fol-
low-up methods employed as a means
to maximize participation. This method,
also referred to as wave analysis (Kano
et al., 2008; Lindner et al., 2001; Rogel-
berg & Luong, 1998), considers those
individuals who respond after the initi-
ation of a maximization strategy to be
high effort respondents who most
closely resemble nonrespondents. This
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extrapolation strategy considers nonre-
spondents to be a linear extension of
those participants that respond at the
end of the data collection cycle. There-
fore, any differences between early and
late respondents can be inferred back to
nonrespondents. An additional way to
compare early and late respondents is to
code “days to respond” as a continuous
variable and use it as an independent
variable in a regression equation with
the dependent variables of the study.
Finally, if no follow-up techniques are
utilized, Lindner et al. (2001) suggest
operationally defining late respondents
as those individuals who are in the later
50% of respondents and then conduct-
ing comparisons. While many have sug-
gested that late respondents can serve as
reasonable proxies for nonrespondents
(Dooley & Lindner, 2003; Kano et al,,
2008; Lindner et al, 2001; Miller &
Smith, 1983) this method is limited in
that late respondents are not “pure non-
respondents” based on their participa-
tion in the study and as such cannot
conclusively, by itself, indicate the pres-
ence of nonresponse error. Rogelberg
and Luong (1998) addressed this con-
cern stating, “although this approach
may be useful for determining whether
some bias exists, it cannot accurately
estimate the magnitude of the bias” (p.
63). Therefore, in an attempt to over-
come the limitations associated with
each of the proposed methods of nonre-
sponse analysis researchers should in-
clude multiple methods and seek con-
vergence of results.

Multiple methods. While the majority
of survey researchers in the social sci-
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ences fail to include assessments of non-
response error (Baruch & Holtom, 2008;
Rogelberg & Stanton, 2007), those who
do address the issue often use only one
method of analysis (Kano et al., 2008).
While completely ignoring the threat of
nonresponse error is generally not ap-
propriate in survey research, the inclu-
sion of only one method of analysis is
also a potential limitation. Werner et al.
(2007) discussed the problem of only
using one method of analysis, suggest-
ing “...the quality of analyses could
further affect our faith in the generaliza-
bility of findings of many studies. Issues
such as how many variables are com-
pared, the convergence (i.e.,
sistency) of the findings, the relevance
of those variables, the nature of the
comparisons, the nature of the popula-
tion, and the statistical tests used may
all affect the quality of nonresponse
analyses” (p. 293). The issue is similar to
that of amassing evidence for validity as
each of the different validation methods
(e.g., convergent validity) provides
unique insights but each has its own
strengths and weaknesses. There is no
one conclusive approach and no single
source of evidence that is capable of
combating all forms of threat. Rogelberg
and Stanton (2007) promoted the inclu-
sion of multiple methods of analysis
stating, “assessing the impact of nonre-
sponse bias requires development and
inclusion of different types of evidence,
and the case for nugatory impact of
nonresponse bias is built on multiple
pieces of evidence that converge with
one another” (p. 199). Further, the sta-
tistical method chosen by the researcher

con-
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can influence the magnitude and direc-
tion of the bias estimate, as each method
of analysis is based on different as-
sumptions (e.g., late respondents are an
appropriate proxy for nonrespondents).
Therefore, in order to obtain a robust
and balanced assessment of non-
response error, researchers should use
multiple methods of analysis when de-
termining the impact of nonrespondents
and by amassing convergent evidence
for external validity will strengthen con-
fidence in the findings obtained from
the study (Kano et al., 2008).

METHOD

Once again, the purpose of the present
study was to demonstrate the utility of
using three methods of nonresponse
analysis with the objective of establish-
ing convergent results as a way to iden-
tify the presence of nonresponse error.

Participants

As part of a larger project on survey
research, a stratified, random sample of
Division I head coaches (95% confidence
level with a sampling error of + 5%) was
selected to participate in the current
study. Specifically, head coaches from
one men’s and one women'’s sport (cho-
sen based on the highest number of in-
stitutions sponsoring each sport) from
each of the three NCAA seasons (fall,
winter, and spring) were randomly se-
lected to be in the sample (N = 950). The
selected head coaches from football (n =
84), women’s volleyball (n = 175), men’s
basketball (n = 190), women’s basketball
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(n = 183), baseball (n = 164), and softball
(n = 154) were sent emails with a link to
an online questionnaire. After two
weeks, nonrespondents were sent a
follow-up email reminding them of the
study. A total of 269 head coaches
(28.3%) completed the questionnaire.

Procedures

A spreadsheet was created to input
data of interest for this study. The
names of all 950 coaches in the sample
were included in the first column, while
their email address was in the second
column. The third column was used to
track responses (0 = no; 1 = yes, and be-
fore follow-up email; 2 = yes, after fol-
low-up email). A research assistant also
gathered the following information
(from a variety of internet sources) and
input the information into the spread-
sheet: a) coaches’ age; b) years of coach-
ing experience; c) career won/loss
record; and d) prior season’s won/loss
record. The online survey software al-
lowed the researchers to track responses
by respondent’s email address. Once a
questionnaire was completed, a “1” was
put into the response column of the
spreadsheet if it was returned before the
initial two week deadline and a “2” if it
was returned after the follow-up email
was sent. At the conclusion of data col-
lection, a “0” was put into the response
column for those who had not re-
sponded. The columns with the coaches’
names and email addresses were then
deleted.
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RESULTS

Comparing Respondents
to the Population

Miller and Smith (1983) suggested
gathering information on the popula-
tion, such as age, sex, and socioeco-
nomic status when attempting to com-
pare respondents to the larger popula-
tion. This could prove difficult with a
sample of intercollegiate athletic coaches
because of the mobility in this profes-
sion. For example, there were 22 coach-
ing changes (out of 120 programs) in the
Division I Football Bowl Subdivision in
2009 (“2009 college football coaching
changes,” 2009). However, with coach-
ing samples there is a common variable
that can be used to compare a group to
the population—season winning per-
centage. As a zero-sum proposition (i.e.,
one team wins and one team loses in
every contest), in any given season the
population’s average winning percent-
age will be .500. In the current study, the
average winning percentage was .490.
Using a one-sample f-test, the respond-
ent’s mean winning percentage was not
significantly different from the hypothe-
sized value of .500, t(267) = -912, p =
362, r = .06.

One might assume that the same
would be true for career winning per-
centage. However, it should be higher
than .500 because coaches with low
winning percentages will normally not
be retained. In the current sample, the
average career winning percentage of
the responding coaches was .523.
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Comparing Respondents
to Nonrespondents

A second method suggested by Miller
and Smith (1983) is a comparison of re-
spondents to nonrespondents on spe-
cific variables of interest. As previously
mentioned, characteristics of the sample
were gathered (age, number of years
coaching, career winning percentage,
and prior season winning percentage).
According to Miller and Smith, if non-
respondents are not statistically dif-
ferent from the respondents, the results
of a study can be generalized to the
sample and population. Independent
samples t-tests were used to compare

Nonresponse Error

respondents and non-respondents. Re-
sults showed no significant differences
on any of the variables mentioned above
(see Table 1), so the respondents were
deemed similar to the sample and the
population.

Comparing Early to Late Respondents

Finally, Miller and Smith (1983) sug-
gested late respondents are often similar
to nonrespondents. Therefore, if late re-
spondents are not significantly different
from individuals that respond early, re-
sults obtained from all respondents can
be inferred back to nonrespondents,
thereby controlling for nonresponse

Table 1
Comparison of Respondents and Non-Respondents on Variables of Interest

Respondent’s

Non-Respondent’s

Average (SD)  Average (SD) ! P
Age 45.23 (8.88) 46.23 (9.03) 1.45 149
Head Coaching Experience 11.51 (8.25) 10.57 (8.03) 1.61 107
Career Winning Percentage 523 (.14) 526 (.14) 23 821
Prior Season Winning Percentage 490 (.18) 504 (.19) 1.10 272
Table 2

Comparison of Late Respondents and Non-respondents on Variables of Interest

Respondent’s

Non-Respondent’s

Average (SD)  Average (SD) ! P
Age 44.81 (7.99) 46.23 (9.03) 1.62 .105
Head Coaching Experience 10.92 (8.03) 10.57 (8.03) 46 .645
Career Winning Percentage .525 (.15) 526 (.14) .09 931
Prior Season Winning Percentage 493 (.19) 504 (.19) .66 .510
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Table 3
Comparison of Early and Late Respondents on Variables of Interest
Respondent’s  Non-Respondent’s ;
Average (SD)  Average (SD) P
Age 45.63 (9.69) 44.81 (7.99) .75 452
Head Coaching Experience 12.08(8.43) 10.92 (8.03) 1.15 .251
Career Winning Percentage 522 (.13) 525 (.15) 13 .895
Prior Season Winning Percentage 487 (.18) 493 (.19) .26 794

bias. For this study, late respondents
were defined as those who completed
the questionnaire after the initial dead-
line (and after a follow-up email was
sent). A total of 132 respondents (49.1%
of the returns) were classified as late.
Independent samples t-tests were again
used, this time to compare late respond-
ents and nonrespondents. There were
no significant differences on any of the
four variables collected (see Table 2);
consequently, and congruent with Mil-
ler and Smith, late respondents were
similar to nonrespondents. Finally, an-
other independent samples t-test was
conducted comparing early and late re-
spondents. There were no significant
differences in these two groups (see Ta-
ble 3), so the respondents were compa-
rable to the random sample.

DISCUSSION

While the primary objective of the cur-
rent study was to demonstrate the im-
portance of addressing nonresponse
error in survey research, a secondary
objective was to continue the discourse

initiated by Jordan et al. (2011) on
methods to identify the presence of non-
response error in sport management re-
search. Specifically, we tested three
methods of nonresponse analysis pro-
posed by Miller and Smith (1983), given
that nonresponse is one of the four main
sources of error in survey research (Dill-
man et al.,, 2009) yet has received the
least amount of attention (e.g., Bartlett et
al., 2008). There are many factors that
contribute to the quality of survey
research. These include components of
the questionnaire or data collection in-
strument, characteristics of the popula-
tion, appropriateness of sampling tech-
niques and analytical procedures and
whether the respondents are truly rep-
resentative of the population (Kano et
al., 2008). Of these factors, the issue of
demonstrating that respondents are an
accurate representation of the popula-
tion has generally been overlooked in
the social sciences (Bartlett et al., 2008;
Baruch & Holtom, 2008; Kano et al,,
2008; Rogelberg et al., 2003) including
sport management (Jordan et al., in
press). Improving research methods and
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scholarship in sport management re-
quires that those who are part of the
discipline periodically review the re-
search methods and techniques em-
ployed. Paton (1987) was among the
first to identify the need for strength-
ening sport management research, a
concern later reiterated by both Costa
(2005) and Chalip (2006). In this light,
constructive effort to evaluate the meth-
odological rigor employed by sport
management scholars seems a necessary
ongoing step towards strengthening the
field.

In the sport management literature it
appears that more emphasis has been
placed on response rates rather than ef-
forts to handle the threat of nonresponse
error (Kent & Turner, 2002; Turner &
Jordan, 2008; Turner, Jordan, & Sagas,
2006). The response rate achieved by a
study is a contributing factor to the rel-
ative quality of the research, as there is
an inverse relationship between the re-
sponse rate and the presences of sys-
tematic bias (Bartlett et al., 2008; Rogel-
berg et al., 2003). Nevertheless, as indi-
cated by Rogelberg and Stanton (2007)
“response rate alone is an inaccurate
and unreliable proxy for study quality”
(p. 198). These authors go on to state:

We do not advocate that improving
response rates is a quixotic goal but ra-
ther that researchers’ major efforts and
resources should go into understanding
the magnitude and direction of bias
caused by nonresponse. We advocate
that researchers should conduct a non-
response bias impact assessment, re-
gardless of how high a response rate is
achieved. (p. 198-199)
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Therefore, the issue of nonresponse
error in the sport management literature
should receive more attention by indi-
viduals conducting the research, edito-
rial boards reviewing the work, and
those that are consumers of the research.

The relatively low response rate
achieved in this study could be per-
ceived by many as having a detrimental
impact on the validity of the study and
thus the generalizability of the findings.
It is noteworthy that the response rate
(28.3%) achieved is fairly consistent with
other studies that have examined the
population of intercollegiate coaches
(e.g., Cunningham, Fink, & Sagas, 2005;
Cunningham & Sagas, 2004; Farneti,
Christy, & Turner, 2009; Kent & Turner,
2002; Turner et al., 2006). However, as
indicated by Rogelberg and Stanton
(2008), a response rate consistent with
previous research utilizing a similar
population or having parallel objectives
does not constitute a measure of data
quality or reveal the presence of nonre-
sponse error. Therefore, as discussed
previously, researchers are encouraged
to disconfirm the presence of nonre-
sponse error by demonstrating conver-
gence of findings obtained from the uti-
lization of multiple methods of analysis.
Such an endeavour was initiated in the
present study and findings from the
three forms of analysis confirmed that
respondents where indeed similar to
nonrespondents as well as the larger
population. Despite having less than
one third of the sample participate in
the study we were able to demonstrate
that the respondents were similar to
nonrespondents, as well as the larger
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population. By utilizing multiple meth-
ods of analysis, the limitations associ-
ated with each method were overcome.
The tables included clearly show negli-
gible differences amongst the groups
(i.e., effect size values), thereby offering
assurance that no Type-II errors were
made in concluding no group differ-
ences existed in the sample.

In the present study, respondents
were compared with nonrespondents
and the population of interest on several
characteristics, one of which was win-
ning percentage. While directly related
to objectives of this study, it is unlikely
that this variable could be used as a
measure for comparison with studies
not involving coaches. However, in a
similar manner, researchers should
identify characteristics for comparison
relevant to the objectives of the study
and population of interest. Following
this, researchers should locate and ac-
cess information related to these char-
acteristics for the purpose of conducting
nonresponse analyses. For this to be
possible researchers must include as
part of the research design, mechanisms
for testing the impact of nonrespond-
ents. A common practice is to include
various demographic variables as basis
for comparison (Armstrong & Overton,
1977; Dooley & Lindner, 2003; Miller &
Smith, 1983). For example, variables
such as age, length of employment, so-
cioeconomic status, race, marital status,
and education are often used for com-
parison (Rogelberg & Luong, 1998; Ro-
gelberg & Stanton, 2007), but have been
inconsistent in their ability to detect dif-
ference across various studies. Re-
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searchers in sport management are en-
couraged to include demographic mea-
sures, if directly related to the core vari-
ables of the study, and/or measures of
other characteristics relevant to the pur-
pose of the study (e.g., winning percent-
age in the present study).

Limitations and Future Research

This study demonstrated the utility of
three methods for nonresponse analysis
proposed by Miller and Smith (1983),
which represent the three most common
approaches for identifying nonresponse
error (e.g., Bartlett et al., 2008; Dooley &
Lindner, 2003; Lindner et al., 2001; Ro-
gelberg & Stanton, 1998, Werner et al.,
2007). The methods chosen for this
study were done so on the basis of being
relevant to the objectives of the study
and thus an appropriate component of
the overall research design. Please note
that these are certainly not the only
forms of analysis or that they neces-
sarily constitute best practices for non-
response analysis. For example, Rogel-
berg and Stanton (2007) recently pro-
posed a conceptual outline of a nonre-
sponse bias impact assessment strategy
(N-BIAS) composed of nine techniques
for nonresponse analysis. The first three
techniques proposed by these authors
were discussed previously and tested as
part of this study. The remaining six
techniques are new approaches to non-
response analysis and are based on re-
cent research findings (see Rogelberg &
Stanton, 2007 for a review of the nine
techniques). While the N-BIAS approach
is based on current understanding of
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nonresponse bias, it does represent new
methods for handling this type of error
and as such needs to be empirically
tested. Sport management researchers
are encouraged to investigate the feasi-
bility of incorporating multiple tech-
niques from N-BIAS as a means to con-
trol nonresponse error and advance cur-
rent knowledge on how best to demon-
strate that data are representative and
without substantive bias.

Examination of nonresponse error
with other samples will help to deter-
mine if findings from this study can be
confirmed with other populations, given
the delimitation of having only utilized
coaches in the current study. One limi-
tation of the current study is that a sin-
gle data source doesn’t allow for cross-
sample comparisons which might reveal
differentiated effectiveness among the
methods. In addition, it is notable that
this study did not attempt to address
the underlying reasons that nonre-
sponse occurs and the influence this can
have on the external validity of a partic-
ular study. Survey nonresponse can oc-
cur for a number of reasons; however
there is consensus among many scholars
that nonrespondents can be grouped
into two general categories (Kano et al.,
2008; Rogelberg et al., 2003). The first
category of nonresponse is passive in
nature and can represent a decreased
threat to the external validity of study
findings. This form of nonresponse is
not based on a conscious or overt deci-
sion to refrain from participation in a
research study but rather occurs for
random reasons. For example, a passive
nonrespondent could be an individual
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who fails to complete a survey ques-
tionnaire because of lack of time or for-
getfulness. The second classification of
nonresponse, termed active non-
response, is the result of an individual
making a conscious decision to not re-
turn the survey questionnaire. This re-
fusal is non-random and normally oc-
curs immediately upon receiving the
solicitation for participation (Kano et al.,
2008). Although passive nonrespond-
ents can be influenced by techniques
intended to maximize participation (e.g.,
Dillman’s Tailored Design Method) in-
dividuals that purposefully withhold
their involvement are generally resistant
to these efforts (Rogelberg et al., 2003).
There is a limited amount of research on
the motives for nonresponse; however,
preliminary work does suggest that
nonrespondents in the passive group
most closely resemble respondents,
while those in the active group are nor-
mally quite different (Kano et al., 2008;
Rogelberg et al., 2003; Rogelberg &
Stanton, 2007). Therefore, researchers
should not assume that all nonrespond-
ents are the same but rather attempt to
gather as much information about this
group as possible to more clearly under-
stand the reasons for nonresponse.
There is a need for researchers to deter-
mine the underlying reasons for non-
response in sport management as way
to more completely understand the phe-
nomena.

Failing to address the issue of nonre-
sponse error will continue to limit the
external validity of much of the research
published in sport management jour-
nals. The methods utilized in this study
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are consistent with those proposed by
Miller and Smith (1983) and supported
by scholars in other academic disci-
plines (e.g., Bartlett et al., 2008; Dooley
& Lindner, 2003; Lindner et al., 2001;
Rogelberg & Luong, 1998; Werner et al.,
2007). If through subsequent research it
is discovered that these methods or oth-
ers that have been proposed, are effec-
tive in addressing nonresponse error,
they should become established practice
and editorial boards should evaluate
academic scholarship, in part, based on
the inclusion of nonresponse analyses
when appropriate. While there is no
way to completely eliminate the threats
of this (and other) sources of error, we
can at least be assured that we have
mitigated the risk. If ineffective in ad-
dressing the issue, work should be initi-
ated which seeks deeper understanding
of what methods will most appropri-
ately address nonresponse error and the
threat it poses to the external validity of
sport management research.
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