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The syndicated loan is become more and more important for fimaiading. We study
three important aspects of loan syndication: the lead arrangpusation effect on syndicated
loan pricing, the switching behavior for repeat syndicate loansheneffect of country-specific
bank-firm ownership structure on syndicated loan pricing and bank-@latianship of repeat

loans.

The first chapter analyzes the reputation effect of the le@thger on syndicated loan
pricing, based on a sample of loan facilities to non-financial Br®s over the 1994-2006
period. Theory suggests that the reputation/spread relationship srengdally be positive
because more reputable lenders usually employ more costly loaenisg and monitoring
techniques and therefore must be compensated with a higher spfeadcontrolling for
endogeneity in lender-borrower matching, the empirical results gteivthe reputable arrangers
charge a “reputation premium” for monitoring and due diligence, anddhenitment against
extracting the information rent from borrowers. The resulte aloow that the less-reputable
arrangers offer a “reputation discount”, since the market congrefitom both the loan market
and bond market makes it more difficult for less reputable amrsrigesustain the reputation

mechanism. In addition, the reputation effect on pricing becomessigs$icant when the



borrower enters a repeat loan relationship with a prior or exigmdgr. Finally, the study finds
that the arranger’s reputation can reduce the lead shareetetayrihe lead arranger in its loan
portfolio, which serves as evidence that reputation also mitigaeesnformation asymmetry

between the lead arranger and participant banks.

The second chapter analyzes the switching behavior for two wtfpespeat loans:
migrating loans that remain within the same bank reputatiors ead loans migrating to a
different reputation class. The theoretical literature arghes banks (lenders) and firms
(borrowers) benefit from entering into a relationship-lending amamemt. In the syndicated loan
market, however, it is very common for repeat loans to switch soenbank to another. We
present a model that establishes conditions for implementing eahpmiestigations relating to
relationship lending and the characteristics of the separagjadjbeium in the loan market.
Using explanatory variables describing firms, loans, and loan syesljoat find that lending
within the high quality bank sector reveals evidence that is censisith relationship lending.
That is, some firms forego longer maturity loans and less ovetsightnain with their original
lender. A similar finding does not hold for repeat lending in the doyuality bank sector.
Regarding loans that migrate in either direction betweenhitle and low quality banking
sectors, firm risk is the most important determinant. Relgtiviekier firms move down to

lower quality lenders while relatively safer firms move up to higher qualigers.

The third chapter investigates the determinants of loan pricimd) r@peat loan
relationship for a sample of 6,180 non-U.S. firm-loan observations fopehed 1998-2007.
This paper focuses on the relation between a country-specificngmee indicator and country-

specific bank-firm ownership structures on loan pricing and the geament of a lending



relationship between the syndicate bank and firm. We evaluate atiemship between country-
specific bank ownership structure and the main characteristidean, which are mainly
measured by loan pricing and loan switching decision. The paperresathree interrelated
guestions: 1.How is loan pricing affected by country-specifitkdem ownership structure? 2.
Does country-specific bank-firm ownership structure influencedéwsion to switch lenders in
the repeat loan market? 3. Is country-specific bank-firm cstangistructure more important for

a borrower to migrate to a higher reputation lender than to a lower reputation lender?

We use loan-characteristic, bank-characteristic, and firmacteaistic variables as well
as country-specific corruption and country-specific bank-firm ownmerstructure variables to
explore the effect on loan pricing and loan-switching decisionsngUkgistic regression
analysis, we find that loan switching is less likely for firmsen the bank controls the firm,
especially in the case of a bank-controlled firm borrows from aréputation syndicated loan
lender. However, when the firm controls a local bank, there is no tropabe firm’s switching
decision in the syndicated loan market. The bank-controlling firas ikely to switch as a firm
that does not control a bank even though the firm is more opaque to thadimaarket. Our
results suggest that in the international syndicated loan markebatiiefirm relationship is
partly shaped by country-specific characteristics and infitomaasymmetry of firms to the

financial market.

These chapters explores the bank and firm behavior in the syndloate market and
make the contribution to the literature by offering further knogdednd deeper understanding

about the bank-firm relationship and behavior in the loan syndication structure.
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CHAPTER 1

THE REPUTATION EFFECT ON LOAN PRICING IN THE SYNDICATED LOA N

1.1. Introduction

MARKET

Bank loan syndication is a sequential process, as shown in Figurddring this

process, the firm solicits syndication offers to arranger bank dhat mandated to form

syndication, and negotiates the loan agreement with the chosen ariidmgarranger prepares

the loan contract and allocates loans among syndicate members.

Figure 1.1 Syndication Loan Origination Process
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The loan syndication provides benefits to borrowers, arrangers aticipaat lenders,
though it also comes with costs and the most prominent one is an ggeftym due to
information asymmetry between the arranger and participanbersmn the syndicated market,
to control for cost inefficiency and free-rider problem assodiatiéh multiple lenders the
monitoring role is generally delegated to one or more lead loangamalhe lead arranger acts
as an “informed lender” while potential participants are “uninfariemders” who rely on the
information and monitoring conducted by the arrahg€his dependence raises the possibility
that syndicate members may be exploited by the arrange¥. Bafhien information asymmetry
of the borrowing firm is severe, to mitigate the problem ofahbazard and adverse selection,
the participating members generally require arranger tandsighe quality of the loan by
retaining a financial stake in the borrowing firm to ensure eli@ge and commitment against
exploit its information monopoly. In additional to retaining a loan shatts portfolio to reduce
the moral hazard and adverse selection problems of information asynithe arranger’s
reputation can also act as a strong tool to mitigate the ageablem between the arranger and
participating members. Sufi (2007) shows that asymmetric infoomdetween the lender and
the borrower affects the structure of the loan syndication, ande#lagedrranger and borrower

reputation can mitigate information asymmetry problems in the syndication.

This paper analyzes the syndicated loans lent to non-finah@&alffirms from 1994-2006
to explore reputation effects on the pricing of the syndicated loareTheoretical foundations

of corporate finance are explored: information asymmetry, bankseerrcelationship and the

! Holmstrom(1997), Holmstrom and Tirole (1997), and Gorton and Pennachi (1995).

% Simons (1993) notes that syndicated participants evaluate thie afr¢he borrower by relying on the
information provided by the syndication arranger.

¥ Hauswald and Marquez (2000) show the financial intermediary pprogriate its informational
monopoly. Panyagometh and Roberts (2002) show that the lead bank mayatsyrudit a large
proportion of a potentially problematic loan to syndicated members.



reputation mechanism. Specifically the paper analyzes howdaaleanger’'s reputation affects
the pricing of a loan, under different subsets of bank-borrower relaipsn&ind arranger’s

reputations.

Theoretical studies on reputation effect generally predict diyosiorrelation between
the reputation of a producer and both the prices and quality of the. Jduwwetically, Sharpiro
(1983), Allen (1984), and Chemmanur and Fulghieri (1994) demonstrate thatrtaimaine
equilibrium, premium fees need to be charged to compensate foloshenfcinvestment in
reputation. Empirically, Fang (2005) demonstrates that a feeiyrens required to induce

honest information production in the bond market.

One problem with previous studies is that many of those reseaaskame that the
lender’s return is independent of the competition, as pointed out by(Ed0). He examines
how credit market competition changes the effectiveness of banlkatiepuio enforcing bank’s
commitment. His model demonstrates that relationship lending tattcampetition not only
from other banks but also from the bond market, and bank’s incentive gockeamitment is
derived as a function of its reputation, the number of competitors, thpetitons’ reputation
and competition from the substitutive market. This dual competitionreamstoank’s ability to

extract informational rents from lending relationships.

Our application of the Dinc’s theory would be: the level of competitietermines the
relative benefits and costs of keeping its commitment and corresgbndietermines how
reputation affects loan price. To better measure the reputatext ef the lender on the pricing
of syndicated loans, this study runs the sample as a full samdleepeat loan sample

separately. By separately focusing on the repeat loansttitig partially controls the effects of



measurable and non-measurable information asymmetry on the loag and correspondingly

obtains a clearer view of the pure reputation effect.

This study assumes that the non-monotonic levels of competition ligdeanks induce
non-monotonic reputation effects on pricing. The syndicated loan marthighly concentrated.
There are a small number of large commercial banks dominagnmarket The much larger
number of smaller banks accounts for a small market share andesubpyiselling a limited line
of “specialized” or “discounted” loan services. In all industriee,demand curve plays a role in
price setting; however, the particular role the demand curys plaan industry depends on the
particular “industry structure” or “competition level” in that inthys As a result, it's not
surprising that the most reputable banks and less-reputable baekgufee different levels of
competition. Thus the impact of reputation on pricing is not necessagbr, but would rather
demonstrate a non-monotonic relationship among reputable and less-epetabbrrangers.
Our empirical results demonstrate that the top reputable leadgar is capable of charging a
premium for its monitoring and certification roles and its commaitta against exploiting the
information advantages about borrowers and participants. The lessbltepateanger, on the
other hand, provides a reputation discount to compete with the top reputakdarbéhis highly

concentrated and intensely competitive market.

* From year 1993 to 2005, the largest 4 commercial banks account fors@86udf the syndicated loan
market share, and the largest 8 commercial banks accourttdot 20% of the market share (Table 3
Panel B). At the banking holding company level, the concentratiai Ieveven higher: the largest 4
banking holding companies account for approximately 75% of the syndicated markedrsthéhe largest
8 bank holding companies account for about 80% to 85% of the share frono123®3 (Table 3 Panel
A).

4



We also test the effects of arranger reputation on the loae sbé@ined by the lead
arranger in its portfolio. The results show that in almost ali samples, lead arranger’s

reputation has a significantly negative effect on the loan share retairtigegantfolio.

This study contributes to the prior research in the syndicatedalieea in the following
ways. First, the study focuses on both the full loan sample anglbiset of repeat syndicated
loans and partially control the moral hazard problem; as a comsegjuthe research is able to
provide a greater insight into the effect of arranger reputatitecteon reducing adverse
selection and correspondingly, its effect on the loan spread chardemirower. Second, the
paper analyzes the reputation effect on the loan spread under different borravségtidgs and
market competition levels. To the best of our knowledge, there has bestudyo on the
reputation effect on the loan spread that considers both relationshipgemdi different levels

of competition simultaneously.

The paper proceeds as follows. Section 2 discusses the relaredutd. Section 3
describes the theoretical framework and shows how to implementamswork empirically.
Section 4 describes the dataset and major variables. Sectimesbtige empirical results and

section 6 conducts some robustness checks. The last section concludes the study.

1.2. Related Literature

Financial intermediaries reduce the information asymmetry afions and partially
resolve the agency problem by assuming the role of ‘delegatetars’ (Berge and Udell

(1995), Boot and Thakor (1994), Diamond (1984), Holmstrom and Tirole (199Y,) tetmugh



the bank-firm relationship also comes with costs. Boot and Thakor (28B6aj)pe (1990), and
Rajan (1992) demonstrate that the lead bank or a relationship lesdierability to exploit its
information monopoly over borrowers and syndicated participants. Contsisiia this view,

Steffen and Wahrenburg (2008) finds that undercapitalized banks chargelbaghepread for
loans to firms facing a high switching cost. On the other hand, hag@009) finds prior
relationship tend to reduce the information advantage of relationship badks associated

with a lower loan spread.

The function of the syndication loan arranger is comparable toofhthe underwriting
investment bank. Chemmanur and Fulghieri (1994) show that reputableeasrangerwrite less
risky issues, obtain higher prices for the issuers, and recgjier compensation. James (1992),
and Livingston and Miller (2000) find that reputable investment bankggeHamwer fees in
comparison to their less reputable rivals in IPO underwriting and baddrwriting market,
respectively. Fang (2005) shows that more reputable investment baaks lobter yields for
issuers and these banks charge higher fees, which are cons&leepdtation rents. The mixed
empirical evidence can possibly be explained by the endogendity matching between issuer
firms and arrangers (or underwriters). Fernando et al. (2005) and(Eadg) show that high

quality issuers are more likely to link with high quality underwriters.

Research closet to this study is those analyze the influerthe afranger’s reputation on
the syndicated loan structure and spread. Dennis and Mullineux (2000ande®ullineux
(2001), and Panyagometh and Roberts (2002) find that borrowers payihbevest spreads by
choosing a reputable arranger. Sufi (2007) find that a larger sh#ne tdan is syndicated out

when the arranger is reputable and arranger reputation can Iparédlce information



asymmetry. In contrary, using European syndication loan data, BasicBteffen (2007) find no
evidence of lower spread for the opaque borrower who borrows froneplsable arranger,

suggesting the arranger’s reputation does not mitigate the information asymme

The mixed results of reputation in the syndicate loan marketduayo the endogeneity
in the matching between the borrowing firm and the syndicatnger or due to the non-
monotonic levels of competition faced by the syndicate arranDers.(2000) presents a model
to determine a bank’s market power and its strategy as adanatithe competition. In his
model, banks offer the rescue commitment to borrowers. The entry obaeke that offer a
rescue commitment would increase the number of reputation banks, arel doeverge the
information rent to zero and make the reputation mechanism motith sustain. Additional
competition may benefit the reputation mechanism when the number ofibamkall; hence an
intermediate number of banks are optimal. Whereas the entry obaueks that offer no rescue
commitment would make the reputation mechanism easier to sastditower the minimum

credit quality demanded for relationship lending.

1.3. The Model and Hypotheses

Dinc (2000)’s model has the following empirical implications for $lgadicate bank loan
market. First, the effects of credit market competition afferént for different types of bank
lending. Second, the impact of a change in competition may not be manbtdninay show
qualitative differences at different levels. Based on Dinc (2000)’'s modalewve the following

hypothesis. For a reputable arranger, the average credit pfatity borrowers, who are offered



relationship lending that requires more monitoring and due diligence adesri the bank faces
competition from the bank that cannot offer a high-level of monitoring and due diligemdbeF
reputable arranger, the interest rate spread and the sharatmhnstlip lending in the bank’s
loan portfolio increases. For a less-reputable arranger, asutider of banks with good
reputation increases, the reputation rent converges to zero; hdxamimes more difficult for
the less-reputable arranger to sustain the reputation mechanigrefdre, the interest rate

charged by the less-reputable arranger decreases.

The reputable arranger should be more committed against opportumestayvior.
Therefore, other things equal, the spread on a syndicated lo&e bgputable arranger should
be higher than that of a comparable loan by a less-reputablegarrsince the more reputable

arranger provides a guarantee against the exploitation of its private itilmrma

The syndicated loan market is dominated by the largest conahbemiks. Thus, the
degree of competition within the large bank and small bank sectaysbm quite different,

leading to a non-monotonic effect on the reputation mechanism.

Consider the benefit and cost of a commitment for reputable andejassble banks
respectively. The small bank sector is more competitive, whichyirmpsmaller return for
relationship lending and thus predicatively greater the benefitseakimg its commitment. A
reputable arranger holds relatively more reputation assetss ipaittfolio and faces less

competition. Breaking its commitment will allow it to switch into arm’s lérighding.

BenefitSeputable< Beneﬁtsnon—reputable (1- 1)

® From year 1993 to 2005, the largest 4 commereiakb account for about 50% of the syndicated loarket
share (Table 1.3 Panel B).



Since the reputable arranger also faces a relatively loarapetition level than the less
reputable arranger; the punishment for breaking the loan commiisnesiatively smaller. This

implies that the cost of breaking the commitment is also lower.
COStS{eputabIe< COStSnon—reputable (1.2)

For the reputable and for less-reputable arrangers, the redagivef the ratio of costs to

benefits of breaking the commitment is ambiguous.

Costs <> Costs (1.3)
Benefits Benefits ~
reputable non - reputable

To encourage both reputable arrangers and less-reputable arrangkeeptothe
commitment to the relationship lending, premium is required. On the lodinel, the arranger in
the intermediate range has the comparable benefits and costeasfngrthe commitment;

therefore, a premium is not essentially required.

We first run the regression of reputation on the loan spread by th&in@riableViarket
Shareand the variablé&quared Market Sharép determine the presence of a non-monotonic
relation between reputation and the loan spread. Then we split theesatopiwo groups: one
group consists of loans syndicated by reputable banks, which reprppeokimately 75% of
the total syndicated loan market share between 1994 and 2006, and thgraaibeconsists of
loans syndicated by less-reputable banks, which represent lasg5taof the total syndicated
loan market share over the same period. We expect that the remriddiess-reputable banks
will charge different prices for a comparable loan due to tfierdnt levels of competition they

face.



Hi: The reputable and less-reputable arrangers face different levelsngpetition in the
loan market; therefore, the reputation effects on pricing differ betwleem and represent a

non-monotonic relationship.

For the full sample, the general form of the regression exantigerelation between the
arranger’s reputation, as measured by the lead arrangeketnshare in the previous year and

the syndicated loan spread, as measured by the All-in-Drawn &pread

AISD = + f;* Reputation+f, * (Reputationy + y * Control Variables +¢ (1.4)

To obtain a clearer look at the reputation effect, we also dividesample into two
groups: loans syndicated by reputable banks, and loans syndicates$dgdetable banks. The

regression follows:

AISD =a + f * Reputation +y * Control Variables +¢ (1.5)

The expected sign ¢f for the reputable arranger group is positive, implying that for a
reputable arranger, the higher the arranger’s reputation, therlifghloan spread it charges. On
the other hand, the expected sig dbr the less-reputable arranger group is negative, indicating

a possible reputation discount offered by the less-reputable arranger.

Information asymmetry is more severe for a private firm @sypecially for a borrower
who enters the syndicated loan market for the first time. Vgeaxhat the different reputation

effects on pricing will be more significant for private borrosyevhile for a borrower who enters

® The amount that the borrower pays the lender each yeardierdediar borrowed in the case of a term
loan, and for each dollar drawn off a credit line in the case of a loan commitmentaWwmeadlrin spread
equals the coupon spread plus the annual fee. Most spreads aneeche@sa markup over LIBOR. In
cases where they are based on another benchmark, Loan Pricing @urpoekes adjustments to the
drawn all-in spreads.

10



the syndicated market for the second time with the same arréorgthe acquiring arranger who

inherits the prior relationship), the different reputation effects would ladishppear.

H,: Different reputation effects on pricing between reputable and I|gsdable

arrangers are more significant for private borrowers than for public borrowers.

We divide the sample into the two groups: one group consists of loansatgadio
public borrowers, and the other group consists of loans syndicated to [movedevers. As the
same as for the Hypothesis 1, we redo the two regressions sgpéwatboth the public and

private groups.

In the first regression which uses both reputation and the squarepuhtien as
independent variables, the expected sign of reputation should remativeega the expected
sign of the square of reputation should remain positive for both groups. However theasigai

levels among the two groups should be different. The second regression is the isafh&ns

The expected sign ¢f for the reputable arranger group should remain positive, but the
coefficients would be larger for the private sample than foripwalmple, indicating that the
higher the arranger’s reputation in this sample, the highgoréraium the arranger charges the
private borrower vs. the public borrower. On the other hand, the expeatedf gidor the less-

reputable arranger group should remain negative.

This study also analyzes whether a repeat loan relationshipnhefeat on the loan
spread. Prior or existing relationship lending between the borrawkthe lender reduces moral
hazard, in that the lead arranger would charge a lower fee ipac@nn to fees charged to a new

borrower. However, because the lead arranger has acquired pmicateation, the probability
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that it might exploit its information monopoly against the partioigabanks increases, which

raise the likelihood of adverse selection. Hence participantsdwitarhand a higher spread on a
repeat loan to compensate for the higher risk of exploitation. The gnenge on a repeat loan
therefore depends on the relative sign of the offsetting impact®dueral hazard and adverse

selection.

Hs: A repeat loan relationship reduces the arranger’s information asymrabout the
borrower but raises the arranger’s ability to exploit its private infiation. If the moral hazard
dominates, a repeat loan would show a lower loan spread; if adverse seldotitinates, a

repeat loan would show a higher loan spread.

AISD =a + f * Reputation +y * Control Variables +¢ (1.6)

A negative value fopf shows that the moral hazard problem effect on a repeat loan has

fallen more than the adverse selection effect has increased. The oppositesnaigositive.

The study also analyzes whether the significant reputatiocteffemain on repeat loans.
Reputation is supposed to reduce the explanatory power of informayiormasry by the lead
arranger and the moral hazard behind the borrowers. In thioirsto a borrower, moral hazard
is a dominant determinant of the spread. In a repeat loan, adverse selectiorstatonmortant
factor. A lender with a low reputation should therefore require greaimpensation for the
potentials and hence a huge spread. This implies that a negatifieie@oiefor the interactive

term of repeat dummy times reputation.

H4: Different reputation effects on pricing between reputable and less-reputabl

arrangers are less significant when the borrower enters a repeat loatorethip with the same
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arranger (or the acquiring arranger who inherit the prior relationship) if thedationship
lending reduces the extent of moral hazard more than it raise the ek@mierse selection, and

vice versa.

This study divides the repeat loan sample into three groups: aditiepes; repeat loans
to public borrowers, and repeat loans to private borrowers.cim g@up, the sample is further
divided into loans syndicated by reputable arrangers and loans sgddimatiess-reputable

arrangers. The study runs the regression separately for the three groups.

AISD =a + f * Repeat Dummy 4 * Control Variables +¢ (1.7)

Under the repeat loan context, the expected sigh fof the reputable arranger group
would be positive. Fromis, we expect that in repeat loans, moral hazard dominatesniation
asymmetry; hence, it is expected that reputation has lesstiompé#uwe pricing of the repeat loans
because the relationship lending reduces moral hazard more thareéses adverse selection.
However, for private borrowers, the agency problem of adverseisaléy the arranger could
be more severe and the coefficient could be more likely to bgnifisant or ambiguous for the
private repeat loan sample vs. public repeat loan sample. The ekgapteofp for the less-
reputable arranger group would remain negative, and the coefficient weularger for the
private repeat loan sample vs. public repeat loan sample, bugnifecance level is expected to

be lower.

In the empirical analysis, we estimate a cross-sectional Inebdeans between paired

lender-borrower relationships. To partially control for the moral tehpeaoblem, we also redo
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the analysis for the sample restricted to the repeat loahspwir or existing lender-borrower

relationships.

Ilvashina (2009) indicates that the lead share held by thegarramd loan spread are
simultaneously determined. Under the case of severe informatyomaetry, if the participating
members think the arranger holds negative information, they will neegurisk premium. This
risk premium will be lower if the lead arranger holds a latgan share in its portfolio. This
paper also examines the relationship between the lead arrarggartation and the lead share
retained by the arranger. It is expected that the leadgamanreputation mitigate its use of
information asymmetry to exploit participants. Therefore, the highe lead arranger’s

reputation, the lower the percentage of the lead share retained in its portfoli

Hs: The higher is the arranger’s reputation, the lower is the percentadeadfshare

retained in its portfolio.

The general form of the regression examining the link betweerletite arranger’s

reputation and the lead share retained by the lead arranger is:

Lead Share = + 8 * Reputation +y * Control Variables +¢ (1.8)

The expected sign ¢fin (1.8) is negative.

To account for firm specific effects of informational opaquendss, study includes
several controls for default risk, such as the log of the borievessets, R&D expenses,
leverage ratios, ROAs, and S&P senior debt ratings at cloge Hdrrower is not a public firm,

the study includes the firm’s sales at loan close date, dedher the parent company has a
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ticker to control for possible information opaqueness. The study als@isofar important loan
contract characteristics, such as the loan facility sizdjtyatype, loan purpose, loan maturity,

loan covenants, and whether the loan facility is sponsored or secured.

1.4. Data And Sample Description

The data are derived from several sources. Loan information, including bordensty,
lead lender, participants, origination date, all-in-drawn spread, &maount, maturity, loan
purpose, loan type, borrower credit rating, and borrower’s salepaahglcome from Reuters
Loan Pricing Corporation’s (LPC) DealScan. LPC reports loanatdtee “facility” level as well
as the “deal” level’ As syndicate structure and size as well as contract terms (e.qg. tyn&bari
amount, spread) and facility types (e.g., term loan or revolverdiffer across facilities in one
deal, the analysis in this paper is at the facility level. §thdy exclude syndicated loans without
detailed loan information (e.g., loan spread, loan amount, loan matuarket share and lead

share of arrangers, or number of participating banks.)

Firm financial characteristics are from Compustat. Since d8€s not provide a reliable
identifier that can be used to merge the loan data with other spwweehand match the
borrowers in LPC DealScan to Compustat by using borrowers’ narhesddta we collect are
similar to Bharath et. al. (2006). For loans made in calendart,ykease fiscal yeat data if the
loan origination date is at least 6 months after the end of tted fisar; otherwise, we use fiscal

yeart-1 data.

" The basic unit of observation in DealScan is difp¢“loan”). If firms enter into multiple facilies at the same
time, different facilities are syndicated into ateal.
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Data availability limits the sample period to 1994-2006. The coveodgg/ndicated
loans from DealScan improves dramatically after 1994. In this stuelyonly consider dollar-
denominated loans to U.S. companies. And we remove loans to borrowereneithgit SIC

code 6 (financial institutions).

Loan pricing is measured by “all-in-spread drawn”, the totadual spread paid over
LIBOR or other base rate (e.g. Prime) for each dollar drawrcohtrol for loan characteristics,
the analysis includes the loan amount, loan maturity, whether theslaatured or not, loan
type, loan purpose, whether the loan has covenants, and whether the $pmmsered. To
control for borrower credit risk and information opacity, we includePS&enior debt credit
rating, borrower’s total assets, leverage, R&D, ROA and thewruratio. For private firms, we

include the borrower’s sales size, and parent ticker as a dummy variable.

In the last two decades, many mergers and acquisitions occutrezlbanking industry.
This study tracks all mergers and acquisitions among arrdvagess; following Ljungqvist,
Marton and Wilhelm (2006), we assume that acquiring banks inherit y@lationships and

market shares of the target banks.

As in the previous literature, this study uses the loan market sisaa proxy for bank
reputation. Market share has frequently been used as a proxy for reputation.rRétesimares of
the leading banks are a proxy for the stream of fee incostala for underwriting banks. From

the perspective of economic rent, large banks have large revenues to lose.

In addition to using a continuous measure of reputation based on markgttsisastudy

dichotomizes the sample in a similar fashion to Fang (2005). The es&apks are split into two
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groups: reputable banks and less-reputable banks. This separationtiaastisdy to ignore the
assumption that a continuous measure of reputation can be captureelpredih a constant
effect on the interest spread. Instead this study assumes that the contirasurernf reputation
can be captured to some extent, but the effect on the intpreatianight not be constant among
two groups. The loan market share of bamkyear t is defined as the dollar amount of loans in

yeart-1 divided by the total dollar amount of loans in year

The empirical literature indicates that the loan share helthdyrranger and the loan
spread are simultaneously determined. lvashina (2009) finds that ald€#ase in the loan
share held by an arranger increases the loan spread by about 50dubs(Z2807) uses European
market data and finds that a 10% decrease in the loan shareddigian arranger increases the
required information premium of uninformed participants by about 28 bpsaptare the effect
of the retained loan share on the loan spread, this study inchelesranger’s lead share as an

independent variable with an expected negative sign.

There are several loan characteristics that affect thectste of the loan and
corresponding loan spread. Loan size is expected to be positivelgdréta the syndicate
structure and negatively related to the loan spread. The matiritiie loan is normally
associated with greater monitoring costs as a long-term kxotiated more with the presence
of collateral and covenants. As a consequence, loan with longeritjmatould require a higher
loan spread. In addition, the loan maturity has a positive relationettit aisk¥ and should
increase the loan spread. Though empirically, Dennis and Mullineaux (800@) that credit
risk and maturity are negatively related, indicating a correspghdsmaller loan spread. Given

the mixed empirical results of the maturity on loan spread, its expected sigrbiguous.

8 Flannery (1986); Agbanzo et al. (1999)
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There are several characteristics (e.g., loan sponsorshipgzdeanants etc.) that provide
some protection to the lenders in the case of default. As a, fesuis with these characteristics
should have lower spread. Although “the observed-risk hypotAeaisiues that these loan
characteristics are added to the contract only becausentter lebserves a possible higher risk.
As a result, banks would ask for more protective provisions fromeriddarrowers. Therefore

the expected sign of loan provisions is also ambiguous.

To control for loan provisions, this study assigns dummy variaddesl to one if the
loan is secured (or is sponsored, or has covenants, respectively) randtlzerwise. The
expected signs of these characteristics are ambiguous grewigys theoretical forecasting and

empirical results.

1.5. Empirical Result

Table 1.1 presents a summary of the data by year and industrynifitledataset had
observation of 60, 159 loan facilities. After deleting observationsdihaiot have detailed loan
information and borrowing firm information, we have sample of 7,707 loahtitss, as shown
in Panel 1.1.A. Panel 1.1.B and 1.1.C provide the sample distribution by yeby amdustry

respectively.

9 There is a commonly accepted view that collateral iscat®ed with greater risk, as mentioned by
Berger and Udell (1990).
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Table 1.1Summary of Sample Selection and Sample Distribution

Panel 1.1 A Sample Selection

Initial Sample Size (Facility)
Loan Facilities have available Information on AISD
Loans Facilities with Detailed Loan Characteristics

60,159
50,445
7,707

e

Panel 1.1 B Number of Loan Facility by Year

Year 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005 2006

No. 756 686

825 961 519 656 640 493

599 559 458 374 181

Panel 1.1 C Frequency of Loan Facilities by Industry

Two-digit SIC Code Industry Description Number
00-09 Agriculture, Forestry, and Fishing 125
10-19 Mining 623
20-29 Construction 1328
30-39 Manufacturing 1917
40-49 Transportation and Communications 1233
50-59 Trade 1189
70-79 Business Service 836
80-89 Legal, Educational and Social Service 441
90-99 Public Administration 15
Total 7707

Table 1.2 presents three panels of descriptive information about tipdes&anel 1.2 A

provides definitions of the variables.

Table 1.2 Variable Definition and Descriptive Statistics
Panel 1.2.A Variable Definition

Variable

Definitions

Loan-Contract Variables (Source: DealScan)
The amount that the borrower pays the lender eacioyeach dollar

borrowed in the case of a term loan, and for each dollar drawn off a credit
line in the case of a loan commitment. The drawn all-in spread equals the
coupon spread plus the annual fee. Most spreads are measured as a markup
over LIBOR. In cases where they are based on another benchmark, Loan
Pricing Corporation makes adjustments to the drawn all-in spreads.

The number of months between the loan origination and the maturity.

All-in-Drawn Spread

Maturity
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Table 1.2 (continued)

Lead arranger Share
# of Lenders
Deal Amount

Facility Amount
Senior

Secured
Guaranteed
Sponsored
Covenants
Lead share
Year

Loan Type

Loan Purpose

Borrower Variables

Log (Asset)

Log (Sales)
ROA
R&D

Current ratio

Leverage

Public
Senior debt rating

Industry

Loan share retained by the lead arranger.

The total number of lenders (lead manager and participansyhidicate

Total deal size in US dollars. A deal may include severaldogities at
the same time. The most typical arrangement is a loan agreement that
comprises a term loan and a revolver credit line.

Facility size in US dollars.

Dummy variable that is equal to one if the loan is senior.

Dummy variable that is equal to 1 if the loan is secured

Dummy variable that is equal to 1 if the loan is gearhnt

Dummy variable that is equal to 1 if the loan is sponsored.

Dummy variable that is equal to 1 if the loan has any kind eriautg.

Share of the loan that is retained by lead arrangen atrigination.
Dummy variables for the calendar years in which a loan agreesn
signed.

Dummy variables for “Revolver,” “Revolver Term Lodn'Bridge
Loan,” “Delay Draw Term Loan,” “364-day facility,” and “Term
Loan” The omitted case is “Others.”

Dummy variables for “Acquisition line,” “CP backupDebt repay,”
“DIP financing,” “Corp. purposes,” “LBO/MBO,” “Project finance,”
“Real estate,” “Recapitalization,” “Securities purcka,” “Spin off,”
“Stock buyback,” “Takeover,” and “Working capital.” The omitted
case is “Others.”

(Source: Compustat and DealScan)

Natural logarithm of book value of assets (6) from Compustat. For loans
made in calendar year t, we use fiscal year t data if the loan omginati
date is at least 6 months after the fiscal year end; otherwise eviiscs
year t-1 data.

Natural logarithm of borrower’s sales at the time of loan origindtom
DealScan.

Profitability from Compustat. For loans made in calendar year t, we use
fiscal year t data if the loan origination date is at least 6 montsthé
fiscal year end; otherwise, we use fiscal year t-1 data.

Research and development expenses divided by total assets.

Current assets over current liabilities. For loans made in calgadat,

we use fiscal year t data if the loan origination date is at least G isnont
after the fiscal year end; otherwise, we use fiscal year t-1 data

Total liabilities over total assets. For loans made in calendat,y&e use
fiscal year t data if the loan origination date is at least 6 montasthé
fiscal year end; otherwise, we use fiscal year t-1 data.

Dummy variable equal to one if the borrower is a public tradedamm
S&P senior debt rating at close. Numbers from 1 to 22 (i.e., AAA, AA+,
AA, AA-, etc., through D)

Dummy variables for the one-digit SIC industry code
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Panel 1.2 B provides the means, medians, maximum and minimum values,naladdsta

deviations for the key variables in the sample.

Panel 1.2 B Descriptive Statistics

N Mean Median Min Max Std Dev
Loan Variable
Deal Amount
(thou $) 7707 449438 188000 2000 24000000 917354
Tranche Amount
(thou $) 7707 301799 125000 850 24000000 678349
AISD 7707 159.6924 137.5000 6 1300 116.91409
Upfront Fees 5572 12.3967 0 0 367 31.41407
Annual Fees 7707 3.6934 0 0 571 12.18439
Maturity 7707 1363.55 1442 1 7669 731.97824
Financial Covenants 7707 0.7559 1 0 1 0.42956
General Covenants 7707 0.8257 1 0 1 0.37936
Secured 7707 0.4964 0 0 1 0.50002
Sponsored 7707 0.1017 0 0 1 0.30231
Lender Variable
Lead Share 7707 0.05579 0.01412 0 0.9849 0.18849
Number of Lenders 7707 10.4262 7 1 163 9.67757
Market Share 7707 0.05579 0.01412 1.3881E-6 0.28639 0.07535
Firm Variable
Sales (thou $) 7509 2706218 582906 930 548957000 9950882
Credit Rating 7707 5.5217 0 0 21 6.28523
Log(Firm Size) 4111 6.93450 6.80636 -0.31334 13.65695 1.76126
ROA 4111 0.03625 0.04263 -3.12586 1.12770 0.11554
R&D intensity 4111 0.01618 0 0 6.25000 0.10639
Leverage 4111 2.42766 1.51006 0 104.23866 3.09179
Current Ratio 4111 1.71098 1.49084 0 58.24571 1.76716
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Panel 1.2 C shows the results of difference of means testdirfior and loan

characteristics between reputable and less-reputable arrangers.

Panel 1.2 C Mean difference between loans from reputable arranger amibn-reputable

arranger
Variable Reputable=1 Non-reputable=0 Difference
AISD 138.79 181.32 42.532***
Tranche Amount (thou $) 4.27E5 1.73E5 -254E3***
Upfront Fees 10.052 15.01 4.9578***
Annual Fees 4.2075 3.1615 -1.046***
Maturity 1374.8 1351.9 -22.87
Financial Covenants 0.7742 0.7371 -0.037***
All Covenants 0.8497 0.8010 -0.049***
Secured 0.4351 0.5599 0.1249%**
Sponsored 0.1138 0.0892 -0.025***
Arranger Share 0.2061 0.3262 0.1201***
Number of lenders 13.206 7.5499 -5.657***
Sales (thou $) 3.83E6 1.53E6 -23E5***
Rating 7.1623 3.8244 -3.338***
Total assets (m$) 8077.3 3416.7 -4661***
ROA 0.0401 0.0317 -0.008**
R&D intensity 0.0186 0.0134 -0.005*
Leverage 2.5718 2.2593 -0.313***
Current Ratio 1.5408 1.9098 0.369***
NOBS 3919 3788

Table 1.3 shows the level of concentration for the largest pararicial institutions
(Panel A) and largest financial institutions (Panel B) insyradicated loan market between 1993
and 2005, respectively. The data show that the largest 4 commercial dzaakst for about
50% of the syndicated loan market share and the largest parent baokiivgy companies

account for approximately 75% of the syndicated loan market shawedre 1993 and 2005.
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Table 1.3 Panel A
Concentration by Largest Parent Financial Institutions in the SyndicatedMarket: 1993- 2005
(As percentage of total)

1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005
4 Largest 79.11 78.73 74.76 7410 77.30 71.07 76.34 77.24 76.73 7538 70.26 70.68 66.49
8 Largest 88.16 87.33 84.29 8298 8532 8205 8523 8520 8320 82.83 80.33 8111 76.59
20 Largest 9497 94.37 93.93 94.15 9533 93.64 9410 93.64 9224 9254 92.08 92.29 91.85
50 Largest 99.82 99.58 99.41 99.39 99.37 99.44 99.42 9931 99.05 98.80 98.87 99.21 99.02

Total 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00

Table 1.3 Panel B
Concentration by Largest Financial Institutions in the Syndicated Loan a883-2005
(As percentage of total)

1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005
4 Largest 49.70 49.06 49.13 48.04 54.40 46.44 5832 63.88 60.27 49.08 42.85 44.40 47.33
8 Largest 68.83 66.98 66.04 6431 68.71 63.34 6740 73.02 69.61 59.74 56.32 5824 60.16
20 Largest 84.99 8356 8236 8119 8197 8047 78.64 8382 7953 7512 7447 7758 76.84
50 Largest 95.49 94.06 93.38 93.04 9259 92.03 9181 93.24 92.06 90.45 90.06 91.90 91.90

Total 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
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Table 1.4 presents estimates of the influence of the leadlgarta reputation on
the loan spread, controlled on firm characteristics, non-spread loeacthestics, and

industry and year dummies.

Table 1.4 Estimates of Arranger’s Reputation Effect on the Loan Spread

This table reports regression analysis of reputation on syndidada All-in-drawn spread.
Reputation is measured by arranger’'s previous year market shaman market; the control
variables include information asymmetry variables, loan ahearistics variables and firm
variables P-values of coefficients are reported in parentheses belowceafficient estimate. *,

** and *** denote significance at the 10%, 5%, and 1% two-tailed levels, ctgpby.

Full Sample Private Public
NOBS 7707 3637 4111
Intercept 691.9622*** 836.2458*** 497.2831***
(<0.0001) (<0.0001) (<0.0001)
Reputation -115.8425%** -212.2941** -32.7288
(0.0036) (0.0116) (0.4628)
(Market sharé€) 590.8172*** 934.8496*** 200.0112
(0.0003) (0.0085) (0.2679)
Lead share 45.8423*** 46.4609*** 29.6194***
(<0.0001) (0.0002) (0.0002)
Log tranche -19.4114%** -23.5041*** -18.1055***
(<0.0001) (<0.0001) (<0.0001)
Log sales -7.2132%** -7.2802*** -2.7722%**
(<0.0001) (<0.0001) (0.0004)
Financial covenants -5.974* -11.2562* 5.9236
(0.0653) (0.0574) (0.1533)
All covenants -5.6394* -6.8499 -5.0556
(0.0997) (0.2807) (0.2397)
Rating -0.9302*** -1.1919%** -0.6923***
(<0.0001) (0.0035) (0.0037)
Sponsored 39.1861*** 37.6604*** 32.7902***
(<0.0001) (<0.0001) (<0.0001)
Secured 69.1684*** 71.7605*** 62.7230***
(<0.0001) (<0.0001) (<0.0001)
Maturity -0.3577*** -0.2042** -0.3475%**
(<0.0001) (0.0289) (<0.0001)
Repeat dummy -5.4643 4.2772 -11.6461***
(0.1598) (0.8714) (0.0079)
# Lenders 1.1330*** 1.1964*** 1.0477***
(<0.0001) (<0.0001) (<0.0001)
Public dummy -11.3267***
(0.0045)
Log assets -4.2692***
(0.0005)
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Table 1.4 (continued)

Full Sample Private Public
ROA -116.7424%**
(<0.0001)
R&D -14.3652
(0.1574)
Leverage 1.7721%**
(<0.0001)
Current ratio -1.7674%**
(0.0061)
Loan purpose dummy Yes Yes Yes
Tranche type dummy Yes Yes Yes
Industry & year dummy Yes Yes Yes
Adjusted R-sguare 0.5475 0.5124 0.5879

The results indicate that bank reputation, which is measured bgrittweger’s
market share in the previous year, has significantly negdiieet ®n the loan spread in
both the full sample and the private borrower sub-sample. However#igcient of
square of market share is significantly positive in both of tisaseples. The finding
implies that reputation has a non-monotonic effect on the loan spmaghly an
inverted U-shaped curve between the lead arranger’s reputatioth@aridan spread.
More importantly, for public borrower, the reputation effect is ngnificant. The
different significance to the public and private reputation coefiisi is supportive of the
monitoring theory. Private firms are opaque, while public firme #ansparent.
Reputations, which mainly serve as a commitment for due diligandemonitoring
borrowers, and a commitment against the use of private information,dshauk

significant value when the borrowers are opaque to the market and the particyant ba

Table 1.5 presents estimates of the lead arranger’s reputatiba partentage of

the lead share retained in its loan portfolio.
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Table 1.5 Estimates of Arranger’s Reputation on Lead Share Retaed by the
Arranger

This table reports regression analysis of reputation onsleaigt held by the arranger. Reputation
is measured by arranger’s previous year market share iiyeated loan market; the control
variables include information asymmetry variables, loan aharistics variables and firm
characteristics variables?-values of coefficients are reported in parentheses below eac
coefficient estimate. *, ** and *** denote significance at théd ®%, and 1% two-tailed levels,

respectively.

Full Sample Private Public
NOBS 7707 3637 4111
Intercept 1.1298*** 1.1099*** 1.1372%**
(<0.0001) (<0.0001) (<0.0001)
Reputation -0.8076*** -0.4209*** -0.9604***
(0.0036) (0.0002) (0.0036)
AISD 0.0001*** 0.0001*** 0.0001***
(<0.0001) (0.0028) (0.0002)
(Market sharé) 2.4389*** 1.2948** 2.8318***
(<0.0001) (0.0296) (<0.0001)
Log tranche -0.024 1%+ -0.0189*** -0.0262***
(<0.0001) (<0.0001) (<0.0001)
Log sales 0.0094*** 0.0140%** 0.0002
(<0.0001) (<0.0001) (0.8905)
Financial covenants -0.0104* -0.0046 -0.01798*
(0.0732) (0.6426) (0.0327)
All covenants -0.0066* -0.0016* -0.0042
(0.2781) (0.8812) (0.6295)
Rating -0.0006* -0.00005 -0.0006*
(0.0817) (0.9386) (0.0817)
Sponsored -0.0367*** -0.0427*** 0.0025
(<0.0001) (<0.0001) (0.8360)
Secured 0.0084* -0.0046 0.0118**
(0.0508) (0.5577) (0.0463)
Maturity -0.0004*** -0.0004** -0.0005***
(<0.0001) (0.0182) (0.0005)
Repeat dummy -0.0427*** 0.0367 -0.0387***
(<0.0001) (0.4071) (<0.0001)
Public dummy 0.0265**
(0.0002)
Log assets -0.0062**
(0.0134)
ROA -0.0621***
(0.0022)
R&D -0.0445**
(0.0311)
Leverage -0.0020**
(0.0125)
Current ratio 0.0019
(0.1328)
Loan purpose dummy Yes Yes Yes
Tranche type dummy Yes Yes Yes
Industry & Year dummy Yes Yes Yes
Adjusted R-square 0.4362 0.4379 0.4197
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For the full sample and both the public and the private sub-samp&ededad
arranger’s reputation has a significantly negative effecthenpercentage of the lead
share retained in its portfolio. The results provide evidence thatette arranger’s
reputation also mitigates the adverse selection problem bethvedrad arranger and the

participants.

Table 1.6 presents the results of the arranger’s reputation doathepread for
divided sub-samples. For the full sample, reputation has a posifee eh the loan
spread at 5% significance level. However, when the samplebdivided into high or
low reputation samples, in contrast to Table 1.4, the top reputablaneadyers and for
loan syndicated by less-reputable lead arrangers show quitesniffgricing behavior:
top reputable banks charge a “reputation premifimwthile less-reputable banks offer a
“reputation discount” to compete with top bahk®oth results are significant at the 1%

level.

When the study looks at the sub samples of loans to private borrameisans
to public borrowers, similar results hold. Although reputation has no signifeffect on
the loan spread in general for the total of loans to public firmsaams lto private firms,
a further division of the samples to public firms and loans to privrats into loans by
top reputable arrangers and less-reputable arrangers, ar atiiern is found: the top

reputable lead arranger banks charge a “reputation prerfiumhile less-reputable

1963.33 bps increase of All-in-Drawn spread on every percentag@vibps year market share
increase
1.1417.18 bps decrease of AISD on every percentage of previous year markehahgee
2 For loans to private borrowers, 90.47 bps increase of AlSDvery @ercentage of previous
year market share increase; for loans to public borrowers4 #@$ increase of AISD on every
percentage of previous year market share increase
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banks offer a “reputation discouht” The results not only indicate that reputable and
less-reputable lead arrangers represent different reputation eifielctan pricing but also
indicate that the different reputation-pricing effects are nsigaificant for loans to

private borrowers.

3 For loans to private borrowers, 2704.35 bps decrease of AISD on mareentage of market
share change; for loans to public borrowers, 1995.44 bps decreasg®bAlevery percentage
of market share increase
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Table 1.6 Estimates of Arranger’s Reputation on the Loan Spread

This table reports regression analysis of reputation on syndicated loardddiwn spread. Reputation is measured by arranger’s previous yeat siiariee
in the syndicated market; the control variables include infoomatsymmetry variables, loan characteristics variables andé&rrower variabled?-values
of coefficients are reported in parentheses below eaclicierf estimate. *, ** and *** denote significance at the 10%,,5d 1% two-tailed levels,
respectively.

Full Sample Private Public
All Top Non-top All Top Non-top All Top Non-top
NOBS 7707 3919 3788 3637 1681 1956 4111 2215 1896
Intercept 588.032***  553.486***  726.810*** 613.966*** 519.898***  727.372**  465.902*** 413.014*** 538.565***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Reputation 30.018** 63.331*** -1417.179**  29.488 90.467**  -2704.35** 22727 40.035** -1995.435%**
(0.0268) (<0.0001) (0.0036) (0.2181) (0.0012) (0.0005) (0.1672) (0.0269) (0.0024)
Lead share 43.693*+* 60.645** 7.371 42.002 ***  54.843***  16.952 26.599***  41.907**  4.8667
(<0.0001) (<0.0001) (0.4666) (<0.0001) (0.0003) (0.3118) (0.0016) (<0.0001) (0.7318)
DIP Financing 168.045**  144.408***  186.985*** 182.728** 98.183**  225.202***  96.367* 74.79* 104.7%*
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0038) (<0.0001) (0.0821) (0.0309) (0.0023)
Log tranche -23.538**  -16.702**  -19.027*** -30.315%**  -34.385**  -25281**  -16.487** -16.945%* -16.233**
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Log sales -7.097*** -4.261%** -8.396*** -4.555*%* -4 450** -5.574%** -4.308**  -1.267 -8.095***
(<0.0001) (<0.0001) (0.7452) (0.0009) (0.0169) (0.0065) (0.0017) (0.4669) (0.0002)
Log assets -2.065 -4.3741**  -0.341
(0.1945) (0.0249) (0.8973)
Covenants -12.928**  -17.729**  -7.834 -12.787*  -13.534* -7.672 -8.403* -19.341**  2.075
(0.0002) (<0.0001) (0.137) (0.0239) (0.0798) (0.3608) (0.0648) (0.0007) (0.7752)
Rating -0.777%* -0.965*** -0.269 -1.173**  -2.018**  -0.404 -0.7376***  -0.9802***  -0.4172
(<0.0001) (<0.0001) (0.4084) (0.0008) (<0.0001) (0.4573) (0.0025) (0.0005) (0.3313)
Sponsored 43.618*** 42.634*+* 52.121%** 38.245%*  33.718**  52.346*** 35.296***  32.5803**  39.872***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0063)
Secured 70.284** 69.070*** 72.575%** 71.258%*  64.293**  77.889*** 61.530***  59.513**  59.929%**
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Maturity -0.4516%**  -0.294*** -0.503*** -0.256***  -0.111 -0.393*** -0.5621**  -0.3818**  -0.707***
(<0.0001) (<0.0001) (<0.0001) (0.0048) (0.3803) (0.0024) (<0.0001) (<0.0001) (<0.0001)
ROA -106.62***  -191.785%* -55.277***

(<0.0001)  (<0.0001)  (0.0004)
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Table 1.6 (continued)

118.623***

R&D -21.379** -13.631
(0.0469) (0.1717) (0.0091)
Leverage 3.9466***  3.6384*** 4.3203***
(<0.0001) (<0.0001) (<0.0001)
Current ratio -2.594*** -3.434** -1.8797
(0.0062) (0.0115) (0.1634)
Loan purpose
dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Tranche type
dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Year dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R-square  0.5050 0.5508 0.4456 0.4671 0.4917 0.4913 0.5170 0.5786 0.4382
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Table 1.7 presents the empirical results for the sub-samplepedtrloans. For repeat
loans to public firms, the lead arranger’s reputation has aismgmtly negative effect for loans
syndicated by the top reputable arrangers, but has no signifitacit @ loans syndicated by
less-reputable arrangers. This result suggests that the topote@rtanger offer discounts when
they decide to attract certain public borrowers. A similadifg is not present for the less
reputable arrangers because public borrowers may have a lowebilitplod renewing with a

less reputable lender.

What is interesting is the finding for repeat loans to the privateowers. The reputation
effect generally disappears. None of the sub-samples showicaghifeputation effects. The
underlying rationale might be that for loans to private borrowgrs, moral hazard is the
dominant part of information asymmetry. In the repeat loan samplendha& hazard is largely
controlled and the reputation of lead arranger has no signifidaat ehy more. An alternative
explanation may be that in the sample of repeat loans to privateMeos, the adverse selection
is much more serious than in the sample of repeat loans to publievbmsraeputation has no
significant effect on reducing adverse selection in the privaten Isample because the
information for private borrowers is highly unobservable, the presahte of exploiting
information monopoly for short term gain does not necessarily lowarttlepresent value of

inducing honest information to maintain reputation for future long term gain.
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Table 1.7 Estimates of Arranger’s Reputation on the Loan Spread — Repeat Loam@ple

This table reports regression analysis of reputation on syndicatedll-in-drawn spread for repeat loan sample. Reputation is measured by
arranger’s previous year market share in syndicated markeprhelovariables include information asymmetry variables, loan cteistics
variables and firm variables. P-values of coefficients are raporfgarentheses below each coefficient estimate. *, ** and *** denote
significance at the 10%, 5%, and 1% two-tailed levels, respectively

Repeat Syndicated Loan

Full Repeat Private Repeat Public Repeat
All Top Non-top All Top Non-top All Top Non-top
NOBS 1846 1063 782 1071 585 486 787 478 296
Intercept 702.384**  610.488*** 418.819*** 660.834*** 550.845*** 708.262*** 643.383*** 520.870*** 912.912***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Reputation -30.412 7.928 2193.348** 10.592 51.913 -1174.472  -97.153** -97.062*** -539.973
(0.2511) (0.8020) (0.0347) (0.787) (0.2696) (0.3836) (<0.0034) (0.0055) (0.7637)
Lead share 6.147 18.044 34.375 17.886 27.281 14.017 14.286 25.444 10.164
(0.6421) (0.2834) (0.1077) (0.3264) (0.2627) (0.6174) (0.4097) (0.1760) (0.7954)
156.856**
DIP financing * 100.263*** 206.566*** 142.498*** 46.532 225.766***
(<0.0001) (0.0003) (<0.0001) (<0.0001) (0.2743) (<0.0001)
Log tranche -18.202***  -19.423** -9 722%*  -18.924**  -19.694** -15.211** -16.406*** -14.645*** -23.539***
(<0.0001) (<0.0001)  (0.0008) (<0.0001) (<0.0001) (0.0012) (<0.0001) (<0.0001) (0.002)
Log sales -9.988***  -5801***  -6.116** -4.786* -1.496 -8.891** -10.478***  -6.128***  -16.316***
(<0.0001) (0.0066) (0.0395) (0.0572) (0.6529) (0.0237) (<0.0001)  (0.0077) (0.0014)
Covenants 0.606** -10.208 16.828 -3.143 -1.994 8.504 -9.236 -17.710* 4.528
(0.9385) (0.3076) (0.1986) (0.7807) (0.8983) (0.6171) (0.3606) (0.0831) (0.8615)
Rating -0.945** -2.037**  -0.888***  -1.267** -2.755***  0.474 -1.240***  -1.150* 0.0869
(0.0319) (0.0001) (<0.2400) (0.0286) (0.0002) (0.6104) (0.0545) (0.0743) (0.9599)
Sponsored 48.713**  42.304***  71.044**  34.784***  16.554 59.953**  B5.777**  71.124***  -80.717
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.1414) (<0.0001) (<0.0001) (<0.0001) (0.1493)
Secured 49.657***  43.429***  58.526***  82.230**  84.690***  84.894***  16.017** 2.757 27.878*
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0106) (0.6715) (0.0650)
Maturity -0.592**  -0.2704* -0.916***  -0.624***  -0.220 -1.085***  -0.668***  -0.457** -1.015***
(<0.0001)  (0.0561) (<0.0001) (<0.0001) (0.2802) (<0.0001) (<0.0001) (0.0118) (0.0048)
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Table 1.7 (continued)

ROA -134.710%*  -229.698** -78.289*
(<0.0001) (<0.0001) (0.0516)

R&D -1.505 -5.791** 6.886
(0.5960) (0.0431) (0.3491)

Leverage 76.973***  55.140***  122.814***
(<0.0001) (<0.0001) (<0.0001)

Current ratio -4.789** -4.666* -4.281
(0.0338) (0.0813) (0.3030)

Loan Purpose

dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes

Tranche type

dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes

Industry

dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes

Year dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes

Adjusted R-

square 0.4900 0.4917 0.4244 0.4920 0.5125 0.4817 0.5100 0.6050 0.5142
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There are a few main points regarding the results for the loamgwear and lender
characteristics variables. In Table 4, the coefficient of the nuwfdenders has a significantly
positive effect on loan pricing is positive and significant, indicptthat as more banks
participate in the loan syndication, the higher is the loan spieadjed to the borrower. The
rationale for this result is likely to be the agency problem &ssocwith a large number of
participants, which require compensation in the form of a langeyad. Esty and Megginson
(2003) argue that a syndicated loan with a large number of lecalemdeter strategic default by
making it more costly to default. The agency problem thatsiish disperse syndication would

drive the loan spread higher.

Contrary to the previous finding by Ivashina (2009) and Bosch (20@fis study finds
that the percentage of lead share retained by the lead arfasyarpositive effect on the loan
spread. The estimated coefficients are significant in masteaub-samples. It is believed that
the underlying rationale is consistent with the information asymyntbeory: the higher the
information asymmetry of any specific loan, the higher thegrgage the lead arranger needs to
hold to signal a willingness to commit against extracting ttferination rent, therefore the

higher the loan spread charged for this higher information asymmetry loan.

Regarding loan characteristics, debt-in-process financimgysal has a significantly
positive effect on the loan spread. Both the natural log of the loan amodihe natural log of
the borrower’s sales have significantly negative effects on the loaadsi@evenants also have a

significantly negative effect on the loan spread in most casesresults of the loan facility type

4 lvashina (2009) finds that a 10% decrease in the loan sharéhéie arranger increases the loan
spread by about 50 bps. Bosch (2007) uses European market data anldafirzd40% decrease in the
loan share retained by the arranger increases the requireanmation premium of uninformed
participants by about 28 bps.
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on the loan spreads (not reported in the tables) are as follows:da@@dcility> normally has a

significantly negative effect on the loan spread; the revdivef® normally has a negative
relationship with loan spread, but the effect is not always stgmifj on the contrary, term
loans’ have a positive and significant relationship with the loan spreadst sub samples.
Loan maturity almost always has a significantly negativecefon the loan spread, indicating
that as the maturity of the loan increase, the spread decrddmegesult is consistent with
Dennis et. al. (2000), which finds that credit risk and maturitynagatively related, indicating a

corresponding smaller loan spread.

Empirical results also support “the observed-risk hypothesis”’ekample, sponsored or
secured loans generally have significantly higher spreatie 4% level for all the sub-samples.
Thus, riskier borrowers are more likely to have been asked byatie@teanger or participants to
set their loans as secured or sponsored to reduce the higtieriske The positive effects are
more noticeable for loans to private borrowers, which is consistght higher information

asymmetry for private borrowers.

Regarding firm characteristics, the credit rating providedliiird party always has a
significantly negative effect on the loan spread. The log of borresas and the log of
borrower assets have significantly negative effects on the loan spread: iof i@ssub-samples.
ROA always has a significantly negative effect on the spfeadoan to public borrowers.

Leverage, on the other hand, has a significantly positive effect on the loan spread.

!> A revolving credit that runs 364 days. Regulatory capital guidslset a one-year cut off on whether
banks must reserve capital against unused amounts under reakdilitg. Therefore, banks offer more
attractive undrawn fees (commitment and/or annual fees) on 364addijies than on multi-year
revolvers.
16 Borrowers can draw down, repay and re-borrow under the facilityfakilgy acts much like a credit
card, except that borrowers are charged a fee on unused amounts.
" Installment loans. The borrower may draw down the loan during a gsmitment period. Then it
repays the loan based on a scheduled series of repayments (or a ong+iema pa maturity).

35



Table 1.8 Estimates of Arranger’s Reputation on Lead Share Retained by Lead remger
This table reports regression analysis of arranger’s repuatati the percentage of retained loan share held by lead arranger. Reputatasuredne
by arranger’s previous year market share in syndicated markegrttrelovariables include information asymmetry variables, |demacteristics
variables and firm variableB-valuesof coefficients are reported in parentheses below each coeffisitimate. *, ** and *** denote significance
at the 10%, 5%, and 1% two-tailed levels, respectively.

Full Sample Private Public
All Top Non-top All Top Non-top All Top Non-top
NOBS 7707 3919 3788 3637 1681 1956 4111 2215 1896
Intercept 1.9797*** 1.4776*** 1.9847*** 2.0836*** 1.752%** 1.9636*** 1.7201*** 1.3218*** 2.3186***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Reputation -0.2788** -0.2261***  -3.1911**  -0.1708**  -0.1236** -2.0614 -0.3695 -0.2718***  -3.009*
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0160) (0.1255) (0.1255) (<0.0001) (0.0080)
Log tranche -0.01367** -0.0468**  -0.0719**  -0.0796***  -0.05717 -0.1021***  -0.0559***  -0.04143*** -0.0872*
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Log sales -0.00683*** -40.0134** -0.0136***  -0.0089***  -0.00964*** -0.008** -0.0010 -0.0065 -0.0273
(<0.0001) (<0.0001) (<0.0001) (0.0002) (0.0047) (0.0164) (0.7131) (0.1151) (0.4671)
Rating -0.00101*** -0.00159*+* -0.00197*+* -0.0009 -0.00177*  -0.00139 -0.0007 -0.0003 -0.00086
(0.0037) (0.0005) (0.0003) (0.1246) (0.0338) (0.1407) (0.1175) (0.6600) (0.2469)
Sponsored -0.02138***  -0.0245***  -0.0493***  -0.03643*** -0.04227*** -0.05705*** 0.02397* 0.03429** 0.00444
(0.0021) (0.0070) (<0.0001) (0.0001) (0.0010) (0.0003) (0.0821) (0.0326) (0.8599)
Secured 0.02163***  0.0214*** 0.01024* 0.01623* 0.002274**  -0.00122 0.01712***  0.0806 0.01667**
(0.0002) (0.0002) (0.0788) (0.0185) (0.0232) (0.9052) (0.0019) (0.2970) (0.0281)
Maturity -0.0004***  -0.00055*** -0.0006***  -0.00028* -0.00066*** -0.0003 -0.0006***  -0.393*** -0.0005**
(<0.0001) (<0.0001) (<0.0001) (0.0725) (0.0046) (0.1251) (<0.0001) (0.0024) (0.0151)
ROA -0.0598***  -0.0838***  -0.03637
(0.0041) (0.0101) (0.1744)
Current ratio 0.00172 -0.00778*  -0.00273
(0.3497) (0.0073) (0.2416)
Loan type Dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Tranche type
Dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Year dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R-square  0.4126 0.3041 0.3579 0.4077 0.3623 0.3154 0.4163 0.2976 0.4367
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Table 1.8 shows the results of the lead arranger’s reputation orhiga&dretained in its

portfolio, for the full sample and various sub-samples.

The results show that the lead arranger’s reputation hasificsigtly negative effect on
proportion of loan held by lead arranger in its portfolio in alnadlssub-samples, except for
loans to private borrowers by less-reputable lead arrangeese \the negative effect disappears.
The result in this sub-sample is consistent with Sufi (2007), inhatecfinds that only the most

reputable lead arrangers are able to hold a smaller portion of the loan.

Table 1.9 shows the results of the lead arranger’s reputation orhi@&dretained in its
portfolio, for repeat loan samples. The results show that the leadgar's reputation has a
significantly negative effect on proportion of loan held by leadngerin sample of all repeat
loans, sample of repeat loans syndicated by top arranger, samptvaié repeat loans and
sample of private repeat loans syndicated by top arranger.eShksrare consistent with Sufi
(2007) that only the reputation of most reputable lead arrangeredacerthe portion of loan
held in their portfolio. The results also are consistent withitf@mation asymmetry story,
which shows that the reputation of the lead arranger reduce the informatiametsyrof private
borrowing firms, even in repeat loan case. For public repeat loaplesathe lead arranger’s
reputation has no significantly effect on proportion of loan held byetw arranger, either for
reputable or less-reputable arranger. The results show thatiltbbc borrowing firms accessing
the repeat loan market, because the information asymmetry afwogr firm is substantially
reduced by both the public information of the borrower and the informatimedydrom the

repeat interaction with the loan market, the reputation gendoals its explanatory power.
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Table 1.9 Estimates of Arranger’s Reputation on Lead Share Retained by Leadranger — Repeat Loan Sample
This table reports regression analysis of arranger’'s reputah lead share held by lead arranger for repeat loan saRgpeitation is measured by
arranger’s previous year market share in syndicated mdhetontrol variables include information asymmetryaldes, loan characteristics variables
and firm variables. P-values of coefficients are reportguhientheses below each coefficient estimate. *, ** and *** desigtgficance at the 10%, 5%,

and 1% two-tailed levels, respectively.

Repeat Syndicated Loan

Full Repeat Private Repeat Public Repeat
All Top Non-top All Top Non-top All Top Non-top
NOBS 1846 1063 782 1071 585 486 787 478 296
Intercept 1.6403*** 1.437*** 1.514%** 1.6382*** 1.5688*** 1.769*** 1.549%** 1.199*** 2.1035***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001)
Reputation -0.125%** -0.124** -1.257 -0.2098**  -0.19143*  -0.979 -0.1017 -0.0185 -0.6096
(0.0077) (0.0336) (0.4771) (0.0016) (0.0193) (0.6634) (<0.1715) (0.8338) (0.8558)
Log tranche -0.04929*** -0.0396***  -0.0196***  -0.04792*** -0.0433***  -0.0510*** -0.0465*** -0.0279***  -0.08406***
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0003) (0.0003)
Log sales -0.01864** -0.0175***  -0.0426***  -0.02200*** -0.0174**  -0.0305***  -0.01499*** -0.02193*** -0.0076
(<0.0001) (<0.0001) (<0.0001) (<0.0001) (0.0026) (<0.0001) (0.0018) (0.0001) (0.4170)
Rating -0.00356*** -0.00326*** -0.006*** -0.00302*** -0.00311**  -0.0026* -0.00436*** -0.00406** -0.00411
(<0.0001) (0.0009) (<0.0001) (0.0021) (0.0158) (0.0932) (0.0026) (0.0125) (0.2022)
Sponsored -0.03287*** -0.0262* 0.00422**  -0.04708*** -0.0552***  -0.02468 0.02623 0.02137 0.29906***
(0.0073) (0.0840) (0.8470) (0.0014) (0.0047) (0.3038) (0.3209) (0.4395) (0.0037)
Secured 0.00845***  0.00495 0.00545***  0.00737 0.01607 -0.00469 0.00944 0.01208 0.0314
(0.2947) (0.6337) (0.6876) (0.5093) (0.2905) (0.7826) (0.5023) (0.4631) (0.2628)
Maturity -0.0008***  -0.00113*** -0.00056* -0.00075*** -0.00136*** -0.000014 -0.00119*** -0.00059 -0.00212***
(<0.0001) (<0.0001) (0.0558) (0.0028) (0.0001) (<0.9695) (0.0013) (0.1945) (0.0012)
ROA 0.12586** 0.1414* 0.03164
(0.0185) (0.0992) (0.6720)
Current ratio 0.01017** 0.01556** -0.00551
(0.0445) (0.021) (0.476)
Loan and
tranche type
Dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry dummy  Yes Yes Yes Yes Yes Yes Yes Yes Yes
Year dummy Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R-
square 0.3759 0.3368 0.3140 0.3583 0.3551 0.3169 0.4015 0.3400 0.4824
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1.6. Robustness Check

The regression analysis above focuses on whether the leadeaisaeputation has an
effect on loan pricing for comparable syndicated loans. However, thsiate of choosing a
reputable or less-reputable arranger could be endogeneous. Hemgqegpéi also checks the
possibility that the results are spuriously driven by an unobservesidsuindom selection

criterion.

To test for selection bias, this study estimates a two-$¢&ge-squares regression, and
the result is reported in Table 1.10. Two-stage least-squanessexn can be used to test for
selection bias in order to reject the hypothesis that seléts@h or other forms of selection into

the two groups accounts for differences in the dependent variable.

Table 1.10 Instrumental Variable Regressions: Arranger’'s Reputatioron the Loan Spread

This table reports results of instrumental-variable, stame least square regressions of the predicted
value of arranger reputation on syndicated loan spread. Eofuthsample, the predicted value of
reputation is the predicted value of a regressing market shattee natural log of borrower sales at the
time of the loan origination, the credit rating for the S&ues credit rating at the time of the loan close,
and public dummy for the full sample; for private firm samphe public dummy is dropped from
independent variables at the first stage regressiothégoublic firm sample, natural log of book value of
assets, ROA, leverage ratio, R&D intensity and current exoadded to independent variables at the
first stage. All regressions include dummy variablesdanlpurposes, tranche types, one-digit SIC codes
and for each year of the sample perid®values of coefficients are reported in parentheses below eac
coefficient estimate. *, ** and *** denote significance at the 10886, and 1% two-tailed levels,
respectively.

Full Sample Private Public
NOBS 7707 3637 4111
Intercept 562.1988*** 722.2880*** 471.9103***
(<0.0001) (<0.0001) (<0.0001)
Market share -798.892*** -1006.33** -615.595%**
(<0.0001) (<0.0001) (<0.0001)
(Market sharé) 141.6490** 81.9892 96.8834
(0.0361) (0.5710) (0.2124)
Lead share 48.3755*** 49.2188*** 32.9477***
(<0.0001) (0.0019) (0.0005)
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Table 1.10 (continued)

Log tranche -19.6831*** -23.9502*** -18.7099***
(<0.0001) (<0.0001) (<0.0001)
Financial covenants -5.8621 -11.1385 6.8696
(0.1442) (0.1449) (0.1778)
All covenants -6.1187 -7.0783 -5.7414
(0.1489) (0.3881) (0.2768)
Sponsored 40.4922%*** 38.1922*** 32.7902***
(<0.0001) (<0.0001) (<0.0001)
Secured 69.4240*** 71.8854*** 62.7230***
(<0.0001) (<0.0001) (<0.0001)
Maturity -0.3501*** -0.2046** -0.3488***
(<0.0001) (0.0884) (<0.0001)
Repeat dummy -13.3582*** 4.0984 -11.5535**
(<0.0001) (0.9044) (0.0313)
# Lenders 1.1088*** 1.1553*** 1.0177***
(<0.0001) (0.0023) (<0.0001)
Loan purpose dummy Yes Yes Yes
Tranche type dummy Yes Yes Yes
Industry dummy Yes Yes Yes
Year dummy Yes Yes Yes
Adjusted R-square 0.4397 0.3827 0.4753

Instrument variables are used in the first stage of 2SLS #&bectlee new variables which
replace the problematic causal variables. This is accomplisheg Q&S regression, with the
problematic causal variable as the dependent and instrumental esaalthe independents. The
predicted values of this regression equation are values of theausal variable which replaces
the problematic causal variable. The new variable will be ueleted with the disturbance term
of the endogenous variable. The study then proceeds to stage 2 of3SLsSng the newly-

created instrumental variables.

In particular, the study first estimates a selection prolhitiodel that relates the
probability of the firm borrowing from a reputable arrangefinm characteristics. For the full
sample, the study estimates the selection probability (whétkeborrowers get a syndicated

loan from the reputable arranger or not) to firm sales, fitmgs, and firm public dummy. For
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the public firm sample, the study not only includes the aboveblasiabut also includes firm
size, ROA, R&D expenses, leverage, and current ratio. After clamggdbdr potential selection
bias, the results generally remain robust. The selection-adjuséfttient estimates are similar
to those from the simple OLS model. For the 2SLS model, in gertkealeffects are more

pronounced than for OLS model.

Some previous literature suggests that that loan rates andréesshstitutes, that is,
banks sometimes charge lower loan rates with the expectatiotraétanrg higher upfront fees
from borrowers. The lead arranger’s total compensation also inahpdiest fees which are not
shared with the rest of the syndicate participants and spread. To testdossitglity of whether
upfront fees, rather than loan spread should be used to reward thard@ager bank as a
reputation premium, we substitute the loan spread with upfront feas akernative measure
variable for loan pricing. Using upfront fees as the dependentblgrive rerun the key
regressions for the sample where upfront fees are availableoimately 21.6% of the sample
includes information of upfront fees. When upfront fees are used as pleaddmt variable
(Table 1.11), there is a significant drop in explanatory power, butndie results remain the
same. For both the full sample and private firm sample, the fiagohent upfront fees charged
by reputable lead arrangers are positively related to the ciranggutation, whereas the upfront
fees charged by less-reputable lead arrangers are négatiated to the change in reputation.

For the public firm sample, the reputation effect on loan pricing generally desappe
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Table 1.11 Estimates of Arranger’s Reputation on Up-front Fees

This table reports regression analysis of arranger’'satipnton the loan up-font fees. Reputation is measured by arrangaiisys year market share in
syndicated market; the control variables include informatgymanetry variables, loan characteristics variables mmhMariables P-valuesof coefficients
are reported in parentheses below each coefficient estimate. *, ** andrittalsignificance at the 10%, 5%, and 1% two-tailed levels, resggct

Full Sample Private Public
All Top Non-top All Top Non-top All Top Non-top
NOBS 1668 725 943 627 247 380 749 351 398
125.1540** 161.6755**
Intercept 91.4939***  71.5682 * * 130.6546 86.0426 48.7894 52.9614 37.8738
(0.0030) (0.1473) (0.0030) (0.0064) (0.1123) (0.2364) (0.1884) (0.3787) (0.5374)
Market share 38.0589** 39.1828* -592.3595*  53.5052* 111.6135*** -1048.8130* -7.8564 -3.8945 -512.4007
(0.0147) (0.0673) (0.1000) (0.0903) (0.0043) (0.0995) (0.6646) (0.8780) (0.3184)
Log tranche -1.8523 1.4279 -4.5115** -5.0125** 0.7736 -8.3539***  -1.8523 -0.6837 0.4103
(0.1743) (0.4937) (0.0149) (0.0287) (0.8232) (0.0058) (0.1743) (0.8062) (0.8761)
Log sales -0.8243 -2.4218 -0.2757 0.5056 -2.3436 3.1672 -0.8243 -1.6616 -0.5273
(0.4287) (0.1443) (0.8441) (0.7857) (0.4120) (0.1874) (0.4287) (0.2361) (0.7072)
Rating -0.1231 -0.6246* 0.4787 -0.9110* -1.7610%**  -1.7610***  -0.1231 0.7960** 0.7960**
(0.6214) (0.0849) (0.1827) (0.0544) (0.0076) (0.0076) (0.6214) (0.0403) (0.0403)
Sponsored 12.3607**  12.7071** 10.9222** 11.5379** 15.0568* 10.6334 12.3607***  0.4017 0-0.2207
(0.0007) (0.0170) (0.0457) (0.0474) (0.0773) (0.2105) (0.0007) (0.9579) (0.9817)
Secured 18.4639***  16.1318** 19.7059***  16.1037**  12.7559* 17.2959***  18.4639***  20.3385***  14.3873***
(<0.0001) (<0.0001) (<0.0001) (0.0007) (0.0722) (0.0039) (<0.0001) (<0.0001) (0.0002)
Maturity -0.0139 0.0433 -0.0515 0.0967 0.1803 0.0636 -0.0139 -0.1358 0.0201
(0.8040) (0.6453) (0.4828) (0.3543) (0.2479) (0.6449) (0.8040) (0.2592) (0.8266)
Log assets -1.1734 -0.8752 -0.0805
(0.4309) (0.7317) (0.9700)
ROA -76.7681**  -56.9764*** -101.555***
(<0.0001) (0.0083) (<0.0001)
Leverage 1.6095*** 1.5405* 1.4245%*
(0.0020) (0.0925) (0.0366)
R&D -9.4731* -9.9324* -17.4851
(0.0671) (0.0905) (0.7032)
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1.7. Summary and Conclusion

This study analyzes loan facilities to non-financial U.S. dirfrom 1994 to 2006 to
investigate the effects of the arranger’s reputation on syedidatin pricing, under different
bank-borrower relationship settings. Theory suggests that reputatjaimes a premium. When
market share is used as a proxy for reputation, the resultsateaahfirm theory, especially for
borrowing by private firms. The paper finds a non-monotonic relatipisétween loan spread
and the lead arranger’s reputation. Specifically, a reputabngaer charges a reputation
premium for its monitoring and due diligence and its commitment agaxoitation of
information rent; while a less-reputable arranger actuallyref reputation discount. A possible
explanation is: the levels of loan market competition faced putable and less reputable
arrangers, which come from both the bank loan market and the substliotid market, are
quite different. A less reputable arranger offers a reputatieoount to compete with the
reputable arranger in this highly concentrated and competitiv&kemaAdditionally, the
arranger’s reputation effect on pricing becomes less signifias the borrower enters a repeat
lending relationship with existing lender, because the repeatdolastantially reduce moral
hazard between the borrower and the lender. The syndicated loan maokegivas rise to
adverse selection between the lead arranger and participantstudigdinds that the arranger’s
reputation can reduce the lead share retained in its portfoliohveeitves as evidence that

reputation also mitigates adverse selection between the lead arrangertianzhpts.

Market share is however a problematic reputation proxy bedacae also be related to
market power, which would also affect the loan spread. Study on exgnfiow alternative

approaches to address the reputation proxy problem can be a future research interest
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CHAPTER 2

CHANGING PARTNERS FOR BETTER OR WORSE:

A CLOSE LOOK AT LOAN MIGRATION IN THE SYNDICATED LOAN MARKET

2.1. Introduction

The theoretical literature in banking argues shows that banks r@#g@nded firms
(borrowers) benefit from entering into a relationship-lending gearent. For banks, these
benefits arise mainly because they can produce information eaghabt be easily observed by
or transferred to outsiders - about their borrowers, which can theseblelo make more accurate
credit decisions in the futut& For firms, it is argued that relationship banks tend to smooth their
borrowers’ loan rates in response to interest rate stooksn responses to changes in firms’
credit risk?. In reality, however, it is common for firms to switch to neanks when seeking a
repeat loan. Gopalan, Udell and Yerramilli (2007) report that isyhdicated loan market, 44%
of the repeat loans involve new bank-borrower relationships. If bankiatjonships confer
significant benefits, why do firms and banks forgo them and mid¢gatéing and borrowing to

new partners?

The existing literature proposes a humber of hypotheses forréqesat loan migrations,
several of which are consistent with the notion of a separatjadibrium in the loan market.
One explanation is based on the “graduation hypothesis” that has beeredteiin the IPO

and bond underwriting markets, in which firms tend to move to more gicesgtiunderwriters in

8 See Leland and Pyle (1977), Fama (1985), Diamond (1984), and Diamond (1991).
9 Berger and Udell (1992).
% petersen and Rajan (1995), and Berlin and Mester (1998).
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subsequent securities offerifd3hen applied to repeat lending, this hypothesis could explain a
loan migration from a less to a more reputable lender, but canmmtalage loan migrations
within the same lender reputation class or migrations from & ooa less reputable lender. As
we show later, these latter two types of migrations accousat lEmge proportion of repeat loans.

A variant of the “graduation hypothesiéis based on the attributes of banks. Essentially, banks
are separated into two classes based on size. Each classpssseque strengths and therefore
specializes in lending to different types of borrow&rsSmall banks have a better ability to
process information and are more likely to lend to information-proatic borrowers, while
large banks specialize in lending to larger firms. Accordmfgtaduation hypothesis”, newer,
smaller firms with severe information asymmetry will tendobrrow at small banks. As firms
grow, they would more likely to enter into a new relationship wilarger bank due to their
increased borrowing needs, enhanced information transparency, and other Gcaggékervices
need$®. As with the ‘graduation hypothesis’, the bank size explanaticorisistent with repeat
loans migrating from less to more reputable lenders but cantanakze the movement to a
different lender within the same lender reputation class. Bamkwer relationships may also
be affected by competition from other lenders who may provide eatlseperior product or a
lower loan rate. In addition, firms and banks may switch pestdue to ad hoc factors such as
mergers, acquisitions and restructuring.  Neither of these dter lexplanations, however,

focuses on a systematic set of factors underlying the pattern of loan amgrati

2L Krigman, Shaw and Womack (2001): Firms “graduate” to morstigieus underwriters whenever
possible and strategically acquire additional and more influemtéyst coverage through their choice of
underwriters.
22 Diamond’s (1991) model's model demonstrates that borrowers “gradinate’bank loans to public
debt by establishing a solid credit reputation. Gopalan, UddllYarramilli (2007) term the situation as
the “graduation hypothesis” for the reason that the switcbinfirms to large banks for their repeat
borrowing is similar to the switching of firms to more refgainvestment banks for their underwriting
business.
% Berger et al. (2005) and Kano et al. (2006).
4 Hadlock and James (2002), Gopalan, Udell and Yerramilli (2007).
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This paper focuses on two questions: 1. What are the factorse#uhtd repeat loan
migrations? 2. What are the factors that create a sepaedimgbrium in the repeat loan
market? As stated, these two questions are interrelated daoceowver that migrates to a higher
reputation lender must have discontinued a pre-existing relationshpawibwer reputation
lender. Thus the same model must be used to answer both questiorferrecds, if any, will
appear in the empirical estimates. To address these questiogsanvme two different types of
repeat loansintra-class migration loans andter-class migration loandntra-migrating loans
are repeat loans that have switched from one lender to ahotthie new lender remains within
the same reputation class as the original lender. Thus thiootyjpan cannot be informative
about the separating equilibrium properties of the loan market. Raltleetoan must pertain
primarily to the benefit/cost calculations made by the borramel lender when discontinuing
one relationship and establishing another. The second tyipgepMmigrating loan refers to one
in which the new lender inhabits a different reputation class thasidiender. Here we need to
distinguish between repeat loans migrating to a higher reputaass and those migrating
towards a lower reputation class. These repeat loans nepsegarating equilibrium loans and
we argue below that their empirical estimates reveal irddom about the cost/benefit

calculations made by lenders.

We define the bank-borrower relationship in a syndicated loan agisimg detween the
borrower and the lead lender because prior research has shown tlegtdtihender is the one
who is responsible for monitoring the borro®erOur empirical work uses a number of
explanatory variables that are designed to capture various etepfetite loan, borrower and
lender. These include: the cost of borrowing, as measured by theple@d and fees charged to

the borrower; characteristics of the borrowing firm such asrége, size, and Tobin’s Q; loan

% Sufi (2007).
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characteristics including maturity and covenants; and chastmeof the lead-bank lender such
as the number of participant banks used to finance the loan. Weaggeraddel to contrast the
impact of the above determinants on migrating loans relativeptat loans that remain with the

same lender.

Our results can be briefly summarized as follows. Lending witienhigh quality bank
sector reveals evidence that is consistent with relationshgpnig. That is, some firms forego
lower interest rates and longer maturity loans to remaih thieir original lender. A similar
finding does not hold for repeat lending in the lower quality banlosed®egarding loans that
migrate in either direction between the high and low quality bactorsg firm risk is the most
important determinant. Relatively riskier firms move down to lowgeality lenders while

relatively safer firms move up to higher quality lenders.

The outline of the paper follows. A review of the relevant literature is provided iSec
2. Section 3 presents a model of the loan-migration process and dischesempirical
hypotheses that can be derived from the model. The data is ddscriBection 4. Section 5
presents and discusses the empirical results. Section 6 condhedgmper with a brief

summary.

2.2. Related Literature

There is a significant body of literature on financial intedmtion that documents the
benefits and costs of banks as relationship lenders in a varisijuafions. Campbell (1979)

Fama (1985), Diamond (1984, 1991) shows that the relationship lending ensuresingpaitd
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screening and can substantially reduce information asymmetryni&dmarower relationship is
a mutual commitment and it leaves for negotiation and flexibiliyPorta et al. (2003) show
that a firm with close ties to its bank is less liquidipnstrained and is able to obtain better
financing terms than a firm without close connections to itsioelship bank. Berlin and Mester
(1998) show that the relationship lending smoothes loan prices in resptmsnterest rate
shocks, suggesting a feature of bank lending is a multi-period lerelatgnship between firm
and bank in which loans need not to be break-even periodically. For putns; iames (1987),
Lummer and McConnell (1989), and Shockley and Thakor (1992) document thaisteaea@xor
renewal of a bank relationship or a loan commitment sent positival sig the borrowers’
abnormal stock returns. For small businesses, Petersen and Rajan f(i@3at a lending
relationship leads to increased credit availability, whiggd@r and Udell (1995), and Boot and
Thakor (1994) show that a relationship lending lowers the collategairement on loans. For
large U.S. firms, Bharath et al. (2006) document tretangbanking relationship translates into
loans with a lower interest rate, a larger loan amount, and mdwdlateral requirements. The
advantage of relationship lending can also be infan@idectly from the work of loannidou and
Ongena (2006). Using a Bolivian loans data set, they answer thgoguek what is the
reduction in the loan rate needed to induce a borrower to break exigtieg banking
relationship. Their results indicate that a new loan grantethlputside bank carries a loan rate
that is more than 80 bps lower than the rate on a comparable neaviaigable from its current
inside bank. Firms, therefore, that remain in a relationship witeahmee bank must be receiving

relationship benefits whose value is at least equal to 80 bps.

Closer to our research interests are several papers dedlnthe/dissolution of banking
relationships. Gopalan, Udell and Yerramilli (2007) find that U.$ndiiswitch to new banks

mainly to obtain a larger loan amount; they do not find any evideheelower loan yield
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following the firms’ switch. This finding is at odds with the nkaf loannidou and Ongena
(2006) on Bolivian loans discussed above. The difference in firm ¢bastics between the
U.S. and Bolivia, therefore, must also play a role in determiniadjkblihood of breaking a pre-
existing relationship. Regarding the influence of firm charattes, Ongena and Smith (2001)
investigate the banking relationships of Norwegian firms and hatl gmall, highly-leveraged

firms are more likely to transit from small banks to large banks.

Bank competition may also influence the proportion of lending in banking teaha is
based on relationships because the degree of competition can influence botyritedemaf the
monopoly rent received by the relationship bank and the ease at wihishcAn switch among
lenders. The extant theoretical literature on this question, howisveparse and thus it is an

open empirical issue

One problem with the above empirical research is that itstr@aiending identically.
However, some lending activity is not primarily motivated by tr@hship banking; rather it
more closely resembles a process that can be characteszetbwement to a separating
equilibrium within the loan market. In our analysis below we migtish between two types of
loans - repeat loans made by the same firm with the sarderland repeat loans made by the
firm with a different lender. The first type should provide infation about the characteristics
of relationship lending while the second type should reveal importetar$athat give rise to a
separating equilibrium in the loan market. If this view is ectr the interpretation of the
regression coefficients for the two types of loans should be diffegent. To the best of our
knowledge, this is the first study to use disaggregated repeat lzato destimate the differences

between intra- and inter-migration loans.
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2.3. The Model and Hypotheses

In our empirical work we use a logit model and set the dumn@yfat a non-switching
loan and 1 for a switching loan. To interpret the coeffiieof the logistic regression, we
present a simple model describing the decisions made by borranérienders in the repeat

loan market.

There are two classes of lenders: high reputation (H) and lowatepufL). Reputation
is defined by the total amount of lending conducted by the bank in the syndicatedalda, so
the larger is the amount of the bank’s loans, the higher is tilésb@eputation. Each borrower
can be classified as an initial H or L borrower. When the borenters the repeat loan market,
either the original lender (O) issues the new loan or the berrewitches to a new lender (N).
For a non-switched repeat loan, there are two outcomes: HH, in which the baeovaans with
a lender of high reputation, and LL, in which the borrower remains witknder of low
reputation. For a switched repeat loan, there areintva-loan migrations, H>H (the loan
switches from a high reputation lender to another high reputation )Jeanér..—L (the loan
switches from a low reputation lender to another low reputation lended) twointer-loan
migrations, H>L (the loan switches from a high reputation lender to a low répatéender),

and L—>H (the loan switches from a low reputation lender to a high reputation lender).

2.3.1. Firm Behavior in the Repeat Loan Market

Let Zr represent the borrower’s net benefit when switching to a new lender. Wed4leise
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Zr=R® -RP+ T T (2.1)

where R® and F® represent the firm’s net relationship benefit with the new bank (NB) and the
old bank (OB) and "? and T°® represent the terms of the repeat loan including the interest rate,
maturity structure and covenants with the new and old lender. A (non-switchingyborr

desires to remain with the old lender when<2 and a (switching) borrower desires to contract

with a new lender whengZ> 0.

To apply (1) in our logistic regression framework, we assurag bn the basis of the
information acquired in its dealings with the old lender, the fimaws the value of ® that it
will receive if it remains with the old lender. This valuelwiry firm by firm and thus firms
can be ranked according to their perceived value“6f Rhis ranking is of course unobservable
to the econometrician. The firm, however, must project the valuB“Bfbecause it lacks
information about its potential new lender. We assume that thecwjealue of R® is
uncorrelated with the ¥ ranking of firms and, for simplicity, assume that firms withacte

class (H or L) make an identical projection ofR
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A Bo Firm Ranl

Figure 2.1.A: Determinants o&Z
Ze defines a firm’s net benefit of switching a loan from one lender to anotfear®
R"® are the firm’s relationship benefits with the old and new lend8f.afid T'° are

indexes that represent the firm’s valuation of the loan offer (including intatest
maturity and covenants) from its old lender and new lender, respectively.

Figure 2.1.A graphs the components 6fi (1). Each firm is located on the horizontal
axis based on its ranked value R The vertical axis measure$Rand R®, the latter of
which is assumed to be constant and invariant to firms’ rank®f Rhe loan terms, ¥and TN,
measure the outcome of a process that aggregates the variqaeeots of a loan (interest rate,
maturity, and covenants) into a single value. We assume rantdl T are negatively related to
the loan rate and the number of covenants and positively relatedttioityn In the repeat loan
market P and T are negotiated between each firm and bank(s) and thus williwarpy firm.
For purposes of illustration, however, we assume tAarifl T are constant and do not depend

on the firm’s rank. In Figure 1a the point BO divides firms infe>D and Z <0 groups. Firms
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in the Z > 0 group have a greater incentive and thus likelihood to midraieldans to a new
lender whereas the reverse is the case for firms in fhe0Zgroup. Consider the logistic
regression contrasting-BH to HH repeat loans. Our maintained hypothesis is that aisaymtif
majority of the migrated loans arise in the Z 0 region while a significant majority of non-
migrated loans arise in thé 20 region. Since these two regions demarcate two different parts of
the R® line, the logistic regression could provide information about how ficharacteristics
shape the relative properties of®Rying to the left and®™ of B, in Figure 1a. For example,
some firms may find that their potential for moral hazard behawvoreases over time because
they come into possession of valuable asymmetric information. Thés fuiew of its benefits
derived from an established banking relationshif®{Rnay therefore decline relative td"R
because the monitoring activity by the original lender duringptiigod of the old loan has
provided the old bank with an enhanced ability to detect the firm’s futoral hazard behavior,
leading the firm to seek a different lender to exploit its imfmtion asymmetry. Thus a variable,
which proxies for the degree of information asymmetry betwesrs fand their lenders, may be
associated with a higher likelihood of intra-loan migration when cosaptr repeat loans that

remain with the original lender.

The literature has especially focused on the T componenfs @pgcifically, the models
of Sharp (1990) and Rajan (1992) predict that in a relationship banking anemgbe terms of
a renewal loan with the same lender worsen relative to thes taualable from alternative
lending sources. In Figure 2.1A, this prediction implies th&tificreases relative to°f, which
shifts B rightward and increases the desirability and therefore Kadihood of intra-loan
migration. In a logistic regression of say—t to HH repeat loans, the likelihood ofbH

should be positively correlated with"- T,
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2.3.2. Bank Behavior in the Repeat Loan Market

Lenders also make a calculation similar to (1). Lenders tzeddcide whether to renew
a loan with a current borrower or to seek a new borrower. d.etptesent the bank’s net benefit

of switching its lending to a new borroweg & defined as,

Zg =R R + T - T9F (2.2)

where R and T represent net relationship benefits and loan tespsctigely, and NF and OF
represent the new firm borrower and old firm borrower. As in #se ©f firms, the bank loan
terms, T and 17, are index numbers that aggregate the various components of the loan

(interest rate, maturity and covenants) into a single value.bdile seeks a new borrower when

Zg > 0 and renews the loan with its old borrower wherx 2.

A B Bank Rank
Figure 2.1B: Determinants ogZ

Zs defines a bank’s net benefit of offering a loan to a new borrowéral R are the
bank’s relationship benefits with the old and new borrowéf. afid T are indexes that
represent the bank’s valuation of its loan offer (including interest rate, tyatod
covenants) to its old borrower and new borrower, respectively.
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Figure 2.1B graphsgZ As in the previous section, each bank is assigned a rank based
on its perception of the relationship benefit that it will obtain wiheanews a loan with an old
borrower. The positively sloped line®Rindicates that banks will have differing views of the
relationship benefits provided by their old borrower and that somleshaill assign a low value
relative to the value expected from a loan to a new borrow&r, Ror example, if the original
firm becomes more complex, as proxied say, by firm size, the H@néjected monitoring cost
may rise above the cost level expected when the original loamasde, leading to a decline in
R, Thus the distribution of firm size can influenc® Rso that larger firms may be associated

with a greater likelihood of intra-loan migration.

In Figure 2.1B, Bis the dividing line between the; 20 and £ <0 regions. Banks lying
to the left of B would be more likely to seek new borrowers while banks lying to the right would
be more likely to renew loans with their old borrowers. Thus theirecal properties of intra-
migrated loans would tend to be dominated by the set of underlyitagrdeants that shape the
portion of FF to the left of B while the underlying determinants of non-migrated loans would

dominate the shape ofRto the right of B.

The values of " and 1°F also influence the bank’s loan renewal decision. As noted
above, Sharpe (1990) and Rajan (1992) hypothesize that when a bank contiandddah old
borrower, it takes advantage of its relationship by charging higher than nraekest rates. This
implies that T is generally smaller than°, which tends to shrink thesZ0 region. Thus the
Sharpe-Rajan hypothesis leads to an expansion in the bank® 2gion and a desired increase
in non-migration loans, but for firms the hypothesis implies a cotndrain their £ <0 region

and a desired increase in intra-migration loans. Of course, theseffsetting forces are
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resolved in negotiations between banks and firms as part of the ashtigarequilibrium in the

repeat loan market.

2.3.3.Using Intra- and Inter-Migration Loans for Empirical Hypothe ses

Our empirical work contrasts repeat loans that have migrataddifferent lender with
repeat loans that have been renewed by the original lenderckh we use the above model to

interpret our empirical results in logistic regressions of intra- and mmigrating loans?

Consider intra-migrating loans. First, the assumptions thattRe projected relationship
benefit received by a bank switching to a new borrower, is idgrdaross the banks and that
R"®, the projected benefit received by a firm from switching tea bank, is identical across
the firms would be highly improbable if data for all H and Inkeand all H and L firms were
used in the same regression. Thus, the two assumptions justiingphe data into H and L
sectors. Second, the firms who originally borrowed within the H-bags@nd the H banks who
lent to these firms represent an initial separating equilibmuthe loan market. Holding bank
reputation constant helps to support the assumption tfaafd R® can be represented as
smooth functions in Figures 2.1 A and 2.1 B with a single point dividiegnigration and non-
migration regions. If all H and L banks and firms were useédarsame regression, there would
be two dividing points in Figures 2.1 A and 2.1 B and thus a potentiedly tverlapping area in
the two figures where, for example in figure la, L firms ddsteeremain with their original
lender but H firms desired to migrate. The coefficients inrdggession therefore would be a

mixture of firms in both the H and L sectors.
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While holding the reputation class of banks constant does solve aanpttlslem, it
does not address a basic identification problem. Equilibrium in sayitrepeat loan market
implies that PF, TV, T°%, and T*® are configured so that the amount of repeat loans extended
by banks to both non-migrating and migrating borrowers equalsjubstity desired by each
class of borrower. Essentially, the value of the T variabl€sguares 2.1 A and 2.1 B adjust until
the migration and non-migration regions in each figure produce an awiolending/borrowing
that satisfies banks and firms for both migrating and non-nmgrdbans. Without loss of
generality, assume that the loan market equilibrium occurs at the samhengégures 2.1 A and
2.1 B (Ay = By). The available loan data can be sorted into migrating ananmgrating regions.
However, the sorting outcome is due to simultaneous decision-makibgttyanks and firms
as expressed in® and R. The data therefore cannot distinguish between a bank- or firm-
induced loan migration. Since the variables in the logistic rsigresre likely to affect # and
R°" simultaneously, the estimated regression coefficients captuyeaonkt effect. In other
words, the underlying coefficients of°R and R are unidentified in theéntra-migration

regressions.

We argue that the coefficients in timer-migration regressions are identified. Our
reasoning is as follows. Let Figure 1a refer to firms inltlsctor. Any L firm that desires to
move to the H sector will lie in the subset of L firms to #fe éf Bop. Moreover, firms that want
to move up to the H lender class must have a strong incentsaatoh for a new lender in the
higher reputation class. In our view such firms would be concetitcatehe horizontal axis
lying on the left of A in Figure 1a because firms in this region have the largestcpedjgain
from switching lenders (to new lenders in either the H or Losgect Of course, not all of these
firms would desire to move up and some of those with this desire woultersticcessful. To

identify the logistic regression coefficients, however, we onBdn® assume that a significant
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majority of L firms moving up to the H sector are concentrdtethe left of A. To see the
effect of this assumption, let Figure 1b refer to banks in thseétor. Loans to the inter-
migrating firms would then be spread throughout the region |yrthe left of B in Figure 1b
since this defines the group of H Banks who are seeking new bestowéacing the restricted
portion of Figure 1a lying to the left ofofon top of Figure 1b shows that'Rin Figure 1a
overlaps with only a small portion of'\Rin Figure 1b. In this overlapping area the inter-loan
migration data cannot distinguish betweel® Rand RF. However, the data will provide
information about B outside of this overlapping region because only a few L firmsylyin
between A and B in Figure 1a will migrate to the A~ B, region in Figure 1b. As a result, the
regression will estimate the shape 6f Retween Aand B. As discussed above, the movement
of L firms to the H sector describes a separating equilibriuthenloan market. Our analysis
suggests therefore that the coefficients referring to finaracteristics in the associated logistic
regression represent assessments made by H bankskbfblorrowers. That is, the coefficients

describe attributes of the inter-migrating firms that attract |érams H banks.

We use a similar approach to interpret the coefficients ifotfistic regression of L
migrating loans. In a separating equilibrium, borrowers, whosetépens migrate from the H
sector to the L sector, should be among the worst relationship besreweiewed by H banks.
This assumption implies that these borrowers would be concentrated)dne H banks lying to
the left of A in Figure 1b. When expelled from the H sector, these firmsewd up borrowing
from L banks within the L sectorZg>0 region in figure 1b since this region contains the L
banks seeking to find new borrowers. Loans to the expelled borrowersl shetgfore be
distributed along & lying to the left of B. Thus the data for migrating-iL loans provides
information about how L banks view the characteristics of firmgrating to the lower

reputation sector.
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Summarizing the above discussion, the influence of economic factdrsldteamine
intra-migrating loans cannot be estimated separately for borrowmdréeaders. The estimated
coefficients for this type of loan are combinations of the underlyetavioral parameters of the
borrowing firms and lending banks. HRater-migrating loans, identifying restrictions regarding
the motivating source of the loan migration can be imposed. Thésetiass imply that a set of

coefficients can be viewed as the estimated responses of banks to underlyingetaxctors.

2.3.4. Structure of the Logistic Model

The explanatory variables include the characteristics of the UWanBer, the
characteristics of the loan, including the spread, fees, loan anmemditgovenants, and firm

characteristics such as size and leverage. Formally, the logg®ssen is given by,

Switch Dummy & + f;Loan Characteristics ,Firm-specific Variables+fs; AISD + S,

Control Variables (2.3)

Where the switch dummy is 1 for a switched loan and O for a nonkssitioan, and
AISD is the drawn all-in-one spread. The latter is definetleaamount that the borrower pays the
lender each year for each dollar borrowed in the case of a term loan, and for eadffraath off a credit

line in the case of a loan commitmeWe estimate two sets of logistics regressions. In thieskts
the dummy is 1 for H»H switches and 0 for HH non-switches or 1 fesL and O for LL. Here
the dummy in the logistic regression approximates the probafiify of loan switching (S)

versus non- switching (NS),

Switch Dummy Br {(Zr + Zg)s/ (Zr + Zs)ns } (2.4)
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As (2.4) indicates, the probability depends on valuations about the firhdéween the
net benefits of a banking relationship and the terms of the loan rpdmtetbthe borrower (firm)
and lender (bank). Equation (4), therefore, is a reduced-form thatbdssthe joint behavior of
firms and banks. Furthermore, (4) assumes that loan market agmliprevails in both the H
and L banking sectors. That is, the terms of the loan are muagagptable to the switching

firms and to the banks that extend loans to these firms,

B = TNF (2.5)

A similar condition applies to repeat loans that remain with the same firm and bank,

TOP =T°F (2.6)

Thus, the empirical estimates of the coefficients of the loaarackeristics, firm
characteristics and AISD variables in (2.8), (5. and f3) are mixtures of both the firm’s and

bank’s assessments of their impact on the loan switching outcome.

As noted above, loan switches across the two bank reputation classebkely arise
because of movement to a separating equilibrium in the loan matkethis view, thep;
coefficients in the logistic regression, for which the dummyfier H—L and 0 for HH, can be
interpreted from the perspective of the L bank. Given that thewerris being demoted from
the H sector, what firm characteristics are associat#dthe loan that the L bank finances? For
the logistic regression, in which the dummy is 1 fesH and O for LL, the L firm is moving up
and the coefficients can be viewed from the perspective of thmrth. We interpret the
coefficients as providing answers to the question, what charactemsotivate the H bank to

promote a borrower to the higher reputation sector?
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2.4. Data and Descriptive Statistics

Table 2.1 provides information about the loan, firm and bank variables usedr in
empirical work. Loan data, including the borrower’s identisad lender, participant banks,
origination date, all-in-drawn spread, loan amount, maturity, loan purpasetyipe, presence of
general and financial covenants, and borrower’s sales at thefilnan origination are obtained
from the Loan Pricing Corporation’s (LPC) DealScan seriethiisample period, January 1990

to June 2007.

Table 2.1 Definitions of the Variables

Variable Definitions
Loan Contract Variable
All-in-Spread Drawn The amount that the borrower pays the lender eaclioy each dollar

borrowed in the case of a term loan, and for each dollar drawn off a aredit |

in the case of a loan commitment. The drawn all-in spread equals the coupon
spread plus the annual fee. Most spreads are measured as a markup over
LIBOR. In cases where they are based on another benchmark, Loan Pricing
Corporation makes adjustments to the drawn all-in spreads.

Maturity The number of days between the loan origination and the matatey
Length The number of days between the n th and n+ 1th loan.
Facility Size Total facility size in U.S. dollars. A deal maglude several loan facilities at

the same time. The most typical arrangement is a loan agreement that
comprises a term loan and a revolver credit line.
Year Dummy variables for the calendar years in which a loan agnéérsigned.
Loan Purpose Dummy variables for “Acquisition line,” “CP backupDebt repay,”
“DIP financing,” “Corp. purposes,” “LBO/MBO,” “Project finanee,”
“Real estate,” “Recapitalization,” “Securities purcka,” “Spin off,”
“Stock buyback,” “Takeover,” and “Working capital.” The omittedase is

“Others.”

Financial Covenants Dummy variable that is equal to 1 if the losatiaast one financial
covenant.

General Covenants Dummy variable that is equal to 1 if the loaat heast one general
covenant.

Borrower Variable

Tobin’s q Tobin’s q is the ratio: [(Book Value of Total AssetCommon Share
Outstanding * Calendar End Year Close Price)-(Book Value of Common
Stocks)]/ (Book Value of Total Assets)]
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Table 2.1 (continued)

Log (Asset) Natural logarithm of book value of assets from Compustat. For lnadg in
calendar year t, we use fiscal year t data if the lommnation date is at least
6 months after the fiscal year end; otherwise, we use fiscal yeara:1 dat

Log (Sales) Natural logarithm of borrower’s sales at the tiflean origination from
DealScan.

PE Ratio Price-earnings ratio, calculated by dividing calendar endlpsarprice by
earnings per share.

ROA Profitability from Compustat. For loans made in calendar year t, wesase f

year t data if the loan origination date is at least 6 months aftasthaé year
end; otherwise, we use fiscal year t-1 data.

Leverage Total liabilities over total assets. For loans made in calendat, yseruse
fiscal year t data if the loan origination date is at least 6 mon#sthaé fiscal
year end; otherwise, we use fiscal year t-1 data.

Market to Book the ratio of the market value of total assets tbdblk value of total assets of
the borrower
Industry Dummy variables for the one-digit SIC industry code

Lender Variable

Bank Market Share The size of the bank market share in the syndiaaddoket from
previous year.
Bank Rank The rank of lead arranger in the syndicated loan market from presdous y

LPC reports loan data at the “facility” level as wellaaighe “deal” level. A deal can be
structured into different facilities, defined by the originatioredéan type, loan amount, and
maturity. The observation used in the paper is loan facilitheadeal level. To control for the
possibility of multiple facilities in one deal contaminating temple, we choose only one

facility for each deal.

We use several variables to characterize a firm’s growth apptes and financial risk.
Growth opportunities are proxied by price/earnings ratio (PEJrmedtn assets (ROA), and
Tobin’s Q. For financial risk we use the log of firm size, delibr current ratio and leverage
ratio. Following Bharath et. al. (2005), for loans made in calendat,yee use fiscal yedrdata
if the loan origination date is at least 6 months after thalfigear end; otherwise, we use fiscal

yeart-1 data. Detailed variable definitions are summarized in Table 2.1.
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Table 2.2 provides information about the sample of repeat loans.

Table 2.2 Panel 2.2.1 Sample Selection

Initial sample size (1990-2007) 12669
Less: Missing DealScan data, e.g. AISD, Facility Maturity dateljtiaamount etc. -1189
Less: Missing Bank Market Share data -2202
Less: Missing COMPUSTAT data -903
Less: First Time Loan -2095
Final Sample Size 6280

We exclude loans to foreign entities and consider only dollar-denomiilzates to U.S.
public corporations. We also focus only on loans to commercial corpasadnd delete loans to
borrowers with a one-digit SIC code of 6 (financial institutions)thle last two decades, many
mergers and acquisitions occurred in the financial intermediation indEsttgwing Ljungqvist,
Marton, and Wilhelm (2006), we track all mergers and acquisitiormgrarranger banks and
assume that the acquiring bank inherits the prior relationshipseofatget bank. Finally, we
exclude loans with incomplete information about the details of the foen and/or lender. As

shown in Panel 2.2.1 in Table 2.2, there are 6280 usable observations of repeat loans.

Panel 2.2.2 Time Series for Loan Migration

No Intra- Inter-

Year | Repeat Loans| Migration  Migration [ Migration  Migration | L 5H H-oL

1990 49 15 34 17 17 11 6

1991 84 28 56 34 22 16 6

1992 117 65 52 33 19 8 11
1993 179 95 84 56 28 13 15
1994 266 164 102 73 29 11 18
1995 282 172 110 47 63 26 37
1996 372 229 143 83 60 28 32
1997 483 291 192 99 93 52 41
1998 340 213 127 64 63 31 32
1999 411 218 193 102 91 44 47
2000 572 331 241 140 101 43 58
2001 526 303 223 107 116 62 54
2002 527 291 236 100 136 100 36
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Panel 2.2.2 (continued)

2003 492 288 204 101 103 79 24
2004 526 306 220 129 91 55 36
2005 470 279 191 104 87 46 41
2006 389 237 152 78 74 32 42
2007 195 119 76 47 29 8 21
Total 6280 3644 2636 1423 1213 662 581

Panel 2.2.2 in Table 2.2 provides information about the time series eepaitrepeat
loans. On a yearly basis, the number of repeat loans grew sagtlifidrom a relatively low
number of 49 deals in 1990 to a peak of 572 in 2000. This surge in repeatdhacts, of
course, the growth in the overall syndicated loan market. The mwhbepeat loans remained
in the 400 to 500 range until 2007, the year corresponding to the onset ofainaal crisis,
when repeat loans declined to 195, an order of magnitude similar to the number tibaaseE
the early part of the 1990 decade. The no-migration and migratiamuoslin panel 2.2 shows
that the same lead arranger financed approximately 58% oépleat loans during the sample
period. This percentage, however, was substantially smaller in 1990x&hpked up sharply in
1992, and has remained in the 55%-60% range since that year. Thevmedlumns, intra-
migration and inter-migration, show the migratory pattern of refmats. Over the entire
sample, more loans have migrated within the same bank-reputédssithan across the two
classes, although in several years inter-migration loans exteetta-migration loans. As
discussed above, inter-migration loans can be viewed as loans thattehae the separating
equilibrium properties of the loan market. This separating praféssted approximately 20%
of the total number of repeat loans during the sample periothe@ivo directions of movement

for inter-migrating loans, slightly more than half were umimaoving L—H loans, although this

observation primarily reflects the relatively high number efHl loans in 2002. In fact, HL
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movement characterizes most of the sample years, except f@0@ie05 years. Determining

whether lax loan standards could account for this observation is a potentiallréspir.c

Panel 2.2.3 Frequency of Loan Migration by Industry

One-digit SIC Code Industry Description Migration  No Migration

1 Mining 258 388

2 Construction 412 601

3 Manufacturing 748 945

4 Transportation and Communications 390 567

5 Trade 421 540

7 Business Service 277 427

8 Legal, Educational and Social Service 140 176
Total 2636 3644

Panel 2.2.2 in Table 2 provides information about the time series pespeftirepeat
loans. On a yearly basis, the number of repeat loans grew sagtiijidrom a relatively low
number of 49 deals in 1990 to a peak of 572 in 2000. This surge in repeatdfacis, of
course, the growth in the overall syndicated loan market. The nwhbepeat loans remained
in the 400 to 500 range until 2007, the year corresponding to the onset ofainaal crisis,
when repeat loans declined to 195, an order of magnitude similar to the number dbseset
the early part of the 1990 decade. The no-migration and migration m®lumpanel 2.2.2 show
that the same lead arranger financed approximately 58% aépleat loans during the sample
period. This percentage, however, was substantially smaller in 19%0r@hped up sharply in
1992, and has remained in the 55%-60% range since that year. Thevmedlumns, intra-
migration and inter-migration, show the migratory pattern of refmsats. Over the entire
sample, more loans have migrated within the same bank-reputédssitban across the two
classes, although in several years inter-migration loans exteetta-migration loans. As
discussed above, inter-migration loans can be viewed as loans thattehae the separating

equilibrium properties of the loan market. This separating praféssted approximately 20%
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of the total number of repeat loans during the sample periothe@ivo directions of movement
for inter-migrating loans, slightly more than half were upimaroving L—H loans, although this
observation primarily reflects the relatively high number efHl loans in 2002. In fact, HL

movement characterizes most of the sample years, except f@a0@ie05 years. Determining

whether lax loan standards could account for this observation is a potential resgiatch t

Panels 2.3.1 to 2.3.7 in Table 2.3 provide detailed information about the loamnfirm
lender characteristics for the total sample of repeat loashsvarious sub-samples broken down

into the six patterns of intra- and inter-migrating loans.

Table 2.3 Descriptive Statistics for Regression Variables

Panel 2.3.1 All Repeat Loans

N Mean Median Min Max Std Dev
Firm Variable
ROA 6280 0.03373 0.0400 -2.8857 39.9091 0.5221
Current Ratio 5974 1.8779 1.5761 0 98.3265 1.9957
Debt Ratio 6277 0.6126 0.6010 0 22.5513 0.3896
R&D intensity 6101 0.04427 0 0 137.1207 1.7636
PE Ratio 6204 20.4065 15.9295 -5500.00 6343.75 186.2912
Net Profit Margin 6256 -0.03406 0.04018 -259.293 3.2518 3.3490
Leverage 6277 0.3075 0.2885 0 4.9545 0.2279
Quick Ratio 5921 1.3102 1.0533 -7.2793 98.3265 1.8840
Gross Profit Margin 5357 0.1435 0.1264 -8.1266 0.8947 0.2609
Tobin's Q 6273 1.7847 1.4301 0.0521 96.4013 1.7979
Log(Firm Size) 6280 2.9688 2.9324 -1.6576 6.1715 0.7994
Log (sales) 6256 6.7974 6.7686 -4.0745 12.7541 1.7835
Loan Variable
Tranche Amount
(thousand $) 6280 302,813 133,700 100 24,000,000 647267804
AISD 6280 150.9888 125 8 1450 116.8749
Maturity 6280 1197.68 1096 1 7979 705.7648
Length 6280 725.17 500 1 5740 668.7050
Financial Covenants 6280 0.6148 1 0 1 0.4866
General Covenants 6280 0.5571 1 0 1 0.4968
Lender Variable
Number of Lenders 6280 7.6674 5 1 113 8.3409
Rank 6280 83.2092 15 1 1452 166.5637
Market Share 6280 0.0385 0.0121 6.6048E-7 0.2056 0.0495
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For the summary statistics of firms linked to Compustat, Palel Z2hows that the
averages are 3.37% for ROA, 20.40 for the PE ratio, 0.307 for leveragk,7&nidr Tobin’s Q.
The average loan is $302 million with a maturity of 1197 days and-amsgread drawn of 151
bps. About 61% and 56% of the 6280 loans include financial and general covemasit t
respectively. Regarding the structure of the loan syndiciesvierage loan has between seven
and eight lenders and the lead arranger has a 3.85% market sthaemla of 832° Of course,
these averages mask a considerable difference among theafidnisanks in the repeat loan

market.

To better illustrate these differences, panels 2.3.2- 2.3.7 in Zéblaresent statistics for
the six classifications of intra- and inter-migrating loans. taDan non-migrating HH and
migrating H—>H loans are provided in panels 2.3.2 and 2.3.3.

Panel 2.3.2 HH Non-Switched Loans

N Mean Median Min Max Std Dev
ROA 1914 0.0599 0.0428 -2.8857 39.9091 0.9191
R&D intensity 1857 0.0166 0 0 4.9545 0.0428
PE Ratio 1886 13.0479 16.9222 -5500 3025.00 218.2515
Leverage 1913 0.3182 0.3017 0 4.9545 0.2471
Gross Profit Margin 1599 0.1638 0.1433 -6.4304 0.8297 0.2414
Tobin's Q 1912 1.8315 1.4924 0.3147 20.2740 1.2410
Log(Firm Size) 1914 3.2860 3.2568 -1.6576 5.8754 0.7281
Tranche Am (M$) 1914 481.439 250 0.1 24000 1.5
AISD 1914 113.2585 87.5000 8.5 725 96.0144
Maturity 1914 1170.41 1096 1 5287 717.7660
Length 1914 555.1834 379.5000 1 4510 456.2737
Financial Covenants 1914 0.5455 1 0 1 0.4981
General Covenants 1914 0.5502 1 0 1 0.4976
Number of Lenders 1914 10.5162 8 1 85 9.8490
Rank 1914 4.0465 3 1 23 3.7893
Market Share 1914 0.0763 0.0707 0.0100 0.2056 0.0491
Panel 2.3.3 H-H Switched Loans
N Mean Median Min Max Std Dev
ROA 519 0.0401 0.0400 -0.4688 0.4645 0.0783

% Market share and rank information are from DealScan League table.
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Panel 2.3.3 (continued)

R&D intensity 509 0.0172 0 0 0.2459 0.0392
122.469
PE Ratio 512 21.9335 16.0467 -1401.67 1312.50 3
Leverage 519 0.3237 0.3113 0 1.4017 0.1909
Gross Profit Margin 393 0.1667 0.1380 -1.5221 0.8526 0.1729
Tobin's Q 518 1.7095 1.4121 0.5883 10.9833 0.9882
Log(Firm Size) 519 3.3964 3.4124 0.2538 5.6928 0.7695
Tranche Am (M$) 519 452.817 250 3 10000 702.801
AISD 519 116.3376 87.5000 14.25 650 99.9791
Maturity 519 1250.92 1258 70 6209 760.5128
Length 519 891.8882 671 1 5740 809.2432
Financial Covenants 519 0.5183 1 0 1 0.5001
General Covenants 519 0.5048 1 0 1 0.5004
Number of Lenders 519 9.8901 7 1 113 11.0148
Rank 519 4.8921 4 1 23 4.5266
Market Share 519 0.0714 0.0582 0.0100 0.2056 0.050478

On average, BH firms borrow smaller amounts with a longer maturity and #&drig

AISD spread. The differences, however, are not substantial. Banpdx, the average-kbH

firm borrows $30 million less than an HH firm, pays about 3 BP nzomé receives a loan that is

80 days longer in maturity. The differences in firm chanégtics, however, are somewhat more

marked. On average, the assets of asiHHfirm are larger and it has a lower ROA than an HH

firm. Moreover, the H»H firm has a lower Tobin’'s Q and a higher PE ratio. Leverage,

however, is approximately the same for both types of borrowers.

Panel 2.3.4 refers to LL borrowers and 2.3.5 telLborrowers. For non-migrating and

migrating borrowers within this reputation class, differenoethé structure of the loans seem to

be more pronounced than in the H class. For exampid, firms borrow an amount that, on

average, is 85% of the amount borrowed by LL firms.

borrowers is almost 94%.

The comparatite fon H—->H

Moreover, and in sharp contrast betweetwb classes, L

borrowers pay approximately 23 BP more than LL borrowers. Thasstiss suggest that the

repeat loan market operates somewhat differently within thedpatation classes:-HH loan
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migration appears to be less costly and more accommodativeaunés borrowed than-kL
migration. Looking at the firm characteristics of the Lssléoans, the only distinguishing factor
is ROA. On average, the ROA fortL firms is .33% and 2.77% for LL firms, so that within-

firm operating efficiencies may partly account for the dédferes in the structure of LL and

L—L loans.

Panel 2.3.4 LL Non-Switched Loans

N Mean Median Min Max Std Dev
ROA 1233 0.0267 0.0422 -1.4806 0.7321 0.1411
R&D intensity 1204 0.1466 0 0 137.1207 3.9674
PE Ratio 1225 18.2688 16.3517 -1133.33 987.50 83.8832
Leverage 1232 0.2874 0.2750 0 1.4842 0.2054
Gross Profit Margin 1102 0.1407 0.1174 -2.8363 0.8039 0.1804
Tobin's Q 1233 1.8423 1.4335 0.3456 39.1188 1.9889
Log(Firm Size) 1233 2.5814 2.5661 0.8443 5.9037 0.6795
Tranche Am (M$) 1233 144.390 80 0.6 3600 226.936
AISD 1233 180.5371 162.50 11.50 1000 114.6024
Maturity 1233 1211.78 1096 2 6209 683.4253
Length 1233 616.4691 442 0 3557 524.4109
Financial Covenants 1233 0.6788 1 0 1 0.4674
General Covenants 1233 0.5815 1 0 1 0.4935
Number of Lenders 1233 5.4023 4 1 41 5.3451
Rank 1233 160.7470 79 14 1386 197.5211
Market Share 1233 0.0025 0.0018 6.60488E-7 0.099 0.002505
Panel 2.3.5 I.»L Switched Loans
N Mean Median Min Max Std Dev
ROA 991 0.0033 0.0338 -2.5534 0.9852 0.1912
R&D intensity 991 0.0266 0 0 3.1437 0.1201
PE Ratio 991 18.5007 13.9706 -308.3333 1325.00 76.0334
Leverage 991 0.2999 0.2682 0 2.2821 0.2408
Gross Profit Margin 991 0.1204 0.1037 -1.8016 0.8947 0.1911
Tobin's Q 991 1.7645 1.3685 0.1991 96.4013 3.1924
Log(Firm Size) 991 2.5271 2.4874 0.2170 5.9037 0.7339
Tranche Am (M$) 991 120.891 50 0.35 5100 299.685
AISD 991 203.2864 200 8 980 126.5932
Maturity 991 1141.75 1096 24 3979 647.1476
Length 991 979.4990 762 1 4851 856.5525
Financial Covenants 991 0.7049 1 0 1 0.4563
General Covenants 991 0.5355 1 0 1 0.4990
Number of Lenders 991 4.0141 2 1 67 5.6311
Rank 991 206.2505 105 13 1452 237.3150
Market Share 991 0.0020 0.0011 8.11423E-7 0.099 0.0023314
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Panel 2.3.6 refers to loans extended to former H borrowers whosd tepes are

financed by L banks.

Panel 2.3.6 H-L Switched Loans

N Mean Median Min Max Std Dev
ROA 542 0.0105 0.0329 -1.5169 0.8202 0.1744
R&D intensity 530 0.0232 0 0 0.5352 0.0621
PE Ratio 538 38.4324 14.4611 -1075 6343.75 303.1295
Leverage 542 0.3195 0.2637 0 2.5302 0.2546
Gross Profit Margin 456 0.1237 0.1156 -2.8363 0.8093 0.2603
Tobin’s Q 542 1.6996 1.3115 0.0521 10.0020 1.1436
Log(Firm Size) 542 2.9906 2.452 0.2560 6.1715 0.8156
Tranche Am (M$) 542 225.183 100 0.1 7000 529.718
AISD 542 174.2005 150 15 1450 132.5772
Maturity 542 1214.70 1096 15 4383 734.7063
Length 542 859.6310 686 0 4922 741.1073
Financial Covenants 542 0.6033 1 0 1 0.4897
General Covenants 542 0.5221 1 0 1 0.4999
Number of Lenders 542 5.6015 3 1 57 6.5200
Rank 542  146.1089 73 13 1277 193.4544
Market Share 542 0.0027 0.0020 2.1802E-6 0.0100 0.002593

Comparing these loans with LL and-iL loans shows that HL borrowers are, not
surprisingly, larger in size and therefore borrow an average anmmainistsubstantially larger
than the amounts borrowed by either LL orL borrowers. The firm characteristics of the
H—L borrowers are closer to those oblL borrowers. For example, the ROA for#L firms
differs by .7% from kL borrowers, but by 1.6% from LL borrowers. Moreover, Tobin’s Q for
H—L firms is 1.69, which is closer to the value of 1.76 feslL firms than the 1.84 value of LL
firms. Finally, leverage is highest for the-HL. borrowers and lowest for the LL borrowers. On
the basis of firm characteristics, the statistics sugbesti—>L firms are better credit risks than

L—L borrowers. Yet, HL firms pay on, average, 6 BP less than and LL firms and 29 BP less

than L>L.
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Panel 2.3.7 refers to-bH loans, in which the borrower moves from the lower to the

higher reputation sector of the repeat loan market.

Panel 2.3.7 I.-H Switched Loans

N Mean Median Min Max Std Dev
ROA 585 0.02778 0.0387 -1.4713 0.3071 0.1123
R&D intensity 585 0.0177 0 0 0.6572 0.0545
PE Ratio 585 30.3423 15.6681 -431.60 6343.75 269.6642
Leverage 585 0.2968 0.2787 0 2.0281 0.2060
Gross Profit Margin 585 0.1439 0.1160 -1.2063 0.8321 0.1532
Tobin's Q 585 1.6564 1.3958 0.4292 8.5696 0.9153
Log(Firm Size) 585 2.9107 2.8597 -1.2366 5.9311 0.7509
Tranche Am (M$) 585 240.254 125 1 7000 456.205
AISD 585 157.7594 125 15 1100 119.7734
Maturity 585 1328.87 1443 42 3979 720.3458
Length 585 903.4631 704 2 4851 784.3042
Financial Covenants 585 0.5832 1 0 1 0.4935
General Covenants 585 0.5592 1 0 1 0.4969
Number of Lenders 585 7.2556 5 1 83 7.8097
Rank 585 5.8250 4 1 23 5.5010
Market Share 585 0.06479 0.05306 0.01008 0.2056 0.049725

How do the >H loans compare to the HH and-HH loans? The average amount for
L—H loans is much smaller and the AISD spread is substan@atigid than the corresponding
statistics for both HH and-HH loans. For example, the AISD spread is 51 BP higher compared
to H—>H loans, while the amount of the+H loan is smaller by $212 million. The size of the

L—H firm is also smaller, on average, and its ROA is lower.

In summary, Table 2.3 indicates that there are substantial diéfesen both the loan and
firm characteristics among non-migrating, intra-migratamgl inter-migrating loans. Comparing
the H and L sectors, H sector loan amounts are larger and hallerspreads. Firms within the
H sector also exhibit a higher average ROA but have approxintaelgame Tobin Q values
even though L firms have a much higher R&D intensity than Hsfi{h146 versus 0.026).
Since R&D contributes to a firm’s opaqueness to the financigteharable 3 suggests that this

may be an important characteristic that separates borromterghie two sectors of the loan
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market. However, within each reputation sector (either H or lfjerdnces between the
characteristics of non-migrating and intra-migrating loans tende fairly narrow, while

differences betweeinter-migrating and non-migrating loans are more substantial.

2.5. Empirical Results

2.5.1. Intra-Migration Loans

Tables 2.4 and 2.5 provide estimates of the logistic regressionmgrizmigration loans
within the H and L-bank sectors, respectively. In each tableleMd uses only firm
characteristics as regression variables, Model 2 uses onlgl@aacteristics, Model 3 uses only
syndicate characteristics, and Model 4 uses all three tfpeariables. While it is tempting to
view Models 1 — 4 from the point of view of either the firm-borrowerbank-lender, our

analysis in Section 3 shows that they should be interpreted as reduced-forionequat

The most complete reduced-form is Model 4, so our discussion foangbs model. In
Table 4 the probability that a loan will migrate between H banks is positiealed to firm size,
the maturity of the loan, and the length of time between thequ® and current loan, and
negatively related to the amount borrowed and the presence of gemerahits. In Table 5,
which refers to loan migration in the L bank sector, the probgalmfitmigration is positively
related to leverage, the AISD spread, and the length betweeaaentnd negatively related to

the amount borrowed and the number of lenders in the syndicate.

An interpretation of these results is best achieved by contrasting Tablesl24a
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Table 2.4 Logistic Regressions Explaining the Likelihood of Swahed H—H to Non-
Switched HH

The dependent variable in each logistic regression isharybivariable equal to one for a borrower
switching its repeat loan from a highly reputable arrangembther highly reputable arranger and zero
for borrower whose repeat loan is with the same highly reputaibéanger. Model 1 refers to firm
variables only; model 2 refers to loan variables only; modef&s to bank variables only; and model 4
includes all variables. Independent variablesR@A, PE ratio, Leverage, Tobin's g, Firm Size, AISD,
Log of Tranche Amount, Loan Maturity, Loan Purpose, Financial Covenantriyu@eneral Covenant
Dummy, Year Dummy, and one-digit industry dumitlyother explanatory variables are as defined in
Table 1.P-valuesof coefficients are reported in parentheses below each @esffiestimate. *, ** and
*** denote significance at the 0.1, 0.05, and 0.01 for two-tailed levels, résggct

Model 1 Model 2 Model 3 Model 4
Intercept -1.6133* -3.0802** -1.0029 -2.1702
(0.0807) (0.0222) (0.2580) (0.1527)
ROA 0.3808 0.3269
(0.5345) (0.6477)
PE Ratio 0.000196 0.000223
(0.5099) (0.4750)
Leverage -0.0370 -0.2587
(0.8893) (0.4061)
Tobin's Q -0.1210** -0.0580
(0.0361) (0.3210)
Firm Size 0.1949*** 0.7079***
(0.0090) (<.0001)
AISD 0.000132 0.00113
(0.8433) (0.1297)
Log Tranche 0.0552 -0.3879**
(0.6178) (0.0688)
Maturity 0.000116 0.000161**
(0.1837) (0.0499)
Length 0.000964*** 0.00101***
(<.0001) (<.0001)
Financial Covenants 0.0919 0.2079
(0.5904) (0.2306)
General Covenants -0.3753** -0.3039*
(0.0229) (0.0719)
# of Lenders -0.00586 -0.00711
(0.2660) (0.2849)
Market Share -3.1899 ***
(0.0049)
Loan Purpose Dummy No Yes No Yes
Tranche Type Dummy No Yes No Yes
Industry Dummy Yes Yes Yes Yes
Year Dummy Yes Yes Yes Yes
NOBS 2389 2389 2389 2389




In Table 2.4, the probability that a loan migrates depends importantlstroctural
features of the loan such as maturity and the presence of gemezahnts but not on the loan’s
interest rate. Since migrated loans have a longer matuadtyeaver general covenants than non-
migrated loans, switching firms are able to receive enhanced loantbédrwefi their new lenders
without needing to a pay an additional cost in the form of a higitereist rate. Alternatively
stated, firms that do not switch to a new H lender pay a higtexest rate than is needed for the
relatively shorter maturity and additional number of general cousrihat characterize their
repeat loans. We view this as evidence that these non-migratmg feceive relationship
benefits and thus are in fact located to the right efiB Figure 2.1A. The alternative
explanation, in which banks act as monopolies against their old borrewdrgxploit their
advantage by offering relatively more onerous terms whemwiegea loan, also has some
support because loan migration depends significantly on firm sim®. $tze can proxy for
‘transparency’ and thus serve as a signal of the ease by whfoim is able to generate
alternative loan offers. In this case, a smaller firplaged in a disadvantageous position when
negotiating with their current H lender. However, other firm at@ristic variables such as
ROA, which could be viewed as an indicator of bargaining power By fitm, do not
significantly affect the probability of intra-loan migration the H-bank sector. If H-banks
systematically tried to exploit their monopoly position, ROA shouldibgificantly positive in
Model 4 of Table 2.4. Overall, therefore, Table 2.4 lends support to tletheges that non-
migrating firms receive relationship benefits and migratimgns are induced to switch

principally on the basis of more favorable loan terms.

Table 2.5 presents both a different and similar picture for repeat loans ingb®L s
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Table 2.5 Logistic Regressions Explaining the Likelihood of Swit@d L—L to Non-
Switched LL

The dependent variable in each logistic regression imanbivariable equal to one for a borrower
switching its repeat loan from a less reputable arrangandther less reputable arranger and zero for a
borrower whose repeat loan is with the same less reputablegarr Model 1 refers to firm variables
only; model 2 refers to loan variables only; model 3 refedsaink variables only; and model 4 includes
all variables. Independent variables incliRI®A, PE ratio, Leverage, Tobin’s g, Firm Size, AISD, Log of
Tranche Amount, Loan Maturity, Loan Purpose, Financial Covenant Dummyrab@uyenant Dummy,
Year Dummy, and one-digit industry dumily.other explanatory variables are as defined in Tabk-1.
valuesof coefficients are reported in parentheses below eadficter estimate. *, ** and *** denote

significance at the 0.1, 0.05, and 0.01 for two-tailed levels, resphctiv

Model 1 Model 2 Model 3 Model 4
Intercept 0.9221 0.8395 0.9196 0.7637
(0.3119) (0.4831) (0.3024) (0.5565)
ROA -0.6275** -0.3328
(0.0316) (0.2864)
PE Ratio 0.000190 0.000590
(0.7329) (0.3142)
Leverage 0.3400 0.5624**
(0.1220) (0.0212)
Tobin's Q -0.0118 -0.0132
(0.5089) (0.5090)
Firm Size -0.1307* 0.5131***
(0.0589) (<.0001)
AISD 0.00113*** 0.000990*
(0.0081) (0.0661)
Log Tranche -0.1572 -0.3580***
(0.1107) (0.0082)
Maturity -0.00004 3.996E-6
(0.6199) (0.9593)
Length 0.000796*** 0.000861***
(<.0001) (<.0001)
Financial Covenants 0.1145 0.2119
(0.4443) (0.1704)
General Covenants -0.1525 -0.1483
(0.2439) (0.2680)
# of Lenders -0.0546*** -0.0462***
(<.0001) (0.0006)
Market Share -58.8624***
(0.0025)
Loan Purpose Dummy No Yes No Yes
Tranche Type Dummy No Yes No Yes
Industry Dummy Yes Yes Yes Yes
Year Dummy Yes Yes Yes Yes
NOBS 2224 2224 2224 2224
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In this sector the estimates in Model 4 show that the probabilitypafat-loan migration
is positively related to the interest rate spread, firm Byerand firm size. The higher interest
rate is not, however, accompanied by an offsetting change in loas ivolving maturity and
covenants. Thus, in contrast to H-migrating firms, which essgntibtin more favorable loan
terms at no estimated cost, L- migrating firms pay a higiterest rate to compensate banks for
the banks’ exposure to more highly leveraged, migrating borrowers.isTaistandard trade-off.
Regarding the hypothesis that non-migrating loans provide an opportanitybfanks to earn
monopoly profits based on the information asymmetry between theK_amahthe loan market,
the results in Table 2.5 are consistent with those in Table 2.4.et Asze, a proxy for
transparency, is positively related to the probability of loan atign. However, even though
firms in the L-sector are likely to have less absolute banmggipower than firms in the H-sector,
the strength of the L-firms’ bargaining power relative to thelrank lenders is the crucial factor
in loan negotiations. Assuming that firms’ bargaining power is pes$jticorrelated with ROA,
the coefficient of this variable is not significantly differémm zero in Table 2.5, indicating that

L banks are not able to systematically exploit their bargaining power nepleat loan market.

2.5.2. Inter-Migration Loans

Section 3 analyzed loan migration between the H and L sectorsdd@&es that inter-
sector loan migration can be informative about the loan chastatsrihat the banks in the
importing sector extend to the firms from the exporting sec@wnsider Figure 2.1B. H-sector
banks lying to the left of Ahave lent to firms that provide relatively low relationship besefi
and who, therefore, are the most likely to be evicted from theckbis Some of these firms will

end up with new loans from L-sector banks and will be distributed tiefthef A, in Figure 1b
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when the figure depicts the L sector banks. To model this ¢ér@msie empirically, we first

estimate a logistic regression with-HL and HH loans and then contrast the regression results
with those in Table 2.4. This comparison should reveal the specifialuhfirm characteristics
that differentiate inter-migrating HL sector loans from intra-migrating -BH loans. We
interpret these differences as indicative of the factorsntistivate lending by L sector banks to

exiting H sector firms.

Table 2.6 presents the results for the logistic regressiorxdf &hd HH loans.

Table 2.6 Logistic Regressions Explaining the Likelihood of Swihed H—-L to Non-
Switched HH

The dependent variable in each logistic regression imanbivariable equal to one for a borrower
switching its repeat loan from a high reputable arranger tcss rieputable arranger and zero for a
borrower whose repeat loan is with the same high reputablegarraModel 1 refers to firm variables
only; model 2 refers to loan variables only; model 3 refedsaink variables only; and model 4 includes
all variables. Independent variables incliRI®A, PE ratio, Leverage, Tobin’s g, Firm Size, AISD, Log of
Tranche Amount, Loan Maturity, Loan Purpose, Financial Covenant Dummyrab@uyenant Dummy,
Year Dummy, and one-digit industry dumily.other explanatory variables are as defined in Tabk-1.
valuesof coefficients are reported in parentheses below eadhcoe estimate. *, ** and *** denote

significance at the 0.1, 0.05, and 0.01 for two-tailed levels, resphctiv

Model 1 Model 2 Model 3 Model 4
Intercept -0.5183 3.1738 70.6105 0.6643
(0.6653) (0.0474) (0.5361) (0.7042)
ROA -0.4741 -0.5346
(0.1821) (0.1735)
PE Ratio 0.000538** 0.000531*
(0.0420) (0.0527)
Leverage 0.1282 0.0189
(0.5789) (0.9419)
Tobin’s Q -0.0723 0.0213
(0.1364) (0.6613)
Firm Size -0.6032%** 0.5035***
(<.0001) (<.0001)
AISD 0.00167*** 0.00198***
(0.0028) (0.0015)
Log Tranche -0.9956*** -0.9397***
(<.0001) (<.0001)
Maturity 0.000135 0.000212**
(0.1312) (0.0196)
Length 0.000852*** 0.000882***
(<.0001) (<.0001)
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Table 2.6. (continued)

Financial Covenants 0.4114** 0.5269***
(0.0204) (0.0036)
General Covenants -0.2287 -0.0785
(0.1768) (0.6497)
# of Lenders -0.1033 -0.0604***
(0.1314) (<.0001)
Market Share -1736.5%**
(<.0001)
Loan Purpose Dummy No Yes No Yes
Tranche Type Dummy No Yes No Yes
Industry Dummy Yes Yes Yes Yes
Year Dummy Yes Yes Yes Yes
NOBS 2423 2423 2423 2423

The significant differences between Tables 2.4 and 2.6 are in thesintate spread, type
of covenants and PE ratio. AnbL loan is likely to have a higher interest rate than amsHH
loan. The former loan is also more likely to contain finanoislenants, which tend to be more
intrusive than the general covenants i»H loans. The two tables suggest that only a single
firm characteristic accounts for the different loan strusturdssuming that the PE ratio is a
proxy for potential growth, exiting H firms are likely to be vedlvas more dynamic and
significantly riskier than non-migrating-HH firms. L banks in turn accept this added risk in
exchange for a higher interest rate and a greater degia@ueihce over the operation of the

firm in the form of financial covenants.

Tables 2.4 and 2.6 indicate that the syndicated loan market tendsreteséparowers in
the H sector. The separation, however, is not based on observabthdiracteristics such as
leverage and size, but rather on the market’'s perception oirtiie potential for growth. The
results suggest that when the stock market values an H fianmeddtively high PE ratio, the H
sector of the syndicated loan market has a markedly differentofighe firm, namely, that a
high PE ratio is reflective of risk-taking activity above tigk-tolerance level established for
lending to typical H-sector firms. The firm then departs theeEtor and enters the L sector, in
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which it pays a higher interest rate and is more closelghedtby the L lender. This form of

separation seems to be quite appropriate for the loan market.

The second inter-sector movement in the syndicated loan mafketighe L sector to
the H sector. We assume that L firms, lying to the lefA@fn Figure 2.1A, are the principal
participants in the H migration. These firms are then distributed to the left pinBrigure
2.1B and thus should be able to provide information about the loan and firmtehatias that
induce H banks to extend loans to migrating L firms. To derive ith@mation, we first
estimate a logistic regression oflH loan migration relative to LL migration and then compare
the estimates to the logistic regression eblL relative to LL migration. Table 2.7 provides

results for the b>H regression.

Table 2.7 Logistic Regressions Explaining the Likelihood of Swahed L—H to Non-
Switched LL

The dependent variable in each logistic regression imanbivariable equal to one for a borrower
switching its repeat loan from a low reputable arranger togh reputable arranger and zero for a
borrower whose repeat loan is with the same low reputable arravigdel 1 refers to firm variables
only; model 2 refers to loan variables only; model 3 refedsaink variables only; and model 4 includes
all variables. Independent variables incliRI®A, PE ratio, Leverage, Tobin’s g, Firm Size, AISD, Log of
Tranche Amount, Loan Maturity, Loan Purpose, Financial Covenant Dummyrab@uyenant Dummy,
Year Dummy, and one-digit industry dumil.other explanatory variables are as defined in Tabk-1.
valuesof coefficients are reported in parentheses below eadficter estimate. *, ** and *** denote
significance at the 0.1, 0.05, and 0.01 for two-tailed levels, resphctiv

Model 1 Model 2 Model 3 Model 4
Intercept -0.4221 -5.3110 -81.1926 -2.2500
(0.6972) (0.0003) (0.8780) (0.1572)
ROA -0.2031 -0.5405
(0.6631) (0.2835)
PE Ratio 0.000427 0.000429
(0.3310) (0.2975)
Leverage -0.2446 -0.1695
(0.4078) (0.5818)
Tobin's Q -0.1055** -0.1228**
(0.0412) (0.0307)
Firm Size 0.7383*** 0.6934***
(<.0001) (<.0001)
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Table 2.7. (continued)

AISD

Log Tranche
Maturity

Length

Financial Covenants
General Covenants
# of Lenders

Market Share

Loan Purpose Dummy  No
Tranche Type Dummy  No

Industry Dummy Yes
Year Dummy Yes
NOBS 1803

-0.00029
(0.5951)
0.7867***
(<.0001)
0.000098
(0.2664)
0.000884***
(<.0001)
-0.5006***
(0.0048)
0.00466
(0.9779)

Yes

Yes
Yes
Yes
1803

-0.0753
(0.1061)
1334.7***
(<.0001)

No
No
Yes

Yes

1803

0.000015
(0.9804)
0.1585
(0.3274)
0.000108
(0.2346)
0.000954***
(<.0001)
-0.4792%+
(0.0089)
0.0148
(0.9320)
0.0200*
(0.0946)

Yes
Yes
Yes
Yes
1803

Comparing model 4 in Tables 2.5 and 2.7 shows that the principal differenchse

leverage, Tobin’s Q, the interest spread and the presence of covemardsntrast to L

migration, leverage has no estimated influence enHL migration. The principal firm

characteristic that H banks appear to seek in L firmsalslgy in the form of a lower value for

Tobin’s Q, as indicated by the significantly negative coefficianTable 2.7. Assuming that

Tobin’s Q is positively related to innovation, H-banks prefer L fithat are less innovative than

the remaining firms in the L sector. Furthermore, H banks do risena higher spread on the

L—H migrating firms to extract immediately from them a pmtithe firm’s enhanced

relationship benefits associated with moving to the H sector. néisdacovenants are likely,

however, to be imposed, which suggests a greater degree of oversijjtiaimiks relative to the

monitoring conducted by L banks over L firms.
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Tables 2.5 and 2.7 indicate thabH migration in the loan syndicate market is consistent

with the notion of a separating equilibrium. More highly leveragdidnis remain within the L
sector, while less risky L firms tend to migrate to the et@e without any financial penalty but
with more oversight. This finding, combined with the finding thatlHmigrating firms appear

to be riskier than H»H firms and also pay a higher spread to compensate L banks for thei
enhanced risk, indicates that the process of separation is abourt Bsk.empirical work, ROA

has no systematic influence on inter-sector migration in eiivection. Thus, there is no
estimated risk-return pattern associated with loan migratibm.L and L—H migrations in the

loan syndicate market simply involve a reallocation of risk.

2.6. Summary and Conclusion

The theoretical literature predicts that firms and banks bdnaiit relationship lending.
Empirically, however, a significant proportion of repeat loans m lhan syndicate market
involves firms borrowing from different lenders. This paper modes$siban migration process
and empirically identifies significant firm and loan chaesistics that are associated with loan
switching. To focus closely on the influence of relationship lendingfitgneve divide the
sample into two groups: loans that have migrated within either thre drigow quality bank
sector and loans that have migrated from one quality sector tothhbe The latter group of
loans is relevant for investigating the separating equilibriuopgaties of the syndicated loan
market. In any loan both the lender and borrower acquire information eacdutother. On the

basis of this information, does a higher quality borrower, whose ati¢ggmder was of low
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quality, gravitate towards a higher quality lender? And if so, \@hatthe costs associated with

this movement?

We find that loans migrating within the high quality H secter associated with a longer
maturity but not a higher interest rate as compared to repeet tloat remain with the original
lender. Migrating H firms therefore forego relationship benefth their original lenders in
exchange for improved loan terms, while non-migrating H firmsaalfang to accept the same
loan terms because they do not want to forego the relationship berssfived from their
original lenders. Loan migration is different in the L sector. Here mmgyr&rms are riskier than
non-migrating firms and therefore pay a higher interesttamompensate the new lender for
added risk. While relationship lending may be at work in the L seoto results do not
explicitly identify any relationship-specific charactegstRather, the results seem to be more
indicative of a movement towards a separating equilibrium within_tlector, in which one

group of banks takes on relatively more risky borrowers.

Loans that migrate between the L and H sectors are consisterthe description of a
separating equilibrium. Relatively less risky borrowers mioem the L to the H sector and
relatively more risky borrowers move from the H to the L secidre first movement is similar
to the “graduation hypothesis”; the second reflects an efficeaitocation of lower quality

borrowers to lower quality lenders.
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CHAPTER 3

DO COUNTRY-SPECIFIC CHARACTERISTICS MATTER?
EVIDENCE FROM LENDING WITHIN INTERNATIONAL SYNDICATED LOAN
MARKET

3.1. Introduction

Information asymmetry, which is prevalent in the U.S. domestic fiabmarket, is more
problematic in the international financial market, especiallyd@veloping countries or in
countries with poor governance and/or a high level of corruption. The firide@gure shows

that firms benefit from banking relationships mainly due to reduced informatjonnaetry .

Moreover, Shleifer and Vishny (1986) show the importance of contedtra
shareholdings because they provide an incentive to monitor. Mahrt-S20id6)(develops a
model to show that a small equity stake held by the bank can tsiyeifecantly positive impact

on the lending relationship between the bank and the firm.

This paper focuses on the relation between a country-spgoiernance indicator and
country-specific bank-firm ownership structure on loan pricing and theding relationship
between the syndicate bank and the firm. Previous studies of silwmetructures in the 1980s
and 1990s show that banks in Germany and Japan exert control over “growgand that, in
general, German and Japanese firms benefit from the actiebrement of the main bank in
their corporate governance. In contrast to the German and Japaerdséirm ownership
structure, in many developing countries, banks are typically controllestockholders who also
own or control non-financial firms. Countries with this structureudel Bangladesh, Bolivia,

Bulgaria, Brazil, Chile, Colombia, Ecuador, Estonia, Guatemala, HooggK Indonesia,

*"Leland and Pyle (1977), Fama (1985), Diamond (1984), and Diamond (1991) etc.
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Kazakhstan, Kenya, Korea, Latvia, Paraguay, Peru, Philippines,aR&sgith Africa, Taiwan,

Thailand, Turkey, and Venezuefi.

We estimate the relationship between the country-specific banlkefvnership structure
and the main characteristics of the loan, in the context of bothpliging and the repeat loan
relationship. The paper examines three interrelated questions: isHmam pricing affected by
the country-specific bank-firm ownership structure? 2. Does thmtry-specific bank-firm
ownership structure influence the decision to switch lenders ireffeat loan market? 3. Is the
country-specific bank-firm ownership structure more important foreota@r who migrates to a

higher reputation lender rather than to a lower reputation lender?

Compared to the domestic financial market, there are three spartthe international
syndicated market, namely the firm, syndicate bank, and local bank.m@uel predicts that
additional monitoring costs are present in both bank-controlled and batroling ownership
structure countries, which will have a positive impact on the loaradprehin these countries.
Similar analysis applies to the prediction for a repeat loktioaship. The presence of a third
party (local bank), either in bank-controlled or bank-controlling sdanatreduces relationship
benefits for both the firm and syndicate bank. Correspondingly, loan traigtaecomes more

difficult and less frequent in both bank-controlled and bank-controlling countries.

This paper investigates the determinants of loan pricing for aleawh 6,180 non-U.S.
firm-loan observations for the period 1998-2007. We use loan-spedifiesfiecific, country-
specific governance, and bank-firm ownership structure variableglore their effect on loan

pricing and loan-switching decisions. Using logistic regressinalysis, we find that loan

% La Porta (2003) lists that in those developing countries, baeKyically controlled by stockholders
who also own or control non-financial firms.
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switching is less likely for firms when the bank controls thefiespecially when the firm is
related to a lower quality bank. Surprisingly, when the firm contt@sank, there is no impact
on the switching decision. The bank-controlling firm is as likelgviiich as a firm that does not
control a bank. In general the loan-specific characteristialMas lose their explanatory power
for the firms’ switching decision while the firm-specifiendncial variables confirm the

information asymmetry hypothesis. Our results suggest that imt#r@ational syndicated loan
market, the syndicate bank-firm relationship is shaped by countrifispetaracteristics and

information asymmetry of the firm to the syndicate bank and the financial tnarke

This study contributes to the prior research into the determir@Enisans in the
international capital market. To the best of our knowledge, there kasnioestudy of the effect
of the country-specific ownership structure on the loan spread arfwikefirm relationship in

the international syndicated loan market.

The outline of the paper follows. A review of the relevant literature is provided ilSec
2. Section 3 presents the empirical hypotheses. The data is ddserilsection 4. Section 5
presents and discusses the empirical results. Section 6 condhedgmper with a brief

summary.

3.2. Related Literature

The literature on the international determinants of firm cagitatcture was developed in
the last two decades. Whether a firm’s capital structunafisgenced only by firm-specific
characteristics, or is also influenced by country-specifitofacis a major research question.
Rajan and Zingales (1995) are among the first research torexdmei difference in leverage and
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its determinants in the G-7 countries. They find that aggregatetgyand capital structure are
generally identical across these industrial countries. LaRortal. (1998) find that the extent of
legal variation affect firm’s capital structure worldwide. Boethal. (2001) show that capital
structures in developing countries are affected by similarblagaas in the developed countries.
In contrast, Jong, Kabir and Nguyen (2008) analyze the importangenediecific and country-
specific factors in the firm’s capital structure and find firat-specific determinants of leverage
differ across 42 countries worldwide. Fan, Titman and Twite (2088)fald that the country in
wich the firm is located is an important factor on how the fisnfinanced and suggest that

institutional differences across countries have an influence on the firmtalcpicture.

Information asymmetry between the lender and borrower is pravaléhe international
financial market, especially in developing countries or counvigspoor corporate governance
and/or a high level of governmental corruption. In general, a bamkinig relationship is an
effective and commonly used tool to reduce information asymmetrg benaks have the ability
to produce information about their borrowers that cannot be easily obddgrna transferred to

outsideré’.

The effect of ownership structure is a key topic in the corp@avernance literature and
typically focuses on how bank equity in a firm affects the bamicsritive to monitoring. Berlin
et al. (1996) examines the effect of bank’s equity stake ibdtsowing firms under routine
financial conditions to prove that a distressed firm is financiadalthy. Mahrt-Smith (2006)
develops a model to show that the equity held by bank can help to reduagency problem of
extracting information rents. In addition, when the bank holds a sipaillyestake in the firm,
there is a positive impact on the bank-firm lending relationshipetLal. (2006) compare

institutions’ shareholding patterns across countries and find signifdifferences in the extent

#eland and Pyle (1977), Fama (1985), Diamond (1984), and Diamond (1991) etc.
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to which there are large shareholders. These variations ardylatgermined by macro
corporate governance factors such as shareholder protection, laneerdatcetc. Thomsen et
al. (2006) find an insignificant association between blockholder ownemsdifiren value in the
U.S. and the U.K. vs. a negative relation between blockholder ownenstiifiran value in
Continental Europe. Chen, Harford and Li (2007) suggest that independentiamsitwith
long-term investments, compared to grey institutions (bank trust, neeufms etc.), are more
of active monitors. Regarding banks, Ferreira and Matos (2008) indicateforeign and
independent financial institutions, which have potentially fewer bustess$o firms, are more
capable corporate monitors. Baert and Vennet (2008) find a negativensgp between
financial institution ownership and the market leverage of Europstaa firms, suggesting a

contradiction to the monitoring hypothesis.

In several developed countries, such as German and Japan, thectse bank-firm
relationship and generally banks exert control over “group” firms througr equity stake. This
bank ownership structure is often considered as reducing agencynguslying the monitoring
and extending the access to capitalrhough banking literature also documents that main bank
exploit the private benefits and incur potential conflicts of intergsthis type of bank-based
system, and correspondingly, there is a negative relationshipdrebaak-equity stake and firm

performancé.

Worldwide, especially in developing countries and continental Eurdperenownership

concentration is relatively higher and the level of investor protedsi relatively lowef? | it is

30 Aoki (1994), Hoshi, Kashyap and Scharfstein (1990)
¥ Kang and Shivdasani (1995), Gorton and Schmid (2000), Morck andrideka1999), Morck et al.
(2000), Weinstien and Yafeh (1998)
%2 Counties listed by La Porte (2003) include Bangladesh, Boliviaga®ial, Brazil, Chile, Colombia,
Ecuador, Estonia, Guatemala, Hong Kong, Indonesia, Kazakhstan, Kenga, Kaivia, Paraguay, Peru,
Philippines, Russia, South Africa, Taiwan, Thailand, Turkey, and Velzezue
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more typical that controlling shareholders exercise power on bankagththe use of pyramids
structures (La Porta et al. (1999, 2000) and La Porta (2003)). La(R06&3) further examines
the related lending® in Mexico and finds evidence that related lending is a marti@staf

looting.

3.3. The Model and Hypotheses

The aim of this paper is to determine the role of the country-specific ramlofvnership

structure on corporate loan pricing and relationship lending outside the U.S.

In our empirical work we use a logistic regression which desdummy at 1 for a
switching loan and O for a non-switching loan. We present a nsadéar to that in Kopecky
and Xiao (2009) to describe the decisions made by borrowers amerdeim the repeat loan

market and to interpret the coefficients of the logistic regression.

There are two classes of lenders: high reputation (H) and lowtategon (L). Compared
to the domestic financial market, there are three parties imthenational syndicated market.

We define the three parties as the firm, syndicate bank, and local bank, as shayuner8Hi.

% |La Porta define a related loan as a loan for which the borrisveither: (1) a shareholder with 1% or
more of the voting rights of the bank; (2) a person who has faredywith a shareholder of 1% or more
of the voting rights of the bank; (3) a director, officer, oplapee of a company or trust fund that holds
1% or more of the voting rights of the bank or a director, affioeemployee of the bank itself with the
power to engage into contracts or transactions under the name béhkaqgrerson holding 10% or more
of the voting rights of a company that holds 1% or more of the shares in the bank.
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Figure 3.1 The Relationship between Syndicated Bank, Local B&mand Firm

A: FCLB B: LBCF
SB SB
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/ \
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/ \
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g g
F > LB LB ~ F

The symbols are defined as

FCLB: Firm controls local bank

LBCF: Local bank controls firm

SB: Syndicate Bank

LB: Local Bank

F: Firm

In both A and B, the syndicate bank will incur @dial monitoring cost beuse of the

presence of the third party local bank. Higher rtanmg cost should lead to an increased sp
in FCLB and LBCF countries.

In the counties (FCLBIN which the ban-firm ownership structure is characterized as
firm acting as a blockholdeio control the local bank, the syndicate bank iacadditiona
monitoring costs and faces a more severe advetsetisa problem, due to the complical
interrelated relationship between the local bantt #re ban-controlling firm. This additiona
looser of control makes monitoring the firm and comnoating between the firm and syndic
bank more difficult. Similar analysis applies touatries (LBCF) in which the ba-firm
ownership structure is characterized as the loealkbcontrolling its borrovng firm. The
presence of additional monitoring costs and a daeeerse selection problem in bcbank-
controlled and bankentrolling countries predicts a positive relatlmtween the loan spread ¢

the borrowing firm’s residency in these counti
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Figure 3.2 Determinants of Switching Decision
Benefits

Standard No-Switch Benefits

Zr>0 ze<0 A~ FCLB and LBCF No-d
Switch Benefits

Standard Switch Benefits
Standard Switch Benefits

FCLB and LBCF Switch
Benefits

A B Firm (Bank) Rank

The solid lines refer to the standard case, the dashed lines fBCtli2 and LBCF
cases. The upward-slope ranks the benefits of not-switching amorgg(banks). The
horizontal line defines the benefits of switching iB the indifference point in the
standard case, ¢Ais the indifference point in the FCLB/LBCF case. Assuming that
FCLB/LBCF represents increased opaqueness to the internativenatill market, A

lies to the left of B. As a result, loan switching is less often in the FCLB/LBCF case.

Figure 3.2 presents a graphical analysis of the bank-firmiaethip in a repeat loan
situation. The vertical axis measures the firm’s (syndibate’s) net relationship benefits with
the new syndicate bank (firm) and the old syndicate bank (firm). Theohtal axis represents
the firm (syndicate bank) rank based on its perception of thditserexzeived from the current
syndicate bank (firm). The solid lines refer to the standard taselashed lines for the FCLB
and LBCF cases. The upward-slope ranks the benefits of not-switaliong firms (banks).
The horizontal line defines the benefits of switching. The psef a third party (local bank),

and correspondingly the presence of additional monitoring costs aed miserse selection
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problem, in both FCLB and LBCF countries, reduces the relationshipibfmeboth the firm
and syndicate bank. The impact is to shift both the standard switctitbéne, and the standard
non-switch benefits line downwards for firm residing in both bank-coettolind bank-
controlling countries. In a pure domestic bank-firm relationship sdwuas non-switching firm
(syndicate bank) desires to remain with the old syndicate banK (fihen <0 and a switching
firm (syndicate bank) desires to contract with a new syndlzaé& (firm) when £>0. B is the
indifference point in the standard case. The downward shifts of tselvedi represent increased
opaqueness to the international financial markgtisAhe indifference point in the FCLB and
LBCF cases. The presence of a third party (local bank) thleflomestic loan migration area
(Z,>0) further left to the new loan migration area ) under bank-controlled or bank-
controlling situations, and cause Aes to the left of B ,indicating that for borrowing firms
residing in bank-controlled or bank-controlling countries, loan migrdtemomes more difficult

and less frequent.

To interpret the coefficients of the logistic regression, waurag that there are two
classes of lenders: high reputation (H) and low reputation (L@puftion is defined by the
arranger’s syndicate market share in the previous year, whialranger’s total loan amount
divided by the total loan amount in the syndicated loan market. Tieiyigher is the bank’s

syndicated market share, the higher is the bank’s reputation.

We use the full sample to examine the extent to which ther-diidwn spreatf is

influenced by the bank-firm ownership variable.

¥ The amount that the borrower pays the lender each year for etéamhbadotowed in the case of a term
loan, and for each dollar drawn off a credit line in the case of a loan commitmentaWwmeadlrin spread
equals the coupon spread plus the annual fee. Most spreads aneecheasa markup over LIBOR. In
cases where they are based on another benchmark, Loan Pricing @urpoeskes adjustments to the
drawn all-in spreads.
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AISD =a + f1* Country-specific Bank-firm Ownership Variablegi#+Country-specific

Governance Variable 4+ * Control Variables +e (3.1)

Explanatory variables include bank reputation, characteristicseofofan, such as loan
maturity, loan amount, loan purpose, loan facility type, and length betlwars, financial and

general covenants, firm-specific variables, and regional-specifitdooczariables.

To investigate loan switching, we estimate the logistic regressien gy,

Switch Dummy & + £1* Country-specific Bank-firm Ownership Variablegix

Country-specific Governance Variablest AISD + 4, Control Variables +¢ (3.2)

Where the switch dummy is 1 for a switched loan and O for a nooksdiitioan, and

AISD is the all-in- drawn spread.

For firms residing in a country where the bank-firm ownershipctire is characterized
as “group” firm controlling a local bank (FCLB), firms are moikely to be opaque to the
lending market. Because of their opacity, it will be more diffi¢oi them to switch to a new
syndicate lender for their repeat loans. Moreover, because oatueiss to loans from the local
banks, these firms possess higher negotiation power in the syndicktbdyeower relationship
and may more easily induce a repeat syndicate loan atfenan@ble terms, which also reduces

the incentive for switching. Therefore, the predicted sigh @f (3.1) is negative.

For firms residing in a country where the bank-firm ownershipcgire bank is
characterized as the bank controlling a firm (LBCF), the netei$ indeterminable. These firms
should be more transparent to the international market due to the bachkls effective
monitoring which lowers the firm’s information asymmetry to lesdir the financial market.

However, the local bank’s “control” of the firm will result in an underdeterminageviar ;.
92



We also estimate whether the repeat loan switching betweeH ted L lenders is
affected by the country-specific bank-firm ownership structurecandtry-specific governance

index. Here the logistic regression is given by,

HL (LH) Dummy = + o + £, * Country-specific Bank-firm Ownership Variablegi+

Country-specific Governance Variablegs AISD + 4 Control Variables +¢ (3.3)

Where the switch HL (LH) dummy is set at 1 for a firm switching ftbmH (L) sector

to the L (H) sector, and 0 otherwise.

For firms residing in a country where the bank-firm ownershigctire is characterized
as the bank being controlled by a “group” firm, firms are madkelyi to be opaque to the
international lending market, and thus less likely to “graduate” trai sector to the H sector
for their repeat loans, g <0 for the LH regression. Howevex ‘group’ firm that had borrowed
in the H sector would be identified as a quality firm, which should enhance ity &bgwitch to

the L sector, so thaf; >0 in the HL regression.

For firms residing in a country where the bank-firm ownershipcgire bank is
characterized as the bank controlling a firm, firms are more likdbhgttransparent to the lending
market, which would make it easier for firms to switch betwéenlt and H sectors for their

repeat loans. Thug; is predicted to be positive in (3.3).

3.4. Data and Description Statistics

This paper examines approximately 6,000 loan observations to foreigasensing data
Loan Pricing Corporation’s (LPC) DealScan over the period P88~ The study focuses only
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on loans to commercial corporations and excludes loans to borrowera wiia-digit SIC code
of 6 (financial institutions). LPC reports loan data at the litgtilevel as well as at the “deal”
level. ** Since syndicate structure, contract terms (e.g., maturity, émaount, spread), and
facility type (e.g., term loan or revolver line) can differcss several facilities in each deal, the
analysis in this paper is at the facility level. Howeveiduse we focus on repeat loans, we
choose only one facility from each deal so that the reatdtsiot biased by deals that consist of
multiple loan facilities. Our repeat loan facility selectiornterion matches the purpose and
tranche type as closely as possible with the previous loartyadoilieduce any latent bias on the

switching decision.

Loan pricing, as measured by the “all-in-drawn spread”, isdte¢ &nnual spread paid
over LIBOR or other base rate (e.g. Prime) for each dollavrdria the loan. Other loan
characteristics variables are also based on data from LR{S&m, and include loan maturity,
loan deal amount, loan purpose, loan facility type, length between, laadsfinancial and

general covenants.

Many mergers and acquisitions occurred in the banking industry duredast two
decades. To control for the effect of mergers and acquisitionghenlender-borrower
relationship, we follow Ljunggvist, Marton, and Wilhelm (2006), and assthiatetlhie acquiring
banks inherit the prior relationships and market shares of the tangies. For borrower opacity,
we use a dummy variable for public firms while for the regicefééct, we include a region

dummy for the residency of the borrowing firm.

%The basic unit of observation in DealScan is a facility falf firms enter into multiple facilities at
the same time, different facilities are syndicated into one deal.
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To measure country corruption and country governance transparenoyyirigll Fan,
Titman and Twite (2008), we use the Corruption Perceptions Index {G#Ii5lobal Corruption
Report. This index ranks countries according to "the degree to whiakption is perceived to
exist among public officials and politicians". A higher sca@ssociated with less (perceived)
corruption. As pointed out by Fan, Titman and Twite (2008), one advanfagsing this
Corruption Perceptions Index is that it provides time-series variationyleamto year.

To measure the country-specific bank ownership structure, weecteat dummy
variables. Following La Porte (2003), the FCLB dummy equals 1 faislta firms residing in
Bangladesh, Bolivia, Bulgaria, Brazil, Chile, Colombia, Ecuadotpris, Guatemala, Hong
Kong, Indonesia, Kazakhstan, Kenya, Korea, Latvia, Paraguay, Peippiles, Russia, South
Africa, Taiwan, Thailand, Turkey, and Venezuela, and 0 otherwiseLBG&& dummy is set at 1
for loans to firms that reside in Germany and Japan, and 0 otherwise.

Data on the financial characteristics of public firms aréected from Global Compustat
Industry Annually. Since LPC does not provide a reliable identifig¢rddua be used to merge the
loan data with other sources, we hand match the borrowers in LRCSdae to Global
Compustat by using borrowers’ names. The data are structurddrdimihat in Bharath et. al.
(2006). For loans made in calendar yeave use fiscal yedrdata if the loan origination date is
at least 6 months after the end of the fiscal year; otherwiseaise fiscal yearl data. We use
firm total assets to control for the size effect and potemtfarmation asymmetry between the
firm and financial market; leverage and the current ratiootdrol for the effect of the firm’s
capital structure; and asset turnover to control for the effetteofirm’s efficiency and asset

management ability.

% Since 1995, Transparency International has published an annual @urmpticeptions Index (CPI).
The results show seven out of every ten countries (and nine out of every tepidgveountries) with an
index of less than 5 points out of 10.
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Table 3.1 Definition of the Variables

Variable

Definitions

Loan Contract Variable

All-in-Drawn Spread

Maturity
Length
# of Lenders

Deal Size

Year

Loan Purpose

Financial Covenants
General Covenants
Borrower Variable
Industry dummy

Public dummy
Log (Asset)

Asset Turnover
Leverage

Current Ratio
Bank Controlled

Bank Controlling

Lender Variable

Bank Market Share

Bank Rank

The amount that the borrower pays the lender eactoryeach dollar
borrowed in the case of a term loan, and for each dollar drawn off a credit
line in the case of a loan commitment. The drawn all-in spread equals the
coupon spread plus the annual fee. Most spreads are measured as a markup
over LIBOR. In cases where they are based on another benchmark, Loan
Pricing Corporation makes adjustments to the drawn all-in spreads.
The number of days between the loan origination and the matuety da

The number of days between the n and n+ 1 loan.
The total number of lenders (lead manager and participants) in a syndicate

Total deal size in U.S. dollars. A deal may includeadoean facilities at
the same time. The most typical arrangement is a loan agreement that
comprises a term loan and a revolver credit line.

Dummy variables for the calendar years in which a loan agrdésn
signed.

Dummy variables for “Acquisition line,” “CP backugDebt repay,”
“DIP financing,” “Corp. purposes,” “LBO/MBO,” “Project finane,”
“Real estate,” “Recapitalization,” “Securities purcka,” “Spin off,”
“Stock buyback,” “Takeover,” and “Working capital.” The omittedase
Is “Others.”

Dummy variable that is equal to 1 if the loaatheast one financial
covenant.

Dummy variable that is equal to 1 if the loaat heesst one general
covenant.

Dummy variables for the one-digit SIC industry code

Dummy variable equal to one if the borrower is a publafietr company.
Natural logarithm of book value of assets from Compustat. Fos loee
in calendar year t, we use fiscal year t data if the lomination date is at
least 6 months after the fiscal year end; otherwise, wdissd year t-1
data.

Efficiency measure from Compustat. Defined as isatollars divided by
assets in dollars.

Total liabilities divided by total assets.

Current assets divided by current liabilities.

Dummy variable that is 1 for loans to firms eegidBangladesh, Bolivia,
Bulgaria, Brazil, Chile, Colombia, Ecuador, Estonia, Guatemala, Hong
Kong, Indonesia, Kazakhstan, Kenya, Korea, Latvia, Paraguay, Peru,
Philippines, Russia, South Africa, Taiwan, Thailand, Turkey, and
Venezuela, and 0 otherwise.

Dummy variable that is 1 for loans to firms me#&dGermany and Japan,
and 0 otherwise.

The size of the bank market share in the syndimatetidrket from
previous year.
The rank of lead arranger in the syndicated loan market from prez@ous y
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Table 3.1 provides definitions for the loan, firm, bank and country-speciiables used
in the empirical work. This study focuses on loans to foreign comiahecorporations and
deletes loans to borrowers with a one-digit SIC code of 6 (finlamsé#tutions). To better
control for the variables that might contribute to loan pricing apéakeloan switches, we
exclude loans with incomplete information about the details of the ad/or lender, namely

loan spread, loan amount, loan origination date, loan maturity dategri@eger's market share

etc..

Table 3.2

Panel 3.2.1 Sample Selection

Total Firm Loan Observations 6180
Repeat Firm Loan Observations 4076

As shown in Panel 3.2.1 in Table 3.2, there are 4076 usable observations of repeat loans.

Panel 3.2.2 Sample Distribution of Repeat Loans by Year

Year NOBS Switch Deals Switch to H
1998 41 27 13
1999 148 80 45
2000 250 145 69
2001 301 167 72
2002 328 164 91
2003 402 189 100
2004 494 214 127
2005 722 321 188
2006 681 307 156
2007 709 338 198
Total 4076 1952 1059

Panel 3.2.2 provides detailed information about the time series prep#rtiepeat loans.

On the yearly basis, the number of repeat loans grew signifidaothya relatively low number
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of 41 deals in 1998 to a peak of 722 in 2005. This surge in repeat loans reflects thargtber
overall global syndicated loan market and the increasing datitalality in DealScan. The
switch loans column in panel 2.2 shows that the same lead arraregereld approximately 48%
of the repeat loans during the sample period. This percentage, hpwasesubstantially larger
in 1998, at 64%, possibly due to the unstable banking system following thieeSstwsian
Financial Crisis. The percentage decreases during the 1999-2001 prdddys remained in the
44%-50% range from 2002 to 2007. The Switch to H column shows the migpatibeyn of
repeat loans during the sample period. Over the entire sample59%%@f switched repeat

loans have migrated to a higher bank reputation class.

Panel 3.2.3 Sample Distribution of Repeat Loans by Industry

One-digit SIC Code Industry Description NOBS Switch

1 Mining 536 262

2 Construction 688 324

3 Manufacturing 792 376

4 Transportation and Communications 1078 530

5 Trade 367 170

7 Business Service 296 127

8 Legal, Educational and Social Service 123 50

9 Public Administration 77 41
Other-unspecified 119 72
Total 4076 1952

Panels 3.3.1 to 3.3.4 in Table 3.3 provide detailed information about the loan, firm
lender and country-specific characteristics of the samplepefatdoans, switched loans and the

H and L categories of switched loans.
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Table 3.3 Descriptive Statistics for Regression Variables
Panel 3.3.1 All Repeat Loans

N Mean Median Min Max Std Dev
Firm Variable
Public Dummy 4076 0.3025025 0 0 1 0.4593980
Corruption index 3905 6.8825352 7.5 1.6 10 2.1054251
FCLB 4076 0.1879293 0 0 1 0.3907037
LBCF 4076 0.0799804 0 0 1 0.2712961
Loan Variable
Deal Amount
(million $) 4076 982.227 380 15 51,299.5 2260.463
AISD (bps) 4076  139.8840 100 0 2250 136.2302
Maturity (days) 3911 1768.36 1825 0 10957 1055.66
Length (days) 4076 598.1889 448 0 3455 506.6101
Financial Covenants 4076 0.2363 0 0 1 0.4248
General Covenants 4076 0.0672 0 0 1 0.2504
Lender Variable
Number of Lenders 4076 10.8781 9 1 80 9.0930
Market Share 4066 0.02183 0.0102081 2.1007E-6 0.20563 0.03176

Panel 3.3.1 shows that the average repeat loan has a deal amount ofilié82 am
maturity of 1768 days, and an all-in-drawn spread of 140 bps. Compatkd 59%-60% of
loans to U.S. domestic non-financial firthsonly 24% and 7% of loans to foreign non-financial
firms include financial and general covenant terms, respectiRelyarding the structure of the
loan syndicates, the average repeat loan has number of lendersrbewend eleven, and the
lead arranger has a 2.18% market share on avetager the country-specific variables, on
average, 19% of the repeat loans are lent to firms that resFEl@LB countries whereas 8% of
the repeat loans are lent to firms in LBCF countries. Of coufsese averages mask a

considerable difference among the firms and banks in the repeat loan market.

3" From Kopecky and Xiao (2009), about 61% and 56% of the 6280 U.S. domestic loans include financial
and general covenant terms, respectively.

% Market share and rank information are from DealScan League table.
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Panel 3.3.2 All Switched Loans

N Mean Median Min Max Std Dev
Firm Variable
Public Dummy 1952 0.2971 0 0 1 0.4571119
Corruption index 1952 6.6430 7.3 1.7 10 2.1643970
FCLB 1952 0.2243852 0 0 1 0.4172837
LBCF 1952 0.0609631 0 0 1 0.2393240
Loan Variable
Deal Amount
(million $) 1951 875.850 315.633 15 51,299.5 2,415.02
AISD (bps) 1952 139.7837 100 2.25 2250 138.7260
Maturity (days) 1952 1806.38 1825 0 6848 1106.37
Length (days) 1952 678.7843 504 0 3455 582.2659
Financial Covenants 1952 0.2541 0 0 1 0.4355
General Covenants 1952 0.0612 0 0 1 0.2412
Lender Variable
Number of Lenders 195210.4605533 8 1 80 8.7747
Market Share 1944 0.0198031 0.0071474 2.1007E-6 0.20563 0.0309

Panel 3.3.2 shows that the average switched loan is $876 million wighuaity of 1806
days and an all-in-drawn spread of 140 bps. Compared to the fullesamgepeat loans, the
average loan amount for the sample of switched loans is approxirh@él smaller. Regarding
the structure of the loan syndicates, the average loan has béénesrd eleven lenders and the
lead arranger has a 1.98% market share, which is also slgghéifer than the market share of
the lead arranger in the full sample repeat loans. Regardingpthery-specific variables, on
average, 22% of the repeat loans are to firms residing in FOuUBties whereas 6% of the

repeat loans are to firms in LBFC countries.
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Panel 3.3.3 Switched H Loans

N Mean Median Min Max Std Dev
Firm Variable
Public Dummy 1059 0.3050047 0 0 1 0.4606270
Corruption index 1008 6.6974206 7.4 1.7 10 2.1738934
FCLB 1059 0.2115203 0 0 1 0.4085794
LBCF 1059 0.0604344 0 0 1 0.2384024
Loan Variable
Deal Amount
(million $) 1059 996.430 385.067 6.378 51,299.5 2,865.579
AISD (bps) 1059 140.0975 100 2.5 1150 130.3704
Maturity (days) 1059 1831.08 1825 90 10957 1066.38
Length (days) 1059 710.964117 525 0 3455 611.0220
Financial Covenants 1059 0.2511804 0 0 1 0.4338970
General Covenants 1059 0.0670444 0 0 1 0.2502170
Lender Variable
Number of Lenders 105910.6902738 9 1 58 8.7528775
Market Share 1059 0.0300172 0.0173685 0.0000395 0.20563 0.0364620

Panel 3.3.3 displays sample statistics for switched H loans avedl 34 display sample
statistics for switched L loans respectively. The average afize switched H loan is $996
million whereas the average size of a switched L loan is $1B3 million. However the all-in-
drawn spread is fairly stable, around 139-140 bps, for the full saofpkwitched loans,
suggesting that loan pricing in the international syndicat&enas sticky and is not influenced
by repeat loan switching. Regarding the structure of the loadicates, although the average
number of lenders is approximately the same for the two suplssamthe average lead
arranger's market share is substantially different, at 3%svoetched H loans and 0.76% for
switched L loans. Regarding the country-specific variables, oragee21% and 24% of the
repeat loans are to firms residing in FCLB counties whereaanP6.2% of the repeat loans are

to firms residing in LBCF countries, for switched H and switched L loansecésely.
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Panel 3.3.4 Switched L Loans

N Mean Median Min Max Std Dev
Firm Variable
Public Dummy 893 0.2877940 0 0 1 0.4529883
Corruption index 843 6.5779359 7.1 2 10 2.1524691
FCLB 893 0.2396417 0 0 1 0.4271040
LBCF 893 0.0615901 0 0 1 0.2405444
Loan Variable
Deal Amount
(million $) 893 732.696 276.542 15 22,508 1725,085
AISD (bps) 893 139.4115 100 2.25 2250 148.0984
Maturity (days) 893 1776.70 1825 0 6210 1152.50
Length (days) 893 640.6226 479 3 3255 544.0828
Financial Covenants 893 0.2575588 0 0 1 0.4375347
General Covenants 893 0.0559910 0 0 1 0.2300333
Lender Variable
Number of Lenders 89310.1881299 8 1 80 8.7977011
Market Share 885 0.0075830 0.0021713 2.1007E-6 0.1540442 0.0150527

3.5. Empirical Results

Table 4 presents results for various regressions of the loan sprelae country-specific
governance and bank-firm ownership structure variables, controbingpadnk characteristics,

non-spread loan characteristics, and industry, year, and regional dummy variables
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Table 3.4 Estimates of Country-Specific Ownership Structure Effet on Loan Spread

This table provides estimates of the determinants of loaadpide control variables include syndicate
variables, and loan characteristics variables and countogjfispewnership structure variableB:values

of coefficients are reported in parentheses below each geaffiestimate. *, ** and *** denote
significance at the 10%, 5%, and 1% two-tailed levels, respectively

Full Sample Repeat Switch Switch HL Switch LH
NOBS 6080 4076 1952 893 1059
Intercept 420.2831 ***  448.6334***  372.7276**  381.5895***  364.3910***
(<0.0001) (<0.0001) (<0.0001) (0.0009) (<0.0001)
Market Share 220.2625***  300.7113***  336.9672***
(<.0001) (<0.0001) (0.0004)
Log Deal Amount  -9.5378 *** -10.2498***  -10.2151*** -10.9655** -9.0310**
(<0.0001) (<.0001) (0.0010) (0.0361) (0.0167)
Maturity 0.0004 0.0027 0.0046 -0.0018 0.0085*
(0.8125) (0.2704) (0.1795) (0.7520) (0.0421)
Length -0.0023 -0.0062 0.0027 -0.0023 0.0096
(0.4570) (0.1106) (0.6182) (0.8153) (0.1220)
Financial covenants -4.0770 3.0606 0.8022 -15.6563 12.9884
(0.3241) (0.5808) (0.9218) (0.2668) (0.1807)
General covenants 41.5382 *** 54.7464*** 59.4659*** 79.4356*** 38.7644**
(<.0001) (<.0001) (<0.0001) (0.0010) (0.0191)
# of Lenders -1.5087*** -1.6123*** -1.57148*** -1.4739* -1.4397***
(<.0001) (<0.0001) (0.0001) (0.0334) (0.0033)
Corruption index -7.4192 *** -8.2551*** -7.8901*** -3.7581 -10.5532***
(<0.0001) (<0.0001) (0.0005) (0.3253) (0.0001)
FCLB 23.2078 *** 21.5449*** 26.2890*** 38.5121*** 32.8685**
(<.0001) (0.0055) (0.0004) (0.0307) (0.0169)
LBCF 14.6774 *** 20.6967*** 25.6293** 6.7335 48.1674**
(0.0066) (0.0040) (0.0304) (0.7425) (0.0009)
Public dummy -3.33105 -2.2699 6.9869 19.8385** -0.3438
(0.3393) (0.5879) (0.2638) (0.0605) (0.9635)
Loan purpose
dummy Yes Yes Yes Yes Yes
Tranche type
dummy Yes Yes Yes Yes Yes
Industry dummy Yes Yes Yes Yes Yes
Year dummy Yes Yes Yes Yes Yes
Region dummy Yes Yes Yes Yes Yes
Adjusted R-square 0.3315 0.3125 0.2988 0.2370 0.3726

Table 3.4 presents results for various regressions of the loan spretid country-

specific governance and bank-firm ownership structure variablesiroding for bank

characteristics, non-spread loan characteristics, and industay, ged regional dummy

variables. These regressions do not exclude observations because of ieadatpuan firm
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characteristics. The coefficient of the corruption index is Bagmtly negative, in all, except the
switch HL regression, indicating that loans to firms residindpigh corruption countries are
priced significantly higher than loans to firms residing in low wative countries. The

coefficient of the LBCF dummy is significantly positive for edigressions, indicating that the

pricing of loans to firms residing in Germany and Japan is significantly highe

Tables 5 provides estimates of the logistic regressionslfewdthed loans, switched H

and switched L loans, respectively.

Table 3.5 Logistic Regressions for the Likelihood of Switching to a Nekead Arranger

This table presents estimates of repeat loan switchinglobrel All Switch, the dependent variable is a
binary variable equal to one for borrower switching its repmsat to a new lead arranger and zero for a
borrower keeping the loan relationship with the existing leadnger. In Model HL, the dependent
variable is a binary variable equal to one for a borroweichimg its repeat loan to a less reputable lead
arranger and zero otherwise. In Model LH, the dependent aiiglal binary variable equal to one for a
borrower switching its repeat loan to a more reputable arramgkzero otherwise. Independent variables
include AISD, Log of Deal Amount, Length between the nth loan and n+1 loan, Facilityrityial oan
Purpose, Financial Covenant Dummy, General Covenant Dummy, Year D&Regign Dummy, one-
digit industry dummy, corruptive index and country-specific owngrstructure dummiesAll other
explanatory variables are as defined in TabRe2aluesof coefficients are reported in parentheses below
each coefficient estimate. *, ** and *** denote significance atQtie 0.05, and 0.01 two-tailed levels,

respectively.

All Switch HL LH
Intercept 0.4877 2.1731* -3.0681***
(0.5781) (0.0284) (0.0014)
Market Share -3.3375***
(0.0041)
Public Dummy 0.1331** 0.0526 0.1131
(0.0874) (0.5640) (0.1896)
AISD -0.00028 -0.00046 -0.00007
(0.6481) (0.2193) (0.8313)
Log(Deal) 0.0173 -0.13171%** 0.1036**
(0.4049) (0.0032) (0.0134)
Maturity 4.253E-6 -0.00003 0.000033
(0.9263) (0.5986) (0.5036)
Length btw. Loans 0.000962*** 0.000422*** 0.000747***
(<.0001) (<.0001) (<.0001)
Financial Covenants  0.2058** 0.0707 0.1639
(0.0445) (0.5562) (0.1449)
General Covenants -0.2233 -0.2357 -0.0313
(0.1834) (0.2537) (0.8677)
# of Lenders -0.00550 0.00169 -0.00720
(0.2599) (0.7737) (0.1865)
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Table 3.5. (continued)

Corruption index -0.0784*** -0.0616* -0.0355
(0.0068) (0.0658) (0.2662)
FCLB 0.2162 0.2198 0.0612
(0.1332) (0.1590) (0.6901)
LBCF -0.1799 -0.0443 -0.2675*
(0.1878) (0.7962) (0.0968)
Loan purpose dummy Yes Yes Yes
Tranche type dummy Yes Yes Yes
Industry dummy Yes Yes Yes
Year dummy Yes Yes Yes
Region dummy Yes Yes Yes
NOBS 4076 4076 4076

Tables 3.5 provides estimates of the logistic regressions fewdtthed loans, switched
H and switched L loans, respectively. As in Table 3.4, these ségmesdo not use firm
characteristics data. The regressions examine the loan andyochariacteristics associated with
the switch decision. The significantly positive coefficienthad public dummy is consistent with
the information asymmetry hypotheses, indicating that public faresmore likely to make a
switch because they are more transparent to the financi&letdie significantly negative
coefficient of the loan amount in the HL switching sub-sample aguifisantly positive
coefficient in the LH switching sub-sample are indirectly cdasiswith the information
asymmetry hypothesis. The significantly positive coefficianthe length between loans in all
three regressions reflects a diminishing effect of the bank+klation through time. The results
show that the coefficient of the corruption index is significantly negativéhéfull loan sample,
which is due primarily to the switch HL sector. Thus, when corrapiso high (corruption
perception index low), firms in the H sector tend to be more litkeewitch to lenders in the L
sector. One explanation for this finding is that when corruption is lgmyaH banks devote
more resources to monitoring and are thus able to detect morg @agitieterioration in the

firm’s financial situation, so non-renewed by the H bank sectoe. ddrruption index has no
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effect in the LH regression because L banks are lessieffenbnitor than H banks as monitors
It is noteworthy that in LBCF countries, the probability of shimg from L to H is reduced,
suggesting that in countries where banks have control over “graup$ these banks provide
enhanced monitoring activity and thus partly substitute for thealpilow level of monitoring

by L banks. The lack of significance for the FCLB variableds consistent with our prediction:
Firms that control banks should be less likely to switch becauseiofapacity to the financial

market.

Table 3.6 Estimates of Country-Specific Ownership Structure Effet on Loan Spread

This table provides estimates of the determinants of loandspoegublic firms. The control variables
include syndicate variables, loan characteristics vasalfien characteristics and country-specific
ownership structure variableB:values of coefficients are reported in parentheses belokvagefficient

estimate. *, ** and *** denote significance at the 10%, 5%, and 1% two-tailedslenespectively.

Full Sample  Repeat Switch Switch HL Switch LH
NOBS 1772 1223 571 261 309
Intercept 384.6468**  426.4806***  368.8443***  307.9911* 348.8663**
(<0.0001) (<0.0001) (0.0005) (0.0507) (0.0291)
Market Share 116.4460** 167.2210** 306.9061*+*
(0.0299) (0.0239) (0.0098)
Log Deal Amount  -9.8499*** -11.1849**  -10.2121***  -4.5827 -16.2659**
(<0.0001) (<.0001) (0.0266) (0.4975) (0.0135)
Maturity 0.0027 -0.0011 0.0071 0.0134 0.0026
(0.3998) (0.7928) (0.2697) (0.1328) (0.7916)
Length -0.0021 -0.0053 -0.0052 -0.0216* 0.0042
(0.6279) (0.3238) (0.5083) (0.0881) (0.6903)
Financial covenants 3.7353 4.4093 -0.1941 -9.5565 -1.1913
(0.4754) (0.5120) (0.9855) (0.5562) (0.9358)
General covenants 41.8897*** 53.5486*** 79.7202%** 35.4182 95.8737***
(<.0001) (<.0001) (<0.0001) (0.2331) (<.0001)
# of Lenders -0.5510%*** -0.4429 -0.7597 -1.7085** 0.1092
(0.0252) (0.1534) (0.1286) (0.0243) (0.8778)
Corruption index  -4.1841*** -2.4191 -2.9769 -6.5794 -1.0121
(0.0047) (0.2047) (0.3100) (0.1143) (0.8072)
FCLB 20.1187*** 21.8656*** 32.2892*** 18.8323 29.5966
(0.0071) (0.0225) (0.0234) (0.3384) (0.1559)
LBCF 16.9626*** 20.0083*** 28.8280** 17.6580 39.9612*
(0.0119) (0.0174) (0.0709) (0.4163) (0.0936)
Log( Assets) -7.6454*** -6.9360*** -6.2354*** -7.0601** -4.4014
(<.0001) (<.0001) (0.0023) (0.0113) (0.1394)
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Table 3.6. (continued)

Leverage 65.4387*** 78.5925*** 70.6391*** -11.5574 166.0937***
(<.0001) (<.0001) (0.0074) (0.7928) (<.0001)
Asset Turnover -15.9012***  -17.6041**  -21.7678**  -26.4306** -12.1816
(<.0001) (0.0004) (0.0081) (0.0266) (0.3190)
Current Ratio 0.0532 0.0810 -0.1078 13.7627 0.0347
(0.5194) (0.3491) (0.6890) (0.1643) (0.8988)
Loan purpose
dummy Yes Yes Yes Yes Yes
Tranche type
dummy Yes Yes Yes Yes Yes
Industry dummy Yes Yes Yes Yes Yes
Year dummy Yes Yes Yes Yes Yes
Region dummy Yes Yes Yes Yes Yes
Adjusted R-square  0.3530 0.3427 0.3209 0.3111 0.3941

Table 3.6 extends Table 3.4 by including firm characteristics fedmbal Compustat for
public firms. Compared to Table 3.4, the Corruption index is significaretfyative in Table 3.6,
only for the sample of all loans. Thus, when taking account of firmacteistics such as
leverage and asset turnover, the corruptive index does not explaat fepding and loan
switching. However, both FCLB and LBCF coefficients continue taaremignificantly positive
for most samples in Table 3.6. This suggests that monitoring cesitsgéer in these countries,
not because of the firms are more opaque, but because of the thyeeladionship among the
firms, local bank, and syndicate bank. In general, the results o# Bablfor public firms are

consistent with Table 4 for all firms.
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Table 3.7 Logistic Regressions for the Likelihood of Switching Reat Loans to a New Lead
Arranger -Public Firms

This table presents estimates of repeat loan switching. In MedtehSthe dependent variable is a binary
variable equal to one for borrower switching its repeat loann@walead arranger and zero for borrower
keeping the loan relationship with the existing lead arrangdviodel HL, the dependent variable is a
binary variable equal to one for borrower switching its repmsn to a less reputable lead arranger and
zero otherwise. In Model LH, the dependent variable is a binarable equal to one for borrower
switching its repeat loan to a more reputable arranger Zeeovase. Independent variables incluelem
Size, Leverage, Asset Turnover, Current Ratio, AISD, Log of Deal Anhemgth between the nth loan
and n+1 loan, Facility Maturity, Loan Purpose, Financial Covenant Dumneyne@l Covenant Dummy,
Year Dummy, Region Dummy, one-digit industry dummy, corruptive indexc@unatry-specific
ownership structure dummiedll other explanatory variables are as defined in TabReXalues of
coefficients are reported in parentheses below each coefficienttesttia and *** denote significance
at the 0.1, 0.05, and 0.01 two-tailed levels, respectively.

Switch HL LH
Intercept 1.5443 3.8141* -3.9232*
(0.4165) (0.0845) (0.0677)
Market Share -4.5315**
(0.0269)
AISD 0.00046 -0.00120 0.00148*
(0.5718) (0.2224) (0.0866)
Log(Deal) -0.1264 -0.2981*** 0.0980
(0.1145) (0.0019) (0.2718)
Maturity 0.000124 0.000216 -0.00012
(0.2879) (0.1042) (0.3571)
Length 0.000607*** 0.000104 0.000654 ***
(<.0001) (0.5665) (<.0001)
Financial Covenants 0.0677 0.1852 -0.1008
(0.7122) (0.3913) (0.6221)
General Covenants -0.1385 -0.4810 0.2817
(0.6509) (0.2240) (0.3991)
# of Lenders -0.0114 -0.00655 -0.0215
(0.1853) (0.5342) (0.4687)
Corruption index -0.00786 0.0232 -0.0215
(0.8790) (0.7009) (0.7021)
FCLB -0.0706 0.2166 -0.1797
(0.7874) (0.4476) (0.5284)
LBCF -0.5494** -0.0868 -0.7209**
(0.0238) (0.7740) (0.0159)
Log( Assets) 0.1101*** 0.0578 0.0550
(0.0044) (0.1703) (0.1782)
Leverage 0.3222 0.5860 -0.2025
(0.4434) (0.2765) (0.6656)
Asset Turnover -0.0787 0.1843 -0.2672
(0.5696) (0.2586) (0.1003)
Current Ratio -0.00083 -0.1080 0.000124
(0.7476) (0.3861) (0.9613)
Loan purpose dummy Yes Yes Yes
Tranche type dummy Yes Yes Yes
Industry & year dummy Yes Yes Yes
Region dummy Yes Yes Yes
NOBS 1224 1224 1224
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Table 3.7 extends Table 3.5 by including firm characteristicpdblic firms available in
Global Compustat. It estimates of the logistic regressionhéosample of switch loans, sample
of switch H loans and sample of switch L loans for public firm&m@ared to Table 3.5, one
significant loan characteristic is the loan amount, for whichattgeer is the loan amount, the less
likely is the probability of switching from H to L. The other sigpant loan characteristic
variable is the loan spread, for which the higher the loan spread, the more likelpiistiability
of switching from L to H. The Corruption Perception Index losesigsifscance, which may
arise because the availability of the firm-specific infoioratof public firms reduces the
information asymmetry between the firm and the financial maikets in turn reduces the
impact of country-specific corruptive index on firm's decision of begltionship. The banks
LBCF dummy is significantly negative for both the sample ofwitched loans and sample of
loans switched from L to H sector. This result is consisteffit thdt in Table 3.5 and reflects the
increasing difficulty of changing bank relationship for firmssideng in bank-controlling

countries, especially for those firms who borrow from lower quality banks.

3.6. Summary and Conclusion

This paper focuses on the relation between a country-spgoiiernance indicator and
country-specific bank-firm ownership structures on loan pricing tred management of a
lending relationship between the syndicate bank and firm. We evéhgatelationship between
country-specific bank ownership structure and the main charaagastioan, which are mainly
measured by loan pricing and loan switching decision. The paperr®saithree interrelated
guestions: 1.How is loan pricing affected by country-specifikkimm ownership structure? 2.

Does country-specific bank-firm ownership structure influenced#wsion to switch lenders in
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the repeat loan market? 3. Is country-specific bank-firm cstangistructure more important for

a borrower to migrate to a higher reputation lender than to a lower reputatior?lender

This paper investigates the determinants of loan pricing and lepeatelationship for a
sample of 6,180 non-U.S. firm-loan observations for the period 1998-2007. We use loa
characteristic, bank-characteristic, firm-characteristiciabées as well as country-specific
governance and country-specific bank-firm ownership structure vesiablexplore the effect on
loan pricing and loan-switching decisions. The answer for questionsttaightforward. The
syndicate bank will incur additional monitoring cost because of theepece of the third party
local bank. Higher monitoring cost should lead to an increased loaedspré&CLB and LBCF
countries. The answers to the second and third questions are nearasut] while we do find
that the likelihood of switching syndicate banks in Germany and Jap@aner, compared to the
other countries. We do not find that loan switching is less likeountries where firms control
local banks and the bank-controlling firm is as likely to switsladirm that does not control a
bank. Based on our hypothesis, the less-likely switching outcome sbhmld because the firm-
local bank connection makes the firm more opaque to the internatioaatifal market. As a
result, the firm should acquire fewer offers from the syndicat& bad make the switching less

likely.

In general the loan-specific characteristic variables tbeeexplaining power to firms’
repeat loan switching while the firm-specific financial ightes confirm the information
asymmetry hypothesis. Our results seem reflect that imtemational syndicated loan market,
the bank-firm relationship is shaped by country-specific cheniatts and information

asymmetry of firms to banks and financial market.
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