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ABSTRACT 

 In the U.S., wealth is unequally distributed across racial and income groups. 

Scholars have promoted numerous strategies to address inequalities in wealth, but 

evidence about their effectiveness is limited. This dissertation examines whether 

community-based organizations can help low-income individuals improve their credit 

usage and credit scores as part of a strategy to help them build their wealth. Credit 

histories and scores influence access to affordable loans and other forms of credit as well 

as employment and housing opportunities, insurance rates, and utility and rental deposits. 

As a result, credit plays an important role in individuals’ ability to weather financial 

crises, increase savings, and build wealth.  

 Specifically, I assess the impacts and implementation of a program model that 

integrates financial education and counseling into employment services for low-income 

job seekers. The study uses a comparison group design to assess program impacts, 

comparing the outcomes of program participants to those of a matched group of low-

income individuals who were seeking assistance from public employment agencies that 

did not offer financial or credit counseling. I use multivariate regression analysis to assess 

differences in the outcomes of program participants and comparison group members and 

to examine whether some organizations were more effective than others in helping 

participants achieve the outcomes. I also conduct a qualitative assessment of the 

organizational, programmatic, and contextual factors that influenced program 

implementation and outcomes across the five organizations in the study.  

 I found that community-based organizations can help low-income individuals 

make progress in building positive credit histories. By combining financial education and 
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counseling with employment services, the programs increased job seekers’ receipt of 

financial counseling relative to the comparison group, and program participants were 

more likely than comparison group members to have an increase in positive activity on 

their credit reports two years after entering the program. However, overall the program 

did not increase the likelihood that participants had a credit score or that they had a prime 

score after two years. Only program participants who had substantial recent credit 

activity when they entered the program were more likely than their counterparts in the 

comparison group to have a prime credit score after two years.  

 Some organizations were more effective than others in helping low-income 

individuals achieve the targeted credit outcomes. Four of the five had impacts on whether 

participants had positive activity on their credit reports. One organization also had 

positive impacts on the likelihood of having a credit score and of having a prime score 

among all individuals who received financial counseling while two others had positive 

impacts on scores for subgroups of participants. One organization had no positive effects. 

The implementation analysis revealed that environmental, organizational, and 

programmatic factors interacted to produce differences in outcomes across organizations. 

Organizational and managerial experience with and commitment to the model and goals 

and integration of the model into the organizations’ core services were critical to 

effective implementation. The three organizations whose financial coaches embraced the 

model’s credit-building approach, which counsels individuals to use credit responsibly, 

had more positive impacts on credit outcomes than those that did not. The results also 

provide evidence that the characteristics of the communities the organizations served 

influenced outcomes. Communities’ racial composition was correlated with indicators of 
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economic health, the presence of financial institutions, and credit availability, and the 

findings indicate that individuals in mixed race and majority-Hispanic communities were 

better able to access credit than those in majority-Black communities.  

 This dissertation contributes to the policy and research literature in a number of 

ways. It uses a rigorous methodology to assess program effects, examines change in 

credit behavior and outcomes, assesses how implementation processes influence 

outcomes, and includes a broader segment of the low-income population than past 

studies, including those who lack credit histories. The findings provide evidence that low-

income people of color face significant barriers to accessing mainstream forms of credit 

and suggest that policies are needed to increase consumers’ understanding of credit and 

access to credit at affordable rates and terms. The findings contribute to research and 

theory on the wealth accumulation process and can inform the work of policymakers and 

practitioners seeking to increase the financial well-being of low-income people of color. 

 

	
    



	
   v 

 
 
 
 
 
 
 
 
 
 
 

To Jocelyn. 

Do everything you want to do,  

your own way. 

 
	
    



	
   vi 

ACKNOWLEDGEMENTS 

 I want to thank the members of my dissertation committee for their support and 

guidance. In particular, I want to thank Dr. David Elesh for his unwavering support over 

the past 10 years. No matter how long I had been out of touch, his response was always 

the same – “Good to hear from you. Onward.” His perspective on this work helped me to 

both think and write about things in a different way. I wasn’t around much but it’s clear 

that the department will not be the same without him. I wish him the best in his 

retirement. I also want to thank Dr. Bob Kaufman for helping me pull out the big picture 

while at the same time making sure my analysis and regression tables were in order. 

Thanks to Dr. Judith Levine for helping me think about how to frame the project, both 

early on and at the end. And thanks to Dr. Jerry Stahler for agreeing to join the committee 

for a defense in the summer and providing useful feedback to help me finish this out.  

 I am grateful to the individuals who agreed to participate in the original study on 

which this work is based, including the job seekers who provided the details of their 

finances and access to their credit reports and to the program staff who took the time to 

explain what they do. I hope these efforts result in improving policy and programming. 

Thanks to my colleague, Mark Elliott, for continuing to put us in a position to get 

interesting work and keeping me gainfully employed throughout this process.  

 Finally, I want to thank my family for their unending support over the past 10 

years. It’s an understatement to say a lot has happened along the way. We lost my mom 

to cancer. We had a baby girl who is now almost 3. Thanks to my dad, brother, Betty, and 

other family members who occasionally asked how things were going and provided 

moral support over the years. I am most grateful to my husband, Peter, who has been 



	
   vii 

there every minute of every day, telling me I could do this and doing everything possible 

to help make that happen. I could not have done this without his encouragement and 

understanding. I am greatly looking forward to having our weekends back and to all the 

adventures we will have as our family of three.  

	
  
	
    



	
   viii 

TABLE OF CONTENTS 

 Page 

ABSTRACT ....................................................................................................................... ii 

DEDICATION ................................................................................................................... v 
 
ACKNOWLEDGEMENTS .............................................................................................  vi 
 
LIST OF TABLES ............................................................................................................. x 

LIST OF FIGURES ........................................................................................................... xv 

 

CHAPTER 

1. INTRODUCTION ......................................................................................................... 1 

Literature Review ................................................................................................... 7 

Financial Services Usage, Credit, and the Wealth Accumulation  
Process ........................................................................................................ 7 
 
Financial Services Usage and Wealth Differences Across  
Demographic Groups ................................................................................ 11 
 
Explanations for Differences in Financial Services Usage and  
Wealth ....................................................................................................... 14 
 

Neoclassical Economic Theory and Individual Preferences ........ 15 

Behavioral Economics and Bounded Rationality ......................... 16 

Psychological Explanations .......................................................... 19 

Structural Barriers: Discrimination .............................................. 19 

Structural Barriers: The Institutional Perspective ........................ 22 

Status Attainment Theory ............................................................. 24 

Suggested Policy Responses ..................................................................... 24 



	
   ix 

Review of Existing Policy Efforts and Outcomes .................................... 27 

Factors Influencing the Outcomes of Wealth-Building Policies .............. 34 

Program Structure and Design ...................................................... 35 

Program Management and Worker Discretion ............................. 38 

Organizational Structure ............................................................... 40 

Environment Factors .................................................................... 41 

Overview of the Dissertation ................................................................................ 43  

2. DATA AND METHODS ............................................................................................ 45 

Overview .............................................................................................................. 45 

Context ................................................................................................................. 47  

Research Questions .............................................................................................. 51  

Methods ................................................................................................................ 52  

Study Sample Recruitment ....................................................................... 53 
 

Limitations ............................................................................................................ 56  

Data and Analysis ................................................................................................. 59  

Analysis of Program Impacts ................................................................... 60 
 

Dependent Variables: Credit Scores and Credit Usage ................ 60 

Independent Variables: Study Participants’ Background 
Characteristics ........................................................................ 63 

 
Analysis ........................................................................................ 68 

Quantitative Analysis of Program Impacts Across the Five PFM 
Organizations ...................................................................................... 70 

 
Qualitative Analysis of Program Implementation .................................... 71 

Organizational Factors .................................................................. 73 



	
   x 

Environmental Factors .................................................................. 73 

Programmatic Factors ................................................................... 74 

Participant Characteristics .................................................................................... 75 

3. PFM PROGRAM IMPACTS ON CREDIT SCORES AND CREDIT USE .............. 80 

Overview .............................................................................................................. 80 

Credit Profiles of the Study Participants .............................................................. 82  

Differences in Credit Profiles Across Demographic Subgroups .......................... 87  

Measures of Program Effectiveness ..................................................................... 89  

Findings for All Individuals Who Sought Assistance from the PFM  
Programs ............................................................................................................... 93  
 

Differences Across Subgroups of Participants ......................................... 98 
 

Findings for PFM Participants Who Received Financial Counseling ................ 101 

Differences for Subgroups of Counseled Participants ............................ 106 
 

Summary and Discussion ................................................................................... 107 

4. DIFFERENCES IN PROGRAM IMPACTS ACROSS THE PFM 
ORGANIZATIONS ................................................................................................. 112 

 
Overview ............................................................................................................ 112 

The Organizations .............................................................................................. 114 

FDS ......................................................................................................... 115 
 
CAC ........................................................................................................ 116 
 
CEN ........................................................................................................ 116 
 
 TI ........................................................................................................... 117 
 
TJC ......................................................................................................... 118 
 

Participants ......................................................................................................... 119 



	
   xi 

FDS ......................................................................................................... 121 
 
CAC ........................................................................................................ 122 
 
CEN ........................................................................................................ 122 
 
 TI ........................................................................................................... 123 
 
TJC ......................................................................................................... 123 

 
Program Participation ......................................................................................... 124 
 
Program Impacts ................................................................................................. 126 
 

Findings for All Individuals Who Sought Assistance from the PFM 
Programs ................................................................................................. 127 
 
Findings for PFM Participants Who Received Financial  
Counseling .............................................................................................. 131 

 
Summary and Discussion ................................................................................... 135 

 
5. FACTORS THAT INFLUENCED IMPLEMENTATION ACROSS THE 

PFM ORGANIZATIONS ........................................................................................ 140 
 

Overview of the Factors that Influenced Implementation .................................. 140 
 
Environmental Factors ............................................................................ 141 
 

External Monitoring ................................................................... 141 

Community Characteristics ........................................................ 144 

Organizational Factors ............................................................................ 147 
 
Programmatic Factors ............................................................................. 147 
 

Program Structure and Content .................................................. 147 

Program Management and Worker Discretion ........................... 148 

The PFM Model and Reporting Requirements .................................................. 150 
 
The Interaction of Organizational, Environmental, and Programmatic  
Factors Across the PFM Organizations .............................................................. 155 



	
   xii 

 
FDS ......................................................................................................... 155 
 
CAC ........................................................................................................ 161 
 
CEN ........................................................................................................ 164 
 
 TI ........................................................................................................... 170 
 
TJC ......................................................................................................... 173 
 

Differences in Community Characteristics Across the PFM Sites ..................... 177 
 
Summary and Discussion ................................................................................... 183 
 

6. CONCLUSIONS AND IMPLICATIONS ............................................................... 189 
 

Summary of Main Findings ................................................................................ 192 
 

Community-Based Organizations’ Effectiveness in Helping Low- 
Income Individuals Improve Their Use of Credit and Credit Scores ..... 192 

 
Program Implementation Factors that Influenced Organizations’  
Ability to Help Individuals Achieve the Targeted Credit Outcomes ..... 194 

 
Limitations .......................................................................................................... 196 
 
Implications of the Findings for Policy and Programming ................................ 197 
 
Contributions to Research on Wealth Inequality ................................................ 203 
 
Suggestions for Future Research ........................................................................ 207 

 
BIBLIOGRAPHY .......................................................................................................... 209 

APPENDICES 

A. COMPARISON GROUP CONSTRUCTION ....................................................... 219 

B. REGRESSION TABLES FOR CHAPTERS 3 AND 4 ......................................... 231 

  



	
   xiii 

LIST OF TABLES 
 

Table    Page 

2.1 Characteristics of PFM Participant Group and Comparison Group 
 Members Prior to Matching ................................................................................ 78 

2.2 Characteristics of PFM Participant Group and Weighted Comparison  
Group After Matching…………………………………………………..….…... 79 

3.1 Summary of Findings on Program Impacts on the Credit Outcomes of  
All PFM Participants Two Years after Program Entry.………………..…..…....81 

3.2 Summary of Findings on Program Impacts on the Credit Outcomes by  
Individuals’ Credit Status at the Time of Program Entry.……………..…..…....81 

3.3 Activity on PFM Participants’ Credit Reports at the Time of  
Program Entry.……………..…..………………………………………….….....84 

3.4 Program Impacts on the Targeted Credit Outcomes for All Individuals  
Who Sought Assistance from the PFM Programs.………..……………….…....95 

3.5 Program Impacts on the Targeted Credit Outcomes by Individuals’  
Credit Status at the Time of Program Entry.…………………………..…..…....96 

3.6 Program Impacts on the Likelihood of Having an Increase in Trade  
Accounts with Positive Ratings Reported on the Credit Report by  
Age and Level of Education at the Time of Program Entry.…………..…..…..100 

3.7 Program Impacts on the Targeted Credit Outcomes for All Individuals  
Who Sought Assistance from the PFM Programs...……..……………….…....103 

3.8 Program Impacts on the Targeted Credit Outcomes for Individuals Who  
Received Financial Counseling by Their Credit Status at the Time of  
Program Entry.…………………………..……………………………….….....104 

3.9 Program Impacts on the Likelihood of Having an Increase in Trade  
Accounts with Positive Ratings Reported on the Credit Report by Level  
of Education at the Time of Program Entry, Among PFM Participants  
Who Received Financial Counseling ................................................................. 106 

4.1 Summary of Findings on Program Impacts on the Credit Outcomes of  
All Participants Two Years after Program Entry for Each  
PFM Organization…………………………………...………………..…..……113 



	
   xiv 

4.2 Summary of Findings on Program Impacts on Credit Outcomes for Each 
Organization by Individuals’ Credit Status at the Time of  
Program Entry.……………..……………………………………………...…..113 

4.3 Demographic and Financial Characteristics of the PFM Participants 
in the Final Sample by Organization.…..………………………………….….120 

4.4 Credit Profiles of the PFM Participants in the Final Sample  
by Organization.................................................................................................121  

4.5 Financial Services Received by PFM Participants in the Final Sample……....125 

4.6 Change from Program Entry to Two Years Later Among All  
Enrollees, Not Adjusted for Differences in Participant  
Characteristics Across the PFM Sites.………………………………..…..…...127 

4.7 Differences Between Each PFM Site and the Comparison Group  
after Accounting for Differences in Participant Characteristics 
Across Groups, Among All Enrollees.…..……………………………………128 

4.8 Difference Between Each PFM Site and the Comparison Group  
after Accounting for Differences in Participants’ Characteristics  
Across Groups.…..……………………………………………………………130  

4.9 Difference Between Each PFM Site and the Comparison Group  
after Accounting for Differences in Participant Characteristics  
Across Groups, Among PFM Participants Who Received  
Financial Counseling.…..……………………………………………………..132 

4.10 Difference Between Each PFM Site and the Comparison Group  
after Accounting for Differences in Participant Characteristics  
Across Groups, Among PFM Participants Who Received  
Financial Counseling.…..……………………………………………………..133 

5.1 Summary of Factors That Influenced the Implementation of PFM  
During the Study Period.…..………………………………………………….142  

5.2 Characteristics of the Community Areas in Which PFM Participants 
 and Comparison Group Members Lived at the Time of Program Entry ......... 180 

A1 Characteristics of the PFM Group and Comparison Group 
Before and After Matching.………………………………………………..….228 

A2 Diagnostics of Covariate Balancing Before and After Matching 
Across Methods.……………………………………………….…………..….230 



	
   xv 

B1 Multinomial Logistic Regression Analysis of the Correlates of Study  
Participants' Credit Status at the Time of Program Entry Including 
Demographics Only.……………………………………………….………..…231 

B2 Multinomial Logistic Regression Analysis of the Correlates of Study 
Participants' Credit Status at the Time of Program Entry Including  
Demographics and Financial Situation.…………………………….………....232 

B3 Comparison of Black and Hispanic Study Participants’ Financial  
Situations at the Time of Program Entry.…………………………….……….233 

B4 Logistic Regression Analysis of Treatment Effects on the Likelihood 
of Having a Credit Score Two Years After Program Entry  
Among All Enrollees.…………………………….…………………………...234 

B5 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having a Prime Credit Score Two Years After Program Entry  
Among All Enrollees.…………………………….…………………………...235 

B6 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having an Increase in Trade Accounts with Positive Ratings  
Two Years After Program Entry Among All Enrollees.……………………...236 

B7 Zero-Inflated Negative Binomial Regression Analysis of Treatment  
Effects on the Number of Trade Accounts with Positive Ratings  
Two Years After Program Entry Among All Enrollees.……………………...237 

B8 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having Any Open Trade Accounts Two Years After Program Entry  
Among All Enrollees.………………………………………………………....238 

B9 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having Any Closed Accounts Paid As Agreed Two Years  
After Program Entry Among All Enrollees.…………………………………..239 

B10 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having Any Open Accounts Paid As Agreed Two Years  
After Program Entry Among All Enrollees.…………………………………..240 

B11 Logistic Regression Analysis of the Correlates of Receipt of  
Financial Counseling Among the PFM Participants.………………………....241 

B12 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having a Credit Score Two Years After Program Entry for  
PFM Participants Who Received Financial Counseling.……………………..242 



	
   xvi 

B13 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having a Prime Credit Score Two Years After Program Entry for  
PFM Participants Who Received Financial Counseling.………………………243 

B14 Logistic Regression Analysis of Treatment Effects on the Likelihood of  
Having an Increase in Trade Accounts with Positive Ratings Two Years  
After Program Entry for PFM Participants Who Received  
Financial Counseling…………………………………………………………...244 

B15 Zero-Inflated Negative Binomial Regression Analysis of Treatment Effects 
on the Number of Trade Accounts with Positive Ratings Two Years  
After Program Entry for PFM Participants Who Received  
Financial Counseling…………………………………………………………..245 

B16 Logistic Regression Analysis of Treatment Effects on the Likelihood  
of Having Any Open Accounts Paid As Agreed Two Years After  
Program Entry for PFM Participants Who Received  
Financial Counseling.……………………………………………………….....247 

B17 Negative Binomial Regression Analysis of the Correlates of the Number  
of Months of Financial Counseling Received Among PFM Participants  
Who Received Any Counseling ………………………………………………248 

B18 Negative Binomial Regression Analysis of the Correlates of the Number  
of Contacts with the Financial Counselors Among PFM Participants  
Who Received Any Counseling ………………………………………………249 

B19 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having a Credit Score Two Years After  
Program Entry Among All Enrollees …………………………………………250 

B20 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having a Prime Credit Score Two Years After  
Program Entry Among All Enrollees …………………………………………252 

B21 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having an Increase in Trade Accounts with Positive  
Ratings Two Years After Program Entry Among All Enrollees.……………..254 

B22 Zero-Inflated Negative Binomial Regression Analysis of PFM  
Site-Level Effects on the Number of Trade Accounts with Positive  
Ratings Two Years After Program Entry Among All Enrollees.……………..256 

B23 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having a Credit Score Two Years After Program  
Entry for PFM Participants Who Received Financial Counseling …………...258 



	
   xvii 

B24 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having a Prime Credit Score Two Years After Program  
Entry for PFM Participants Who Received Financial Counseling …………...260 

B25 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having an Increase in Trade Accounts with Positive  
Ratings Two Years After Program Entry for PFM Participants  
Who Received Financial Counseling.………………………………………....262 

B26 Zero-Inflated Negative Binomial Regression Analysis of  
PFM Site-Level Effects on the Number of Trade Accounts with  
Positive Ratings Two Years After Program Entry for PFM  
Participants Who Received Financial Counseling……………………….…....264 

B27 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having Any Open Trade Accounts Two Years After  
Program Entry for PFM Participants Who Received  
Financial Counseling.…………………………………………………….…...266 

B28 Logistic Regression Analysis of PFM Site-Level Effects on the  
Likelihood of Having Any Open Trade Accounts Paid As Agreed  
Two Years After Program Entry for PFM Participants Who Received  
Financial Counseling…………………………………………………….…....267 

 

 

 

 

 
 
  



	
   xviii 

LIST OF FIGURES 
 

Figure  Page 

1.1 Conceptual Framework for the Literature Review……………….……………….6 

2.1 Residential Location of the Study Participants at the Time of Program Entry…..57 

5.1 Residential Location of the Study Participants at Each PFM Site.……..……....146 

A1 Box Plot of Propensity Scores by Treatment Status……………...……..……....226 
 
 



	
   1 

CHAPTER 1 
INTRODUCTION 

 Wealth is unequally distributed across U.S. households. A household’s wealth can 

be measured by its net worth, or the value of the assets it owns minus the value of its 

debts. In 2010, the top 5 percent of wealth owners held 63.1 percent of total household 

wealth while the bottom 80 percent of wealth owners held 11.1 percent (Mishel et al. 

2012). Wealth inequality has increased over the past 30 years, with large disparities in 

wealth between White households and Black and Hispanic households and between 

lower- and higher-income households (McKernan et al. 2013). While median net worth 

dropped overall during the Great Recession period of 2007 to 2009, Black households 

and those at the bottom of the wealth distribution faced larger declines than White 

households and those at the top of the wealth distribution (Allegretto 2011). 

 While sociologists have traditionally focused on income when studying 

inequality, in the past 20 years the field has given wealth inequality and its causes greater 

attention. Sociologists studying wealth argue that wealth provides more benefits than 

income and is important to families’ long-term financial security and overall well-being 

(Keister and Moller 2000). An early study of the determinants of net worth among adults 

ages 50 to 63 by Henretta and Campbell (1978) found that socioeconomic factors, net of 

earnings differences, influenced the accumulation of wealth over a lifetime. They 

concluded that net worth was a more important indicator of economic and social status 

than income, particularly at the end of the life cycle. In Black Wealth/White Wealth: A 

New Perspective on Racial Inequality, Oliver and Shapiro (2006) argued that studying 

wealth is important because, while people use income for day-to-day needs, wealth brings 
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income, power, and independence. Wealth opens doors to additional resources, such as 

education and employment opportunities, and can be passed on directly from one 

generation to the next, ensuring that opportunities remain within families.  

 Sociologists studying wealth also note that the wealth gap among races is 

substantially larger than the income gap. In 2010, average income for Whites was about 

twice that for Blacks and Hispanics, while on average Whites had six times the wealth of 

Blacks and Hispanics (McKernan et al. 2013). Therefore, a focus on wealth draws 

attention to continuing large disparities in the resources, opportunities, and well-being of 

Black and White families that a focus on income alone can obscure (Oliver and Shapiro 

2006). Using Panel Study of Income Dynamics (PSID) data, Conley (2010) found that 

parental wealth explains the gap in net worth between Black and White families as well 

as differences in educational attainment and the number of hours individuals work, 

highlighting the important role that the transmission of wealth across generations plays in 

perpetuating inequalities. 

 In the short-term, wealth can help families navigate periods of economic distress. 

Recent poverty research has focused on asset poverty, which extends the notion of 

poverty based on income to include whether families have a financial cushion to weather 

crises, such as job loss, illness, or the need to fix a car. In 2011, 44 percent of all U.S. 

households and 78 percent of low-income households were liquid asset poor, that is, they 

did not have enough savings to cover basic living expenses for three months at the federal 

poverty level (Brooks et al. 2014). An analysis of Survey of Income and Program 

Participation (SIPP) data on families with at least one working-age adult found that low-

income families who are asset poor are more likely than those who are not asset poor to 
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experience material hardship after a job loss, illness, or parent leaving the family, such as 

food insecurity, trouble paying bills, and eviction (McKernan et al. 2009).  

 Scholars from the fields of sociology, economics, psychology, and public policy 

have promoted numerous strategies to address inequalities in wealth, including efforts to 

help low-income and Black households build their assets. Some strategies focus on policy 

changes the government and financial institutions can make to increase access to 

financial services that can facilitate asset accumulation. Others focus on how community 

development organizations can educate and counsel individuals to increase their 

knowledge and use of financial services and products. Some efforts focus on helping 

individuals save while others focus on helping them build their credit histories and 

increase their credit scores in order to improve their ability to access mainstream forms of 

credit, which can help them weather financial crises and build their income and assets. 

While programs seeking to help low-income families build assets have proliferated across 

the country over the past 15 years, the evidence about their effectiveness in helping 

families become more financially stable is limited. As Oliver and Shapiro noted in 2006, 

developments on the ground ran far ahead of theory and knowledge building. 

 This dissertation examines the implementation and outcomes of a program model 

in which community-based organizations provide low-income individuals financial 

education and counseling in conjunction with employment and training services. A 

primary goal of the program is to improve low-income individuals’ access to credit and 

their credit scores in order to help them reduce expenses, weather financial crises, and 

build assets—i.e., build wealth. The questions this dissertation addresses are: (1) can 

community organizations help low-income individuals improve their use of credit and 
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credit scores by providing a mix of financial counseling and employment services, (2) 

how do the credit profiles of subgroups of the low-income individuals served differ and 

are some groups more likely than others to make progress in building positive credit 

profiles during the two years after entering the programs; particularly, are there 

differences between Black and Latino participants and by participants’ gender, age, 

education level, criminal record status, family structure, and financial status, (3) are the 

community organizations better able to help some of these subgroups than others, and (4) 

what program implementation factors influence the organizations’ ability to engage 

individuals in the services and achieve the expected outcomes. To answer these 

questions, I will use data from a quasi-experimental, multisite study of the program’s 

impacts and implementation.   

 The findings from this dissertation will inform public policy and programming 

and contribute to sociological research and theory on the wealth accumulation process.  

The study provides evidence about the effectiveness of including financial education and 

counseling in employment and training services as a policy response to wealth 

inequality—a policy strategy that many researchers and advocates are promoting despite 

the fact that the evidence about financial education’s effectiveness is mixed. This 

information will inform the work of policymakers and practitioners in the workforce 

development and asset-building fields and contribute to the research literature on how 

public policy may address wealth disparities between income and racial groups. This 

dissertation will also contribute to understanding an aspect of the wealth accumulation 

process that has not been addressed in sociological research—building positive credit 

profiles and improving access to credit. Sociologists studying wealth have focused on 
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overall wealth accumulation (Keister 2000; Oliver and Shapiro 2006; Conley 2010; 

Henretta and Campbell 1978) and home equity (Krivo and Kaufman 2004). This study 

will contribute to understanding differences in the credit profiles of low-income 

unemployed or underemployed Black and Hispanic individuals and the credit-related 

barriers these groups face to building assets. Most sociological research on wealth 

focuses on differences between Black and White households (for an exception see 

Campbell and Kaufman 2006). Finally, Oliver and Shapiro state that a sociology of 

wealth requires understanding the social context in which wealth generation occurs. If 

public policy is going to rely on community-based organizations to address wealth 

inequality by helping low-income people of color build assets, then it is important to 

understand the processes that influence policy outcomes in this context. This dissertation 

examines what organizational, environmental, and programmatic factors either facilitate 

or hinder organizations’ ability to help low-income individuals achieve the targeted 

credit-related outcomes. I examine these processes through the sociological lens of social 

reproduction theory, questioning whether they serve to promote wealth mobility among 

low-income people of color or contribute to the reproduction of social inequalities by 

maintaining the status quo. To date, no study of financial education and counseling 

provided as an asset-building strategy for low-income individuals has examined how 

program implementation processes influence program outcomes. 

 Figure 1.1 provides a conceptual model for the literature review that follows. I 

first review the literature on the link between financial services usage and wealth, the role 

of credit reports and scores in wealth accumulation, and differences in financial services 

usage and wealth accumulation across demographic groups. I next review the competing  



Fi
gu

re
 1

.1
. C

on
ce

pt
ua

l F
ra

m
ew

or
k 

fo
r 

th
e 

L
ite

ra
tu

re
 R

ev
ie

w
 

 
   

              

C
re

di
t H

is
to

ry
 

an
d 

Sc
or

es
 

A
cc

es
s t

o 
m

ai
ns

tre
am

 fo
rm

s 
of

 c
re

di
t w

ith
 a

ff
or

da
bl

e 
ra

te
s, 

fe
es

, a
nd

 te
rm

s 
   

   
   

 v
er

su
s 

R
el

ia
nc

e 
on

 h
ig

h-
co

st
 fo

rm
s 

of
 c

re
di

t a
nd

 a
lte

rn
at

iv
e 

pr
ov

id
er

s 
 

Em
pl

oy
m

en
t o

pp
or

tu
ni

tie
s 

H
ou

si
ng

 o
pp

or
tu

ni
tie

s 
U

til
ity

 a
nd

 re
nt

al
 d

ep
os

its
 

In
su

ra
nc

e 
ra

te
s 

In
co

m
e 

af
te

r 
ex

pe
ns

es
 

A
bi

lit
y 

to
 b

ui
ld

 sa
vi

ng
s 

an
d 

ot
he

r a
ss

et
s:

  
-H

om
e 

-V
eh

ic
le

s 
-E

du
ca

tio
n 

-B
us

in
es

s 

W
ea

lth
 (N

et
 

W
or

th
) 

So
ci

oe
co

no
m

ic
 G

ro
up

 D
iff

er
en

ce
s i

n 
th

e 
W

ea
lth

 A
cc

um
ul

at
io

n 
Pr

oc
es

s 
Ex

pl
an

at
io

ns
 

-I
nd

iv
id

ua
l p

re
fe

re
nc

es
 

-F
in

an
ci

al
 li

te
ra

cy
 

-B
ia

se
s i

n 
de

ci
si

on
-m

ak
in

g 
-P

sy
ch

ol
og

ic
al

 sc
he

m
at

a 
-S

tru
ct

ur
al

: d
is

cr
im

in
at

io
n 

-S
tru

ct
ur

al
: i

ns
tit

ut
io

na
l 

-S
oc

ia
l r

ep
ro

du
ct

io
n 

Po
lic

y 
R

es
po

ns
es

 
-F

in
an

ci
al

 e
du

ca
tio

n 
an

d 
co

un
se

lin
g 

-R
ed

is
tri

bu
tio

n 
-A

cc
es

s t
o 

m
ai

ns
tre

am
 

fin
an

ci
al

 in
st

ru
m

en
ts

  
-F

ed
er

al
 re

gu
la

tio
n 

-S
av

in
gs

 p
ro

gr
am

s 
 

Po
lic

y 
O

ut
co

m
es

 

En
vi

ro
nm

en
ta

l f
ac

to
rs

 
O

rg
an

iz
at

io
na

l f
ac

to
rs

 
M

an
ag

em
en

t a
nd

 
w

or
ke

r d
is

cr
et

io
n 

Pr
og

ra
m

 d
es

ig
n 

6



	
   7 

explanations for these differences and the policy responses they suggest. I then turn to 

current and past policies to improve the financial well-being of low-income families and 

the evidence regarding their outcomes. Finally, I review the theoretical literature and 

empirical evidence on how program implementation factors may influence the outcomes 

of policies that seek to improve the financial well-being of low-income families. 

Literature Review 

Financial Services Usage, Credit, and the Wealth Accumulation Process 

 I first examine the literature on the role credit plays in the wealth accumulation 

process to demonstrate the link between policies aimed at improving credit and the policy 

goal of building wealth. Much of the research on household assets and credit comes from 

the fields of economics and public policy where scholars note the importance of the 

relationship between households’ use of financial services and wealth accumulation. 

Access to services such as checking accounts, bank loans, and savings opportunities play 

an important role in helping families deal with abrupt changes in income due to job loss, 

medical issues, or loss of benefits. Families without a bank account are less likely to have 

savings, and a lack of savings is associated with being less likely to pay bills on time. 

Without savings, credit, or insurance, sudden changes in income can result in families 

facing food shortages, utility cutoffs, or eviction. A lack of savings also makes it difficult 

for individuals to purchase a home or to invest in education or training for themselves or 

their children (Barr and Blank 2009; Stegman and Faris 2005).  

 Families’ lack of access to mainstream banking institutions and forms of credit 

leave them vulnerable to predatory loan practices and to paying higher fees for basic 

financial transactions, such as cashing checks and paying bills, which reduce families’ 
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take-home pay and the value of EITC payments (Barr and Blank 2009). These families 

often turn to fringe financial institutions, including payday loan providers, pawnshops, 

rent-to-own stores, and refund anticipation loans. An analysis of national data collected 

by the Census Bureau on the unbanked and underbanked found that the use of these 

nonbank forms of credit increased nationally between 2009 and 2011. The main reason 

individuals cited for using such forms of credit was to pay for basic living expenses 

(Mills and Monson 2013). These fringe financial institutions not only offer high cost 

forms of credit but they also do not report payments to credit rating agencies (Murrell 

2003). As a result, the payments individuals make to alternative institutions do not help 

them build their credit profile and improve their credit scores. However, alternative 

institutions do report accounts to the credit agencies when they become delinquent. 

 Credit scores have come to play an increasingly important role in people’s lives. 

Lenders use the scores to determine individuals’ creditworthiness or likelihood of 

defaulting on a loan, which affects the types of products and interest rates they offer. 

Insurance companies use scores to predict the likelihood of a claim and to determine the 

pricing of premiums based on risk. In turn, high car insurance costs are a barrier to 

obtaining jobs outside of the reach of public transportation. Utility companies base 

security deposit requirements on scores. Credit card companies use scores to set interest 

rates and fees. Landlords use scores to predict the behavior of potential tenants (Smith 

and Duda 2010; Fellowes 2006).  

 Employers use credit reports to assess the character of job candidates. Employers 

regard poor credit histories to be a sign of financial irresponsibility, which they view to 

be an indicator of dishonesty, theft, or lack of dependability. No studies have 
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demonstrated a link between workers’ credit history and their job performance. One 

study of workers in a large financial institution found that predictors from credit reports, 

such as the number of times late payments were made, had no relationship with 

performance appraisal ratings or termination decisions (Koppes Bryan and Palmer 2012). 

Despite the lack of evidence about their usefulness as a tool for predicting worker 

performance, employers’ use of credit checks appears to be widespread. A membership 

survey conducted by the Society for Human Resource Management in 2012 found that 47 

percent of employers checked the credit histories of at least some job candidates (SHRM 

2012). Another 2012 survey of retail chain companies found that 30 percent used credit 

history checks as a pre-employment integrity screening measure to reduce theft 

(Hollinger and Adams 2014). A survey of a nationally representative sample of low- and 

moderate-income households that had credit card debt found that nearly a quarter of 

unemployed individuals said an employer had requested to check their credit report as 

part of the job application process. Ten percent had been told that they would not be hired 

for a job due to information in their credit report (Traub 2013). Employment credit 

checks are legal under federal law although some states have passed laws restricting their 

use in hiring to positions where credit scores are a genuine occupational requirement, 

such as those in which employees have access to large amounts of cash or confidential 

business information. 

 Additionally, banks use credit scores in making decisions about small business 

lending. A 2005 study found that nearly half of the financial institutions surveyed, which 

were primarily community banks, used credit scoring in their small business lending 

decisions, in contrast to the perception that community banks use relationship lending 
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rather than credit scoring in such decisions. Most of the banks that used credit scoring 

used the consumer scores of the business owner rather than small business credit scores, 

which consider information about the owner and the firm (Berger et al. 2009).  

 Institutions’ reliance on credit scores increased higher-risk individuals’ access to 

home mortgages and other types of credit products in the 1990s and early 2000s. The 

availability of credit spurred economic development in neighborhoods that were once 

ignored by creditors. However, higher-risk people face higher interest rates, fees, and 

down payments. The increased access to high-priced credit for families with difficulty 

paying bills on time also increased financial insecurity. The availability of credit led to a 

surge in consumer debt in the 1990s and early 2000s, and personal bankruptcy rates 

increased during this period (Draut and Silva 2003). When high-risk individuals are 

clustered, it can affect community education, retail development, homeownership, and 

home improvement (Fellowes 2006).  

 Surveys indicate that consumers are relying less on credit cards than before the 

Great Recession, carrying less credit card debt, and owning fewer cards (Swift 2014). 

After the financial crisis and Great Recession in 2008–2009, credit card companies raised 

interest rates for many consumers, which may have altered spending and credit use 

habits. Credit card companies also imposed stricter rules and lower credit limits, which 

may have also made it more difficult for consumers to obtain credit. Prior to the financial 

crisis, individuals with subprime scores were receiving credit card offers but after the 

crisis even consumers with scores previously considered to be good were being denied 

credit (Weston 2011). At the same time that credit card use has declined, debit card use 

has increased. A 2009 survey on consumer payment choice found that 35 percent of 
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noncash payments were made with debit cards and 20 percent with credit cards (Hayashi 

and Stavins 2012). Recently laid-off workers used debit cards more frequently than 

others, which the authors speculate could reflect the avoidance of going into debt or the 

expectation that their credit limits would be lowered. Debit card use is not reported to the 

credit bureaus and, therefore, does not help individuals build positive credit histories. 

 Some people face barriers to accessing mainstream financial products because 

they lack a history with the major credit bureaus and are unscored. Without a score, 

mainstream lenders are reluctant to extend loans to them because they are seen as risky 

and inexperienced in managing credit. Poor credit scores or a lack of credit history can 

negatively affect people’s ability to obtain loans, credit cards, and mortgages.  As with 

individuals with poor scores, unscored individuals end up paying high rates, fees, and 

down payments for basic financial transactions (Maas 2008).  

 In sum, the lack of access to low-cost forms of credit affects families’ ability to 

save, the types of assets they own, and their ability to accumulate wealth. One estimate of 

the lifetime costs of a poor credit score, based on the differences in interest rates paid on 

private student loans, credit cards, automobile loans, mortgages, and home equity loans, 

is just over $200,000 (Weston 2011). This estimate is likely to be low because it does not 

factor in insurance rates, the opportunity costs of not having the extra money paid to 

invest, or lost employment or business opportunities. 

Financial Services Usage and Wealth Differences Across Demographic Groups 

 In this section, I review the literature on disparities in wealth and financial 

services usage across socioeconomic groups to demonstrate the need for interventions to 

address these gaps. Scholars in the fields of sociology, economics, and public policy have 
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documented differences in wealth accumulation and the use of financial services across 

racial and income groups. Oliver and Shapiro (2006) analyzed SIPP data to examine 

differences in wealth accumulation between Black and White middle class families, using 

definitions of middle class based on income, education, and occupational type. They 

found that regardless of the definition used, middle class Black families had lower net 

worth and lower net financial assets than middle class White families. Middle class Black 

families did not have sufficient assets to live for a month, even at the poverty level, while 

middle class White families could have supported their living standards for 4.3 months. 

Using PSID data, Bradford (2003) found that the wealth of low-income Black families is 

less likely to increase over time compared to the wealth of low-income White families. 

Campbell and Kaufman (2006) used SIPP data to extend analyses of the wealth gap to 

include racial and ethnic groups beyond Whites and Blacks. They found that Whites had 

greater net worth than Mexican Americans and other Hispanics but that the disparities 

were not as great as that between Whites and Blacks. 

 In terms of the use of financial services, studies have found that low-income 

families are less likely than others to hold bank accounts (Bricker et al. 2012; Barr and 

Blank 2009). Within income quartiles, Black families and Latino families are less likely 

than White families to have bank accounts (Bradford 2003; Stegman and Faris 2005). 

Low-income Black families are less likely than low-income White families to have credit 

cards, student loans, or personal loans, and among those who do, Black families owe less. 

This may reflect either less demand for these products among Black families or that 

lenders are biased against them (Bradford 2003). People of color are disproportionately 

more likely to have poor credit scores (Traub 2013), which can limit their access to 
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credit. Low-income families are more likely to use payday loans (The Pew Charitable 

Trusts 2012). Among low-income families, Black and Latino families are more likely 

than White families to rely on alternative providers, including pawn shops or payday 

loans, to meet their credit needs (Stegman and Faris 2005).  

 Research on racial differences in housing equity has found that Black and Latino 

mortgage holders are both disadvantaged relative to Whites. A study using national data 

from the American Housing Survey found that Blacks and Latinos have higher interest 

rates and are more likely to have FHA or VA mortgages that cost more than conventional 

mortgages, which contributes to the slower accumulation of housing equity (Krivo and 

Kaufman 2004). Another study of the foreclosure crisis found that between 2004 and 

2009 a disproportionate share of subprime loans were made to Blacks and Latinos 

relative to Whites, making them more likely to result in default and foreclosure. Between 

2007 and 2010, homeownership rates among Blacks and Latinos dropped more than the 

rate among Whites, which the study’s author attributes to the higher rate of foreclosure 

and reduced access to credit among Blacks and Latinos (Jourdain-Earl 2011).  

 Research has also found large gaps in wealth between immigrant and native-born 

families even after controlling for demographic and socioeconomic characteristics. Osili 

and Paulson’s (2009) analysis of SIPP data found that Latino immigrant families are less 

likely than Latino native-born families to hold checking or savings accounts, stocks, or 

savings in individual retirement accounts. On the other hand, rates are similar between 

Black immigrant and native-born families due to the low rates of asset-ownership among 

native-born Blacks. Home ownership rates among immigrants converge with those of the 

native-born as the number of years that immigrants are in the U.S. increases but this is 
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not true of stocks and retirement accounts. Recent immigrants are also more likely to 

have limited credit histories and to be unscored by the major credit bureaus (Maas 2008). 

 In addition to the differences found by race, ethnicity and income, wealth 

accumulation varies by age, family structure, education, and work history. Individuals 

with more education tend to be wealthier at all levels of income. Having a stable work 

history is also associated with greater wealth accumulation. Married couples and those 

with greater education are more likely to experience wealth mobility, that is, movement 

in the wealth distribution over a lifetime or from one generation to the next (Keister 

2000). Individuals who are separated or divorced and those who rent their homes rather 

than own are more likely to use payday loans (The Pew Charitable Trusts 2012). Those 

who do not have a college degree are more likely to use alternative financial services, 

particularly among younger adults ages 18 to 34 (Lusardi and Scheresberg 2013). In 

terms of credit, young adults, retirees, and people who are recently divorced or widowed 

are more likely to lack a credit history and to be unscored (Maas 2008). Those who are 

unemployed, lack health coverage, and have medical debt are more likely to have poor 

credit scores (Traub 2013). Younger, less educated, and lower income individuals are 

more likely to be affected by high debit card fees (Hayashi and Stavins 2012). In the next 

section, I review the alternative explanations for why disparities in wealth across 

socioeconomic groups exist, which lead to varying suggestions for what policies are 

needed to address wealth disparities.  

Explanations for Differences in Financial Services Usage and Wealth 

 Scholars debate the reasons why differences in financial services usage and 

wealth across income, racial, and ethnic groups exist. Economic theory posits that 
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inequalities in wealth are due to differences in individuals’ preferences and consumption 

patterns, which are influenced by class and human capital factors, such as education. 

Sociologists argue that individual preferences cannot explain the large racial disparities in 

wealth holdings. Sociological theory focuses on the different structural opportunities that 

racial and income groups face that result in wealth inequalities. A review of these 

contrasting theories follows. 

Neoclassical Economic Theory and Individual Preferences   

 Economic theory traditionally focuses on individual-level explanations for 

differences in financial services usage and wealth accumulation, including differences in 

preferences for saving, willingness to postpone consumption, and tolerance of risk 

(Lawrance 1991; Brimmer 1988). Consumption depends on the costs of borrowing versus 

the estimated value of the additional utility gained from consumption. Economic theory 

posits that poor households have high rates of time preference, or focus on present as 

opposed to future well-being. Therefore, low-income households have higher marginal 

propensities to consume and to increase borrowing in order to do so, relative to high-

income households. At the same time, low- and moderate-income households will pay 

high interest rates or financing fees for short-term loans given their lack of savings and 

the return on consumption. Economists argue that the relationship between time 

preference and income may be related to investments in education or to cultural 

preferences (Lawrance 1991). Economists use option theory to explain why consumers 

choose to stop payments on a loan or to default on a debt. Compared to other consumers, 

less creditworthy individuals place greater value on credit cards and the option they 

afford of not paying because their credit is already bad. Some low-income households 
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may prefer to use pawnshops due to the option they offer of defaulting by not redeeming 

the pawned items, an action not reported to credit agencies (Stegman and Faris 2005).  

Behavioral Economics and Bounded Rationality 

 Behavioral economists consider how cognitive, psychological, emotional, and 

social factors influence individuals’ decision-making. The concept of bounded rationality 

recognizes that individuals do not always make optimal decisions for a variety of reasons. 

One is that the rationality of the decisions individuals make is bounded by having 

incomplete information about the available alternatives (Simon 1972). Some economists 

argue that differences in financial services usage and wealth accumulation are due to 

differences in financial knowledge across segments of the population. Research 

conducted by economists has found that individuals who lack financial literacy are more 

likely to use alternative financial services, such as pawnshops and payday loans (Lusardi 

and Scheresberg 2013). A national survey of debt literacy found that only a third of 

Americans understood interest compounding or the workings of credit cards. After 

controlling for demographics, those with low debt literacy paid about 50 percent higher 

credit card fees than the average cardholder. Those who were less knowledgeable were 

more likely to report that their debt loads were excessive or that they were unable to 

judge their debt position (Lusardi and Tufano 2009). Another study of subprime 

mortgage borrowers found that those who had low numerical ability were more likely to 

default and foreclose during the recession. These borrowers were not more likely to take 

out riskier loans or too much debt. Therefore, the authors conclude that there is a more 

direct relationship between low numerical ability and spending too much, saving too 

little, and not being able to pay bills on time (Gerardi et al. 2010). Surveys indicate that 
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financial literacy is lowest among the young, individuals with low levels of education, the 

unemployed, low-income individuals, and people of color (Lusardi and Mitchell 2013). 

 Studies of low-income individuals entering financial education programs have 

found that knowledge about financial services and products was low overall, and that 

low-income Black individuals had less knowledge than low-income Whites about 

banking, credit use, and interest rates. Low-income individuals tended to have 

misconceptions about the requirements for opening and maintaining a bank account and 

to lack knowledge about how to do so (Zhan et al. 2006; Anderson et al. 2007). 

 Some behavioral economists argue that the financial decisions consumers make 

are bounded by mental shortcuts and biases that lead to making suboptimal choices. 

These biases include people’s tendency to overweight or underweight certain 

considerations; the overwhelming information and choices available; the high financial 

and emotional stakes involved; a reluctance to deal with discomforting thoughts, such as 

illness, death, or other misfortune; and intangible transaction costs, such as the effort 

involved and negative feelings experienced when making decisions. The aspects of a 

decision that are easier to evaluate tend to get more attention, such as those that are 

similar to products with which the consumer is familiar. Passivity or the tendency to stay 

with the status quo due to choice overload or procrastination is also an important factor 

(Willis 2009). Small nuances in a situation can explain the gap between people’s 

intentions and their actions. Channel factors—small situational details that provide 

psychological bridges between intentions and actions—can have a large impact on 

behavior (Bertrand et al. 2006; Hernandez 2011).  
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 Biases vary by individual and are common to both low-income individuals and 

those with moderate or high incomes. However, they have greater effects on the poor due 

to the poor’s narrower margin for error and the institutional, social, and psychological 

obstacles they face to accumulating wealth. The options available to low-income 

individuals are inferior, and these individuals tend to be less informed about the available 

options. For example, the direct deposit of paychecks is often the default for higher-

income employees but not for hourly workers. Financial institutions’ advertising may 

reinforce in-group, out-group perceptions and the idea that banking is for people with 

greater wealth. The poor may be more likely to find themselves in a situation that is 

unfamiliar, threatening, or stigmatizing, leaving them with fewer cognitive resources with 

which to process information when making financial decisions (Bertrand et al. 2006).  

 Some economists argue that individuals’ social networks influence their financial 

knowledge and their preferences. Brimmer (1988) posits that differences in investment 

decisions between Black and White families may stem from a lack of contacts among 

Blacks who can provide information about the market and a trusted appraisal of its risks. 

Therefore, Black families who have funds to invest acquire less risky assets, such as 

savings and real estate. Osili and Paulson (2009) found that immigrants from countries 

that have ineffective financial institutions and those who live in communities with large 

ethnic concentrations are less likely to participate in U.S. financial services. Immigrants 

may distrust financial institutions due to experiences in their country of origin. Their 

concentration in ethnic communities may limit their knowledge of and access to 

mainstream financial institutions. 
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Psychological Explanations  

 Some scholars turn to psychological theory for explaining differences in asset and 

debt accumulation with a focus on how family and community influence individuals’ 

dispositions and behavior. Psychologist Michael Sherraden, a leading advocate for asset-

building policies, argues that people develop schemata, or general expectations early in 

life about the way the world functions. People in families that lack assets will have 

limited expectations for or understanding of asset accumulation later in life (Sherraden 

1991). Research has shown that some individuals have an emotional desire to avoid or 

reduce debt while others who grew up in or live in a more debt tolerant surrounding do 

not share this desire (Stegman and Faris 2005). Stereotypes about the social group to 

which an individual belongs may also affect their decision-making. Those who see 

themselves as part of a group that has low intellectual and professional ability may be 

reluctant to interact with a bank. Those who see themselves as having low literacy may 

perceive market interactions as more risky (Bertrand et al. 2006).  

Structural Barriers: Discrimination  

 Sociological research on wealth focuses on the social contexts in which wealth 

accumulation occurs and differences in the social circumstances and opportunity 

structures that different socioeconomic groups face. Social structures play a role in either 

enhancing or restricting wealth mobility and, therefore, contribute to the reproduction of 

social inequalities. Sociologists underscore racial discrimination’s role in producing 

inequalities in wealth. Oliver and Shapiro (2006) trace the historical processes that have 

resulted in Black-White differences in wealth accumulation. Throughout U.S. history, 

state policy has impaired the ability of many Black families to accumulate wealth, from 
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slavery to Jim Crow laws to current welfare policies that discourage asset holding. 

Historically, Black families have been restricted from participating in entrepreneurship 

through laws, threats of violence, and discrimination. Discriminatory practices in the 

workplace have limited Blacks’ opportunities to gain employment at wages that support a 

family. The history of discrimination against Black families in the housing and mortgage 

markets resulted in Blacks largely being denied the ability to build housing equity—a 

primary means of accumulating wealth for many Americans. From the 1930s to the 1960s 

redlining practices by the Federal Housing Administration, which refused to insure 

mortgages in neighborhoods with even a few Black families, limited banks’ investment in 

these neighborhoods and excluded Blacks from obtaining mortgages from mainstream 

lenders. Banks also denied Black families home-repair loans, which contributed to 

deteriorating homes and neighborhoods and declining home values. In the 1950s in 

Chicago, most Black homebuyers had no option but to purchase homes on contract, 

which made them responsible for all of the costs of homeownership but provided no 

equity until the contract was paid in full. Contract sellers exploited these families, selling 

them homes at inflated prices that often needed costly repairs. Many families were 

evicted for missing a single payment, and lost all of the money they had paid toward the 

home (Satter 2010). 

 While federal legislation in the 1960s and 1970s made discriminatory practices in 

mortgage lending illegal, research shows that Blacks and Hispanics continue to face 

higher rejection rates and less favorable terms in securing mortgages. A study using 

Home Mortgage Disclosure Act (HMDA) data, augmented by Federal Reserve Bank data 

on the factors lenders use in assessing creditworthiness, found that both Black and 
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Hispanic mortgage applicants were significantly more likely to be rejected than White 

mortgage applicants after controlling for neighborhood and personal characteristics 

(Munnell et al. 1992). Audit studies using paired testers who presented similar 

qualifications but were different races showed that in 2012 Black homeseekers were told 

about and shown fewer homes than White homeseekers, were less likely to be offered 

assistance with financing, and were more likely to be asked if they were prequalified for a 

mortgage (Turner et al. 2013). Another analysis of 2004 HMDA data found that Black 

borrowers were less likely than White borrowers to receive loans from regulated lenders 

and were more likely to receive subprime, high-priced loans regardless of their income 

level (Beeman et al. 2010). 

 Research also shows racial discrimination in the marketing and issuance of 

consumer credit. An analysis of data on credit card offers mailed by five major lenders 

found that Black and Hispanic individuals were less likely than Whites to receive credit 

card offers, even after controlling for household composition, income, education, 

location, credit score, and credit history (Firestone 2014). Another study using a 

nationally representative sample of credit reports and census information found that 

individuals living in Black communities were offered significantly less credit than 

similarly qualified individuals living in White communities, after controlling for 

individuals’ credit scores and age and community-level demographic and housing 

measures (Cohen-Cole 2011). Finally, an analysis of Community Reinvestment Act data 

on the number and dollar value of small loans made to businesses in the Chicago six-

county region found that businesses in majority white census tracts were more likely to 

receive loans than businesses in majority minority tracts of the same income level. 
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Businesses in majority minority tracts also received smaller loan amounts than those in 

majority white tracts (Cowan 2014).  

 Oliver and Shapiro (2006) argue that the cumulative effects of the past have 

cemented Black families to the bottom of society’s economic hierarchy. The social 

structure that facilitates the accumulation of wealth among Whites denies it to Blacks and 

the cumulative disadvantages of low wages, poor schooling, segregation, and inherited 

poverty have resulted in the large disparities in wealth between races. 

 Research also suggests that lenders discriminate against low-income 

communities. A study of small-business lending in the Chicago metropolitan area found 

that low-income neighborhoods receive fewer loans than high-income areas after 

accounting for firm density, firm size, and industrial mix (Immergluck 1999). Research 

has found that, while subprime lending increased generally during the 1990s, subprime 

home purchase loans were disproportionately more likely to be made in low-income 

neighborhoods (U.S. Department of Housing and Urban Development 2000). Subprime 

refinance loans were also disproportionately more likely to be made in low-income areas 

(Belsky, Retinas, and Duda 2005). 

Structural Barriers: The Institutional Perspective   

 Recent research across the fields of economics, public policy, and sociology has 

focused on how institutional practices and policies affect opportunities for wealth 

accumulation, particularly among low-income families. These families are often excluded 

from financial services that encourage savings, offer credit, and enable families to build 

assets (Barr and Blank 2009). Low-income individuals often do not have access to 

employer-sponsored retirement savings plans (Stegman and Faris 2005). The internal 
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revenue code provides tax breaks for homeowners and lower tax rates on capital gains—

policies that offer greater benefits to higher-income households (Oliver and Shapiro 

2006). Tax policies incentivize contributions to retirement, health, and education savings 

vehicles but very little of these benefits go to low-income households. On the other hand, 

asset limits in public assistance programs discourage savings among low-income families 

(Cramer et al. 2009). Sherraden (1991) argues that higher income individuals accumulate 

assets because tax incentives and their workplaces make it attractive and easy to do so, 

not because these individuals make superior choices.  

 Low-income individuals face additional barriers to accessing mainstream 

financial institutions. Low-income communities often lack bank branches or other 

mainstream institutions that can meet residents’ financial needs. Even when these 

institutions are present, bank accounts are often not structured to meet the needs of 

households that live paycheck to paycheck because they carry high minimum balances 

and overdraft fees and require a waiting period before funds from checks are available 

(Barr and Blank 2009). Surveys indicate that nearly half of individuals who do not have a 

checking account cite product design features as the reason (Hogarth et al. 2003). The 

documentation required to open bank accounts is another barrier (Anderson et al. 2007). 

Low-income households also face barriers to opening bank accounts due to past problems 

with using checks or automatic withdrawals for payments that led to overdraft fees and 

negative account closings that were reported to the Chex System, which banks use in 

determining whether to approve new account openings (O’Brien 2012). 
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Status Attainment Theory 

 Sociologists also use status attainment theory to explain racial differences in 

wealth inequality. Status attainment models demonstrate that wealth accumulation is 

positively associated with parents’ social status. In their research on social stratification, 

Blau and Duncan (1967) developed the concept of the vicious circle in which parents’ 

occupational status highly influences the occupational status achieved by their children, 

suggesting that social statuses are self-perpetuating, making it difficult to modify one’s 

own status. Conley (2010) added assets to the status attainment model and applied it to 

examining racial inequalities in wealth accumulation across generations, using PSID data. 

He found that the large disparities in wealth between Blacks and Whites could be 

explained by differences in parental net worth. Asset poverty among Black families in 

one generation perpetuates disparities in the next generation. In studying wealth mobility, 

Keister (2000) also found that families tend to stay in the same segment of the wealth 

distribution. She argues that, due to disparities in the opportunity structures that Blacks 

and Whites face, Blacks start out in families that are less well off than Whites, which 

affects the investment decisions they make. On the other hand, parents at the higher end 

of the wealth distribution may influence their children cognitively in ways that enhance 

their chances of wealth mobility. 

Suggested Policy Responses 

 Scholars have suggested a number of policy responses to wealth inequality 

stemming from the theories about its underlying causes reviewed in the previous section. 

Sociologists have called for redistributional policies targeted at income and estate tax 

laws in order to address historical differences in opportunity structures, particularly for 
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Black and White families, that have resulted in wealth inequality (Oliver and Shapiro 

2006; Keister 2000). Scholars across disciplines promote strategies that address 

institutional barriers by providing opportunities for poor and low-income families to save 

and build assets that are similar to those available to wealthy and middle class families. 

The Internal Revenue Service can set up bank accounts so that the unbanked can deposit 

their returns and create a new Individual Retirement Account program for workers 

without employer plans. The government can also provide incentives or tax credits to 

encourage banks to locate in low-income communities and offer low-cost, low-risk 

accounts with automatic savings plans for low-income consumers (Barr and Blank 2009). 

Scholars suggest that the government should monitor and regulate fringe-banking 

institutions and protect consumers from predatory lending practices and subprime 

mortgage terms (Keister 2000; Willis 2009). The government can regulate the disclosure 

of fees and pricing of financial products and provide unbiased information and advice to 

consumers (Hastings et al. 2012). Scholars also promote expanding existing publicly-

supported matched savings programs to encourage saving among people who are 

currently unbanked and to focus these programs on helping people with short-term 

savings to meet everyday needs, not just long-term savings for the sake of asset 

accumulation (Stegman and Faris 2005; Barr and Blank 2009). Federal policy can also 

remove disincentives to save, such as asset limits, from public assistance programs 

(Cramer et al. 2009). 

 In addition to governmental policy and regulatory changes, scholars across 

disciplines have suggested ways that private institutions can help low-income and 

minority households build assets. Banks can offer accounts with low fees and no 
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minimum balance as well as debit cards with no overdraft or check writing. They can also 

offer short-term consumer loans or second chance loan programs with lower fees than 

payday loans to help people with bad credit to stop relying on fringe services (Barr and 

Blank 2009; Stegman and Faris 2005; Hogarth et al. 2003). Lenders can use manual 

relationship-based underwriting rather than automated underwriting for loans, which 

prevents people with low credit scores from accessing credit even if they may be good 

credit risks (Smith and Duda 2010). Community development and financial service 

providers can help people establish or augment credit histories by reporting data to credit 

bureaus on alternative non-credit based payments. This may include payments on payday 

loans, telecommunication or energy bill payments, automobile or homeowners insurance 

payments, rent, and childcare or health care payments (Maas 2008; Smith and Duda 

2010). They can also provide secured loans or credit cards along with counseling on 

making on-time payments to help individuals build their credit history and improve their 

credit scores (Chenven 2014). 

 To enhance low-income households’ knowledge of financial services and increase 

their use of these services, many researchers promote the need for financial education and 

counseling, either alone or in conjunction with efforts to increase access to financial 

products and services. Economists and policy researchers note that few consumers have 

the financial knowledge needed to make and execute complex saving and spend down 

plans (Lusardi and Mitchell 2013). Even when information, services, and suitable 

products are available, low-income households may not be aware of them or know how 

to access them. Individuals also need information about benefits that can increase 

income, such as the Earned Income Tax Credit and supports such as food stamps or child 
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care subsidies (Barr and Blank 2009; Zhan et al. 2006). To improve credit ratings so that 

individuals can build savings and assets, people need education about credit reports, how 

they are used, and what steps they can take to improve their scores (Fellowes 2006).  

 The behavioral economics perspective calls for strategies that address individuals’ 

biases and help them make good financial decisions. Given the pace of change in 

financial markets, the gap between consumers’ skills and the expertise needed to 

understand complex financial products and concepts, and the persistence of biases in 

decision-making, scholars argue that consumers can benefit more from professional 

assistance with navigating the market than from financial education classes. Individuals 

need consumer protection training, help recognizing their personal biases, and feedback 

on their decisions. Institutions need to frame financial choices to invoke good decisions 

and set default options that favor welfare-enhancing decisions in order to take advantage 

of people’s biases (Willis 2009; Willis 2011; Hernandez 2011). 

Review of Existing Policy Efforts and Outcomes 

 I next review the evolution of policies to improve the financial well-being of low-

income families, from those targeted at increasing income to those focused on building 

assets. I summarize the research on the effectiveness of these policies and note the gaps 

in the research on the effectiveness of financial education and counseling—the focus of 

this dissertation. Since the 1930s, federal policy has sought to increase the income of 

disadvantaged individuals by providing cash assistance (or “welfare”) to families and by 

providing employment and training opportunities to adults and older youth. While the 

structure of employment and training programs and the strategies employed have 

changed over time, policies such as the current Workforce Investment Act have sought to 
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increase individuals’ earnings by offering a combination of remedial education, 

vocational training, on-the-job training, subsidized work experience, life skills training, 

and job search assistance. The 1996 Personal Responsibility and Work Opportunity Act 

(PRWORA) transformed welfare policy by placing time limits on cash assistance and by 

requiring that welfare recipients take part in activities to prepare for work.   

Evaluations of employment and training programs and efforts to help welfare 

recipients transition from welfare to work have had mixed results. While some studies 

have demonstrated modest gains in program participants’ employment and earnings, 

these gains tend to fade over time and many people continue to work in low-wage jobs 

without benefits (Holzer 2009). These findings coupled with persistent poverty rates and 

increasing income and wealth inequality have led some researchers and policymakers to 

support new strategies for increasing the income and financial stability of low-income 

individuals and families.  

One strategy is to increase the take-up of income supports among low-wage 

workers, including the Earned Income Tax Credit, SNAP (food stamps), childcare 

assistance, and subsidized health care. While this does not involve the enactment of new 

policies, as all of these supports already exist, the take-up rate among working poor 

families is low. For instance, while SNAP receipt increased with unemployment levels 

during the recession, nearly four in ten eligible working households with children did not 

participate in SNAP in 2008. One study using 2001 data found that only five percent of 

low-income working families received a full package of Medicaid//CHIP, SNAP, and 

childcare subsidies (Mills et al. 2011). These findings prompted initiatives to increase 

awareness of and access to these income supports among low-wage workers. One study 
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found that such efforts were successful in increasing SNAP and childcare subsidy receipt 

in programs where initial rates of receipt of these benefits were low (Miller et al. 2012). 

Another response to continuing poverty and inequality has been the promotion of 

social policies that seek to build the assets of poor and low-income families.1 In Assets 

and the Poor (1991), Michael Sherraden provided the rationale for asset-based policies, 

arguing that income transfers may ease the hardship of the poor but do not help families 

become more economically self-sufficient. In fact, many public benefit programs, 

including TANF, limit eligibility to families with few or no assets. Therefore, families 

that have assets over the limit must “spend down” their savings in order to receive 

assistance (CFED 2012). Such policies prevent families from building savings that can be 

used to get by after a job loss or to invest in education or housing. Instead, Sherraden and 

others argue that policy should seek to improve the situation of low-income families and 

communities by helping families to accumulate assets.   

Historically, federal policy efforts to increase assets among low-income families 

were limited to housing policy targeted at expanding home ownership. The Federal 

Housing Administration (FHA) insurance program provides federal guarantees of 

individual mortgage loans. While this program was established in the 1930s, 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
1 The definition of poor and low-income families varies across policies and programs. Sherraden (1991) 
notes that in general poverty is defined as having inadequate resources to maintain an adequate standard of 
living. There is significant debate about what constitutes an adequate standard of living. Sherraden argues 
that asset-based policies should target families that are both income poor and asset poor but does not 
suggest specific income or asset thresholds for such policies, citing the lack of empirical evidence and that 
income and asset limits are shaped in the political process. Poverty may be measured in absolute or relative 
terms. Absolute poverty thresholds are fixed at a point in time and updated only for changes in price levels 
over time. Relative measures use current data to define a poverty threshold as a percentage of a standard of 
living (Foster 1998). U.S. federal poverty thresholds are absolute measures based on food budget studies in 
the 1950s and updated annually for inflation using the Consumer Price Index. In 2012, the federal poverty 
level for a family of four was $23,050. Many social policies set income limits for eligibility above the 
federal poverty level. The IDA program targets families with incomes at or below 200 percent of the 
federal poverty level.  
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discriminatory practices excluded Black families and communities from benefiting from 

these loans through the 1950s (Oliver and Shapiro 2006). Not until the Civil Rights 

Movement and new legislation in the 1960s did FHA-insured loans begin to be targeted 

to lower-income borrowers (Carliner 1998). However, many low-income borrowers are 

excluded from these loans because mortgage lenders set credit score requirements well 

above the guidelines set by the Department of Housing and Urban Development (Cornett 

2013). Scholars have recently questioned whether homeownership is a good asset-

building strategy for low-income families because low-income homebuyers face greater 

risk of costly home repairs, lower rates of appreciation and lower-quality amenities, and 

because they are more likely to be subject to subprime loans that carry high interest rates 

and fees (Shlay 2006).   

More recent asset-based policy efforts seek to increase savings among low-

income families with the intent that such efforts will stimulate the accumulation of other 

types of assets. The focus of federal policy in this area has been the promotion of 

Individual Development Account (IDA) projects. IDAs are savings accounts that 

encourage individuals to save for buying a home, starting a business, attending education 

or preparing for retirement by providing matching funds when money is withdrawn from 

the account for one of these purposes. The 1996 PRWORA legislation allowed the 

creation of IDAs for welfare recipients and the 1998 Assets for Independence Act 

authorized grants to be used for IDA projects targeted to low-income families (DeMarco, 

Mills and Ciurea 2008). The legislation allows IDA savings to be exempt from 

determining eligibility for federal means-tested government assistance. Studies suggest 

that IDA programs can increase savings and rates of home ownership, business 
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ownership, and educational attainment as well as reduce the likelihood of obtaining high-

interest rate mortgages and foreclosing on a home, although studies have not found 

positive impacts on net worth (Mills 2005; Mills et al. 2008; Rademacher et al. 2010). 

However, multi-site evaluations of IDA programs have either not included a comparison 

or control group or have relied on a comparison group design that did not control for 

selection bias issues related to participants’ motivation to purchase a home, start a 

business, or save to attend education. Some researchers have criticized IDA programs for 

serving only individuals who are the most likely to be successful savers.   

 Recently, researchers and policy advocates have promoted strategies to help low-

income families build wealth by providing financial education and counseling with the 

goals of increasing use of mainstream financial services and products, reducing debts, 

and improving credit scores. Financial and credit counseling have been part of the 

Homeownership Education and Counseling (HEC) services provided in HUD programs 

since the 1960s (Birkenmaier and Tyuse 2005). More recently there have been smaller-

scale efforts to provide financial education to individuals transitioning from welfare to 

work, those participating in housing subsidy programs and microenterprise programs, and 

other low-income populations (Anderson et al. 2007; Collins 2009; Klein et al. 2013). 

Recognizing that most assets are purchased using some form of credit as well as savings, 

financial education and credit counseling have become a more institutionalized part of 

IDA programs. Some IDA programs allow participants to use savings to pay down debts 

in order to improve their credit scores and obtain access to more favorable rates and 

terms on loans (Birkenmaier et al. 2012). 
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 Several reviews of financial education programs in a variety of settings, including 

the workplace, high school, college, the military, and credit and mortgage counseling 

programs, have concluded that the evidence about its effectiveness in improving 

individuals’ knowledge and behavior is mixed and that the field suffers from a lack of 

rigorous research, particularly regarding program effects for low-income individuals 

(Gale et al. 2012; Hastings et al. 2012; Collins and O’Rourke 2010; Caskey 2006). Some 

studies focus only on change in knowledge or attitudes at the end of training and not on 

change in behavior and outcomes. Most studies that have examined outcomes have 

focused on programs targeting individuals who were seeking to buy a home or avoid 

foreclosure or who were seeking to repair credit and avoid bankruptcy. Many studies 

have not included comparison or control groups to assess the amount of change beyond 

what would have occurred without the program (Birkenmaier and Tyuse 2005; Anderson 

et al. 2007). Scholars have criticized such studies because they do not account for 

selection bias issues resulting from the fact that people who enter the programs are likely 

more motivated to resolve problems than those who do not and, therefore, are more likely 

to experience change.   

 One small-scale study of 165 low-income individuals found that those who 

participated in IDA programs were more likely than those who did not to experience an 

increase in credit scores and positive credit activity on their reports (Birkenmaier et al. 

2012). However, both groups attended an orientation about IDAs and the study did not 

control for potential differences between those who chose to take part in the program and 

those who did not that could bias the results. The study also only included individuals 

who were both employed and had credit scores when they entered the IDA programs.  
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 Studies that have included a comparison group or controls for self-selection into 

the program have been limited in scope or have used designs that did not adequately 

control for selection bias (Caskey 2006). One study that used a quasi-experimental 

matched comparison group design examined the credit outcomes of participants at five 

credit-counseling programs. The study found that counseling had no effect on credit 

scores but did reduce total debt and use of credit, which clients were counseled to do 

(Elliehausen et al. 2007). However, the study did not have individual-level data on study 

participants’ demographic characteristics and income and may not have adequately 

controlled for selection bias in the decision to seek counseling.  

 One recent study examined individuals who were transitioning off of welfare and 

participating in a transitional jobs program in New York City. The study used a quasi-

experimental design in which all participants were offered the opportunity to open a bank 

account and half were offered free financial counseling and paid time off from their jobs 

in order to attend it. The study found an increase in being banked in both groups but no 

differences by whether or not participants were offered counseling. The study also 

examined credit outcomes and found that, 12 months after program entry, those offered 

counseling were more likely to experience a decrease in the percentage of their debt that 

was past due but there was no effect on credit scores (Wiedrich et al. 2014). The authors 

note that the decrease in debt was found among participants who were unscored, which 

suggests that individuals may have paid off old debts rather than engaging in credit-

building activities, such as actively using and making on-time payments on credit lines.  

 Many studies focus on only one program site and, therefore, cannot assess how 

differences in implementation affect outcomes (Collins 2009). Even when studies include 
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multiple program sites, none have focused on differences in implementation across 

organizations and how these differences influence participants’ outcomes. This 

dissertation will address the gaps in the literature on the effectiveness of community-

based organizations in helping low-income individuals build credit and on how program 

implementation influences outcomes. The next section reviews how implementation 

processes may influence the outcomes of policies targeted at building credit and wealth.   

Factors Influencing the Outcomes of Wealth-Building Policies 

To examine the processes that influence the outcomes of a public policy effort to 

help low-income individuals build wealth, this dissertation uses the logic of governance 

framework developed by scholars in the fields of political science and economics. Lynn, 

Heinrich, and Hill (2000) posit that policy outcomes are influenced by a dynamic 

sociopolitical process that includes policy mandates and oversight, resources, 

organizational and programmatic structures, and discretionary strategies chosen by 

administrative actors. The logic of governance framework allows for exploring both top-

down and bottom-up explanations of outcomes, such as formal devices of control to 

informal devices of discretion exercised by actors at various levels of organizational 

hierarchies from executives to front-line staff. 2 The framework calls for examining how 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
2 Researchers have used the logic of governance framework for understanding how 

implementation affects outcomes in a variety of settings. Studies have examined: 
§ How the selection of program participants, structuring of program administration and service 

delivery, and use of performance incentives influence the outcomes of Job Training Partnership 
Act programs (Heinrich and Lynn 2000); 

§ How the implementation of employment policy reforms is influenced by politicians, managers, 
and caseworkers’ own understanding of policy goals, professional knowledge, and policy 
predispositions (May and Winter 2009); 

§ How the outcomes of school reform efforts to increase student achievement are influenced by 
school and community resources, decisions made by school principals and teachers about program 
content and resource allocation, and the characteristics of students (Roderick, Jacob and Bryk 
2000); 
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environmental factors influence what organizations do and how these environmental 

factors and organizational actions influence policy outcomes. The framework is flexible 

and allows for testing theories about how various components influence outcomes in 

order to identify the elements that are critical in the specific context. Within the logic of 

governance framework, I take a sociological approach and examine whether the 

processes at work serve to facilitate individuals’ economic mobility or reproduce their 

economic status in society. This section reviews the theoretical literature and empirical 

studies of how program structure, worker discretion, environmental factors, and 

organizational factors may influence the outcomes of policies that seek to help low-

income individuals build credit and assets.  

Program Structure and Design 

The logic of governance framework posits that program structure and design and 

the scope and intensity of services can influence policy outcomes. Scholars who study 

institutional barriers to wealth accumulation argue that to be effective asset-building 

programs must provide access to opportunities, information through financial education, 

incentives to participate, facilitation to make participation easier, and expectations for 

savings or other asset-building goals. Studies of IDA programs provide some empirical 

evidence in support of this framework, but the evidence is limited. Expectations in IDA 

programs are set through savings targets, and research has found that higher targets are 

associated with higher savings. Incentives, in the form of higher match rates, are 
	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  

§ How the outcomes of welfare reform policy are influenced by state welfare policy design and 
goals and administrative strategies and actions (Jennings and Ewalt 2000) and by county-level 
service delivery structures and program content (Sandfort 2000); 

§ How engagement in smoking cessation programs is influenced by local health department 
structure, allocation of resources, environmental factors, such as the prevalence of smoke-free 
food establishments, and population characteristics (Spurlock 2005). 
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associated with a lower likelihood of unmatched withdrawals (Sherraden et al., 2003). 

Higher match rates for business ownership are associated with the greater likelihood that 

participants are business owners three years after entering the program (Mill et al.. 2008).   

One study of IDA programs found that the number of hours of financial education 

received had no effect on the targeted outcomes while another found that savings 

increased with additional hours but only up to a point, after which the findings were 

mixed. The authors suggest that the quality of the financial education instruction 

provided was likely important but had not been studied. Research also suggests that 

developing peer support among program participants is important to overcoming the 

belief that one cannot attain savings goals and to sustaining participants’ motivation to 

save over time. Studies of IDA programs also found that people needed supportive 

services and forms of financial counseling that some IDA programs were not able to 

address, including credit report reviews, credit repair counseling, budget reviews and the 

selection of asset goals (DeMarco et al.. 2008).  

Recently, researchers in the behavioral economics field have designed small-scale 

studies of financial counseling and asset-building programs to test theories about how 

programs can help individuals overcome the biases that negatively influence their 

financial decisions. Studies have found that take-up rates and use of bank accounts 

increased when: (1) accounts were offered during meetings that program participants 

were required to attend, (2) bank representatives were on site to sign people up for 

accounts, (3) the information about the accounts was delivered by former program 

participants who used real life examples of the benefits of opening an account, and (4) the 

programs offered incentives to open and use accounts, such as when a transitional jobs 
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program offered participants $25 if they enrolled in direct deposit of their paychecks 

(Wiedrich et al.. 2014; Bertrand et al.. 2006).  

Behavioral economics studies have also found that programs can improve 

outcomes by helping participants develop commitment to a plan and by using well-

designed reminders to take advantage of people’s desire to be consistent with what they 

committed to and to help them follow through with their stated intentions (Hernandez 

2011). One study found that an agency that provided financial education was able to 

increase participants’ use of bank accounts by helping them set goals and develop a 

written plan that they took with them between workshops and by providing printed 

account information and a map of the bank location (BETA Project Team 2013). 

Programs also seek to take advantage of teachable moments, when participants may be in 

a financial position that allows their attention to be diverted from just getting by to 

investing for longer-term benefits. One program that helped individuals with their tax 

returns sent letters reminding them about a financial class around the time that they 

received their tax refunds. A study of the effort found that the letter increased attendance 

at the class among people who had refunds under $500 (Hernandez 2011). On the other 

hand, a study of a program that offered free financial counseling to individuals starting a 

transitional jobs program found that only 37 percent of participants received the 

counseling. The authors speculated that people may have had other priorities or felt that 

counseling was not for them because they did not have enough money to need it 

(Wiedrich et al. 2014). 

A study of microenterprise organizations that offered clients financial counseling 

and a secured credit card to help them build their credit profiles and achieve their 
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business development goals found that clients who were in the pre-business stage were 

more likely to take up the cards. The authors concluded that this was a teachable moment 

because these individuals were motivated to change their behavior and improve their 

credit scores due to their business development needs. The study also found that people 

were more likely to take up the card when they were involved in a broader set of services 

at the agencies. The programs needed to provide counseling on good credit card use, help 

participants develop plans for making payments, and monitor the cards’ use in the first 

few months (Klein 2013).  

Researchers have also concluded that programs need to take into account 

participants’ financial situation when they enter the program and tailor counseling to 

meet their specific needs. For example, counselors might advise younger families and 

those with low credit scores to focus on increasing scores as a short-term goal rather than 

homeownership (Birkenmaier and Tyuse 2005). Organizations might consider the timing 

of financial education or counseling relative to crises or other life events and provide 

counseling appropriate to the situation (Collins and O’Rourke 2010). Finally, 

organizations should take into account cultural differences among program participants 

when delivering financial education and counseling (Zhan et al. 2006). 

Program Management and Worker Discretion 

Research conducted by public policy scholars suggests that policy outcomes are 

greatly affected by the skills, experience and predispositions of the staff members at the 

organizations providing services to clients. Workers’ actions are influenced by signals 

from administrative superiors about the importance of a policy, by the level of discretion 

they are afforded by their organizations and supervisors in providing services, by their 
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knowledge and attitudes toward work tasks and clients, and by their workloads and client 

mix (May and Winter 2009; Brodkin 2000). The potential for drift away from policy 

intentions is particularly high when there is ambiguity in the mandate, allowing managers 

to fulfill their own purposes in making implementation decisions, and when governance 

regimes allow for substantial discretion at the front-line levels where the work of service 

delivery is performed. Front-line workers and their supervisors have substantial influence 

on policy outcomes through the interpretation of rules and judgments in individual cases 

(Lynn, Heinrich, and Hill 2000).  

Research on how managers and front-line staff influence the outcomes of 

financial education and counseling or other asset-building policies is limited. One study 

of service providers in asset-building programs in Washington state found that providers’ 

financial knowledge was similar to or somewhat lower than that of the general population 

in the areas of credit, saving, investments, mortgages, and other financial matters (Loke 

2011). The authors cited the need for training to improve providers’ financial knowledge 

and their ability to increase the financial capability of their clients. Likewise, the study of 

microenterprise programs that sought to engage their clients in credit-building activities 

to improve credit scores found that the financial coaches needed to be trained in reading 

credit reports, identifying who could benefit from the secured credit card, and explaining 

how to use credit cards to maximize score improvement. The study also found that 

organizational leaders had to promote credit building as part of the agency’s mission and 

set expectations and rewards for coaches to use the card. Effective coaches believed in 

credit building and saw the card as an effective tool for generating strong client 

outcomes. They were good sales people and were motivated by achieving a high take-up 
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rate of the card (Klein et al. 2013). Another study of credit counseling agencies found 

that clients were anxious about their debts and financial prospects. They felt embarrassed 

and feared being stigmatized as irresponsible. The counselors needed to develop trusting 

relationships with the clients, treat them with respect, and provide compassion and 

encouragement to help them improve their situation (Wang 2010). 

Organizational Structure 

 The logic of governance framework suggests that several aspects of 

organizational structure may influence policy outcomes, including organization type, 

mission, budgetary allocations, contractual arrangements, and institutional culture (Lynn, 

Heinrich and Hill 2000). A study of welfare-to-work programs found that the different 

organizational logics of nonprofit and for-profit organizations produced different 

responses to contractual demands and different employment outcomes for clients (Dias 

and Elesh 2012). Organizations with varying missions and programmatic focuses have 

taken the lead in implementing asset-building policies, including social service agencies, 

welfare agencies, and employment and training organizations (Sherraden et al. 2003). 

Some efforts involve the collaboration of multiple agencies, including partnerships with 

financial institutions. A study of Individual Development Account (IDA) savings 

programs concluded that successful partnerships occurred when IDAs were consistent 

with the mission of the organizations and complemented the other services offered 

(DeMarco, Mills and Ciurea 2008). Certain types of entities, such as community 

development financial institutions and homeownership groups, were better able to 

provide financial counseling services directly while other types of agencies had to 

outsource these services. The study also found that projects run by government as 
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opposed to nongovernmental agencies tended to be general in focus and did not offer 

targeted supportive services, which, the authors argue, contributed to lower business 

ownership rates among participants in these programs.   

 Studies of financial education and counseling programs have not examined how 

organizational factors influence program outcomes. Researchers have suggested that 

financial education and training should be incorporated into the services that social 

service agencies and colleges provide in order to take advantage of their existing 

infrastructure and extend the reach of asset-building strategies (Anderson et al. 2007). 

However, there have been no rigorous studies of whether such organizations can 

effectively engage people in financial counseling or education and produce positive 

outcomes. 

Environmental Factors 

The logic of governance framework posits that environmental factors, such as 

authority and monitoring by external entities, funding constraints, market structure, local 

institutions and economic conditions, and the characteristics of the targeted population, 

can influence organizations’ implementation of a policy and, in turn, policy outcomes 

(Lynn, Heinrich and Hill 2000). Organizations implementing asset-building policies vary 

in their sources of funding, including public money targeted to a variety of services, such 

as employment, housing and supportive services; philanthropic funding; contributions 

from individuals; and fee for services. Studies of financial counseling and asset-building 

programs have not examined the effect of the type of funding source or contractual 

obligations on organizations’ ability to help participants increase savings, reduce debts, 

or achieve longer-term outcomes. However, studies of efforts that seek to increase the 
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employment and income of low-income individuals have found that the structure of 

contracts influences policy outcomes. Studies of the Job Training Partnership Act (JTPA) 

and Workforce Investment Act (WIA) have found that performance standard systems 

have unintended consequences. Performance incentives based on job placement rates 

encourage organizations to screen for participants with higher education levels who are 

easier to place and to provide only short-term services. Performance standards can be 

structured to encourage the targeting of hard-to-serve clients and the provision of more 

intensive services to increase job placement and retention (Heinrich and Lynn 2000). 

However, a recent study found that the WIA performance bonus system encouraged 

program administrators to limit access to program services and to engage in other 

strategies to increase measured performance rather than the programs’ impact on 

participants (Heinrich 2007). 

Theory about the structural causes of wealth inequality suggests that the types of 

financial institutions present in a community and the types of services they offer 

influence individuals’ use of financial services and their ability to build assets (Barr and 

Blank 2009). Therefore, organizations’ ability to help residents build assets will likely be 

influenced by the institutions present in the community. Overall economic conditions, 

including unemployment rates and poverty rates, may influence policy outcomes as well. 

A study of IDA programs found that higher poverty rates were associated with a greater 

likelihood of business ownership among participants three years after starting the 

program (Mills et al. 2008). The authors speculate that individuals in high poverty areas 

may turn to entrepreneurship when faced with a lack of employment opportunities.  

Unemployment rates have been found to be positively associated with the earnings of 
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JTPA program participants, which the authors speculate reflects the fact that more 

qualified workers seek assistance from employment programs when unemployment rates 

are high and these workers are able to attain better-paying jobs (Heinrich and Lynn 

2000). When financial education and counseling are integrated into employment 

programs, local unemployment rates may influence the earnings potential of the workers 

the programs serve, which in turn may influence their outcomes related to financial 

services usage and wealth. 

Overview of the Dissertation 
 
 The primary research question this dissertation addresses is whether community-

based organizations can help low-income job seekers improve their use of credit and 

credit scores by integrating financial education and counseling into employment services. 

To answer this question, I utilize a comparison group design that matches program 

participants to a similar group of job seekers, using propensity score matching. I use 

multivariate regression analysis to assess whether differences in outcomes between the 

participant and comparison groups are statistically significant. I then use regression 

analysis to examine differences in program impacts across the organizations 

implementing the program to learn whether some organizations were more effective than 

others in helping participants achieve the targeted outcomes. I also conduct quantitative 

analyses of the credit profiles of the low-income job seekers in the study and how 

outcomes and program impacts differ across demographic subgroups. Finally, I conduct a 

qualitative analysis of the program’s implementation across organizations to answer the 

question of how environmental, organizational, and programmatic factors influenced 

implementation and outcomes.  
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 In Chapter 2, I describe the research context, including an overview of the 

program model and the organizations implementing it, the research questions, study 

methodology, data sources and measures, and the characteristics of the study sample. In 

Chapter 3, I present the findings regarding the impact of the program on participants’ 

credit scores and credit usage and differences in the outcomes and program impacts for 

subgroups of participants. In Chapter 4, I present the characteristics of the five 

organizations in the study and the participants they serve as well as differences in 

participants’ engagement in financial counseling across the five organizations. I then 

examine whether program impacts on participants’ credit outcomes differed across the 

organizations. In Chapter 5, I apply the theoretical and empirical literature of how 

programmatic, organizational, and environmental factors influence program 

implementation and outcomes and assess how these factors facilitated or hindered 

organizations’ ability to engage individuals in the intended services and achieve the 

targeted credit-related outcomes. In Chapter 6, I summarize the findings and discuss the 

study’s implications for policy and programming, its contributions to the theory of asset-

building policy, and theory about the barriers low-income families face to building assets. 

I also discuss the study’s contributions to sociological theory about the wealth 

accumulation process and consider next steps for research. 

  



	
   45 

CHAPTER 2 
DATA AND METHODS 

 
Overview 

Scholars studying wealth inequality have suggested a need for social policies that 

promote asset accumulation among low-income families. One set of policy 

recommendations focuses on how the government, financial institutions, and employers 

can increase access to financial products and encourage asset accumulation among low-

income families. Another set of policy recommendations focuses on changing low-

income individuals’ knowledge and behavior through efforts to increase financial literacy 

and use of mainstream financial services. In this dissertation, I focus on the latter by 

examining what role community-based organizations can play in improving the financial 

well-being of low-income families.  

Specifically, I examine the implementation and outcomes of a program model that 

combines financial education and counseling with employment and training services to 

help low-income families build wealth. I assess the program’s effectiveness in helping 

low-income individuals improve their use of mainstream forms of credit and their credit 

scores—initial steps that are expected to facilitate wealth accumulation in the future. I 

examine differences in the credit profiles and outcomes of subgroups of the low-income 

population and whether certain subgroups benefit more than others from the services, 

particularly whether there are differences between Black and Latino participants. I also 

examine whether implementation and outcomes varied across the five organizations 

implementing the program model and assess what factors facilitated or hindered 
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organizations’ ability to engage low-income individuals in the services and achieve the 

targeted outcomes.  

 To achieve these goals, I use a mixed method design that combines a quasi-

experimental, longitudinal, multi-site study of the effects of the program on low-income 

individuals’ outcomes with an analysis of program implementation across organizations. 

By comparing change over time in credit usage and credit scores for the program 

participants to that of a group of similar individuals who do not receive the program 

services, I assess not only whether participants’ outcomes improve over time but also 

whether any observed changes can be attributed to the program intervention. By 

combining a quasi-experimental, multisite study of program impacts with an analysis of 

how program implementation varies across sites, this dissertation contributes to the study 

of asset-building policy in several important ways. First, the study addresses issues of 

selection bias that have plagued past studies that did not include a control or comparison 

group to assess program effectiveness. Second, the study focuses on a broader segment of 

the low-income population than past studies have done, including individuals who are not 

seeking to purchase a home or repair credit and who may have little or no credit history 

or potential for saving. Finally, this dissertation takes a sociological approach in 

examining not only whether a policy intervention designed to help low-income families 

build wealth is effective but also what factors influence its effectiveness. Specifically, I 

examine the social context in which wealth building is expected to occur and assess how 

organizational and programmatic factors as well as client and community characteristics 

influence policy outcomes. Past studies of interventions to help individuals build credit 

have not examined how changes in credit use and credit outcomes differed for subgroups 
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of the low-income population. They have also not examined how program 

implementation processes either promote wealth mobility or contribute to the 

reproduction of social inequalities. In this chapter, I describe the study context, including 

the program model, the research questions, methods, data sources, and measures. 

Context 

To add to the knowledge of whether and how community-based organizations can 

help low-income individuals build wealth, I examine data from a study of the 

implementation and outcomes of the Promoting Financial Mobility (PFM)3 program at 

five community-based organizations in Chicago. The PFM program seeks to increase 

families’ financial stability by providing a combination of financial education and 

counseling, employment assistance, and help accessing public benefits to supplement 

income from work. Individuals in the study came to the organizations for assistance with 

finding employment, and the programs sought to engage them not only in employment 

services but also in financial counseling and benefits screening. Employment services 

included workshops on how to search for a job and be successful on the job, assistance 

identifying job openings, and help accessing basic education, computer skills training, 

and occupational skills training. Financial services primarily took the form of 

individualized financial coaching focused on budgeting, saving, and credit building as 

well as solving specific problems, such as high debt or credit report errors. The program 

also provided individuals assistance identifying and accessing the public benefits for 

which they were eligible by helping them navigate eligibility and enrollment processes. 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
3 All program and organization names that appear in this dissertation are pseudonyms. 
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 The PFM program seeks to help individuals achieve a range of goals, including 

becoming consistently employed, improving their credit scores, and increasing their net 

income and net worth, in order to improve their ability to weather financial hardships and 

achieve their financial goals. The program’s theory of change stipulates that each service 

works best when delivered in tandem with the others. The model calls for helping 

participants achieve positive net income by removing barriers to employment, obtaining 

public benefits, and reducing expenses. The program seeks to engage participants in 

credit-building activities, such as making regular payments on existing or newly obtained 

loans or credit cards. This strategy differs from the credit-repair approach that credit 

counseling agencies take, which focuses on reducing debt and paying off accounts in 

collections. The expectation is that a focus on credit-building will help participants 

improve their credit scores more quickly, which in turn will help them further reduce 

expenses and build wealth. The program model also posits that community-based 

organizations are better able than other agencies to provide an individualized level of 

assistance in a trusted, familiar, and accessible environment—factors that can be 

important in reaching underserved populations that are alienated from mainstream 

financial and labor markets. 

 The PFM initiative was managed by the Financial Services Network (FSN), a 

nonprofit intermediary organization with which the federal government and private 

foundations had contracted to provide financial support and technical assistance to the 

community-based organizations operating the program. FSN arranged for training for the 

organizations’ financial counselors and identified opportunities that the counselors could 

present to their clients, including a credit-building loan program to help participants build 
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savings as well as their credit scores. In 2010, FSN received a federal grant to expand and 

evaluate the PFM model as part of an initiative to support innovative community-based 

solutions to improving the lives of people in low-income communities. FSN contracted 

with the nonprofit research organization for which I work to conduct the study, and I was 

the study’s principal investigator. An Institutional Review Board, registered with the 

Office for Human Research Protections, with which my organization worked reviewed 

and approved the study. This dissertation relies on data collected as part of that study. 

 The five organizations in the study were selected from the programs operating in 

Chicago at the time because: 1) they integrated the PFM services into employment 

programs, the model the study sought to evaluate; 2) they served a diverse group of low-

income job seekers; and 3) they represented a mix of agency types and differed in the 

services they offered beyond the core PFM counseling services. The five organizations 

served low-income Black and Hispanic neighborhoods in Chicago. Beyond having low 

incomes, there was substantial diversity in the population served within and across the 

organizations in terms of recent employment experience, education level, family status, 

credit history, assets, and debts. The organizations had the same mandate to implement 

employment and financial counseling services in order to improve the income, wealth, 

and financial stability of the families they served. Yet, they differed in many ways that 

could affect program implementation, including their traditional programmatic focus, 

size, leadership, staffing, service offerings, and the characteristics of the communities 

they served. Two were multi-service agencies that had served their communities for more 

than a century while three were workforce development agencies that had started up in 

the last 35 years. One was housed in and partners with a community college. The 
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organizations differed in the employment services they offered beyond assistance with 

identifying job opportunities, such as basic education, occupational training, and 

subsidized employment opportunities. One site provided extensive in-house supportive 

services. While FSN mandated certain financial counseling services, the financial 

counselors differed in terms of their past experience and their approach to their role. I 

provide more details about the organizational, environmental, and programmatic 

differences across the five sites in chapters 4 and 5. 

 The PFM program is an important model in the asset-building field. The model 

seeks to address a number of factors identified in the literature reviewed in Chapter 1 as 

barriers to wealth accumulation among low-income families of color, including low 

financial literacy, behavioral and psychological barriers to financial services usage, and 

institutional barriers that prevent low-income individuals from accessing these services. 

The model is being implemented in a variety of settings across the country with the 

support of private foundations, corporations, and public funds. By combining financial 

counseling with employment services, the model has the potential to broaden the reach of 

asset-based policy to individuals who lack a steady source of income or who have 

accumulated significant debt. Examining the PFM model in Chicago has a number of 

benefits. Families in Chicago communities face many of the barriers to accessing 

financial services and accumulating wealth found in the literature. A study of 

communities in Illinois found that people living in communities of color were more likely 

to have non-prime credit scores than those living in White communities. In addition, 

large metropolitan areas in Illinois, including Chicago, had a higher percentage of zip 
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codes with high levels of people with low credit scores than small metropolitan areas in 

Illinois had (Smith and Duda 2010). 

Research Questions 

 Building assets and increasing net worth is a process that may take several years, 

particularly among low-income families who are starting in a position of negative net 

income and net worth. In this dissertation, I assess community-based organizations’ 

ability to help individuals achieve the shorter-term goals of improving their credit usage 

and credit scores, which are expected to improve individuals’ ability to build income and 

assets. Following are the research questions guiding this study. I describe the methods, 

data sources, and measures used to answer each question in the sections that follow. 

1.  Can community-based organizations help low-income individuals improve their 

 use of credit and credit scores by providing financial counseling and education in 

 conjunction with employment and training services?   

2.  How do the credit profiles of subgroups of the low-income individuals served 

 differ and are some groups more likely than others to make progress in building 

 positive credit profiles during the two years after entering the programs? In 

 particular, are there differences between Black and Hispanic participants and by 

 participants’ gender, age, education level, recent employment experience, 

 criminal record status, family structure, credit history, and financial situation. 

3. Are the community organizations better able to help some subgroups than others?  

4. How do outcomes differ across the five community organizations, both in terms 

of their ability to engage individuals in the services and help them improve their 

credit use and credit scores? 
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5. How do organizational, environmental, and programmatic factors influence the 

organizations’ ability to engage individuals in the services and achieve the 

expected credit-related outcomes? What factors facilitate or hinder achievement 

of these goals? 

6. What are the implications of the findings for public policy and sociological 

research and theory on the wealth accumulation process? 

Methods 

 To assess the impact of the PFM program on participants’ credit usage and scores, 

the study uses a between-group design and a matching process to form the groups. I 

compare the PFM participants’ outcomes to those of a similar group of low-income 

adults who sought assistance with employment and training from the City of Chicago’s 

workforce centers. The design addresses a primary concern with using quasi-

experimental methods to evaluate voluntary programs, that is, the potential selection bias 

that results from differences in motivation between program participants and 

nonparticipants. The study focuses on individuals who were seeking assistance with 

employment and training from the PFM programs—the same motivation as the 

comparison group members who were seeking assistance from the workforce centers. 

The benefits to this approach are that the comparison group members were likely to be in 

a similar employment situation as the PFM participants and were similarly motivated to 

find employment.   

Despite the advantages of this approach, the PFM program and comparison 

groups were unlikely to be identical at the time of study enrollment. Therefore, I used a 

propensity score matching approach to select the final sample—matching comparison 
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group members to PFM participants at the individual level based on their probability of 

being in the PFM program given their demographic characteristics, recent employment 

experience, and financial situation. Only PFM participants and comparison group 

members who were sufficiently close matches are included in the final sample. Scholars 

have found that, while propensity score matching is not appropriate in all situations, it 

performs well in replicating experimental results when three criteria are met: 1) the data 

for the intervention and comparison groups are collected using the same data source; 2) 

the participants and nonparticipants reside in the same local labor market; and 3) the data 

contain variables relevant to modeling the program participation decision (Smith and 

Todd 2005). This study meets these criteria. I provide details about the process I used to 

construct the comparison group in appendix A. At the end of this chapter, I describe the 

characteristics of the treatment and comparison groups before and after matching. 

Study Sample Recruitment 

 The sample of PFM participants included individuals who sought assistance with 

employment and training from the five PFM programs and who consented to take part in 

the study. All PFM study participants attended a program orientation during which PFM 

staff members explained the study. Staff members then collected consent forms and 

contact information from those who agreed to be part of the study so that they could be 

called to complete the baseline survey. The consent form also authorized the researchers 

to pull individuals’ credit reports from TransUnion at the time of program entry and two 

years later. Because the purpose of the credit inquiries were to evaluate program 

outcomes, the credit agency considered them “soft” inquiries that would not adversely 

affect study participants’ credit rating. To be eligible for the study, individuals had to be 
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at least 18 years old. The study sample only included individuals who were seeking 

assistance with employment and training. The PFM programs also served people who 

were primarily seeking financial or public benefits assistance, and these individuals were 

not part of the study. Individuals who agreed to participate in the study and who took part 

in the baseline survey were given a $30 money order. Enrollment of the PFM participant 

sample took place from October 2011 through August 2012.  

 The comparison group sample consisted of low-income adults who sought 

employment and training assistance from the city’s five workforce centers. Research 

team members presented the study to individuals attending orientations about the 

workforce centers’ services. Basic eligibility criteria were established in order to increase 

the likelihood of recruiting individuals who would be similar to those in the PFM 

participant sample. To be eligible for the study, individuals seeking assistance at the 

workforce centers had: 

1. To be at least 18 years old,  

2. To have earned annual income over the past year within 200 percent of the 

federal poverty guidelines for their family size, and  

3. To be seeking assistance with employment and/or job training in order to find a 

job. Individuals who were only filing for unemployment insurance or other 

benefits and were not seeking employment or job training assistance in order to 

find a job were not eligible for the study.  

Research team members collected consent forms and contact information from those who 

were eligible and agreed to be part of the study so that individuals could be called to 

complete the baseline survey. As with the PFM group, individuals recruited for the 
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comparison group who agreed to participate in the study and who took part in the 

baseline survey were given a $30 money order. Enrollment of the comparison group 

sample took place from October through December 2011.  

 Between October 2011 and August 2012, a survey firm conducted telephone 

surveys with 829 PFM participants and 1,071 comparison group members at the time 

they initially sought assistance from their respective programs. Research team members 

pulled credit reports for study participants who completed the survey at the time of 

program entry and again two years later. Individuals were removed from the sample if a 

match could not be found in the credit bureau database at one or both points in time or if 

the system indicated that the person was deceased. The final sample of participants with 

both baseline survey data and baseline and two-year post-enrollment credit report data 

included 784 PFM participants and 956 comparison group members. The final sample for 

the analysis of program impacts included 695 PFM participants and 927 comparison 

group members who were matched using the propensity score matching method 

described in appendix A. 

As noted, members of the comparison group attended an orientation at the 

workforce centers to learn about the employment services available to them. At the time 

of study enrollment, the services offered at the workforce centers included seminars on 

resume writing, conducting a job search, and interviewing skills; access to computerized 

listings of job openings; and free use of copiers, fax machines, telephones, and internet 

services for purposes of searching and applying for jobs. The centers also provided 

information and referrals for basic education classes, such as GED preparation and 

English as a second language classes. Job seekers could also complete assessments of 
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their reading and math skills and meet with a case manager to determine their eligibility 

for more intensive services, including individualized career counseling and occupational 

training. However, during the study period, city officials indicated that the city was at 

capacity in terms of its intensive services slots and, therefore, did not expect that 

individuals who newly registered at the workforce centers during the study enrollment 

period would receive intensive employment and training services through the centers. 

While many of the employment services the workforce centers offered were similar to 

those that the PFM programs offered, the city’s workforce centers did not offer financial 

education or counseling. Therefore, the research question the study addressed was 

whether offering integrated employment and financial services produced better outcomes 

for low-income job seekers than offering employment services alone. In chapter 3, I 

discuss the study’s overall findings regarding the employment outcomes of PFM 

participants and comparison group members and their receipt of financial services as 

context for understanding the differences in their credit outcomes.  

Limitations 

 One weakness of the study design is the potential for cross-contamination, 

particularly given that the individuals seeking assistance from the PFM organizations and 

workforce centers came from many of the same communities in Chicago. The maps 

below depict the residential location of the PFM participants and comparison group 

members at the time they sought assistance from their respective programs. The blue dots 

indicate the location of the PFM organizations (one PFM organization had two locations) 

and workforce centers. The largest concentrations of participants in both groups lived on 
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the West, South, and Southwest sides of Chicago. The main differences were the cluster 

of comparison group members who lived on the Far North side near one of the city’s 

workforce centers and the cluster of PFM participants in the upper West Side around one 

of the PFM organizations. 

 Cross-contamination may occur between PFM participants and comparison group 

members and between PFM participants in different programs. Study participants may 

have learned about other programs from individuals in their neighborhoods, churches, or  

children’s schools or through other community organizations. Individuals may have 

sought assistance from multiple agencies if they did not receive the services they were 

seeking from the agency they attended when they enrolled in the study or if they did not  

find a job after receiving the services. Individuals may have also sought assistance from 

another agency if they moved to another community. Data from a follow-up survey of a 

subsample of study participants indicate that a third of participants in both the PFM and 

comparison groups moved during the two years after study enrollment.4 However, the 

survey data suggest that few comparison group members received services from a PFM 

agency and few PFM participants received services from more than one PFM program. 

Study participants were asked a series of questions about the employment and financial 

counseling services they had received during the previous two years, including where 

they received these services. Only 2.6 percent of comparison group members indicated 

that they had received assistance with employment from one of the organizations that 

operated a PFM program and 1.4 percent had received financial counseling from a PFM 

agency (less than one percent received both). Among the PFM participants, 1.6 percent 
	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
4 The two-year follow-up survey was completed with 553 PFM participants and 653 comparison group 
members. 
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said they had received employment services from a PFM organization other than the 

original agency at which they enrolled, and less than one percent had received financial 

counseling services from another PFM agency.  

 Even if individuals did not receive services from another agency, cross-

contamination could have occurred in less formal ways. Study participants could have 

obtained information from family members, friends, neighbors, or other acquaintances 

who received employment assistance and financial counseling from a PFM agency. 

Program effects may be underestimated if comparison group members learned from PFM 

program participants. Program effects for a particular program may be overestimated if 

PFM participants in less effective programs learned from PFM participants in more 

comprehensive and effective programs. The survey did not include questions about 

whether study participants received financial information or advice from family 

members, friends, or acquaintances who participated in a PFM program that may have 

influenced their outcomes. Therefore, I am unable to assess the extent to which these 

informal means of cross-contamination occurred. 

Data and Analysis 

 In this section, I describe the data and analyses I use to address the research 

questions. In chapter 3, I conduct a quantitative analysis of the effects of the PFM 

program on individuals’ use of credit and credit scores and examine how program 

impacts varied across subgroups of participants. In chapter 4, I examine quantitative 

differences in program impacts among the five organizations in the study. In chapter 5, I 

conduct a qualitative analysis of the environmental, organizational, and programmatic 

factors that influenced program implementation and outcomes. 
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Analysis of Program Impacts 

 The data for the analysis of program impacts come from two sources: credit 

reports and a survey of study participants.  

Dependent Variables: Credit Scores and Credit Usage 

 The variables regarding individuals’ credit scores and use of credit come from 

credit reports from TransUnion, one of the three major credit bureaus. As noted earlier, 

research team members pulled the reports for PFM participants and comparison group 

members at two points in time: once when individuals initially sought assistance from 

their respective programs and a second time two years later.5 The reports include 

participants’ FICO credit scores, a universal scoring system that uses data from all three 

major credit bureaus and that plays a critical role in individuals’ access to financial 

services and products. Three-quarters of all mortgage originations use FICO scores 

(Smith and Duda 2010). Credit scores are a function of payment history on trade accounts 

(e.g., loans and credit cards), debt to credit ratio, length of credit history, types of 

extended credit, and variables related to recent transactions. Scores typically range 

between 350 and 850. Subprime scores signify high risk and can result in negative 

outcomes, such as not qualifying for loans, paying higher interest rates on loans, paying 

deposits on utilities, or being denied employment. While different lenders use different 

thresholds for subprime scores, a score below 620 was generally considered subprime at 

the time the study took place. Credit reports also indicate if an individual is unscored due 

to insufficient credit history. To have a score, individuals generally must have at least one 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
5 There is a 4 to 6 week delay between when credit-related activity takes place and when it appears on a 
credit report. Therefore, the baseline reports were pulled 4 to 6 weeks after participants enrolled so that the 
reports capture any activity that may have taken place just prior to enrollment that may have influenced the 
participants’ decision to seek assistance. 
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trade account that has been open for six months or more and have activity on an account 

in the past six months. 

 In addition to the credit scores, credit reports include information about 

individuals’ use of credit-based products. Three types of trade accounts appear on a credit 

report: 1. Installment accounts, such as mortgages, automobile loans, and student loans, 

which have fixed terms and require regular payments; 2. Revolving accounts, such as 

credit cards and home equity lines of credit, which have open terms and minimum 

payments that vary with the balance; and 3. Open accounts, such as accounts with utility 

companies, which have no credit limit and must be paid in full at the end of each month. 

For each account, the reports include the credit limit, balance, late payments, amount past 

due, date opened, payment history over the previous two years, and date closed, if 

applicable. The reports indicate whether accounts have a negative rating because the most 

recent payment was made late or the account was in collections or charged off to bad 

debt. Credit reports also include information about accounts referred to collections, 

derogatory public record information, such as bankruptcies, tax liens, and civil judgments 

during the previous 7 to 10 years, and a history of creditors’ inquiries into the consumer’s 

credit resulting from individuals’ applications for credit during the previous two years.  

 The primary credit-related goals of the PFM program were to help participants 

who were unscored at program entry to become scored and to help those who had credit 

scores to improve their scores. As noted earlier, the PFM model calls for a credit-building 

approach to helping individuals improve their credit scores. Therefore, the program’s 

interim goals are to help participants establish linkages to mainstream financial 

institutions and forms of credit and to show positive activity on their credit reports in the 
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form of regular payments on open accounts. Opening trade accounts and making 

payments are expected to help the unscored become scored. For those who have trade 

accounts and scores when they come to the program, making regular on-time payments 

on their accounts is expected to help them build their credit profiles and decrease the 

number of accounts on their reports with negative ratings, which are expected to have a 

positive effect on credit scores over time. In chapter 3, I describe study participants’ 

credit profiles and examine changes in credit usage and scores two years after individuals 

sought assistance from their respective programs. Given the PFM program’s goals and 

the diversity of participants’ credit situations, to assess program impacts I examine four 

primary outcomes: having a credit score, having a prime credit score, experiencing an 

increase in the number of trade accounts with positive ratings, and the number of trade 

accounts with positive ratings. The dependent variables are defined as follows. 

§ Had a credit score (a binary variable that equals one if an individual had a credit 

score and zero if an individual was unscored) 

§ Had a prime credit score (a binary variable that equals one if an individual had a 

prime credit score (620 or greater) and zero if an individual had a subprime credit 

score or no credit score) 

§ Had an increase in the number of positive trade accounts (a binary variable that 

equals one if an individual had an increase in the number of trade accounts with 

positive ratings from the time of program entry to two years later and zero if an 

individual had a decrease in the number or the same number of positive accounts) 

§ Number of positive trade accounts (a count of the number of trade accounts with 

positive ratings on individuals’ credit reports) 
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Based on the program goals, the hypotheses are that two years after program entry, 

relative to the comparison group members, PFM participants will: 

§ Be more likely to have a credit score. 

§ Be more likely to have a prime credit score. 

§ Be more likely to have an increase in the number of trade accounts with positive 

ratings.  

§ Have a greater average number of trade accounts with positive ratings 

Independent Variables: Study Participants’ Background Characteristics 

 The independent variables on study participants’ demographic and other 

background characteristics primarily come from a telephone survey of both PFM 

participants and comparison group members conducted at the time that they initially 

sought assistance from their respective agencies. The survey included questions on 

individuals’ level of education, recent employment history, family income, expenses, 

assets, liabilities, and receipt of public assistance as well as demographic data such as 

age, race/ethnicity, gender, criminal record status, housing status, family composition, 

marital status, and number and ages of children. The independent variables on 

participants’ credit status and total trade account debt come from their credit reports 

pulled at the time of program entry.  

 I include the following independent variables as controls in the regression models 

analyzing the effect of being a PFM participant. I also include interaction terms for these 

variables to test program effects for subgroups of participants selected due to either their 

policy or theoretical relevance. 



	
   64 

§ Age (a binary variable equal to one if the person was a young adult age 18 to 24; 

the omitted category was individuals ages 25 to 77) 

§ Gender (a binary variable equal to one if the person was male; the omitted 

category was female) 

§ Race/ethnicity (a binary variable equal to one if the participant was Black; the 

omitted category was non-Black) 

§ U.S. citizen (a binary variable equal to one if the participant was a U.S. citizen; 

the omitted category was not a U.S. citizen) 

§ Highest degree (a binary variable equal to one if the person’s highest degree was a 

GED, a binary variable equal to one if the highest degree was a high school 

diploma, and a binary variable equal to one if the highest degree was a college 

degree; the omitted category was no diploma or degree) 

§ Criminal record (a binary variable equal to one if the person had ever been 

convicted of a crime, including misdemeanors and felonies; the omitted category 

was never convicted of a crime) 

§ Net income greater than zero (a binary variable equal to one if the person had net 

income—total income minus total expenses—greater than zero; the omitted 

category was had zero or negative net income) 

§ Credit score status (a binary variable equal to one if the person had a credit score 

and thick credit file, that is, one with three or more open trade accounts and a 

binary variable equal to one if the person had a credit score but a thin credit file, 

(one with two or fewer open accounts); the omitted category was no credit score) 
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The models also include the following independent variables as controls. These are the 

same variables included in the regression model used to conduct the propensity score 

matching described in appendix A. I used logged values in the models for earnings, 

income, expenses, assets, and debts, which were highly positively skewed. For these 

variables, I recoded the zero values to one, which was not an actual value in any of the 

measures, prior to taking the log in order to retain the cases in the analysis.  

§ Marital status (a binary variable equal to one if the person was currently married 

or living with a partner in a marriage-like relationship and a binary variable equal 

to one if the person was formerly married including separated, divorced, or 

widowed; the omitted category was never married) 

§ Children (a binary variable equal to one if the person had children under age 18) 

§ Family size (a continuous variable for the number of family members living in the 

participants’ household, including the participant, other adults, and children) 

§ Disabled (a binary variable equal to one if the person had a health condition that 

limited their ability to work) 

§ Housing status (a binary variable equal to one if the person owned his or her 

home, a binary variable equal to one if the person rented his or her home, and a 

binary variable equal to one if the individual was homeless; the omitted category 

was lived rent-free) 

§ Receiving SNAP (a binary variable equal to one if the person received SNAP in 

the month prior to program entry)  

§ Recent employment (a binary variable equal to one if the person worked at any 

time during the year prior to program entry) 
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§ Bankruptcy (a binary variable equal to one if the person had filed for bankruptcy 

in the past year or was in the process of doing so) 

§ Collections (a binary variable equal to one if the person said collection agencies 

were calling him/her about unsettled claims) 

§ Earnings from work during the past two years (logged, includes the sum of 

amounts earned from each job held based on questions about wages, hours 

worked, and dates of employment) 

§ Total family income in the month prior to program entry (logged, includes sum of 

amounts reported for SNAP, earnings from work, cash from friends or family, 

unemployment insurance, cash assistance-TANF/GA, interest on savings or 

checking accounts, child support, Social Security, and SSI) 

§ Total family expenses in the month prior to program entry (logged, includes sum 

of amounts reported for food, phone, mortgage/rent, utilities, vehicles, gas, car 

insurance, repair and maintenance, public transit, eating out, medical bills and 

copays, health insurance premiums, credit or store card payments, and fees for 

cashing checks or money orders or for bank transactions) 

§ Total value of assets at the time of program entry (logged, includes sum of 

amounts reported for vehicles, home, savings or checking accounts, cash not in a 

bank account, retirement accounts, and other financial assets) 

§ Had any assets with value greater than zero (a binary variable equal to one if the 

person reported any assets with a value greater than zero)6 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
6 I expected that individuals who reported any assets would be in a better position to benefit from the 
program than those who reported no assets, regardless of the value of their assets. This variable was highly 
correlated with the logged value of total assets. I tested the sensitivity of the results to whether or not this 
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§ Total value of debts at the time of program entry (logged, includes sum of 

amounts reported for mortgages, vehicle loans, student loans, late rent and utility 

payments, child support arrears, taxes owed, medical debt, credit card debt, legal 

debt, family loans, pay day loans, business loans, and other loans) 

§ Total trade account debt reported on credit report (logged, includes the sum of all 

balances remaining on trade accounts reported on individuals’ credit reports) 

§ Number of derogatory public records (count of the number of bankruptcies, tax 

liens, and civil judgments reported on individuals’ credit reports) 

§ Number of trade accounts with balances (count of the number of trade accounts 

with positive balances reported on individuals’ credit reports) 

§ Number of inquiries (count of the number of creditors that had inquired about 

individuals’ credit profiles during the previous two years as reported on 

individuals’ credit reports) 

§ Late payments on trade accounts in the past year (a binary variable equal to one if 

the individual made any late payments on trade accounts in the past year as 

reported on the credit report and equal to zero if the individual made no late 

payments on trade accounts in the past year, including those who had no trade 

accounts) 

§ Number of trade accounts with no late payments (count of the number of trade 

accounts on individuals’ credit reports that never had a late payment) 

 

 
	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
variable was included in the models and found no differences in the results between models that included 
the variable and models that did not.  
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Analysis 

 In chapter 3, to assess program impacts on PFM participants’ credit usage and 

scores, I use multivariate regression analysis including both PFM participants and 

comparison group members in the models. As noted above, the outcome variables include 

three dichotomous variables and one count variable. For the dichotomous outcome 

variables, I use logistic regression analysis to estimate program effects. For the count 

outcome variable, I use a zero-inflated negative binomial regression model. The fourth 

outcome is a count variable that is not normally distributed; it is positively skewed and 

has a high percentage of zero values. Therefore, to estimate the program’s impact on the 

number of trade accounts with positive ratings, I used a zero-inflated negative binomial 

regression model. Such a model is more appropriate than a Poisson model for a count 

variable that is over-dispersed, that is, the variance exceeds the mean. The zero-inflated 

model is also more appropriate than an ordinary negative binomial regression model 

because there are excessive zeros that theory would suggest are generated by a separate 

process from the count values. In this case, some zeros are due to individuals who had 

trade accounts on their credit reports but did not have any with positive ratings, while 

others are due to individuals who did not have any trade accounts at all. Diagnostic 

testing confirmed that the over-dispersion was significantly greater than zero. Because 

the data are weighted, a Vuong test comparing the zero-inflated to the ordinary negative 

binomial model could not be performed. I compared the predicted values to the observed 

values using each type of regression model and found that the zero-inflated model 

produced predicted values that were more similar to the observed values. The models 

take the following form: 
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Y2 = α + β1Y1 + β2T + β3X + ε 

Where: 

Y2 is the follow-up value of the outcome variable of interest or the log odds of 

 observing the outcome of interest for the dichotomous variables 

α; β are coefficients 

Y1 is the baseline value of the outcome variable of interest 

T is a binary variable equal to 1 if the individual is in the PFM participant group 

X is a vector of explanatory variables 

ε is the individual-specific error term 

I include in the models a binary variable equal to one if the person is a PFM participant. I 

also include the baseline value of the outcome variable in order to estimate the change 

associated with participating in the PFM program.7 I include the independent variables 

described below to control for any differences that remained between the PFM and 

comparison groups after matching. As described in the appendix, I used a many-to-one 

matching method to form the two groups. Therefore, I apply the probability weights 

generated by the propensity score matching process to each of the models. Because the 

data are weighted and do not meet the assumption of random samples required by 

conventional standard errors, the analysis uses robust standard errors to test the 

significance of the coefficients. After estimating program impacts for the PFM 

participants overall, I examine impacts for subgroups of participants using a series of 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
7 There is a debate about whether it is more appropriate to use the change score method or regressor 
variable method to assess change over time in continuous variables (see Allison 1990 for a discussion of 
this debate). I tested the sensitivity of the results to the approach chosen by examining models for the 
number of trade accounts with positive ratings using the change score method and obtained the same results 
as when using the regressor variable method. 
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interaction terms to estimate the relationship between being in the PFM participant group 

and being part of a particular subgroup.  

Quantitative Analysis of Program Impacts Across the Five PFM Organizations 

 In chapter 4, I examine differences in participants’ outcomes across the five PFM 

programs. I first describe the organizations and present differences in the characteristics 

of the participants they served using data from the telephone survey and credit report 

pulls completed at the time individuals entered the programs. I then present differences in 

participants’ receipt of financial counseling services across the five organizations, based 

on data from the performance management system that FSN maintained and that all PFM 

organizations used to track individuals’ participation in the program. The data included 

whether participants received counseling in each core service area of the PFM model, 

including financial counseling, as well as the dates contacts were made. I examine the 

following measures of the extent to which the organizations engaged individuals in 

financial education and counseling.8 

§ The percent of participants who received any assistance from the financial coach. 

§ The average number of months over which financial counseling took place, 

among those who received any financial counseling. 

§ The average number of financial counseling contacts, among those who received 

any financial counseling. 

To test whether the differences in participation in financial counseling services across the 

organizations are statistically significant, I use crosstabs and chi-square tests for the 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
8 I originally proposed examining variables on the hours of counseling participants received and the types 
of topics they discussed. However, I found that the counselors did not reliably complete these fields and the 
data were not useful for understanding differences in program implementation across the organizations.  
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categorical variable and comparison of means and t-tests for the continuous variables. I 

then use regression analysis to examine whether differences across the sites remain after 

controlling for differences in the characteristics of participants across sites. 

 To understand differences in participants’ outcomes across the organizations, I 

first present data on the changes in credit outcomes PFM participants at each site 

experienced two years after entering the programs. I then examine whether the changes in 

PFM participants’ credit scores and credit usage across the sites were significantly 

different than those experienced by the comparison group using regression models that 

include both the PFM participants and comparison group members. I examine the same 

four dependent variables described above regarding individuals’ credit scores and the 

positive trade account activity on their reports. The models include a binary variable for 

each PFM site with the comparison group serving as the omitted category. The models 

also include the independent variables that I use in the regression models in chapter 3 to 

control for differences in participants’ characteristics across groups.  

Qualitative Analysis of Program Implementation 

 In chapter 5, I discuss the organizational, programmatic, and environmental 

factors that the literature and past research indicate influence policy outcomes and that 

may have played a role in the organizations’ ability to engage individuals in financial 

counseling and achieve the targeted credit-related outcomes. I then examine how these 

organizational, environmental, and programmatic factors interacted at each of the five 

organizations and assess how the factors may have facilitated or hindered the 

organizations’ effectiveness. Such a comparative case study approach is an appropriate 

method for describing an intervention in the real-life context in which it takes place, for 
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illustrating certain aspects of an intervention, and for explaining complex causal links in 

an intervention (Yin 2009).  

 To assess what factors influenced implementation and outcomes, I analyzed 

information gathered through qualitative interviews with program staff, observations of 

program activities, and a review of program documents and public data. Specifically, I 

analyzed interviews conducted with the PFM program directors, organization directors or 

division heads, and the financial counselors who provided services to clients. I also 

analyzed information gathered during observations of program activities, including 

orientations to the PFM program and financial workshops, where these were offered. 

Two field researchers in Chicago, whom I trained and supervised, and I conducted the 

interviews and observations as part of the original study. I developed semi-structured 

interview protocols tailored to each type of organizational staff member that all research 

team members used. I interviewed all of the PFM program managers and senior 

leadership at the PFM organizations as well as city officials, visited all five PFM 

organizations, and talked with staff at all of the organizations during the study period. I 

also completed all of the front-line staff interviews and program observations at one of 

the PFM organizations, while the two field researchers conducted front-line staff 

interviews and program observations at the other four organizations. The interviews were 

audio-recorded and transcribed. Research team members took detailed notes when 

observing program activities. I reviewed documents provided by the organizations, such 

as annual reports and grant requests, as well as materials provided to clients as part of the 

program’s services, such as financial planning tools. Finally, I reviewed public reports 

and data and present key characteristics of the communities each PFM program served. I 
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describe the sources of community data in chapter 5. The factors I examined are based on 

the literature and include the following. 

Organizational Factors 

I used the interviews and program documents as sources of information about 

organizational factors that may influence program implementation and outcomes, 

including:  

§ Agency type (e.g., multi-service versus workforce development) and mission. 

§ The services each agency traditionally provided versus the services added as part 

of PFM. 

§ Agency size (number of people served and annual budget). 

§ The year each agency was established. 

§ How the PFM program was integrated into each agency (e.g, were PFM services 

added to existing workforce programs or was PFM a separate program). 

§ How long each agency had been operating PFM at the time the study began. 

Environmental Factors  

 I used the interviews, program documents, and public data and reports as sources 

of information about environmental factors that may have influenced program 

implementation and outcomes, including: 

§ Sources of funding (e.g, percentage from public versus private sources). 

§ Contractual obligations (e.g., performance-based contracts or restrictions on the 

types of services for which funds may be used). 
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§ The characteristics of the communities each agency served, including racial 

composition, unemployment rate, poverty rate, per capita income, the presence of 

financial institutions, mortgage activity, and small business loan activity. 

§ The technical assistance agency staff received from the intermediary organization 

that managed the PFM initiative in Chicago. 

Programmatic Factors 

I used the interviews, observations, and program documents as sources of 

information about program structure, content, and staffing at each organization, 

including: 

§ The length of formal program activities, including workshops and one-on-one 

counseling sessions as well as expectations for the provision of ongoing services.   

§ The sequencing of the employment and financial counseling services and whether 

participation in PFM services was required to continue in the program. 

§ The demographics, education, and previous work experience of the PFM program 

directors and financial counselors.   

§ How the directors felt about the program’s goals, whether they felt the clients they 

served could achieve those goals, and the level of discretion they felt they had in 

how to implement the program. 

§ How the financial counselors viewed their roles, how they worked with clients to 

define their needs and goals, whether they offered clients the products developed 

by FSN, and the level of discretion they felt they had in doing their work. 

§ The level of turnover among program directors and staff. 
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 In sum, I present data on the credit situations of the low-income job seekers who 

sought assistance from the PFM programs. I then conduct a quantitative analysis of the 

impact PFM had on individuals’ credit usage and credit scores and examine how program 

impacts varied across subgroups of participants. I then examine how program impacts 

varied across the five PFM organizations relative to the comparison group. Finally, I 

analyze qualitative information on the differences across the five organizations on key 

environmental, organizational, and programmatic factors that the literature suggests may 

influence the organizations’ ability to provide the intended services and achieve the 

targeted outcomes. I discuss how these differences may have influenced the differences 

found in service provision and outcomes across the five organizations. 

Participant Characteristics 

 In this section, I describe the PFM participants. I then discuss how the PFM 

participant and comparison groups differed prior to matching and the primary differences 

between the full and matched participant samples. As shown in Table 2.1, just over half 

of PFM participants were female. Nearly two-thirds were Black and a third were 

Hispanic. Their average age at program entry was 36.5. Twenty percent of participants 

were married or living in a marriage-like relationship at the time of program entry; 62 

percent had never been married. Most (71 percent) had children, and about half had 

children under age 18. Just over half of participants rented their home and 12 percent 

were homeowners. Two-thirds of the participants had at least a high school diploma or 

GED. About half (52 percent) had attended college at some point, but only 12 percent 

had earned a college degree.  
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 Most participants (91 percent) had worked for pay at some time prior to entering 

the PFM program. However, less than half (46 percent) had worked for pay at any point 

during the year prior to program entry. As would be expected, Table 2.1 shows that 

participants had little in the way of economic resources as indicated by their recent 

earnings, net income, assets, debts, and reliance on SNAP. Seventy-eight percent of 

participants had income in the month prior to program entry that placed them below the 

poverty level. Nearly all (92 percent) were liquid-asset poor. 

 In Table 2.1, I present the characteristics of the study participants before 

matching. As noted earlier, the comparison group is made up of individuals who sought 

employment and training assistance from the city’s workforce centers. The primary 

differences between the groups were that higher percentages of the PFM participants 

were Hispanic and lacked a high school diploma or GED. A somewhat higher percentage 

of PFM participants were young adults ages 18 to 24, and they were more likely to have a 

criminal conviction than members of the comparison group. PFM participants had 

worked fewer hours and earned less income from work during the two years prior to 

enrolling in the program. The two groups were similar in terms of their family income 

and expenses during the previous month and in terms of the value of their assets and 

debts. While few participants in both groups had a prime credit score, PFM participants 

were more likely to be unscored and comparison group members were more likely to 

have a subprime score when they enrolled.  

 As shown in Table 2.2, the two groups were balanced after matching with no 

statistically significant differences in these primary characteristics. Eighty-nine PFM 

participants were dropped from the sample because their propensity scores were outside 
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of the range of scores for the comparison group. All but two of these 89 participants were 

Hispanic, reducing the percentage of Hispanic participants in the PFM group from 33 

percent prior to matching to 25 percent after matching and increasing the percentage of 

Black participants from 64 percent to 71 percent. Additionally, 88 percent of the 89 PFM 

participants dropped from the sample lacked a high school diploma or GED, reducing the 

percentage of PFM participants who lacked a diploma from 32 percent prior to matching 

to 25 percent after matching. 
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Table 2.1. Characteristics of the PFM Participant Group and Comparison Group 
Members Prior to Matching 

  
PFM 

Participants 
Comparison 

Group Difference 
  N=784 N=956     
Average age 36.5 40.4 -3.9 *** 
Age 18 to 24 21.8% 14.9% 6.9% *** 
Female 53.8% 53.1% 0.7%   
Black 63.5% 82.3% -18.8% *** 
Hispanic 33.3% 9.4% 23.9% *** 
White 1.7% 5.3% -3.6% *** 
Other non-White 1.5% 2.9% -1.4%   
No degree or diploma 32.0% 10.6% 21.4% *** 
GED 15.2% 14.2% 1.0%   
High school diploma 40.6% 52.0% -11.4% *** 
College degree 12.2% 23.2% -11.0% *** 
Has a criminal conviction 38.0% 27.3% 10.7% *** 
Employed at enrollment 10.8% 16.6% -5.8% ** 
Earnings from work in the past two years $12,847  $18,526  -$5,679 *** 
Hours worked in the past two years 1,202 1,590 -388 *** 
Had a prime credit score 15.9% 14.2% 1.7%   
Had a subprime credit score 38.4% 57.5% -19.1% *** 
Did not have a credit score 45.7% 28.2% 17.5% *** 
Never married 62.0% 63.9% -1.9%   
Separated, divorced, or widowed 17.1% 20.0% -2.9%   
Currently married or living in marriage-like 
relationship 20.9% 16.1% 4.8% * 

Any children under age 18 51.5% 43.3% 8.2% ** 
Average family size 3.1 2.4 0.7 *** 
Homeless 6.1% 5.5% 0.6%   
Rents home 54.2% 68.0% -13.8% *** 
Owns home 12.0% 10.4% 1.6%   
Lives rent-free 27.6% 15.7% 11.9% *** 
Receiving SNAP 60.6% 67.2% -6.6% ** 
Had health condition that limited ability to 
work 13.0% 17.7% -4.7% ** 

Average family income in past month $1,232  $1,185  $47   
Average family expenses in past month $1,600  $1,661  -$61   
Average net income in past month -$368 -$476 $108   
Average value of assets $22,270 $22,584 -$314   
Average value of debts $19,888 $23,773 -$3,885   
Collection agencies calling about unsettled 
claims 27.9% 35.4% -7.5% ** 

Significance level: ***p<.001, **p<.01, *p<.05 
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Table 2.2. Characteristics of the PFM Participant Group and Weighted Comparison 
Group After Matching 

  
PFM 

Participants 
Comparison 

Group Difference 
  N=695 N=927   
Average age 37.0 37.4 -0.4 
Age 18 to 24 19.1% 21.4% -2.3% 
Female 52.7% 49.9% 2.8% 
Black 71.4% 71.1% 0.3% 
Hispanic 25.0% 25.7% -0.7% 
White 1.9% 1.7% 0.2% 
Other non-White 1.7% 1.4% 0.3% 
No degree or diploma 24.9% 25.1% -0.2% 
GED 16.5% 17.4% -0.9% 
High school diploma 45.0% 43.8% 1.2% 
College degree 13.5% 13.7% -0.2% 
Has a criminal conviction 40.4% 40.0% 0.4% 
Employed at enrollment 10.5% 11.7% -1.2% 
Earnings from work in the past two years $12,909  $12,794  $115 
Hours worked in the past two years 1,215 1,179 36 
Had a prime credit score 14.7% 14.8% -0.1% 
Had a subprime credit score 41.6% 42.5% -0.9% 
Did not have a credit score 43.7% 42.7% 1.0% 
Never married 64.2% 64.1% 0.1% 
Separated, divorced, or widowed 17.4% 19.9% -2.5% 
Currently married or living in marriage-
like relationship 18.4% 16.0% 2.4% 

Any children under age 18 51.1% 52.7% -1.6% 
Average family size 2.9 2.8 0.1 
Homeless 6.8% 8.0% -1.2% 
Rents home 56.1% 55.7% 0.4% 
Owns home 10.8% 9.8% 1.0% 
Lives rent-free 26.3% 26.5% -0.2% 
Receiving SNAP 63.7% 63.6% 0.1% 
Had health condition that limited ability to 
work 13.7% 14.2% -0.5% 

Average family income in past month $1,120  $1,140  -$20 
Average family expenses in past month $1,566  $1,521  $45 
Average net income in past month -$446 -$381 -$65 
Average value of assets $19,964  $18,022  $1,942 
Average value of debts $19,898  $17,121  $2,777 
Collection agencies calling about unsettled 
claims 28.9% 31.4% -2.5% 
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CHAPTER 3 
PFM PROGRAM IMPACTS ON CREDIT SCORES AND CREDIT USE 

 
Overview 

 The PFM participants faced significant challenges to achieving financial security 

and building wealth. In this chapter, I address the question of whether a policy 

intervention that relies on community-based organizations to provide financial counseling 

and education in conjunction with employment and training services can help low-

income individuals take steps toward achieving financial well-being by helping them 

improve their credit rating and credit usage. I first describe the credit profiles of the study 

participants, including how credit profiles differed across demographic subgroups of 

participants. Next I examine the outcomes among all individuals who sought assistance 

from the PFM programs to assess the intervention’s effectiveness based on its ability to 

both engage individuals in the intended services and help them achieve the targeted 

outcomes. I then examine the outcomes only for individuals who received financial 

counseling from the PFM programs to assess the effectiveness of this assistance for those 

whom the programs engaged in the intended services. I assess program impacts for all 

participants and for subgroups of participants, including by individuals’ credit status 

when they entered the programs. The chapter concludes with a summary of the results 

and a discussion of their implications. 

 Table 3.1 summarizes the main findings for the full sample of PFM participants 

who sought assistance from the programs and for PFM participants who received 

financial counseling. Overall, the PFM program did not have a positive impact on the 
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likelihood of having a credit score or on the likelihood of having a prime credit score 

after two years. However, among all enrolled participants and among those who received  

Table 3.1. Summary of Findings on Program Impacts on the Credit 
Outcomes of All PFM Participants Two Years after Program Entry 
 Among All 

Enrolled PFM 
Participants 

Among All 
Counseled PFM 

Participants 
Had a credit score   
Had a prime credit score   
Had an increase in trade accounts 
with positive ratings + + 

Number of trade accounts with 
positive ratings + + 

+ Significant positive effect   – Significant negative effect   Blank No significant effect 
 

Table 3.2. Summary of Findings on Program Impacts on the Credit 
Outcomes By Individuals’ Credit Status at the Time of Program Entry 
 Among Enrolled 

PFM Participants 
Among Counseled 
PFM Participants 

Unscored at program entry   
  Had a credit score  + 
  Had a prime credit score   
  Had an increase in trade accounts  
  with positive ratings + + 

  Number of trade accounts with 
  positive ratings + + 

Scored but had a thin file at 
program entry   

  Had a credit score   
  Had a prime credit score   
  Had an increase in trade accounts  
  with positive ratings + + 

  Number of trade accounts with 
  positive ratings + + 

Scored and had a thick file at 
program entry   

  Had a credit score   
  Had a prime credit score +  
  Had an increase in trade accounts  
  with positive ratings + + 

  Number of trade accounts with 
  positive ratings   
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financial counseling, PFM did have significant positive impacts on the likelihood of 

having an increase in trade accounts with positive ratings and on the number of trade 

accounts with positive ratings that participants held. Table 3.2 provides a summary of the 

findings on program impacts for subgroups of participants based on their credit status 

when they entered the PFM program. Among all enrolled participants who had thick 

credit files—meaning they had three or more open trade accounts, PFM had positive 

impacts on the likelihood of having a prime credit score and on the likelihood of having 

an increase in trade accounts with positive ratings. The results were similar for counseled 

PFM participants with thick credit files but the impact on having a prime credit score was 

only marginally significant. Among participants who did not have a credit score or who 

had thin credit files at program entry, PFM had positive impacts on the likelihood of 

having an increase in trade accounts with positive ratings and on the number of trade 

accounts with positive ratings that participants held, both among all enrolled participants 

and among those who received financial counseling. Finally, among counseled 

participants who lacked credit scores at the time of program entry, PFM had a positive 

impact on the likelihood of having a credit score two years later. 

Credit Profiles of the Study Participants 

 One of the most striking characteristics of the individuals seeking assistance from 

the PFM programs is that more than 40 percent (43.7 percent) did not have sufficient 

enough recent credit history to have a credit score. In contrast, in 2010 among all U.S. 

adults, the Consumer Financial Protection Bureau (CFPB) estimates that 19.3 percent did 

not have sufficient credit history to have a credit score (Brevoort et al. 2015). In addition 

to those with no credit score, another 34.0 percent of PFM study participants had thin 
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credit files; that is, they had fewer than three open trade accounts, such as loans or credit 

cards. Many adults with no credit score or thin credit files make payments every month 

on utilities, telecommunications services, or rent, but these payments are generally not 

reported to the major credit bureaus. Given the lack of payment data for these consumers, 

lenders often treat them as exceptionally risky (Turner et al. 2006).  

 A lack of credit history can make it difficult for individuals to obtain loans, 

particularly for Black consumers. In an analysis of mortgage lending and credit data, Han 

(2011) found that racial disparities in loan approval rates declined with the length of 

consumers’ credit history. The analysis suggested that Black applicants could 

significantly improve their chances of obtaining a loan by accumulating a longer credit 

history, particularly those with no credit history. Han found that the loan approval rate for 

Black borrowers with a consumer credit history was 77 percentage points greater than 

that for Black borrowers with no credit history. On the other hand, White borrowers did 

not face the same barriers; that is, loan approval rates did not significantly vary for 

Whites with a credit history and those lacking a credit history. In the absence of a credit 

history, lenders may depend on observable variables, such as race, and apply historical 

default rates by race to an individual. Han concludes that public policy should help 

minority consumers acquire a credit history to improve their chances of obtaining loans.  

 Among the study participants who had credit scores when they came to the PFM 

programs, nearly three-quarters (73.9 percent) had a subprime credit score, defined in this 

study as a FICO score of less than 620. Definitions of subprime scores vary across 

lenders and credit scoring systems and change over time. Having a subprime score also 

does not necessarily mean one will receive a subprime loan. Subprime loans may be 
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defined as any loan made to someone with a subprime score or as loans with an interest 

rate three points above the prime rate, regardless of the credit score of the borrower. 

Scores of 700 or greater are considered by many lenders to signal low credit risk and, 

therefore, garner better interest rates and terms. Only 9.2 percent of PFM participants 

who had credit scores had scores of 700 or greater. Comparatively, three-quarters of U.S. 

consumers who had FICO credit scores in October 2011 had scores of 600 or greater and 

53.2 percent had scores of 700 or greater.9 

Table 3.3. Activity on PFM Participants’ Credit Reports at the Time of Program Entry 

 

 
Unscored 
(N=304) 
43.7% 

Scored,  
Thin File 
(N=236) 
34.0% 

Scored, 
Thick File 
(N=155) 
22.3% 

 
All 

(N=695) 

Had any activity on report  80.3% 100% 100% 91.4% 

Had a prime credit score NA 13.1% 45.8% 14.7% 
Had any trade accounts (open or closed) 25.0% 100% 100% 67.2% 
Had any open trade accounts 4.9% 61.4% 100% 45.3% 
  Had any open loan accounts 2.3% 29.2% 84.5% 29.8% 
  Had any open credit cards/lines of credit 0.3% 12.3% 63.2% 18.4% 
Had any trade accounts with positive ratings 12.8% 72.5% 98.7% 52.2% 
Number of trade accounts with positive 
ratings 0.8 3.1 15.0 4.7 

Had any trade accounts with negative ratings 18.8% 87.7% 60.7% 51.5% 

Made any payments on trade accounts in the 
past year 1.6% 38.6% 85.8% 33.0% 

Had any past due trades debt 12.5% 69.9% 43.9% 39.0% 
Median past due trades debt among those who 
had any $12,910 $1,461 $2,007 $2,349 

Had any collections  62.5% 89.8% 61.9% 71.7% 
Had any derogatory public records 
(bankruptcies, tax liens, civil judgments) 12.8% 30.9% 20.7% 20.7% 

Had any inquiries into credit history in the 
past 12 months 48.4% 68.6% 72.3% 60.6% 

 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
9 FICO blog, August 18, 2015. Accessed at http://www.fico.com/en/blogs/risk-compliance/us-credit-
quality-continues-climb-will-level/. October 12, 2015. 
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 In Table 3.3, I present data on the credit activity of study participants at the time 

they sought assistance from the programs, including differences among those who were 

unscored, had thin credit files, and had thick credit files. As expected, individuals who 

were unscored for the most part did not have open trade accounts or recent payment 

activity and only a quarter had any trade account history on their reports. While the 

unscored were much less likely than those with scores and thin or thick files to have trade 

accounts with past due debt, among those who did, the amounts past due were 

substantially higher. This does not reflect greater use of credit but the nature of the trade 

accounts with past due balances that appear on the reports of the unscored. Nearly three-

quarters (73.4 percent) of the trade accounts with past due debt among the unscored were 

child support accounts with arrearages, compared to only 6.1 and 2.6 percent of the past 

due accounts among those with thin and thick files, respectively. The child support 

accounts had much higher past due balances, on average, than the other types of trade 

accounts the PFM participants had. 

 The data indicate that many of the individuals with thin credit files were at risk of 

becoming unscored given that only 61 percent had open trade accounts and only 39 

percent had made any payments on trade accounts in the past year. Those with thin files 

were generally in a poorer credit situation than those with thick files, being less likely to 

have a prime score and more likely to have accounts with negative ratings, that is, 

accounts for which they were behind in payments or that were closed with a negative 

outcome (i.e., bankruptcy, repossession, sent to collections, or charged off to bad debt). 

While individuals in the study who had thick credit files were generally in a better 
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position than the unscored and those with thin files, more than half (54.2 percent) had 

subprime credit scores.  

 Seventy-two percent of all participants had collections on their credit reports. The 

collection accounts included not only loan and credit card accounts sent to collections but 

also past due medical bills, utility bills, phone bills, and other types of financial 

transactions that are not reported to the credit bureaus unless they are sent to collections. 

Individuals with thin credit files were significantly more likely than the unscored and 

those with thick credit files to have any collections on their credit reports. This was 

primarily due to their greater likelihood of having trade accounts (loan and credit 

accounts) in collections: 43.2 percent of those with thin files had trade accounts in 

collections compared to 10.5 percent of the unscored and 12.9 percent of those with thick 

credit files. Thirty-six percent of all participants had any medical collections, and medical 

collections made up a larger portion of the collection accounts of the unscored than of 

those who had scores (37.1 versus 23.7 percent). 

 About 21 percent of participants had derogatory public records on their credit 

reports, the most common of which were civil judgments. The unscored were less likely 

than those with scores to have any bankruptcies on their credit reports (1.6 percent versus 

9.2 percent). Just over 60 percent of all participants had inquiries made into their credit 

history during the previous year. Many of these participants may have been turned down 

for a loan or credit account or received unfavorable terms due to their lack of credit 

history or poor credit score.  
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Differences in Credit Profiles Across Demographic Subgroups 

 An analysis of the credit profiles of U.S. consumers based on data from 

TransUnion found that racial and ethnic minorities, low-income consumers, young adults 

(ages 18 to 24), and individuals ages 66 and older were more likely than others to have 

thin credit profiles (Turner et al. 2006). In the PFM study, nearly all individuals had low 

incomes. As reported in chapter 2, 80 percent of study participants had income below the 

federal poverty level and nearly all (93.7 percent) had income below 200 percent of the 

federal poverty level at the time they sought assistance from the programs. However, the 

data indicate that there were some significant differences in the credit profiles of 

subgroups within this population of low-income job seekers. I used multinomial logistic 

regression, which uses maximum likelihood estimation, to examine the relationship 

between participants’ demographic characteristics and their likelihood of being unscored 

or of having a thin credit file as opposed to having a thick credit file.10  

 Tables B1 and B2 in appendix B present the multinomial regression results. The 

coefficients in column A of the tables represent the expected change in the log odds of 

being unscored versus having a thick credit file for a one-unit change in the predictor 

variable. The coefficients in column B of the tables represent the expected change in the 

log odds of having a thin credit file versus having a thick credit file for a one-unit change 

in the predictor variable. I first included only demographic variables in the models to 

understand differences between the subgroups. The demographic variables, described in 

greater detail in chapter two, included gender, race, age, education level, marital status, 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
10 For the multinomial logit models, I tested the independence of irrelevant alternatives (IIA) 
assumption using suest (seemingly unrelated estimation), which can be used with weighted data and 
robust standard errors. I found that the models did not violate the IIA assumption. The results of the 
suest test are reported in Tables B1 and B2 in appendix B. 
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having children under age 18, number of people in the family, criminal record status, 

disability status, and citizenship status.  

 As shown in Table B1, I found that Black participants were more likely than 

Hispanic participants to be unscored and to have thin credit files, after controlling for 

differences between the groups in other demographic characteristics. Male participants 

were significantly more likely than female participants to be unscored and to have a thin 

file. Young adults ages 18 to 24 were more likely to be unscored than adults ages 25 and 

above. Individuals who lacked a high school diploma were more likely than those with a 

high school diploma, GED, or college degree to be unscored and to have a thin credit file. 

Individuals who had criminal convictions were also more likely than those who did not to 

be unscored and to have thin credit files. Finally, individuals who were not U.S. citizens 

were more likely to have thin credit files than those who were U.S. citizens.  

 I then added variables related to participants’ financial status to the models to 

examine whether differences between demographic subgroups remained after controlling 

for differences in their financial situations at the time of program entry. The financial 

indicators included study participants’ income and expenses in the previous month, their 

earnings from work in the previous two years, whether they owned or rented a home, and 

the value of their self-reported assets and debts at the time of program entry. As shown in 

Table B3 in appendix B, Hispanic participants in the study sample were significantly 

more likely than Black participants to be currently or formerly married, to be 

homeowners, and to have worked during the year before entering the programs. 

Compared to Black participants, Hispanic participants had greater earnings from work 

during the previous two years, greater assets, and greater debts at the time of program 
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entry. However, as shown in Table B2, after controlling for differences in participants’ 

finances, Black participants were still more likely than Hispanic participants to be 

unscored and to have a thin credit file. Additionally, male participants and individuals 

with criminal convictions were still more likely to be unscored and to have thin credit 

files, and young adults ages 18 to 24 were still more likely to be unscored. Those who 

lacked a high school education were more likely than those who had at least a high school 

diploma to be unscored, and they were more likely than individuals who had a college 

degree to have thin credit files. Additionally, after controlling for participants’ financial 

situations, individuals who did not have children under age 18 were more likely to be 

unscored than those who had minor children.  

 These individuals were either more likely to be excluded by creditors from 

accessing mainstream forms of credit or they were more likely to choose not to use these 

forms of credit. An important question is whether community-based organizations can 

help these credit-underserved groups access and use mainstream forms of credit as well 

as help those who have substantial credit histories to improve their credit scores. 

Measures of Program Effectiveness 

 The diversity in PFM participants’ credit profiles at program entry posed 

challenges for creating measures of improved credit outcomes. Past studies of credit 

counseling and homeownership counseling have examined change in credit scores 

(Birkenmaier and Tyuse 2005; Elliehausen et al. 2007; Birkenmaier et al. 2012). 

However, these studies excluded individuals who did not have credit scores at the time 

they sought assistance. Given the large percentage of participants who were unscored at 

the time of program entry, this strategy was not appropriate in this study. A goal for all 
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PFM participants, whether they had scores or not at the time of program entry, was to 

help them attain a prime credit score. Therefore, rather than examining change in credit 

scores only among those with scores, I examined the likelihood that all participants have 

a prime credit score two years after entering the programs.  

 Given research that suggests that lenders treat individuals with no credit score as 

higher risk than those with subprime scores, establishing a credit history and becoming 

scored is an improvement even if the score is subprime. Individuals who have credit 

scores but thin files are at risk of becoming unscored if they do not actively use their 

credit lines. The PFM financial counselors were expected to help participants understand 

credit and the importance of using forms of credit that report payments to the credit 

bureaus and to help them access credit if they did not have active accounts. Given the 

high percentage of study participants who were unscored or had thin credit files, I 

examined the likelihood that participants became scored or maintained a credit score two 

years after entering the program as another measure of program effectiveness. 

 Substantially improving credit scores or developing a sufficient enough credit 

history to become scored may take longer than a two-year period for some individuals. 

Therefore, I also examined a measure of improved credit history. Interim measures of 

improvement may vary by individuals’ situations at the start. Past studies have examined 

whether individuals decreased their total trades debt or the number of accounts with 

positive balances (Elliehausen et al. 2007). However, such measures may not be 

appropriate for individuals who have little or no credit history and few assets. The PFM 

model takes a credit-building approach that encourages individuals to use credit 

responsibly in order to improve their credit scores. For those who are unscored or who 
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have thin files, this means increasing use of credit, which may increase the balances on 

trade accounts. Additionally, given the ultimate goal of building assets, debts may 

initially increase if individuals obtain a loan for a home or automobile. For individuals 

with multiple accounts, the goal is making on-time payments so that accounts have a 

positive rating. The credit-building approach does not necessarily call for closing 

accounts, which may reduce credit scores and put individuals at risk of becoming 

unscored. This distinguishes a credit-building from a credit-repair approach, in which 

consumers are typically counseled to pay off and close accounts and focus on paying off 

debt in collections. 

 Whether participants have no active accounts or multiple accounts with past due 

balances, the PFM program’s goal was to help them show positive activity on their credit 

reports. Therefore, I examined the likelihood that participants had any increase in the 

number of trade accounts with positive ratings on their credit reports, that is, accounts 

that were paid as agreed, two years after they sought assistance from the programs. I also 

examined the number of trade accounts with positive ratings that participants held two 

years after program entry. These measures are relevant for all study participants, 

including those with no trade accounts, those with no accounts with positive ratings, and 

those who already had one or more accounts with positive ratings at the time they entered 

the programs. Having too few accounts that are paid as agreed can negatively affect all of 

these group’s credit scores.  

 In sum, I examined whether the PFM programs affected the likelihood that 

individuals had a credit score at all, the likelihood that they had a prime credit score, the 

likelihood that they had an increase in trade accounts with positive ratings on their credit 
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reports, and the number of trade accounts with positive ratings they held two years after 

entering the programs. My dependent variables were: 

• A binary variable equal to one if the individual had a credit score two years after 

program entry 

• A binary variable equal to one if the individual had a prime credit score (620 or 

greater) two years after program entry 

• A binary variable equal to one if the individual had any increase in the number of 

trade accounts with positive ratings two years after program entry 

• A count variable for the number of trade accounts with positive ratings on 

individuals’ credit reports two years after program entry 

 As noted in chapter 2, I used logistic regression analysis to estimate program 

impacts for the three dichotomous outcome variables. For the count variable, I used a 

zero-inflated negative binomial regression model. To assess change in outcomes, I 

included in the regression models the baseline value of the outcome of interest. To 

control for any differences in the characteristics of the PFM and comparison groups that 

remained after matching, I also included the set of independent variables used in the 

matching process in the models. Finally, given the relationship noted earlier between race 

and whether participants were unscored, had thin credit files, or had thick credit files at 

the time of program entry, I included an interaction term for race by credit status in the 

models. In the zero-inflated negative binomial regression models, I used all of the 

independent variables included in the main count model in the logit part of the model 

predicting whether an individual is an excessive zero. 
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Findings for All Individuals Who Sought Assistance from the PFM Programs 

 I first present the findings regarding program impacts for all individuals who 

sought assistance from the PFM programs, regardless of whether or not they received the 

intended services. The primary research question is whether community-based 

organizations can engage low-income job seekers in financial counseling and education 

in addition to employment services and help them improve their credit scores and credit 

usage. To answer this question, I compared the outcomes for the members of the PFM 

group to the outcomes for members of the matched comparison group two years after 

they sought assistance from their respective programs. As noted in chapter 2, the 

comparison group consisted of low-income job seekers who were seeking assistance with 

employment and training from the city’s workforce centers and who were matched to the 

program group on demographic and financial characteristics using propensity score 

matching. The workforce centers provided employment and training services similar to 

those the PFM programs offered but did not provide financial education or counseling. 

The larger study from which the data for this analysis were obtained found that 

individuals in both the PFM and comparison groups experienced increases in 

employment and earnings two years after entering the programs. Both groups had about a 

15-percentage point increase in employment rates and a $2,000 increase in annual 

earnings. Therefore, any differences found between the PFM and comparison group 

members’ credit outcomes were not a result of differences in their employment outcomes.  

  The PFM programs did increase receipt of financial counseling among low-

income job seekers. Overall, 50.5 percent of job seekers who sought assistance from the 

PFM programs participated in financial counseling. These individuals at a minimum 
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completed the financial assessment that reviewed their income, expenses, assets, debts, 

and credit reports, and received advice from the PFM programs’ financial counselors. 

Comparatively, in a survey completed with a subset of study participants two years after 

enrollment, 12.7 percent of comparison group members reported receiving help with 

financial issues from an agency, including assistance with budgeting, opening a bank 

account, obtaining a loan, reducing debts, improving credit scores, or other types of 

financial issues. Only 6.7 percent said an agency reviewed their credit report with them.  

 Given the differences in the credit profiles of the study participants who were 

unscored, those who had scores but thin credit files, and those who had scores and thick 

credit files, I present the findings for the PFM and comparison groups overall and for 

each of these subgroups. Table 3.4 below presents the predicted probabilities of achieving 

the outcomes and predicted counts for the PFM participants and comparison group 

members after controlling for any differences in the characteristics of the two groups that 

remained after matching. The predicted probabilities and counts presented in this paper 

represent the average for each group using the observed values of the other predictors in 

the models. The full regression results for each of the four credit outcomes are presented 

in column A of Tables B4 through B7 in appendix B.  

 Among all study participants who sought assistance, the PFM programs did not 

have an impact on the likelihood that individuals had a credit score two years after 

program entry (Table 3.4). Both groups experienced a small increase in the percentage 

who had a score and the 2.4-percentage-point difference between the groups is not 

statistically significant. Among all individuals, the PFM programs also did not have an 

impact on the likelihood of having a prime credit score. The percent who had a prime 
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credit score increased slightly for both groups to 19.1 percent among PFM participants 

and 17.9 percent among comparison group members, a difference that is not statistically 

significant. While the program did not have impacts overall on the likelihood of having a 

credit score or of having a prime score, it did have a significant positive impact on the 

likelihood that individuals had an increase in the number of trade accounts with positive 

ratings on their credit reports. Nearly 38 percent of PFM participants had an increase 

compared to about a quarter of comparison group members. The PFM program also had a 

significant positive impact on the average number of trade accounts with positive ratings 

that individuals had on their credit reports. 

Table 3.4. Program Impacts on the Targeted Credit Outcomes for All 
Individuals Who Sought Assistance from the PFM Programs 

 
PFM  

Group 
(n=695) 

Comparison 
Group 

(n=927) 
Difference 

Had a credit score 61.6% 59.2% 2.4% 
Had a prime credit score 19.1% 17.9% 1.2% 
Had an increase in trade 
accounts with positive ratings 37.6% 24.5% 13.1%*** 

Number of trade accounts 
with positive ratings 4.8 4.2   0.6* 
Note: The results are the predicted probabilities and counts after controlling for differences in the 
demographic and financial characteristics of PFM and comparison group members based on the 
regression models in column A of Tables B4 through B7 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 

 
 I next turn to differences in the credit outcomes by individuals’ credit status when 

they entered the programs. I estimated the impacts for the subgroups based on regression 

models that included an interaction term for treatment status by credit status as well as 

interaction terms for treatment status by the other demographic subgroups of interest. 

Table 3.5 below presents the predicted probabilities and counts for individuals who were 

unscored, those who had scores but thin files, and those who had scores and thick files, 
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controlling for any differences in the characteristics of the PFM and comparison group 

members within each of these groups. The full regression results for the models that 

include the interaction terms are presented in column B of Tables B4 through B7 in 

appendix B.  

Table 3.5. Program Impacts on the Targeted Credit Outcomes By 
Individuals’ Credit Status at the Time of Program Entry 

 PFM  
Group 

Comparison 
Group Difference 

Had a credit score    
  Unscored 32.1% 25.5% 6.6% 
  Scored but had a thin file 74.4% 76.3% -1.9% 
  Scored and had a thick file 100% 98.5% 1.5% 
Had a prime credit score    
  Unscored 7.8% 10.2% -2.4% 
  Scored but had a thin file 14.1% 13.9% 0.2% 
  Scored and had a thick file 49.4% 39.6% 9.8%* 
Had an increase in trade 
accounts with positive ratings    

  Unscored 28.6% 16.2% 12.4%** 
  Scored but had a thin file 36.5% 24.3% 12.2%** 
  Scored and had a thick file 57.0% 41.9% 15.1%** 
Number of trade accounts with 
positive ratings    

  Unscored 0.79 0.49 0.30** 
  Scored but had a thin file 3.02 2.58 0.44* 
  Scored and had a thick file 15.68 14.75 0.94 
N    
  Unscored 304 269  
  Scored but had a thin file 236 401  
  Scored and had a thick file 155 257  
Note: The results are the predicted probabilities and counts after controlling for differences in 
the demographic and financial characteristics of PFM and comparison group members within 
each subgroup based on the regression models in column B of Tables B4 through B7 in 
appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
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 PFM participants who were unscored were more likely to have a score than their 

counterparts in the comparison group (Table 3.5). However, the 6.6 percentage-point 

difference is not statistically significant. On the other hand, among those who had scores 

but thin credit files, the percent who had scores two years later decreased by a similar 

percentage for both groups. Nearly all study participants who had credit scores and thick 

files at program entry continued to have scores two years later. The PFM program’s 

impact on the likelihood of having a prime credit score differed depending on 

participants’ credit status at program entry. Among individuals who had credit scores and 

thick credit files at the time of program entry, PFM participants were more likely than 

comparison group members to have a prime credit score two years later. The nearly 10-

percentage-point difference among those with thick files is statistically significant at the 

.05 level. Among individuals who were unscored or who had thin credit files, the 

program did not have a significant impact on having a prime score. The percent of 

participants who had an increase in trade accounts with positive ratings differed by 

individuals’ credit status at the time of program entry, but there were significant positive 

differences between PFM and comparison group members among the unscored as well as 

among those with thin and thick credit files. The program also had a significant positive 

impact on the average number of trade accounts with positive ratings that participants 

held among the unscored and those with thin credit files. 

 To better understand the primary credit outcomes, I examined differences in the 

credit activity of PFM and comparison group members. The full regression results for this 

analysis are presented in Tables B8 through B10 in appendix B. I found that the 

likelihood of having any open trade accounts did not differ significantly between the two 
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groups two years after program entry (Table B8). An interesting finding is that PFM 

participants were significantly more likely than comparison group members to have 

closed trade accounts with positive ratings—52.3 percent versus 42.5 percent—but there 

was not a significant difference in the likelihood of having open trade accounts with 

positive ratings—46.6 percent of PFM participants did compared to 44.4 percent of 

comparison group members Tables B9 and B10). This finding indicates that PFM did not 

change individuals’ credit behavior in the way the model anticipated and may help 

explain the lack of impacts on having a score or a prime score. The credit-building 

approach underlying the PFM model called for encouraging individuals to open or 

maintain open trade accounts and use them responsibly in order to build credit scores. 

Paying off and closing accounts or disputing errors on closed accounts may improve the 

credit history on a report and eventually help improve credit scores, but scores are 

unlikely to improve substantially without ongoing use of open trade lines.11  

Differences Across Subgroups of Participants 

 Before turning to differences in program impacts for the subgroups of interest, I 

used the results from the regression models in column A of Tables B4 through B7 in 

appendix B to examine whether certain subgroups were more likely to achieve the 

primary credit-related outcomes two years after entering the programs, regardless of their 

treatment status. After controlling for individuals’ treatment status, credit status at the 

time of program entry, and other differences in their demographic and financial 

characteristics, certain subgroups were more likely to achieve the credit outcomes. The 

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
11 In the fall of 2014, FICO began rolling out a new version of its credit score that weighs medical debts in 
collections less heavily and ignores paid collection accounts in calculating the score. These changes 
occurred after data collection for this study ended and, therefore, would not have influenced study 
participants’ scores or the advice given by the PFM financial counselors. 
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likelihood of having an increase in trade accounts with positive ratings and of having a 

prime credit score two years after program entry was significantly greater for individuals 

who had a college degree than for those who had less than a high school diploma or 

equivalent degree. Those who had at least at high school diploma or GED had a greater 

number of trade accounts with positive ratings than those who did not have a diploma or 

degree. The likelihood of having a prime score or of having an increase in trade accounts 

with positive ratings was also greater for individuals who were married or living with a 

partner than for those who were never married. The likelihood of having a credit score 

was lower for individuals who were divorced, separated, or widowed than for those who 

were never married. Female participants had a greater likelihood than male participants 

of having a credit score and of having an increase in the number of trade accounts with 

positive ratings as well as a greater number of accounts with positive ratings.  

 I then examined whether there were differences in the programs’ impact on the 

primary credit outcomes for key subgroups of interest. To estimate these impacts, I used 

regression models with interaction terms between treatment status and the variables for 

the subgroups of interest, described in more detail in chapter two. In addition to the 

interaction between treatment status and credit status at the time of program entry, the 

models included interaction terms for treatment status by gender, race, age, education 

level, criminal record status, citizenship status, and whether individuals had positive net 

income when they entered the programs. Whether the PFM programs can help subgroups 

that are more likely to be unscored or to have thin credit files improve their credit 

histories and scores is of particular policy and research interest. The results for the full 
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regression models with the interaction terms included are presented in column B of 

Tables B4 through B7 in appendix B. 

 The subgroup analysis revealed that there were no significant differential impacts 

across subgroups on the likelihood of having a credit score or on the likelihood of having 

a prime credit score. However, the programs’ impact on the likelihood of having an 

increase in trade accounts with positive ratings two years after entering the programs 

varied by participants’ age and level of education. The difference between PFM 

participants and comparison group members in the likelihood of having such an increase 

was significantly greater among individuals who were age 25 or older than among young 

adults ages 18 to 24, after controlling for differences in the demographic and financial 

characteristics of these groups. The difference between the PFM participants and 

Table 3.6. Program Impacts on the Likelihood of Having an Increase in 
Trade Accounts with Positive Ratings Reported on the Credit Report by Age 
and Level of Education at the Time of Program Entry 

 
PFM  

Group 
(n=695) 

Comparison 
Group 

(n=927) 
Difference 

Age     
  Ages 25 and older 38.5% 22.3% 16.3%*** 
  Ages 18 to 24 33.5% 34.3%  -0.8% 
Education Level     
  College degree 51.5% 24.0% 27.5%*** 
  High school diploma 39.4% 24.3% 15.1%*** 
  GED 35.8% 25.3% 10.6% 
  No high school diploma or  
  equivalent degree 27.4% 25.3%   2.1% 

Note: The results are the predicted probabilities of achieving the outcome after controlling for 
differences in the demographic and financial characteristics of the PFM and comparison group 
members and of the subgroups based on the regression models in column B of Tables B4 through 
B7 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
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comparison group members was also significantly greater among individuals who had a 

college degree than among those who did not have at least a high school diploma or 

equivalent degree. The differences between these groups are illustrated in Table 3.6. 

Regarding the average number of accounts with positive ratings, the differences between 

PFM participants and comparison group members were greater among males than 

females, among U.S. citizens than non-citizens, and among participants who had positive 

net income at program entry than among those who did not. 

Findings for PFM Participants Who Received Financial Counseling 

 In this section, I examine whether the PFM programs had an impact on the credit 

outcomes of the job seekers who received financial counseling from the programs.  

The research question in this case is whether community organizations can help the low-

income job seekers whom they engage in financial counseling to improve their credit 

scores and credit usage. To answer this question, I repeated the propensity score 

matching process with only the PFM participants who completed the assessment and 

received financial counseling and the comparison group members. I compare the 

outcomes of the counseled PFM participants to the outcomes of the matched comparison 

group members.  

 As noted earlier, about half (50.5 percent) of the job seekers who sought 

assistance from the PFM programs participated in financial counseling. The job seekers 

who received financial counseling differed in some important ways from those who did 

not. I first examined a logistic regression model predicting the likelihood of receiving 

financial counseling that included all of the demographic and financial characteristics 

described in chapter two except for participants’ credit status at the time of program 
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entry. The model also included a variable for the PFM site at which individuals 

participated, to control for differences that were due to the performance of the five 

organizations in the study. I then added a variable for participants’ credit status at the 

time of program entry to the model (see the full regression model results in Table B11 in 

appendix B). With or without credit status in the models, I found that: 

• Individuals who were age 25 or older were significantly more likely than those 

ages 18 to 24 to receive financial counseling.  

• Individuals who had either a high school diploma or a college degree were more 

likely to receive financial counseling than those who had less than a high school 

diploma or equivalent degree.  

• Individuals who had not worked at any time during the past year were more 

likely than those who had worked to receive financial counseling. 

• There were no significant differences in the likelihood of receiving financial 

counseling between Black and Hispanic participants. 

 Table 3.7 below presents the predicted probabilities of achieving the outcomes 

and predicted counts for the PFM participants who received financial counseling and the 

comparison group members after controlling for any differences in the characteristics of 

the two groups that remained after matching. The full regression results for the models 

predicting the credit outcomes of the PFM participants who received financial counseling 

appear in column A of Tables B12 through B15 in appendix B. PFM participants who 

received financial counseling were somewhat more likely than comparison group 

members to have a credit score two years after program entry, although the 5.1 

percentage-point difference is only marginally significant with a p-value of .051. Among  
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Table 3.7. Program Impacts on the Targeted Credit Outcomes for Individuals 
Who Received Financial Counseling from the PFM Programs 

 
PFM  

Group 
(n=354) 

Comparison 
Group 

(n=912) 
Difference 

Had a credit score 66.0% 60.9%  5.1% 
Had a prime credit score 23.9% 20.7%  3.2% 
Had an increase in trade 
accounts with positive ratings 43.7% 25.3% 18.4%*** 

Number of trade accounts 
with positive ratings 5.9 5.1 0.8* 
Note: The results are the predicted probabilities and counts after controlling for differences in the 
demographic and financial characteristics of PFM and comparison group members based on the 
regression models in column A of Tables B13 through B16 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 

 
all counseled PFM participants, the program did not have a significant impact on the 

likelihood of having a prime credit score two years after program entry. However, the 

likelihood that participants had an increase in trade accounts with positive ratings on their 

credit reports was significantly greater among counseled PFM participants than among 

comparison group members as was the average number of accounts with positive ratings.   

 Turning to program impacts by participants’ credit status at the time of program 

entry, Table 3.8 below presents the predicted probabilities for individuals who were 

unscored, those who had scores but thin files, and those who had scores and thick files, 

controlling for any differences in the characteristics of the PFM and comparison group 

members within each of these groups. The full regression results for the models that 

include the interaction terms are presented in column B of Tables B12 through B15 in 

appendix B. I found that PFM participants who were unscored when they entered the 

programs were significantly more likely than their counterparts in the comparison group 

to have a credit score after two years—an 11.0 percentage-point difference. As found 

with the overall sample, among individuals who had credit scores but thin credit files, the  
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Table 3.8. Programs Impacts on the Targeted Credit Outcomes for Individuals Who 
Received Financial Counseling by Their Credit Status at the Time of Program Entry 
 PFM Group Comparison Group Difference 
Had a credit score     
  Unscored 34.8% 23.8%  11.0%* 
  Scored but had a thin file 77.0% 75.7%  1.3% 
  Scored and had a thick file 100.0% 98.9%  1.1% 
Had a prime credit score     
  Unscored 12.5% 10.3%  2.2% 
  Scored but had a thin file 14.7% 15.1% -0.4% 
  Scored and had a thick file 51.6% 42.6%  9.0% 
Had an increase in trade 
accounts with positive ratings     

  Unscored 35.4% 15.3% 20.1%*** 
  Scored but had a thin file 42.9% 24.4% 18.5%*** 
  Scored and had a thick file 57.0% 41.9% 15.1%* 
Number of trade accounts 
with positive ratings    

  Unscored 1.01 0.50 0.51*** 
  Scored but had a thin file 3.52 2.68 0.84** 
  Scored and had a thick file 15.84 15.43 0.41 
N    
  Unscored 145 269  
  Scored but had a thin file 112 391  
  Scored and had a thick file 97 252  
Note: The results are the predicted probabilities and counts after controlling for differences in the 
demographic and financial characteristics of PFM and comparison group members within each subgroup 
based on the regression models in column B of Tables B13 through B16 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
 
percent who had credit scores two years later decreased by a similar amount for both 

counseled PFM participants and comparison group members. There were substantive 

differences in the impacts on having a prime credit score by participants’ credit status at 

the time of program entry. As with the overall sample, counseled PFM participants who 

had credit scores and thick credit files at the time of program entry were more likely than 
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their counterparts in the comparison group to have a prime credit score after two years 

although the 9 percentage-point difference was only marginally statistically significant 

(p=.054). Among counseled participants who were unscored or who had scores but thin 

credit files at program entry, there were no significant impacts on the likelihood of 

having a prime credit score two years later. 

 Turning to the likelihood of having an increase in the number of trade accounts 

with positive ratings, the differences between the counseled PFM participants and the 

comparison group members were significant within each of the subgroups of individuals 

with no credit score, thin credit files, and thick credit files at the time of program entry 

with larger differences found among the unscored and those with thin files (Table 3.8). 

Differences in the average number of accounts with positive ratings that individuals held 

were also significant among the unscored and those with thin credit files.  

 As with the full sample of enrolled participants, I further examined differences in 

the credit activity of PFM participants who received financial counseling and comparison 

group members, to better understand the primary credit outcomes. The main difference I 

found in program impacts for those who received financial counseling versus all those 

who sought assistance from PFM was that those who received counseling were more 

likely than comparison group members to have open trade accounts with positive ratings 

after two years (see Table B16 in appendix B). Among all individuals who sought 

assistance from PFM, there was no significant difference in the likelihood of having open 

accounts with positive ratings. This indicates that those who received counseling were 

more likely to engage in activities that could build their credit. However, overall the 

program did not have a positive impact on counseled participants’ credit scores, 
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indicating that it may take more than two years for individuals with negative or limited 

credit histories to build sufficient enough positive histories to improve scores. 

Differences for Subgroups of Counseled Participants 

 As with the overall sample, I examined whether there were differential program 

impacts on the primary credit outcomes across key demographic subgroups of interest 

among those who received financial counseling. The results for the full regression models 

with the interaction terms included are presented in column B of Tables B12 through B15 

in appendix B. There were no significant subgroup differences in the programs’ impact 

on the likelihood of having a credit score or on the likelihood of having a prime score. 

Regarding the likelihood of having an increase in trade accounts with positive ratings on 

their credit reports, the difference between counseled PFM participants and comparison 

group members was significantly greater among individuals who had a college degree 

than among those who had less than a high school diploma or equivalent degree, after 

controlling for differences in the demographic and financial characteristics of these 

Table 3.9. Program Impacts on the Likelihood of Having an Increase in 
Trade Accounts with Positive Ratings Reported on the Credit Report by 
Level of Education at the Time of Program Entry, Among PFM Participants 
Who Received Financial Counseling 

 
PFM  

Group 
(n=354) 

Comparison 
Group 

(n=912) 
Difference 

Education Level     
  College degree 63.2% 24.3% 38.9%*** 
  High school diploma 45.0% 26.4% 18.6%*** 
  GED 47.0% 26.8% 20.2%* 
  No high school diploma or  
  equivalent degree 21.6% 23.0%   -1.4% 
Note: The results are the predicted probabilities of achieving the outcome after controlling for 
differences in the demographic and financial characteristics of the subgroups based on the 
regression models in column B of Tables B13 through B16 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
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groups. The differences in impacts across education levels are illustrated in Table 3.9 

below. Additionally, the differences between counseled PFM participants and 

comparison group members in the number of accounts with positive ratings were greater 

among U.S. citizens than among non-citizens and among participants who had positive 

net income at program entry than among those who did not. 

Summary and Discussion 
 
 As noted in the introduction, scholars have argued for a variety of policy 

responses to wealth inequality based on theories about its underlying causes. The PFM 

model assumes that community-based organizations can address at least some of the 

barriers low-income families of color face to increasing their net worth, including low 

financial literacy, behavioral and psychological barriers to financial services usage, and 

institutional barriers that prevent low-income individuals from accessing these services. 

Regarding credit, financial counselors were expected to educate individuals about credit 

and the factors that influence credit scores, review individuals’ credit reports with them, 

provide advice about how to build a positive credit history, and provide access to 

products that could help individuals build a credit history, if needed, such as secured 

credit cards or loans. Behavioral economists have argued that employment programs 

provide a good opportunity to engage people in financial services because job seekers 

will be motivated to take advantage of these services in order to manage their new 

income and improve their overall financial situation.  

 The findings on the PFM program’s impacts on low-income job seekers’ credit 

outcomes are mixed. The PFM programs had a significant impact on the likelihood of 
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having an increase in the number of trade accounts with positive ratings on individuals’ 

credit reports. Additional analyses revealed that PFM participants were more likely than 

comparison group members to make on-time payments on trade accounts and to have a 

greater number of accounts with positive ratings. However, the programs did not have a 

significant impact on the likelihood of having a credit score or of having a prime credit 

score among all individuals who sought assistance from the programs. FICO scores are 

based on a combination of payment history, amounts owed, length of credit history, credit 

mix (e.g., loans versus revolving credit), and the number of inquiries made by creditors 

(indicating the consumer is seeking new credit). Payment history and amounts owed are 

given the most weight, which suggests that paying trade accounts as agreed should result 

in improved credit scores. However, the only subgroup for which the programs increased 

the likelihood of having a prime credit score was for those who had scores and thick 

credit files when they came to the programs. This suggests that increasing positive trade 

account activity can eventually lead to improved credit scores but this may take longer 

than two years, particularly for individuals who have no or limited credit histories but 

substantial collections and other negative activity on their credit reports.  

 The difference in the percent of PFM and comparison group members who had an 

increase in trade accounts with positive ratings was substantial, but just under 38 percent 

of all PFM participants achieved this goal. Impacts on the likelihood of having an 

increase in trade accounts with positive ratings were greater for two subgroups of 

participants: those who were age 25 or older and those who had a college degree. Just 

over half of PFM participants with college degrees achieved this goal; however, this 
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group represents a small portion of the sample as most PFM participants either had a high 

school diploma or less education.  

 One reason for the limited impacts for the full sample appears to be the fact that 

only half of the individuals seeking employment assistance from the PFM programs were 

engaged in financial counseling services. Individuals who were age 25 or older and those 

with either a high school diploma or college degree were more likely to receive financial 

counseling. Groups that were perhaps in greater need of assistance, including young 

adults and those without a high school diploma or equivalent degree, were less likely to 

receive financial counseling. Research indicates that financial literacy is lower among the 

young and those with low levels of education and, within the study sample, these groups 

were more likely to be unscored or to have thin credit files. The findings raise questions 

about how community-based employment programs can engage low-income individuals 

in financial counseling who may not believe they can benefit from these services. When 

individuals who were unscored at the time of program entry were engaged in financial 

services, the programs had a significant positive impact on the likelihood that they had 

credit scores two years after program entry.  

 The findings also contribute to understanding differences in the credit profiles of 

low-income unemployed or underemployed individuals. The low-income individuals in 

the study who were seeking assistance with employment were substantially less likely 

than U.S. consumers in general to have prime credit scores or to have credit scores at all. 

Within this sample of low-income job seekers in Chicago, the findings about the 

demographic subgroups that were more likely to face barriers to accessing credit are 

similar to those in the research literature. Black participants were more likely than 
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Hispanic participants to be unscored or to have thin credit files, even after accounting for 

differences in these individuals’ demographic and financial characteristics, which may 

reflect the history of discrimination in lending or extending credit to Black families. Male 

participants, young adults ages 18 to 24, and those who lacked a high school diploma or 

equivalent degree were more likely to be unscored or to have thin credit files. The 

findings regarding improvements in credit outcomes over time for subgroups of 

participants, regardless of their treatment status, are also consistent with research on 

wealth mobility. That is, individuals who had more education and those who were 

married were more likely to have improvements in their credit outcomes after two years.  

 The diversity of the credit profiles of the individuals seeking assistance from the 

PFM programs suggests that financial counselors could not take a one-size-fits-all 

approach but rather that they needed to tailor their advice and assistance to individuals’ 

situations. To be effective, counselors needed expertise in understanding how various 

factors influence credit scores and what individuals with very different credit situations 

needed to do to improve their status. One question the findings raise is whether 

counselors took the credit-building approach that FSN prescribed or whether they took a 

more-traditional credit-repair approach. PFM participants were significantly more likely 

to have closed trade accounts that were paid as agreed but no more likely than 

comparison group members to have open accounts that were paid as agreed. This is the 

opposite of what one would expect if the programs’ impact on the likelihood of having an 

increase in trade accounts with positive ratings resulted from the model’s credit-building 

approach. In subsequent chapters, I will examine the approaches taken by the financial 

counselors and what organizational and contextual factors influenced this. 
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 The implications of the findings for the overall sample are that community-based 

organizations implementing the PFM model can help low-income job seekers make 

progress in building positive credit histories. However, after two years nearly 38 percent 

of the PFM participants were unscored and most of those who had credit scores continued 

to have subprime scores. In the next chapter, I examine whether any of the five 

organizations implementing the PFM model were more successful than others in 

engaging individuals in financial counseling and in helping them achieve the targeted 

credit outcomes. 
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CHAPTER 4 
DIFFERENCES IN PROGRAM IMPACTS ACROSS THE PFM 

ORGANIZATIONS 
 

Overview 
 
 Before drawing conclusions about whether a policy intervention that relies on 

community-based organizations to help low-income job seekers improve their credit 

ratings and credit usage is effective, it is important to examine differences in the results 

across the participating organizations. As discussed in the introduction, factors at the 

environmental, organizational, and programmatic levels influence how a policy is 

implemented and the outcomes it produces. Only half of the job seekers who sought 

assistance from the PFM programs received financial counseling, which raises questions 

about whether certain organizations were more effective than others at implementing the 

PFM model and what factors facilitated or hindered their ability to do so. In this chapter, 

I first describe the organizations and the characteristics of the individuals they served. I 

then examine differences in the organizations’ engagement of job seekers in financial 

counseling and their impacts on the targeted credit outcomes. As in chapter 3, I examine 

site-level program impacts first among all enrolled participants and then among 

participants who received financial counseling. I present the results overall and for 

subgroups based on participants’ credit status at the time of program entry.  

 Table 4.1 summarizes the main findings for the full sample of PFM participants 

who sought assistance from the programs and for PFM participants who received 

financial counseling. As was the case overall, none of the individual organizations had 

impacts on the likelihood of having a credit score or of having a prime score for all 
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enrolled participants. One organization, CAC, had positive impacts on the likelihood of 

having a credit score and of having a prime score among all counseled participants. Four  

Table 4.1. Summary of Findings on Program Impacts on the Credit Outcomes of All 
Participants Two Years after Program Entry for Each PFM Organization  
 FDS CAC CEN TI TJC 
 E C E C E C E C E C 
Had a credit score    +       
Had a prime score    +       
Had any increase in trade 
accounts with positive ratings + + + + + + + +   

Number of trade accounts with 
positive ratings     + +     

E=Enrolled participants  C=Participants who received financial counseling 
+ Significant positive effect   – Significant negative effect   Blank No significant effect 
 
Table 4.2. Summary of Findings on Program Impacts on Credit Outcomes for Each 
PFM Organization by Individuals’ Credit Status at the Time of Program Entry 
 FDS CAC CEN TI TJC 
 E C E C E C E C E C 
Unscored at program entry           
  Had a credit score +  + +    +   
  Had a prime score           
  Had any increase in trade 
  accounts with positive ratings +  + +   + +   

  Number of trade accounts  
  with positive ratings +  + +    +   

Scored but had a thin credit 
file at entry           

  Had a credit score         −  
  Had a prime score    + −  − −   
  Had any increase in trade  
  accounts with positive ratings + + + + + +     

  Number of trade accounts  
  with positive ratings +  + + + +     

Scored and had a thick credit 
file at entry           

  Had a credit score           
  Had a prime score     + +     
  Had any increase in trade 
  accounts with positive ratings     + +     

  Number of trade accounts  
  with positive ratings     + +     

E=Enrolled participants  C=Participants who received financial counseling 
+ Significant positive effect   – Significant negative effect   Blank No significant effect 
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of the five sites, all but TJC, had positive impacts on the likelihood of having an increase 

in trade accounts with positive ratings, both among all enrolled and among all counseled 

participants. Only CEN had significant positive impacts on the number of accounts with 

positive ratings among all enrolled and all counseled participants. 

 Table 4.2 summarizes the site-level findings on program impacts for subgroups of 

participants based on their credit status when they entered the PFM programs. Some 

organizations were more successful than others and different organizations had impacts 

with different subgroups of participants. Among enrolled participants who lacked credit 

scores at program entry, FDS and CAC had significant positive impacts on the likelihood 

of having a credit score, the likelihood of having an increase in trade accounts with 

positive ratings, and the number of trade accounts with positive ratings that participants 

held after two years. Among unscored participants who received financial counseling, 

CAC and TI had positive impacts on these three outcomes while FDS did not. Among 

counseled participants who had credit scores but thin credit files at program entry, CAC 

had a positive impact on the likelihood of having a prime score while FDS, CAC and 

CEN had a positive impact on the likelihood of having an increase in trade accounts with 

positive ratings. Among participants who had credit scores and thick credit files at 

program entry, CEN was the only organization to have positive impacts on the likelihood 

of having a prime score, the likelihood of having an increase in trade accounts with 

positive ratings, and the number of accounts with positive ratings. 

The Organizations 

 All five organizations in the study were nonprofits but differed in terms of their 

traditional programmatic focus, age, size, sources of funding, and how they integrated the 
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PFM model into their existing services—factors that could influence their ability to 

achieve the program’s goals. Two were multiservice agencies that had served Chicago 

communities for more than a century with a primary focus on emergency and family 

services. Three were workforce development agencies that had opened within the past 40 

years. The agencies had annual budgets ranging from under $2 million to $38 million and 

annual numbers of individuals served ranging from 500 to 53,000. Three received more 

than 60 percent of their funding from public sources while two relied primarily on private 

sources. Two agencies integrated the PFM services into their existing employment and 

training programs while PFM was a stand-alone program at two agencies, and one agency 

did both. Following are descriptions of each organization and how it integrated PFM into 

its services. 

FDS 

 Founded in 1899 as a settlement house to assist new immigrants, FDS is a 

nonprofit multiservice organization that provides child welfare, behavioral health, 

education, and employment services to help adults and youth become self-sufficient. 

FDS’s traditional focus is on emergency services, and it serves thousands of community 

residents through its food pantry and intensive case-management services. In 2011-2012, 

its overall operating budget was $13 million, and it served about 20,000 individuals 

annually. Nearly three-quarters of its revenue came from grants and fees from 

government agencies. In 2006, FDS opened a career center to provide adult education 

and employment services and began providing PFM services to individuals in these 

programs. When the study began, FDS expected to offer PFM services to individuals 

participating in its job readiness and customer service skills trainings, a transitional jobs 
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program, and GED preparation classes. In January 2013, FDS ended its PFM program. A 

case manager and financial counselor continued to provide limited PFM services to 

existing participants through May 2013, about nine months after the study enrollment 

period ended.  

CAC 

 CAC is a nonprofit workforce development organization founded in 1977 with a 

mission of contributing to the development of Latino immigrants and their families 

through education, training, and employment. Its programs include occupational training, 

classes in GED preparation, citizenship, and English as a second language, youth 

development programs, and an alternative high school. Its operating budget in 2011-2012 

was $11 million, and it served about 9,000 people annually. About 63 percent of CAC’s 

funding came from government sources. CAC was one of the first organizations to 

implement the PFM model in Chicago in 2005. PFM was both a stand-alone program at 

CAC that included a 5-week career development workshop and a set of services offered 

to participants in the agency’s occupational training and education programs. During the 

study period, CAC also integrated PFM services into its alternative high school, targeting 

graduating seniors and their parents, and into a career advancement program for working 

single mothers. CAC partnered with a community development organization with 

experience in financial counseling and education services to provide financial counseling 

to PFM participants on-site at CAC. 

CEN 

 CEN is a nonprofit multiservice agency founded in 1857 with a mission to 

strengthen families and communities by providing services in economic stability, 
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education, emotional wellness, and empowerment. Its traditional programmatic focus is 

providing counseling to families involved with the state’s family services department and 

the city’s housing authority, including employment and financial literacy services. In 

2012, CEN had an agency-wide annual budget of $38 million and served about 53,000 

people in seven communities in Chicago and its suburbs. Its primary revenue source was 

government grants. The CEN PFM was the newest program among the five study sites. It 

began operating in June 2011 out of a community college on Chicago’s South Side. CEN 

took over management of the PFM in January 2012, three months after study enrollment 

began, when the original parent organization ceased operations. PFM served both 

community residents and students at the community college. PFM operated 

independently from CEN’s other programs but PFM staff could refer participants to 

needed services at other CEN locations.  

TI 

 TI is a nonprofit workforce development organization founded in 1999 to address 

the employment needs of community residents. Its mission is to improve residents’ 

earnings potential through employment initiatives that lead to economic advancement and 

improved quality of life. In 2012, the organization had an annual operating budget of $1.8 

million, and it served about 1,000 individuals annually. About 59 percent of its revenue 

came from private foundation and corporate contributions and 30 percent from 

government sources. Like CAC, TI was one of the first organizations to implement PFM 

in Chicago in 2005. At that time, it began offering financial counseling and income 

support counseling to community residents using its resource room and integrated the 

PFM model into its flagship employment program, a four-week job readiness program for 
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individuals with felony convictions. During the study period, TI also integrated PFM 

services into an urban home weatherization-training program and into a shorter version of 

the job readiness program for community residents who did not have felony convictions. 

TJC 

 TJC is a nonprofit workforce development organization founded in 1991 to help 

adults affected by homelessness and poverty to find employment. The organization’s 

traditional programmatic focus is training in life skills, job readiness, and career 

development, as well as job placement and retention assistance and financial counseling. 

TJC also operated a program that provided transitional jobs in neighborhood 

beautification to help individuals build job skills and earn income. In 2011, TJC had an 

annual operating budget of about $6 million, and it served about 500 people annually. Its 

primary sources of funding were private contributions (38 percent), government 

contributions (28 percent), and business contracts for its transitional jobs program (24 

percent). While TJC is located in downtown Chicago and serves people citywide, its 

PFM program is located on Chicago’s South Side. The TJC PFM was originally operated 

by another multiservice community agency, and TJC assumed management of the 

program in 2008. The PFM program operated independently of TJC’s traditional 

program, although PFM participants who were eligible and interested could be referred to 

the traditional program or to the transitional jobs program. 

 As noted in the first chapter, studies of financial counseling and education 

programs have not focused on how organizational factors influenced program outcomes. 

The PFM goal of improving individuals’ financial well-being was consistent with the 

missions of all five organizations. One hypothesis regarding how organizational factors 
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might influence outcomes is that the multiservice agencies would be more effective than 

the workforce development agencies in implementing the PFM model given their 

experience providing multiple types of services. On the other hand, given that the PFM 

model was built onto agencies’ employment services, an alternative hypothesis is that 

workforce development organizations would perform better than agencies where the 

employment services were not the primary focus of the agency. Regarding the 

organizations’ funding sources, funding through public contracts tends to have more 

performance standards than private funding, but research has found that such standards 

can lead to unintended consequences, such as the provision of short-term services and 

targeting easier-to-place clients (Heinrich 2007; Heinrich and Lynn 2000). Therefore, one 

hypothesis is that organizations that relied more on private funding than public funding 

would have the flexibility to provide more intensive, tailored services.  

Participants 

 While all five sites served low-income individuals, there were important 

differences in the characteristics of participants across the sites that could influence the 

programs’ ability to achieve the targeted credit goals. Tables 4.3 and 4.4 present the 

characteristics of participants across the five organizations. The racial composition of 

participants at each site reflected that of the communities in which the programs were 

located. At CEN, TJC, and TI, which were located in the predominantly Black 

communities of Englewood, Grand Boulevard, and North Lawndale, more than 90 

percent of participants were Black. At CAC, which served the predominantly Hispanic 

communities of Pilsen and Back of the Yards, 85 percent of participants were Hispanic.  
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Table 4.3. Demographic and Financial Characteristics of the PFM Participants in the 
Final Sample by Organization 

 

FDS 
(n=166) 

CAC 
(n=127) 

CEN 
(n=166) 

TI 
(n=64) 

TJC 
(n=172) 

Average age 35.3 37.5 35.0 37.7 39.8 
Age 18 to 24 22.3% 20.5% 28.3% 10.9% 9.3% 
Female 61.4% 50.8% 59.4% 22.2% 51.2% 
Race      
  Black 59.0% 12.6% 94.6% 92.2% 96.5% 
  Hispanic 33.7% 85.0% 3.0% 3.1% 1.7% 
  White 5.4% 2.4% 0.6% 0.0% 0.0% 
  Other non-White 1.8% 0.0% 1.8% 4.7% 1.7% 
US citizen 98.8% 77.2% 99.4% 100% 99.4% 
Highest Degree Earned      
  No degree or diploma 36.7% 20.5% 24.1% 17.2% 20.3% 
  GED 15.1% 17.3% 14.5% 23.4% 16.9% 
  High school diploma 40.4% 38.6% 48.8% 42.2% 51.7% 
  College degree 7.8% 23.6% 12.7% 17.2% 11.0% 
Currently attending college or 
training 7.2% 7.9% 25.5% 15.9% 4.7% 
Had a criminal conviction 41.6% 15.0% 30.7% 67.2% 57.6% 
Had health condition that limited 
ability to work 18.7% 7.1% 16.9% 7.8% 12.8% 
Employed during the past year 38.0% 60.6% 46.4% 43.8% 45.9% 
Marital Status      
  Never married 65.1% 38.6% 70.5% 81.3% 69.8% 
  Separated, divorced, widowed 18.7% 16.5% 16.9% 7.8% 20.9% 
  Currently married or living in   
  marriage-like relationship 16.3% 44.9% 12.7% 10.9% 9.3% 
Had any children under age 18 56.0% 55.1% 50.0% 50.0% 44.8% 
Housing Status      
  Homeless 11.4% 3.1% 4.8% 4.7% 7.6% 
  Rents home 56.0% 55.9% 53.6% 53.1% 59.9% 
  Owns home 7.2% 28.3% 6.6% 6.3% 7.0% 
  Lives rent-free 25.3% 11.8% 34.9% 35.9% 25.6% 
Received SNAP in past month 68.1% 40.9% 63.3% 65.6% 76.2% 
Average net income last month -$473 -$832 -$416 -$456 -$162 
Had net worth greater than zero 27.7% 54.3% 28.3% 26.6% 16.3% 
Had net income greater than zero 25.3% 28.3% 28.3% 20.3% 31.4% 
Had any linkages to mainstream 
financial institutions 41.6% 77.2% 55.4% 40.6% 53.5% 
Reported any indicators of 
financial distress 48.2% 53.5% 57.8% 51.6% 63.4% 
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Table 4.4. Credit Profiles of the PFM Participants in the Final Sample by Organization 

 

FDS 
(n=166) 

CAC 
(n=127) 

CEN 
(n=166) 

TI 
(n=64) 

TJC 
(n=172) 

Had a prime credit score 10.8% 35.4% 9.6% 10.9% 9.3% 
Had a subprime credit score 35.5% 39.4% 44.6% 34.4% 48.8% 
Did not have a credit score 53.6% 25.2% 45.8% 54.9% 41.9% 
Scored but had a thin credit file 33.1% 33.1% 28.9% 29.7% 41.9% 
Scored and had a thick credit file 13.3% 41.7% 25.3% 15.6% 16.3% 
Had any trade accounts with 
positive ratings 39.8% 69.3% 53.6% 45.3% 52.9% 
Had any trade accounts with 
negative ratings 44.0% 50.4% 49.4% 53.1% 61.0% 
Made any payments on trade 
accounts in the past year 25.9% 53.5% 33.7% 25.0% 26.7% 
Had any collections 71.7% 54.3% 72.9% 76.6% 81.4% 
Had any derogatory public records 15.7% 18.9% 21.7% 17.2% 27.3% 

  
FDS was the only site to serve significant numbers of both Black and Hispanic 

individuals, reflecting the diversity of the Humboldt Park and nearby community areas 

from which FDS drew most of its participants. Beyond the racial composition of their 

participants, some other characteristics distinguished the five sites as follows. 

FDS 

 More than a third (36.7%) of FDS participants lacked a high school diploma or 

GED—a higher percentage than at all other sites. A smaller percentage of FDS 

participants had worked at all during the year prior to entering the program (38.0%) than 

at the other sites. They were more likely to be homeless (11.4%) and to have a health 

condition that limited their ability to work (18.7%). Next to participants at TI, they were 

the least likely to report any linkages to mainstream financial institutions (41.6% did). At 

the same time, they were the least likely to report any indicators of financial distress 

(48.2%). Just over half (53.6%) did not have sufficient recent credit history to have a 
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credit score, and FDS participants were less likely than those at all other sites to have any 

trade account history (e.g., loans, credit cards) on their credit reports.  

CAC 

 The CAC participants differed from those at the other sites in many ways. CAC 

was the only site where substantial portions of participants were immigrants (51.2%) and 

not US citizens (22.8%). A higher percentage of CAC participants than those at the other 

sites had a college degree—though it was still less than a quarter (23.6%). Substantially 

fewer participants at CAC had a criminal record (15%). A higher percentage had worked 

during the previous year (60.6%). CAC participants were significantly more likely than 

those at other sites to be married (44.9%) and to own a home (28.3%). As a group, they 

had the highest average family income among the sites but also the highest average 

expenses. CAC participants were more likely than those at all other sites to have net 

worth greater than zero (54.3%), to have linkages to mainstream financial institutions 

(77.2%), and to have credit scores and thick credit files (41.7%). They were the most 

likely to have prime credit scores, although only 35.4 percent did.  

CEN 

 As would be expected given its location at a community college, CEN served a 

higher percentage than the other sites of individuals who were currently attending college 

classes or job training at the time of program entry (25.5%). It also served the highest 

percentage of young adults ages 18 to 24 (28.3%). Next to TI, CEN served the highest 

percentage of individuals who did not own their home or pay rent. CEN participants were 

less likely to have a criminal record (30.7%) than those at all sites except CAC. They 

were more likely than those at all sites except CAC to have credit scores and thick credit 
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files (25.3%) and to have made payments on accounts in the past year (33.7%). However, 

nearly 45 percent had subprime credit scores.  

TI 

 TI was the only site where the majority (77.8%) of participants were men. Two-

thirds of its participants had criminal convictions, which was the target population of its 

primary employment program and significantly more than all sites except TJC. Next to 

TJC, it served the fewest young adults ages 18 to 24 (10.9%). TI served the highest 

percentage of participants who had a GED (23.4%), who were never married (81.3%), 

and who did not own their home or pay rent (35.9%). As a group, TI participants were the 

least likely among the sites to have any linkages to mainstream financial institutions 

(40.6% did) and the most likely to lack sufficient recent credit activity to have a credit 

score (54.9%).  

TJC 

 TJC served the smallest percentage among the sites of young adults ages 18 to 24 

(9.3%) and had the highest average age at just under 40. TJC served a higher percentage 

of individuals with criminal convictions (57.6%) than all sites except TI. It served the 

highest percentage who were divorced. As a group TJC participants were more likely 

than those at other sites to have received SNAP in the month prior to entering the 

program (76.2%) and to have had net income greater than zero that month, though only 

31.4 percent did. On the other hand, TJC had the highest percentage of participants who 

reported any indicators of financial distress (63.4%), and its participants were more likely 

than those at other sites to have negative information on their credit reports, including 
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having accounts in collections (81.4%), derogatory public records (27.3%), and trade 

accounts with negative ratings (61.0%). Nearly half had subprime credit scores. 

 The characteristics of the individuals the organizations served could have 

influenced program outcomes in a number of ways. Given the history of discrimination in 

lending to Black families and the finding in chapter 3 that Black participants were more 

likely than Hispanic participants to be unscored or to have thin credit files when they 

entered the programs, the three organizations where more than 90 percent of participants 

were Black may have faced greater difficulty achieving the outcomes than the two that 

served Latino participants or an otherwise more racially diverse population. Other 

subgroups of participants who were more likely to be unscored or to have thin credit files 

were more concentrated in certain sites. FDS served a higher percentage of individuals 

who lacked a high school diploma or GED than the other sites. TI and TJC served higher 

percentages of individuals who had criminal convictions. CEN’s participants were 

somewhat more likely than those at the other sites to be young adults ages 18 to 24. TI 

had the highest percentage of participants who lacked a credit score, while TJC had the 

highest percentages who had thin credit files, subprime scores, and any trade accounts 

with negative ratings. 

Program Participation 

 As noted in previous chapters, the individuals in the study were seeking assistance 

with employment and job training when they came to the PFM programs, and the 

programs sought to engage them in financial counseling as well. The five organizations in 

the study offered different types of employment services and took different approaches to 

organizing the PFM services within their programs. Some sites offered occupational 
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skills training, basic education classes, and subsidized employment opportunities. 

However, only 11 percent of participants in the study sample received these services. All 

five sites offered basic job readiness training, although the length of training varied 

across the sites from one to five weeks. At a minimum, the job readiness training 

included sessions on writing resumes, completing applications, interviewing skills, and 

conducting a job search. Most PFM participants were required to complete this training 

prior to meeting with the employment counselor whose role was to help them find jobs. 

FSN expected the PFM programs to require that participants meet with the financial 

counselor to complete the financial assessment, which reviewed their income, expenses, 

assets, debts, and credit reports, before they could meet with the employment counselor.  

 As shown in Table 4.5, the percent of PFM participants who received assistance 

from the financial counselors varied substantially across the five sites. Three sites, CAC, 

CEN, and TI, engaged about two-thirds of participants in financial counseling, 

significantly more than at TJC and FDS. Among participants who received any financial 

counseling, the duration of their contact with the financial counselors varied greatly from 

an average of just under two months at FDS to 17 months at CEN. The duration of 

counseling was significantly greater at CAC and CEN than at FDS and TJC, while the 

Table 4.5. Financial Services Received by PFM Participants in the Final Sample 

  
FDS 

(n=166) 
CAC 

(n=127) 
CEN 

(n=166) 
TI 

(n=64) 
TJC 

(n=172) 
Received assistance from the 
financial coach 21.7% 66.9% 68.7% 68.8% 41.9% 

Average number of months over 
which financial counseling took 
place, among those who received 
financial counseling 

1.7 9.0 17.2 6.7 3.6 

Average number of financial 
counseling contacts, among those 
who received financial counseling 

3.5 3.6 6.9 4.7 3.6 
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duration of counseling at TI was significantly greater than at FDS only. The average 

number of contacts with the financial counselor during this time ranged from 3.5 at FDS 

to 6.9 at CEN. Only the differences in the average number of financial counseling 

contacts between CEN and the other sites were statistically significant. I used regression 

analysis to examine whether differences in participation rates across the sites remained 

after controlling for differences in the characteristics of participants across sites (see full 

results of regression models in Tables B12, B17, and B18 in appendix B). The significant 

differences in participation rates across the sites remained, indicating that factors other 

than participants’ characteristics produced these differences. 

Program Impacts 

 In Table 4.6, I present the changes in the primary credit outcomes of the PFM 

participants at each site two years after they entered the programs. These figures are not 

adjusted to account for differences in the characteristics of participants across the sites. 

At all sites except TJC, there was a statistically significant increase in the percentage of 

individuals who had a credit score after two years, ranging from a 7.4-percent change at 

CAC to a 25.9-percent change at FDS. There were also statistically significant increases 

in the percentage who had prime credit scores at all sites except TJC, ranging from a 

14.7-percent change at TI to a 56.5-percent change at FDS. A portion of participants at all 

sites had an increase in the number of trade accounts with positive ratings. The increase 

in the number of trade accounts with positive ratings participants had after two years was 

statistically significant at all sites, ranging from a 7.7-percent change at CAC to a 40.8-

percent change at TI. To assess program impacts, I next examine whether the changes in 
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PFM participants’ credit scores and credit usage across the sites were significantly 

different than those experienced by the comparison group.  

Table 4.6. Change from Program Entry to Two Years Later Among All Enrollees, Not 
Adjusted for Differences in Participant Characteristics Across the PFM Sites 
 FDS CAC CEN TI TJC 
Had a credit score      
  Two years after program entry 58.4% 80.3% 59.6% 56.3% 57.0% 
  Percent change from program entry  25.9% 7.4% 10.0% 24.3% -1.9% 
Had a prime credit score      
  Two years after program entry 16.9% 48.8% 12.7% 12.5% 9.3% 
  Percent change from program entry  56.5% 37.9% 31.8% 14.7% 0.0% 
Had any increase in trade accounts 
with positive ratings  36.1% 48.0% 42.2% 39.1% 27.9% 

Number of trade accounts with 
positive ratings      

  Two years after program entry 3.2 8.8 5.1 3.1 3.5 
  Percent change from program entry  16.4% 7.7% 39.5% 40.8% 24.6% 
 

Findings for All Individuals Who Sought Assistance from the PFM Programs 

 As in chapter 3, I present the findings for all PFM and comparison group 

members and for subgroups of participants based on their credit profiles when they 

entered the program. To assess program impacts, I used regression models that included 

variables for the PFM organizations with the comparison group serving as the reference 

category, the baseline value of the outcome of interest, the set of independent variables 

used in the matching process, and an interaction term for race by credit status. I first 

present the findings for all individuals who sought assistance from the programs, 

regardless of whether they received the intended services. Table 4.7 below presents the 

differences in the predicted probabilities and predicted counts between participants at 

each PFM site and the comparison group, after controlling for differences in the 

characteristics of participants across the groups. The full regression results for each of the 

four credit outcomes are presented in column A of Tables B19 through B22 in appendix 
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B. It is important to note that the smaller sample sizes when analyzing outcomes by site 

and by subgroups within sites significantly reduce the power of the analysis. Differences 

that appear substantively meaningful may not be statistically significant at the p<.05 level 

due to the small sample within a group. Therefore, in the tables in this chapter I note 

when a difference was both substantively meaningful—defined as greater than a 10-

percentage point difference for the dichotomous variables—and statistically significant at 

the p<.10 level. 

 As shown in Table 4.7, among all individuals who sought assistance from the 

programs, the differences with the comparison group in the likelihood of having a credit 

score two years after program entry were larger at FDS and CAC than at the other sites 

but fell short of being statistically significant (with differences less than 10-percentage 

points and p-values of .079 and .105, respectively). The largest impact on the likelihood 

of having a prime credit score after two years was at CAC although the difference with 

the comparison group was again only marginally significant (with a difference less than 

10-percentage points and p-value of .083). Four of the five sites, all but TJC, had 

significant positive impacts on the likelihood of having an increase in trade accounts with 

Table 4.7. Differences Between Each PFM Site and the Comparison Group after 
Accounting for Differences in Participant Characteristics Across Groups, Among All 
Enrollees 
 FDS 

(n=166) 
CAC 

(n=127) 
CEN 

(n=166) 
TI 

(n=64) 
TJC 

(n=172) 
Had a credit score 5.9% 8.4% -0.7% 3.4% -1.4% 
Had a prime credit score 3.5% 6.6% 0.6% -3.1% -3.9% 
Had any increase in trade 
accounts with positive ratings  14.8%** 17.5%** 15.2%*** 19.3%** 4.0% 

Number of trade accounts with 
positive ratings 0.4 0.5 1.1*** 0.9 0.1 

Note: The results are based on the predicted probabilities and counts after controlling for differences in 
participants’ demographic and financial characteristics across the PFM sites and comparison group based 
on the regression models in column A of Tables B19 through B22 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
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positive ratings two years after program entry. On average, CEN participants had a 

significantly greater number of trade accounts with positive ratings than comparison 

group members did.  

 Table 4.8 presents the differences in the predicted probabilities and counts 

between each PFM site and the comparison group for individuals who were unscored, 

those who had scores but thin files, and those who had scores and thick files, controlling 

for any differences in the characteristics of participants at each site and comparison group 

members within each of these groups. The full regression results for each of the four 

credit outcomes that include the interaction terms for PFM site by credit status are 

presented in column B of Tables B19 through B22 in appendix B. FDS, CAC, and TI 

participants who were unscored were more likely than unscored members of the 

comparison group to have credit scores after two years, although the difference between 

TI and the comparison group was not statistically significant. The largest difference in the 

percent of unscored participants who became scored was between CAC participants and 

comparison group members—a 23.6-percentage-point difference. On the other hand, 

individuals at TJC and TI who had scores but thin credit files at program entry were less 

likely than their counterparts in the comparison group to have credit scores after two 

years. The difference at TJC was statistically significant. 

 Program impacts on the likelihood of having a prime credit score varied by 

participants’ credit status at program entry (Table 4.8). Among individuals who had 

credit scores and thick credit files at program entry, CEN and FDS participants were 

substantially more likely than their counterparts in the comparison group to have prime 
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Table 4.8. Difference Between Each PFM Site and the Comparison Group after 
Accounting for Differences in Participants’ Characteristics Across Groups 
 FDS CAC CEN TI TJC 
Had a credit score      
  Unscored 14.6%* 23.6%+ -0.7% 13.1% -2.9% 
  Scored but had a thin file 5.0% -2.3% 3.7% -19.9% -27.6%*** 
  Scored and had a thick file 1.5% 1.5% 1.5% 1.5% 1.5% 
Had a prime credit score      
  Unscored -2.5% 2.6% -3.5% 1.8% -8.0% 
  Scored but had a thin file 9.7% 6.1% -8.5%* -13.9%*** -2.7% 
  Scored and had a thick file 18.7% 5.6% 17.9%** 0.2% 7.0% 
Had any increase in trade 
accounts with positive ratings       

  Unscored 19.3%** 22.9%+ 8.0% 19.1%* 2.0% 
  Scored but had a thin file 25.9%** 24.5%* 12.7%+ 13.7% -1.6% 
  Scored and had a thick file -4.3% 7.3% 44.4%*** 14.4% 12.4% 
Number of trade accounts 
with positive ratings      

  Unscored 0.4* 0.7* 0.2 0.3 0.1 
  Scored but had a thin file 0.9** 1.5* 0.9* 0.9 -0.1 
  Scored and had a thick file -0.4 0.3 4.9** 7.1 2.5 
N      
  Unscored 89 32 76 35 72 
  Scored but had a thin file 55 42 48 19 72 
  Scored and had a thick file 22 53 42 10 28 
Note: The results are based on the predicted probabilities and counts after controlling for differences in the 
demographic and financial characteristics of participants at each PFM site and comparison group members 
within each subgroup based on the regression models in column B of Tables B19 through B22 in appendix 
B. Significance levels: +p<.10 , *p<05, **p<.01, ***p<.001 
 
credit scores after two years, but only the 17.9-percentage-point difference at CEN was 

statistically significant. On the other hand, among individuals who had scores but thin 

credit files at program entry, CEN and TI participants were significantly less likely than 

comparison group members to have prime credit scores after two years.  

 Program impacts on trade accounts with positive ratings differed by participants’ 

credit status at program entry with different sites having positive impacts with different 

subgroups of participants (Table 4.8). At FDS and CAC, the significant positive impacts 

on the likelihood of having trade accounts with positive ratings and on the number of 
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accounts with positive ratings occurred among individuals who were unscored and 

among those who had thin credit files at the time of program entry. TI had significant 

positive impacts on the likelihood of having an increase in trade accounts with positive 

ratings only among individuals who were unscored. At CEN, the significant positive 

impacts on the likelihood of having an increase in trade accounts with positive ratings 

and on the number of trade accounts with positive ratings occurred among individuals 

who had scores and either thin or thick credit files at the time of program entry. 

Findings for PFM Participants Who Received Financial Counseling 

 I next present the findings for the PFM participants who received financial 

counseling to assess whether the programs produced benefits for individuals who took 

part in the services and whether this varied across the sites. Table 4.9 below presents the 

results for all PFM participants who received counseling. The full regression results for 

the models predicting the credit outcomes of the PFM participants who received financial 

counseling appear in Tables B22 through B25 in appendix B. At CAC, participants who 

received financial counseling were significantly more likely than comparison group 

members to have a credit score or to have a prime credit score after two years. There 

were no significant differences in the likelihood of having a credit score or of having a 

prime score between the counseled participants at the other sites and the comparison 

group overall. The PFM participants who received financial counseling at all sites except 

TJC were significantly more likely than comparison group members to have any increase 

in trade accounts with positive ratings. Counseled participants at CEN and TI had a 

greater number of accounts with positive ratings, on average, than comparison group  
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Table 4.9. Difference Between Each PFM Site and the Comparison Group after 
Accounting for Differences in Participant Characteristics Across Groups, Among 
PFM Participants Who Received Financial Counseling 
 FDS 

(n=36) 
CAC 

(n=88) 
CEN 

(n=114) 
TI 

(n=44) 
TJC 

(n=72) 
Had a credit score -3.7% 16.6%** 2.5% 5.9% 4.0% 
Had a prime credit score 1.1% 12.2%** 0.0% -1.3% -0.3% 
Had any increase in trade 
accounts with positive ratings  15.9%* 20.0%** 21.2%*** 31.4%*** 4.8% 

Number of trade accounts with 
positive ratings 0.7 0.5 1.7*** 1.9 -0.3 

Note: The results are based on the predicted probabilities and counts after controlling for differences in 
participants’ demographic and financial characteristics across the PFM sites and comparison group based 
on the regression models in column A of Tables B23 through B26 in appendix B. 
Significance levels: *p<05, **p<.01, ***p<.001 
 
members but only the difference between CEN and the comparison group was 

statistically significant. 

 Table 4.10 below presents the results by subgroup based on participants’ credit 

status at the time of program entry, controlling for any differences in the characteristics 

of participants at each site and comparison group members within each of these groups. 

The full regression results for each of the credit outcomes that include the interaction 

terms for PFM site by credit status are presented in column B of Tables B23 through B26 

in appendix B. I found that CAC participants who were unscored at program entry and 

who received financial counseling were significantly more likely than unscored 

comparison group members to have a credit score after two years—a 40.6-percentage-

point difference. Unscored participants at TI who received counseling were also 

significantly more likely than unscored comparison group members to have a credit score 

after two years—a 21.4-percentage-point difference. On the other hand, even though 

there were positive impacts among the unscored at FDS among all those who sought 

assistance, when the sample is limited to the small group who received financial 
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Table 4.10. Difference Between Each PFM Site and the Comparison Group after 
Accounting for Differences in Participants’ Characteristics Across Groups, Among 
PFM Participants Who Received Financial Counseling 
 FDS CAC CEN TI TJC 
Had a credit score      
  Unscored -7.5% 40.6%*** 1.9% 21.4%* 9.5% 
  Scored but had a thin file -2.9% 5.1% 6.1% -11.3% 1.1% 
  Scored and had a thick file 1.1% 1.1% 1.1% 1.1% 1.1% 
Had a prime credit score      
  Unscored -4.6% 15.3% -3.6% 8.2% -0.5% 
  Scored but had a thin file 3.0% 20.2%+ -9.7% -15.2%*** -1.0% 
  Scored and had a thick file 24.9% 4.4% 16.9%** 4.0% 3.7% 
Had any increase in trade 
accounts with positive ratings       

  Unscored 14.5% 44.5%*** 10.2% 40.3%*** 7.8% 
  Scored but had a thin file 24.2%* 33.6%** 21.2%** 20.5% -0.4% 
  Scored and had a thick file -0.4% -6.2% 42.3%*** 27.3% 12.0% 
Number of trade accounts with 
positive ratings      

  Unscored 0.1 0.8** 0.4 0.7* 0.2 
  Scored but had a thin file 0.5 1.6** 1.2* 1.0 -0.5 
  Scored and had a thick file 3.4 -1.6 3.3* 6.3 0.1 
N      
  Unscored 16 23 52 24 30 
  Scored but had a thin file 15 24 32 14 27 
  Scored and had a thick file 5 41 30 6 15 
Note: The results are based on the predicted probabilities and counts after controlling for differences in 
the demographic and financial characteristics of participants at each PFM site and comparison group 
members within each subgroup based on the regression models in column B of Tables B23 through B26 
in appendix B. 
Significance levels: +p<.10, *p<05, **p<.01, ***p<.001 
 
counseling at FDS, these positive impacts disappear. The unscored at FDS who received 

financial counseling were actually less likely than unscored comparison group members 

to have credit scores after two years. The increase in the likelihood of having a credit 

score at FDS occurred among unscored individuals who did not meet with the financial 

counselor, indicating that factors other than the financial counseling produced the 

changes. Table 4.10 also shows that the impacts on having a prime credit score at CAC 

were driven by individuals who were unscored or who had thin credit files at the time of 
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program entry. At CEN, program impacts on the likelihood of having a prime credit score 

after two years varied across the subgroups. CEN participants who had scores and thick 

credit files when they entered the program were significantly more likely than 

comparison group members with thick files to have a prime credit score after two years—

a 16.9-percentage-point difference. On the other hand, CEN participants who were 

unscored or who had thin credit files were less likely than comparison group members to 

have prime credit scores after two years, although the differences between the groups 

were not statistically significant. The only other significant difference was that 

individuals at TI who had thin credit files were less likely than comparison group 

members to have a prime score two years after program entry. 

 As was found with the overall group, program impacts on trade accounts with 

positive ratings for counseled participants differed by participants’ credit status at 

program entry with different sites having positive impacts with different subgroups of 

participants (Table 4.10). At CAC, counseled participants who were unscored or who had 

thin credit files at program entry were significantly more likely than comparison group 

members to have an increase in trade accounts with positive ratings and they had more 

accounts with positive ratings, on average. Significant positive impacts were also found 

among unscored participants at TI. At CEN, the significant impacts on trade accounts 

with positive ratings occurred among participants who had credit scores at program entry 

and either thin or thick credit files. 

 I further examined differences in the credit activity of participants at each PFM 

organization and comparison group members to better understand the primary credit 

outcomes. The full regression results for this analysis are presented in Tables B27 and 
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B28 in appendix B. As noted previously, the PFM model’s credit-building approach 

meant financial counselors were expected to encourage participants to open or maintain 

open accounts and use credit responsibly as opposed to paying off accounts and 

refraining from using credit. Therefore, the expectation was that PFM participants would 

be more likely than comparison group members to have any open accounts and open 

accounts with positive ratings. Among participants who received financial counseling, 

three organizations—CAC, CEN, and TI—had significant positive impacts on the 

likelihood that participants had any open trade accounts two years after program entry 

(Table B27). These three organizations also had positive impacts on the likelihood that 

counseled participants had any open accounts with positive ratings, not just closed 

accounts with positive ratings, although the difference was only marginally significant at 

CEN (Table B28). Neither FDS nor TJC had positive impacts on the likelihood that 

counseled participants had any open trade accounts or any open accounts with positive 

ratings. These two sites also did not have positive impacts on the likelihood that 

counseled participants had credit scores or prime scores after two years, while CAC, 

CEN, and TI did have positive impacts either on having a score or on having a prime 

score for one or more subgroups of participants.  

Summary and Discussion 

 The findings in this chapter indicate that some organizations were more effective 

than others in implementing the PFM model and in helping low-income individuals 

achieve the targeted credit outcomes. The results also reveal that which subgroups of 

participants, based on their credit status at program entry, experienced positive impacts 

differed across the sites. Program impacts were greatest at CAC in terms of having a 
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credit score and having a prime score, and the individuals who received financial 

counseling at CAC were significantly more likely than comparison group members to 

achieve these two goals. The improvements at CAC largely occurred among individuals 

who were unscored or who had credit scores but thin credit files at the time of program 

entry. CEN and TI were effective in helping participants build positive credit histories in 

the form of trade accounts with positive ratings, and the magnitude of these impacts was 

greater for the individuals who received financial counseling at these two sites. However, 

these improvements did not result in positive impacts on the likelihood of having a credit 

score or of having a prime score for their participants overall. CEN did produce 

significant positive impacts on credit histories and the likelihood of having a prime credit 

score for individuals who had scores and thick credit files at program entry. TI produced 

significant positive impacts on credit histories and the likelihood of having a credit score 

for individuals who were unscored when they came to the program. TJC had no 

statistically significant or substantively meaningful impacts on its participants’ credit 

outcomes, either overall or among those who received assistance from the financial 

counselor. The findings at FDS are puzzling. Individuals who were unscored and sought 

assistance from FDS were more likely than comparison group members to have an 

increase in trade accounts with positive ratings and to have a credit score after two years. 

However, only a small percentage of FDS participants received financial counseling and 

the organization closed down its PFM program nine months after the study enrollment 

period ended. Unlike the findings at CAC, CEN, and TI, the positive impacts found at 

FDS either diminished or disappeared when looking only at the small group of 

participants who received financial counseling.  



	
   137 

 As the logic of governance framework suggests, understanding policy outcomes 

requires consideration of the complex set of factors that influence how a policy is 

implemented and how implementation influences the outcomes produced. Policy 

outcomes are influenced by a dynamic process involving factors at the environmental, 

organizational, and programmatic level. Differences in factors at one level may change 

how factors at another level influence outcomes. As I discuss in detail in the following 

chapter, this was the case with the PFM initiative, in which environmental, 

organizational, and programmatic factors played out differently across the PFM 

organizations, with positive factors in some cases buffering the effects of factors that had 

a negative influence in other contexts.  

 Environmental factors expected to influence policy outcomes include monitoring 

by external entities, local institutions and economic conditions, and the characteristics of 

the targeted population. Each PFM organization was monitored by both FSN and one or 

more community agencies responsible for coordinating services in the communities the 

PFMs targeted as part of a community development initiative that took place during the 

study period. However, the amount of oversight and support that FSN and the lead 

community agencies provided during the study period varied across the PFM 

organizations, which influenced other factors that affected outcomes, such as program 

structure and staff training. While the characteristics of the participants varied to some 

extent across the PFM sites, the differences in the receipt of financial counseling and in 

program impacts were significant even after controlling for differences in participants’ 

characteristics. However, the PFM organizations drew participants from different 

communities in Chicago. There were also differences between the individual PFM sites 
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and the comparison group in the proportion of participants from different community 

areas. Differences in the composition of these community areas in terms of residents’ 

race, income, and employment status, as well as lending rates and the presence of 

financial institutions could influence the outcomes found across organizations. 

 As noted at the beginning of this chapter, the characteristics of the PFM 

organizations differed in ways that have been hypothesized to influence policy outcomes. 

However, differences at the organization level alone do not appear to explain the 

differences in outcomes. The two organizations that were less successful in implementing 

PFM included a multi-service agency (FDS) and a workforce development agency (TJC). 

One thing these organizations had in common was that PFM was not integrated into the 

agencies’ primary services. FDS incorporated PFM into its employment services but 

these services only accounted for less than 16 percent of the agency’s annual program 

expenses. At TJC, PFM was a stand-alone community program and not part of the 

agency’s traditional program in its downtown location. This distance between the 

agencies’ primary focus and PFM may have contributed to the poor implementation at 

these locations. However, the program’s organizational position was similar at CEN, a 

multiservice agency where the PFM was a stand-alone program at a community college 

that was not connected to the agency’s primary services or locations, yet CEN was more 

effective in implementing the model. There also were no consistent patterns between 

organizational size, sources of funding, and effectiveness in implementing PFM.  

 At the programmatic level, program structure, content, management, and the skills 

and predispositions of staff members are expected to influence policy outcomes. In the 

case of PFM, the basic program structure differed across the sites in a way that 
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contributed to the differences in the percent of job seekers who participated in financial 

counseling. As expected by FSN, four of the five sites required participants to meet with 

the financial counselor to complete the financial assessment before they could meet with 

the employment counselor; FDS did not do so for most of the study enrollment period. 

TJC required only that participants attend a workshop run by the financial counselor 

during which the financial assessments were completed as a group. CAC, CEN, and TI 

required participants to attend a one-on-one meeting with the financial counselor in order 

to continue receiving employment assistance. There was also variation across the PFM 

sites in managers’ commitment to the financial goals and in the experience, 

predispositions, and approaches taken by staff. As I discuss in the chapter that follows, 

factors of external monitoring, community characteristics, program structure, 

management, and the skills and predispositions of program staff combined to contribute 

to the differences in implementation and outcomes across the organizations. 
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CHAPTER 5 
FACTORS THAT INFLUENCED IMPLEMENTATION ACROSS THE PFM 

ORGANIZATIONS 
 

 There were substantial differences in the PFM organizations’ success in engaging 

individuals in financial counseling and helping them achieve the expected outcomes. In 

this chapter, I examine what program implementation factors influenced organizations’ 

ability to engage individuals in the PFM services and achieve the expected outcomes. 

Understanding these factors can inform policy and programming and contribute to 

research and theory on the wealth accumulation process. In examining the factors that 

affected program outcomes, I apply the logic of governance framework, which posits that 

policy outcomes are influenced by a dynamic sociopolitical process that includes policy 

mandates and oversight, local institutions and economic conditions, organizational and 

programmatic structures, and discretionary strategies chosen by managers and staff 

(Lynn, Heinrich, and Hill 2000). I examine these processes through the sociological lens 

of social reproduction theory, questioning whether they serve to promote wealth mobility 

among low-income people of color or contribute to the reproduction of social inequalities 

by maintaining the status quo.  

Overview of the Factors that Influenced Implementation 

 No one factor explained the differences in outcomes across the PFM 

organizations. Instead, factors at the environmental, organizational, and programmatic 

levels interacted to produce differences in implementation and outcomes across 

organizations. Table 5.1 below provides a summary of the factors that may have played a 

role in whether the organizations helped individuals improve their use of credit and their 

credit scores. For each factor, I rate each organization on a three-point scale (low, 
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moderate, or high) or indicate whether the factor occurred or not (yes or no) when 

appropriate. I first review the environmental, organizational, and programmatic factors 

that the research literature suggests influence policy outcomes and that appeared to play a 

role in the implementation of PFM. I next examine the overall program design and 

reporting requirements that applied to all five organizations before turning to how 

environmental, organizational, and programmatic factors played out at each organization. 

I then present differences in the characteristics of the communities the PFM organizations 

served that may have influenced their ability to help participants achieve the targeted 

credit outcomes.  

Environmental Factors 

 As suggested by policy and sociological research, a number of environmental 

factors influenced the implementation of PFM, including monitoring by external entities, 

the residential location of the individuals the organizations served, and the economic 

conditions and local institutions in the communities where participants lived.  

External Monitoring 

 The PFM agencies received some level of monitoring by multiple external 

entities. This included FSN, the nonprofit intermediary with which the federal 

government contracted to manage the PFM initiative. FSN’s role was to provide the 

organizations subgrants to cover the costs of the PFM services as well as training, 

technical assistance, and an infrastructure for reporting. Each PFM agency also reported 

to one or more community agencies responsible for coordinating the efforts of local 

groups as part of a comprehensive community development initiative that took place 

during the study period. Finally, the agencies supported some program services with  
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Table 5.1. Summary of Factors That Influenced the Implementation of PFM During the 
Study Period 
 FDS CAC CEN TI TJC 
Organizational 
Organizational commitment 
to PFM model and goals Low High High High Moderate 

Organizational experience 
with the PFM model High High Low High Moderate 

Integration of the PFM 
services into core programs Low Moderate Low High Low 

Organizational turnover Yes No Yes No No 
Programmatic 
Program director turnover Yes No No No Yes 
Program front-line staff 
turnover High Moderate Low Low Low 

Program requirements for 
financial coach meeting Low High High High Moderate 

Program structure promoted 
multiple contacts with 
coaches 

Low High Low Moderate Low 

Program managers’ 
experience with model Low High Low High Low 

Program managers’ training 
on PFM model Low High High High Low 

Program managers’ 
commitment to PFM goals Low High High High Moderate 

Financial coaches’ related 
experience  High High High Low Moderate 

Financial coaches’ training 
on PFM model Low High High High Low 

Financial coaches offered 
credit-building product No Yes Yes Yes No 

Financial coaches’ approach 
consistent with model Low High High High Low 

Environmental 
Strength of FSN oversight Low Low High Low Low 
Consistency of FSN 
oversight Low Low Moderate Low Low 

Favorable characteristics in 
the communities served High Moderate Low Low Low 

  
grants from other public and private funders to whom they were required to report 

outcomes as well. The level of monitoring by FSN and the lead agencies differed across 

the sites, and these differences played a role in PFM implementation. 
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 At the time the study began, FSN was expanding the model from two cities to 30 

cities around the country. The FSN Chicago staff had the most experience with the model 

and they were focused on helping new organizations both in Chicago and around the 

country implement the program and track their efforts in the centralized client tracking 

database that FSN maintained. FSN’s oversight was minimal for four of the five 

organizations in the study that had been operating the program from three to six years. 

The exception to the minimal oversight by FSN was CEN, where the PFM program was 

being newly implemented.  

 For the most part, the lead agencies for the community development initiative 

played a limited role in monitoring program quality and outcomes. The lead agencies in 

three locations, those for FDS, CAC, and TI, were community development corporations 

that had existed for more than 20 years and were focused on affordable housing. The lead 

agencies for CEN and TJC were established for purposes of leading the community 

development initiative in 2003. Each PFM organization shared monthly data reports it 

produced for FSN with its lead agency. However, during the study period the lead 

agencies for only one of the PFM sites, CEN, played an active role in monitoring 

program implementation.  

 Each PFM organization used the funding from FSN to support the financial 

counselor, the PFM program director, and other elements of the PFM services. The 

organizations were required to match the funding they received from FSN to operate the 

program dollar for dollar. Each one did so through a combination of public and private 

sources. These other funding sources largely supported the employment services that 

formed the foundation of each PFM program. While the sources of funding varied, each 
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organization had at least one grant in addition to the funding from FSN that required it to 

report on employment outcomes, including the number of people who obtained jobs and 

the number who retained jobs for anywhere from 30 days to one year. FDS, CAC, and TI 

received public grants that were performance-based, that is, they only received payments 

for people who met the employment goals, although none of the organizations relied 

entirely on performance-based grants to support their employment services.   

Community Characteristics 

 As noted in the introduction, both theory and empirical studies suggest that the 

characteristics of the communities in which individuals live influence the outcomes of 

policy efforts to help low-income individuals build wealth. Policy scholars focused on 

institutional barriers to wealth accumulation argue that the financial institutions present in 

a community and the types of services they offer can influence individuals’ use of 

financial services and ability to build assets (Barr and Blank 2009). Sociological research 

indicates that the racial composition of the communities served can also influence the 

outcomes of efforts to help low-income people of color to build wealth. The history of 

racial discrimination in housing markets and prejudice against Blacks resulted in high 

levels of racial segregation in Chicago and other cities. Massey (1990) argued that racial 

segregation interacted with economic setbacks during the 1970s to concentrate poverty 

and create disadvantaged minority neighborhoods. Sampson’s (2012) analysis of Chicago 

community area data on poverty rates, unemployment rates, and other indicators of 

disadvantage from 1960 to 2000 found that neighborhood social disadvantage is durable 

and is most pronounced in Black communities due to racial segregation.  
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 Empirical studies indicate that the racial composition of the community in which 

individuals live influences their access to credit. Cohen-Cole’s (2011) analysis of a 

nationally representative sample of credit reports found that individuals living in Black 

communities were offered significantly less credit than similarly qualified individuals 

living in White communities. Cowan’s (2014) analysis of small business loans in the 

Chicago six-county region found that businesses in majority-minority census tracts were 

less likely than businesses in majority-White census tracks of the same income level to 

receive small business loans, and those in majority-minority areas received smaller loan 

amounts. Community characteristics may also indirectly influence credit outcomes by 

influencing residents’ employment. Wilson (1996) argued that high-poverty 

neighborhoods worked to perpetuate unemployment among residents by offering few 

employment opportunities and inadequate job information networks. Individuals in 

communities with greater employment opportunities may have better employment 

outcomes, which in turn might increase their ability to build their credit.  

 While there was substantial overlap in the residential location of individuals in the 

comparison group and the PFM group as a whole (see Figure 2.1 in chapter 2), there were 

considerable differences in the communities from which each of the five PFM programs 

drew most of their participants (see Figure 5.1 below). CEN, TI, and TJC primarily 

served majority-Black communities, CAC primarily served majority-Hispanic 

communities, and FDS primarily served racially diverse communities. These differences 

could have contributed to differences in participants’ outcomes across the PFM sites. 

Community characteristics may help to explain the improvements in credit access and use 

among individuals at FDS who did not receive financial counseling. They may have also  
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Figure 5.1. Residential Location of the Study Participants 
at Each PFM Site 

 

 
 



	
   147 

played a role in hindering some sites’ ability to have an impact on credit scores even 

when they engaged a high percentage of participants in financial counseling, as was the 

case with CEN and TI. I present differences in the communities the PFM organizations 

served and explore these issues later in the chapter. 

Organizational Factors 

 Theory suggests that a number of factors at the organizational level may influence 

policy outcomes, including mission, agency type, sources of funding, and institutional 

culture (Lynn, Heinrich and Hill 2000). All of the PFM organizations were nonprofits 

whose missions included improving the economic stability of the low-income families 

they served. As described in chapter four, three were workforce development 

organizations that were entirely focused on economic outcomes while two were multi-

service agencies whose primary focus was in other areas, including family counseling, 

behavioral health, and programs for youth. However, organization type alone did not 

distinguish the strong versus weak implementers of the PFM model. What did make a 

difference were organizations’ commitment to the PFM goals and how well the PFM 

services were integrated into the organizations’ core programs.  

Programmatic Factors 

Program Structure and Content 

 Scholars who support both institutional and behavioral explanations for wealth 

inequality argue that programs to help low-income individuals build assets must provide 

access to opportunities, information through financial education to address deficits in 

financial literacy, incentives to participate, facilitation to make participation easier (such 

as the ability to sign up for products or services on site), and expectations around asset- 
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or credit-building goals. Behavioral economists focused on addressing the mental 

shortcuts and biases that lead individuals to make suboptimal choices also contend that 

programs must provide ongoing counseling, take advantage of teachable moments when 

individuals are more likely to be willing and able to act on information provided, require 

participation in financial services, help people develop commitment to a plan, and offer 

reminders to follow through. Researchers also suggest that peer support is important to 

overcoming the belief that one cannot attain financial goals and to sustaining participants’ 

motivation over time. As I discuss in the following section, the financial services 

component of the PFM model that FSN designed included many of these elements. 

However, not all of the components were implemented as intended by some 

organizations and the reporting requirements did not serve to reinforce the goal of 

developing long-term relationships. 

Program Management and Worker Discretion 

 Public policy researchers have found that policy outcomes are greatly affected by 

the skills, experience, and predispositions of managers and staff members who provide 

services to clients (May and Winter 2009; Brodkin 2000). This is particularly true when 

managers and front-line staff are afforded considerable discretion in doing their work. 

Workers are also influenced by signals from managers about the importance of a policy. 

Researchers studying credit-building efforts have found that staff members needed 

training to improve their ability to increase the financial capability of their clients and 

that managers needed to promote the strategy (Klein et al. 2013). A study of credit 

counseling found that counselors needed to develop trusting relationships with clients, 
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who often felt anxious and embarrassed about their financial situation, and to provide 

compassion and encouragement to help them improve their situation (Wang 2010).  

 These factors played an important role in the implementation of the financial 

services component of PFM. All of the PFM program directors felt they had flexibility in 

how they implemented the program, although some needed more approval from 

organizational leaders than others. All of the financial coaches said they had discretion in 

deciding how to work with clients and what to work with them on, with the exception of 

needing to complete the financial assessment required by FSN. Therefore, program 

directors’ and front-line staff members’ expertise, training, and attitudes toward their role 

and their clients influenced how PFM was implemented. The financial coaches differed 

in their prior work experience and in the level of training they received around the PFM 

approach. The coaches at three organizations had prior experience in providing financial 

education and counseling to low-income individuals, one had worked as a financial 

analyst but had not counseled low-income individuals, and one had no experience in 

financial services or education. The coaches at only three of the five sites had taken part 

in trainings related to the PFM model’s approach to financial counseling. While all of the 

financial coaches said they talked with clients about budgeting, banking, and credit 

issues, there were differences in whether they took a credit-building versus a credit-repair 

approach and in whether they adopted the coaching approach that FSN promoted. Before 

turning to how these programmatic, organizational, and environmental factors played out 

across the sites, I discuss factors related to the PFM program design and external 

monitoring that influenced implementation across the five organizations. 
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The PFM Model and Reporting Requirements 

 In developing the financial services component of the PFM model, FSN sought to 

incorporate many of the elements scholars suggest for addressing institutional and 

behavioral barriers to financial services usage and wealth building. As noted previously, 

FSN expected the organizations implementing PFM to require participants to attend one 

meeting with the financial coach in order to receive assistance with finding a job—the 

primary motivation of individuals entering the programs. The goal was to ensure that all 

participants met with the financial coach, including those who might not believe they 

could benefit from financial counseling. During this meeting, the financial coaches were 

required to complete a financial assessment of each participant using a template that FSN 

designed. This assessment gathered information about participants’ income, expenses, 

assets, and debts so that counselors could generate a budget and a balance sheet that 

showed participants their net income and net worth. The financial coaches also pulled 

participants’ credit reports and FICO credit scores and reviewed the information with 

them. Finally, the coaches were expected to work with participants to develop short- and 

long-term financial goals. While all financial coaches at the organizations in the study 

completed this financial assessment with participants with whom they met, only three of 

the five study sites required a one-on-one meeting with the financial coach. One did not 

require any interaction with the financial coach during most of the study period while 

another required only attendance at a workshop run by the financial coach. 

 Once the assessment was completed, the counselors were expected to provide 

financial education and coaching focused on budgeting, saving, and credit building, and 

to help individuals with specific issues, such as high debt, credit report errors, or building 
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assets. FSN promoted a participant-directed “coaching” approach as opposed to a 

“counseling” approach. According to Collins et al. (2007), a coaching approach focuses 

on changing financial behaviors in order to achieve self-defined goals rather than only 

focusing on a specific event or problem. Financial coaching emphasizes long-term 

outcomes, an ongoing, systematic process for assisting clients to change behaviors, 

support to practice new behaviors, and customized assistance based on clients’ unique 

needs and goals. FSN sponsored training in financial coaching, provided by a third party, 

and expected PFM organizations to send their staff to this training. The directors and 

financial coaches at three of the study sites had attended the coaching training while those 

at two sites had not. Given many participants’ lack of knowledge about credit or other 

financial issues, even the counselors who used coaching principles combined them with 

education and counseling on how to deal with specific issues. 

 FSN also developed a credit-building product that financial coaches could offer 

participants to help them build credit and save money. The product started as a 12-month, 

$300 loan, the proceeds of which were transferred to a locked savings account, where the 

money remained until the loan was paid off. Participants made payments on the loan, 

which were reported to the major credit bureaus. As long as participants made the 

payments on time, FSN matched each monthly payment dollar for dollar. The match was 

meant to serve as an incentive for participants to take part in the program and engage in 

credit-building behavior. At the end of the loan term, participants who made 12 on-time 

payments had $300 in savings, $300 in matching funds, and potentially improved credit 

scores. The match funds earned were then used to open a secure credit card so that 

participants could continue to build credit. 
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 While this resource sought to address issues of access to credit while providing 

incentives to engage in credit building, only three percent of study participants who 

received financial counseling enrolled in the program. There were two primary reasons 

for this. First, not all PFM coaches offered the product to participants or understood how 

it could benefit certain individuals depending on their credit situation. A year after the 

study began, FSN tested the financial coaches and found that many needed training on 

reading credit reports and helping clients develop credit-building plans, including 

identifying which clients could benefit from the product FSN had developed. Second, 

even the coaches who understood the product and promoted it to participants found it 

challenging to enroll participants. To be eligible, in addition to having no credit score or a 

limited recent credit history, individuals needed sufficient income to cover the monthly 

loan payment. The initial meeting with the financial coach took place when individuals 

were unemployed and did not have the income to make the payments. While the PFM 

goal was to continue to work with participants on achieving their financial goals after 

they obtained a job, the coaches found it difficult to engage individuals in credit-building 

activities at that time. Even once participants obtained jobs, coaches noted that many 

earned low wages that barely covered their expenses and were unable to commit to 

making the monthly payments on the credit-building loans. 

 Another premise underlying the PFM model was that the programs would work 

with participants anywhere from six months to three years, depending on their needs and 

goals, in order to help them build their credit, savings, and assets. However, the program 

requirements focused only on ensuring that at least one meeting with the coach took 

place. While participants were encouraged to come back to the program whenever they 
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needed assistance, only two sites had a formal strategy or structure in place for promoting 

continued engagement in the services. Additionally, the program structure and 

organizations’ focus on meeting their employment goals made it difficult for coaches to 

develop relationships with participants that were strong enough to keep them engaged. 

Most PFM participants were required to attend job readiness training that lasted between 

one and five weeks across the study sites before they could meet with the employment 

counselor for help with finding a job. There was substantial attrition during the job 

readiness training and during the job search process. In order to meet their employment 

goals, not only for FSN but also their other funders, the agencies continually enrolled 

new participants in the program, all of whom were expected to meet with the financial 

coaches to complete the financial assessment (with the exception of one site). The large 

number of individuals with whom the financial counselors had to complete the financial 

assessment substantially diminished their ability to follow-up with people repeatedly and 

provide intensive counseling.  

 FSN required all organizations to submit numeric goals at the beginning of the 

grant year and to report on those goals once a month. FSN provided a set of outcomes for 

which the agencies had to set goals, such as the number of people who would receive 

financial counseling and employment counseling as well as the number who would obtain 

a job or have an increase in credit score. However, FSN did not provide standards the 

agencies were expected to meet in terms of either the number or percent of enrolled 

individuals who would achieve each goal. The organizations submitted the number of 

people whom they expected would meet the goals based on what they felt they could 

achieve. The fact that the goals were absolute numbers rather than percentages of 
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enrolled participants meant the agencies were not required to invest in performing well 

with a high percentage of people who enrolled in the program. Instead the reporting 

requirements promoted a strategy of enrolling large enough numbers of people to meet 

the various numeric targets, even if many people dropped out without receiving all of the 

services and did not achieve the goals. How much effort to put into reaching out to 

individuals who started the program but missed classes or appointments was left to the 

discretion of the managers and coaches. FSN did not review the reports the organizations 

submitted with the PFM staff on a regular basis to discuss performance. At the end of the 

grant year, the agencies submitted reports with the final numbers, which FSN used in 

making decisions about whether to continue to fund agencies and how much funding to 

provide.   

 In sum, the PFM model included a number of elements that theory and research 

suggest have the potential to improve wealth mobility among low-income people of 

color. The program sought to combine education with access to financial services that 

typically are only available to moderate- and high-income individuals, including ongoing 

one-on-one coaching to help individuals develop financial goals and implement a plan for 

achieving them. The focus on credit building recognized the barriers low-income people 

of color face to accessing credit. It was also based on the assumption that low-income 

individuals were as likely as others to be good money managers and responsible credit 

users if given the opportunity and information needed to do so. However, given FSN’s 

limited oversight of most of the agencies and the discretion organizations had in deciding 

how to implement the program, the PFM model was not necessarily implemented as 

intended across the organizations. The next section examines how organizational, 
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programmatic, and environmental factors played out and interacted at each agency and 

resulted in either strong or poor implementation of the PFM model. 

The Interaction of Organizational, Environmental, and Programmatic Factors 

Across the PFM Organizations 

FDS 

 FDS was a multi-service organization with five divisions, including services for 

foster care youth, a charter high school, out of school time programs for youth, and a 

behavioral health division for adults and youth. PFM was part of the community services 

division, which included workforce development, adult education, and citizenship 

classes. Despite the fact that FDS had been operating PFM for five years when the study 

began, PFM was not well integrated into the community services division. During the 

study period, FDS also had difficulty securing funding for the employment programs that 

were expected to form the foundation of the model. The agency had proposed that 

participants in customer service training, subsidized employment, and job readiness 

training programs as well as adult basic education students who were seeking 

employment would be required to participate in PFM. However, FDS lost funding for the 

customer service training, did not operate the subsidized employment program until the 

last two months of the study enrollment period, and did not require adult basic education 

students interested in employment to take part in PFM. The only program that fed 

participants into PFM was a job readiness training. For most of the study period, even 

these participants were not required to meet with the financial coach in order to continue 

receiving employment assistance, and few did.  
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 The FDS PFM experienced significant turnover among its staff both just before 

and during the study period. Two financial coaches and a career coach left the agency, 

and only one financial coach position was refilled. The agency also removed a full-time, 

experienced instructor from the PFM-affiliated job readiness training and used 

AmeriCorps volunteers—recent college graduates without experience running job 

readiness classes for low-income adults—to run the training. The employment specialist 

also left about a year after the study began. 

 About four months after the study enrollment period ended, the only remaining 

PFM staff members on board were a financial coach and a case manager. The agency also 

had not been successful obtaining new funding for its workforce development programs. 

FDS informed FSN that the agency would not continue its PFM program after the grant 

year ended. FSN worked with the lead agency in the community to identify another 

organization to implement PFM. However, this process took several months, and the 

PFM staff and caseload did not transition to the new organization. 

 The PFM program director started in the position six months before the study 

enrollment period began. She had a background in development for an adult education 

program and was also a volunteer ABE and ESL tutor. She had a Masters degree in 

marketing. She took the job at FDS because she wanted to work in direct service at a 

large organization. She left the position after 15 months to pursue a doctoral degree in 

adult literacy. At the time, she expressed her dissatisfaction with the position for multiple 

reasons. One was that working at FDS was not the large organization experience she had 

expected because the organization was divided into smaller divisions that operated much 

like small organizations. She also did not feel she had the institutional support needed to 
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achieve the PFM goals and was frustrated with the lack of concern among organizational 

leaders about whether the program achieved its goals. In addition to not having 

participants from three of the four programs that were expected to form the foundation of 

PFM, the director noted that she did not have resources to implement the program, such 

as funding for materials to be used in workshops or funding for staff development. 

 The lack of organizational commitment to the model and FSN’s minimal 

oversight were reflected in the lack of training the program director had received. FSN 

staff met with her for about an hour to discuss the program and a second time to show her 

how to use the client tracking system. She felt that she was expected to know more early 

on than what she had been told. From FDS, she received basic supervisor training and 

training on conflict resolution with program participants. She had not participated in any 

FSN-sponsored trainings, such as the financial coaching training that other directors had 

attended, and had not attended any quarterly meetings that FSN convened for PFM 

program directors a year into her tenure at FDS. She said her contact with FSN staff was 

focused on whether data had been entered correctly into the client tracking system and 

not on performance. Regarding the community’s lead agency, the director noted that she 

talked with a staff person from the agency during quarterly meetings for the community 

development initiative but that they did not discuss program performance.  

 The program director said she had discretion in implementing the program. There 

was a framework within which they had to work but she could make decisions about the 

curriculum or the order in which services were provided without obtaining approval from 

her manager. She also allowed employees discretion in determining how the work got 

done. The program director did not buy into all of the PFM goals and thought many were 
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unachievable. The director’s lack of training was again reflected in her misunderstanding 

of the program goals. Her comments indicate that she believed the goals had to be 

achieved within the same grant year in which individuals entered the program. She said 

the program was required to get a certain number of people employed and to change their 

financial habits within the grant year. She did not think having an increase in net worth 

within a year was a realistic goal for people who were unemployed. She also thought the 

model did not give them enough time to have people first attend training. In reality, the 

sites were required to report the number of individuals who obtained employment and 

had an increase in net worth during the grant year but those individuals could have 

entered the program in a previous year.  

 The director also thought there was too much emphasis on helping people access 

public benefits in order to increase their income, which she said would not help them get 

a job or become more financially stable. In terms of engaging people in financial 

services, she felt there was not much the financial coach could do other than collect 

information because people could not pay down debt or work on savings until they had a 

job. The FDS director expressed that meeting the employment goals was easier than 

meeting the financial goals because the financial goals required changing participants’ 

attitudes and behavior whereas they came into the program seeking employment. 

 The financial coach at FDS started in her position during the study enrollment 

period. She had previously worked in a number of roles at nonprofits over a 30-year 

period, including working as a financial education instructor for 11 years and working as 

a substance abuse counselor at FDS in the past. She had immigrated to the United States 

when she was a teenager and was fluent in Spanish. She said she did this work because it 
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was her passion to help low-income families and educate them in an area like credit 

where she had made many mistakes herself. Like the program director, the financial 

coach said she had received no training from FDS or FSN, except on how to enter data 

into the client tracking system, and she had not attended any quarterly peer meetings for 

the PFM financial coaches.  

 FDS did not require meetings with the financial coach in order to receive 

employment services during most of the study enrollment period. The first step was to 

attend job readiness training during which FDS offered two half-day workshops run by 

the financial coach, including one on budgeting and one on credit. The financial coach’s 

lack of training on the financial component of the PFM model was reflected in her 

approach. She took a credit-repair approach, making suggestions to clients that were 

contrary to the credit-building approach, such as only having a credit card for use in 

emergencies. She was aware of the secured loan product FSN had developed but thought 

it no longer existed and was focused only on helping individuals save. She saw her role 

as educating participants and helping them with specific issues but did not mention a 

focus on clients’ goals or helping them change their behavior over the longer-term. Her 

approach was to gather information from participants and decide what they needed to 

work on as illustrated in the following quote.  

If they don’t have a budget or they never heard about the budget then I 
develop a personal budget. And if they tell me, you know, I receive a lot 
of phone calls from collection agencies because I don’t have money to pay 
then I will say, okay, this is your goal. We are going to work on that. If 
their credit score is really low then the goal is to improve. And how are 
they going to improve—by paying the small debts first.   
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The FDS financial coach did express empathy for her clients and noted the importance of 

treating them with respect. She noted:  

Financial is very - it’s really hard to understand, one, and second is it’s 
really their own business about money. And some of the cultures like mine 
and other cultures it’s like I don’t have to share with other people what I 
do with my money.  The first session is really kind of hard, because I kind 
of understand. And I have sympathy for the person.  
 

 In sum, several factors, including a lack of organizational commitment to the 

PFM program, insufficient integration with the agency’s other services, lack of oversight 

by FSN, managers and front-line staff who were not trained on the model, and a manager 

who was not committed to the goals, combined to result in poor implementation of the 

PFM model. Despite the low percentage of individuals at FDS who received financial 

counseling, individuals who lacked credit scores when they enrolled in the PFM program 

at FDS were significantly more likely to have a credit score after two years than were 

their counterparts in the comparison group. Further analysis revealed that positive 

changes occurred among individuals who had not received financial counseling. FDS was 

the only site that served a racially diverse population in which 59 percent of participants 

were Black and 34 percent were Hispanic. While there were no significant differences in 

program impacts between Black and non-Black participants overall after controlling for 

other factors, at FDS it was Black participants who experienced significant positive 

changes in becoming scored and having an increase in the number of trade accounts with 

positive ratings. As I discuss later in the chapter, FDS drew most of its participants from 

communities that differed in important ways from the communities in which other study 

participants lived, and these differences in community characteristics may have 

influenced participants’ outcomes. 
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CAC 

 CAC is a well-established and nationally well-respected workforce development 

agency. It was one of three agencies to first pilot the PFM model in Chicago in 2005, and 

the PFM program director at CAC had worked closely with FSN staff over the years to 

develop the model based on the organization’s experiences. Organizational leaders 

supported the PFM model, and the PFM services were available to participants in all of 

the agency’s training and education programs. When the agency started up its PFM 

program, it developed a career development training program to serve as the foundation 

for it. Individuals who came to CAC to find a job were required to take part in PFM. 

Individuals who came to attend job training or basic education classes were not required 

to do so but could be referred to the PFM financial counselor if they expressed a need for 

assistance.   

 The program director had been in the position since the PFM program started at 

the organization. She had worked at CAC for nine years overseeing workforce 

development programs. Prior to CAC, she had worked as a career counselor for the city 

colleges. She had a Bachelor’s degree in psychology and an MBA. She served as a 

consultant to other organizations implementing PFM in Chicago and around the country 

and often presented on the model at national PFM and other workforce development 

conferences. She remained the PFM program director throughout the study period. The 

director submitted the monthly reports to FSN but otherwise did not discuss the 

organization’s performance with FSN staff. The lead agency for CAC was the agency 

that employed the PFM financial coaches during the study enrollment period. Therefore, 
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in this case, the agency was a partner in implementing the program as opposed to a third 

party that monitored the PFM program’s performance. 

 The director said the goal of PFM was economic development. It sought to help 

people develop and achieve more comprehensive goals than just obtaining education and 

employment, such as managing money, accessing benefits, or buying a house. The CAC 

director talked about challenges not in terms of the goals not being achievable but in 

terms of the amount of time it would take participants to achieve them. The low-skilled 

individuals they served would have to take a low-wage job to survive and then attend 

training or education to obtain a better job, so that increasing net income might take five 

years. She believed the credit score goals could be achieved in a shorter period of time. 

 CAC operated the program at two locations during the study period, each with its 

own financial coach. The financial coaches at CAC were employed by another agency in 

the community that had experience providing financial education and counseling when 

the PFM program started up. These staff worked for CAC 80 percent of their time and for 

the other agency 20 percent. However, CAC decided to end this relationship about four 

months after the study enrollment period ended and to hire the financial coaches directly. 

There had been turnover among the coaches and the partner agency did not refill the 

positions as quickly as CAC would have liked.  

 Both CAC financial coaches had started in their positions shortly after the study 

enrollment period began. One had worked as a financial counselor for three years, first in 

helping families with financial planning and later as a foreclosure counselor. The other 

had previously worked in the mortgage industry for 12 years, including working as a loan 

originator at a residential bank in the community where he worked for CAC. Both said 
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they took the position because they wanted to share what they knew to help people in the 

community. Both had been trained by shadowing the financial coach they were replacing 

at CAC and had attended training related to the PFM model that their employer paid for, 

including training on financial coaching, credit counseling, financial literacy, and being a 

first-time homebuyer. They also attended the FSN-sponsored peer meetings among PFM 

financial coaches. 

 CAC required that participants meet both as a group and one-on-one with the 

financial coach prior to participating in any employment services, including the job 

readiness training. CAC used the initial one-on-one meeting to complete the financial 

assessment and develop a one-year financial plan. The financial coaches then followed up 

with participants once a month to check on whether individuals were following through 

on the plan. CAC also had its own year-long program in which it matched participants’ 

savings in a credit union account. CAC’s five-week job readiness training included five 

workshops run by the financial coaches on budgeting, credit, bank accounts and other 

financial assets, being a first-time homebuyer, and taxes.  

 The approach the two CAC financial coaches took was consistent with what the 

PFM model prescribed. Both said they helped participants manage, build, or reestablish 

their credit. They both offered the credit-building product FSN developed to participants 

and were knowledgeable about how the program worked and what the benefits were. 

Both said their approach was to ask participants what their goals were and what changes 

they wanted to make. Then they gathered information about individuals’ financial 

situations, shared information with them, and offered them advice. One coach described 

how she approached coaching as follows:   



	
   164 

I ask them what their goal is and then what are the main reasons that you 
can’t get to this goal. I try to learn as much about the client as I can so that 
I can see where they are. I would love to tell them what I think they should 
do, but some of the clients aren’t ready. You know, they need to know for 
themselves, and I need to help them get there. But I won’t tell a client your 
goal should be this. 
 

When asked about their relationship with their clients, both coaches emphasized that they 

worked to build trusting relationships with clients so that they would view them as 

someone they could count on and go to for help. 

 In sum, several factors, including strong organizational support, an experienced 

manager dedicated to the PFM goals, trained staff, and a program structure that promoted 

multiple contacts with the financial coaches, combined to produce stronger 

implementation of the model at CAC. CAC was the only site to have positive impacts on 

the likelihood of having a score and of having a prime score among the individuals who 

received financial counseling. CAC differed from the other sites in that it targeted 

Hispanic communities in Chicago and 85 percent of its participants were of Hispanic 

origin. As I discuss later in the chapter, the communities from which CAC drew most of 

its participants differed from the sites that primarily served Black individuals in ways that 

may have contributed to CAC’s ability to help participants achieve positive credit 

outcomes. 

CEN 

 Both CEN and CFIC, the original agency that operated PFM when the study 

began, were large multi-service agencies with multiple divisions and locations throughout 

the city. CEN had divisions focused on families’ emotional wellness, education, and legal 

needs. PFM was part of its economic stability division along with other employment 
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programs. While CEN employed the PFM staff members, the program operated on a 

community college campus on the south side of Chicago. The PFM services were not 

integrated into any of CEN’s other programs, and PFM was the only CEN program 

operating at the community college.  

 While the CEN PFM was not connected to the organization’s core programs and 

locations, which had a negative effect on program implementation at other sites, it 

received greater oversight than the other PFM sites during the study period from FSN and 

the lead agencies from the three adjoining communities that it targeted. The community 

college was another source of oversight given that the program was located on site and 

the college was relying on PFM to provide employment assistance to its students. When 

FSN and the lead agencies decided to locate a PFM program in one of the communities, 

the agencies agreed the community college was a focal point for the three communities. 

CFIC had already been operating an employment program at the college, and FSN and 

the lead agencies decided this was a good foundation upon which to build the PFM.  

 FSN’s greater oversight of the CEN PFM resulted from the program being new 

and from FSN’s strong interest in implementing PFM in a community college setting, 

which many leaders in the field believed was a promising model. FSN staff members 

were involved in working with organizational leaders at CFIC and CEN to develop the 

program structure and content and identify counselors. When an agency that was 

operating a PFM ended its program, FSN asked the financial coach, considered by many 

to be the strongest in the network, to go to the newly forming program. When CFIC 

decided to close, its board went to the CEN board to discuss transitioning multiple CFIC 

programs to CEN, including PFM. FSN helped facilitate the transition of PFM by taking 
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responsibility for the grants supporting the project and transferring funds to CEN for the 

services. Despite this transition, the entire PFM staff remained on board and program 

operations were largely uninterrupted.  

 The three lead agencies and the college took part in monthly meetings about the 

program while it was being developed and continued to take part in quarterly meetings 

after the start-up period to provide updates and share concerns. One lead agency that was 

located nearby was an active partner, working with PFM staff to provide computer skills 

training to members of the college and community. The leadership of this agency was 

knowledgeable of PFM program operations and, unlike lead agency staff for the other 

programs, shared opinions about what the program needed to do to better serve 

community residents. 

 The PFM program director at CEN started in her position about seven months 

prior to the start of the study when the program was being developed. She had worked at 

the organization for four years and, prior to PFM, directed an employment program for 

public housing residents. She had a total of 18 years of experience in social services, 

working in child welfare and employment. She had a Bachelor’s degree in sociology and 

a Master’s in human services administration. She took the PFM director position because 

the program was in the community where she was from, she felt that she had a lot to give 

based on her experience, and she was interested in starting something new. She remained 

the PFM director for three years.  

 The director said she learned about the model by talking with her manager who 

had been working with FSN to bring a PFM to the community. She also attended a 

national meeting of PFM programs that FSN held as well as webinars and trainings FSN 



	
   167 

sponsored, including the financial coaching training, training on using software to 

determine individuals’ eligibility for benefits, and training on the client tracking system. 

She felt FSN had been good about keeping directors and staff updated on new products 

and tools that the programs could offer clients.  

 The CEN director said the goals were to help families increase their financial 

stability, that is, getting their budgets balanced with a little left over. She said they were 

meeting their goals in terms of having individuals meet with the financial counselor and 

getting people employed. But the financial goals of increasing net income, net worth, and 

credit scores were more difficult to reach because people came in with little or no income 

and even when they got a job they typically were not making enough to pay off their 

debts and begin saving. The director said they had a lot of discretion in designing the 

flow of services. She noted that they had tweaked their process multiple times until they 

found what worked. They could tailor services to meet the needs of college students, 

which was important to their relationship with the college. She said she had a good 

relationship with her supervisor, with whom she spoke weekly, although it was relatively 

new and her supervisor did not have experience with workforce development. She held 

team meetings biweekly with her staff to talk about performance. 

 The financial coach had been a financial coach at another PFM agency for three 

years prior to taking the position at CEN. He had previously worked for many years as a 

financial analyst in the private sector and in the military. He had degrees in psychology, 

engineering, and finance and was a certified housing counselor. He said he took the 

position to help and give back to the community. He had attended trainings on financial 
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coaching, credit counseling, and housing counseling. He also attended the quarterly PFM 

peer meetings FSN sponsored.  

 CEN required that participants meet one-on-one with the financial coach prior to 

participating in any employment services, including the job readiness training. During the 

first meeting, the coach completed the financial assessment, explained what individuals 

could expect from him as a coach, and talked with them about short-range and long-range 

goals. The CEN job readiness training lasted only a week and no financial workshops 

were offered during this time. Therefore, the initial meeting was the only required 

interaction with the financial coach.  

 The financial coach kept a graph on the wall that showed how much debt he had 

helped clients clear and noted that the individuals most likely to return to meet with him 

were those with a lot of debt or collections. Even if individuals did not return to meet 

with him, the coach actively reached out to all participants once every six months after 

the initial meeting to talk with them about the goals they had set. He encouraged 

participants to take part in the secured loan program FSN offered or to get a credit card in 

order to build their credit history. He described his role as coaching with some counseling 

when needed: 

I ask them to design me as a coach. Tell me what are you looking for from 
me. This is your session. What we talk about is entirely up to you. But I 
have to make sure that what they’re looking for is something that I can 
accommodate. And then there are some clients that are looking for 
information. You get some clients just looking for advice. So they have 
the right information, but they just don’t know how to go about it. I let the 
client know…I’m going to be your coach, and then I’m going to come in 
as a counselor, and then I’m going to go back to coach and try to keep 
them engaged as far as goals. 
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The financial coach also expressed empathy for participants and recognized the need to 

make them feel comfortable so that they would go to him for help. 

I have to think back when I was starting out, and that helps me. It keeps 
me in perspective. So I try to make them feel comfortable, because I know 
right off the bat I wouldn’t feel comfortable discussing my personal, 
financial affairs with somebody I don’t know. I get a lot that have bad 
credit, look, that’s the past. We can’t go back in time and change that. And 
the time that you waste thinking about that you’re robbing the future. You 
know, so let’s focus on what we can do to change that. Because that’s all it 
is. It’s changing their behavior…I know some of it is not over-spending 
it’s just due to unemployment. Some of these folks are using their credit 
cards just to live. 
 

 In sum, the PFM program at CEN faced a number of obstacles that could have 

negatively affected program implementation and outcomes, including the transfer of the 

program when its original parent agency closed down, the fact that it was a new program, 

and that it was not integrated with the primary services of the organization that took it 

over. However, these factors were mitigated by strong oversight by FSN and the three 

community lead agencies, organizational commitment to the program’s success, and the 

manager’s and financial coach’s training, expertise, and understanding of and 

commitment to the PFM model. While CEN required that participants meet with the 

financial coach prior to receiving employment services, the lack of financial workshops 

and short duration of the job readiness training did not support ongoing interaction with 

the financial coach while participants looked for a job. The financial coach’s expertise 

and commitment to following up with participants countered these shortcomings in 

program design but it is possible the program may have been more successful with more 

participants if it was built on stronger employment services. The program did not have an 

impact overall on the likelihood that individuals had a credit score or had a prime score, 
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although there were positive impacts on having trade accounts with positive ratings. The 

only subgroup for which CEN had a positive impact on having a prime credit score was 

for those who had thick credit files when they entered the program. The characteristics of 

the communities CEN served also likely played a role in its outcomes. As noted in 

chapter 4, 95 percent of the CEN participants were Black. As I discuss later in this 

chapter, the characteristics of the communities from which CEN drew participants may 

have hindered its ability to help individuals achieve the targeted credit outcomes. 

TI 

 TI is a small workforce development agency where the PFM model had strong 

organizational support. TI’s executive director was part of the initial conversations about 

the PFM model with staff from the foundation that developed it, and TI was one of the 

three agencies that first piloted the program in Chicago in 2005. PFM was integrated into 

all of TI’s employment and training programs, including its flagship four-week job 

readiness program for formerly incarcerated persons as well as a five-week home 

weatherization-training program that it ran during the study period.  

 The PFM program director had been in her position for about 18 months when the 

study began. She had been with TI for nearly four years, first helping people access 

public benefits to supplement their income and then becoming the PFM financial coach. 

When the study began she was both the program director and financial coach until the 

agency brought someone else on board four months after the study began. She had a 

Bachelor’s degree in criminal justice and was working on a Master’s degree in nonprofit 

management. She said she took the job because she had a passion for the work. She had 

attended multiple trainings sponsored by FSN while in her various positions, including 
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the financial coaching training and trainings on financial wealth and credit building, as 

well as the quarterly peer meetings for financial counselors. When she became the 

program director, she attended training on managing priorities. She remained the PFM 

director throughout the study period.  

 The TI director said the goal of PFM was to help individuals become self-

sufficient. She noted that achieving the financial goals, such as getting to positive net 

worth, was challenging because some participants had a lot of debt to pay off. The 

director said they had flexibility in how they implemented the program as long as they 

offered services in the core areas. She attended biweekly management meetings to 

discuss how they were doing around the goals. Her supervisors were open to ideas as 

long as she had drawn up a plan for how they would be successful. There were rules but 

also freedom to do the work as long as it fit within the rules of the organization. She 

spoke with her staff daily and had formal meetings monthly. The director had not spoken 

to staff from the community’s lead agency about program performance. TI’s executive 

director noted that the relationship was more one of working in the community in tandem 

with the lead agency, with the understanding that TI was responsible for providing 

employment and financial services. 

 As noted, the TI financial coach started in her position during the study 

enrollment period. However, she had been working for the PFM in another role—helping 

participants access public benefits—for two years prior to taking over as financial coach. 

She had no previous experience in financial services or financial education. She was 

working on earning a Bachelor’s degree in criminal justice. She said she did the work 

because she had struggled in her own life and wanted to do something for her community 
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to make it easier for other people. She had attended a FSN-sponsored training on reading 

credit reports and developing credit building action plans as well as training on coaching, 

team building, cultural competency, and conflict resolution. She had attended the peer 

meetings FSN sponsored in both of her positions.  

 TI required that participants attend a one-on-one meeting with the financial coach 

while they were attending job readiness or occupational skills training and before they 

could meet with the employment counselor. The financial coach also ran a workshop that 

was integrated into the job training programs. The financial coach described her 

responsibilities as completing the financial assessment and coaching people towards 

reaching their financial goals. She accurately described the credit-building product that 

FSN had developed and how it could benefit participants and said she encouraged 

participants to take part in it. Her description of how she worked with participants 

demonstrated principles of coaching as in the following discussion of how she helped 

individuals set financial goals: 

It’s asking what’s important to them, asking questions to help them relax. I 
definitely don’t want to just be telling them, you need to do this and you 
need to do that. I just kind of let them take control and just shut up. I learn 
more about them. I find out what’s important to them and what they want 
to do and I just kind of let them take the wheel and I’m just there to give 
them different resources that may make it easier. 
 

The TI financial coach also noted that she shared her own story and tried to empathize 

with participants to make them feel more comfortable. 

I share stories about my finances with them or my family. I always share 
with them like well you know that I’m still going to school or I’m still 
building my credit history so I just try to find some type of way to connect 
with them. 
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 In sum, at TI the PFM model was integrated into all of the agency’s core services 

and had strong organizational support. The potential negative factor of the financial 

coach’s lack of experience was mitigated by the training she received on the model and 

approach, the director’s experience and commitment to the model, and a program 

structure that promoted ongoing participation in the financial coaching services. TI 

engaged just over two-thirds of participants in financial counseling. Among those who 

received counseling, the program had a positive impact on the number of positive trade 

accounts on participants’ credit reports. Despite its strong implementation of the 

program, TI did not have positive impacts on the likelihood of having a score or of 

having a prime score for all those who received counseling but it did have a positive 

impact on helping those who were unscored become scored. Nearly all (92%) of TI’s 

participants were Black, and the characteristics of the communities from which it drew 

participants may have hindered its ability to produce greater positive outcomes during the 

two years after individuals entered the programs. 

TJC 

 TJC is a well-respected workforce development organization that had experience 

providing both employment and financial assistance to low-income adults. Its main 

program operated out of its downtown offices and included life skills training and job 

placement assistance followed by a year of support including employment and financial 

coaching and a matched savings program. However, TJC’s PFM program was not 

integrated into its traditional program at its downtown headquarters. TJC had been 

operating a community center on the south side of Chicago. Another agency was 

operating PFM in the community but was having financial difficulties. Knowing of TJC’s 
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presence in the community, FSN asked the agency to take over the program in 2008, 

about three years before the study began. TJC did not replicate its traditional program to 

serve as the basis for PFM. It saw the PFM as a location where community residents 

could walk in to use the resource room to look for a job. For those who wanted more 

assistance finding a job, it offered the PFM counseling services with job readiness 

workshops serving as the foundation.  

 The program director at TJC started in the position three months before the study 

period began. She had been with TJC for over five years as a manager in its community 

services department. She took over the PFM director role when the original director was 

laid off as part of an organizational restructuring that took place after the organization’s 

funding was cut. The new director was responsible for both PFM and another community 

program. She was working on obtaining an MBA. She said she took the position at TJC 

because it sounded interesting and then fell in love with the mission of lifting people out 

of homelessness and poverty. 

 When asked about the PFM goals, the TJC director indicated that job placement 

and retention were the most important goals and then noted the other outcomes they were 

required to report to FSN, including the income supports people received, meeting the 

financial coach to complete the financial assessment, increasing credit scores, and 

increasing net income. She said they emphasized creating a professional environment 

with computers and internet access where individuals could conduct a job search. She 

thought the financial goals were easier to achieve than the employment goals because she 

saw the primary financial goal as having individuals meet with the financial coach and 

the employment goal as helping people obtain a job. At the start of the study, TJC had 
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developed a strategic plan that called for increasing job placements by 40 percent in three 

years. The PFM program was expected to help them reach these employment goals 

without providing the more intensive services offered in their traditional program. The 

TJC financial coach also noted that the organization concentrated on the employment 

goals while the financial goals were placed on the back burner and that decisions made 

about program structure were focused on achieving the employment goals.  

 The director said she had a great deal of flexibility in implementing the program. 

They had to provide services in the core areas but how they achieved that was flexible in 

terms of when and how they met with people. Her staff had a lot of freedom as well, 

other than being required to enter data into the client tracking system and completing the 

financial assessment. She met with her supervisor every two weeks and noted that they 

sometimes disagreed about things like how to provide the services and when people filled 

out the paperwork, but she was able to make changes and try out new strategies.  

 With the program having existed at TJC for three years, FSN’s oversight was 

minimal, despite the turnover in the program director position. The director said the only 

training she received from FSN was on how to use the client-tracking database. She could 

also call staff if she had questions. She noted that she would have liked to have had more 

structured training on being a PFM program director. She felt that it was expected by 

FSN that knowledge would be passed on to her from others at the organization but this 

was not the case. She also did not know of any training for the front-line staff, other than 

training on using the tracking system. She said she attended meetings for the community 

development initiative but had not spoken with staff at the lead agency about the 

performance of PFM. She left the organization ten months after she became the director. 
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The program then went five months without a director. The new director came on board 

about four months after study enrollment ended.  

 The financial coach at TJC had been in her position for three years. Prior to taking 

this position, she had been a financial analyst for a large financial services firm where she 

ensured that clients traded within regulations. She had a Bachelor’s degree in social 

sciences. She did not have previous experience in counseling or in working with low-

income individuals. She said she took the position because she had always handled her 

own finances and had sound financial habits, which she thought qualified her to provide 

these services to help others who had never been taught this information. She had not 

received any training related to her position from TJC and had only attended a housing 

counseling training through FSN. She had attended the quarterly peer meetings FSN 

sponsored for the PFM financial coaches. 

 At TJC, participants were first required to attend job readiness training, including 

a workshop with the financial coach that took place during the first week of this training. 

The financial coach had participants complete the financial assessment during this 

workshop, and TJC did not require a one-on-one meeting with the coach. Similar to the 

coach at FDS, the TJC financial coach’s lack of training on the financial component of 

the PFM model was reflected in her approach. In talking about her work, she never 

mentioned helping participants with credit building nor did she use a coaching approach. 

She focused on showing participants how to pay bills and creating plans for them for 

clearing up their debt. Unlike the other PFM coaches, in both her financial workshop and 

her own description of her approach, she took a very negative tone, focusing on how 

participants’ presumably negative behaviors would keep them from achieving their goals. 
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She discouraged people from obtaining credit, including loans. For example, when asked 

about her approach to helping people set goals, she stated that participants generally 

wanted to buy a home or car or get a credit card and she would advise them as follows: 

Well if you’re thinking about opening a charge card, but look at your 
budget. According to your budget you don’t even have enough money to 
make a minimum payment on this charge card. So if your budget is in a 
negative state or your credit is totally shot then you are not showing any 
growth. Actually you’re regressing, because if you open this charge card 
up and you don’t make a payment on it guess what, it’s going to go to 
collection, and if the creditor decides that they want to sue you and you 
lose then you have that debt and you have court fees that you have to pay. 
And then you’re looking at a potential wage garnishment. So I tried to get 
them to actually see the big picture when it comes to setting goals and 
what they have to do in order to meet that goal. 
 

 In sum, the poor implementation of PFM at TJC resulted from a combination of 

factors, including insufficient oversight by FSN and the lead community agency, the lack 

of integration into the organization’s primary program, the organization’s and director’s 

narrow focus on the employment goals, a lack of training for the director and financial 

coach on the model, and the financial coach’s limited view of her role and negative 

approach to talking with participants about their finances. TJC had no positive impacts on 

any of the credit outcomes, even among participants who did receive counseling. In 

addition to these program implementation factors, nearly all (97%) of TJC’s participants 

were Black and they resided in communities whose characteristics likely had a negative 

influence on their ability to achieve the targeted credit outcomes. 

Differences in Community Characteristics Across the PFM Sites 

 In this section, I examine differences across the PFM sites in the characteristics of 

the communities they served as well as differences between the individual PFM sites and 

the comparison group. The sociologist Robert Sampson (2012) argues that neighborhood 
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differentiation contributes to the reproduction of social inequalities in the lives of 

individuals. Neighborhoods are both chosen and allocated, are defined by insiders and 

outsiders, and are both symbolically and structurally determined. Neighborhood effects 

are durable and span a variety of social phenomena. In the PFM study, 94 percent of 

participants in both the PFM and comparison groups lived in the city of Chicago with the 

other six percent residing in towns just outside the city’s borders. Chicago has been 

divided into 77 community areas based on work done by the Social Science Research 

Center at the University of Chicago in the 1920s, which attempted to construct socially 

meaningful and natural geographic boundaries. While two areas have been added to the 

original 75, the boundaries have been kept static to allow for analysis of community data 

over time. Community areas typically include multiple neighborhoods and average about 

37,000 people per area. In conducting research on Chicago neighborhoods over more 

than a decade, Sampson found that the community areas were largely recognized by local 

institutions, administrative agencies, residents, and the media. The community 

development initiative that took place during the PFM study period was organized at the 

community area level, and the PFM program staff referred to the community area names 

when discussing the areas they targeted. Many researchers studying Chicago have 

conducted analyses and made data available at the community area level. 

 Given this tradition, I examined data on the characteristics of the communities in 

which study participants lived at the community area level, or at the community level for 

the six percent of participants who lived outside of Chicago. Study enrollment took place 

between October 2011 and August 2012, and the time periods when the community 

indicators were measured overlap with this period. I analyzed a number of factors that 
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theory and research suggest would influence study participants’ credit outcomes, 

including the following: 

• Racial/ethnic composition, including the percent of residents who were Black, 

White, Asian, and of Hispanic origin. 

• Three indicators of economic conditions in the community areas, including: 

– Percent of households living below the federal poverty level. 

– Percent of persons in the labor force who were over the age of 16 years 

that were unemployed. 

– Per capita income. 

• Number of FDIC-insured commercial banks and credit unions, an indicator of the 

availability of financial services in a community area, such as checking accounts, 

savings vehicles, loans, and other forms of credit. 

• Average mortgage recordings per 100 residential parcels, including all mortgages 

secured for home purchase, refinance, home improvement, or equity line of credit. 

Mortgage activity is an indicator of the level of lender investment in communities.  

• Average number of small business loans and average small business loan amounts 

per business, indicators of the extent to which banks are meeting the credit needs 

of small businesses in the community. 

In Table 5.2, I present the characteristics of the communities in which study participants 

resided at the time they sought assistance from their respective programs. As described 

below, there were substantial differences in the racial/ethnic composition of the 

communities the PFM organizations served as well as differences in economic 

conditions, financial institutions, and credit flow into the communities. 
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Table 5.2. Characteristics of the Community Areas in Which PFM Participants and 
Comparison Group Members Lived at the Time of Program Entry 

  FDS CAC CEN TI TJC 

Compar-
ison 

Group 
Average percent Black (alone or in 
combination with other races) 44.4% 20.4% 85.8% 79.3% 79.9% 57.5% 
Average percent White (alone), 
non-Hispanic 19.1% 16.6% 5.7% 7.0% 7.7% 15.9% 
Average percent Asian (alone or in 
combination with other races) 2.7% 3.0% 0.7% 2.5% 1.6% 3.1% 
Average percent Hispanic, any 
race 33.1% 59.1% 6.6% 10.3% 9.4% 22.4% 
Average percent below poverty 26.6% 22.2% 31.6% 32.5% 28.3% 26.0% 
Average percent unemployed 15.8% 15.6% 24.7% 20.2% 21.4% 18.0% 
Average per capita income $22,750 $17,610 $17,174 $18,351 $19,497 $21,397 
Average number of FDIC-insured 
commercial banks and credit 
unions 12.2 10.6 5.7 6.9 6.5 10.2 
Average annual mortgage 
recordings per 100 residential 
parcels (2011-2014 average) 7.9 6.1 4.4 4.9 5.2 6.3 
Average number of small business 
loans per business (2008-2012) 0.40 0.37 0.24 0.29 0.31 0.36 
Average small business loan 
amount per business (2008-2012) $18,240 $14,220 $7,550 $13,990 $10,110 $12,970 
Data Sources: 
Racial/ethnic composition. Data for Chicago community areas obtained from the Social IMPACT 
Research Center's analysis of the U.S. Census Bureau's 2008-2012 American Community Survey 5-year 
estimates program. Accessed November 16, 2015 at http://www.ilpovertyreport.org/sites/default/files/ 
uploads/Chicago%20Community%20Area%20Indicators,%202000-2012_140321.pdf. Data on the 2008-
2012 American Community Survey 5-year estimates for communities outside of Chicago obtained from the 
US Census Bureau’s American FactFinder website, http://factfinder.census.gov/. 
Socioeconomic indicators including percent below poverty, unemployed, and per capita income. Data for 
Chicago community areas obtained from a Chicago Department of Public Health analysis of 2008-2012 
American Community Survey 5-year estimates. Accessed April 11, 2015 at https://data.cityofchicago.org/ 
Health-Human-Services/Census-Data-Selected-socioeconomic-indicators-in-C/kn9c-c2s2. Data on the 
2008-2012 American Community Survey 5-year estimates for communities outside of Chicago obtained 
from the US Census Bureau’s American FactFinder website, http://factfinder.census.gov/. 
FDIC-insured commercial banks and credit unions. Bank locations obtained from the Federal Deposit 
Insurance Corporation (FDIC) annual Summary of Deposits survey as of June 30, 2011. Accessed 
November 20, 2015 at https://www5.fdic.gov/sod/dynaDownload.asp?barItem=6. Credit union locations 
obtained from the 2010 Directory of Federally Insured Credit Unions (https://www.ncua.gov/Legal/ 
Documents/Reports/CUDIR2010.pdf). I used the Census Geocoder website 
(http://geocoding.geo.census.gov/geocoder/) to obtain census tract data for each bank and credit union 
location and then coded the census tracts for the community area or community outside of Chicago. 
Mortgages. Data for all community areas and communities obtained from DePaul University’s Institute for 
Housing Studies’ analysis of mortgage recordings collected from county recorder of deeds offices. 
Accessed November 22, 2015 at https://www.housingstudies.org/dataportal/. 
Number and amount of small business loans. Data obtained from a Woodstock Institute analysis of 
business loan data for 2008 to 2012 submitted by financial institutions to the Federal Financial Institutions 
Examination Council (FFIEC) under Community Reinvestment Act regulations (Cowan 2014).  
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 FDS drew most of its participants from the upper West Side of Chicago with half 

coming from three community areas. While the area is known for its Puerto Rican 

community, the program was located on the border of predominantly Black and 

predominantly Hispanic neighborhoods. The area was experiencing gentrification with 

middle- and upper-income White residents moving into the eastern part of the area where 

housing values and rents were not yet as high as in adjacent areas to the north and 

downtown. As shown in Table 5.2, the communities from which FDS drew its 

participants differed in a number of important ways from the communities the other PFM 

sites served and in some ways from the communities in which comparison group 

members lived. The communities FDS served were more diverse in terms of race and 

ethnicity. The average percentage of the population that was Black (44.4%) was lower 

compared to all other groups except for CAC, including the comparison group, and the 

average percentage that was White (19.1%) was significantly higher than at CEN, TI, and 

TJC. Average unemployment rates in the communities FDS served were lower than for 

all other groups except CAC, and the FDS communities had higher average per capita 

income than all the other groups, including the comparison group. In terms of financial 

institutions and credit activity, the FDS communities had a greater number of banks or 

credit unions, greater amount of mortgage activity, and greater amount of small business 

loans made per business than the communities that CEN, TI, and TJC served. The 

number of mortgages and amount of small business loans in the FDS communities was 

also significantly greater than in the communities where comparison group members 

lived. Differences in credit flow into the communities FDS served may have increased 
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the ability of FDS participants to access credit, even without assistance from the PFM 

financial coach. 

 CAC drew most of its participants from communities surrounding its locations on 

the lower West Side and the Southwest Side of Chicago as well as from neighboring 

towns just outside the city border. These communities contained large populations of 

first- and second-generation Mexican immigrants—the group that made up the majority 

of CAC’s participants. As seen in Table 5.2, CAC was the only site where participants 

lived in majority Hispanic communities, on average. The CAC communities had the 

lowest average percentage of participants who were Black (20.4%), including a lower 

percentage than the communities in which comparison group members resided. Poverty 

rates and unemployment rates in the communities CAC served were lower than for all 

other groups although per capita income was also lower than that for all groups except 

CEN. In terms of financial institutions and credit activity, the CAC communities had a 

greater number of banks or credit unions, number of mortgages, and number and amount 

of small business loans than the communities that CEN, TI, and TJC served. However, 

the CAC communities were not significantly different than those in which comparison 

group members resided.  

 The other three PFM organizations primarily served individuals who lived in 

predominantly Black communities on the South, Southwest, and West Sides of Chicago. 

Nearly all of CEN’s participants lived in communities on the South and Southwest Sides 

to the east and west of the community where the program was located. Just over half of 

TI’s participants lived in or around the West Side community where the program was 

located, while the others were spread across the South and Southwest Sides. TJC’s 
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participants resided throughout the South, Far Southeast, and Southwest Sides of the city. 

The communities these three sites served were similar to each other but significantly 

different than those in which FDS, CAC, and comparison group participants lived. As 

shown in Table 5.2, on average, participants at CEN, TI, and TJC lived in communities 

that were between 79 and 86 percent Black. Average poverty rates for CEN and TI, and 

average unemployment rates for CEN and TJC, were greater than those for FDS, CAC, 

and the comparison group. Regarding credit activity, the communities that CEN, TI, and 

TJC served, on average, had fewer mortgages per parcel and fewer small business loans 

per business than the communities in which FDS, CAC, and comparison group members 

lived. The CEN and TJC communities also had fewer banks or credit unions and lower 

small business loan amounts, on average. The disadvantaged position of the communities 

these organizations served may have contributed to the lack of impact on credit scores at 

CEN and TI where implementation of the PFM model was strong.  

Summary and Discussion 

 The PFM experience demonstrates how numerous factors of program 

implementation can influence the outcomes of policies to help low-income people of 

color build wealth. The PFM model included design elements that had the potential to 

promote wealth mobility among program participants by integrating financial counseling 

into the employment services individuals were seeking and addressing the credit side of 

the wealth equation. The focus on credit building recognized the barriers low-income 

people of color faced to building assets due to a lack of access to affordable credit, high 

levels of debt, and a lack of information about credit scores and how to improve them. 

The model sought to address these barriers by increasing individuals’ knowledge of credit 
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and their own credit situations, providing access to products to help them build positive 

credit histories, and providing ongoing financial coaching aimed at helping individuals 

set long-term goals and take steps to achieve them. On the other hand, the intermediary 

managing the initiative afforded organizations a high level of discretion in implementing 

the model, and program implementation was uneven across the organizations. While 

strong implementers helped individuals take steps to improve their credit situations that 

could promote future wealth mobility, poor implementers were unlikely to help 

individuals overcome institutional barriers to wealth mobility, thereby contributing to the 

reproduction of social inequalities by maintaining the status quo.  

 The PFM experience also demonstrates the difficulty of identifying why a 

program did or did not produce the intended outcomes. With only five organizations in 

the study, it was not possible to observe all of the ways in which factors at one level may 

have played out under varying conditions at another level. With multiple positive factors 

and multiple negative factors present at each site, it is difficult to isolate what factors 

made a difference in whether or not the organizations were successful. That being said, 

organizations that more closely implemented the PFM model as intended were more 

likely to have positive impacts on participants’ credit outcomes. CAC implemented the 

model with the highest level of fidelity, and it had the most positive impacts on 

participants’ credit usage and credit scores relative to the comparison group. 

 As noted at the beginning of this chapter, the PFM experience indicates that 

factors at multiple levels interacted to produce differences in implementation and 

outcomes across the organizations. In the absence of strong external oversight by FSN or 

other agencies, organizational and managerial experience with and commitment to the 
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PFM model and integration of the model into the organizations’ core services were 

critical to effective implementation. As illustrated in Table 5.1, the two organizations 

with a strong history and commitment to the PFM model, CAC and TI, required that 

PFM directors and front-line staff attend training related to the PFM model and ensured 

that they understood the model and its goals. They incorporated the program elements 

required by FSN into their core programs and implemented program structures that 

promoted multiple contacts with the financial coaches. The financial coaches at these 

agencies promoted credit-building strategies and adopted the coaching approach that the 

PFM model prescribed to helping individuals set and work toward self-defined goals. The 

two organizations engaged about two-thirds of participants in financial coaching for more 

than six months, on average. While both organizations had positive impacts on increasing 

the number of trade accounts with positive ratings on participants’ credit reports, only 

CAC increased the likelihood of having a credit score or of having a prime credit score 

among all participants who received financial counseling. TI did have a positive impact 

on increasing the likelihood that individuals who were unscored at program entry had a 

credit score after two years among those who received financial counseling. 

 For FDS, where the leadership was not focused on PFM or committed to 

continuing the program, and for TJC, which was relatively new to the model and 

struggling with how to implement it effectively while meeting its primary employment 

goals, FSN’s lack of oversight was detrimental to the programs’ success. As indicated in 

Table 5.1, PFM was not integrated into either organization’s core programs or services. 

The organizations did not ensure that the PFM program directors and financial coaches 

attended training related to the PFM model and did not provide sufficient training of their 
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own. The directors either misunderstood the PFM goals or were not equally committed to 

all of the goals. They did not develop program structures that promoted ongoing contacts 

with the financial coach. One did not require even the initial meeting with the coach, and 

the other chose to require only that participants attend a group workshop rather than a 

one-on-one meeting. Exacerbating the financial coaches’ lack of training on the model 

was the fact that neither coach’s predisposition toward their role or their clients’ use of 

credit was consistent with the PFM approach. Neither promoted credit-building strategies 

or took a coaching approach to working with clients. Both focused on clients’ current 

situations and suggested what goals they should work on, which typically involved 

budgeting, paying off debts, and refraining from using credit under the assumption that 

individuals were poor money managers. These two organizations engaged substantially 

smaller percentages of participants in financial coaching than the other sites and did so 

for shorter periods of time. Neither TJC nor FDS had positive impacts on the credit 

outcomes of the individuals who received financial counseling.  

 The experience at CEN demonstrated that in the absence of organizational 

experience with the PFM model or integration of the model into the organization’s core 

services, strong external oversight and the commitment and expertise of program staff 

can result in effective program implementation. Despite the program’s transfer from one 

multi-service organization to another and the fact that it was being newly implemented at 

the time of the study, CEN implemented the required program elements and its program 

director and front-line staff attended trainings related to the PFM model. FSN staff and 

the lead agencies in the communities CEN served were involved in ensuring that staff 

members were properly trained on the model and that the program structure incorporated 
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the required elements. The CEN program structure was not as strong as those developed 

by the more experienced organizations in that it did not include formal mechanisms for 

keeping individuals engaged in financial services. However, the financial coach had 

expertise from past work experience, training, a predisposition that was aligned with the 

PFM approach, and a commitment to following up with participants that resulted in 

strong implementation of the financial services component of the PFM program. About 

two-thirds of participants received financial coaching over more than a year, on average. 

While CEN had a positive impact on increasing the number of trade accounts with 

positive ratings on participants’ credit reports, it did not have an impact on credit scores 

among all individuals who received financial coaching. 

 The PFM experience supports the contention that the characteristics of the 

communities that programs serve influence the outcomes of policy interventions, and 

suggests that disadvantaged communities, particularly segregated Black communities, 

serve to reproduce social inequalities among residents. While not definitive evidence, 

data for the communities in which the PFM participants lived reveal that the 

communities’ racial composition was correlated with indicators of their economic health, 

the presence of financial institutions, and credit availability. A key difference among the 

three strong implementers of the PFM model was that CAC served primarily Hispanic 

communities that had more favorable economic conditions and greater financial 

institutions and credit activity than the primarily Black communities that TI and CEN 

served. While CAC had a positive impact on the likelihood of having a credit score and 

of having a prime score among all individuals who received financial counseling, CEN 

was only successful in improving credit scores among individuals who already had thick 
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credit files when they entered the program. TI also did not have an impact on improving 

credit scores among all participants who received financial counseling although it did 

have a positive impact on helping unscored individuals become scored. It is possible that 

the lack of credit availability and generally disadvantaged economic position of the 

communities CEN and TI served hindered their ability to help more participants achieve 

the credit goals. On the other hand, despite the poor implementation of PFM at FDS, 

individuals who were unscored and sought assistance from FDS were more likely to 

become scored than individuals in the comparison group, including FDS participants who 

did not receive any financial counseling. FDS participants lived in more racially diverse 

and less disadvantaged communities than those in which comparison group members 

lived, including having a greater flow of credit into the communities. This finding 

suggests that these individuals may have been better able to access credit due to the more 

favorable characteristics of their communities.  

 In the final chapter, I discuss the implications of the findings for policy and 

scholarly debates about the strategies needed to help low-income people of color build 

wealth. I consider the implications of the findings for the role community organizations 

can play as well as the additional reforms needed to overcome institutional barriers to 

building wealth. I also discuss the findings’ contributions to the sociological literature on 

wealth accumulation.  
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CHAPTER 6 
CONCLUSIONS AND IMPLICATIONS 

 
 The primary goal of this dissertation was to assess whether community-based 

organizations can help low-income individuals improve their credit usage and credit 

scores as part of a strategy to help them build their wealth. To achieve this, I examined 

data from a multisite study of a program model in which community-based organizations 

provided low-income job seekers financial education and counseling in conjunction with 

employment services. I assessed program impacts by comparing the credit outcomes of 

program participants to those of a matched group of low-income individuals who were 

seeking employment assistance from city workforce centers that did not offer financial or 

credit counseling. I also conducted a qualitative assessment of the factors that influenced 

program implementation and outcomes across the five organizations in the study.  

 The study’s findings are important because policymakers and researchers have 

promoted financial education and counseling as a means of addressing wealth inequality 

between income and racial groups—and programs that seek to increase low-income 

individuals’ financial literacy and help them build wealth have proliferated across the 

country—all despite a lack of evidence of the strategy’s effectiveness or of what factors 

influence its success. Researchers and advocates have suggested that financial education 

and counseling should be incorporated into employment and training programs, despite 

the absence of rigorous research indicating that such programs can successfully engage 

individuals in financial services or produce positive outcomes. This dissertation helps to 

address these gaps in the research by providing evidence of the effectiveness of an effort 

to integrate financial education and counseling into employment and training services in 
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order to help low-income individuals build their credit—an important step toward 

building assets and wealth.  

 This dissertation expands the existing research on financial education and 

counseling programs for low-income individuals in several ways. Reviews of studies of 

financial education programs in a variety of settings have concluded that the field lacks 

rigorous research, particularly regarding program effects for low-income individuals. 

Most studies have not utilized a strong comparison or control group design to asses the 

amount of change beyond what would have occurred without the program and, therefore, 

do not provide definitive evidence of program effectiveness. This study contributes to the 

evidence base by using a rigorous methodology that assesses program effects based on 

whether program participants experienced greater changes than a similar group of 

individuals who did not receive the services. The comparison group provides a strong 

indicator of what program participants’ outcomes would have been without the 

intervention because individuals were selected through propensity score matching using 

extensive data about their demographics and financial situations and because comparison 

group members were similarly motivated as program participants to seek assistance with 

employment and training from community agencies.  

 Some past studies of financial education and counseling have focused only on 

change in financial knowledge or attitudes and not change in financial behaviors and 

outcomes. This study addresses that gap by focusing on change in behavior and 

outcomes, namely improved credit use and credit scores. Most studies that have 

examined financial outcomes have focused on individuals in housing or credit counseling 

programs that were seeking to improve their credit, or focused only on individuals who 
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had credit scores. This study expands research on financial education and counseling by 

examining a broader segment of the low-income population than past studies, including 

individuals who lacked credit scores and connections to mainstream financial institutions.  

 Many studies of financial education and counseling have focused on only one 

program site. Past studies that have included multiple sites did not conduct an analysis of 

how program implementation differed across organizations or address how 

implementation factors influenced the outcomes of financial counseling. Therefore, very 

little is known about how organizational characteristics, the discretion, training, and 

predispositions of program managers and front-line staff, external oversight, and 

community characteristics influence the outcomes of financial education and counseling. 

This dissertation addresses this gap in the research by examining differences in 

implementation and outcomes across five organizations to contribute to the understanding 

of how these implementation processes influence outcomes.  

 The findings from this dissertation can inform the work of policymakers and 

practitioners in the workforce development and asset-building fields and contribute to the 

research literature on how public policy may address wealth disparities between income 

and racial groups. This dissertation is also important because it contributes to 

understanding an aspect of the wealth accumulation process that has not been addressed 

in sociological research—building positive credit profiles and improving access to credit. 

Improving credit histories and credit scores is critical to enabling individuals to access 

the credit needed to weather financial emergencies and build assets.  

 In this chapter, I first summarize the findings regarding the primary research 

questions of whether community-based organizations can help low-income individuals 
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improve their credit use and scores and what factors influenced organizations’ ability to 

do so. Next, I review the study’s limitations. I then discuss the implications of the 

findings for policy and programming as well as how the study contributes to the research 

literature. I conclude with suggestions for future research. 

Summary of Main Findings 

Community-Based Organizations’ Effectiveness in Helping Low-Income Individuals 

Improve Their Use of Credit and Credit Scores 

 I found that community-based organizations can help low-income individuals 

make progress in building positive credit histories. By combining financial education and 

counseling with employment services, the PFM programs increased job seekers’ receipt 

of financial counseling relative to the comparison group. PFM participants were more 

likely than comparison group members to have an increase in trade accounts with 

positive ratings and, on average, they had a greater number of trade accounts with 

positive ratings on their credit reports two years after entering the program. However, 

overall PFM did not increase the likelihood that participants had a credit score or that 

they had a prime score after two years. Only PFM participants who already had thick 

credit files when they entered the program—those with three or more open trade 

accounts—were more likely than their counterparts in the comparison group to have a 

prime credit score after two years.  

 Overall, half of the individuals who sought employment assistance from the PFM 

program received financial counseling, including reviewing their credit reports. Among 

those who received financial counseling, PFM impacts were similar to those noted above 

for the full sample but of a larger magnitude in terms of the likelihood of having an 
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increase in trade accounts with positive ratings and in the number of accounts with 

positive ratings. Additionally, counseled PFM participants who did not have credit scores 

when they entered the program were more likely than their counterparts in the 

comparison group to have credit scores two years later.  

 The analysis of program impacts and implementation across the five organizations 

in the study revealed that some organizations were more effective than others in helping 

low-income individuals achieve the targeted credit outcomes. While four of the five PFM 

organizations had positive impacts on participants’ likelihood of having an increase in 

trade accounts with positive ratings, the results for the other credit outcomes were mixed. 

Only one organization, CAC, had positive impacts on the likelihood of having a credit 

score and of having a prime credit score among all individuals who received financial 

counseling. Two other organizations, CEN and TI, had positive impacts on scores, but 

only for subgroups of participants. At TI, PFM participants who were unscored at 

program entry were more likely than their counterparts in the comparison group to have a 

score after two years. At CEN, PFM participants who had thick credit files at program 

entry were more likely than their counterparts in the comparison group to have prime 

credit scores after two years. One organization, TJC, had no positive impacts on any of 

the credit outcomes.  

 The PFM experience indicates that the community organizations were better able 

to help some subgroups of the low-income populations they served than others. PFM 

impacts on the likelihood of having an increase in trade accounts with positive ratings 

were greater for individuals who were age 25 or older than for young adults ages 18 to 

24. They were also greater among individuals who had a college degree, high school 
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diploma, or GED than among individuals who did not have a diploma or degree. 

Individuals who were ages 18 to 24 and those who had less than a high school education 

were arguably in need of financial counseling as they were more likely than others to be 

unscored or to have thin credit files at program entry. However, these groups were less 

likely to receive financial counseling from the PFM programs. PFM impacts on the 

number of trade accounts with positive ratings on individuals’ credit reports were greater 

for male participants than for female participants, and males were more likely to be 

unscored or to have thin credit files at program entry.  

Program Implementation Factors that Influenced Organizations’ Ability to Help 

Individuals Achieve the Targeted Credit Outcomes 

 A number of factors cited in the policy literature appeared to have played a role in 

the implementation of PFM and its outcomes. These factors were not necessarily unique 

to the PFM experience but illustrate the mechanisms through which public policies may 

either facilitate wealth mobility or contribute to reproducing social inequalities. I found 

that organizational and managerial experience with and commitment to the PFM model 

and integration of the model into the organizations’ core services were critical to 

effective implementation. At the same time, the experience demonstrated that strong 

oversight and support from an intermediary agency can promote success in the absence of 

organizational experience with the model and integration into its core services. Strong 

program implementers required that directors and front-line staff attend training in order 

to understand the model and its goals. At the more successful organizations, managers 

implemented program structures that promoted multiple contacts with the financial 

counselors; the financial counselors promoted credit-building strategies; and the 
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counselors adopted a coaching approach to helping individuals set and work toward self-

defined goals, as the PFM model prescribed. At the less successful organizations, 

managers and counselors were not trained in the model. Exacerbating the effects of the 

lack of training at these organizations was that the financial counselors’ predispositions 

toward their role and their clients’ use of credit was not consistent with the PFM 

approach.  

 There was also evidence that the characteristics of the communities the programs 

served, in terms of their economic health, the presence of financial institutions, and credit 

availability, influenced participants’ outcomes. These factors were correlated with 

communities’ racial composition, particularly the percentage of community residents who 

were Black. The disadvantaged economic position of the communities that some 

organizations served may have hindered their ability to help more participants achieve the 

goals of becoming scored or obtaining a prime credit score. Two organizations that 

served primarily Black communities, CEN and TI, had fewer positive impacts on credit 

scores than CAC, which served primarily Hispanic communities, even though all three 

organizations were strong program implementers. On the other hand, unscored 

individuals who sought assistance from FDS were more likely than comparison group 

members to become scored, despite the fact that FDS engaged few people in financial 

counseling and did not implement the credit-building approach the model prescribed. 

FDS participants lived in more racially diverse and less-disadvantaged communities than 

those in which other PFM participants and comparison group members lived.  
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Limitations 

 The study has a number of important limitations. It includes only five 

organizations in one city out of more than 70 organizations around the country that were 

implementing the PFM model, and thus has limited generalizability. PFM is also only 

one model for how community-based organizations may help low-income individuals 

improve their financial security and achieve their financial goals. Other program models 

may produce very different results.  

 Having only five organizations in the study also limited the implementation 

analysis, as it was not possible to observe all of the ways in which factors at one level 

may have played out under varying conditions at another level. With multiple positive 

factors and multiple negative factors present at each site, it is difficult to isolate what 

factors made a difference in whether or not the organizations were successful. Another 

issue was that race/ethnicity was largely synonymous with site—only one organization 

served substantial numbers of both Black and Hispanic participants. At three 

organizations nearly all participants were Black, and at one nearly all were Hispanic. The 

sample sizes for the individual PFM organizations were also small, limiting the study’s 

ability to detect significant differences or to examine interaction effects at the site level. 

 While the study provides a rich data set containing individuals’ demographic and 

financial characteristics in addition to credit report data on their use of credit and credit 

scores, the sample includes individuals who were voluntarily seeking assistance with 

employment from community nonprofit or public agencies. It is not a random sample of 

the low-income population, and the findings about individuals’ credit situations and 

change over time are not generalizable to a low-income adult population.  
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 The study also lacks qualitative data that may have helped inform theory and 

research on the causes of differences in financial services usage and wealth between 

income and racial groups. The survey did not ask questions about individuals’ attitudes 

toward credit and, therefore, I cannot address whether certain individuals chose not to use 

credit due to personal preference or were denied access to credit. There is no information 

about the financial information individuals’ social networks provided or how this affected 

their credit use. There is also no data on parental wealth or other indicators of parents’ 

socioeconomic status, which have been found to explain differences in wealth across 

racial groups.  

Implications of the Findings for Policy and Programming 

 Despite the study’s limitations, the comparison group design, analysis of program 

implementation across multiple organizations, and extensive data on low-income job 

seekers’ credit behavior and outcomes permit drawing some conclusions that are 

generalizable and offer guidance for policy and programming. The findings have 

implications for policy and scholarly debates about the strategies needed to reduce wealth 

inequality, including the role community organizations can play and the additional 

reforms needed to overcome institutional barriers to building wealth among low-income 

people of color. First, the findings make clear that policies aimed at decreasing wealth 

inequality need to address the barriers low-income people of color face to accessing 

affordable credit. While federal policy has sought to increase homeownership rates 

through access to FHA-insured loans, low-income individuals with poor or no credit 

scores are excluded from these loans. The focus of recent federal policy has been on 

helping individuals increase their savings through Individual Development Accounts so 
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that they can purchase homes, start businesses, or invest in education. However, such 

policies do not address the credit side of the wealth-building equation but, instead, 

assume that low-income individuals have the knowledge of credit and access to 

affordable credit needed to build wealth. The disadvantaged credit position of the low-

income individuals in the study demonstrates that policies are needed to increase low-

income consumers’ understanding of credit and access to mainstream forms of credit at 

affordable rates and terms.  

 The study’s findings indicate that community-based organizations can play a role 

in helping low-income individuals improve their credit situations. The PFM model sought 

to address barriers to wealth accumulation cited in the literature, including low financial 

literacy and institutional barriers to financial services usage. The model combined 

financial education with ongoing one-on-one financial coaching to help individuals 

develop financial goals and implement a plan for achieving them. The model’s focus on 

credit building recognized the barriers low-income people of color face to building assets 

due to a lack of access to affordable credit, high levels of debt, and a lack of information 

about credit scores and how to improve them. The program sought to address these 

barriers by increasing individuals’ knowledge of credit and their own credit situations and 

providing access to products and services to help them build positive credit histories and 

increase their credit scores. 

 Behavioral economists argue that efforts to build the wealth of low-income 

individuals need to identify teachable moments when individuals are in a financial 

situation that allows them to focus on more than just getting by. Some researchers have 

argued that employment programs provide such a moment because individuals will be 
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more receptive to financial advice when they are looking to obtain a job and increase 

their earnings. However, the field lacked evidence to support this argument. The finding 

that PFM participants were more likely than comparison group members to have an 

increase in the number of positive trade accounts on their credit reports, even though the 

groups had similar employment outcomes, supports this contention. Policy efforts should 

seek to increase individuals’ awareness of the contents of their credit reports and provide 

advice and support to rectify problems at a time when individuals are increasing their 

income and are more likely to be in a position to address debts or otherwise work to build 

their credit histories. 

 The organizations that more closely implemented the PFM model as intended had 

more positive impacts on participants’ credit outcomes. The three organizations that 

required one-on-one meetings with the financial coach had a greater number of positive 

impacts on participants’ credit outcomes than the two organizations that only required 

attendance at a financial workshop. The findings lend support to the behavioral 

economics perspective that consumers will benefit more from individualized financial 

coaching that addresses their complex needs than from financial education classes (Willis 

2011; Hernandez 2011).  

 Additionally, participants at the three organizations whose financial coaches 

embraced the model’s credit-building approach, which counsels individuals to use credit 

responsibly, were more likely than comparison group members to have open trade 

accounts with positive ratings. These three organizations were also the ones that had 

positive impacts on the likelihood of having a credit score and/or having a prime credit 

score. Organizations whose counselors took a more traditional credit-repair approach, 
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which counsels participants to pay off debts and refrain from using credit, had no impact 

on the likelihood that counseled participants had open trade accounts with positive 

ratings, that they had credit scores, or that they had prime scores. 

 The study did not provide clear evidence about the type of organization that can 

best integrate financial and employment services. The findings do suggest that, if 

employment organizations are going to help individuals achieve asset- and credit-related 

goals, then cultural change is needed. Organizations must be committed to achieving the 

expanded goals of improving individuals’ financial well-being and not just placing them 

in a job, and they need to develop strategies that promote long-term engagement with 

financial coaches. Organizations also need to invest in gaining the buy-in of managers 

and front-line staff and in training them on how to achieve the financial goals. Where 

managers and staff viewed the financial goals as secondary to the employment goals, 

programs were not structured to support long-term financial coaching and the programs 

had limited or no impacts on participants’ credit outcomes. Policies aimed at improving 

low-income individuals’ financial well-being need to recognize the time needed to 

achieve financial goals and support efforts to build long-term relationships between 

participants and counselors. This includes recognizing that many financial outcomes may 

not occur in the same year in which an individual enrolls in a program and giving 

organizations credit for outcomes that occur in subsequent fiscal years.  

 The PFM experience also demonstrates the challenges community-based 

employment programs face to helping low-income job seekers address the credit side of 

the wealth equation. First, the PFM programs were less effective for young adults ages 18 

to 24 and individuals who lacked a high school diploma or equivalent degree, two groups 



	
   201 

that research has found have low financial literacy and who, in this study, were more 

likely to be unscored or to have thin credit files when they entered the programs. The 

U.S. economy has increasingly penalized individuals who lack a high school degree. 

While family income instability—how much families’ incomes fluctuate over time—has 

increased over the past three decades for individuals at all education levels, instability is 

highest among those who did not complete high school (Hacker and Jacobs 2008). 

Employment rates and earnings are substantially lower for individuals without a high 

school degree than for those at all other education levels.12 Those who lack a high school 

degree may require a different type of intervention to improve their economic status. 

 Second, overall the PFM programs only increased the likelihood of having a 

prime credit score among individuals who already had substantial recent credit activity 

when they entered the program. The model included elements that scholars argue are 

important to increasing use of financial services, such as providing access to secured 

loans to help participants build their credit and incentives to participate through matched 

savings. However, individuals entering employment programs are typically not in a 

position to deal with credit issues until they get employed. There were some issues with 

which the financial coaches could help participants who had credit histories prior to 

obtaining employment, such as disputing errors on their reports and negotiating 

repayment plans. However, for the most part, individuals could only start building or 

rebuilding positive credit histories and improve their scores once they became employed, 

which, for many, was weeks or months after their initial meeting with the financial coach.  

	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  	
  
12 See http://www.bls.gov/emp/ep_chart_001.htm 
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 The findings suggest that programs need mechanisms for keeping participants 

engaged in financial coaching until they obtain employment. The two PFM organizations 

that had a program structure that promoted multiple contacts with the financial coaches 

had positive impacts on helping unscored participants to become scored. One of these 

organizations also helped individuals with thin credit files to remain scored and to obtain 

prime scores. The results also raise the possibility that it may take some low-income 

unemployed individuals with no credit history or negative histories more than two years 

to build enough positive credit history to improve their scores substantially.  

 Whether the mixed findings are indicative of the limitations to what community-

based organizations can do or of the substantial length of time needed to improve credit 

scores, the experience suggests that additional efforts are needed to help low-income 

individuals improve their credit histories and scores. One strategy may be for 

community-based programs to develop partnerships with employers so that financial 

coaches can come on-site to counsel workers. Workforce development programs often 

have staff who develop relationships with businesses’ human resource staff. Employers 

could make financial counseling part of their employee benefit programs so that it is 

available to workers at all wage levels. Once individuals are employed, financial coaches 

could engage those who lack credit histories in credit-building activities and otherwise 

counsel individuals about using credit. However, counselors noted that some low-wage 

workers do not have the income after paying bills to pay off a credit-building loan. 

Therefore, efforts to have landlords and utility companies report payments to the credit 

bureaus may be necessary to help low-wage workers build credit histories. The findings 

also indicate that policies are needed to increase the presence of mainstream financial 
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institutions and lending in low-income majority-Black communities to augment the 

efforts of community-based organizations to increase access to financial services.  

Contributions to Research on Wealth Inequality 

 In addition to the study’s implications for policies aimed at reducing wealth 

inequality, this dissertation contributes to sociological research on the wealth 

accumulation process by focusing on credit, which plays an important role in individuals’ 

ability to build assets and net worth. While the study was not based on a random sample 

of low-income individuals, which limits the generalizability of the findings, it did include 

1,622 low-income individuals in Chicago who were seeking employment services. The 

findings provide insights into the credit situations of low-income urban job seekers—a 

group that may be the target of future policy efforts to reduce wealth inequality.  

 The findings add to the literature on the barriers low-income people of color face 

to building wealth. Overall, 43.7 percent of study participants did not have sufficient 

recent credit history to have a credit score, compared to an estimated 19.3 percent of all 

U.S. adults. Three-quarters of the individuals who had no credit scores had no credit 

activity on their reports. Given that credit reports contain seven to ten years of activity, 

this represents a substantial period of time when individuals did not use mainstream 

forms of credit. Another 34 percent had credit scores but fewer than three open 

accounts—thin credit files that lenders view as higher risk due to the lack of recent 

activity on which to judge credit-worthiness. Additionally, 72 percent of study 

participants had accounts sent to collections on their credit reports, including medical, 

utility, phone, and other financial transactions for which on-time payments are not 

reported to the credit bureaus, only delinquencies.  
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 While the study lacks data about individuals’ attitudes toward credit or knowledge 

of credit prior to participating in the program, the findings favor the sociological 

perspective that low-income people and communities of color face discrimination and 

institutional barriers to financial services, which influence their ability to build wealth. 

While some individuals had negative credit histories that may have prevented them from 

accessing new credit, many had no or very limited credit history. Sixty-one percent of all 

participants, and 48 percent of those who lacked credit scores, had inquiries made on 

their credit reports in the year prior to entering the programs. While inquiries can be an 

indicator that individuals either applied for credit or for other types of services, the data 

indicate that there was some level of unmet demand for credit among study participants. 

 Individuals’ lack of credit history and low credit scores meant they faced 

significant barriers to accessing affordable mainstream forms of credit, such as loans or 

credit cards, that could help them accumulate assets, pay for education, or weather 

financial emergencies. Their poor credit situation also meant they faced higher fees or 

security deposits for services such as insurance, rent, phones, or utilities, reducing their 

ability to save and otherwise accumulate wealth. The findings that PFM had an impact on 

whether individuals had positive activity on their credit reports but that, for the most part, 

this did not translate into positive impacts on having a prime credit score, indicates that it 

can take more than two years to recover from a poor credit history or lack of access to 

credit.  

 The PFM experience also provides additional evidence to the sociological 

literature demonstrating that neighborhoods influence policy outcomes and serve to 

reproduce social inequalities among residents (see Sampson 2012 and Sharkey 2013). 
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The examination of the community characteristics that may have influenced 

implementation and outcomes across the PFM sites revealed that communities’ racial 

composition was correlated with indicators of their economic health, the presence of 

financial institutions, and credit availability. Majority-Black communities had fewer 

business loans, mortgages, and financial institutions than majority-Hispanic or mixed-

race communities. As noted above, the findings regarding differences in participants’ 

outcomes across the five organizations indicate that individuals at some sites may have 

been better able to access credit due to the more favorable characteristics of their 

communities. Organizations serving individuals living in segregated Black communities 

may face greater barriers to helping their participants achieve credit goals.  

 The findings also contribute to research on the relationship between individuals’ 

characteristics, credit usage, and scores. Factors that sociologists have found were related 

to wealth accumulation or wealth mobility generally were related to individuals’ credit 

situations and credit outcomes in this study. Sociological research has found inequalities 

in wealth, or net worth, between Black and White and between Hispanic and White 

individuals but that the net worth of Hispanics is greater than that of Blacks (Campbell 

and Kaufman 2006; Keister et al 2015). In this study, Hispanic participants were more 

likely to be in a better credit position than Black participants. After controlling for 

differences in the demographics and financial situations of Black and Hispanic 

participants, Black participants were significantly more likely than Hispanic participants 

to be unscored or to have thin credit files and were significantly less likely to have any 

loans or any credit cards on their credit reports.  
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 Past research has also found that married couples and those with more education 

had greater wealth and were more likely to experience wealth mobility (Keister 2000). 

An examination of which subgroups of participants in this study experienced greater 

change over time in credit outcomes, regardless of their treatment status or site, revealed 

that there were significant differences by marital status and education. Individuals who 

were married or living in a marriage-like relationship were more likely than those who 

were never married to have an increase in trade accounts with positive ratings and to have 

a prime credit score after two years. Individuals with a college degree were more likely 

than those without a diploma or degree to have an increase in trade accounts with positive 

ratings and to have a prime credit score after two years. Those with at least a high school 

diploma or GED also had a greater increase in the number of trade accounts with positive 

ratings than those with no diploma or degree. These findings are consistent with research 

indicating that low financial literacy contributes to differences in wealth inequality. 

While I did not have a measure of financial literacy, past research has found that 

individuals with low levels of education are more likely to have low financial literacy, 

which has been associated with greater use of alternative financial services, paying higher 

fees on credit cards, and greater likelihood of defaulting on loans (Lusardi and Mitchell 

2013; Lusardi and Scheresberg 2013; Gerardi et al. 2010; Lusardi and Tufano 2009). 

Finally, female participants in this study were more likely than male participants to have 

a credit score, to have an increase in trade accounts with positive ratings, and to have a 

greater number of accounts with positive ratings after two years.  
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Suggestions for Future Research 

 The study points to additional research needed to better understand the factors that 

influence wealth accumulation and what policies can address wealth inequality across 

racial and ethnic groups. Future research should extend the study of the PFM model to 

additional cities and incorporate a greater number of organizations in order to expand 

lessons about what organizational, programmatic, and environmental factors influence 

implementation and outcomes. Research is needed on additional program models for 

integrating financial counseling into employment services. The organizations in this 

study built the financial services into short-term job readiness programs that tended to 

place participants in low-wage jobs. It will be interesting to test the PFM model with 

organizations that provide longer-term occupational skills training. Such programs have 

greater potential to engage individuals with financial coaches for a longer period of time 

and to help participants obtain higher-paying jobs that can increase their ability to build 

assets and credit. It will also be important to test different settings for engaging low-

income individuals in financial and credit counseling. Community-based organizations 

could partner with colleges and employers to provide financial counseling services to 

students and employees, potentially broadening the population receiving such assistance.  

 Future studies of financial counseling efforts need to use measures that take into 

account the varying situations of individuals entering these programs. Most studies that 

have examined credit have used change in credit scores as a primary outcome measure 

and excluded individuals who were unscored at one or both points in time from the 

analysis. Research indicates that creditors view the unscored as more risky than those 

with poor credit scores, and understanding the effect of policies on the unscored is as 
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important as understanding the effect on those with poor scores. Studies of financial 

counseling, particularly efforts to integrate financial counseling into employment 

programs, also need to examine outcomes over a longer period of time than two years. 

This study demonstrated that it is likely to take several years for low-income, 

unemployed individuals to build wealth with efforts first focused on obtaining 

employment, making payments on bills and debts, and getting trade accounts into a 

positive standing before there are improvements in credit scores, savings, and the ability 

to achieve other financial goals, including accumulating assets.  

 More research is needed about individuals’ attitudes toward using credit, 

knowledge of credit, and attempts to access credit. National surveys that gather data 

about individuals’ assets and debts could include questions that address these issues in 

order to better understand differences in credit use across racial and income groups. 

Research using data from national surveys has largely focused on the relationship 

between individuals’ characteristics and net worth. It would be interesting to examine 

how individual characteristics are related to credit use and how this influences asset 

accumulation and net worth. Past research has also focused on the effects of not having a 

bank account or savings on individuals’ ability to weather crises and build assets and on 

asset poverty’s link to food insecurity, difficulty paying bills, and eviction after a job 

loss, illness, or divorce. But savings are only one side of the equation. Similar research is 

needed to examine the effects of a lack of credit or poor credit scores on individuals’ 

ability to weather emergencies and accumulate assets. 
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APPENDIX A 
COMPARISON GROUP CONSTRUCTION 

 
Comparison Group Analysis 

 
 To assess the impact of a program, it is necessary to understand how program 

participants’ outcomes compare to the outcomes they would have experienced without 

the intervention. The evaluation of Promoting Financial Mobility used a quasi-

experimental design that compared PFM participants’ outcomes with a matched 

comparison group of individuals who were equivalent across a range of demographic, 

labor market, and financial characteristics but who did not participate in PFM. The study 

design addresses a primary concern with using quasi-experimental methods to evaluate 

voluntary programs, that is, the potential selection bias that results from differences in 

motivation between program participants and nonparticipants. The final analysis sample 

of PFM participants and comparison group members includes individuals who were 

similar in terms of their demographics and financial situations at the time of program 

entry. By including everyone who sought assistance, regardless of whether or not they 

eventually received the assistance, the study compares two groups who were not only 

demographically similar but were also similarly motivated at the time of study 

enrollment.  

Propensity Score Matching 

 As expected, there were some differences between the characteristics of the 

individuals who sought services from the PFM programs and those who sought assistance 

from the workforce centers. Therefore, I used propensity score matching techniques to 

select the final analysis sample. The propensity score is the probability of treatment 
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assignment conditional upon individuals’ observed characteristics. In this case, the 

propensity score is the probability of being in the PFM program group, conditional upon 

individuals’ observed demographic characteristics, recent employment experience, and 

financial situation at the time of enrollment. I matched individuals in the PFM and 

comparison groups based on these estimated probabilities. As described below, only PFM 

participants and comparison group members who were sufficiently close matches were 

included in the final analysis sample.  

 Previous research has confirmed that the critical variables for modeling 

participation in employment and training programs are employment and earnings during 

the two years prior to program entry. Looking two years back is important because 

research indicates that people who volunteer for employment and job training programs 

typically experience a drop in earnings just prior to entering the program (Dehejia and 

Wahba 2002; Heckman et al 1997). Therefore, I included variables for earnings and 

hours worked during the previous two years in the propensity score model. While 

individuals in the study were seeking employment and/or job training assistance, some 

individuals who applied to the PFM programs may have been motivated to enroll by the 

additional financial counseling services the programs offered. Therefore, I also included 

factors expected to play a role in people’s decision to seek financial counseling services, 

including their level of financial distress, willingness to take action, and skill in handling 

credit (Elliehausen et al 2007). The full list of variables included in the model to estimate 

the propensity scores follows. 
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§ Earnings from work during the past two years (continuous, includes the sum of 

amounts earned from each job held based on questions about wages, hours 

worked, and dates of employment) 

§ Total value of assets at the time of program entry (logged, includes sum of 

amounts reported for vehicles, home, savings or checking accounts, cash not in a 

bank account, retirement accounts, and other financial assets) 

§ Total value of debts at the time of program entry (logged, includes sum of 

amounts reported for mortgages, vehicle loans, student loans, late rent and utility 

payments, child support arrears, taxes owed, medical debt, credit card debt, legal 

debt, family loans, pay day loans, business loans, and other loans) 

§ Total family income in the month prior to program entry (logged, includes sum of 

amounts reported for SNAP, earnings from work, cash from friends or family, 

unemployment insurance, cash assistance-TANF/GA, interest on savings or 

checking accounts, child support, Social Security, and SSI) 

§ Total family expenses in the month prior to program entry (logged, includes sum 

of amounts reported for food, phone, mortgage/rent, utilities, vehicles, gas, car 

insurance, repair and maintenance, public transit, eating out, medical bills and 

copays, health insurance premiums, credit or store card payments, and fees for 

cashing checks or money orders or for bank transactions) 

§ Net income greater than zero (a binary variable equal to one if the person had net 

income—total income minus total expenses—greater than zero; the omitted 

category was had zero or negative net income) 
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§ Had any assets with value greater than zero (a binary variable if the person 

reported any assets with a value greater than zero) 

§ Total trade account debt reported on credit report (logged, includes the sum of all 

balances remaining on trade accounts reported on individuals’ credit reports) 

§ Gender (a binary variable equal to one if the person was male; the omitted 

category was female) 

§ Age (a continuous variable) 

§ Race/ethnicity (a binary variable equal to one for Black, a binary variable equal to 

one for White, and a binary variable equal to one for Hispanic, the omitted 

category was other race) 

§ Highest degree (a binary variable equal to one if the person had no diploma or 

degree, a binary variable equal to one if the highest degree was a GED, and a 

binary variable equal to one if the highest degree was a college degree; the 

omitted category was a high school diploma) 

§ Recent employment (a binary variable equal to one if the person worked at any 

time during the year prior to program entry) 

§ Criminal record (a binary variable equal to one if the person had ever been 

convicted of a crime, including misdemeanors and felonies; the omitted category 

was never convicted of a crime) 

§ Disabled (a binary variable equal to one if the person had a health condition that 

limited their ability to work) 
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§ Primarily spoke a language other than English at home (a binary variable equal to 

one if the person primarily spoke a language other than English at home; the 

omitted category was primarily spoke English at home) 

§ U.S. citizen (a binary variable equal to one if the participant was a U.S. citizen; 

the omitted category was not a U.S. citizen) 

§ Marital status (a binary variable equal to one if the person was currently married 

or living with a partner in a marriage-like relationship and a binary variable equal 

to one if the person was never married; the omitted category was formerly 

married including separated, divorced, or widowed;) 

§ Children (a binary variable equal to one if the person had children under age 18) 

§ Family size (a continuous variable for the number of family members living in the 

participants’ household, including the participant, other adults, and children) 

§ Housing status (a binary variable equal to one if the person owned his or her 

home, a binary variable equal to one if the person rented his or her home, and a 

binary variable equal to one if the individual was homeless; the omitted category 

was lived rent-free) 

§ Receiving SNAP (a binary variable equal to one if the person received SNAP in 

the month prior to program entry)  

§ Bankruptcy (a binary variable equal to one if the person had filed for bankruptcy 

in the past year or was in the process of doing so) 

§ Collections (a binary variable equal to one if the person said collection agencies 

were calling him/her about unsettled claims) 
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§ Unscored at program entry (a binary variable equal to one if the person did not 

have a credit score at program entry; the omitted category was had a score) 

§ Subprime credit score (a binary variable equal to one if the person had a credit 

score less than 620; the omitted category was did not have a subprime score) 

§ Thin credit file (a binary variable equal to one if the person had a thin credit file at 

program entry, that is, fewer than three open trade accounts on the credit report; 

the omitted category was had a thick credit file) 

§ Number of derogatory public records (count of the number of bankruptcies, tax 

liens, and civil judgments reported on individuals’ credit reports) 

§ Number of trade accounts with balances (count of the number of trade accounts 

with positive balances reported on individuals’ credit reports) 

§ Number of inquiries (count of the number of creditors that had inquired about 

individuals’ credit profiles during the previous two years as reported on 

individuals’ credit reports) 

§ Late payments on trade accounts in the past year (a binary variable equal to one if 

the individual had made any late payments on trade accounts in the past year as 

reported on individuals’ credit reports) 

§ Number of trade accounts with no late payments (count of the number of trade 

accounts on individuals’ credit reports that never had a late payment) 

To achieve balanced groups, the final model also included the following interaction 

terms: 

§ Male*Had a criminal conviction 

§ Black*US Citizen 
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§ Black* Had a criminal conviction 

§ Black*No high school diploma or degree 

§ Black* Married/living with partner in marriage-like relationship 

§ Hispanic*Had a prime credit score 

§ Hispanic*Had a subprime credit score 

§ Hispanic*Owns a home 

§ Hispanic*Number of trade accounts with balances 

§ Hispanic*No high school diploma or degree 

§ Hispanic*US Citizen 

§ Hispanic*Total trade account debt 

§ Hispanic*Had a thin credit file 

§ White*Had a prime credit score 

 I conducted the matching at the individual level with the 784 PFM group 

members and 956 comparison group members who had credit report data at program 

entry and two years later. To produce the propensity scores, I fit a logit model predicting 

the likelihood of being in the PFM group using the control variables listed above. As 

researchers have suggested, I matched the samples by the log odds of the propensity 

score, which is more likely to be normally distributed (Austin 2011). Matching on the log 

odds of the score is appropriate for choice-based sampling where the treatment and 

control group pools are obtained from different sources and the number of people in each 

group does not reflect the likelihood that an individual with given characteristics 

participates in the program in the full universe (Heinrich et al. 2008). Figure A1 presents 

the distribution of the propensity scores in the treatment and comparison groups, 
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demonstrating substantial overlap between the two groups. The propensity scores ranged 

from -2.4 to 5.6 for the PFM group and from -3.8 to 2.6 for the comparison group.  

 

 To implement the propensity score matching, I used the psmatch2 module in 

Stata, developed by Leuven and Sianesi (2003). There are many ways to implement 

propensity score matching. Recent research suggests that with sufficient sample overlap 

and well-balanced covariate distributions, impact estimates should be relatively 

insensitive to the details of how matching is undertaken (Heinrich et al. 2008; Mueser et 

al. 2007). For the analysis of program impacts, I used radius matching with a specified 

caliper distance and with replacement. Radius matching does not limit the number of 

cases that are matched with a given participant as long as the cases are close enough (that 

is, within the specified caliper distance). Radius matching also allows replacement of 

comparison group members, that is, a comparison group member may be matched with 
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Figure A1. Box Plot of Propensity Scores by Treatment Status (n=1,740)
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multiple treatment group members. Research has found that estimates are more stable and 

make better use of all available data if they consider all comparison cases that are 

sufficiently close to a treatment case, rather than making a one-to-one match (Heinrich et 

al. 2008). The mean outcome for cases matched with a given treated case is the estimate 

of the outcome that would occur if the treatment group member had not received the 

service. There is no uniformly agreed upon definition of the maximum acceptable 

distance between treatment and comparison group member scores. Austin (2011) and 

others suggest using a caliper of width equal to .2 of the pooled standard deviation of the 

log odds of the propensity score. I tested methods using calipers of varying widths from a 

minimum of .08 to a maximum of .2 of the pooled standard deviation of the log odds of 

the propensity score and selected a caliper of .12, which balanced the groups while 

retaining as much of the sample as possible.  

 Following the matching, I tested for statistically significant differences in the 

sample means between the treatment group and the weighted comparison group to assure 

that the propensity score balanced the independent variables. As Austin (2008) and others 

have suggested when using many-to-one matching methods, I examined the weighted 

standardized difference between the groups for each variable and considered the groups 

balanced if the standardized bias was less than .10. The standardized bias for the 

continuous variables is equal to the difference in means between the groups divided by 

the standard deviation. The standardized bias for the binary variables is equal to the 

difference in the proportions between the groups divided by the standard deviation. None 

of the differences were equal to or greater than .10. Table A1 presents descriptive  
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Table A1. Characteristics of the PFM Group and Comparison Group Before and After Matching 
  Before Matching After Matching 

  
Treatment 

(PFM) 
Group 

Compari
-son 

Group 

Standard-
ized bias 

Treatment 
(PFM) 
Group 

Compari
-son 

Group 

Standard-
ized bias 

Earnings during the two years before 
program entry $12,847 $18,526 -0.289 $12,909 $12,794 0.006 

Total value of assets at program entry $22,270 $22,584 -0.005 $19,964 $18,022 0.030 
Total value of debts at program entry $19,888 $23,773 -0.070 $19,898 $17,121 0.050 
Total income, month before program 
entry $1,232 $1,185 0.026 $1,120 $1,140 -0.017 

Total expenses, month before program 
entry $1,600 $1,661 -0.047 $1,566 $1,521 0.035 

Had positive net income, month before 
entry 28.8% 27.6% 0.027 27.60% 27.70% -0.001 

Had any assets at program entry 60.3% 64.9% -0.092 58.30% 59.40% -0.024 
Total trade account debt on credit report $15,793 $19,051 -0.076 $14,544 $13,178 0.035 
Percent Male 46.2% 46.9% -0.014 47.30% 50.20% -0.057 
Age 36.5 40.4 -0.320 37 37.4 -0.032 
Percent Black 63.5% 82.3% -0.391 71.40% 71.10% 0.005 
Percent Hispanic 33.3% 9.4% 0.507 25.00% 25.70% -0.015 
Percent White 1.7% 5.3% -0.288 1.90% 1.70% 0.010 
Percent without a high school diploma 32.0% 10.6% 0.460 24.90% 25.10% -0.005 
Percent who have a GED 15.2% 14.2% 0.027 16.50% 17.40% -0.022 
Percent who have a college degree 12.2% 23.2% -0.335 13.50% 13.70% -0.006 
Percent employed during the past year 45.8% 63.3% -0.351 46.60% 46.70% -0.002 
Percent who have a criminal conviction 38.0% 27.3% 0.221 40.40% 40.00% 0.009 
Percent who have a health condition that 
limits their ability to work 13.0% 17.7% -0.139 13.70% 14.20% -0.015 

Percent who primarily speak a language 
other than English at home 31.1% 15.9% 0.329 24.50% 24.50% -0.001 

Percent who are US citizens 90.6% 97.3% -0.230 95.30% 93.60% 0.077 
Percent who are currently married 20.9% 16.1% 0.118 18.40% 16.00% 0.061 
Percent who have never been married 62.0% 63.9% -0.040 64.20% 64.10% 0.002 
Percent who have children under age 18 51.5% 43.3% 0.165 51.10% 52.70% -0.033 
No. of family members in the household 3.1 2.4 0.230 2.9 2.8 0.044 
Percent who own a home 12.0% 10.4% 0.050 10.80% 9.80% 0.033 
Percent who are homeless 6.1% 5.5% 0.024 6.80% 8.00% -0.047 
Percent who rent 54.2% 68.0% -0.277 56.10% 55.70% 0.008 
Percent receiving food stamps  60.6% 67.2% -0.134 63.70% 63.60% 0.003 
Percent who filed for bankruptcy in the 
past year or were in the process 7.4% 8.1% -0.025 7.30% 6.40% 0.035 

Percent who had collection agencies 
contacting them about claims 27.9% 35.4% -0.165 28.90% 31.30% -0.054 

Percent who did not have a credit score 45.7% 28.2% 0.350 43.70% 42.70% 0.02 
Percent who had a thin credit file 76.7% 70.7% 0.141 77.70% 78.80% -0.026 
Percent who had a credit score under 620 38.4% 57.5% -0.394 41.60% 42.50% -0.018 
# of derogatory public records on report 0.28 0.43 -0.214 0.31 0.28 0.036 
# of trade accounts with balances  2.0 2.9 -0.289 2.1 2 0.018 
# of inquiries into credit in the past year  1.4 1.8 -0.186 1.5 1.4 0.046 
Percent who made late payments on trade 
accounts in the year prior to program 
entry 

8.4% 13.0% -0.164 9.20% 9.10% 0.005 

# of trade accounts on credit report that 
were never late 3.3 4.6 -0.212 3.2 3.1 0.009 
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baseline statistics for the treatment group and weighted comparison group before and 

after matching as well as the standardized bias for each variable. 

 I tested other strategies for matching, including one-to-one matching, matching 

with and without replacement, and nearest-neighbor matching, and tested each to 

determine whether the method balanced the treatment and comparison groups on the 

covariates. Table A2 presents the results of diagnostic tests of covariate balancing across 

the primary methods tested. My goal was to balance the groups while maximizing the 

sample sizes and, therefore, the statistical power of the impact analysis. I considered one-

to-one matching without replacement (that is, a comparison group member could only be 

matched to one treatment group member). This method produced well-balanced groups 

but resulted in a significant loss of sample, which would reduce the generalizability of the 

impact analysis to the full sample of study participants and reduce the study’s ability to 

detect significant impacts. I tested one-to-one matching with replacement. While this 

method resulted in a sample of 715 treatment group members, it reduced the comparison 

group sample to 348, again unacceptably reducing the statistical power of the analysis. 

This method also resulted in groups that remained unbalanced on certain variables. I 

tested using nearest neighbor methods including up to five nearest neighbors—that is, the 

comparison group members with the closest scores were matched to treatment group 

members. This method produced similar results to the radius matching method I selected 

but with a substantially smaller comparison group sample. The radius matching method I 

used produced groups that were well balanced on the covariates while retaining a large 

portion of the sample. 
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Table A2. Diagnostics of Covariate Balancing Before and After Matching Across Methods 

 Before 
Matching 

One-to-one 
no 

replacement 

One-to-one 
with 

replacement 

Five nearest 
neighbors 

with 
replacement 

Radius 
matching 
(selected 
method) 

Treatment N 784 482 715 715 695 
Comparison N 956 482 348 734 927 
Pseudo R2 .207 .013 .056 .018 .010 
Likelihood Ratio 
(LR) chi-square 496.32 17.74 110.24 36.41 20.25 

P-value of LR 
chi-square 0.000 1.000 0.000 0.950 1.000 

Mean 
standardized 
bias 

21.9 2.6 6.8 3.7 3.0 

Median 
standardized 
bias 

20.1 2.2 5.7 2.8 2.8 

 
 Eleven percent of individuals in the PFM group had propensity scores that were 

outside of the area of common support, that is, their scores were outside of the range of 

scores of the comparison group members. These sample members were dropped from the 

sample, reducing the size of the PFM group to 695. The final analysis sample includes 

927 comparison group members.  
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APPENDIX B 
REGRESSION TABLES FOR CHAPTERS 3 AND 4 

 
 
Table B1. Multinomial Logistic Regression Analysis of the Correlates of Study Participants' 
Credit Status at the Time of Program Entry Including Demographics Only 

         A  B 

 

Likelihood of being 
unscored versus having a 

thick file 
 

Likelihood of having a 
credit score but thin file 

versus having a thick file 
  b Robust SE (b)   b Robust SE (b) 
Intercept 0.20 0.78 

  
0.98 0.57 

 Male 1.22 0.22 *** 0.58 0.20 ** 
Age 18 to 24 1.30 0.27 *** 0.37 0.27 

 Age 55 or older -0.06 0.29 
  

-0.12 0.29 
 Black 1.08 0.24 *** 0.57 0.21 ** 

White 1.20 0.61 * 
 

0.73 0.56 
 Other race 1.47 0.51 ** 

 
0.43 0.56 

 GED -0.98 0.34 ** 
 

-0.90 0.34 ** 
High school diploma -1.42 0.29 *** -0.67 0.28 * 
Any college degree -2.53 0.38 *** -2.10 0.35 *** 
Had a criminal record 0.82 0.23 *** 0.89 0.22 *** 
Had a disability -0.15 0.25 

  
0.11 0.24 

 U.S. citizen -0.44 0.67 
  

-1.10 0.47 * 
Married/living with partner 0.45 0.33 

  
0.35 0.29 

 Never married 0.23 0.27 
  

0.37 0.23 
 Had child under 18 -0.42 0.20 * 

 
-0.07 0.19 

 Family size 0.05 0.06 
  

0.04 0.06 
 Homeless 1.88 0.98 

  
1.47 0.78 

 Owns home -1.39 0.28 *** 
 

-1.67 0.30 *** 
Lives rent free 0.38 0.23 

  
0.22 0.23 

 Received SNAP last month 0.40 0.20 * 
 

0.39 0.18 * 
        Log pseudo-likelihood -1229.37       
Wald chi-square 302.54       
P-value for the Wald chi-square 0.000       
Pseudo R2 0.167 

      Suest test chi-square^ 26.69    25.69   
P-value for the suest test chi-square 0.181    0.219   
N 1,622             
^ To test the independence of irrelevant alternatives assumption, I used suest (seemingly unrelated 
estimation), which can be used with weighted data and robust standard errors.  
*p<.05, **p<.01, ***p<.001 
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Table B2. Multinomial Logistic Regression Analysis of the Correlates of Study Participants' 
Credit Status at the Time of Program Entry Including Demographics and Financial Situation 

        

 

A 
Likelihood of being 

unscored versus having a 
thick file 

 

B 
Likelihood of having a 
credit score but thin file 

versus having a thick file 
  b Robust SE (b)   b Robust SE (b) 
Intercept 1.35 1.24 

  
2.62 1.24 * 

Male 1.31 0.22 *** 0.62 0.20 ** 
Age 18 to 24 1.08 0.29 *** 0.26 0.29 

 Age 55 or older -0.18 0.32 
  

-0.18 0.30 
 Black 0.95 0.25 *** 0.56 0.21 ** 

White 1.05 0.61 
  

0.63 0.58 
 Other race 1.64 0.60 ** 

 
0.57 0.57 

 GED -0.55 0.35 
  

-0.62 0.34 
 High school diploma -1.19 0.30 *** -0.51 0.28 
 Any college degree -1.86 0.36 *** -1.73 0.33 *** 

Had a criminal record 0.93 0.24 *** 0.91 0.23 *** 
Had a disability 0.07 0.27 

  
0.20 0.25 

 U.S. citizen 0.51 0.63 
  

-0.74 0.45 
 Married/living with partner 0.62 0.33 

  
0.48 0.29 

 Never married 0.22 0.26 
  

0.40 0.23 
 Had child under 18 -0.44 0.20 * 

 
-0.08 0.19 

 Family size 0.11 0.07 
  

0.08 0.06 
 Homeless 1.18 0.69 

  
0.79 0.59 

 Owns home -0.07 0.36 
  

-1.05 0.35 ** 
Lives rent free 0.16 0.28 

  
0.05 0.27 

 Received SNAP last month 0.26 0.21 
  

0.26 0.20 
 Employed in the past year -0.08 0.43 

  
0.61 0.37 

 Earnings during past two years (logged) -0.02 0.05 
  

-0.07 0.04 
 Total income last month (logged) -0.09 0.06 

  
-0.02 0.06 

 Total expenses last month (logged) 0.07 0.17 
  

-0.11 0.15 
 Had positive net income last month -0.30 0.24 

  
-0.35 0.22 

 Total value of assets (logged) -0.13 0.03 *** -0.06 0.03 * 
Total value of debts (logged) -0.23 0.03 *** -0.11 0.03 *** 

        Log pseudo-likelihood -1151.26       
Wald chi-square 411.49       
P-value for the Wald chi-square 0.000       
Pseudo R2 0.220 

      Suest test chi-square1 26.83    33.34   
P-value for the suest test chi-square 0.528    .223   
N 1,622             
1 To test the independence of irrelevant alternatives assumption, I used suest (seemingly unrelated 
estimation), which can be used with weighted data and robust standard errors.  
*p<.05, **p<.01, ***p<.001 
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Table B3. Comparison of Black and Hispanic Study Participants’ Financial 
Situations at the Time of Program Entry 

 Black 
Participants 

Hispanic 
Participants 

Sig. 
Level 

Male 47.7% 50.2%  
Age 18 to 24 22.6% 14.2% *** 
Age 25 to 54 69.7% 74.8%  
Age 55 or older 7.6% 10.9% * 
No diploma or degree 23.9% 27.2%  
GED 17.4% 16.3%  
High school diploma 46.8% 38.5% ** 
Any college degree 11.9% 18.0% ** 
Had a criminal record 45.7% 24.5% *** 
Had a disability 13.2% 16.6%  
U.S. citizen 99.8% 80.5% *** 
Married/living with partner 12.3% 30.6% *** 
Separated, divorced, or widowed 14.3% 30.7% *** 
Never married 73.3% 38.8% *** 
Had child under 18 52.4% 53.1%  
Family size 2.8 3.0 * 
Homeless 7.0% 7.2%  
Rents home 57.1% 54.9%  
Owns home 6.5% 21.2% *** 
Lives rent free 29.1% 16.4% *** 
Employed in the past year 43.2% 57.4% *** 
Average earnings during past two years $11,312 $17,214 *** 
Received SNAP last month 69.4% 49.3% *** 
Average total income last month  $1,080 $1,286 ** 
Average total expenses last month  $1,415 $1,957 *** 
Had positive net income last month 28.9% 23.5% * 
Average total value of assets  $11,935 $40,190 *** 
Average total value of debts $17,042 $22,725 * 
Had positive net worth at program 
entry 22.2% 51.8% *** 

N 1,266 264  
*p<.05, **p<.01, ***p<.001 
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Table B4. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having a Credit 
Score Two Years After Program Entry Among All Enrollees 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept -0.20 0.91 

  
-0.47 0.98 

 Treatment 0.17 0.17 
  

0.65 1.10 
 Had a credit score at program entry 3.45 0.69 *** 3.01 0.73 *** 

Had a credit score but thin file -2.31 0.61 ***   -1.54 0.63 * 
Had a credit score and thick file - - 

  
- - 

 Male -0.49 0.18 ** 
 

-0.63 0.27 * 
Age 25 or older -0.32 0.22 

  
-0.66 0.33 * 

Black -0.11 0.27 
  

-0.08 0.41 
 GED 0.19 0.25 

  
-0.12 0.40 

 High school diploma 0.12 0.21 
  

-0.18 0.34 
 Any college degree 0.57 0.38 

  
0.38 0.54 

 Had a criminal record 0.17 0.18 
  

0.32 0.29 
 Has a disability 0.01 0.21 

  
0.00 0.21 

 U.S. citizen -0.12 0.54 
  

0.31 0.68 
 Separated, divorced, or widowed -0.51 0.24 * 

 
-0.45 0.24 

 Married/living with partner -0.18 0.24 
  

-0.15 0.24 
 Had child under 18 0.33 0.17 

  
0.33 0.18 

 Family size 0.00 0.06 
  

0.00 0.06 
 Homeless -0.43 0.35 

  
-0.41 0.35 

 Rents home 0.38 0.22 
  

0.40 0.22 
 Owns home 0.48 0.48 

  
0.53 0.48 

 Received SNAP last month -0.03 0.19 
  

0.00 0.19 
 Had filed for bankruptcy 0.15 0.31 

  
0.13 0.32 

 Had collection agencies calling -0.05 0.19 
  

-0.04 0.19 
 Employed in the past year 0.09 0.31 

  
0.12 0.32 

 Earnings during past two years (logged) 0.00 0.03 
  

-0.01 0.03 
 Total value of assets (logged) 0.09 0.05 * 

 
0.08 0.05 

 Total value of debts (logged) 0.03 0.02 
  

0.03 0.02 
 Total income last month (logged) 0.04 0.05 

  
0.03 0.05 

 Total expenses last month (logged) -0.18 0.12 
  

-0.16 0.11 
 Had positive net income last month -0.15 0.21 

  
-0.04 0.30 

 Had assets greater than zero -0.52 0.31 
  

-0.44 0.31 
 Total trade account debt on credit report 0.04 0.04 

  
0.05 0.04 

 Number of derogatory public records 0.25 0.13 
  

0.23 0.13 
 Number of trade accounts with balances 0.17 0.12 

  
0.18 0.13 

 Number of inquiries made into credit 0.11 0.05 * 
 

0.11 0.05 * 
Late payments on trade accounts past year 0.12 0.30 

  
0.15 0.31 

 Number of trades with no late payments 0.16 0.07 * 
 

0.16 0.07 * 
Black*Had a credit score at program entry 0.04 0.38   -0.01 0.39  
Treatment*Had score but thin file 

    
-0.63 0.33 * 

Treatment*Had score and thick file     12.72 0.65  
Treatment*Male 

    
0.17 0.35 

 Treatment*Black 
    

-0.14 0.42 
 Treatment*Age 25 or older 

    
0.67 0.41 

 Treatment*GED 
    

0.49 0.51 
 Treatment*High school diploma 

    
0.52 0.42 

 Treatment*Any college degree 
    

0.19 0.77 
 Treatment*Had a criminal record 

    
-0.27 0.37 

 Treatment*U.S. Citizen 
    

-0.93 1.06 
 Treatment*Had positive net income 

    
-0.15 0.36 

 Log pseudo-likelihood -588.50    -581.58   
Wald chi-square 284.71    6665.15   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.369 

   
0.377 

  N 1,622       1,622     
*p<.05, **p<.01, ***p<.001 
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Table B5. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having a Prime Credit Score 
Two Years After Program Entry Among All Enrollees 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept -1.82 1.00 

  
-1.58 1.16 

 Treatment 0.13 0.21 
  

-0.73 1.08 
 Had a prime score at program entry 2.05 0.26 *** 2.06 0.27 *** 

Had a credit score but thin file -0.42 0.47 
  

-0.60 0.54 
 Had a credit score and thick file 0.47 0.61 

  
-0.06 0.70 

 Male 0.01 0.24 
  

0.00 0.33 
 Age 25 or older 0.27 0.30 

  
0.20 0.47 

 Black -0.61 0.42 
  

-0.53 0.54 
 GED 0.06 0.35 

  
0.10 0.50 

 High school diploma 0.06 0.31 
  

-0.15 0.45 
 Any college degree 0.75 0.33 * 

 
0.56 0.47 

 Had a criminal record 0.09 0.25 
  

0.01 0.38 
 Has a disability 0.05 0.27 

  
0.07 0.26 

 U.S. citizen -0.60 0.45 
  

-0.56 0.67 
 Separated, divorced, or widowed -0.22 0.28 

  
-0.25 0.28 

 Married/living with partner 0.57 0.29 * 
 

0.58 0.30 
 Had child under 18 -0.08 0.20 

  
-0.11 0.21 

 Family size -0.01 0.06 
  

0.00 0.06 
 Homeless -0.29 0.71 

  
-0.29 0.70 

 Rents home 0.01 0.28 
  

0.01 0.29 
 Owns home 0.15 0.49 

  
0.15 0.49 

 Received SNAP last month 0.02 0.23 
  

0.03 0.23 
 Had filed for bankruptcy 0.32 0.39 

  
0.33 0.38 

 Had collection agencies calling 0.14 0.23 
  

0.14 0.23 
 Employed in the past year 0.71 0.41 

  
0.84 0.43 

 Earnings during past two years (logged) -0.02 0.04 
  

-0.04 0.05 
 Total value of assets (logged) 0.04 0.06 

  
0.04 0.06 

 Total value of debts (logged) -0.04 0.03 
  

-0.04 0.03 
 Total income last month (logged) 0.10 0.07 

  
0.11 0.07 

 Total expenses last month (logged) -0.11 0.13 
  

-0.11 0.14 
 Had positive net income last month -0.28 0.26 

  
-0.37 0.35 

 Had assets greater than zero 0.17 0.45 
  

0.20 0.46 
 Total trade account debt on credit report 0.07 0.03 

  
0.07 0.03 

 Number of derogatory public records  0.04 0.12 
  

0.05 0.12 
 Number of trade accounts with balances -0.22 0.06 *** -0.22 0.06 *** 

Number of inquiries made into credit  -0.08 0.05 
  

-0.07 0.05 
 Late payments on trade accounts past year -1.10 0.43 * 

 
-1.21 0.44 ** 

Number of trades with no late payments 0.09 0.02 *** 0.09 0.02 *** 
Black*Had score but thin file 0.29 0.52   0.31 0.52  
Black*Had score and thick file 0.21 0.58   0.18 0.57  
Treatment*Had score but thin file 

    
0.24 0.50 

 Treatment*Had score and thick file 
    

1.02 0.53 
 Treatment*Male 

    
0.00 0.45 

 Treatment*Black 
    

-0.25 0.46 
 Treatment*Age 25 or older 

    
0.32 0.60 

 Treatment*GED 
    

-0.21 0.66 
 Treatment*High school diploma 

    
0.44 0.57 

 Treatment*Any college degree 
    

0.33 0.65 
 Treatment*Had a criminal record 

    
0.15 0.50 

 Treatment*U.S. Citizen 
    

0.07 0.90 
 Treatment*Had positive net income 

    
0.19 0.44 

 Log pseudo-likelihood -430.31    -425.96   
Wald chi-square 281.73    284.1   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.354 

   
0.361 

  N 1,622       1,622     
*p<.05, **p<.01, ***p<.001 
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Table B6. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having an Increase in Trade 
Accounts with Positive Ratings Two Years After Program Entry Among All Enrollees 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept -2.80 0.84 ** 

 
-2.13 1.01 * 

Treatment 0.71 0.15 *** -0.57 0.83 
 Number of trades with positive ratings -0.05 0.04 

  
-0.05 0.04 

 Had a credit score but thin file 0.30 0.43 
  

0.41 0.47 
 Had a credit score and thick file 1.49 0.46 ** 1.85 0.53 *** 

Male -0.51 0.16 ** 
 

-0.74 0.27 ** 
Age 25 or older -0.18 0.20 

  
-0.70 0.31 * 

Black -0.05 0.29 
  

-0.32 0.40 
 GED 0.31 0.26 

  
-0.01 0.47 

 High school diploma 0.36 0.21 
  

-0.07 0.37 
 Any college degree 0.65 0.26 * 

 
-0.09 0.41 

 Had a criminal record -0.16 0.18 
  

-0.13 0.30 
 Has a disability -0.14 0.19 

  
-0.14 0.19 

 U.S. citizen 0.07 0.37 
  

0.31 0.64 
 Separated, divorced, or widowed -0.27 0.20 

  
-0.30 0.20 

 Married/living with partner 0.52 0.21 * 
 

0.57 0.21 ** 
Had child under 18 0.14 0.15 

  
0.14 0.15 

 Family size -0.01 0.06 
  

-0.01 0.05 
 Homeless 0.62 0.34 

  
0.71 0.34 * 

Rents home 0.19 0.19 
  

0.22 0.19 
 Owns home -0.20 0.34 

  
-0.21 0.34 

 Received SNAP last month 0.01 0.16 
  

0.01 0.17 
 Had filed for bankruptcy -0.17 0.25 

  
-0.19 0.26 

 Had collection agencies calling 0.00 0.17 
  

-0.01 0.16 
 Employed in the past year 0.11 0.26 

  
0.14 0.27 

 Earnings during past two years (logged) 0.03 0.03 
  

0.03 0.03 
 Total value of assets (logged) 0.01 0.04 

  
0.00 0.04 

 Total value of debts (logged) 0.04 0.02 
  

0.04 0.02 
 Total income last month (logged) 0.05 0.04 

  
0.04 0.05 

 Total expenses last month (logged) 0.07 0.12 
  

0.08 0.12 
 Had positive net income last month -0.15 0.17 

  
-0.45 0.27 

 Had assets greater than zero -0.02 0.29 
  

0.05 0.30 
 Total trade account debt on credit report -0.01 0.03 

  
-0.01 0.03 

 Number of derogatory public records  0.02 0.09 
  

0.02 0.09 
 Number of trade accounts with balances 0.10 0.04 * 

 
0.10 0.04 * 

Number of inquiries made into credit 0.01 0.03 
  

0.01 0.03 
 Late payments on trade accounts past year -0.21 0.28 

  
-0.23 0.26 

 Number of trades with no late payments -0.03 0.04 
  

-0.04 0.04 
 Black*Had score but thin file 0.05 0.44   0.12 0.41  

Black*Had score and thick file -0.26 0.44   -0.28 0.45  
Treatment*Had score but thin file 

    
-0.33 0.35 

 Treatment*Had score and thick file 
    

-0.51 0.40 
 Treatment*Male 

    
0.34 0.33 

 Treatment*Black 
    

0.32 0.40 
 Treatment*Age 25 or older 

    
0.96 0.39 * 

Treatment*GED 
    

0.44 0.54 
 Treatment*High school diploma 

    
0.68 0.44 

 Treatment*Any college degree 
    

1.25 0.52 * 
Treatment*Had a criminal record 

    
-0.09 0.35 

 Treatment*U.S. Citizen 
    

-0.31 0.77 
 Treatment*Had positive net income 

    
0.56 0.32 

 Log pseudo-likelihood -759.13   -747.42   
Wald chi-square 142.65   165.66   
P-value for the Wald chi-square 0.000   0.000   
Pseudo R2 0.119 

   
0.132 

  N 1,622       1,622     
*p<.05, **p<.01, ***p<.001 
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Table B7. Zero-Inflated Negative Binomial Regression Analysis of Treatment Effects on the Number of Trade 
Accounts with Positive Ratings Two Years After Program Entry Among All Enrollees 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept 0.92 0.32 ** 

 
1.24 0.32 *** 

Treatment 0.10 0.04 * -0.66 0.27 * 
Number of trades with positive ratings 0.08 0.01 *** 

 
0.08 0.01 *** 

Had a credit score but thin file 0.28 0.18 
  

0.33 0.20 
 Had a credit score and thick file 0.82 0.18 *** 0.89 0.20 *** 

Male -0.14 0.05 ** 
 

-0.24 0.06 *** 
Age 25 or older 0.00 0.08 

  
-0.07 0.11 

 Black -0.24 0.20 
  

-0.26 0.20 
 GED 0.18 0.08 * 

 
0.26 0.11 * 

High school diploma 0.16 0.07 * 
 

0.18 0.09 * 
Any college degree 0.16 0.08 * 

 
0.15 0.10 

 Had a criminal record -0.04 0.06 
  

-0.02 0.08 
 Has a disability 0.04 0.06 

  
0.02 0.06 

 U.S. citizen -0.37 0.14 ** 
 

-0.70 0.16 *** 
Separated, divorced, or widowed -0.07 0.06 

  
-0.05 0.05 

 Married/living with partner 0.02 0.06 
  

0.05 0.06 
 Had child under 18 0.06 0.05 

  
0.05 0.05 

 Family size 0.01 0.02 
  

0.01 0.01 
 Homeless 0.24 0.15 

  
0.26 0.14 

 Rents home 0.23 0.07 ** 
 

0.22 0.07 ** 
Owns home 0.16 0.09 

  
0.17 0.09 

 Received SNAP last month -0.06 0.05 
  

-0.04 0.05 
 Had filed for bankruptcy 0.07 0.07 

  
0.06 0.07 

 Had collection agencies calling 0.04 0.05 
  

0.02 0.04 
 Employed in the past year -0.15 0.09 

  
-0.16 0.09 

 Earnings during past two years (logged) 0.02 0.01 
  

0.02 0.01 
 Total value of assets (logged) 0.00 0.01 

  
0.01 0.01 

 Total value of debts (logged) 0.02 0.01 ** 
 

0.02 0.01 * 
Total income last month (logged) 0.00 0.01 

  
0.00 0.01 

 Total expenses last month (logged) -0.07 0.04 
  

-0.07 0.04 
 Had positive net income last month 0.07 0.05 

  
-0.02 0.06 

 Had assets greater than zero 0.07 0.09 
  

0.03 0.09 
 Total trade account debt on credit report 0.01 0.01 

  
0.01 0.01 

 Number of derogatory public records  0.03 0.03 
  

0.03 0.02 
 Number of trade accounts with balances 0.01 0.01 

  
0.01 0.01 

 Number of inquiries made into credit 0.00 0.01 
  

0.01 0.01 
 Late payments on trade accounts past year -0.13 0.05 * 

 
-0.12 0.05 * 

Number of trades with no late payments -0.02 0.01 ** 
 

-0.02 0.01 ** 
Black*Had score but thin file 0.15 0.21   0.15 0.20  
Black*Had score and thick file 0.20 0.21   0.20 0.20  
Treatment*Had score but thin file 

    
-0.05 0.19 

 Treatment*Had score and thick file 
    

-0.10 0.20 
 Treatment*Male 

    
0.20 0.08 * 

Treatment*Black 
    

0.03 0.09 
 Treatment*Age 25 or older 

    
0.14 0.14 

 Treatment*GED 
    

-0.09 0.15 
 Treatment*High school diploma 

    
0.04 0.12 

 Treatment*Any college degree 
    

0.04 0.13 
 Treatment*Had a criminal record 

    
-0.01 0.11 

 Treatment*U.S. Citizen 
    

0.60 0.19 ** 
Treatment*Had positive net income 

    
0.19 0.08 * 

Natural log of alpha^ -2.37 .19 ***  -2.50 .21 *** 
Log pseudo-likelihood -2357.38    -2540.08   
Wald chi-square 2453.07    3015.90   
P-value for the Wald chi-square 0.000    0.000   
N 1,622       1,622     
^ The overdispersion coefficient, alpha, for both Model A and Model B is significantly different than zero, indicating that the model is 
better estimated with a zero-inflated negative binomial regression model than with a Poisson regression model. 
*p<.05, **p<.01, ***p<.001 
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Table B8. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having 
Any Open Trade Accounts Two Years After Program Entry Among All Enrollees 
  b Robust SE (b)   
Intercept -1.76 1.03 

  Treatment 0.16 0.16 
 Had any open accounts at program entry 1.74 0.21 *** 

 Had a credit score but thin file 0.30 0.42 
  Had a credit score and thick file 2.69 0.86 ** 

Male -0.41 0.18 * 
 Age 25 or older -0.51 0.23 * 
 Black -0.11 0.28 

  GED 0.19 0.26 
  High school diploma 0.31 0.21 
  Any college degree 0.79 0.31 * 

 Had a criminal record 0.22 0.18 
  Has a disability -0.02 0.21 
  U.S. citizen -0.03 0.50 
  Separated, divorced, or widowed 0.00 0.22 
  Married/living with partner 0.43 0.24 
  Had child under 18 -0.01 0.17 
  Family size 0.02 0.05 
  Homeless 0.57 0.36 
  Rents home 0.31 0.24 
  Owns home 0.56 0.44 
  Received SNAP last month 0.01 0.19 
  Had filed for bankruptcy 0.04 0.30 
  Had collection agencies calling 0.21 0.18 
  Employed in the past year 0.45 0.31 
  Earnings during past two years (logged) -0.01 0.03 
  Total value of assets (logged) 0.03 0.05 
  Total value of debts (logged) 0.01 0.02 
  Total income last month (logged) 0.04 0.05 
  Total expenses last month (logged) -0.05 0.16 
  Had positive net income last month -0.03 0.20 
  Had assets greater than zero -0.10 0.31 
  Total trade account debt on credit report 0.04 0.03 
  Number of derogatory public records  -0.09 0.12 
  Number of trade accounts with balances -0.08 0.05 
  Number of inquiries made into credit 0.14 0.05 ** 

 Late payments on trade accounts past year -0.41 0.26 
  Number of trades with no late payments 0.06 0.03 
  Black*Had score but thin file -0.27 0.41   

Black*Had score and thick file -0.60 0.89   
Log pseudo-likelihood -615.92   
Wald chi-square 365.46   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.361 

   N 1,622       
*p<.05, **p<.01, ***p<.001  
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Table B9. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having Any 
Closed Accounts Paid As Agreed Two Years After Program Entry Among All Enrollees 
  b Robust SE (b)   
Intercept -2.95 1.04 ** 

 Treatment 1.37 0.22 *** 
Had any closed accounts paid as agreed at entry 3.32 0.25 *** 

 Had a credit score but thin file -0.24 0.47 
  Had a credit score and thick file -0.61 0.75 
 Male -0.29 0.22 
  Age 25 or older 0.57 0.28 * 

 Black -0.95 0.32 ** 
 GED 0.25 0.31 

  High school diploma 0.25 0.27 
  Any college degree 0.13 0.39 
  Had a criminal record -0.49 0.23 * 

 Has a disability 0.06 0.26 
  U.S. citizen 0.08 0.56 
  Separated, divorced, or widowed -0.78 0.30 * 

 Married/living with partner 0.21 0.28 
  Had child under 18 0.18 0.23 
  Family size -0.04 0.07 
  Homeless 0.03 0.43 
  Rents home 0.49 0.27 
  Owns home 0.74 0.56 
  Received SNAP last month 0.49 0.26 
  Had filed for bankruptcy -0.32 0.43 
  Had collection agencies calling 0.23 0.24 
  Employed in the past year 0.24 0.38 
  Earnings during past two years (logged) 0.04 0.04 
  Total value of assets (logged) 0.00 0.05 
  Total value of debts (logged) 0.05 0.03 
  Total income last month (logged) -0.16 0.06 ** 

 Total expenses last month (logged) -0.07 0.15 
  Had positive net income last month -0.22 0.27 
  Had assets greater than zero 0.13 0.33 
  Total trade account debt on credit report 0.07 0.04 
  Number of derogatory public records  0.25 0.16 
  Number of trade accounts with balances -0.11 0.08 
  Number of inquiries made into credit 0.08 0.07 
  Late payments on trade accounts past year 0.20 0.38 
  Number of trades with no late payments 0.44 0.09 *** 

 Black*Had score but thin file 0.88 0.48   
Black*Had score and thick file 1.96 0.72 **  
Log pseudo-likelihood -353.09   
Wald chi-square 484.86   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.633 

   N 1,622       
*p<.05, **p<.01, ***p<.001  
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Table B10. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having 
Any Open Accounts Paid As Agreed Two Years After Program Entry Among All Enrollees 
  b Robust SE (b)   
Intercept -3.07 0.86 *** 

 Treatment 0.16 0.16 
 Had any open accounts paid as agreed at entry 1.87 0.21 *** 

 Had a credit score but thin file 0.40 0.42 
  Had a credit score and thick file 2.24 0.75 ** 

Male -0.53 0.19 ** 
 Age 25 or older -0.18 0.23 

  Black -0.09 0.31 
  GED 0.04 0.27 
  High school diploma 0.17 0.21 
  Any college degree 0.69 0.30 * 

 Had a criminal record 0.26 0.19 
  Has a disability -0.35 0.21 
  U.S. citizen -0.11 0.47 
  Separated, divorced, or widowed -0.01 0.22 
  Married/living with partner 0.42 0.24 
  Had child under 18 -0.13 0.17 
  Family size 0.03 0.06 
  Homeless 0.50 0.38 
  Rents home 0.00 0.21 
  Owns home 0.08 0.43 
  Received SNAP last month -0.15 0.19 
  Had filed for bankruptcy -0.07 0.30 
  Had collection agencies calling 0.22 0.19 
  Employed in the past year 0.27 0.33 
  Earnings during past two years (logged) 0.03 0.04 
  Total value of assets (logged) 0.01 0.05 
  Total value of debts (logged) -0.01 0.02 
  Total income last month (logged) 0.05 0.05 
  Total expenses last month (logged) 0.17 0.12 
  Had positive net income last month 0.00 0.20 
  Had assets greater than zero -0.01 0.31 
  Total trade account debt on credit report 0.03 0.03 
  Number of derogatory public records  -0.06 0.11 
  Number of trade accounts with balances -0.06 0.05 
  Number of inquiries made into credit 0.12 0.04 ** 

 Late payments on trade accounts past year -0.05 0.29 
  Number of trades with no late payments 0.05 0.03 
  Black*Had score but thin file -0.16 0.42   

Black*Had score and thick file -0.82 0.74   
Log pseudo-likelihood -613.56   
Wald chi-square 374.48   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.359 

   N 1,622       
*p<.05, **p<.01, ***p<.001 
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Table B11. Logistic Regression Analysis of the Correlates of Receipt of Financial Counseling 
Among the PFM Participants 

        
 

A 
 

B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -2.68 0.88 

  
-2.67 0.87 

 CAC 2.09 0.33 ***  2.10 0.33 *** 
CEN 2.34 0.30 ***  2.30 0.30 *** 
TI 2.05 0.37 ***  2.01 0.38 *** 
TJC 0.81 0.28 **  0.80 0.29 ** 
Male 0.16 0.19 

  
0.18 0.20 

 Age 25 or older 1.07 0.26 *** 
 

1.08 0.26 *** 
Black -0.17 0.30 

  
-0.12 0.31 

 White 0.20 0.62 
  

0.19 0.62 
 Other race -0.52 0.65 

  
-0.45 0.64 

 GED 0.07 0.28 
  

0.06 0.29 
 High school diploma or college degree 0.56 0.22 * 

 
0.55 0.23 * 

Had a criminal record 0.07 0.21 
  

0.11 0.21 
 Has a disability -0.06 0.25 

  
-0.04 0.25 

 U.S. citizen 0.65 0.42 
  

0.61 0.41 
 Separated, divorced, or widowed -0.06 0.23 

  
-0.09 0.24 

 Married/living with partner 0.00 0.27 
  

-0.01 0.27 
 Had child under 18 -0.32 0.19 

  
-0.31 0.19 

 Family size -0.05 0.06 
  

-0.04 0.06 
 Homeless -0.36 0.42 

  
-0.35 0.42 

 Rents home 0.16 0.24 
  

0.16 0.24 
 Owns home 0.31 0.41 

  
0.24 0.41 

 Received SNAP last month 0.13 0.21 
  

0.16 0.21 
 Employed in the past year -0.83 0.36 * 

 
-0.80 0.36 * 

Earnings during past two years (logged) 0.06 0.04 
  

0.06 0.04 
 Total value of assets (logged) 0.01 0.03 

  
0.01 0.03 

 Total value of debts (logged) -0.01 0.02 
  

-0.01 0.02 
 Total income last month (logged) 0.00 0.05 

  
-0.01 0.05 

 Total expenses last month (logged) -0.04 0.11 
  

-0.05 0.11 
 Had positive net income last month 0.28 0.22 

  
0.28 0.22 

 Had a credit score but thin file     -0.15 0.21  
Had a credit score and thick file 

    
0.23 0.29 

 
        Log pseudo-likelihood -403.37    -402.23   
Wald chi-square 119.43    119.80   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.163 

   
0.165 

  N 695       695     
*p<.05, **p<.01, ***p<.001 
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Table B12. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having a Credit Score Two 
Years After Program Entry for PFM Participants Who Received Financial Counseling 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept 0.40 1.07 

  
-0.03 1.07 

 Treatment 0.39 0.20 
  

0.99 1.22 
 Had a credit score at program entry 3.89 0.74 *** 3.57 0.83 *** 

Had a credit score but thin file -2.80 0.62 *** -2.11    0.67 ** 
Had a credit score and thick file - - 

  
- - 

 Male -0.36 0.22 
  

-0.65 0.28 * 
Age 25 or older -0.49 0.28 

  
-0.71 0.35 * 

Black -0.26 0.32 
  

-0.02 0.47 
 GED 0.44 0.33 

  
-0.09 0.44 

 High school diploma 0.30 0.27 
  

-0.20 0.35 
 Any college degree 0.95 0.47 * 

 
0.48 0.64 

 Had a criminal record -0.06 0.23 
  

0.23 0.30 
 Has a disability -0.13 0.29 

  
-0.17 0.29 

 U.S. citizen -0.17 0.54 
  

0.31 0.58 
 Separated, divorced, or widowed -0.68 0.31 * 

 
-0.57 0.31 

 Married/living with partner -0.16 0.32 
  

-0.10 0.32 
 Had child under 18 0.48 0.21 * 

 
0.49 0.22 * 

Family size 0.04 0.07 
  

0.02 0.08 
 Homeless 0.16 0.44 

  
0.17 0.44 

 Rents home 0.56 0.27 * 
 

0.54 0.27 * 
Owns home 0.93 0.56 

  
1.05 0.56 

 Received SNAP last month -0.20 0.24 
  

-0.15 0.24 
 Had filed for bankruptcy 0.47 0.44 

  
0.48 0.44 

 Had collection agencies calling -0.14 0.25 
  

-0.17 0.26 
 Employed in the past year 0.07 0.41 

  
0.02 0.42 

 Earnings during past two years (logged) 0.00 0.04 
  

0.01 0.04 
 Total value of assets (logged) 0.05 0.06 

  
0.03 0.06 

 Total value of debts (logged) -0.01 0.03 
  

-0.01 0.03 
 Total income last month (logged) 0.04 0.06 

  
0.03 0.06 

 Total expenses last month (logged) -0.26 0.14 
  

-0.23 0.14 
 Net income greater than zero last month -0.50 0.27 

  
-0.32 0.32 

 Had assets greater than zero 0.00 0.40 
  

0.09 0.41 
 Total trade account debt on credit report 0.05 0.04 

  
0.06 0.04 

 Number of derogatory public records 0.36 0.17 * 
 

0.36 0.18 * 
Number of trade accounts with balances 0.18 0.12 

  
0.17 0.12 

 Number of inquiries made into credit  0.07 0.06 
  

0.07 0.06 
 Late payments on trade accounts past year -0.35 0.37 

  
-0.34 0.39 

 Number of trades with no late payments 0.11 0.06 
  

0.12 0.06 * 
Black*Had a credit score at program entry 0.45 0.48   0.31 0.52  
Treatment*Had score but thin file 

    
-0.54 0.43 

 Treatment*Had score and thick file     12.86 0.75 * 
Treatment*Male 

    
0.43 0.42 

 Treatment*Black 
    

-0.34 0.52 
 Treatment*Age 25 or older 

    
0.35 0.53 

 Treatment*GED 
    

0.85 0.68 
 Treatment*High school diploma 

    
0.83 0.54 

 Treatment*Any college degree 
    

0.74 0.94 
 Treatment*Had a criminal record 

    
-0.52 0.45 

 Treatment*U.S.Citizen 
    

-0.96 1.09 
 Treatment*Had positive net income 

    
-0.35 0.43 

 Log pseudo-likelihood -272.91    -267.96   
Wald chi-square 257.43    3984.56   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.413 

   
0.423 

  N 1,266       1,266     
*p<.05, **p<.01,***p<.001 
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Table B13. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having a Prime Credit 
Score Two Years After Program Entry for PFM Participants Who Received Financial Counseling 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept -1.24 1.19 

  
-1.44 1.29 

 Treatment 0.32 0.22 
  

0.23 1.19 
 Had a prime score at program entry 1.60 0.31 *** 1.63 0.31 *** 

Had a credit score but thin file -0.18 0.57 
  

0.00 0.66 
 Had a credit score and thick file 0.76 0.62 

  
0.63 0.73 

 Male 0.24 0.27 
  

0.10 0.32 
 Age 25 or older 0.24 0.37 

  
0.00 0.47 

 Black -0.53 0.44 
  

-0.44 0.58 
 GED 0.04 0.45 

  
0.14 0.55 

 High school diploma 0.32 0.37 
  

-0.07 0.47 
 Any college degree 1.01 0.43 * 

 
0.78 0.55 

 Had a criminal record -0.22 0.28 
  

-0.06 0.38 
 Has a disability 0.47 0.30 

  
0.48 0.30 

 U.S. citizen -0.85 0.43 * 
 

-0.41 0.55 
 Separated, divorced, or widowed -0.43 0.32 

  
-0.46 0.32 

 Married/living with partner 0.76 0.31 * 
 

0.78 0.32 * 
Had child under 18 -0.13 0.22 

  
-0.15 0.22 

 Family size 0.05 0.08 
  

0.06 0.08 
 Homeless 0.07 0.74 

  
0.15 0.73 

 Rents home 0.14 0.34 
  

0.16 0.33 
 Owns home 0.35 0.55 

  
0.34 0.55 

 Received SNAP last month -0.03 0.26 
  

-0.01 0.26 
 Had filed for bankruptcy -0.15 0.55 

  
-0.10 0.56 

 Had collection agencies calling 0.24 0.28 
  

0.21 0.29 
 Employed in the past year 0.91 0.53 

  
1.00 0.55 

 Earnings during past two years (logged) -0.01 0.06 
  

-0.02 0.06 
 Total value of assets (logged) 0.00 0.06 

  
-0.01 0.06 

 Total value of debts (logged) -0.06 0.03 
  

-0.06 0.03 
 Total income last month (logged) -0.01 0.07 

  
-0.02 0.07 

 Total expenses last month (logged) -0.11 0.16 
  

-0.09 0.15 
 Had positive net income last month -0.35 0.30 

  
-0.36 0.33 

 Had assets greater than zero 0.31 0.49 
  

0.32 0.50 
 Total trade account debt on credit report 0.08 0.04 

  
0.08 0.04 * 

Number of derogatory public records  0.05 0.18 
  

0.04 0.20 
 Number of trade accounts with balances -0.28 0.07 *** -0.28 0.07 *** 

Number of inquiries made into credit  -0.19 0.08 * 
 

-0.19 0.08 * 
Late payments on trade accounts past year -0.92 0.40 * 

 
-1.07 0.41 * 

Number of trades with no late payments 0.12 0.03 *** 0.12 0.03 *** 
Black*Had score but thin file 0.06 0.60   0.04 0.62  
Black*Had score and thick file 0.15 0.59   0.13 0.61  
Treatment*Had score but thin file 

    
-0.45 0.59 

 Treatment*Had score and thick file 
    

0.28 0.60 
 Treatment*Male 

    
0.24 0.50 

 Treatment*Black 
    

-0.22 0.52 
 Treatment*Age 25 or older 

    
0.68 0.72 

 Treatment*GED 
    

-0.43 0.90 
 Treatment*High school diploma 

    
0.71 0.72 

 Treatment*Any college degree 
    

0.38 0.82 
 Treatment*Had a criminal record 

    
-0.41 0.56 

 Treatment*U.S. Citizen 
    

-0.76 0.85 
 Treatment*Had positive net income 

    
0.16 0.53 

 Log pseudo-likelihood -232.12    -228.60   
Wald chi-square 238.30    244.74   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.383 

   
0.392 

  N 1,266       1,266     
*p<.05, **p<.01, ***p<.001 
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Table B14. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having an Increase in Trade 
Accounts with Positive Ratings Two Years After Program Entry for PFM Participants Who Received 
Financial Counseling 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept -0.93 1.04 

  
-0.15 1.15 

 Treatment 0.97 0.17 *** -0.64 0.91 
 Number of trades with positive ratings -0.03 0.04 

  
-0.02 0.04 

 Had a credit score but thin file 0.56 0.50 
  

0.86 0.53 
 Had a credit score and thick file 0.75 0.51 

  
1.56 0.58 ** 

Male -0.48 0.18 ** 
 

-0.63 0.27 * 
Age 25 or older -0.59 0.26 * 

 
-1.03 0.32 ** 

Black -0.16 0.34 
  

0.02 0.43 
 GED 0.85 0.33 * 

 
0.24 0.51 

 High school diploma 0.82 0.28 ** 
 

0.22 0.41 
 Any college degree 1.21 0.34 *** 0.08 0.44 
 Had a criminal record -0.40 0.21 

  
-0.32 0.30 

 Has a disability -0.18 0.24 
  

-0.16 0.24 
 U.S. citizen -0.50 0.39 

  
-0.81 0.53 

 Separated, divorced, or widowed -0.29 0.24 
  

-0.26 0.25 
 Married/living with partner 0.69 0.25 ** 

 
0.79 0.25 ** 

Had child under 18 0.26 0.18 
  

0.25 0.19 
 Family size 0.00 0.07 

  
0.00 0.07 

 Homeless 1.21 0.42 ** 
 

1.34 0.43 ** 
Rents home 0.56 0.24 * 

 
0.57 0.24 * 

Owns home 0.04 0.42 
  

0.02 0.43 
 Received SNAP last month -0.05 0.20 

  
-0.09 0.20 

 Had filed for bankruptcy -0.27 0.35 
  

-0.29 0.35 
 Had collection agencies calling -0.19 0.19 

  
-0.21 0.19 

 Employed in the past year 0.15 0.31 
  

0.17 0.31 
 Earnings during past two years (logged) 0.02 0.03 

  
0.02 0.03 

 Total value of assets (logged) 0.00 0.05 
  

-0.01 0.05 
 Total value of debts (logged) 0.04 0.03 

  
0.05 0.03 * 

Total income last month (logged) 0.04 0.05 
  

0.04 0.05 
 Total expenses last month (logged) -0.14 0.15 

  
-0.13 0.16 

 Had positive net income last month -0.22 0.21 
  

-0.57 0.27 * 
Had assets greater than zero 0.08 0.35 

  
0.16 0.36 

 Total trade account debt on credit report 0.01 0.03 
  

0.01 0.03 
 Number of derogatory public records  0.05 0.11 

  
0.03 0.11 

 Number of trade accounts with balances 0.05 0.04 
  

0.05 0.04 
 Number of inquiries made into credit  -0.03 0.04 

  
-0.03 0.04 

 Late payments on trade accounts past year -0.33 0.31 
  

-0.32 0.29 
 Number of trades with no late payments -0.02 0.04 

  
-0.03 0.04 

 Black*Had score but thin file -0.36 0.52   -0.36 0.51  
Black*Had score and thick file 0.29 0.49   0.12 0.51  
Treatment*Had score but thin file 

    
-0.48 0.40 

 Treatment*Had score and thick file 
    

-1.14 0.47 * 
Treatment*Male 

    
0.11 0.38 

 Treatment*Black 
    

-0.27 0.44 
 Treatment*Age 25 or older 

    
0.77 0.48 

 Treatment*GED 
    

1.07 0.66 
 Treatment*High school diploma 

    
1.00 0.53 

 Treatment*Any college degree 
    

1.98 0.64 ** 
Treatment*Had a criminal record 

    
-0.13 0.40 

 Treatment*U.S. Citizen 
    

0.53 0.75 
 Treatment*Had positive net income 

    
0.55 0.36 

 Log pseudo-likelihood -386.99    -379.18   
Wald chi-square 125.49    155.51   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.152 

   
0.168 

  N 1,266       1,266     
*p<.05, **p<.01, ***p<.001 
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Table B15. Zero-Inflated Negative Binomial Regression Analysis of Treatment Effects on the 
Number of Trade Accounts with Positive Ratings Two Years After Program Entry for PFM 
Participants Who Received Financial Counseling 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Intercept 1.00 0.37 ** 

 
1.33 0.35 *** 

Treatment 0.12 0.05 * -0.42 0.28 
 Number of trades with positive ratings 0.08 0.01 *** 

 
0.08 0.01 *** 

Had a credit score but thin file 0.31 0.18 
  

0.45 0.18 * 
Had a credit score and thick file 0.72 0.17 *** 

 
1.00 0.18 *** 

Male -0.12 0.06 * 
 

-0.19 0.06 ** 
Age 25 or older 0.03 0.09 

  
-0.06 0.11 

 Black -0.43 0.23 
  

-0.41 0.19 * 
GED 0.22 0.10 * 

 
0.20 0.11 

 High school diploma 0.18 0.09 * 
 

0.12 0.09 
 Any college degree 0.24 0.10 * 0.11 0.10 
 Had a criminal record -0.04 0.06 

  
-0.02 0.07 

 Has a disability 0.01 0.07 
  

-0.02 0.07 
 U.S. citizen -0.30 0.13 * 

 
-0.63 0.16 *** 

Separated, divorced, or widowed -0.10 0.07 
  

-0.06 0.06 
 Married/living with partner 0.02 0.07 

  
0.07 0.06 

 Had child under 18 0.10 0.06 
  

0.06 0.05 
 Family size 0.01 0.02 

  
0.02 0.02 

 Homeless 0.34 0.18 
  

0.38 0.17 * 
Rents home 0.31 0.09 *** 

 
0.31 0.08 *** 

Owns home 0.28 0.11 * 
 

0.27 0.11 * 
Received SNAP last month -0.02 0.05 

  
-0.01 0.05 

 Had filed for bankruptcy 0.08 0.09 
  

0.07 0.08 
 Had collection agencies calling 0.04 0.06 

  
0.00 0.05 

 Employed in the past year -0.13 0.09 
  

-0.15 0.09 
 Earnings during past two years (logged) 0.01 0.01 

  
0.02 0.01 

 Total value of assets (logged) 0.00 0.01 
  

0.00 0.01 
 Total value of debts (logged) 0.01 0.01 

  
0.02 0.01 * 

Total income last month (logged) 0.00 0.02 
  

0.00 0.02 
 Total expenses last month (logged) -0.11 0.05 * 

 
-0.11 0.05 * 

Had positive net income last month 0.09 0.06 
  

-0.01 0.06 
 Had assets greater than zero 0.12 0.10 

  
0.10 0.10 

 Total trade account debt on credit report 0.02 0.01 
  

0.02 0.01 
 Number of derogatory public records  0.05 0.04 

  
0.04 0.03 

 Number of trade accounts with balances 0.01 0.01 
  

0.01 0.01 
 Number of inquiries made into credit  -0.01 0.01 

  
-0.01 0.01 

 Late payments on trade accounts past 
year -0.10 0.06 

  
-0.10 0.06 

 Number of trades with no late payments -0.01 0.01 
  

-0.02 0.01 * 
Black*Had score but thin file 0.25 0.25   0.26 0.21  
Black*Had score and thick file 0.40 0.24   0.35 0.20 ** 
Treatment*Had score but thin file 

    
-0.21 0.18 

 Treatment*Had score and thick file 
    

-0.40 0.18 * 
Treatment*Male 

    
0.12 0.09 

 Treatment*Black 
    

0.04 0.10 
 Treatment*Age 25 or older 

    
0.14 0.16 

 Treatment*GED 
    

0.06 0.16 
 Treatment*High school diploma 

    
0.08 0.14 
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Table B15. (continued) 

 
A 

 
B 

  b Robust SE (b)   b Robust SE (b) 
Treatment*Any college degree 

    
0.16 0.14 

 Treatment*Had a criminal record 
    

0.01 0.12 
 Treatment*U.S. Citizen 

    
0.55 0.20 ** 

Treatment*Had positive net income 
    

0.22 0.09 * 
Natural log of alpha^ -2.40 .19 ***  -2.59 0.22 *** 
Log pseudo-likelihood -1294.08   -1280.83   
Wald chi-square 1826.23    2722.55   
P-value for the Wald chi-square 0.000    0.000   
N 1,266       1,266     
^ The overdispersion coefficient, alpha, for both Model A and Model B is significantly different than zero, indicating 
that the model is better estimated with a zero-inflated negative binomial regression model than with a Poisson 
regression model. 
*p<.05, **p<.01, ***p<.001 
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Table B16. Logistic Regression Analysis of Treatment Effects on the Likelihood of Having 
Any Open Accounts Paid As Agreed Two Years After Program Entry for PFM 
Participants Who Received Financial Counseling 
  b Robust SE (b)   
Intercept -1.40 1.10 

  Treatment 0.45 0.19 * 
Had any open accounts paid as agreed at entry 1.84 0.26 *** 

 Had a credit score but thin file 0.49 0.51 
  Had a credit score and thick file 1.83 0.89 * 

Male -0.53 0.21 * 
 Age 25 or older -0.73 0.29 * 
 Black -0.20 0.36 

  GED 0.34 0.33 
  High school diploma 0.47 0.26 
  Any college degree 1.11 0.40 ** 

 Had a criminal record 0.21 0.23 
  Has a disability -0.34 0.28 
  U.S. citizen -0.82 0.51 
  Separated, divorced, or widowed -0.27 0.29 
  Married/living with partner 0.53 0.29 
  Had child under 18 -0.03 0.20 
  Family size 0.04 0.07 
  Homeless 1.07 0.44 * 

 Rents home 0.32 0.27 
  Owns home 0.15 0.53 
  Received SNAP last month -0.36 0.23 
  Had filed for bankruptcy -0.37 0.38 
  Had collection agencies calling 0.16 0.23 
  Employed in the past year 0.25 0.39 
  Earnings during past two years (logged) 0.03 0.04 
  Total value of assets (logged) 0.01 0.06 
  Total value of debts (logged) -0.01 0.03 
  Total income last month (logged) 0.06 0.06 
  Total expenses last month (logged) 0.04 0.16 
  Had positive net income last month -0.10 0.24 
  Had assets greater than zero -0.04 0.38 
  Total trade account debt on credit report 0.04 0.04 
  Number of derogatory public records  0.10 0.13 
  Number of trade accounts with balances -0.09 0.06 
  Number of inquiries made into credit 0.11 0.06 
  Late payments on trade accounts past year -0.22 0.33 
  Number of trades with no late payments 0.07 0.03 * 

 Black*Had score but thin file -0.36 0.50   
Black*Had score and thick file -0.06 0.90   
Log pseudo-likelihood -295.27   
Wald chi-square 287.13   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.398 

   N 1,266       
*p<.05, **p<.01, ***p<.001 
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Table B17. Negative Binomial Regression Analysis of the Correlates of the Number of Months of 
Financial Counseling Received Among PFM Participants Who Received Any Counseling  

        
 

A 
 

B 
  b Robust SE (b)   b Robust SE (b) 
Intercept 0.19 0.62 

  
0.18 0.61 

 CAC 1.73 0.24 ***  1.75 0.24 *** 
CEN 2.47 0.24 ***  2.47 0.23 *** 
TI 1.45 0.29 ***  1.43 0.29 *** 
TJC 0.76 0.30 *  0.73 0.30 ** 
Male -0.15 0.11 

  
-0.15 0.12 

 Age 25 or older -0.25 0.14 
  

-0.25 0.14 
 Black -0.06 0.16 

  
-0.03 0.17 

 White -0.38 0.38 
  

-0.37 0.38 
 Other race 0.48 0.39 

  
0.50 0.39 

 GED 0.58 0.20 ** 
 

0.57 0.20 ** 
High school diploma or college degree 0.34 0.16 * 

 
0.35 0.16 * 

Had a criminal record 0.16 0.13 
  

0.19 0.14 
 Has a disability 0.36 0.13 ** 

 
0.36 0.13 ** 

U.S. citizen -0.03 0.21 
  

-0.03 0.21 
 Separated, divorced, or widowed 0.13 0.15 

  
0.10 0.15 

 Married/living with partner 0.31 0.16 
  

0.31 0.16 
 Had child under 18 -0.27 0.11 * 

 
-0.27 0.12 * 

Family size 0.03 0.03 
  

0.03 0.03 
 Homeless 0.42 0.29 

  
0.43 0.30 

 Rents home -0.15 0.14 
  

-0.15 0.14 
 Owns home -0.51 0.22 * 

 
-0.54 0.22 * 

Received SNAP last month 0.09 0.13 
  

0.12 0.13 
 Employed in the past year -0.10 0.20 

  
-0.09 0.20 

 Earnings during past two years (logged) 0.02 0.02 
  

0.02 0.02 
 Total value of assets (logged) 0.03 0.02 

  
0.03 0.02 

 Total value of debts (logged) 0.01 0.01 
  

0.01 0.02 
 Total income last month (logged) -0.04 0.03 

  
-0.05 0.03 

 Total expenses last month (logged) 0.03 0.07 
  

0.02 0.07 
 Had positive net income last month -0.05 0.15 

  
-0.03 0.14 

 Had a credit score but thin file     -0.08 0.14  
Had a credit score and thick file 

    
0.09 0.17 

 Natural log of alpha .06 0.13 
  

0.06 0.13 
 Log pseudo-likelihood -1050.38    -1049.94   

Wald chi-square 280.40    282.83   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.058 

   
0.058 

  N 343       343     
*p<.05, **p<.01, ***p<.001 
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Table B18. Negative Binomial Regression Analysis of the Correlates of the Number of Contacts 
with the Financial Counselors Among PFM Participants Who Received Any Counseling  

        
 

A 
 

B 
  b Robust SE (b)   b Robust SE (b) 
Intercept 0.96 0.30 * 

 
0.97 0.30 ** 

CAC -0.04 0.11   -0.03 0.11  
CEN 0.67 0.12 ***  0.67 0.12 *** 
TI 0.28 0.16   0.27 0.16  
TJC 0.07 0.13   0.06 0.13  
Male -0.04 0.06 

  
-0.06 0.06 

 Age 25 or older 0.02 0.10 
  

0.03 0.10 
 Black -0.11 0.14 

  
-0.10 0.14 

 White -0.16 0.14 
  

-0.16 0.15 
 Other race 0.41 0.25 

  
0.40 0.24 

 GED 0.27 0.11 * 
 

0.27 0.12 * 
High school diploma or college degree 0.18 0.08 * 

 
0.19 0.08 * 

Had a criminal record 0.06 0.07 
  

0.06 0.07 
 Has a disability 0.25 0.08 ** 

 
0.26 0.08 ** 

U.S. citizen -0.07 0.10 
  

-0.07 0.10 
 Separated, divorced, or widowed 0.04 0.07 

  
0.05 0.08 

 Married/living with partner -0.01 0.08 
  

0.00 0.08 
 Had child under 18 -0.04 0.07 

  
-0.03 0.07 

 Family size 0.02 0.03 
  

0.02 0.03 
 Homeless 0.08 0.15 

  
0.07 0.15 

 Rents home -0.08 0.08 
  

-0.07 0.08 
 Owns home -0.24 0.13 

  
-0.24 0.13 

 Received SNAP last month -0.06 0.07 
  

-0.07 0.07 
 Employed in the past year 0.06 0.10 

  
0.06 0.10 

 Earnings during past two years (logged) 0.00 0.01 
  

0.00 0.01 
 Total value of assets (logged) 0.00 0.01 

  
0.00 0.01 

 Total value of debts (logged) 0.00 0.01 
  

0.00 0.01 
 Total income last month (logged) -0.01 0.01 

  
-0.01 0.01 

 Total expenses last month (logged) 0.04 0.04 
  

0.04 0.04 
 Had positive net income last month -0.10 0.07 

  
-0.10 0.07 

 Had a credit score but thin file     -0.07 0.09  
Had a credit score and thick file 

    
-0.06 0.10 

 Natural log of alpha -2.57 0.47 
  

-2.58 0.46 
 Log pseudo-likelihood -776.91    -776.53   

Wald chi-square 321.71    318.95   
P-value for the Wald chi-square 0.000    0.000   
Pseudo R2 0.075 

   
0.075 

  N 349       349     
*p<.05, **p<.01, ***p<.001 
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Table B19. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having a 
Credit Score Two Years After Program Entry Among All Enrollees 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -0.38 0.92 

  
-0.46 0.99 

 FDS 0.42 0.24 
  

-0.52 0.74 
 CAC 0.60 0.37 

  
-0.84 1.05 

 CEN -0.05 0.26 
  

-0.52 1.30 
 TI 0.25 0.38 

  
0.78 1.82 

 TJC -0.10 0.25 
  

-17.57 1.51 *** 
Had a credit score at program entry 3.49 0.70 *** 

 
3.13 0.77 *** 

Had a credit score but thin file -2.35 0.62 *** 
 

-1.46 0.61 * 
Male -0.48 0.18 ** 

 
-0.69 0.28 * 

Age 25 or older -0.29 0.22 
  

-0.64 0.33 
 Black 0.07 0.30 

  
0.16 0.45 

 GED 0.21 0.26 
  

-0.12 0.40 
 High school diploma 0.15 0.21 

  
-0.16 0.34 

 Any college degree 0.54 0.39 
  

0.41 0.55 
 Had a criminal record 0.19 0.19 

  
0.36 0.29 

 Has a disability 0.00 0.21 
  

0.03 0.22 
 U.S. citizen -0.14 0.55 

  
0.10 0.61 

 Separated, divorced, or widowed -0.47 0.24 
  

-0.49 0.25 
 Married/living with partner -0.21 0.24 

  
-0.23 0.26 

 Had child under 18 0.30 0.17 
  

0.26 0.18 
 Family size 0.01 0.06 

  
0.01 0.06 

 Homeless -0.45 0.36 
  

-0.46 0.37 
 Rents home 0.37 0.22 

  
0.39 0.24 

 Owns home 0.45 0.49 
  

0.42 0.51 
 Received SNAP last month -0.01 0.19 

  
0.08 0.20 

 Had filed for bankruptcy 0.20 0.32 
  

0.11 0.34 
 Had collection agencies calling -0.03 0.19 

  
-0.02 0.21 

 Employed in the past year 0.11 0.31 
  

0.21 0.32 
 Earnings during past two years (logged) 0.00 0.03 

  
-0.01 0.03 

 Total value of assets (logged) 0.09 0.05 
  

0.10 0.05 * 
Total value of debts (logged) 0.03 0.02 

  
0.03 0.02 

 Total income last month (logged) 0.04 0.05 
  

0.05 0.05 
 Total expenses last month (logged) -0.18 0.12 

  
-0.20 0.12 

 Had positive net income last month -0.16 0.21 
  

-0.09 0.30 
 Had assets greater than zero -0.48 0.31 

  
-0.39 0.32 

 Total trade account debt on credit report 0.04 0.04 
  

0.05 0.04 
 Number of derogatory public records 0.25 0.13 * 

 
0.23 0.13 

 Number of trade accounts with balances 0.16 0.12 
  

0.22 0.12 
 Number of inquiries made into credit 0.12 0.05 * 

 
0.13 0.05 * 

Late payments on trade accounts past year 0.13 0.31 
  

0.11 0.32 
 Number of trades with no late payments 0.15 0.07 * 

 
0.14 0.07 * 

Black*Had a credit score at program entry 0.05 0.38 
  

-0.39 0.48 
 FDS*Had score but thin file 

    
-0.29 0.53 

 FDS*Had score and thick file 
    

12.60 0.78 *** 
CAC*Had score but thin file 

    
-1.36 0.75 

 CAC*Had score and thick file 
    

12.08 0.95 *** 
CEN*Had score but thin file 

    
0.35 0.62 

 CEN*Had score and thick file 
    

14.93 0.99 *** 
TI*Had score but thin file 

    
-1.30 0.82 
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Table B19. (continued) 
TI*Had score and thick file 

    
13.73 1.23 *** 

TJC*Had score but thin file 
    

-0.79 0.52 
 TJC*Had score and thick file 

    
26.14 1.67 *** 

Log pseudo-likelihood  -585.74    -555.05  
Wald chi-square  282.95    8069.75  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.372 

   
0.405 

 N 
 

1,622 
   

1,622 
 Note: Model B also included the following interaction terms that are not shown: PFM site by male, Black, age 25 or 

older, highest degree earned, had a criminal record, and had positive net income last month.  
*p<.05, **p<.01, ***p<.001 
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Table B20. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having a 
Prime Credit Score Two Years After Program Entry Among All Enrollees 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -2.14 1.05 * 

 
-1.43 1.17 

 FDS 0.36 0.33 
  

-16.37 1.45 *** 
CAC 0.63 0.37 

  
1.02 1.08 

 CEN 0.07 0.29 
  

-3.64 2.04 
 TI -0.38 0.54 

  
-13.09 1.69 *** 

TJC -0.48 0.34 
  

-4.81 1.89 * 
Had a prime score at program entry 2.08 0.27 *** 

 
2.28 0.29 *** 

Had a credit score but thin file -0.45 0.48 
  

-0.73 0.64 
 Had a credit score and thick file 0.38 0.61 

  
0.17 0.83 

 Male 0.06 0.25 
  

-0.02 0.34 
 Age 25 or older 0.35 0.30 

  
0.15 0.47 

 Black -0.39 0.45 
  

-0.29 0.63 
 GED 0.09 0.36 

  
0.09 0.51 

 High school diploma 0.12 0.31 
  

-0.19 0.46 
 Any college degree 0.78 0.34 * 

 
0.57 0.49 

 Had a criminal record 0.16 0.26 
  

0.07 0.40 
 Has a disability 0.04 0.27 

  
-0.05 0.28 

 U.S. citizen -0.56 0.48 
  

-0.74 0.46 
 Separated, divorced, or widowed -0.20 0.28 

  
-0.31 0.31 

 Married/living with partner 0.51 0.29 
  

0.64 0.31 * 
Had child under 18 -0.12 0.20 

  
-0.29 0.22 

 Family size -0.01 0.06 
  

0.02 0.07 
 Homeless -0.32 0.71 

  
-0.35 0.77 

 Rents home 0.02 0.29 
  

0.08 0.32 
 Owns home 0.17 0.49 

  
0.07 0.52 

 Received SNAP last month 0.05 0.24 
  

0.15 0.25 
 Had filed for bankruptcy 0.39 0.39 

  
0.44 0.40 

 Had collection agencies calling 0.16 0.23 
  

0.18 0.25 
 Employed in the past year 0.74 0.40 

  
0.88 0.40 * 

Earnings during past two years (logged) -0.02 0.04 
  

-0.03 0.04 
 Total value of assets (logged) 0.04 0.06 

  
0.04 0.06 

 Total value of debts (logged) -0.04 0.03 
  

-0.04 0.03 
 Total income last month (logged) 0.11 0.07 

  
0.13 0.07 

 Total expenses last month (logged) -0.12 0.13 
  

-0.18 0.14 
 Had positive net income last month -0.28 0.27 

  
-0.50 0.36 

 Had assets greater than zero 0.20 0.45 
  

0.40 0.49 
 Total trade account debt on credit report 0.07 0.03 * 

 
0.07 0.04 

 Number of derogatory public records 0.02 0.12 
  

0.13 0.12 
 Number of trade accounts with balances -0.23 0.06 *** 

 
-0.25 0.06 *** 

Number of inquiries made into credit -0.08 0.05 
  

-0.08 0.05 
 Late payments on trade accounts past 

year -1.13 0.44 * 
 

-1.45 0.47 ** 
Number of trades with no late payments 0.09 0.02 *** 

 
0.11 0.03 *** 

Black*Had score but thin file 0.30 0.52 
  

0.35 0.66 
 Black*Had score and thick file 0.34 0.58 

  
-0.53 0.73 

 FDS*Had score but thin file 
    

1.53 0.74 * 
FDS*Had score and thick file 

    
3.12 1.58 * 

CAC*Had score but thin file 
    

0.40 0.82 
 CAC*Had score and thick file 

    
0.32 0.93 

 



	
  
253 

 
Table B20. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
-1.10 1.10 

 CEN*Had score and thick file 
    

2.05 0.90 * 
TI*Had score but thin file 

    
-17.19 1.56 *** 

TI*Had score and thick file 
    

-0.90 1.19 
 TJC*Had score but thin file 

    
1.79 1.32 

 TJC*Had score and thick file 
    

4.18 1.52 *** 
Log pseudo-likelihood  -426.52    -387.13  
Wald chi-square  287.85    2989.28  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.360 

   
0.419 

 N 
 

1,622 
   

1,622 
 Note: Model B also included the following interaction terms that are not shown: PFM site by male, Black, age 25 or 

older, highest degree earned, had a criminal record, and had positive net income last month.  
*p<.05, **p<.01, ***p<.001 
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Table B21. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having an 
Increase in Trade Accounts with Positive Ratings Two Years After Program Entry Among All 
Enrollees 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -2.95 0.85 ** 

 
-2.41 0.97 * 

FDS 0.79 0.24 ** 
 

-1.25 0.82 
 CAC 0.92 0.28 ** 

 
-0.65 0.88 

 CEN 0.81 0.19 *** 
 

-0.45 1.03 
 TI 1.00 0.32 ** 

 
-12.36 1.49 *** 

TJC 0.23 0.21 
  

-1.66 1.21 
 Number of trades with positive ratings -0.05 0.04 

  
-0.05 0.04 

 Had a credit score but thin file 0.32 0.44 
  

0.44 0.57 
 Had a credit score and thick file 1.51 0.47 ** 

 
2.55 0.59 *** 

Male -0.52 0.16 ** 
 

-0.75 0.27 ** 
Age 25 or older -0.15 0.21 

  
-0.74 0.31 * 

Black 0.04 0.30 
  

0.09 0.47 
 GED 0.31 0.27 

  
-0.01 0.46 

 High school diploma 0.39 0.21 
  

-0.10 0.36 
 Any college degree 0.66 0.26 * 

 
-0.11 0.41 

 Had a criminal record -0.12 0.18 
  

-0.08 0.29 
 Has a disability -0.15 0.19 

  
-0.21 0.21 

 U.S. citizen 0.09 0.38 
  

0.04 0.38 
 Separated, divorced, or widowed -0.25 0.20 

  
-0.31 0.22 

 Married/living with partner 0.49 0.21 * 
 

0.58 0.22 ** 
Had child under 18 0.12 0.15 

  
0.08 0.16 

 Family size -0.01 0.06 
  

0.01 0.06 
 Homeless 0.63 0.35 

  
0.76 0.38 * 

Rents home 0.22 0.19 
  

0.28 0.21 
 Owns home -0.15 0.34 

  
-0.23 0.37 

 Received SNAP last month 0.03 0.17 
  

0.11 0.18 
 Had filed for bankruptcy -0.13 0.26 

  
-0.23 0.27 

 Had collection agencies calling 0.00 0.17 
  

0.00 0.17 
 Employed in the past year 0.09 0.27 

  
0.18 0.28 

 Earnings during past two years (logged) 0.03 0.03 
  

0.03 0.03 
 Total value of assets (logged) 0.00 0.04 

  
-0.01 0.04 

 Total value of debts (logged) 0.04 0.02 
  

0.04 0.02 
 Total income last month (logged) 0.05 0.04 

  
0.05 0.05 

 Total expenses last month (logged) 0.06 0.12 
  

0.07 0.13 
 Had positive net income last month -0.14 0.17 

  
-0.52 0.27 

 Had assets greater than zero 0.01 0.29 
  

0.18 0.32 
 Total trade account debt on credit report -0.01 0.03 

  
0.00 0.03 

 Number of derogatory public records 0.02 0.09 
  

0.09 0.09 
 Number of trade accounts with balances 0.09 0.04 * 

 
0.08 0.04 

 Number of inquiries made into credit 0.01 0.03 
  

0.03 0.03 
 Late payments on trade accounts past year -0.18 0.29 

  
-0.17 0.29 

 Number of trades with no late payments -0.03 0.04 
  

-0.04 0.05 
 Black*Had score but thin file 0.06 0.45 

  
0.03 0.54 

 Black*Had score and thick file -0.26 0.44 
  

-1.29 0.57 * 
FDS*Had score but thin file 

    
0.18 0.51 

 FDS*Had score and thick file 
    

-1.11 0.75 
 CAC*Had score but thin file 

    
-0.38 0.71 

 CAC*Had score and thick file 
    

-1.47 0.74 * 
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Table B21. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
-0.11 0.54 

 CEN*Had score and thick file 
    

1.39 0.71 
 TI*Had score but thin file 

    
-0.80 0.85 

 TI*Had score and thick file 
    

-1.49 0.98 
 TJC*Had score but thin file 

    
-0.45 0.55 

 TJC*Had score and thick file 
    

0.01 0.68 
 Log pseudo-likelihood  -754.65    -702.86  

Wald chi-square  150.32    1750.06  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.124 

   
0.184 

 N 
 

1,622 
   

1,622 
 Note: Model B also included the following interaction terms that are not shown: PFM site by male, Black, age 25 or 

older, highest degree earned, had a criminal record, and had positive net income last month.  
*p<.05, **p<.01, ***p<.001 
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Table B22. Zero-Inflated Negative Binomial Regression Analysis of PFM Site-Level Effects on the 
Number of Trade Accounts with Positive Ratings Two Years After Program Entry Among All 
Enrollees 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept 0.95 0.33 ** 

 
0.99 0.32 ** 

FDS 0.05 0.07 
  

-0.77 0.40 
 CAC 0.07 0.08 

  
0.27 0.34 

 CEN 0.24 0.07 *** 
 

0.05 0.33 
 TI 0.13 0.14 

  
-1.54 0.79 

 TJC -0.01 0.07 
  

-0.40 0.58 
 Number of trades with positive ratings 0.08 0.01 *** 

 
0.08 0.01 *** 

Had a credit score but thin file 0.29 0.18 
  

0.41 0.20 * 
Had a credit score and thick file 0.82 0.19 *** 

 
1.05 0.20 *** 

Male -0.13 0.05 ** 
 

-0.21 0.06 ** 
Age 25 or older 0.03 0.08 

  
-0.06 0.11 

 Black -0.26 0.19 
  

-0.11 0.20 
 GED 0.18 0.08 * 

 
0.22 0.10 * 

High school diploma 0.17 0.07 * 
 

0.12 0.09 
 Any college degree 0.17 0.08 * 

 
0.17 0.10 

 Had a criminal record -0.02 0.06 
  

-0.04 0.08 
 Has a disability 0.03 0.06 

  
0.00 0.06 

 U.S. citizen -0.37 0.14 ** 
 

-0.32 0.12 ** 
Separated, divorced, or widowed -0.09 0.06 

  
-0.06 0.06 

 Married/living with partner 0.01 0.06 
  

0.04 0.06 
 Had child under 18 0.05 0.05 

  
0.06 0.05 

 Family size 0.01 0.02 
  

0.01 0.01 
 Homeless 0.22 0.14 

  
0.29 0.15 

 Rents home 0.24 0.07 ** 
 

0.26 0.07 *** 
Owns home 0.18 0.10 

  
0.20 0.09 * 

Received SNAP last month -0.05 0.05 
  

-0.04 0.05 
 Had filed for bankruptcy 0.08 0.07 

  
0.10 0.07 

 Had collection agencies calling 0.03 0.05 
  

0.03 0.04 
 Employed in the past year -0.16 0.09 

  
-0.16 0.08 * 

Earnings during past two years (logged) 0.02 0.01 * 
 

0.02 0.01 * 
Total value of assets (logged) 0.00 0.01 

  
0.00 0.01 

 Total value of debts (logged) 0.02 0.01 ** 
 

0.01 0.01 
 Total income last month (logged) 0.00 0.01 

  
0.00 0.01 

 Total expenses last month (logged) -0.08 0.04 
  

-0.09 0.04 * 
Had positive net income last month 0.07 0.05 

  
-0.02 0.06 

 Had assets greater than zero 0.04 0.09 
  

0.06 0.09 
 Total trade account debt on credit report 0.01 0.01 

  
0.01 0.01 

 Number of derogatory public records 0.03 0.03 
  

0.04 0.02 
 Number of trade accounts with balances 0.01 0.01 

  
0.01 0.01 

 Number of inquiries made into credit 0.00 0.01 
  

0.00 0.01 
 Late payments on trade accounts past year -0.11 0.05 * 

 
-0.11 0.05 * 

Number of trades with no late payments -0.02 0.01 ** 
 

-0.02 0.01 ** 
Black*Had score but thin file 0.15 0.21 

  
0.00 0.21 

 Black*Had score and thick file 0.18 0.20 
  

-0.09 0.21 
 FDS*Had score but thin file 

    
0.06 0.25 

 FDS*Had score and thick file 
    

-0.15 0.28 
 CAC*Had score but thin file 

    
-0.14 0.27 

 CAC*Had score and thick file 
    

-0.38 0.25 * 
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Table B22. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
0.01 0.27 

 CEN*Had score and thick file 
    

0.05 0.26 
 TI*Had score but thin file 

    
0.54 0.39 

 TI*Had score and thick file 
    

0.51 0.35 
 TJC*Had score but thin file 

    
-0.03 0.32 

 TJC*Had score and thick file 
    

0.21 0.33 
 Natural log of alpha^ -2.39 0.18 ***  -2.61 0.20 *** 

Log pseudo-likelihood  -2349.67    -2314.48  
Wald chi-square  2776.47    3155.28  
P-value for the Wald chi-square  0.000    0.000  
N 

 
1,622 

   
1,622 

 ^ The overdispersion coefficient, alpha, for both Model A and Model B is significantly different than zero, indicating 
that the model is better estimated with a zero-inflated negative binomial model than with a Poisson regression model. 
Note: Model B also included the following interaction terms that are not shown: PFM site by male, Black, age 25 or 
older, highest degree earned, had a criminal record, and had positive net income last month. 
*p<.05, **p<.01, ***p<.001 
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Table B23. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having a 
Credit Score Two Years After Program Entry for PFM Participants Who Received Financial 
Counseling 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept 0.16 1.07 

  
-0.08 1.08 

 FDS -0.29 0.44 
  

-0.52 0.85 
 CAC 1.32 0.44 ** 

 
1.94 0.56 ** 

CEN 0.20 0.29 
  

0.11 0.40 
 TI 0.46 0.48 

  
1.08 0.51 * 

TJC 0.32 0.36 
  

0.52 0.52 
 Had a credit score at program entry 3.89 0.75 *** 

 
3.73 0.83 *** 

Had a credit score but thin file -2.80 0.64 *** 
 

-2.08 0.67 ** 
Male -0.37 0.22 

  
-0.33 0.22 

 Age 25 or older -0.45 0.29 
  

-0.47 0.30 
 Black 0.02 0.37 

  
0.22 0.42 

 GED 0.41 0.34 
  

0.39 0.34 
 High school diploma 0.22 0.28 

  
0.23 0.28 

 Any college degree 0.83 0.48 
  

0.80 0.49 
 Had a criminal record -0.04 0.24 

  
-0.07 0.24 

 Has a disability -0.13 0.29 
  

-0.19 0.29 
 U.S. citizen -0.09 0.55 

  
-0.11 0.54 

 Separated, divorced, or widowed -0.59 0.30 
  

-0.62 0.32 
 Married/living with partner -0.24 0.32 

  
-0.13 0.31 

 Had child under 18 0.52 0.22 * 
 

0.55 0.22 * 
Family size 0.04 0.07 

  
0.03 0.08 

 Homeless 0.26 0.44 
  

0.25 0.45 
 Rents home 0.52 0.27 

  
0.47 0.27 

 Owns home 0.88 0.56 
  

0.81 0.58 
 Received SNAP last month -0.20 0.24 

  
-0.24 0.25 

 Had filed for bankruptcy 0.48 0.44 
  

0.39 0.45 
 Had collection agencies calling -0.11 0.25 

  
-0.06 0.26 

 Employed in the past year 0.05 0.39 
  

0.08 0.40 
 Earnings during past two years (logged) 0.00 0.04 

  
0.00 0.04 

 Total value of assets (logged) 0.04 0.06 
  

0.04 0.06 
 Total value of debts (logged) 0.00 0.03 

  
0.00 0.03 

 Total income last month (logged) 0.03 0.06 
  

0.04 0.06 
 Total expenses last month (logged) -0.26 0.14 

  
-0.27 0.15 

 Had positive net income last month -0.56 0.27 * 
 

-0.59 0.27 * 
Had assets greater than zero 0.05 0.40 

  
-0.03 0.40 

 Total trade account debt on credit report 0.06 0.04 
  

0.05 0.04 
 Number of derogatory public records 0.34 0.17 * 

 
0.34 0.18 

 Number of trade accounts with balances 0.15 0.11 
  

0.15 0.11 
 Number of inquiries made into credit 0.07 0.05 

  
0.06 0.06 

 Late payments on trade accounts past year -0.32 0.38 
  

-0.36 0.37 
 Number of trades with no late payments 0.12 0.06 * 

 
0.12 0.06 * 

Black*Had a credit score at program entry 0.41 0.50 
  

0.06 0.53 
 FDS*Had score but thin file 

    
0.35 1.05 

 FDS*Had score and thick file 
    

13.31 1.33 *** 
CAC*Had score but thin file 

    
-1.60 0.85 

 CAC*Had score and thick file 
    

10.97 0.91 *** 
CEN*Had score but thin file 

    
0.30 0.65 

 CEN*Had score and thick file 
    

13.09 0.83 *** 
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Table B23. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
TI*Had score but thin file 

    
-1.71 0.82 

 TI*Had score and thick file 
    

11.65 1.08 *** 
TJC*Had score but thin file 

    
-0.45 0.72 

 TJC*Had score and thick file 
    

12.49 1.05 *** 
Log pseudo-likelihood  -269.25    -264.76  
Wald chi-square  255.57    5874.08  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.421 

   
0.430 

 N 
 

1,266 
   

1,266 
 *p<.05, **p<.01, ***p<.001 
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Table B24. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having a 
Prime Credit Score Two Years After Program Entry for PFM Participants Who Received Financial 
Counseling 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -2.09 0.97 * 

 
-2.28 1.06 * 

FDS 0.11 0.69 
  

-0.72 1.16 
 CAC 1.03 0.39 ** 

 
1.27 0.67 

 CEN 0.00 0.34 
  

-0.54 0.65 
 TI -0.14 0.57 

  
0.79 0.62 

 TJC -0.03 0.43 
  

-0.07 0.87 
 Had a prime score at program entry 1.63 0.31 *** 

 
1.73 0.32 *** 

Had a credit score but thin file -0.27 0.58 
  

-0.47 0.75 
 Had a credit score and thick file 0.56 0.63 

  
0.87 0.80 

 Male 0.28 0.27 
  

0.30 0.27 
 Age 25 or older 0.37 0.37 

  
0.44 0.41 

 Black -0.21 0.48 
  

-0.05 0.55 
 GED -0.02 0.46 

  
0.01 0.45 

 High school diploma 0.31 0.37 
  

0.23 0.38 
 Any college degree 0.97 0.44 * 

 
0.99 0.44 * 

Had a criminal record -0.18 0.29 
  

-0.18 0.30 
 Has a disability 0.56 0.31 

  
0.44 0.31 

 U.S. citizen -0.76 0.46 
  

-0.88 0.46 
 Separated, divorced, or widowed -0.39 0.32 

  
-0.48 0.31 

 Married/living with partner 0.67 0.31 * 
 

0.78 0.33 * 
Had child under 18 -0.13 0.22 

  
-0.18 0.22 

 Family size 0.04 0.08 
  

0.05 0.08 
 Homeless 0.10 0.76 

  
0.02 0.81 

 Rents home 0.07 0.36 
  

0.02 0.36 
 Owns home 0.26 0.55 

  
0.14 0.54 

 Received SNAP last month -0.04 0.27 
  

0.01 0.28 
 Had filed for bankruptcy -0.10 0.56 

  
0.01 0.57 

 Had collection agencies calling 0.28 0.28 
  

0.38 0.28 
 Employed in the past year 1.00 0.54 

  
1.18 0.51 * 

Earnings during past two years (logged) -0.02 0.06 
  

-0.03 0.06 
 Total value of assets (logged) -0.01 0.06 

  
-0.01 0.07 

 Total value of debts (logged) -0.05 0.03 
  

-0.05 0.03 
 Total income last month (logged) -0.02 0.06 

  
-0.02 0.07 

 Total expenses last month (logged) -0.04 0.10 
  

-0.03 0.10 
 Had positive net income last month -0.32 0.29 

  
-0.46 0.29 

 Had assets greater than zero 0.33 0.50 
  

0.37 0.52 
 Total trade account debt on credit report 0.09 0.04 * 

 
0.10 0.04 * 

Number of derogatory public records 0.00 0.18 
  

0.02 0.17 
 Number of trade accounts with balances -0.28 0.07 *** 

 
-0.29 0.07 *** 

Number of inquiries made into credit -0.20 0.08 * 
 

-0.19 0.08 * 
Late payments on trade accounts past year -0.93 0.41 * 

 
-1.09 0.48 * 

Number of trades with no late payments 0.12 0.03 *** 
 

0.12 0.03 *** 
Black*Had score but thin file 0.08 0.62 

  
0.52 0.73 

 Black*Had score and thick file 0.34 0.60 
  

-0.62 0.70 
 FDS*Had score but thin file 

    
1.02 1.51 

 FDS*Had score and thick file 
    

2.98 2.10 
 CAC*Had score but thin file 

    
0.26 0.96 

 CAC*Had score and thick file 
    

-0.88 0.87 
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Table B24. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
-0.94 1.38 

 CEN*Had score and thick file 
    

2.06 0.84 * 
TI*Had score but thin file 

    
-15.47 1.00 *** 

TI*Had score and thick file 
    

-0.43 1.17 
 TJC*Had score but thin file 

    
-0.04 1.08 

 TJC*Had score and thick file 
    

0.40 1.16 
 Log pseudo-likelihood  -229.67    -219.14  

Wald chi-square  259.19    667.39  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.389 

   
0.417 

 N 
 

1,266 
   

1,266 
 *p<.05, **p<.01, ***p<.001 
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Table B25. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having an 
Increase in Trade Accounts with Positive Ratings Two Years After Program Entry for PFM 
Participants Who Received Financial Counseling 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept -1.65 0.74 * 

 
-1.85 0.77 * 

FDS 0.86 0.42 * 
 

0.95 0.73 
 CAC 1.06 0.34 ** 

 
2.39 0.61 *** 

CEN 1.12 0.22 *** 
 

0.71 0.41 *** 
TI 1.61 0.38 *** 

 
2.19 0.49 

 TJC 0.28 0.31 
  

0.56 0.54 
 Number of trades with positive ratings -0.03 0.04 

  
-0.01 0.04 

 Had a credit score but thin file 0.65 0.50 
  

0.94 0.67 
 Had a credit score and thick file 0.78 0.52 

  
1.96 0.60 ** 

Male -0.51 0.18 ** 
 

-0.48 0.19 * 
Age 25 or older -0.51 0.26 * 

 
-0.57 0.27 * 

Black -0.09 0.35 
  

0.45 0.44 
 GED 0.85 0.34 * 

 
0.81 0.35 * 

High school diploma 0.84 0.28 ** 
 

0.73 0.29 * 
Any college degree 1.19 0.34 ** 

 
1.08 0.34 ** 

Had a criminal record -0.44 0.21 * 
 

-0.48 0.22 * 
Has a disability -0.22 0.24 

  
-0.38 0.26 

 U.S. citizen -0.50 0.40 
  

-0.68 0.37 
 Separated, divorced, or widowed -0.29 0.24 

  
-0.37 0.24 

 Married/living with partner 0.66 0.26 * 
 

0.69 0.26 ** 
Had child under 18 0.20 0.18 

  
0.24 0.18 

 Family size -0.01 0.07 
  

-0.03 0.07 
 Homeless 1.35 0.42 ** 

 
1.35 0.43 ** 

Rents home 0.57 0.24 * 
 

0.53 0.26 * 
Owns home 0.08 0.43 

  
0.02 0.41 

 Received SNAP last month -0.06 0.21 
  

-0.05 0.21 
 Had filed for bankruptcy -0.25 0.35 

  
-0.18 0.37 

 Had collection agencies calling -0.21 0.20 
  

-0.16 0.20 
 Employed in the past year 0.10 0.32 

  
-0.02 0.32 

 Earnings during past two years (logged) 0.03 0.04 
  

0.04 0.03 
 Total value of assets (logged) -0.01 0.05 

  
-0.01 0.05 

 Total value of debts (logged) 0.05 0.03 
  

0.05 0.03 * 
Total income last month (logged) 0.04 0.05 

  
0.03 0.06 

 Total expenses last month (logged) -0.05 0.09 
  

-0.06 0.09 
 Had positive net income last month -0.18 0.20 

  
-0.26 0.21 

 Had assets greater than zero 0.09 0.36 
  

0.08 0.36 
 Total trade account debt on credit report 0.01 0.03 

  
0.01 0.03 

 Number of derogatory public records 0.07 0.11 
  

0.09 0.11 
 Number of trade accounts with balances 0.05 0.04 

  
0.03 0.04 

 Number of inquiries made into credit -0.03 0.04 
  

-0.03 0.04 
 Late payments on trade accounts past year -0.27 0.31 

  
-0.26 0.32 

 Number of trades with no late payments -0.02 0.05 
  

-0.03 0.05 
 Black*Had score but thin file -0.42 0.52 

  
-0.63 0.66 

 Black*Had score and thick file 0.28 0.50 
  

-1.14 0.59 
 FDS*Had score but thin file 

    
0.25 0.91 

 FDS*Had score and thick file 
    

-0.97 1.23 
 CAC*Had score but thin file 

    
-0.76 0.85 

 CAC*Had score and thick file 
    

-2.69 0.78 ** 
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Table B25. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
0.35 0.54 

 CEN*Had score and thick file 
    

1.61 0.73 * 
TI*Had score but thin file 

    
-1.16 0.80 

 TI*Had score and thick file 
    

-0.86 1.08 
 TJC*Had score but thin file 

    
-0.59 0.73 

 TJC*Had score and thick file 
    

0.00 0.81 
 Log pseudo-likelihood  -382.40    -369.98  

Wald chi-square  132.33    150.95  
P-value for the Wald chi-square  0.000    0.000  
Pseudo R2 

 
0.162 

   
0.189 

 N 
 

1,266 
   

1,266 
 *p<.05, **p<.01, ***p<.001 
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Table B26. Zero-Inflated Negative Binomial Regression Analysis of PFM Site-Level Effects on the 
Number of Trade Accounts with Positive Ratings Two Years After Program Entry for PFM 
Participants Who Received Financial Counseling 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
Intercept 1.19 0.37 ** 

 
1.00 0.37 ** 

FDS 0.09 0.15 
  

-0.48 0.53 
 CAC 0.05 0.08 

  
0.52 0.25 * 

CEN 0.27 0.07 *** 
 

0.64 0.32 * 
TI 0.26 0.17 

  
0.23 0.31 

 TJC -0.08 0.09 
  

0.10 0.52 
 Number of trades with positive ratings 0.08 0.01 *** 

 
0.08 0.01 *** 

Had a credit score but thin file 0.32 0.19 
  

0.34 0.20 
 Had a credit score and thick file 0.72 0.19 *** 

 
0.98 0.20 *** 

Male -0.12 0.06 * 
 

-0.12 0.05 * 
Age 25 or older 0.05 0.09 

  
0.04 0.09 

 Black -0.47 0.23 * 
 

-0.43 0.23 
 GED 0.19 0.10 

  
0.20 0.10 * 

High school diploma 0.16 0.09 
  

0.13 0.08 
 Any college degree 0.22 0.10 * 

 
0.20 0.09 * 

Had a criminal record -0.04 0.07 
  

-0.03 0.06 
 Has a disability -0.03 0.07 

  
-0.03 0.06 

 U.S. citizen -0.33 0.13 * 
 

-0.32 0.11 ** 
Separated, divorced, or widowed -0.12 0.07 

  
-0.10 0.07 

 Married/living with partner 0.02 0.07 
  

0.03 0.06 
 Had child under 18 0.07 0.06 

  
0.07 0.05 

 Family size 0.02 0.02 
  

0.01 0.02 
 Homeless 0.35 0.19 

  
0.35 0.22 

 Rents home 0.35 0.09 *** 
 

0.35 0.09 *** 
Owns home 0.31 0.12 ** 

 
0.29 0.11 ** 

Received SNAP last month 0.00 0.05 
  

0.00 0.05 
 Had filed for bankruptcy 0.09 0.08 

  
0.12 0.08 

 Had collection agencies calling 0.03 0.05 
  

0.02 0.05 
 Employed in the past year -0.18 0.10 

  
-0.16 0.09 

 Earnings during past two years (logged) 0.02 0.01 
  

0.02 0.01 
 Total value of assets (logged) 0.00 0.01 

  
0.00 0.01 

 Total value of debts (logged) 0.01 0.01 
  

0.02 0.01 
 Total income last month (logged) 0.01 0.02 

  
0.00 0.02 

 Total expenses last month (logged) -0.13 0.05 * 
 

-0.12 0.05 * 
Had positive net income last month 0.09 0.06 

  
0.10 0.06 

 Had assets greater than zero 0.08 0.10 
  

0.04 0.10 
 Total trade account debt on credit report 0.02 0.01 

  
0.03 0.01 * 

Number of derogatory public records 0.05 0.04 
  

0.05 0.03 
 Number of trade accounts with balances 0.01 0.01 

  
0.01 0.01 

 Number of inquiries made into credit -0.01 0.01 
  

-0.01 0.01 
 Late payments on trade accounts past year -0.08 0.07 

  
-0.08 0.07 

 Number of trades with no late payments -0.02 0.01 
  

-0.02 0.01 * 
Black*Had score but thin file 0.25 0.24 

  
0.34 0.25 

 Black*Had score and thick file 0.39 0.23 
  

0.26 0.25 
 FDS*Had score but thin file 

    
0.54 0.54 

 FDS*Had score and thick file 
    

0.68 0.59 
 CAC*Had score but thin file 

    
-0.12 0.29 

 CAC*Had score and thick file 
    

-0.63 0.27 * 
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Table B26. (continued) 
  A   B 
  b Robust SE (b)   b Robust SE (b) 
CEN*Had score but thin file 

    
-0.27 0.34 

 CEN*Had score and thick file 
    

-0.45 0.33 
 TI*Had score but thin file 

    
-0.04 0.38 

 TI*Had score and thick file 
    

0.12 0.39 
 TJC*Had score but thin file 

    
-0.33 0.53 

 TJC*Had score and thick file 
    

-0.10 0.52 
 Natural log of alpha^ -2.46 0.19 ***  -2.56 0.20 *** 

Log pseudo-likelihood  -1284.14    -1274.23  
Wald chi-square  2131.90    2807.53  
P-value for the Wald chi-square  0.000    0.000  
N 

 
1,266 

   
1,266 

 ^ The over-dispersion co-efficient, alpha, for both Model A and Model B is significantly different than zero, indicating  
that the model is better estimated with a zero-inflated negative binomial model than with a Poisson regression model. 
*p<.05, **p<.01, ***p<.001 
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Table B27. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having 
Any Open Trade Accounts Two Years After Program Entry for PFM Participants Who Received 
Financial Counseling 
  b Robust SE (b)   
Intercept -0.69 1.11 

  FDS -0.07 0.47 
 CAC 1.30 0.44 ** 

CEN 0.61 0.29 * 
TI 0.91 0.43 * 
TJC 0.10 0.36  
Had any open accounts at program entry 2.01 0.28 *** 

 Had a credit score but thin file 0.37 0.49 
  Had a credit score and thick file 2.27 1.09 * 

Male -0.40 0.22 
  Age 25 or older -1.10 0.29 *** 

 Black -0.05 0.39 
  GED 0.57 0.34 
  High school diploma 0.79 0.27 ** 

 Any college degree 1.46 0.39 *** 
 Had a criminal record 0.41 0.23 

  Has a disability 0.02 0.29 
  U.S. citizen -0.83 0.50 
  Separated, divorced, or widowed -0.19 0.28 
  Married/living with partner 0.56 0.29 
  Had child under 18 0.05 0.21 
  Family size 0.03 0.07 
  Homeless 1.19 0.43 ** 

 Rents home 0.76 0.29 ** 
 Owns home 0.94 0.53 

  Received SNAP last month -0.15 0.24 
  Had filed for bankruptcy -0.17 0.43 
  Had collection agencies calling 0.24 0.23 
  Employed in the past year 0.27 0.36 
  Earnings during past two years (logged) 0.00 0.04 
  Total value of assets (logged) 0.01 0.06 
  Total value of debts (logged) 0.00 0.03 
  Total income last month (logged) 0.06 0.06 
  Total expenses last month (logged) -0.16 0.17 
  Had positive net income last month -0.18 0.24 
  Had assets greater than zero 0.03 0.39 
  Total trade account debt on credit report 0.05 0.04 
  Number of derogatory public records  0.09 0.14 
  Number of trade accounts with balances -0.11 0.07 
  Number of inquiries made into credit 0.15 0.06 * 

 Late payments on trade accounts past year -0.44 0.32 
  Number of trades with no late payments 0.07 0.03 * 

 Black*Had score but thin file -0.53 0.52   
Black*Had score and thick file 0.36 1.16   
Log pseudo-likelihood -276.55   
Wald chi-square 334.62   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.431 

   N 1,266       
*p<.05, **p<.01, ***p<.001 
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Table B28. Logistic Regression Analysis of PFM Site-Level Effects on the Likelihood of Having 
Any Open Trade Accounts Paid As Agreed Two Years After Program Entry for PFM Participants 
Who Received Financial Counseling 
  b Robust SE (b)   
Intercept -1.69 1.11 

  FDS 0.21 0.48 
 CAC 1.21 0.44 ** 

CEN 0.47 0.27  
TI 0.88 0.48 + 
TJC -0.46 0.36  
Had any open accounts paid as agreed at program entry 1.82 0.26 *** 

 Had a credit score but thin file 0.53 0.51 
  Had a credit score and thick file 1.88 0.94 * 

Male -0.57 0.21 
  Age 25 or older -0.63 0.29 *** 

 Black 0.12 0.41 
  GED 0.34 0.34 
  High school diploma 0.50 0.26 ** 

 Any college degree 1.09 0.40 *** 
 Had a criminal record 0.25 0.23 

  Has a disability -0.38 0.28 
  U.S. citizen -0.84 0.50 
  Separated, divorced, or widowed -0.22 0.28 
  Married/living with partner 0.44 0.29 
  Had child under 18 -0.05 0.20 
  Family size 0.04 0.07 
  Homeless 1.19 0.44 ** 

 Rents home 0.35 0.28 ** 
 Owns home 0.20 0.52 

  Received SNAP last month -0.35 0.23 
  Had filed for bankruptcy -0.35 0.40 
  Had collection agencies calling 0.16 0.23 
  Employed in the past year 0.18 0.40 
  Earnings during past two years (logged) 0.03 0.04 
  Total value of assets (logged) 0.00 0.06 
  Total value of debts (logged) 0.00 0.03 
  Total income last month (logged) 0.06 0.06 
  Total expenses last month (logged) 0.03 0.16 
  Had positive net income last month -0.12 0.24 
  Had assets greater than zero 0.00 0.38 
  Total trade account debt on credit report 0.04 0.04 
  Number of derogatory public records  0.12 0.13 
  Number of trade accounts with balances -0.10 0.06 
  Number of inquiries made into credit 0.11 0.06 * 

 Late payments on trade accounts past year -0.17 0.34 
  Number of trades with no late payments 0.07 0.03 * 

 Black*Had score but thin file -0.43 0.52   
Black*Had score and thick file -0.11 0.96   
Log pseudo-likelihood -276.55   
Wald chi-square 334.62   
P-value for the Wald chi-square 0.000   
Pseudo R2 0.431 

   N 1,266       
+ p<.10, *p<.05, **p<.01, ***p<.001 
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