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ABSTRACT 

 

I investigate systematic patterns of tone within an earnings call and how market 

participants react to such variation. Prior research suggests that people heavily weigh the 

final moments of an experience. I explore whether managers end earnings calls with a 

more positive tone to manipulate the audience’s impression of the call. My analyses of 

more than 57,000 earnings call transcripts show that the tone of managers’ answers 

improves markedly near the end of the earnings call. The magnitude of tone improvement 

is negatively associated with current and future firm performance, which suggests that 

managers end on a high note to mask negative information. Moreover, the magnitude of 

tone improvement is associated with negative 3-day abnormal stock return and downward 

analyst forecast revisions. Together these findings suggest that the market participants 

quickly price the information that managers try to conceal by ending on a high note.  
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CHAPTER 1 

INTRODUCTION  

 

Extensive research has examined the degree to which linguistic tone, a measure of 

positively and negatively charged language of a body of text, affects the informativeness 

of firm disclosures (e.g., Henry & Leone, 2016). Most such papers study the average tone 

or statistical variations of each disclosure while ignoring the within-disclosure patterns in 

tone. Only recently have accounting researchers started to examine the order of 

information in firm disclosures (Cheng, Roulstone, & Van Buskirk, 2020). Managerial 

tone likely varies predictably within each disclosure, as managers organize and deliver 

firm data to influence their audiences. Psychology research suggests that people more 

heavily weigh the final moments in evaluating an experience (e.g., Kahneman, 

Fredrickson, Schreiber, & Redelmeier, 1993). Given the importance of last impressions, 

many handbooks for novel writing, teaching, public speaking, and customer service 

advise ending on a high note (e.g., Anon., 2016). I compare managerial tone at different 

points in an earnings conference call and investigate whether managers end their earnings 

conference calls on a positive note. More importantly, I test whether investor perceptions 

are improved by positive endings. To the best of my knowledge, this is the first study of 

the effect of last impressions – or “ending on a high note” – in a business setting using 

large-scale archival data.   

Quarterly earnings conference calls are a major channel of communication 

between firms and stakeholders, and the stock market responds continuously to the 

communicated data. The interactive Q&A session after a formal presentation includes 
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extemporaneous managerial responses to questions from conference call participants. 

Due to this interactivity, managers have less influence over their linguistic tone during 

the Q&A session, which is considered more realistic and reliable (Blau, DeLisle, & Price, 

2015). The unscripted Q&A session may make it hard for managers to end on a high note 

even when they want to follow the conventional wisdom. 

Two lines of research explain the importance of last impressions in judgment and 

decision making: the “recency effect” theory in psychology (e.g., Murdock, 1962) and the 

“belief-adjustment model” in behavioral accounting (e.g., Hogarth & Einhorn, 1992). 

People use heuristics to ease the cognitive burden of processing a lot of data. Therefore, 

if a firm’s earnings call audience is more attuned to the ending remarks, then saving good 

news for the end can help managers to leave a better impression – unless managers are 

later found to have significantly misled investors.  

To investigate whether managers systematically end on a high note, I examine 

variation in managerial tone within an earnings call. Tone is a broad measure that can 

capture various ways of ending on a high note, such as presenting the same facts in a 

more positive way or discussing more favorable facts near the end of the call. Using a 

sample of 57,372 quarterly earnings conference call transcripts from 2003 to 2017, I find 

that managers follow the conventional wisdom and end their earnings calls on a high 

note.  

I illustrate this phenomenon in Figure 1 using simple descriptive evidence. I plot 

the average tone of managers’ responses during earnings call Q&A sessions. I use the 

relative position of each response in the total sequence of managerial responses during 

the Q&A as the X-axis (i.e., 0% corresponds to the beginning and 100% corresponds to 
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the ending of the Q&A). I find that managerial tone deteriorates (i.e., becomes more 

negative) as the call progresses and then improves sharply near the end of the call (i.e., a 

“hockey stick” pattern). This tone improvement is significant statistically and 

economically. Thus, the improvement in managerial tone near the end of the call shows 

that, on average, managers end conference calls on a high note.  
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Figure 1 

Average Managerial Tone during Q&A Session by Progress Percentage 

Panel A. Average managerial tone   

 

 

Panel B. Average managerial tone with call-specific fixed effects  

 
Figure 1 Panel A plots the average managerial tone against the progress percentage of the 

earnings call, and Figure 1 Panel B plots the residual managerial tone against the progress 

percentage of the earnings call. The dotted lines represent the linear fitted line. 

Managerial tone is calculated as the difference between positive and negative word count 

divided by the total number of words and the residual managerial tone is the residual after 

controlling for firm * year * quarter fixed effects to tease out intra-call variation. The 

progress percentage is calculated as the answer sequence number divided by the total 

number of managers’ answers in the Q&A session.  
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Managers can end on a high note to communicate private positive information or 

to mask poor performance, and investors may correctly interpret the more positive ending 

of the calls or be misled by it, at least temporarily. To better understand the phenomenon 

of ending on a high note, I examine how it relates to firm performance and how investors 

and analysts react to it. First, I find that ending on a high note is negatively associated 

with current and future firm performance. This result suggests that managers end on a 

high note to mask negative information about future performance, thereby attempting to 

mislead investors. 

Second, I find that ending on a high note is associated with significantly lower 

market-adjusted stock return during the three-day window around the earnings call, 

followed by an insignificant return in the following 29 days. These results suggest that 

investors view managers’ ending on a high note as a negative signal and fully incorporate 

this negative information at the time of the earnings call. I also examine how analysts 

respond to managers’ ending on a high note. I use three measures of analyst forecast 

revisions following the earnings calls (i.e., the proportion of upward forecast revisions, 

the proportion of downward forecast revisions, and the average amount of forecast 

revision) and find consistent results for each. I find that analysts, on average, make 

downward revisions to their earnings forecasts for the subsequent quarter within 20 days 

after the earnings call. Moreover, ending on a high note is not associated with unexpected 

earnings relative to the analyst consensus forecast in the subsequent quarter, potentially 

because analysts fully adjust their forecast to incorporate the negative information by the 
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end of the subsequent quarter. Thus, like investors, analysts respond negatively to 

managers’ ending on a high note.1  

This dissertation makes two contributions. First, this dissertation extends the 

literature on linguistic tone by examining whether managerial tone varies systematically 

within the Q&A session, and how this variation affects investors’ and analysts’ reactions. 

Cheng et al. (2020) examine the order of positive and negative information disclosed in 

earnings press releases with an assumption that prioritizing information via ordering is a 

way to emphasize information. I extend Cheng et al. (2020) in this dissertation by 

examining managers’ ending on a high note as another way to emphasize information and 

influence shareholders.   

Second, this dissertation extends the prior small-sample experimental research on 

the recency effect in non-market settings to a major large-sample empirical setting in the 

business world. It is important to complement prior experimental research with large-

sample archival studies for several reasons. Experimental results largely depend on the 

design or the setting of the experiments (Andersen, Ertaç, Gneezy, Hoffman, & List, 

2011; Smith, 2003) and the sample of subjects (Henrich, Heine, & Norenzayan, 2010). 

Therefore, it is an unanswered question whether prior experimental findings are 

representative of real-life situations in the business world. In addition, large-sample 

archival analysis can also speak to the magnitude of the total impact in real life and, thus, 

provide more insights to managers and investors.  

                                                 
1 Despite these negative reactions from investors and analysts, managers might still want 

to end on a high note to influence the perceptions of less experienced stakeholders, who 

tend to be more susceptible to the recency effect (Hogarth & Einhorn, 1992).   
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I review the literature and develop the hypotheses in Chapter 2, describe the data 

and methodology in Chapter 3, discuss the main results in Chapter 4, present additional 

analyses in Chapter 5, and conclude in Chapter 6. 
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CHAPTER 2 

THEORETICAL DEVELOPMENT  

 

2.1 Recency Effect  

People place more emphasis on more recent items in a sequence (Murdock, 1962);  

the psychology literature calls this phenomenon the recency effect. The recency effect 

significantly affects individuals’ memory and behavior when evaluating food (Garbinsky, 

Morewedge, & Shiv, 2014), medical procedures (Redelmeier & Kahneman, 1996), and 

vacations (Wirtz, Kruger, Scollon, & Diener, 2003). More broadly, psychologists find 

that people emphasize the peak and end when evaluating an experience, where the end is 

prominent because it is still fresh in memory when the recall is solicited (Ebbinghaus, 

1913; Murdock, 1962). For example, Kahneman et al. (1993) ask subjects to place their 

hands in cold water twice: a short episode of 60 seconds in 57.2°F (14°C) water, and a 

long episode of 60 seconds in 57.2°F water and an additional 30 seconds in 59°F (15°C) 

water. Notably, they find that 80% of the subjects preferred the long episode, which was 

more unpleasant overall but ended less unpleasantly than the short episode.2 

Both short-term and long-term recency effects are observed (Bjork & Whitten, 

1974; Murdock, 1962). Earlier literature on the sources of short-term recency effects 

                                                 
2 Another example is the effect on children’s learning assessments (Hoogerheide, Vink, 

Finn, Raes, & Paas, 2018). Two versions of peer assessments are given to student subjects: 

1) a short version of positive (or negative) assessments and 2) an extended version with an 

additional less positive (or less negative) rating at the end. For positive assessment, students 

remember the extended version as less pleasurable and more difficult to deal with than the 

short version. In contrast, for negative assessments, students deem the extended version 

more pleasurable than the short version.  
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attributes it to primary memory, a short-term memory buffer system, because of evidence 

such as dissociations due to amnesia (Carlesimo, Marfia, Loasses, & Caltagirone, 1996) 

and negative recency effect (Craik, 1970). Since this primary memory theory is not 

adequate to account for the long-term recency effect, later work assumes that item 

retrieval from memory is cued by both the item itself and the context and argues for 

contextual variability theory. According to contextual variability theory, the last few 

items have more similar encoding contexts to the test context and are more likely to be 

retrieved or recalled despite the retention interval (i.e., the period after the event) 

(Howard & Kahana, 1999). Recent studies rely on both primary memory theory and 

contextual variability theory with the former explaining short-term recency and the latter 

explaining long-term recency (Davelaar, Goshen-Gottstein, Ashkenazi, Haarmann, & 

Usher, 2005).   

Experimental research in accounting finds that auditors, tax professionals, and 

investors are also subject to the recency effect (Ashton & Ashton, 1988; Kahle, Pinsker, 

& Pennington, 2005; Kennedy, 1993). Much of this research builds upon the theoretical 

work on belief revision in the psychology literature. Hogarth and Einhorn (1992) develop 

the belief-adjustment model, which incorporates sequential anchoring and assumes that 

individuals anchor on a belief and then adjust it based on new evidence. Unlike Bayesian 

learning models (Dempster, 1968), the belief-adjustment model predicts that belief 

revision is influenced by the order of different pieces of information and the initial value 

of the anchor.3 Asset market experiments show that stock valuations are higher when 

                                                 
3  Kahle et al. (2005) extensively review the belief-adjustment model, the moderating 

factors that influence model predictions, and empirical evidence for and against the model.   
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good news is presented after bad news than when the same information is presented in 

the reverse order, suggesting that more recent evidence is weighted more highly (Daigle, 

Pinsker, & Pitre, 2015; Tuttle, Coller, & Burton, 1997).  

Because the recency effect can significantly affect human behavior, many 

handbooks for writing, teaching, job interviews, litigation, public speaking, and social 

situations prescribe ending on a high note to improve the recipients’ assessment of the 

whole experience (e.g., Caroselli, 1998; Maier & Panitz, 1996; Looney, 2018; McKay & 

McKay, 2020; Metler, 2019; Williams, 2019). Similarly, managers are advised to end on 

a high note in their interactions with customers and investors (“The CEO guide to 

customer experience,” 2016). Following Goffman (1959), I interpret impression 

management as managers’ efforts to improve various stakeholders’ perceptions. These 

efforts can be substantive and/or symbolic (Merkl-Davies & Brennan, 2011). Substantive 

management entails providing credible information to raise stakeholders’ evaluation of 

the firm. By contrast, symbolic management entails presenting an image of a firm that is 

more positive than its actual state to opportunistically bias stakeholders’ evaluations.  

2.2 Linguistic Tone 

A rich body in accounting and finance research examines the qualitative 

information in financial narratives, particularly the sentiment or linguistic tone. Early 

papers show the incremental information content of linguistic tone by documenting 

significant associations between the linguistic tone of various narratives and financial 

variables, such as the tone of earnings announcements and earnings announcement returns 

(Henry, 2008), the tone of news stories and firms’ future earnings and future stock returns 

(Tetlock, 2007), and the tone of 10-Ks and 10-K filing returns (Loughran & McDonald, 
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2011). In essence, tone represents both the underlying facts and managers’ objective and 

subjective assessments of the underlying facts that can convey incremental information 

about current performance relative to expectations and expected future performance 

(Henry & Leone, 2016).  

Most papers study the information content of the average tone of a single document 

(e.g., Davis, Piger, & Sedor, 2012; Hanley & Hoberg, 2010; Rogers, Van Buskirk, & 

Zechman, 2011) or multiple documents (e.g., Jiang, Lee, Martin, & Zhou, 2019; Kothari, 

Li, & Short, 2009). Some papers examine the statistical variation of tone within a document 

or across documents. Allen and DeAngelis (2015) examine the extent to which tone spreads 

across a document (i.e., tone dispersion) and find its association with firm performance, 

financial reporting choices, and managerial incentives. Campbell, Lee, Lu, and Steele 

(2020) find that managerial tone volatility across four disclosures transparently reflects 

firm operating risks. Recent work starts to investigate the order of information within a 

single document. Cheng et al. (2020) find that investors react more strongly to the net tone 

of the early section of the earnings announcement than the net tone of the later section. 

This dissertation extends this line of inquiry by investigating managerial relative tone at 

the very end of earnings conference calls.  

2.3 Corporate Conference Calls  

Over the past two decades, earnings conference calls have become an established 

voluntary disclosure medium that provides significant incremental information (e.g., 

Bochkay, Hales, & Chava, 2019; Bowen, Davis, & Matsumoto, 2002; Brown, Hillegeist, 
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& Lo, 2004; Frankel, Johnson, & Skinner, 1999; Tasker, 1998).4 Since the promulgation 

of Regulation Fair Disclosure (Reg FD) in 2000, earnings calls have been open to the 

public. Broadcasts and transcripts of earnings calls are generally used by existing and 

potential investors, firm competitors, and stakeholders such as suppliers and strategic 

partners (Heinrichs, Park, & Soltes, 2019).  

Earnings calls, being spoken and less formal disclosures, provide greater and 

broader information content than the preceding or accompanying earnings press releases 

(Kimbrough, 2005; Matsumoto, Pronk, & Roelofsen, 2011). Managers’ vocal cues in this 

spoken disclosure provide additional information to investors (Mayew & Venkatachalam, 

2012). Moreover, managers may be more willing to provide additional information due to 

the reduced legal liability in this less formal setting (Frankel et al., 1999).  

Earnings calls generally begin with a generic safe harbor statement followed by a 

scripted managerial presentation and an unscripted Q&A session (Frankel et al., 1999).  

Because the Q&A session is interactive, managers may disclose additional data that they 

would otherwise prefer not to, making the Q&A session the most informative part of an 

earnings call (Matsumoto et al., 2011).  

Extensive research shows that the market processes not only what managers say 

but also how they say it during earnings calls (e.g., linguistic tone). 5 The market reacts to 

                                                 
4 Firms tend to hold earnings calls regularly following the first call. Occasionally some 

firms cancel earnings calls, accounting for approximately 7% of the firm-quarter 

observations in my earnings call sample. Anecdotal evidence suggests that cancellations 

result from forthcoming announcements of events such as merger and acquisition. My 

empirical analysis shows that cancellation firm-quarters have lower market value and 

similar profitability to uncancelled firm-quarters.  
5 I focus on linguistic tone because I view the change in linguistic tone as one popular way 

that managers end on a high note. I recognize that managers can leave a good last 

impression using alternative methods. However, linguistic tone likely varies with other 
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managers’ linguistic tone (Price, Doran, Peterson, & Bliss, 2012), analysts’ tone (Milian 

& Smith 2017; Chen, Nagar, & Schoenfeld 2018), extreme language (Bochkay et al., 

2019), abnormal tone (defined as the difference between the tone of presentation and 

Q&A; Blau, DeLisle, & Price 2015), and tone dispersion (defined as the degree to which 

tone varies during managers’ presentation; Allee & Deangelis 2015). 

Linguistic tone varies systematically within a conference call. Chen, Nagar, and 

Schoenfeld (2018) find that managers’ tone becomes more negative over the course of a 

call. This phenomenon has several potential explanations. First, participants’ mood may 

deteriorate during an earnings call because of energy depletion (Chen, Demers, & Lev, 

2018; Danziger, Levav, & Avnaim-Pesso, 2011). Second, managers may attempt to 

create a good first impression by going off on a tangent early to reveal good news or 

inviting bullish analysts to ask questions earlier in the call, ensuring that good news is 

discussed first (Cohen, Lou, & Malloy, 2020). Studies show that people recall the last 

few items the best (i.e., the recency effect) and recall the first few items the second-best. 

The latter phenomenon, known as the primacy effect, suggests that good first impressions 

could also improve overall firm evaluations (e.g., Murdock, 1962), especially for call 

participants who do not stay until the end.  

2.4 Recency Effect, Conference Calls, and Market Reactions  

Ending a conference call in a more positive tone (i.e., ending on a high note) 

leaves a good last impression and, thus, makes a better overall impression on the firm’s 

audience. Guided by investor relations officers, managers are likely aware of the benefits 

                                                 

non-verbal communication such as vocal traits, and it is more challenging to conceptualize 

and operationalize measures of ending on a high note based on other communication 

features.  
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of ending on a high note (Brown, Call, Clement, & Sharp 2019; Bamber & Abraham 

2020). By cultivating a more positive impression of firm performance, managers can 

improve their interactions with investors and other stakeholders who are interested in 

firm performance, such as suppliers and strategic partners (Bowen, DuCharme, & Shores, 

1995; Burgstahler & Chuk, 2017; Burgstahler & Dichev, 1997; Holthausen & Watts, 

2001; Hui, Klasa, & Yeung, 2012; Matsumoto, 2002).  

There are several ways to deliver a more positive ending. Prior research finds that 

managers often try to control the information flow in the Q&A by calling upon more 

bullish analysts (Cohen et al., 2020; Mayew, 2008), refusing to answer some questions, 

such as those related to proprietary information of firm-specific business and financials 

(Hollander, Pronk, & Roelofsen, 2010), sticking to scripted responses to anticipated 

questions (Lee, 2016), and introducing information that is not being asked about (Bamber 

& Abraham, 2020). Therefore, to deliver a more positive ending, managers could put a 

more positive spin on their answers to the last few questions, invite optimistic analysts to 

ask questions near the end of the Q&A session, and/or divert to a topic that is not being 

asked with more positive news. 

However, ending on a high note can be costly. It requires managerial effort and 

willpower to wait until the end of the call to disclose good news or to use an upbeat tone 

when communicating mediocre news near the end of the call, especially during long 

earnings calls with intense pressure from analysts (Baumeister, Vohs, & Tice, 2007). 

Moreover, if a manager goes on a tangent to avoid directly answering analysts’ questions, 

then investors may interpret the manager’s tangential answers as an attempt to withhold 

news or the inability to understand the analysts’ questions. In this case, both the manager 
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and the firm could incur reputational costs. In addition, while litigation concerns are 

generally small for firm disclosures made in earnings calls, the unusually positive 

language at the end compared to at the middle may still increase litigation risks (Rogers 

et al., 2011).  

Because ending on a high note is conventional wisdom, I expect that, on average, 

managers will end earnings calls on a high note. Furthermore, a manager might follow 

this conventional wisdom even if she does not believe in it herself because market 

participants who subscribe to the conventional wisdom may penalize managers who 

deviate from it (Stein, 1988).6  

Prediction 1: Managers, on average, end earnings calls on a high note.  

I next explore under what circumstances managers are more likely to end on a 

high note and how investors and analysts react to this practice. I consider two potential 

scenarios and develop the predictions for firm performance and investor reactions in each 

scenario. Table 1 summarizes these predictions.   

Table 1. Summary of the Empirical Predictions on Firm Performance and Market 

Reactions 

 Managers’ intentions 

 Inform through tone Mislead through tone 

Current performance - or 0 - 

Future performance + - 

Investors’ reactions Trust Trust Distrust 

Short-term abnormal stock return + +  - 

Long-term abnormal stock return + or 0 - - or 0 

This table presents the predicted association between ending on a high tone and current 

performance, future performance, short-term and long-term abnormal stock returns in two 

scenarios: “inform through tone” and “mislead through tone.” 

                                                 
6 Managers might sometimes try to dial down expectations (Darrough & Russell, 2002) 

and end on a low note.  
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First, I consider a scenario in which managers end on a high note to convey 

positive private information (henceforth, the “inform through tone” scenario). Conveying 

information about positive prospects would raise the firm’s stock price and the value of 

managers’ option grants (Kothari, Shu, & Wysocki, 2009). Although managers can 

directly communicate their private information, they may prefer to indirectly signal this 

information by ending on a high note to avoid the proprietary costs of disclosing the 

underlying details (Healy & Palepu, 2001).7 Moreover, given the risk of job loss 

accompanying poor performance, managers who perform poorly in the current period 

have greater incentives to disclose positive private information in their answers. 

Managers with bad news about future performance are unlikely to mimic this behavior 

due to reputational costs and litigation risk. Thus, ending on a high note can be a credible 

positive signal of the firm’s future performance (Skinner, 1994). Therefore, in the 

“inform through tone” scenario, I predict a negative association between ending on a high 

note and current performance and a positive association between ending on a high note 

and future performance.  

If market participants react to the more positive tone near the end of an earnings 

call and view it as a credible positive signal, then ending on a high note will raise 

investors’ perception of firm value, and the firm’s stock price will move up after the 

earnings call. Moreover, there could be an upward drift in stock prices in the weeks 

following the call if investors do not fully process the information behind the managers’ 

                                                 
7 If managers directly disclose their favorable private information near the end of a call, 

then this will also manifest as a tone improvement near the end of a call. Thus, my measure 

of ending on a high note can capture both indirect signaling through tone and direct 

disclosure of favorable information.   
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tone right after the earnings call. Prior literature show that investor under-react to 

earnings announcements, evidenced by post earnings announcement drift (e.g., Ball & 

Bartov, 1996; Ball & Brown, 1968; Bernard & Thomas, 1990; Bernard & Thomas, 1989; 

Bernard, Thomas, & Wahlen, 1997). 

Predictions 2A–5A: Under the “inform through tone” scenario, ending on a high 

note is associated with 

(2A) lower current performance, 

(3A) higher future performance, 

(4A) positive short-term market reaction, 

(5A) zero or positive long-term market reaction. 

An alternative scenario is that managers end on a high note to mask bad current 

and/or future performance (henceforth, the “mislead through tone” scenario). There are 

two potential explanations for managers engaging in such behavior. First, a more positive 

ending helps mask already released bad news by exploiting the recency effect. Second, 

when the last few questions touch upon managers’ negative private information, 

managers can avoid fully disclosing this negative information by steering their answers 

toward tangential positive information. Therefore, in the “mislead through tone” scenario, 

I predict that managers are more likely to end the earnings call on a high note when they 

have information about negative current and/or future performance.  

The market could react in two ways. On the one hand, investors’ judgment may 

be influenced by the recency effect. Behavioral finance literature suggests that market 

participants can be influenced by psychological and physiological factors such as 

seasonal affective disorder and diurnal variations (Chen, Demers, & Lev, 2018; Kamstra, 
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Kramer, & Levi, 2003). If investors’ judgment is influenced by the recency effect, then 

the market will be misled by the more positive tone and there will be a positive reaction 

in the short term. In the long term, I expect a delayed negative reaction as the market 

corrects itself.  

On the other hand, frequent market participants, especially sophisticated investors 

and analysts, are well-trained, and their actions usually involve significant rewards and 

penalties. They may be aware of how the recency effect could cloud their judgment and 

infer the negative information concealed behind the positive tone. In efficient markets, 

this group of professionals should incorporate the inferred negative information into 

firms’ stock prices soon after earnings calls (Fama, 1991). In this case, market 

participants will react negatively to ending on a high note and stock prices will likely fall. 

Predictions 2B-5B: Under the “mislead through tone” scenario, ending on a high 

note is associated with 

(2B) lower current performance, 

(3B) lower future performance, 

(4B) short-term market reaction that is positive if the investors are fooled and is 

negative if the investors are not fooled, 

(5B) long-term market reaction that is negative if the investors are fooled initially 

and is zero or negative if the investors are not fooled. 

Even if the market reacts negatively, managers might have an incentive to end on 

a high note for other reasons. One reason could be career concerns, especially termination 

due to poor performance. Facing potential termination in the near term, managers with 

poor performance may opportunistically end on a high note to impress the board of 
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directors while ignoring potential long-term reputation costs for the firm. Another reason 

could be contracting with stakeholders. Managers with poor performance history may 

have a harder time sustaining contracts with stakeholders such as suppliers and 

customers, who judge a firm’s financial performance when making contracting decisions. 

These stakeholders are less experienced than investors in evaluating a firm’s financial 

situation (Bowen et al., 1995; Burgstahler & Chuk, 2017; Burgstahler & Dichev, 1997; 

Matsumoto, 2002). Therefore, they are more likely to be influenced by the tone at the end 

of the conference call than professional investors and analysts, as they have fewer 

resources to process the available information. Additionally, the psychology literature 

predicts that inexperienced individuals are subject to a greater recency effect (Hogarth & 

Einhorn, 1992). The third potential explanation is the rational expectations model 

(Shivakumar, 2000; Stein, 1988). In this model, managers’ ending on a high note is a 

rational response to anticipated market behavior. Since firms cannot credibly signal the 

absence of tone management, investors discount the stock prices of firms that end on a 

high note. 
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CHAPTER 3 

SAMPLE SELECTION AND RESEARCH DESIGN 

 

3.1 Sample Construction 

I collect earnings call transcripts from the FactSet Events database for U.S. firms 

from January 2003 to March 2018. I use Python to separate each earnings call into the 

managerial presentation, analysts’ questions, and managers’ answers. I exclude the calls 

for which these three parts cannot be reliably separated because some calls do not contain 

a Q&A session or the transcript uses inconsistent formatting. Moreover, I restrict the 

sample to calls during which managers answer at least 10 analysts’ questions to construct 

a measure for ending on a high note as detailed in Chapter 3.2. I use firm ticker to merge 

the earnings call sample with annual and quarterly data from Compustat, CRSP, and 

I/B/E/S, and exclude financial firms. I then drop observations with missing financial data 

and those with a stock price smaller than one dollar. The final sample comprises 57,372 

firm-quarter observations. Table 2 summarizes the detailed impact of each sample 

construction criterion. Overall, these sample construction criteria eliminate smaller and 

loss firms, similar to the findings for IBES samples relative to Compustat samples.   
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Table 2. Sample Selection 

Source/Filter 

Number of 

observations 

Average 

Ln(MV) 

Average 

ROA 

Earnings call transcripts provided by FactSet 

from January 2003 to March 2018 

159,913   

Less:    

Unmatched observations with Compustat using 

Ticker 

(14,013) 7.002 -0.002 

Transcripts that cannot be reliably separated 

into managerial presentation, analysts’ 

questions, and managers’ answers 

(6,766) 7.067 -0.001 

Calls during which managers answer less than 

10 analysts’ questions 

(12,524) 7.179 0.001 

Missing Compustat quarterly, annual, or 

segment data 

(31,020) 7.184 0.002 

Missing CRSP data (9,683) 7.210 0.002 

Missing IBES data (12,638) 7.489 0.005 

Missing institutional ownership data  (13,007) 7.507 0.007 

Financial firms (1,719) 7.489 0.007 

Observations with stock price smaller than $1 (88) 7.495 0.007 

Less than four conference calls per firm (1,083) 7.496 0.008 

Main firm-year sample 57,372 7.496 0.008 

This table presents the detailed impact of each sample selection criterion on the sample 

size, average firm size, and average profitability.   

3.2 Empirical Measure of Ending on a High Note 

I examine the answers of all managers during the Q&A session to capture 

managers’ collective effort. I exclude answers that contain fewer than five words to 

eliminate generic answers such as “Yeah” and “Thank you”. On average, managers in my 

sample answer 33 questions and speak 96 words per answer. 

I measure linguistic tone using the bag-of-words approach.8 I calculate managerial 

tone as the difference between the number of positive keywords and negative keywords 

                                                 
8 The bag-of-words approach is one of the most established textual analysis methods in the 

accounting and finance literature (Loughran & McDonald, 2016). It assumes that each 

document is a bag of words and ignores the information conveyed through the word 

sequence. 
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scaled by the total number of words and multiplied by 100. To reduce the potential bias 

introduced by the generic linguistic tone dictionary, I use the Loughran and McDonald 

(2011) finance-oriented dictionary. For the earnings call setting, I further exclude the 

words “question”, “questions”, “disclaimer”, and “disclosed” from the negative keyword 

list. I also do not count “good” if followed by “morning”, “afternoon”, “evening”, “day”, 

or “luck”; “effective” if followed by “income”, “tax”, or “rate”; “efficiency” if followed 

by “ratio”; “closing” if followed by “remark”; “force” if preceded by “sales”; “greater” if 

followed by “detail”; and “problem” if preceded by “no”.9 I also add a negation check as 

suggested by Loughran and McDonald (2011).10  

3.3 Tests for Current Performance 

I test the predictions for current performance by modeling the relative ending tone 

as a function of current earnings performance and control variables: 

𝐸𝑛𝑑𝐷𝑖𝑓𝑓𝑡 = 𝛼0 + 𝛼1𝐷𝑒𝑙𝑡𝑎𝐸𝑃𝑆𝑡 + 𝛼2𝐷𝑒𝑙𝑡𝑎𝐸𝑃𝑆_𝐼𝐵𝐸𝑆𝑡 +

∑ 𝜋𝑖𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖,𝑡 + 𝜖𝑡  
(1) 

where EndDiff is the relative ending tone as detailed in Chapter 3.2; DeltaEPS is 

the earnings growth relative to quarter t-4 earnings; DeltaEPS_IBES is the unexpected 

earnings relative to the analyst consensus forecast. These two performance measures 

capture the firm performance relative to prior earnings and analyst consensus forecast, 

                                                 
9 I use Python scripts to count the most common 10,000 bigrams (i.e., two-word phrases) 

in all the transcripts in the earnings call sample that contain positive and negative keywords. 

I manually check each bigram and identify these above-mentioned occurrences when 

positive or negative keywords in the dictionary do not represent tone.  
10 Any occurrence of negation words (e.g., isn’t, not, never) within three words preceding 

a positive word will flip that positive word into a negative one. Negation check only applies 

to positive words because Loughran and McDonald (2011) suggest that double negation 

(i.e., a negation word precedes a negative word) is not common. I acknowledge the Python 

scripts by Kai Chen at http://kaichen.work/?p=399 for negation check. 

http://kaichen.work/?p=399


23 

 

respectively, and DeltaEPS_IBES is more important in this setting. Prior research 

documents that analyst consensus forecast is the most important earnings benchmark 

because investors unambiguously reward firms for meeting or beating this benchmark (L. 

D. Brown & Caylor, 2005; Graham, Harvey, & Rajgopal, 2005). Both Predictions 2A and 

2B anticipate negative signs for 𝛼1 and 𝛼2. That is, negative current performance is 

associated with ending on a high note. 

I control for the following call characteristics. First, I include the standard 

deviation of tone across all managers’ answers within a call (AtoneSD), as greater overall 

variation in managerial tone within a call may be mechanically associated with a greater 

difference between tone at the end and in the middle. Similarly, drawing on Chen, Nagar, 

and Schoenfeld’s (2018) finding of a downward drift in tone, I control for the difference 

in tone between the beginning 10% of answers and the middle 10% of answers 

(BeginDiff). Moreover, I use the average tone in the presentation session (Ptone_avg) and 

the average tone in the Q&A session (Atone_avg) to capture the information disclosed in 

the earnings calls. To capture the potential managerial style, culture, or incentives to end 

on a high note, I add the relative ending tone in the presentation session (PendDiff). In 

addition, I control for an indicator variable that reflects whether the firm has a dedicated 

investor relations officer (IR). The next indicator variable (Guidance) is equal to 1 if 

managers issue earnings guidance on the same day as the earnings call, and 0 otherwise 

(Billings, Jennings, & Lev, 2015). I also include a categorical variable (GuidSurp) for the 

sign of the surprise in the earnings guidance relative to the consensus analyst forecasts. 

The hour (Hour) of the earnings call is included because call participants’ energy level, 

mood, and tone can be related to the timing of the call (Chen, Demers, & Lev, 2018). 
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Because the length of the earnings call also affects managers’ and analysts’ energy levels, 

I include the logarithm of the number of total words (Ln(Length)).   

I control for several firm characteristics. I control for firm size (Ln(mktvl)), book-

to-market ratio (BtM), financial condition (Altman_Z), accruals (Accrual), and leverage 

(Lev). I add current return on assets (ROA) as an additional performance measure for 

completeness. I include stock return volatility (RetSD) and analyst forecast dispersion 

before the earnings call (FcastSD) as proxies for the firm’s underlying uncertainty, and 

the number of geographical segments (Ngeo) and the number of business segments 

(Nbus) as proxies for business complexity. I also include the number of analysts 

(Coverage) and institutional ownership (Instown) to examine the influence of information 

demand. Year, quarter, and firm fixed effects are included. Appendix A provides formal 

variable definitions. All continuous variables are winsorized at the 1st and 99th 

percentiles. Here and throughout, I cluster standard errors by firm to account for temporal 

dependence. 

3.4 Tests for Future Performance 

I next investigate whether the relative ending tone is associated with future 

performance by estimating the following multiple regression: 

𝑃𝑒𝑟𝑓𝑜𝑟𝑚𝑎𝑛𝑐𝑒𝑡+1 = 𝛽0 + 𝛽1𝐸𝑛𝑑𝐷𝑖𝑓𝑓𝑡 + ∑ 𝜌𝑖𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖,𝑡 + 𝜖𝑡  (2) 

The dependent variable is the seasonally adjusted earnings growth (DeltaEPS) or 

the unexpected earnings relative to the analyst consensus forecast (DeltaEPS_IBES) in 

quarter t+1. Controls include DeltaEPS and DeltaEPS_IBES in quarter t as well as 

control variables used in Equation (1). I expect a positive 𝛽1 under Prediction 3A 
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(“inform through tone” scenario) and a negative 𝛽1 under Prediction 3B (“mislead 

through tone” scenario).11  

3.5 Tests for Market Reactions 

To test the predicted market reactions, I regress cumulative buy-and-hold 

abnormal return (CAR) on the relative ending tone: 

𝐶𝐴𝑅𝑡  = 𝛾0 + 𝛾1𝐸𝑛𝑑𝐷𝑖𝑓𝑓𝑡 + ∑ 𝜎𝑖𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖,𝑡 + 𝜖𝑡  (3) 

I capture the average change in investors’ perceptions of firm value using CAR, 

which is defined as the market-adjusted cumulative abnormal stock returns over the 

window [-1, 1] (or the window [2, 30]) surrounding the earnings call date. The control 

variables are the same as those used in Equation (2).  

In the “inform through tone” scenario, Prediction 4A implies a positive 𝛾1 for the 

short-term abnormal stock return (CAR [-1, 1]), because return incorporates the positive 

information conveyed through ending on a high note. Prediction 5A implies a zero or 

positive 𝛾1 for the long-term abnormal stock return (CAR [2, 30]), depending on whether 

investors fully incorporate the information immediately after the earnings call.  

Under the “mislead through tone” scenario, there are two possibilities. If investors 

are initially misled by ending on a high note and then correct themselves, then 

Predictions 4B and 5B imply a positive 𝛾1 for CAR [-1, 1] and a negative 𝛾1 for CAR [2, 

30], respectively. In contrast, if investors are not misled and they correctly back out the 

                                                 
11 I examine EndDiff in quarter t as an explanatory variable and Performance in quarter t+1 

as an explained variable in Equation (2) based on their timing. The results on the 

association between EndDiff and future performance are robust to a reverse model where 

EndDiff is the explained variable as detailed in Chapter 4.2.  
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negative information behind the positive tone, then Predictions 4B and 5B imply a 

negative 𝛾1 for CAR [-1, 1] and a zero or negative 𝛾1 for CAR [2, 30].12 

  

                                                 
12 If the investors react quickly, then I expect a negative 𝛾1 only for CAR [-1, 1]. If they 

react slowly, then I expect a negative 𝛾1 for both CAR [-1, 1] and CAR [2, 30]. 
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CHAPTER 4 

RESULTS 

 

4.1 Descriptive Statistics 

Table 3 Panel A summarizes the descriptive statistics of managerial tone for each 

answer. The mean of the main answer-level managerial tone variable used in this 

dissertation is 0.49, indicating that managers on average use more positive than negative 

words in earnings calls (Bochkay et al., 2019; Price et al., 2012).   

 

Table 3. Descriptive Statistics for Managerial Tone at the Answer Level  

Steps in constructing managerial tone 

variable N Mean S.D. P25 P50 P75 

Scaled differences between positive and 

negative words 

  

2,642,517 1.637 8.169 0.000 0.000 0.901 

Excluding any answers with less than 5 

words 

 

1,922,806 0.252 2.538 0.000 0.000 1.205 

Removing additional keywords from 

the dictionary 

 

1,922,806 0.547 2.004 0.000 0.000 1.304 

Adding negation check 1,922,806 0.493 2.013 0.000 0.000 1.235 

 

Figures 1 and 2 illustrate how managerial tone evolves over the course of the 

Q&A session. Panel A in Figure 1 plots the managerial linguistic tone within a call vs. 

the percentage progress. The X-axis indicates the progress percentage calculated as the 

answer sequence number divided by the total number of managers’ answers in the Q&A 
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session.13 The average managerial tone is positive throughout the Q&A session. It starts 

at 0.53, goes down to a minimum of 0.45 when the Q&A part is 90% done, and jumps up 

to 0.58 at the end. The sharp increase in managerial tone at the end is sizable and 

amounts to approximately 24% of the standard deviation of the average managerial tone 

across earnings calls. Note that this sharp increase in managerial tone at the end of the 

earnings call persists in Figure 1 Panel B, which plots the residual managerial tone within 

a call after adjusting for firm * year * quarter fixed effects.  

Prior research plots the managerial tone vs. the chronological order of the answers 

(i.e., the answer sequence number without scaling by the total number of managers’ 

answers) and finds a downward drift in tone throughout the Q&A session (Chen, Nagar, 

& Schoenfeld, 2018). To reconcile my results in Figure 1 with this prior research, I plot 

the managerial linguistic tone over the course of a call vs. the answer sequence number in 

Figure 2. I separately plot the average tone across all answers, the average tone across all 

answers that are not made within the ending 10% of the Q&A session (e.g., answer No. 

37 out of 62), and the average tone across all answers that are made within the ending 

10% of the Q&A session (e.g., answer No. 37 out of 40). Across all three lines in Figure 

2, I observe a downward drift. More importantly, the line for the average tone across all 

answers that are made within the ending 10% is consistently higher than the other two 

lines, suggesting that managers are more likely to use positive words near the end of 

earnings calls. Taken together, it shows that plotting the tone vs. the answer sequence 

number ignores the trend of managerial tone near the end of the earnings call because the 

                                                 
13  For example, answer No. 37 out of a total sequence of 62 managerial answers 

corresponds to a value of approximately 60% on the X-axis (37/62=0.597).     



29 

 

total number of managers’ answers varies across calls. For example, the 37th answer has a 

higher tone on average when it is near the end of the call than when it is in the middle. 

 

Figure 2  

Average Managerial Tone during Q&A Session by Answer Number 

 

This figure plots the average managerial tone against the answer sequence number. The 

Y-axis indicates managerial tone, calculated as the difference between positive and 

negative word count divided by the total number of words. The X-axis indicates the 

answer sequence number based on the chronological order of the answers made by 

managers. Sequence numbers that have fewer than 1,000 call observations are excluded.  

 

In addition to the graphical presentation, I report the descriptive statistics for the 

measure of the relative ending tone in Table 4. The mean of EndDiff is 0.04, and an 

untabulated test shows that the mean is significantly different from zero at the one 

percent level, suggesting that managers on average end on a high note for earnings 
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calls.14 Overall, both the graphical evidence and these descriptive statistics are consistent 

with Prediction 1. Table 4 also reports the descriptive statistics for firm characteristics. 

Compared to the CRSP/Compustat/IBES/Thomson universe, my sample firms are larger 

and more profitable. These firms also have smaller analyst forecast dispersion, greater 

analyst coverage, and larger institutional ownership (two-tailed p-value <0.01).   

  

  

                                                 
14 The median of EndDiff is zero, likely because most of the words in the text are classified 

as neutral and, thus, managerial tone in many 10% intervals is zero.  
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Table 4. Descriptive Statistics for All Variables at the Firm-quarter Level 

VARIABLES Mean S.D. P25 P50 P75 

DeltaEPS 0.251 3.523 -0.393 0.123 0.614 

DeltaEPS_IBES 0.046 0.674 -0.032 0.046 0.192 

CAR [-1,1] 0.003 0.083 -0.041 0.002 0.048 

CAR [2,30] 0.002 0.111 -0.058 0.000 0.057 

PropUp 0.195 0.265 0.000 0.063 0.333 

PropDown 0.320 0.315 0.000 0.250 0.500 

AmountRev -0.070 0.290 -0.072 -0.005 0.010 

EndDiff 0.039 1.417 -0.875 0.000 0.927 

AtoneSD 2.111 0.857 1.497 1.948 2.569 

BeginDiff 0.030 1.405 -0.854 0.000 0.898 

Ln(Length) 8.359 0.425 8.108 8.418 8.662 

IR 0.533 0.499 0 1 1 

Hour 12.115 3.369 9 11 16 

Guidance 0.165 0.371 0 0 0 

GuidSurp -0.028 0.276 0 0 0 

Ln(MV) 7.496 1.546 6.372 7.368 8.500 

BtM 0.456 0.333 0.233 0.388 0.609 

ROA 0.008 0.034 0.003 0.012 0.023 

Altman_Z 3.862 4.440 1.520 2.606 4.475 

Accrual -0.016 0.036 -0.030 -0.014 0.000 

Lev 0.302 0.285 0.022 0.268 0.465 

RetSD 0.024 0.013 0.015 0.021 0.030 

Ngeo 1.257 0.514 0.693 1.099 1.609 

Nbus 1.101 0.467 0.693 0.693 1.609 

FcastSD 0.035 0.042 0.010 0.020 0.040 

Coverage 10.618 6.873 5 9 14 

Instown 0.792 0.195 0.683 0.826 0.926 

This table presents the summary statistics for the main sample of 57,372 firm-quarter level 

observations after aggregating across all relevant answers. 
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4.2 Results for Current Performance  

Table 5 presents the results of estimating the relation between current 

performance and the relative ending tone of the earnings call (Equation (1)). Consistent 

with Predictions 2A and 2B, I find a negative association between current performance 

and the relative ending tone of the earnings call. I use two different measures of current 

performance: unexpected earnings relative to the analyst consensus forecast 

(DeltaEPS_IBES) and earnings growth relative to quarter t-4 earnings (DeltaEPS). The 

coefficient on DeltaEPS_IBES is negative and significant at the one percent level, both 

with the call-specific controls in Column (1) and with the call- and firm-specific controls 

in Column (2). These results indicate that the relative ending tone of the earnings call 

(EndDiff) is more positive when a firm has lower unexpected earnings relative to the 

analyst consensus forecast. In contrast, the coefficients on DeltaEPS are not significantly 

different from zero in both columns. Taken together, these results are consistent with 

analysts’ consensus expectation being the most important earnings benchmark for firms 

during my sample period (Brown & Caylor, 2005; Graham et al., 2005). All these results 

are robust to the inclusion of realized future performance variables as a proxy for 

expected future performance in Column (3). 
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Table 5. The Relation between Current Performance and the Relative Ending Tone 

  (1) (2) (3) 

VARIABLES 

Dependent variable = relative ending tone 

(EndDifft)  

Unexpected earnings 

(DeltaEPS_IBESt) 

-0.045*** -0.042*** -0.040*** 

(0.009) (0.009) (0.009) 

Earnings growth (DeltaEPSt)  0.002 0.002 0.003  
(0.002) (0.002) (0.002) 

AtoneSDt 0.021*** 0.021*** 0.021***  
(0.008) (0.007) (0.007) 

BeginDifft 0.413*** 0.413*** 0.414***  
(0.004) (0.004) (0.004) 

Atone_avgt -0.078*** -0.078*** -0.077*** 

 (0.013) (0.014) (0.014) 

Ptone_avgt 0.003 0.003 0.003 

 (0.006) (0.006) (0.006) 

PendDifft -0.001 -0.001 -0.001 

 (0.003) (0.003) (0.003) 

Ln(Length)t -0.045** -0.049** -0.050**  
(0.019) (0.020) (0.020) 

IRt 0.004 0.003 0.003  
(0.018) (0.018) (0.018) 

Hourt -0.001 -0.001 -0.001  
(0.004) (0.004) (0.004) 

Guidancet -0.017 -0.018 -0.017 

 (0.018) (0.018) (0.018) 

GuidSurpt -0.029 -0.027 -0.026 

 (0.021) (0.021) (0.021) 

Ln(MV)t 
 

0.029* 0.025 

 
 

(0.016) (0.016) 

BtMt 
 

0.012 -0.001 

 
 

(0.033) (0.034) 

ROAt 
 

-0.243 -0.266 

 
 

(0.304) (0.304) 

Altman_Zt 
 

-0.002 -0.002 

 
 

(0.002) (0.002) 

Accrualt 
 

-0.049 -0.060 

 
 

(0.187) (0.187) 

Levt 
 

-0.035 -0.033 

 
 

(0.045) (0.045) 

RetSDt 
 

-0.230 -0.227 

 
 

(0.663) (0.663) 

Ngeot 
 

0.037 0.038 

 
 

(0.037) (0.037) 

Nbust 
 

-0.018 -0.017 
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Table 5, continued    
  

(0.030) (0.030) 

FcastSDt 
 

0.130 0.125   
(0.212) (0.213) 

Coveraget 
 

0.001 0.001   
(0.002) (0.002) 

Instownt 
 

-0.084 -0.088   
(0.059) (0.059) 

DeltaEPS_IBESt+1 
  

-0.004**    
(0.002) 

DeltaEPSt+1 
  

-0.006    
(0.008) 

Adjusted R-squared 0.169 0.169 0.169 

Firm/Year/Qtr FE YES YES YES 

This table reports OLS regression estimates of Equation (1) with a sample of 57,372 

firm-quarter observations. The numbers in parentheses are the standard errors clustered 

by firm. *, **, and *** indicate significance at the 10%, 5%, and 1% levels in two-tailed 

tests, respectively. All variables are defined in Appendix A. 

 

The results reported in Table 5 for other variables indicate that the relative ending 

tone is also related to the standard deviation in managerial tone across all answers within 

a call, the magnitude of the initial downward drift in managerial tone, the average tone in 

the Q&A session, the total number of words in the Q&A session, guidance surprise, firm 

size, and future performance. Note that the relative ending tone tends to be less positive 

when the Q&A session is longer, which is consistent with the argument that energy 

depletion during a long Q&A session impairs managers’ ability to end on a high note. 

Moreover, seasonally adjusted earnings growth (DeltaEPS) in period t+1 is a significant 

factor in explaining the relative ending tone in period t, which I investigate further in the 

next Chapter. Finally, although the existence of a dedicated investor relations officer is 

not associated with the relative ending tone of the call, an untabulated analysis shows that 

this variable is positively associated with the relative ending tone of the managerial 
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presentation part of the earnings call. One explanation is that although investor relations 

officers recommend that managers end on a high note, managers are constrained by the 

unscripted and unpredictable nature of Q&A sessions.   

4.3 Results for Future Performance 

Table 6 reports the results of estimating the relation between the relative ending 

tone of the earnings call and future performance (Equation (2)). Columns (1) and (2) in 

Table 6 indicate that the relative ending tone of earnings calls in period t is negatively 

associated with earnings growth (DeltaEPS) in period t+1. The coefficients on EndDifft 

in Columns (1) and (2) are negative and significant at the one percent level. In terms of 

economic significance, the -0.03 coefficient on EndDifft in Column (2) indicates that a 

one-standard-deviation increase (0.0142) in EndDifft results in a 4% decrease of 

DeltaEPSt+1 relative to the interquartile range of DeltaEPSt+1 (-0.03*0.0142/0.01=-0.04). 

In contrast, Columns (3) and (4) in Table 6 indicate that EndDifft is not associated with 

the unexpected earnings relative to analyst forecast consensus (DeltaEPS_IBES) in period 

t+1. These results suggest that analysts detect the negative information conveyed by 

ending on a high note and correctly incorporate this information in their forecasts for the 

next quarter. Therefore, analysts do not on average underestimate or overestimate the 

realized earnings for the next quarter. I will examine the association between ending on a 

high note and analyst forecast revisions in Chapter 5.  
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Table 6. The Relation between the Relative Ending Tone and Future Performance 

  (1) (2) (3) (4) 

 

Dependent variable  

= future earnings growth 

(DeltaEPSt+1) 

Dependent variable  

= future unexpected earnings 

(DeltaEPS_IBES t+1) 

Relative ending tone 

(EndDifft) 

-0.035*** -0.028** -0.004* -0.003 

(0.012) (0.012) (0.002) (0.002) 

AtoneSDt 0.002 0.023 0.004 0.004  
(0.020) (0.019) (0.004) (0.004) 

BeginDifft 0.038*** 0.028** 0.001 -0.001  
(0.013) (0.012) (0.003) (0.002) 

Atone_avgt 0.428*** 0.202*** 0.045*** 0.025*** 

 (0.036) (0.034) (0.007) (0.007) 

Ptone_avgt -0.043** 0.005 -0.003 0.001 

 (0.017) (0.016) (0.004) (0.004) 

PendDifft -0.008 0.002 -0.001 0.000 

 (0.010) (0.009) (0.002) (0.002) 

Ln(Length)t -0.208*** -0.067 -0.020* -0.005  
(0.055) (0.052) (0.012) (0.012) 

IRt -0.007 -0.017 0.022* 0.021*  
(0.056) (0.049) (0.012) (0.011) 

Hourt 0.005 0.008 0.001 0.002  
(0.011) (0.010) (0.003) (0.002) 

Guidancet 0.059 0.060 0.034*** 0.030*** 

 (0.041) (0.038) (0.008) (0.007) 

GuidSurpt 0.580*** 0.408*** 0.017** 0.001  
(0.062) (0.057) (0.009) (0.008) 

DeltaEPSt 
 

-0.905***  -0.047***   
(0.061)  (0.013) 

DeltaEPS_IBESt  -3.454***  -0.152*** 

  (0.150)  (0.036) 

Ln(MV)t 
 

0.194***  0.004** 

 
 

(0.014)  (0.002) 

BtMt 
 

0.482***  0.125*** 

 
 

(0.049)  (0.015) 

ROAt 
 

-4.686***  -0.895*** 

 
 

(1.115)  (0.280) 

Altman_Zt 
 

-0.002  -0.002 

 
 

(0.007)  (0.002) 

Accrualt 
 

-2.663***  -0.314** 

 
 

(0.536)  (0.134) 

Levt 
 

0.489***  -0.039 

 
 

(0.160)  (0.034) 

RetSDt 
 

1.815  -0.581   
(2.396)  (0.576) 
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Table 6, continued    

Ngeot 
 

0.263***  0.018   
(0.094)  (0.018) 

Nbust 
 

0.117  0.034**   
(0.076)  (0.017) 

FcastSDt 
 

-0.566  -0.377*   
(0.777)  (0.200) 

Coveraget 
 

0.013**  0.001   
(0.006)  (0.001) 

Instownt 
 

-0.879***  -0.084*   
(0.216)  (0.051) 

Adjusted R-squared 0.022 0.109 0.111 0.125 

Firm/Year/Qtr FE YES YES YES YES 

This table reports OLS regression estimates of Equation (2) with a sample of 57,372 

firm-quarter observations. The numbers in parentheses are standard errors clustered by 

firm. *, **, and *** indicate significance at the 10%, 5%, and 1% levels in two-tailed 

tests, respectively. All variables are defined in Appendix A. 

 

Overall, the results in Table 6 suggest that the relative ending tone of earnings 

calls contains negative information about future firm performance, consistent with 

Prediction 3B for the “mislead through tone” scenario and different from Prediction 3A 

for the “inform through tone” scenario. Analysts fully anticipate the deterioration in firm 

performance and on average do not underestimate or overestimate the realized earnings 

for the next quarter.    

4.4 Results for Market Reactions 

Next, I investigate the immediate and delayed market reactions to managers’ 

ending on a high note using Equation (3) and report the results in Table 7. For immediate 

market reaction, Columns (1) and (2) provide coefficient estimates for the association 

between the relative ending tone and abnormal stock return around the earnings call date, 

CAR [-1,1], without and with firm-level control variables. The EndDiff coefficients are 

negative and significant at the one percent level in both columns. To gauge the economic 
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significance more easily, I report standardized coefficients for all variables. The -0.02 

coefficient of EndDiff in Column (2) indicates that a one standard deviation increase in 

EndDiff results in a 2% standard deviation increase in CAR [-1,1]. Therefore, the negative 

EndDiff coefficient in Column (2) is economically meaningful relative to the 0.26 

coefficient of unexpected earnings (DeltaEPS_IBES). For delayed market reaction, 

Columns (3) and (4) present the results for the abnormal stock return after the earnings 

call date, CAR [2,30], without and with the firm-specific variables. The EndDiff 

coefficients are not significantly different from zero in both columns and are much 

smaller in magnitude.  
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Table 7. The Relation between the Relative Ending Tone and Market Reactions 

  (1) (2) (3) (4) 

 

Dependent variable = 

CAR [-1,1] 

Dependent variable = 

CAR [2,30] 

Relative ending tone 

(EndDifft) 

-0.026*** -0.020*** 0.001 0.001 

(0.005) (0.004) (0.005) (0.005) 

AtoneSDt 0.000 -0.002 0.015*** 0.008*  
(0.004) (0.004) (0.005) (0.004) 

BeginDifft 0.044*** 0.037*** 0.004 0.003  
(0.005) (0.004) (0.005) (0.005) 

Atone_avgt 0.148*** 0.130*** -0.027*** -0.014*** 

 (0.006) (0.005) (0.005) (0.005) 

Ptone_avgt -0.038*** -0.029*** 0.006 0.003 

 (0.006) (0.006) (0.006) (0.006) 

PendDifft -0.007 -0.002 0.010** 0.005 

 (0.004) (0.004) (0.005) (0.005) 

Ln(Length)t -0.063*** -0.037*** -0.018*** 0.018***  
(0.006) (0.006) (0.006) (0.006) 

IRt -0.015** -0.017*** 0.002 0.003  
(0.007) (0.006) (0.007) (0.007) 

Hourt -0.018* -0.016 0.000 0.004  
(0.010) (0.010) (0.010) (0.010) 

Guidancet 0.021*** 0.017*** -0.000 0.004  
(0.005) (0.005) (0.005) (0.005) 

GuidSurpt 0.141*** 0.129*** -0.007* -0.007  
(0.005) (0.005) (0.004) (0.004) 

DeltaEPSt 
 

-0.191*** 
 

-0.376***   
(0.021) 

 
(0.025) 

DeltaEPS_IBESt  0.097***  0.301*** 

  (0.010)  (0.013) 

Ln(MV)t 
 

0.010* 
 

-0.040***   
(0.006) 

 
(0.007) 

BtMt 
 

0.254*** 
 

0.009   
(0.007) 

 
(0.007) 

ROAt 
 

0.106*** 
 

0.052***   
(0.010) 

 
(0.010) 

Altman_Zt 
 

-0.049*** 
 

-0.108***   
(0.011) 

 
(0.013) 

Accrualt 
 

-0.106*** 
 

-0.073***   
(0.007) 

 
(0.006) 

Levt 
 

0.005 
 

0.019   
(0.010) 

 
(0.012) 

RetSDt 
 

0.056*** 
 

-0.020**   
(0.008) 

 
(0.009) 

Ngeot 
 

0.014 
 

-0.023* 
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Table 7, continued    
  

(0.014) 
 

(0.014) 

Nbust 
 

0.001 
 

-0.022*   
(0.010) 

 
(0.012) 

FcastSDt 
 

0.007 
 

-0.023***   
(0.007) 

 
(0.007) 

Coveraget 
 

0.014 
 

0.118***   
(0.011) 

 
(0.013) 

Instownt 
 

-0.010 
 

-0.014   
(0.010) 

 
(0.012) 

Adjusted R-squared 0.054 0.136 0.016 0.087 

Firm/Year/Qtr FE YES YES YES YES 

This table reports OLS regression estimates of Equation (3) with a sample of 57,372 

firm-quarter observations. The numbers in parentheses are standard errors clustered by 

firm. *, **, and *** indicate significance at the 10%, 5%, and 1% levels in two-tailed 

tests, respectively. All variables are defined in Appendix A. 

 

Taken together, these results are consistent with Predictions 4B and 5B for the 

“mislead through tone” scenario and are not consistent with Predictions 4A and 5A for 

the “inform through tone” scenario. The results indicate that investors interpret managers’ 

ending on a high note as a negative signal and the stock price fully incorporates this 

signal shortly after the earnings call.  
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CHAPTER 5 

ADDITIONAL EVIDENCE AND ROBUSTNESS TESTS 

 

5.1 Analyst Reactions 

Another way to test how market participants respond to managers’ ending 

earnings calls on a high note is to examine how analysts revise their forecasts. I study the 

impact of the relative ending tone of the earnings call on analyst forecast revisions made 

in the 20 days following the earnings call. Following Chen, Nagar, and Schoenfeld 

(2018), I assume that a 20-day window provides enough time for analysts to act on the 

information disclosed in an earnings call. I compare the analyst EPS forecast for quarter 

t+1 issued within 20 days after the earnings call to the last EPS forecast issued by the 

same analyst before the call and construct three revision measures: 1) the proportion of 

analysts revising their forecasts upwards (PropUp), 2) the proportion of analysts revising 

their forecasts downwards (PropDown) and 3) the average analyst forecast revision 

scaled by the median stock price during 30 days before the earnings call (AmountRev).15 

The results in Chapter 4 suggest that firms whose managers end on a high note 

have inferior future performance and that the stock market fully processes this negative 

information immediately after the earnings call. Therefore, I expect a lower (higher) 

likelihood of upward (downward) analyst forecast revisions and a more negative analyst 

forecast revision for firms ending on a high note.  

                                                 
15 To be more conservative, I exclude analyst forecasts announced on the earnings call day. 

Many analysts issue forecasts on the day of the earnings call, but it is not clear whether 

these analyst forecasts are made under the influence of the earnings call. Thus, the revisions 

are coded as zero if an individual analyst does not announce an estimate in either before or 

after the earnings call day. 
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Table 8 shows the results on the three measures of analyst forecast revision within 

20 days after the earnings call. The EndDiff coefficient is negative and significant at the 

one percent level for upward forecast revisions in Columns (1) and positive and 

significant at the one percent level for downward forecast revisions in Columns (2). 

These results indicate that when the relative ending tone of the earnings call is more 

positive, fewer analysts revise upward and more analysts revise downward. For the 

average amount of analyst forecast revisions (AmountRev), the coefficients on EndDiff in 

Columns (3) are negative and significant at one and ten percent levels, respectively, 

suggesting a more negative average forecast revision for firms with a more positive 

earnings call ending. In sum, the results in Table 8 show that analysts, like investors, can 

see through managers’ ending on a high note behavior and will revise their forecasts 

downward following an earnings call with a more positive ending as expected. 

 

 

 

 

 

  



43 

 

Table 8. The Relation between the Relative Ending Tone and Analyst Forecast Revisions 

  (1) (2) (3)  
Dependent 

variable = 

proportion of 

upward 

forecast 

revisions 

(PropUpt) 

Dependent 

variable = 

proportion of 

downward 

forecast 

revisions 

(PropDownt) 

Dependent 

variable = 

average analyst 

forecast 

revisions 

(AmountRevt) 

Relative ending tone (EndDifft) -0.004*** 0.005*** -0.002* 

(0.001) (0.001) (0.001) 

AtoneSDt 0.001 -0.000 -0.001  
(0.001) (0.001) (0.001) 

BeginDifft 0.006*** -0.009*** 0.006***  
(0.001) (0.001) (0.001) 

Atone_avgt 0.027*** -0.034*** 0.022*** 

 (0.001) (0.002) (0.002) 

Ptone_avgt -0.000 0.020*** -0.004** 

 (0.002) (0.002) (0.002) 

PendDifft -0.000 0.000 0.002 

 (0.001) (0.001) (0.001) 

Ln(Length)t -0.003 0.015*** -0.006***  
(0.002) (0.002) (0.002) 

IRt -0.002 0.001 -0.002  
(0.002) (0.002) (0.002) 

Hourt 0.036*** 0.067*** -0.012***  
(0.003) (0.003) (0.003) 

Guidancet 0.014*** -0.011*** 0.010***  
(0.001) (0.002) (0.001) 

GuidSurpt 0.056*** -0.062*** 0.037***  
(0.001) (0.001) (0.002) 

DeltaEPSt -0.062*** 0.060*** -0.047***  
(0.005) (0.007) (0.008) 

DeltaEPS_IBESt -0.022*** 0.023*** -0.063*** 

 (0.002) (0.003) (0.005) 

Ln(MV)t 0.011*** -0.006*** 0.015***  
(0.001) (0.002) (0.003) 

BtMt 0.032*** -0.036*** 0.066***  
(0.002) (0.002) (0.003) 

ROAt 0.002 -0.005** 0.006*  
(0.002) (0.003) (0.004) 

Altman_Zt 0.012*** -0.015*** 0.008***  
(0.003) (0.003) (0.003) 

Accrualt -0.004*** 0.004** -0.004**  
(0.001) (0.002) (0.002) 
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Table 8, continued    

Levt 0.004 0.005 -0.015***  
(0.003) (0.003) (0.004) 

RetSDt 0.002 0.004* -0.031***  
(0.002) (0.002) (0.003) 

Ngeot -0.005 0.004 -0.007*  
(0.004) (0.005) (0.004) 

Nbust -0.001 0.005 0.004  
(0.003) (0.004) (0.003) 

FcastSDt 0.005*** 0.005** -0.018***  
(0.002) (0.002) (0.003) 

Coveraget 0.005 0.009** 0.013***  
(0.003) (0.004) (0.003) 

Instownt -0.003 0.009*** 0.002 

 (0.003) (0.003) (0.004) 

Adjusted R-squared 0.179 0.203 0.245 

Firm/Year/Qtr FE YES YES YES 

This table reports OLS regression estimates of regressing analyst forecast revision 

variables on the relative ending tone of earnings calls. Firm, year and quarter fixed effects 

are included in all models. The sample consists of 57,372 firm-quarter observations. The 

numbers in parentheses are standard errors clustered by firm. *, **, and *** indicate 

significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. All variables 

are defined in Appendix A. 

 

5.2 Why Do Managers Still End on a High Note?  

One potential explanation for why managers still end on a high note when the stock 

market reacts negatively is implicit contracting with stakeholders such as customers, 

suppliers and employees. For example, companies often provide healthcare benefits to 

retired employees, but that is not required by formal employee contracts. I assume that 

stakeholders use heuristic cutoffs to decide whether to renegotiate contracts or intervene 

otherwise with the firm. Since it is not cost-effective for stakeholders to process detailed 

information in the earnings conference calls, they will pay special attention to the end of 

the call and be positively influenced when managers end on a high note. This assumption 

is consistent with prior research that implicit claims on a firm by its stakeholders can create 
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informal contracting incentives for earnings management (Bowen et al., 1995; Burgstahler 

& Chuk, 2017; Burgstahler & Dichev, 1997; Matsumoto, 2002). Therefore, this section 

tests the association between relative ending tone and future performance for subsamples 

partitioned by stakeholder importance variables for suppliers, customers, and employees, 

respectively. The managers’ incentives to or benefits of ending on a high note are arguably 

stronger for those whose firms rely heavily on their stakeholders.  

Firms likely have significant implicit claims with suppliers of inventory and rely 

on their continuous supply of the raw or finished products. To test this expectation, I use 

the cost of goods sold scaled by sales revenue as an indicator for the implicit claims of 

suppliers and partition the main sample by its median value (Bowen et al., 1995). Table 9 

Panel A reports the results of this subsample analysis. I find a negative (insignificant) 

association between the relative ending tone and future performance for the high (low) cost 

of goods sold subsample. Moreover, the F test shows that the coefficients of relative ending 

tone in these two subsamples are statistically different (p<0.05) as expected.    

 Customers are another group of important stakeholders. I capture the dynamic 

between a firm and its customers using market competition, assuming that firms facing 

high market competition have low market power when contracting with their customers.16 

Therefore, I partition the main sample using the median value of the product market 

competition (i.e., one minus the Herfindahl-Hirschman Index of firms’ sales revenue 

                                                 
16 Product uniqueness is another indicator of customers’ implicit claims because unique 

products make it difficult for customers to find alternatives. Following Bowen et al. (1995), 

I use R&D as a measure of product uniqueness and do not find significant difference for 

the subsamples partitioned by R&D scaled by total assets. The measurement errors 

introduced when substituting zero for the missing data in quarterly R&D expenses could 

drive the results.  
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where the Herfindahl-Hirschman Index is calculated by Fama-French 48 industry and by 

quarter) and report the results for this subsample analysis in Table 9 Panel B. As 

expected, I find a more negative association between the relative ending tone and future 

performance for the high competition group. The coefficient in the high competition 

group is negative and significant and its counterpart in the low competition group is 

negative but insignificant. Moreover, these two coefficients in Columns (1) and (2) in 

Panel B are statistically different (p<0.05).  

Finally, firms’ implicit claims with employees likely vary with their levels of 

labor intensity. Therefore, I partition the main sample by the median value of labor 

intensity (Anderson, Banker, & Janakiraman, 2003). I report the results in Table 9 Panel 

C and find a more negative association between the relative ending tone and future 

performance in the subsample of high labor intensity. However, the F-test shows that the 

coefficients in high and low labor intensity subsamples are not statistically different. A 

potential explanation is that labor intensity is a crude measure that does not capture 

meaningful variations in the implicit claims of employees. One possibility for future 

work is to study labor unionization or defined benefit pension measures instead. 
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Table 9. Stakeholder Partition – Relative Ending Tone and Future Performance  

Panel A. Cost of Goods Sold 

  (1) (2) 

 

Dependent variable  

= future earnings growth (DeltaEPSt+1) 

 Low cost of goods sold High cost of goods sold 

Relative ending tone (EndDifft) -0.008 -0.048*** 

(0.015) (0.018) 

Adjusted R-squared 0.108 0.120 

Number of observations 28,562 28,533 

Controls YES YES 

Firm/Year/Qtr FE YES YES 

Difference of the coefficients on EndDifft 

F-statistics 3.87**  

 

 

 

 

 

Panel B. Product Market Competition 

  (1) (2) 

 

Dependent variable  

= future earnings growth (DeltaEPSt+1) 

 Low competition High competition 

Relative ending tone (EndDifft) -0.010 -0.049*** 

(0.016) (0.017) 

Adjusted R-squared 0.094 0.124 

Number of observations 28,665 28,647 

Controls YES YES 

Firm/Year/Qtr FE YES YES 

Difference of the coefficients on EndDifft 

F-statistics 3.95**  
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Panel C. Employee Intensity 

  (1) (2) 

 

Dependent variable  

= future earnings growth (DeltaEPSt+1) 

 Low employee intensity High employee intensity 

Relative ending tone (EndDifft) -0.025 -0.036** 

(0.018) (0.015) 

Adjusted R-squared 0.102 0.120 

Number of observations 28,309 28,273 

Controls YES YES 

Firm/Year/Qtr FE YES YES 

Difference of the coefficients on EndDifft 

F-statistics 0.23  

This table reports OLS regression estimates of Equation (2) for subsamples partitioned by 

stakeholder variables. Panel A reports the results for low cost of goods sold and high cost 

of goods sold subsamples, categorized by median cost of goods sold scaled by total 

assets. Panel B reports the results for low industry competition and high industry 

competition subsamples, categorized by median industry Herfindahl-Hirschman indexes 

for Fama-French 48 industries. Panel C reports the results for low employee intensity and 

high employee intensity subsamples, respectively. The numbers in parentheses are 

standard errors clustered by firm. *, **, and *** indicate significance at the 10%, 5%, 

and 1% levels in two-tailed tests, respectively. All variables are defined in Appendix A. 

 

5.3 Controlling for Analysts’ Influence  

In the interactive Q&A session, the types of questions analysts ask and how they 

are phrased can influence the tone of managers’ answers. Whether managers can end on a 

high note partially depends on how analysts ask the last few questions. Therefore, in my 

next analysis, I control for the analysts’ relative ending tone in the tests for future 

performance and market reaction. Note that this additional variable also controls for one 

potential mechanism of ending on a high note, in which managers counteract the 

analysts’ influence by inviting optimistic analysts to ask questions later in the Q&A 

session.      
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Consistent with the findings in Chapter 4, Table 10 shows that the managers’ 

relative ending tone of earnings calls is negatively and significantly associated with 

future operating performance and short-term abnormal stock return. Moreover, the 

analysts’ relative ending tone is negatively and significantly associated with short-term 

abnormal stock return. This suggests that to end on a high note and conceal negative 

information, managers invite optimistic analysts to ask favorable questions later in the 

Q&A session and investors see through this attempt.   
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Table 10. Additional Analysis – Controlling for Analysts’ Questions 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDifft -0.042** -0.017*** -0.003*** 0.004*** -0.002 

(0.016) (0.004) (0.001) (0.001) (0.001) 

AtoneSDt 0.020 -0.002 0.001 -0.000 -0.001  
(0.017) (0.004) (0.001) (0.001) (0.001) 

BeginDifft 0.036** 0.031*** 0.005*** -0.008*** 0.005***  
(0.017) (0.004) (0.001) (0.001) (0.001) 

Atone_avgt 0.112*** 0.129*** 0.027*** -0.034*** 0.022*** 

 (0.019) (0.005) (0.001) (0.002) (0.002) 

Ptone_avgt 0.006 -0.029*** -0.000 0.020*** -0.004** 

 (0.021) (0.006) (0.002) (0.002) (0.002) 

PEndDifft 0.004 -0.002 -0.000 0.000 0.002 

 (0.017) (0.004) (0.001) (0.001) (0.001) 

Ln(Length)t -0.028 -0.039*** -0.003* 0.015*** -0.006***  
(0.022) (0.006) (0.002) (0.002) (0.002) 

IRt -0.009 -0.017*** -0.002 0.001 -0.002  
(0.025) (0.006) (0.002) (0.002) (0.002) 

Hourt 0.027 -0.016 0.036*** 0.067*** -0.012***  
(0.035) (0.010) (0.003) (0.003) (0.003) 

Guidancet 0.022 0.017*** 0.014*** -0.011*** 0.010***  
(0.014) (0.005) (0.001) (0.002) (0.001) 

GuidSurpt 0.112*** 0.129*** 0.056*** -0.062*** 0.037***  
(0.016) (0.005) (0.001) (0.001) (0.002) 

DeltaEPSt -1.398*** -0.189*** -0.062*** 0.060*** -0.047***  
(0.094) (0.021) (0.005) (0.007) (0.008) 

DeltaEPS_ 

IBESt 

-1.148*** 0.097*** -0.022*** 0.023*** -0.063*** 

(0.050) (0.010) (0.002) (0.003) (0.005) 

Ln(MV)t 0.684*** 0.010* 0.011*** -0.006*** 0.015***  
(0.048) (0.006) (0.001) (0.002) (0.003) 

BtMt 0.324*** 0.253*** 0.032*** -0.036*** 0.066***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

ROAt -0.159*** 0.105*** 0.001 -0.005* 0.006  
(0.038) (0.010) (0.002) (0.003) (0.004) 

Altman_Zt -0.009 -0.049*** 0.012*** -0.015*** 0.008***  
(0.030) (0.011) (0.003) (0.003) (0.003) 

Accrualt -0.095*** -0.106*** -0.004*** 0.004** -0.004**  
(0.019) (0.007) (0.001) (0.002) (0.002) 

Levt 0.139*** 0.005 0.004 0.005 -0.015***  
(0.046) (0.010) (0.003) (0.003) (0.004) 

RetSDt 0.024 0.056*** 0.002 0.004* -0.031***  
(0.031) (0.008) (0.002) (0.002) (0.003) 

Ngeot 0.135*** 0.014 -0.005 0.004 -0.006*  
(0.048) (0.014) (0.004) (0.005) (0.004) 
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Table 10, continued    

Nbust 0.054 0.001 -0.001 0.005 0.004  
(0.036) (0.010) (0.003) (0.004) (0.003) 

FcastSDt -0.024 0.006 0.004*** 0.005** -0.018***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

Coveraget 0.090** 0.013 0.004 0.009** 0.013***  
(0.039) (0.011) (0.003) (0.004) (0.003) 

Instownt -0.172*** -0.010 -0.003 0.009*** 0.002  
(0.042) (0.010) (0.003) (0.003) (0.004) 

QEndDifft 0.012 -0.009*** -0.001* 0.000 0.000 

 (0.009) (0.002) (0.001) (0.001) (0.001) 

QBeginDifft 0.009 0.021*** 0.005*** -0.004*** 0.003*** 

 (0.010) (0.003) (0.001) (0.001) (0.001) 

Adjusted R2 0.109 0.137 0.179 0.203 0.245 

Firm/Year/

Qtr FE YES YES YES YES YES 

This table reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 

 

5.4 Separating Positive and Negative Words 

Next, I separately examine the impact of positive and negative words in the 

relative ending tone of an earnings call and report the results in Table 11. I find that 

future operating performance is negatively associated with the positive component of the 

relative ending tone. This is consistent with Larcker and Zakolyukina’s (2012) findings 

that managers use positive words to appear persuasive to deceive the audience in the 

earnings call. Moreover, consistent with the prior literature, I find that both positive and 

negative components of the relative ending tone are informative to investors (Bochkay et 

al., 2019).   
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Table 11. Additional Analysis – Positive and Negative Words 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiffPost -0.019*** -0.006*** -0.001* 0.002*** -0.001 

(0.007) (0.002) (0.001) (0.001) (0.001) 

EndDiffNegt 0.003 0.010*** 0.001 -0.001 0.001 

 (0.013) (0.003) (0.001) (0.001) (0.001) 

AtoneSDt 0.020 -0.002 0.001 -0.000 -0.001  
(0.017) (0.004) (0.001) (0.001) (0.001) 

BeginDifft 0.034** 0.035*** 0.005*** -0.009*** 0.006***  
(0.016) (0.004) (0.001) (0.001) (0.001) 

Atone_avgt 0.112*** 0.130*** 0.027*** -0.034*** 0.022*** 

 (0.019) (0.005) (0.001) (0.002) (0.002) 

Ptone_avgt 0.006 -0.029*** -0.000 0.020*** -0.004** 

 (0.021) (0.006) (0.002) (0.002) (0.002) 

PendDifft 0.004 -0.002 -0.000 0.000 0.002 

 (0.017) (0.004) (0.001) (0.001) (0.001) 

Ln(Length)t -0.029 -0.037*** -0.002 0.015*** -0.006***  
(0.022) (0.006) (0.002) (0.002) (0.002) 

IRt -0.008 -0.017*** -0.002 0.001 -0.002  
(0.025) (0.006) (0.002) (0.002) (0.002) 

Hourt 0.026 -0.015 0.036*** 0.067*** -0.012***  
(0.035) (0.010) (0.003) (0.003) (0.003) 

Guidancet 0.023 0.017*** 0.014*** -0.011*** 0.010***  
(0.014) (0.005) (0.001) (0.002) (0.001) 

GuidSurpt 0.113*** 0.129*** 0.056*** -0.062*** 0.037***  
(0.016) (0.005) (0.001) (0.001) (0.002) 

DeltaEPSt -1.398*** -0.191*** -0.062*** 0.060*** -0.047***  
(0.094) (0.021) (0.005) (0.007) (0.008) 

DeltaEPS_ 

IBESt 

-1.149*** 0.097*** -0.022*** 0.023*** -0.063*** 

(0.050) (0.010) (0.002) (0.003) (0.005) 

Ln(MV)t 0.684*** 0.010* 0.011*** -0.006*** 0.015***  
(0.048) (0.006) (0.001) (0.002) (0.003) 

BtMt 0.325*** 0.254*** 0.032*** -0.036*** 0.066***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

ROAt -0.159*** 0.106*** 0.002 -0.005** 0.006*  
(0.038) (0.010) (0.002) (0.003) (0.004) 

Altman_Zt -0.010 -0.049*** 0.012*** -0.015*** 0.008***  
(0.030) (0.011) (0.003) (0.003) (0.003) 

Accrualt -0.095*** -0.106*** -0.004*** 0.004** -0.004**  
(0.019) (0.007) (0.001) (0.002) (0.002) 

Levt 0.139*** 0.005 0.004 0.004 -0.015***  
(0.045) (0.010) (0.003) (0.003) (0.004) 

RetSDt 0.024 0.056*** 0.002 0.004* -0.031***  
(0.031) (0.008) (0.002) (0.002) (0.003) 
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Table 11, continued    

Ngeot 0.134*** 0.014 -0.005 0.004 -0.007*  
(0.048) (0.014) (0.004) (0.005) (0.004) 

Nbust 0.056 0.001 -0.001 0.005 0.004  
(0.036) (0.010) (0.003) (0.004) (0.003) 

FcastSDt -0.024 0.007 0.005*** 0.005** -0.018***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

Coveraget 0.089** 0.014 0.005 0.009** 0.013***  
(0.039) (0.011) (0.003) (0.004) (0.003) 

Instownt -0.172*** -0.010 -0.003 0.009*** 0.002  
(0.042) (0.010) (0.003) (0.003) (0.004) 

Adjusted R2 0.109 0.136 0.178 0.203 0.245 

Firm/Year/

Qtr FE YES YES YES YES YES 

This table reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 

 

5.5 Robustness Checks 

I assess the robustness of the main results by checking various ways to construct 

the measure of ending on a high note (EndDiff).  

 The main variable examines managers’ ending on a high note (EndDiff) by 

comparing the average tone of answers within 10% intervals at the end and in the 

middle of earnings calls. Since 10% intervals might be too crude to fully capture 

within-call variation, I alternatively use 3% intervals (EndDiff_3) and find 

consistent results as reported in Table 11 Panel A.  

 I also check the robustness of the results by using different pre-ending points to 

construct EndDiff variable. The results are robust as reported in Table 11 Panels 

B, C, and D when I use alternative windows for the pre-ending 10% including 

65%-75% (EndDiff_70), 70%-80% (EndDiff_75), and 75%-85% (EndDiff_80).  
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 Moreover, I use the percentile rank (rather than the raw values) of managerial 

tone to capture ending on a high note (EndDiff_r) and find consistent results as 

reported in Table 11 Panel E.  

 Another way to measure the relative ending tone is to take the difference between 

the ending tone and the most negative tone. I then construct the test variable 

(EndDiff_m) by comparing the average tone of answers within the ending 10% of 

the earnings call with the average tone of answers within the middle 10% around 

the answer with the most negative tone. Table 11 Panel F shows that the results 

are robust to this alternative measure of the relative ending tone.  

 Finally, when I switch the scaling variable of managerial tone from the total 

number of words (including neutral words) to the sum of positive and negative 

words and set the managerial tone to zero when the sum of positive and negative 

words are zero, I find and report consistent results for EndDiff_s in Table 11 

Panel G. 
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Table 12. Robustness Analysis – Different Measures of Ending on a High Note 

Panel A. Shorter intervals for ending on a high note 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_3t -0.023* -0.001*** -0.002** 0.003*** -0.002** 

(0.012) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.023 -0.000 0.001 -0.000 -0.001  
(0.019) (0.000) (0.001) (0.002) (0.001) 

BeginDiff_3t 0.031*** 0.002*** 0.004*** -0.006*** 0.004***  
(0.011) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.202*** 0.019*** 0.048*** -0.061*** 0.039*** 

 (0.034) (0.001) (0.003) (0.003) (0.003) 

Ptone_avgt 0.004 -0.002*** -0.000 0.016*** -0.003** 

 (0.016) (0.000) (0.001) (0.002) (0.001) 

PendDifft 0.002 -0.000 -0.000 0.000 0.001 

 (0.009) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.065 -0.007*** -0.006 0.035*** -0.014***  
(0.053) (0.001) (0.004) (0.004) (0.004) 

IRt -0.018 -0.003*** -0.003 0.003 -0.005  
(0.049) (0.001) (0.004) (0.004) (0.004) 

Hourt 0.008 -0.000 0.011*** 0.020*** -0.004***  
(0.010) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.060 0.004*** 0.038*** -0.030*** 0.026***  
(0.038) (0.001) (0.004) (0.004) (0.004) 

GuidSurpt 0.407*** 0.039*** 0.204*** -0.223*** 0.134***  
(0.057) (0.001) (0.005) (0.005) (0.007) 

DeltaEPSt -0.904*** -0.010*** -0.040*** 0.039*** -0.031***  
(0.061) (0.001) (0.004) (0.004) (0.005) 

DeltaEPS_ 

IBESt 

-3.453*** 0.024*** -0.067*** 0.069*** -0.188*** 

(0.150) (0.003) (0.007) (0.008) (0.014) 

Ln(MV)t 0.194*** 0.000* 0.003*** -0.002*** 0.004***  
(0.014) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.482*** 0.031*** 0.048*** -0.053*** 0.098***  
(0.049) (0.001) (0.002) (0.003) (0.005) 

ROAt -4.683*** 0.260*** 0.046 -0.153** 0.177*  
(1.115) (0.025) (0.060) (0.078) (0.108) 

Altman_Zt -0.002 -0.001*** 0.003*** -0.003*** 0.002***  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -2.663*** -0.246*** -0.120*** 0.109** -0.109**  
(0.536) (0.015) (0.037) (0.045) (0.050) 

Levt 0.489*** 0.001 0.013 0.016 -0.052***  
(0.160) (0.003) (0.010) (0.012) (0.013) 

RetSDt 1.803 0.354*** 0.187 0.287* -2.393***  
(2.396) (0.049) (0.131) (0.155) (0.213) 
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Table 12 Panel A, continued    

Ngeot 0.263*** 0.002 -0.009 0.008 -0.013*  
(0.094) (0.002) (0.008) (0.009) (0.008) 

Nbust 0.117 0.000 -0.001 0.010 0.009  
(0.076) (0.002) (0.007) (0.008) (0.007) 

FcastSDt -0.577 0.013 0.108*** 0.121** -0.424***  
(0.777) (0.014) (0.039) (0.047) (0.072) 

Coveraget 0.013** 0.000 0.001 0.001** 0.002***  
(0.006) (0.000) (0.000) (0.001) (0.000) 

Instownt -0.878*** -0.004 -0.014 0.047*** 0.010  
(0.216) (0.004) (0.014) (0.017) (0.019) 

Adjusted R2 0.109 0.136 0.179 0.203 0.245 

Firm/Year/

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel B. Pre-ending interval (65%-75%) 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_70t -0.029** -0.001*** -0.003*** 0.004*** -0.002** 

(0.011) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.023 -0.000 0.001 -0.000 -0.001  
(0.019) (0.000) (0.001) (0.002) (0.001) 

BeginDifft 0.028** 0.002*** 0.004*** -0.006*** 0.004***  
(0.012) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.202*** 0.020*** 0.048*** -0.061*** 0.039*** 

 (0.034) (0.001) (0.003) (0.003) (0.003) 

Ptone_avgt 0.005 -0.002*** -0.000 0.016*** -0.003** 

 (0.016) (0.000) (0.001) (0.002) (0.001) 

PendDifft 0.002 -0.000 -0.000 0.000 0.001 

 (0.009) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.067 -0.007*** -0.006 0.036*** -0.014***  
(0.052) (0.001) (0.004) (0.004) (0.004) 

IRt -0.017 -0.003*** -0.003 0.003 -0.005  
(0.049) (0.001) (0.004) (0.004) (0.004) 

Hourt 0.008 -0.000 0.011*** 0.020*** -0.004***  
(0.010) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.060 0.004*** 0.038*** -0.030*** 0.026***  
(0.038) (0.001) (0.004) (0.004) (0.004) 

GuidSurpt 0.408*** 0.039*** 0.204*** -0.223*** 0.134***  
(0.057) (0.001) (0.005) (0.005) (0.007) 

DeltaEPSt -0.905*** -0.010*** -0.040*** 0.039*** -0.031***  
(0.061) (0.001) (0.004) (0.004) (0.005) 

DeltaEPS_ 

IBESt 

-3.454*** 0.024*** -0.067*** 0.069*** -0.188*** 

(0.150) (0.003) (0.007) (0.008) (0.014) 

Ln(MV)t 0.194*** 0.000* 0.003*** -0.002*** 0.004***  
(0.014) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.482*** 0.031*** 0.048*** -0.053*** 0.098***  
(0.049) (0.001) (0.002) (0.003) (0.005) 

ROAt -4.685*** 0.260*** 0.045 -0.152* 0.176  
(1.115) (0.025) (0.060) (0.078) (0.108) 

Altman_Zt -0.002 -0.001*** 0.003*** -0.003*** 0.002***  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -2.662*** -0.246*** -0.120*** 0.108** -0.108**  
(0.537) (0.015) (0.037) (0.045) (0.050) 

Levt 0.489*** 0.001 0.013 0.016 -0.052***  
(0.160) (0.003) (0.010) (0.012) (0.013) 

RetSDt 1.813 0.356*** 0.190 0.284* -2.390***  
(2.396) (0.049) (0.131) (0.155) (0.213) 

Ngeot 0.263*** 0.002 -0.009 0.008 -0.013* 
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Table 12 Panel B, continued    
 

(0.094) (0.002) (0.008) (0.009) (0.008) 

Nbust 0.117 0.000 -0.001 0.010 0.009  
(0.076) (0.002) (0.007) (0.008) (0.007) 

FcastSDt -0.566 0.014 0.110*** 0.119** -0.422***  
(0.777) (0.014) (0.039) (0.047) (0.072) 

Coveraget 0.013** 0.000 0.001 0.001** 0.002***  
(0.006) (0.000) (0.000) (0.001) (0.000) 

Instownt -0.879*** -0.004 -0.014 0.047*** 0.010  
(0.216) (0.004) (0.014) (0.017) (0.019) 

Adjusted R2 0.109 0.136 0.179 0.203 0.245 

Firm/Year/

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel C. Pre-ending interval (70%-80%) 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_75t -0.033*** -0.001*** -0.003*** 0.004*** -0.002* 

(0.011) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.023 -0.000 0.001 -0.000 -0.001  
(0.019) (0.000) (0.001) (0.002) (0.001) 

BeginDiff_75t 0.022* 0.002*** 0.004*** -0.006*** 0.004***  
(0.012) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.203*** 0.019*** 0.048*** -0.061*** 0.039*** 

 (0.034) (0.001) (0.003) (0.003) (0.003) 

Ptone_avgt 0.005 -0.002*** -0.000 0.016*** -0.003** 

 (0.016) (0.000) (0.001) (0.002) (0.001) 

PendDifft 0.002 -0.000 -0.000 0.000 0.001 

 (0.009) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.067 -0.007*** -0.006 0.036*** -0.014***  
(0.052) (0.001) (0.004) (0.004) (0.004) 

IRt -0.017 -0.003*** -0.003 0.003 -0.005  
(0.049) (0.001) (0.004) (0.004) (0.004) 

Hourt 0.008 -0.000 0.011*** 0.020*** -0.004***  
(0.010) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.060 0.004*** 0.038*** -0.030*** 0.026***  
(0.038) (0.001) (0.004) (0.004) (0.004) 

GuidSurpt 0.408*** 0.039*** 0.204*** -0.223*** 0.134***  
(0.057) (0.001) (0.005) (0.005) (0.007) 

DeltaEPSt -0.905*** -0.010*** -0.040*** 0.039*** -0.031***  
(0.061) (0.001) (0.004) (0.004) (0.005) 

DeltaEPS_ 

IBESt 

-3.454*** 0.024*** -0.067*** 0.069*** -0.188*** 

(0.150) (0.003) (0.007) (0.008) (0.014) 

Ln(MV)t 0.194*** 0.000* 0.003*** -0.002*** 0.004***  
(0.014) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.482*** 0.031*** 0.048*** -0.053*** 0.098***  
(0.049) (0.001) (0.002) (0.003) (0.005) 

ROAt -4.688*** 0.260*** 0.045 -0.152* 0.177  
(1.115) (0.025) (0.060) (0.078) (0.108) 

Altman_Zt -0.002 -0.001*** 0.003*** -0.003*** 0.002***  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -2.663*** -0.246*** -0.120*** 0.108** -0.109**  
(0.537) (0.015) (0.037) (0.045) (0.050) 

Levt 0.490*** 0.001 0.013 0.016 -0.052***  
(0.160) (0.003) (0.010) (0.012) (0.013) 

RetSDt 1.808 0.356*** 0.190 0.283* -2.389***  
(2.396) (0.049) (0.131) (0.155) (0.213) 

Ngeot 0.262*** 0.002 -0.009 0.008 -0.013* 
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Table 12 Panel C, continued    
 

(0.094) (0.002) (0.008) (0.009) (0.008) 

Nbust 0.117 0.000 -0.001 0.010 0.009  
(0.076) (0.002) (0.007) (0.008) (0.007) 

FcastSDt -0.568 0.014 0.110*** 0.119** -0.422***  
(0.777) (0.014) (0.039) (0.047) (0.072) 

Coveraget 0.013** 0.000 0.001 0.001** 0.002***  
(0.006) (0.000) (0.000) (0.001) (0.000) 

Instownt -0.880*** -0.004 -0.014 0.047*** 0.010  
(0.216) (0.004) (0.014) (0.017) (0.019) 

Adjusted R2 0.109 0.136 0.179 0.203 0.245 

Firm/Year/ 

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel D. Pre-ending interval (75%-85%) 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_80t -0.036*** -0.001*** -0.003*** 0.003*** -0.002* 

(0.011) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.024 -0.000 0.001 -0.000 -0.001  
(0.019) (0.000) (0.001) (0.002) (0.001) 

BeginDiff_80t 0.020 0.002*** 0.004*** -0.007*** 0.004***  
(0.012) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.203*** 0.019*** 0.048*** -0.061*** 0.039*** 

 (0.034) (0.001) (0.003) (0.003) (0.003) 

Ptone_avgt 0.005 -0.002*** -0.000 0.016*** -0.003** 

 (0.016) (0.000) (0.001) (0.002) (0.001) 

PendDifft 0.002 -0.000 -0.000 0.000 0.001 

 (0.009) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.068 -0.007*** -0.006 0.036*** -0.014***  
(0.052) (0.001) (0.004) (0.004) (0.004) 

IRt -0.017 -0.003*** -0.003 0.003 -0.005  
(0.049) (0.001) (0.004) (0.004) (0.004) 

Hourt 0.008 -0.000 0.011*** 0.020*** -0.004***  
(0.010) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.060 0.004*** 0.038*** -0.030*** 0.026***  
(0.038) (0.001) (0.004) (0.004) (0.004) 

GuidSurpt 0.408*** 0.039*** 0.204*** -0.223*** 0.134***  
(0.057) (0.001) (0.005) (0.005) (0.007) 

DeltaEPSt -0.904*** -0.010*** -0.040*** 0.039*** -0.031***  
(0.061) (0.001) (0.004) (0.004) (0.005) 

DeltaEPS_ 

IBESt 

-3.454*** 0.024*** -0.067*** 0.069*** -0.188*** 

(0.150) (0.003) (0.007) (0.008) (0.014) 

Ln(MV)t 0.194*** 0.000* 0.003*** -0.002*** 0.004***  
(0.014) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.482*** 0.031*** 0.048*** -0.053*** 0.098***  
(0.049) (0.001) (0.002) (0.003) (0.005) 

ROAt -4.692*** 0.260*** 0.046 -0.153** 0.177*  
(1.115) (0.025) (0.060) (0.078) (0.108) 

Altman_Zt -0.002 -0.001*** 0.003*** -0.003*** 0.002***  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -2.664*** -0.246*** -0.120*** 0.108** -0.109**  
(0.537) (0.015) (0.037) (0.045) (0.050) 

Levt 0.489*** 0.001 0.013 0.016 -0.052***  
(0.160) (0.003) (0.010) (0.012) (0.013) 

RetSDt 1.808 0.356*** 0.190 0.283* -2.389***  
(2.395) (0.049) (0.131) (0.155) (0.213) 

Ngeot 0.262*** 0.002 -0.009 0.008 -0.013* 
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Table 12 Panel D, continued    
 

(0.094) (0.002) (0.008) (0.009) (0.008) 

Nbust 0.117 0.000 -0.001 0.010 0.009  
(0.076) (0.002) (0.007) (0.008) (0.007) 

FcastSDt -0.567 0.014 0.110*** 0.119** -0.422***  
(0.777) (0.014) (0.039) (0.047) (0.072) 

Coveraget 0.013** 0.000 0.001 0.001** 0.002***  
(0.006) (0.000) (0.000) (0.001) (0.000) 

Instownt -0.880*** -0.004 -0.014 0.047*** 0.010  
(0.216) (0.004) (0.014) (0.017) (0.019) 

Adjusted R2 0.109 0.136 0.178 0.203 0.245 

Firm/Year/ 

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel E. Rank variables for ending on a high note 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_rt -0.017*** -0.006*** -0.001** 0.002*** -0.001* 

(0.006) (0.002) (0.000) (0.001) (0.000) 

AtoneSDt 0.020 -0.002 0.001 -0.000 -0.001  
(0.017) (0.004) (0.001) (0.001) (0.001) 

BeginDiff_rt 0.014** 0.010*** 0.002*** -0.003*** 0.002***  
(0.006) (0.002) (0.000) (0.000) (0.000) 

Atone_avgt 0.112*** 0.130*** 0.027*** -0.034*** 0.022*** 

 (0.019) (0.005) (0.001) (0.002) (0.002) 

Ptone_avgt 0.006 -0.029*** -0.000 0.020*** -0.004** 

 (0.021) (0.006) (0.002) (0.002) (0.002) 

PendDifft 0.004 -0.002 -0.000 0.000 0.002 

 (0.017) (0.004) (0.001) (0.001) (0.001) 

Ln(Length)t -0.029 -0.037*** -0.003 0.015*** -0.006***  
(0.022) (0.006) (0.002) (0.002) (0.002) 

IRt -0.009 -0.017*** -0.002 0.001 -0.002  
(0.025) (0.006) (0.002) (0.002) (0.002) 

Hourt 0.026 -0.016 0.036*** 0.067*** -0.012***  
(0.035) (0.010) (0.003) (0.003) (0.003) 

Guidancet 0.022 0.017*** 0.014*** -0.011*** 0.010***  
(0.014) (0.005) (0.001) (0.002) (0.001) 

GuidSurpt 0.113*** 0.129*** 0.056*** -0.062*** 0.037***  
(0.016) (0.005) (0.001) (0.001) (0.002) 

DeltaEPSt -1.399*** -0.191*** -0.062*** 0.060*** -0.047***  
(0.094) (0.021) (0.005) (0.007) (0.008) 

DeltaEPS_ 

IBESt 

-1.148*** 0.097*** -0.022*** 0.023*** -0.063*** 

(0.050) (0.010) (0.002) (0.003) (0.005) 

Ln(MV)t 0.684*** 0.010* 0.011*** -0.006*** 0.015***  
(0.048) (0.006) (0.001) (0.002) (0.003) 

BtMt 0.325*** 0.255*** 0.032*** -0.036*** 0.066***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

ROAt -0.159*** 0.106*** 0.002 -0.005** 0.006*  
(0.038) (0.010) (0.002) (0.003) (0.004) 

Altman_Zt -0.010 -0.049*** 0.012*** -0.015*** 0.008***  
(0.030) (0.011) (0.003) (0.003) (0.003) 

Accrualt -0.095*** -0.105*** -0.004*** 0.004** -0.004**  
(0.019) (0.007) (0.001) (0.002) (0.002) 

Levt 0.139*** 0.005 0.004 0.005 -0.015***  
(0.045) (0.010) (0.003) (0.003) (0.004) 

RetSDt 0.023 0.056*** 0.002 0.004* -0.031***  
(0.031) (0.008) (0.002) (0.002) (0.003) 

Ngeot 0.134*** 0.013 -0.005 0.004 -0.007* 
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Table 12 Panel E, continued    
 

(0.048) (0.014) (0.004) (0.005) (0.004) 

Nbust 0.054 0.001 -0.001 0.005 0.004  
(0.036) (0.010) (0.003) (0.004) (0.003) 

FcastSDt -0.023 0.007 0.005*** 0.005** -0.018***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

Coveraget 0.090** 0.015 0.005 0.009** 0.014***  
(0.039) (0.011) (0.003) (0.004) (0.003) 

Instownt -0.172*** -0.010 -0.003 0.009*** 0.002  
(0.042) (0.010) (0.003) (0.003) (0.004) 

Adjusted R2 0.109 0.135 0.178 0.202 0.245 

Firm/Year/

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel F. Minimum as the benchmark 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_mt -0.030** -0.001*** -0.003*** 0.004*** -0.002** 

(0.012) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.024 -0.000 0.001 -0.000 -0.001  
(0.019) (0.000) (0.001) (0.002) (0.001) 

BeginDiff_mt 0.023* 0.002*** 0.004*** -0.006*** 0.003***  
(0.012) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.202*** 0.020*** 0.048*** -0.062*** 0.039*** 

 (0.034) (0.001) (0.003) (0.003) (0.003) 

Ptone_avgt 0.005 -0.002*** -0.000 0.016*** -0.003** 

 (0.016) (0.000) (0.001) (0.002) (0.001) 

PendDifft 0.002 -0.000 -0.000 0.000 0.001 

 (0.009) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.071 -0.007*** -0.005 0.035*** -0.014***  
(0.053) (0.001) (0.004) (0.005) (0.004) 

IRt -0.018 -0.003*** -0.003 0.003 -0.005  
(0.049) (0.001) (0.004) (0.004) (0.004) 

Hourt 0.008 -0.000 0.011*** 0.020*** -0.004***  
(0.010) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.060 0.004*** 0.038*** -0.030*** 0.026***  
(0.038) (0.001) (0.004) (0.004) (0.004) 

GuidSurpt 0.408*** 0.039*** 0.204*** -0.223*** 0.134***  
(0.057) (0.001) (0.005) (0.005) (0.007) 

DeltaEPSt -0.905*** -0.010*** -0.040*** 0.039*** -0.031***  
(0.061) (0.001) (0.004) (0.004) (0.005) 

DeltaEPS_ 

IBESt 

-3.453*** 0.024*** -0.067*** 0.069*** -0.188*** 

(0.150) (0.003) (0.007) (0.008) (0.014) 

Ln(MV)t 0.194*** 0.000* 0.003*** -0.002*** 0.004***  
(0.014) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.482*** 0.031*** 0.048*** -0.053*** 0.098***  
(0.049) (0.001) (0.002) (0.003) (0.005) 

ROAt -4.686*** 0.260*** 0.046 -0.152* 0.176  
(1.114) (0.025) (0.060) (0.078) (0.108) 

Altman_Zt -0.002 -0.001*** 0.003*** -0.003*** 0.002***  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -2.662*** -0.246*** -0.120*** 0.108** -0.109**  
(0.537) (0.015) (0.037) (0.045) (0.050) 

Levt 0.489*** 0.001 0.013 0.016 -0.052***  
(0.160) (0.003) (0.010) (0.012) (0.013) 

RetSDt 1.814 0.355*** 0.189 0.285* -2.390***  
(2.396) (0.049) (0.131) (0.155) (0.213) 

Ngeot 0.262*** 0.002 -0.009 0.008 -0.013* 
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Table 12 Panel F, continued    
 

(0.094) (0.002) (0.008) (0.009) (0.008) 

Nbust 0.117 0.000 -0.001 0.010 0.009  
(0.076) (0.002) (0.007) (0.008) (0.007) 

FcastSDt -0.567 0.014 0.109*** 0.119** -0.423***  
(0.777) (0.014) (0.039) (0.047) (0.072) 

Coveraget 0.013** 0.000 0.001 0.001** 0.002***  
(0.006) (0.000) (0.000) (0.001) (0.000) 

Instownt -0.879*** -0.004 -0.014 0.047*** 0.010  
(0.216) (0.004) (0.014) (0.017) (0.019) 

Adjusted R2 0.109 0.136 0.179 0.203 0.245 

Firm/Year/ 

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Panel G. Different scaling variable for ending on a high note 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_st -0.059** -0.033*** -0.006*** 0.011*** -0.005** 

(0.030) (0.008) (0.002) (0.002) (0.002) 

AtoneSDt 0.094 -0.084 -0.005 0.015 0.008  
(0.189) (0.052) (0.014) (0.016) (0.014) 

BeginDiff_st 0.084*** 0.058*** 0.011*** -0.016*** 0.012***  
(0.031) (0.008) (0.002) (0.002) (0.002) 

Atone_avgt 0.410*** 0.497*** 0.101*** -0.126*** 0.090*** 

 (0.072) (0.020) (0.005) (0.006) (0.006) 

Ptone_avgt -0.000 0.000 0.000 0.000 0.000 

 (0.000) (0.000) (0.000) (0.000) (0.000) 

PendDifft 0.005 -0.001 0.000 -0.000 0.002 

 (0.017) (0.004) (0.001) (0.001) (0.001) 

Ln(Length)t -0.072 -0.093*** -0.007* 0.037*** -0.015***  
(0.052) (0.013) (0.004) (0.004) (0.004) 

IRt -0.008 -0.017*** -0.002 0.002 -0.003  
(0.025) (0.006) (0.002) (0.002) (0.002) 

Hourt 0.027 -0.016* 0.036*** 0.067*** -0.012***  
(0.035) (0.010) (0.003) (0.003) (0.003) 

Guidancet 0.023 0.017*** 0.014*** -0.011*** 0.010***  
(0.014) (0.005) (0.001) (0.002) (0.001) 

GuidSurpt 0.113*** 0.130*** 0.056*** -0.062*** 0.037***  
(0.016) (0.005) (0.001) (0.001) (0.002) 

DeltaEPSt -1.399*** -0.193*** -0.062*** 0.062*** -0.047***  
(0.093) (0.021) (0.005) (0.007) (0.008) 

DeltaEPS_ 

IBESt 

-1.146*** 0.098*** -0.022*** 0.023*** -0.062*** 

(0.050) (0.010) (0.002) (0.003) (0.005) 

Ln(MV)t 0.684*** 0.010* 0.011*** -0.006*** 0.015***  
(0.048) (0.006) (0.001) (0.002) (0.003) 

BtMt 0.325*** 0.255*** 0.032*** -0.036*** 0.066***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

ROAt -0.158*** 0.106*** 0.002 -0.005** 0.006  
(0.038) (0.010) (0.002) (0.003) (0.004) 

Altman_Zt -0.011 -0.051*** 0.012*** -0.015*** 0.008***  
(0.030) (0.011) (0.003) (0.003) (0.003) 

Accrualt -0.095*** -0.105*** -0.004*** 0.004** -0.004**  
(0.019) (0.007) (0.001) (0.002) (0.002) 

Levt 0.140*** 0.005 0.004 0.005 -0.015***  
(0.046) (0.010) (0.003) (0.003) (0.004) 

RetSDt 0.024 0.056*** 0.003 0.004** -0.031***  
(0.031) (0.008) (0.002) (0.002) (0.003) 

Ngeot 0.135*** 0.012 -0.005 0.005 -0.007* 
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Table 12 Panel G, continued    
 

(0.048) (0.014) (0.004) (0.005) (0.004) 

Nbust 0.056 0.000 -0.000 0.005 0.004  
(0.036) (0.010) (0.003) (0.004) (0.003) 

FcastSDt -0.024 0.006 0.005*** 0.005*** -0.018***  
(0.033) (0.007) (0.002) (0.002) (0.003) 

Coveraget 0.092** 0.016 0.005 0.008** 0.014***  
(0.039) (0.011) (0.003) (0.004) (0.003) 

Instownt -0.172*** -0.010 -0.003 0.009*** 0.002  
(0.042) (0.010) (0.003) (0.003) (0.004) 

Adjusted R2 0.109 0.136 0.179 0.200 0.246 

Firm/Year/

Qtr FE YES YES YES YES YES 

This panel reports OLS regression estimates with a sample of 57,372 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 

 

The results are robust to a larger sample when I remove the requirement for 

institutional ownership data and do not control for institutional ownership in this test. 

This robustness check enhances the generalizability of the results as institutional 

ownership data covers larger and more profitable firms. I report the results in Table 13. 
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Table 13. Robustness Analysis – A Bigger Sample 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_rt -0.023* -0.001*** -0.003*** 0.003*** -0.000 

(0.012) (0.000) (0.001) (0.001) (0.001) 

AtoneSDt 0.018 -0.000 0.001 -0.000 0.001  
(0.021) (0.000) (0.001) (0.001) (0.002) 

BeginDifft 0.036*** 0.002*** 0.004*** -0.006*** 0.004***  
(0.013) (0.000) (0.001) (0.001) (0.001) 

Atone_avgt 0.259*** 0.021*** 0.049*** -0.061*** 0.050*** 

 (0.037) (0.001) (0.002) (0.003) (0.004) 

Ptone_avgt 0.012 -0.002*** -0.001 0.016*** -0.004** 

 (0.018) (0.000) (0.001) (0.001) (0.002) 

PendDifft 0.008 -0.000 -0.000 0.001 0.001 

 (0.010) (0.000) (0.001) (0.001) (0.001) 

Ln(Length)t -0.138** -0.007*** -0.008** 0.036*** -0.017**  
(0.055) (0.001) (0.003) (0.004) (0.006) 

IRt -0.047 -0.002** -0.004 0.003 -0.007  
(0.053) (0.001) (0.003) (0.004) (0.006) 

Hourt 0.002 -0.000** 0.011*** 0.020*** -0.005***  
(0.011) (0.000) (0.001) (0.001) (0.001) 

Guidancet 0.025 0.003*** 0.037*** -0.032*** 0.032***  
(0.042) (0.001) (0.004) (0.004) (0.005) 

GuidSurpt 0.460*** 0.041*** 0.204*** -0.225*** 0.163***  
(0.061) (0.001) (0.005) (0.005) (0.010) 

DeltaEPSt -0.945*** -0.011*** -0.035*** 0.036*** -0.030***  
(0.060) (0.001) (0.003) (0.004) (0.008) 

DeltaEPS_ 

IBESt 

-3.505*** 0.021*** -0.060*** 0.058*** -0.251*** 

(0.146) (0.002) (0.006) (0.007) (0.022) 

Ln(MV)t 0.198*** 0.000*** 0.003*** -0.002*** 0.005***  
(0.013) (0.000) (0.000) (0.000) (0.001) 

BtMt 0.233*** 0.012*** 0.020*** -0.023*** 0.093***  
(0.028) (0.001) (0.001) (0.001) (0.005) 

ROAt -4.654*** 0.323*** 0.124** -0.236*** 0.503***  
(1.188) (0.022) (0.050) (0.064) (0.160) 

Altman_Zt -0.009 -0.001*** 0.003*** -0.003*** 0.001  
(0.007) (0.000) (0.001) (0.001) (0.001) 

Accrualt -3.155*** -0.261*** -0.144*** 0.133*** -0.189**  
(0.560) (0.014) (0.034) (0.042) (0.074) 

Levt 0.171 0.005* 0.007 0.015* -0.089***  
(0.167) (0.003) (0.008) (0.009) (0.018) 

RetSDt 1.616 0.333*** 0.308*** 0.068 -3.023***  
(2.538) (0.045) (0.117) (0.137) (0.350) 

Ngeot 0.154* 0.000 -0.003 0.001 -0.014  
(0.082) (0.002) (0.006) (0.007) (0.011) 
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Table 13, continued    

Nbust 0.032 0.001 0.002 0.003 0.007  
(0.079) (0.002) (0.005) (0.007) (0.009) 

FcastSDt -0.262 0.010 0.101*** 0.024 -0.592***  
(0.694) (0.010) (0.027) (0.031) (0.096) 

Coveraget 0.014** 0.000 0.000 0.001* 0.002**  
(0.006) (0.000) (0.000) (0.000) (0.001) 

Adjusted R2 0.098 0.108 0.168 0.192 0.293 

Firm/Year/

Qtr FE YES YES YES YES YES 

This table reports OLS regression estimates with a sample of 69,525 firm-quarter 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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Moreover, the main results are not sensitive to whether I include industry or firm 

fixed effects as shown in Table 14.  

Table 14. Robustness Analysis – Rank Variables for Ending on a High Note 

  (1) (2) (3) (4) (5) 

 DeltaEPSt+1 CAR [-1,1] PropUpt PropDownt AmountRevt 

EndDiff_rt -0.036** -0.019*** -0.004*** 0.005*** -0.002 

(0.016) (0.004) (0.001) (0.001) (0.001) 

AtoneSDt 0.027* -0.004 0.001 -0.000 -0.000  
(0.016) (0.004) (0.001) (0.001) (0.001) 

BeginDifft 0.042** 0.039*** 0.007*** -0.010*** 0.007***  
(0.017) (0.004) (0.001) (0.001) (0.001) 

Atone_avgt 0.100*** 0.103*** 0.019*** -0.023*** 0.013*** 

 (0.016) (0.004) (0.001) (0.002) (0.001) 

Ptone_avgt 0.012 -0.022*** -0.001 0.021*** -0.008*** 

 (0.014) (0.004) (0.001) (0.002) (0.001) 

PendDifft 0.004 -0.003 -0.001 0.002 0.001 

 (0.015) (0.004) (0.001) (0.001) (0.001) 

Ln(Length)t -0.034** -0.026*** -0.001 0.015*** -0.006***  
(0.017) (0.005) (0.002) (0.002) (0.002) 

IRt 0.011 -0.014*** 0.001 0.004** -0.004**  
(0.015) (0.005) (0.002) (0.002) (0.002) 

Hourt -0.023 -0.017*** 0.040*** 0.068*** -0.014***  
(0.015) (0.005) (0.002) (0.002) (0.002) 

Guidancet 0.014 0.016*** 0.017*** -0.008*** 0.005***  
(0.013) (0.004) (0.001) (0.001) (0.001) 

GuidSurpt 0.129*** 0.136*** 0.060*** -0.065*** 0.040***  
(0.015) (0.005) (0.001) (0.001) (0.002) 

DeltaEPSt -0.233*** 0.001 0.003 -0.008** 0.011***  
(0.027) (0.008) (0.003) (0.003) (0.003) 

DeltaEPS_ 

IBESt 

-0.479*** 0.057*** -0.007*** 0.012*** -0.037*** 

(0.030) (0.006) (0.002) (0.002) (0.003) 

Ln(MV)t 0.788*** 0.013** 0.014*** -0.009*** 0.017***  
(0.046) (0.005) (0.001) (0.002) (0.002) 

BtMt 0.333*** 0.242*** 0.033*** -0.035*** 0.064***  
(0.031) (0.007) (0.002) (0.002) (0.003) 

ROAt -0.130*** 0.092*** 0.002 -0.004** 0.003  
(0.024) (0.007) (0.002) (0.002) (0.003) 

Altman_Zt -0.091*** -0.010* 0.006*** -0.007*** 0.006***  
(0.017) (0.006) (0.002) (0.002) (0.002) 

Accrualt -0.098*** -0.105*** -0.006*** 0.005*** -0.004**  
(0.019) (0.006) (0.001) (0.002) (0.002) 

Levt 0.053** 0.028*** 0.004** 0.000 -0.012*** 
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Table 14, continued    
 

(0.025) (0.006) (0.002) (0.002) (0.003) 

RetSDt -0.052** 0.049*** 0.006*** 0.007*** -0.041***  
(0.026) (0.007) (0.002) (0.002) (0.003) 

Ngeot 0.071*** 0.000 -0.000 0.010*** -0.012***  
(0.016) (0.005) (0.002) (0.002) (0.002) 

Nbust 0.050*** 0.005 0.001 0.008*** 0.002  
(0.014) (0.005) (0.002) (0.002) (0.002) 

FcastSDt 0.015 -0.001 0.013*** 0.011*** -0.021***  
(0.022) (0.005) (0.002) (0.002) (0.003) 

Coveraget 0.030 0.002 0.006** -0.003 0.001  
(0.021) (0.007) (0.002) (0.003) (0.002) 

Instownt -0.057*** 0.002 -0.001 0.003 0.007***  
(0.016) (0.005) (0.002) (0.002) (0.002) 

Adjusted R2 0.096 0.114 0.134 0.150 0.185 

Ind/Year/  

Qtr FE YES YES YES YES YES 

This table reports OLS regression estimates with a sample of 57,372 firm-year 

observations. The numbers in parentheses are standard errors clustered by firm. *, **, and 

*** indicate significance at the 10%, 5%, and 1% levels in two-tailed tests, respectively. 

All variables are defined in Appendix A. 
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CHAPTER 6 

CONCLUSION 

 

This study examines whether managers end on a high note for the Q&A session of 

the earnings calls and how market participants react to it. The psychology literature 

suggests that if managers leave a more positive last impression, then they can manage their 

audience’s perception of the firm upward. I find that managers tend to follow this 

conventional wisdom and end their earnings calls on a high note. I identify a negative 

association between the relative managerial tone at the end of an earnings call and the 

firm’s current and future performance, suggesting that managers likely end on a high note 

to mask negative information about performance. I find that the market has a negative 

immediate reaction to managers’ ending calls on high notes, suggesting that investors view 

the more positive tone at the end of the Q&A session as a negative signal. I also find that 

analysts revise their forecasts for the next quarter downward following an earnings call that 

ends on a high note, and they correctly anticipate the decrease in future performance. Taken 

together, the empirical evidence indicates that managers do not successfully mislead stock 

market participants by ending on a high note.17  

This study combines behavioral psychology theory and textual analysis to study 

managers’ opportunistic behavior during earnings calls, which is an important question in 

the disclosure research in accounting. This dissertation makes three contributions. First, it 

provides new insights on managers’ choice of words to communicate information about 

                                                 
17 As mentioned, managers may still want to end on a high note given the negative market reactions because 

the perceptions of other stakeholders might be affected.   
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firm performance by showing that managers, as information preparers, tend to end 

earnings calls with a more positive tone to leverage the impact of the recency effect on 

the information receivers. Second, this study further suggests the potentially important 

economic consequences associated with managers’ ending on a high note. The relative 

ending managerial tone in earnings calls is economically significant. For example, its 

effect on abnormal stock return is about 10% of that of unexpected earnings. Third, this 

study adds to the research on the recency effect and market efficiency by showing that 

while all individuals are likely susceptible to the recency effect, sophisticated 

professionals such as investors and analysts are able to successfully guard against this 

effect and see through managers’ attempts to manipulate them. Future research could 

extend this line of inquiry to other voluntary or mandatory disclosures. Analyzing 

systematic tone variations in different types of disclosures could help to further 

understand managerial incentives and opportunistic behavior. 
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APPENDIX A 

VARIABLE DEFINITIONS 

 

Variable Definition 

EndDiff The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 80%-90% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

DeltaEPS Seasonally-adjusted quarterly earnings growth, calculated 

as the change in split-adjusted quarterly earnings per 

share (EPS) from its value in the same quarter of the 

previous year scaled by lagged stock price. 

DeltaEPS_IBES The difference between actual EPS and analyst consensus 

forecast scaled by stock price. 

CAR [-1,1] Cumulative market-adjusted abnormal return over the 3-

day window with day 0 being the earnings call date. 

CAR [2,30] Cumulative market-adjusted abnormal return over the 29-

day window with day 0 being the earnings call date. 

PropUp The number of analysts announcing higher forecasts for 

the next quarter within 20 days after the earnings call 

(excluding the earnings call date) relative to their 

forecasts made before the earnings call scaled by the total 

number of analysts following the firm. To alleviate the 

concern of potential stale forecasts, I calculate the 

forecast revisions of each individual analyst using the 

most recent outstanding forecast that is announced within 

90 days before the measurement date.  

PropDown The number of analysts announcing lower forecasts for 

the next quarter within 20 days after the earnings call 

(excluding the earnings call date) relative to their 

forecasts made before the earnings call scaled by the total 

number of analysts following the firm. To alleviate the 

concern of potential stale forecasts, I calculate the 

forecast revisions of each individual analyst using the 
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most current outstanding forecast that is announced 

within 90 days before the measurement date. 

AmountRev Average analyst forecast revision for next quarter EPS 

scaled by the median stock price during 30 days before 

the earnings call, where the forecast revision for each 

analyst is calculated as his most recent estimate issued 

within 20 days following the earnings call less his last 

estimate issued before the earnings call (as long as it is 

within 90 days before the earnings call). I code the 

forecast revision as zero if an individual analyst does not 

announce an estimate in either pre- or post- period.  

AtoneSD The standard deviation of the linguistic tone of managers’ 

answers within the Q&A session of an earnings call. 

BeginDiff The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 

tone of the answers in the 80%-90% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

QEndDiff The relative ending linguistic tone of analysts’ questions, 

calculated as the average tone of the last 10% of 

questions minus the average tone of the questions in the 

80%-90% interval. The linguistic tone of each answer is 

calculated as the positive word count minus the negative 

word count scaled by the total number of words and 

multiplied by 100, where I count the positive and 

negative words based on the dictionary described in 

Chapter 3.2.   

QBeginDiff The change in the linguistic tone of analysts’ questions 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% questions minus the average 

tone of the questions in the 80%-90% interval. The 

linguistic tone of each questions is calculated as the 

positive word count minus the negative word count scaled 

by the total number of words and multiplied by 100, 

where I count the positive and negative words based on 

the dictionary described in Chapter 3.2.   
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EndDiffPos The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 80%-90% 

interval. The linguistic tone of each answer is calculated 

as the positive word count scaled by the total number of 

words and multiplied by 100, where I count the positive 

words based on the dictionary described in Chapter 3.2.   

EndDiffNeg The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 80%-90% 

interval. The linguistic tone of each answer is calculated 

as the negative word count scaled by the total number of 

words and multiplied by 100, where I count the negative 

words based on the dictionary described in Chapter 3.2.   

EndDiff_3 The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 3% of answers 

minus the average tone of the answers in the 89%-91% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

BeginDiff_3 The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 3% answers minus the average tone 

of the answers in the 89%-91% interval. The linguistic 

tone of each answer is calculated as the positive word 

count minus the negative word count scaled by the total 

number of words and multiplied by 100, where I count 

the positive and negative words based on the dictionary 

described in Chapter 3.2.   

EndDiff_70 The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 65%-75% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

BeginDiff_70 The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 
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tone of the answers in the 65%-75% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

EndDiff_75 The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 70%-80% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

BeginDiff_75 The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 

tone of the answers in the 70%-80% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

EndDiff_80 The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 75%-85% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

BeginDiff_80 The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 

tone of the answers in the 75%-85% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

EndDiff_r The relative ending linguistic tone of managers’ answers, 

calculated as the percentile rank of average tone of the 
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last 10% of answers minus the percentile rank of average 

tone of the answers in the 80%-90% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

BeginDiff_r The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the 

percentile rank of average tone of the beginning 10% 

answers minus the percentile rank of average tone of the 

answers in the 80%-90% interval. The linguistic tone of 

each answer is calculated as the positive word count 

minus the negative word count scaled by the total number 

of words and multiplied by 100, where I count the 

positive and negative words based on the dictionary 

described in Chapter 3.2.   

EndDiff_m The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in minimum 10% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

BeginDiff_m The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 

tone of the answers in the minimum 10% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of words and multiplied by 100, where I 

count the positive and negative words based on the 

dictionary described in Chapter 3.2.   

EndDiff_s The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 80%-90% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of positive and negative words 

and multiplied by 100, where I count the positive and 
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negative words based on the dictionary described in 

Chapter 3.2.   

BeginDiff_s The change in the linguistic tone of managers’ answers 

during the beginning and middle parts in the Q&A 

session of a given earnings call, calculated as the average 

tone of the beginning 10% answers minus the average 

tone of the answers in the 80%-90% interval. The 

linguistic tone of each answer is calculated as the positive 

word count minus the negative word count scaled by the 

total number of positive and negative words and 

multiplied by 100, where I count the positive and 

negative words based on the dictionary described in 

Chapter 3.2.   

Ptone_avg The average tone of the presentation session, calculated 

as the positive word count minus the negative word count 

scaled by the total number of words in the presentation 

session and multiplied by 100, where I count the positive 

and negative words based on the dictionary described in 

Chapter 3.2.   

Atone_avg The average tone of the Q&A session, calculated as the 

positive word count minus the negative word count scaled 

by the total number of words in the Q&A session and 

multiplied by 100, where I count the positive and 

negative words based on the dictionary described in 

Chapter 3.2.   

PendDiff The relative ending linguistic tone of managers’ answers, 

calculated as the average tone of the last 10% of answers 

minus the average tone of the answers in the 80%-90% 

interval. The linguistic tone of each answer is calculated 

as the positive word count minus the negative word count 

scaled by the total number of words and multiplied by 

100, where I count the positive and negative words based 

on the dictionary described in Chapter 3.2.   

Ln(Length) The total number of words spoken in the Q&A session of 

an earnings call. 

IR An indicator variable that equals 1 if an investor relations 

(IR) officer participates in a given earnings call and 0 

otherwise. Following Chapman, Miller, and White 

(2019), I infer the existence of the IR officer by checking 

whether the titles of corporate participants listed on the 

earnings call transcripts include the words “IR”, “investor 

relations”, “investor”, “public relations”, “external 

relations”, or “strategic.” 
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Hour The hour of a given earnings call’s initiation, measured in 

local time of the holding firm.  

Guidance An indicator variable that equals 1 if a firm provides 

earnings guidance for the next quarter on the day of the 

earnings call and 0 otherwise. 

GuidSurp The managerial guidance surprise for the next quarter 

issued on the day of a given earnings call, coded as 1 if 

positive, -1 if negative, and 0 if not applicable or zero. 

Ln(MV) The natural logarithm of the market capitalization at the 

beginning of the quarter, calculated as stock price times 

the number of common shares outstanding.  

BtM Book-to-market ratio, calculated as the book value of 

equity divided by the market value of equity (stock price 

times the number of common shares outstanding). 

ROA Earnings before extraordinary items scaled by the average 

total assets of previous and concurrent quarters. 

Altman_Z Altman’s Z-Score, calculated as 1.2 × (working capital/ 

total assets) +1.4× (retained earnings/total assets) + 3.3 × 

(EBIT/total assets) + 0.6× (market value of equity/book 

value of total liabilities) + (sales/total assets). 

Accrual Total accruals, calculated as the earnings minus operating 

cash flow scaled by the total assets.  

Lev Long-term debt to total assets ratio. 

RetSD The standard deviation of daily stock returns for the 90 

days window before a given earnings call.  

Ngeo The natural logarithm of the number of geographic 

segments.  

Nbus The natural logarithm of the number of business 

segments.  

FcastSD The standard deviation of analysts’ forecasts announced 

before an earnings call.  

Coverage The number of analysts following a given firm before an 

earnings call. 

Instown Institutional ownership, calculated as the percentage of a 

firm’s shares held by institutional investors. 
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