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RESEARCH ESSAY

When your data has COVID-19: how the changing context disrupts data 
collection and what to do about it
Barbara Prommegger a, Jason Bennett Thatcher b, Manuel Wiesche c and Helmut Krcmar a

aChair for Information Systems, Technical University of Munich, Munich, Germany; bDepartment of Management Information Systems, 
Temple University, Philadelphia, PA, USA; cChair for Digital Transformation, TU Dortmund University, Dortmund, Germany

ABSTRACT
Global crises, such as the COVID-19 pandemic, change the context for research and bring with 
them many professional challenges for IS researchers – not the least of which is disrupting 
carefully thought-out data collection efforts. In this confessional tale, we describe how moving 
from an “open research ecosystem” to a “socially distanced research ecosystem” has affected 
a long-planned data collection effort. While government orders to socially distance and 
physically isolate may have made the world “stand still” for some, we found that these orders 
had dynamic and consequential effects for our in-process research. Against the backdrop of 
significant threats posed by the contextual change to our data collection, we explain how the 
crisis also opened up opportunities to invigorate our understanding of how the environment 
affects how we conduct research. We conclude our tale with guidelines for how to successfully 
respond when your research is interrupted by a change of context.
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1. Introduction

Within a very short time, COVID-19 has become 
a defining feature of daily life on every continent. 
The pandemic has resulted in government admonish-
ments to stay home and the implementation of neces-
sary restrictions to maintain the integrity of health 
care systems in many countries. It has also introduced 
substantial economic uncertainty, with the World 
Bank suggesting as much as a 5.2 percent contraction 
in the global gross domestic product (The World 
Bank, 2020). As we write this, it is unclear when the 
pandemic will end; indeed, we are hard pressed to 
predict the long-term consequences of the lockdown 
caused by COVID-19 for individuals’ private and pro-
fessional lives, or for that matter, for broader societies 
and economies (Baker et al., 2020).

COVID-19 has touched people’s public life, work 
life, and private life, making it urgent to look at the 
effects of the pandemic from different perspectives. 
This urgency is felt across many fields of research, 
with leading journals like Nature and associations 
like the APA calling for the investigation of the effects 
of the disease and its impact on people across the 
world (American Psychological Association, 2020; 
Nature, 2020). This urgency has led to numerous, 
rapid academic publications concerning the disease 
and its effects on people in various fields of research 
such as medicine, economics, psychology, and man-
agement (Chen et al., 2020; Sohrabi et al., 2020; Wang 
et al., 2020).

Like many academics and citizen scientists, IS scho-
lars have stepped up to study COVID-19 and related 
social and economic challenges (see for example, 
Laato et al. (2020), Nabity-Grover et al. (2020), and 
Waizenegger et al. (2020)). Such responses are consis-
tent with our discipline’s tradition of active engage-
ment with real-world problems (Forster & Tang, 2005; 
Leidner et al., 2009), such as preparing for the Year 
2000 (Zmud & Kappelman, 1997), understanding the 
dotcom bubble in 2002 (Howcroft, 2001; Panko, 2008; 
Weber, 2004), or reflecting on how innovation 
sparked by the 2009–2012 financial crises resulted in 
technologies and markets that can respond to difficult, 
dynamic problems (Gozman & Currie, 2014; Wolf 
et al., 2012).

While it appears that times of crises create oppor-
tunities for IS researchers to not only help the world, 
but also to think more deeply about how sociotechni-
cal systems shape the world around us, the pandemic 
clearly illustrates that researchers should consider how 
change of context could disrupt planned or ongoing 
studies. Thus, in this paper, we use our experience 
conducting research during the COVID-19 pandemic 
as a backdrop to investigate How do we conduct rigor-
ous, relevant research in the field against the backdrop 
of changing context?

While the pandemic made the changed context 
easily noticeable, our experience suggests that 
researchers should be aware not only of abrupt 
changes in the context, but also of gradual changes 
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that might not be recognisable at first glance. Abrupt 
or gradual changes in the technology context, such as 
artificial intelligence, might shift firms’ IT strategies as 
easily as changes in the legal context, such as new data 
protection laws, might shift the relationship between 
trust and use of technologies by end users.

The question of how changing context affects 
research is especially important right now, because 
we are witnessing a massive disruption in how 
people live and work, with rapid, IT-enabled tran-
sitions from working in an office to working at 
home. While it is gratifying to witness the resili-
ence of our sociotechnical systems, the speed and 
the surprise with which this disruption emerged is 
at odds with our careful, methodical IS research 
tradition. Noticeably absent is mindful reflection 
on what this disruption means for our ability to 
make inferences based on our observations of 
rapidly changing sociotechnical systems, and our 
scholarship risks missing opportunities that help 
us better understand how to manage IT and the 
people who interact with them.

In this paper, we present a confessional tale that 
uses our experience as scholars to glean insight into 
how to conduct rigorous, relevant IS scholarship dur-
ing a crisis which substantially affects people’s life and 
the economic conditions of countries all over the 
world, such as COVID-19. We present the impact of 
contextual changes on our ongoing study of the IT 
workforce. Since IT professionals, like many other 
professions, were significantly affected by the lock-
down due to COVID-19, we think that this context 
serves as an excellent example of the impact of the 
pandemic on IS research. We tell the story of how the 
pandemic unfolded, the unexpected disruptions in 
where people worked, a broader pattern of environ-
mental fissures in how we work, and the systematic 
disruption of our team’s carefully planned research 
project. We extract lessons from our experience rele-
vant to not only IS researchers seeking to study the 
implication of COVID-19, but also for researchers 
seeking to sustain their existing research agendas dur-
ing times of contextual change.

Our tale unfolds in four acts. We begin with 
a Prologue, where we concisely review what is 
known about changing contexts and research. Then, 
we turn to Act One, which describes the process 
through which we carefully planned our study. Act 
Two provides more granular detail on how our 
research design and the pandemic jointly impacted 
our data collection effort. Act Three analyzes the 
data as a means to illustrate how the pandemic’s 
early stages affected our participants’ responses. Act 
Four reports lessons learned and implications for 
researchers – be they academic or citizen scientists – 
seeking to conduct data collection against the back-
drop of contextual change.

2. Prologue: contextual change and research

Paying attention to the context, namely the “stimuli 
and phenomena that surround and thus exist in the 
environment external to the individual (Mowday & 
Sutton, 1993)” and reporting its impact is a classic 
concept in social science research (Bamberger, 2008; 
Johns, 2006). Whether it is research at the organisa-
tional (Rousseau & Fried, 2001), group, or indivi-
dual level (Mowday & Sutton, 1993), we are all 
trained to think about the context within which we 
conduct research and its implications for how we 
interpret and draw boundaries around our findings. 
In IS research, attention to the sociotechnical con-
text has been a recurring theme (Davison & 
Martinsons, 2016) shaping the fundamental dis-
course of our discipline, contributing to its distinc-
tiveness and, consequently also shaping its 
legitimacy (Sarker et al., 2019).

Several studies underscore the importance of con-
text and its relationship to generalisability in IS 
research. Our literature is rich in papers that provide 
guidelines for contextual theory development (Hong 
et al., 2013; Siponen & Vance, 2014), robust data 
collection (Steelman et al., 2014), and for measure-
ment of data quality (Timmerman & Bronselaer, 
2019). For those interested in theory, Hong et al. 
(2013) provide guidance on how to contextualise 
established theories or replicate models in different 
contexts. For those interested in testing theory, 
Siponen and Vance (2014) introduce recommenda-
tions on how to contextualise survey instruments in 
IS research. A growing body of work provides insight 
into the implications of context for how we gather and 
assess data. For example, Steelman et al. (2014) have 
evaluated data collection in online crowdsourcing 
markets and find differences based on the geographi-
cal context. Building on such insight, Timmerman and 
Bronselaer (2019) describe how to measure the data 
quality in IS studies and suggest a framework which 
considers what, when, where, how, by whom, which, 
and why data were collected to assess data quality.

While mention of the context receives a significant 
amount of attention in IS research, little of the litera-
ture details the implications of changes of context for 
data collection and study design, such as for the qual-
ity of data collected or the generalisability of findings 
(Onwuegbuzie & McLean, 2003). We know that con-
tamination from the environment and noise in the 
data threatens generalisability of studies and their 
presence requires robustness checks to understand 
their implications (see for example, Park et al. 
(2012)). Suggesting that understanding the implica-
tions of changes in context are important because of 
generalisability or external validity is important for 
quantitative as well as qualitative IS research (Seddon 
& Scheepers, 2012), and under-appreciating 

EUROPEAN JOURNAL OF INFORMATION SYSTEMS 101



implications of changes in context might place gener-
alisability of findings at risk (Cook & Campbell, 1979). 
Therefore, we think it is useful to consider how con-
textual change both affects the data we gather and 
contributes to the understanding that we glean from 
it, without suggesting that it must necessarily under-
mine the validity of our findings.

Against this backdrop of concern about context, 
external validity, and replication in IS research, we are 
not aware of any study that provides guidance on how 
to cope with change of context’s implications for data 
collection, study design, and insights derived from it in 
IS studies. We turn to our confessional tale that illus-
trates how COVID-19 changed the context of our data 
collection in order to elicit broader guidance for how IS 
researchers can cope with and plan for the influence of 
unexpected change in the context of their research.

3. Act one: planning our study

Our study was meant to be normal science. In the 
summer of 2019, our team met to plan a study that 
examined how training affects the career mobility of 
IT professionals. Over the next eight months, we 
defined a research question, built a model that differ-
entiated the effects of different types of training on the 
motivation, commitment, and behaviour of IT profes-
sionals, developed a contextualised set of measures, 
and recruited several firms to participate in our 
study. This process was slow and iterative, with mem-
bers of our research team meeting face to face four 
times with numerous Skype calls in between, conduct-
ing in-person and technology-mediated interviews 
with industry representatives, completing multiple 
iterations of construct measures, and soliciting peer 

review of our model and research design. Slowly and 
steadily, we built a study that we felt was relevant to 
the industry and would yield high impact findings. 
Figure 1 provides an overview of the research design 
process.

In January 2020, as the pandemic slowly gained 
momentum in China, our team met in Germany to 
finalise the design and prepare to launch the data 
collection. We interviewed a high-level executive 
who confirmed the practical relevance of our work, 
met with an IT representative involved in training to 
jointly complete the design of our questionnaire, and 
floated a copy of our questionnaire by union repre-
sentatives. Such care was necessary to properly sample 
the domain of IT training as well as to capture relevant 
training outcomes from the point of view of practicing 
IT professionals and their managers.

In early February, as the first COVID-19 cases were 
reported in Europe, we planned our study’s launch. 
Our questionnaire was reviewed and approved by an 
employee committee and by the corresponding man-
agement team. We further fine-tuned the question-
naire, so that it contained interesting aspects for 
research as well as for practice. As we made minor 
modifications to further take into account industry 
feedback, we scheduled data collection to span from 
late February to April.

In mid-February, as news broke that COVID-19 
might be more problematic than expected, we finalised 
the launch of the data collection. We placed our survey 
online and pretested it. Our organisational colleagues 
provided upbeat reports of continued organisational 
support and their enthusiasm for the project.

In late-February, we felt great as data rolled in, 
because we had ticked all of the prescriptive boxes 
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Figure 1. Process of research study.
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found in the research design and the IT workforce 
literature. Our design was methodical, contextualised, 
and rigorous. What could go wrong?

In May – as we reflect back on the past four 
months – we realise that we were naïve: in our careful 
research design we had not anticipated the effects of 
COVID-19 on our work. As data collection pro-
gressed, governments tightened rules for citizen beha-
viour, workplaces changed, and our respondents 
moved from time spent in the office with colleagues 
to time spent at home with partners and children. 
Soon we realised that while our questionnaire was 
sound; however, the context for data collection was 
changing from week to week, making the outcomes of 
our study unpredictable for us as researchers, but 
more importantly, capturing the influence of eco-
nomic uncertainty due to COVID-19 on employees’ 
perception of their job and employers.

4. Act two: collecting data as the pandemic 
breaks

Our study was intended to follow current calls for 
research on the IT profession (Wiesche et al., 2019) 
and sought to explore the IT training paradox to 
understand why different forms of training bound 
some IT professionals to the firm and pushed others 
away. Our questionnaire included relevant scales from 
Psychology and Human Resources and IS studies. 
Extracts from the questionnaire can be found in 
Table 1.

Our design maximised the chances of capturing 
a representative sample. We adhered to Dillman’s 
prescriptions, taking time to notify participants that 
we were sending a survey, with multiple interim 
reminders, and a final invitation to participate 
(Dillman et al., 2014). The questionnaire was sched-
uled to be available online for about 10 weeks, from 

mid-February to the end of April. To increase gener-
alisability, we took care to collect data from seven 
firms active in the German IT sector.

COVID-19 radically disrupted our design by alter-
ing the context for data collection. When we distrib-
uted the first wave of questionnaires to participants, 
there was still little sign of the – at that time not yet 
officially announced – pandemic in Germany, where 
the survey was conducted. Although we suspected that 
COVID-19 might be dangerous, because one team 
member had recently visited China, we did not foresee 
how seriously the governmental responses to COVID- 
19 would impact our data collection. Table 2 maps the 
progression of COVID-19 in Germany to our data 
collection.

During the last week of February, we distributed the 
first wave of questionnaires and received 14 responses. 
At the beginning of the survey there were 16 COVID- 
19 cases in Germany (Robert Koch Institut, 2020c). 
There were no government restrictions announced, 
but the crisis committee in Germany was convened 
(The Federal Governmant of Germany, 2020b).

In the beginning of the second week, the number of 
infected people had risen to 150 cases in Germany, still 
there were no restrictions, and the risk assessment of 
COVID-19 for Germany was announced as moderate 
(The Federal Governmant of Germany, 2020a). 
However, Italy was declared as one of the first official 
risk areas due to their high number of infected cases 
(Robert Koch Institut, 2020a). We collected 22 
responses in this week.

By mid-March, the number of infected people in 
Germany rose to 4,838 cases. The first restrictions in 
Germany were announced, for example, events with 
more than 1,000 participants were cancelled (The 
Federal Governmant of Germany, 2020c). The 
German government recommended staying at home 
when possible. The economy was not affected at that 

Table 1. Survey design.
Construct Source Example

Training (Type & 
Amount)

- Please indicate what type of training, as well as how much training you have completed in the last 3/6/ 
12 months: 

- Business training Y/N + number of trainings 
- Project management training Y/N + number of trainings 
- Firm-specific training Y/N + number of trainings 
- Leadership training Y/N + number of trainings 
- IT training Y/N + number of trainings 
- Certifications Y/N + number of trainings 
- Private training Y/N + number of trainings

Affective Commitment (Allen & Meyer, 
1990)

I feel a ‘strong’ sense of belonging to my organisation.

Person-Organisation Fit (Venkatesh et al., 
2017)

I fit right into my current organisation.

Job Satisfaction (Tripp et al., 2016) Overall, I am satisfied with my job.
Perceived Job 

Alternatives
(Weng et al., 2010) It would be easy for me to find a new job after leaving this organisation.

Professional 
Commitment

(Meyer et al., 1993) My profession has a great deal of personal meaning for me (adapted).

Professional Ambition (Rothwell et al., 
2008)

I have clear goals for what I want to achieve in life.

Turnover Intention (Moore, 2000) I will probably look for a job at a different company in the next year.
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time, and the unemployment rate even dropped a little 
(Federal Employment Agency of Germany, 2020b). 
Employees were still working from the office. We 
collected 44 responses in this week.

From Week 4 on, the effects of COVID-19 notice-
ably impacted the lives of normal employees. The risk 
assessment of COVID-19 for Germany was changed to 
“high” (Robert Koch Institut, 2020b). Companies 
directed employees to work from home. Our research 
team also moved our work to our homes. Beyond that, 
the German borders got closed and Bavaria (where the 
study was primarily located) declared a curfew 
(Bayerische Staatsregierung, 2020). One author can-
celled plans to attend face-to-face meetings in 
Germany. In this week we collected 63 responses.

The effects of COVID-19 on professional life and 
on the job market in Germany became pronounced 
from Week 5 and 6 of our study. The number of 
infected persons was increasing rapidly. Germany 
allowed companies to announce “short-time work,”1 

of which approximately 650,000 companies in 
Germany were making extensive use at the end of 
Week 6 of our study (Federal Employment Agency 
of Germany, 2020c). For the most part, the economy 
was at a standstill, and gatherings of more than two 
people were prohibited. The unemployment rate 
increased by 0.7 percent within a very short time 
(Federal Employment Agency of Germany, 2020a). 
Planning for companies, as well as their employees, 
was difficult at this time because the current situation 
could not be controlled and the future prospects were 
uncertain. In Week 5 and 6 we collected 99 answers.

Week 7 was characterised by continuing restric-
tions. However, solidarity and habit spread among 
the population. The increase in the number of infected 
people was still rising, but not as strongly as in the few 
weeks prior to Week 7. Employees continued to work 
from home. The economic consequences for compa-
nies and the population of Germany were becoming 
more pronounced. In this week we collected 9 
responses.

Since responses had stopped trickling in, we 
stopped collecting data. In total we had received 251 
complete answers in the 7 weeks.

5. Act three: isolating the effects of the 
pandemic

While we knew the pandemic’s impact on the econ-
omy presented challenges to data collection, we were 
less certain that it disrupted the nomological net that 
predicted IT professional’s behaviour. So we tested 
established relations related to training and turnover 
in the IT workforce literature (Ferratt et al., 2005). 
Nothing worked. Relationships between training and 
career mobility that IT workforce research work had 
verified time and time again were not significant 
(Ferratt et al., 2005; Quan & Cha, 2010; Wingreen & 
Blanton, 2018). These results were exceptional and 
disappointing. While we expected the uncertain eco-
nomic situation due to the pandemic to influence our 
data collection, we had not expected it to disrupt the 
baseline set of relationships that formed a conceptual 
foundation of our model.

Table 2. Data collection while COVID-19 unfolds.

Week  
of survey Dates

Confirmed COVID-19 
Cases in Germany Government responses

Collected 
responses in study

1 24.02. – 01.03. 16–117 ● No governmental restrictions for population
● Germany opens assembly of experts
● Unemployment rate: 5.3 %

14

2 02.03. – 08.03. 150–847 ● No governmental restrictions for population
● Risk assessment of COVID-19 for Germany: moderate
● Official announcement of Italy as a risk area

22

3 09.03. – 15.03. 1,112–4,838 ● Recommendation to stay at home when possible
● Events of over 1,000 people are cancelled
● Official announcement of risk areas around Germany 

(e.g., Italy, Austria, France)
● Unemployment rate 5.1 % (−0.2)

44

4 16.03. – 22.03. 6,012–18,610 ● All German borders get closed;
● Risk assessment of COVID-19: high
● Declaration of curfew in Bavaria;
● Most of companies announce that their staff is recom-

mended to work from home

63

5 23.03. – 29.03. 22,672–52,547 ● Government forbids gatherings of more than 2 people
● Declaration of curfew in further German states
● 470,000 German companies filed for “short-time work”

32

6 30.03. – 05.04. 57,298–91,714 ● Governmental restrictions stay in place
● Obligation to wear masks in some German cities
● 650,000 German companies filed for “short-time work”
● Unemployment rate 5.8 % (+0.7)

67

7 06.04. – 13.04. 95,391–123,016 ● Governmental restrictions stay in place
● 14 day quarantine for homecoming Germans

9
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This initial analysis made us take a step back, and 
consider whether we could isolate the impact of the 
pandemic in our sample of IT professionals. We exe-
cuted four sets of analysis that tested the influence of 
the time stamp of the collected answers on the depen-
dent variables. First, we defined the weeks as 
a progressive, dummy variable and added it to our 
structural equation model to examine its effect on 
different dependent variables, such as turnover inten-
tion, affective commitment, person-organisation fit 
and job satisfaction, or perceived job alternatives. We 
saw that the dummy variable significantly influenced 
turnover intention (β: −0.178; p < 0.001), as well as 
affective commitment (β: 0.176; p < 0.001), and per-
son-organisation fit (β: 0.134; p < 0.05). This means 
that while turnover intention decreased significantly 
in the weeks studied, affective commitment and per-
son-organisation fit significantly increased. This is not 
surprising, as the job market outlook in Germany 
became poorer and more uncertain as the pandemic 
progressed (Federal Ministry for Economic Affairs 
and Energy in Germany, 2020).

We then conducted a wave analysis to understand 
the impact of the rapid economic change caused by 
COVID-19 on our questionnaire. We divided the data 
set into two parts to compare responses at the begin-
ning of the COVID-19 crisis with responses later on in 
the pandemic. We divided answers that we received in 
Weeks 1, 2, and 3 into the pre-crisis period (n = 80) 
and answers in Weeks 5 and 6 into the crisis period 
(n = 99). To test for differences between these time 
periods, we used non-parametric tests (Mann- 
Whitney Test), since our data did not have a normal 
distribution (see Table 6 in the appendix for the 
descriptive statistics). 

We analysed data at the item level and the construct 
level. The results revealed that responses before the 
crises differed significantly from responses during the 
crises for the following constructs: turnover intention, 

affective commitment, person-organisation fit, and 
professional commitment. We found that withdrawal 
cognitions decreased and people felt greater commit-
ment to the organisation and fit with their jobs. While 
turnover intention decreased significantly (mean 1st 
wave: 3.28, mean 2nd wave: 2.59, difference: −0.69, 
p < 0.01), affective commitment (mean 1st wave: 
5.03, mean 2nd wave: 5.53, difference: +0.50, 
p < 0.05), and person-organisation fit increased sig-
nificantly (mean 1st wave: 4.94, mean 2nd wave: 5.36, 
difference +0.42, p < 0.05). We also found a positive, 
significant increase for professional commitment 
(mean 1st wave: 5.23, mean 2nd wave: 5.62, difference: 
+0.39, p < 0.05). There was no significant change for 
the variables perceived job alternatives, job satisfac-
tion, and professional ambition. Table 3 summarises 
the results.

The change between the two waves also became 
clear when we looked at the chronological sequence 
of the answers. Figure 2 shows the decrease in turn-
over intention over the course of the study. The 
plotted question is “How likely is it that you will take 
steps during the next year to secure a job at a different 
company?” Figure 3 shows the increase in affective 
commitment over the course of the study. The plotted 
question is “I enjoy discussing my organization with 
people outside it.”

Finally, we calculated our theoretical model sepa-
rately for the two waves and performed a multi-group 
analysis using SmartPLS (see details in Appendix A). 
The results revealed differences in the influence of 
training on affective commitment, job satisfaction, 
person-organisation fit, and professional ambition. 
While we found significant influence of training on 
these variables for the first group, the second group 
did not show significant effects of training on any 
variable. Also, established relationships worked with 
wave 1, which did not work with wave 2 (see for 
example: job satisfaction -> turnover intention 

Table 3. Differences in responses before and during the pandemic.

Constructs

1st wave 
Mean 
(SD)

2nd wave Mean 
(SD) Difference U Z P-value

Turnover Intention 3.28 
(1.71)

2.59 
(1.70)

−0.69** 2890 −2.193 0.004

Affective Commitment 5.03 
(1.55)

5.53 
(1.45)

+0.50* 2955 −2.401 0.016

Person-Organisation Fit 4.94 
(1.46)

5.36 
(1.38)

+0.42* 3184 −2.043 0.041

Professional Commitment 5.23 
(1.23)

5.62 
(1.16)

+0.39* 3235 −2.137 0.033

Perceived Job Alternatives 5.34 
(1.34)

5.45 
(1.34)

+0.11 3506 −0.975 0.330

Job Satisfaction 5.37 
(1.08)

5.41 
(1.36)

+0.05 3519 −1.077 0.281

Professional Ambition 5.59 
(0.85)

5.64 
(0.76)

+0.05 3831 −0.377 0.706

Significant codes p-value: **: <0.01, *: <0.05
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(β = −.468, p < 0.05) or professional ambition – > 
turnover intention (β = 0.381, p < 0.05)). These results 
indicate that wave 2 is influenced by the contextual 
change and the economic consequences of COVID-19. 
Table 4 provides an overview of the results. Figures 
4–6 show the differences of the waves graphically.

5.1. Changes in context and our findings
The data show how the COVID-19 pandemic influ-
enced our respondents’ perception and intentions. 
First, we observed a significant decrease of turnover 
intention. Due to high economic uncertainty on the 
job market, organisations paused planned hires, for-
cing employees to put their career decisions on hold 
(Chinn et al., 2020). Consequently, our respondents 
responded to the shifting labour market by becoming 

less willing to quit as the pandemic unfolded. Second, 
we observed a significant increase in affective commit-
ment and person-organisation fit. We attribute this 
increase to the generous responses from companies 
due to the current situation around COVID-19. For 
example, two companies announced that employees 
with families would be given more flexibility. Third, 
we observed a significant increase in professional com-
mitment. We suggest that this increase is due to the 
comparatively easy switch to working from home in 
IT and the job security that the IT profession brings 
with it even in times of crises. Due to the nature of IT, 
IT work often can be carried out independent of its 
place of execution (Sarker et al., 2011, 2018). 
Compared to other professions, this makes IT work 
less sensitive to the sudden shift to remote working 
resulting from the crisis.

Figure 2. Change in turnover intention.

Figure 3. Change in affective commitment.
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Table 4. Structural equation modelling for both waves and in total.

Paths in Structural Equation Model
Path Coefficients 

1st wave P-value 1st wave
Path Coefficients 

2nd wave
P-value 

2nd wave
Path Coefficients 

total P-value total

Training 6 Months -> Affective Commitment 0.317* 0.010 0.045 0.683 0.208* 0.011
Training 6 Months -> Job Satisfaction 0.373** 0.000 −0.031 0.751 0.145 0.063
Training 6 Months -> Professional Ambition 0.282* 0.015 0.003 0.988 0.185 0.056

Training 6 Months -> Perc. Job Alternatives 0.120 0.417 0.121 0.378 0.046 0.574
Training 6 Months -> Person Org. Fit 0.273* 0.014 0.060 0.551 0.193* 0.012
Training 6 Months -> Prof. Commitment 0.053 0.747 0.023 0.845 0.065 0.476
Training 6 Months -> Turnover Intention −0.047 0.653 −0.036 0.627 −0.062 0.268

Aff. Commitment -> Turnover Intention −0.309* 0.045 −0.520** 0.001 −0.430** 0.000
Job Satisfaction -> Turnover Intention −0.468* 0.014 −0.145 0.193 −0.184 0.073

Professional Ambition -> Turnover Intention 0.381* 0.025 0.016 0.865 0.136 0.119
Perc. Job Alternatives -> Turnover Intention −0.012 0.918 0.142 0.118 0.102 0.175
Person Org. Fit -> Turnover Intention −0.090 0.652 −0.072 0.659 −0.126 0.340

Prof. Commitment -> Turnover Intention 0.025 0.822 −0.063 0.577 −0.046 0.536

Significant codes p-value: **: <0.01 *: <0.05

Outcome

Training

Affective Commitment

Person-Org. Fit

Prof. Commitment

Prof. Ambition

Job Satisfaction
Firm-specific Training

Leadership Training

General Training

Certificates & IT Training

Private Training

Turnover Intention

.317*

.373**

.273*

Perc. Job Alternatives

-.309*

-.468*

.381*.282*

-.090

.025

-.012

.053  

.120

Figure 4. Results of structural equation model – 1st wave.

Outcome

Training

Affective Commitment

Person-Org. Fit

Prof. Commitment

Prof. Ambition

Job Satisfaction
Firm-specific Training

Leadership Training

General Training

Certificates & IT Training

Private Training

Turnover Intention

Perc. Job Alternatives

-.520**

-.145

.016.003

-.072

-.063

.142

.023

.121

.045

.060

-.031

Figure 5. Results of structural equation model – 2nd wave.

Outcome

Training

Affective Commitment

Person-Org. Fit

Prof. Commitment

Prof. Ambition

Job Satisfaction
Firm-specific Training

Leadership Training

General Training

Certificates & IT Training

Private Training

Turnover Intention

.208*

.145

.193*

Perc. Job Alternatives

-.430**

-.184

.136.185

-.126

-.046

.102

.065

.046

Figure 6. Results of structural equation model – total.
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The contextual changes due to the pandemic had the 
consequence that our analysis of the second wave data did 
not support established relationships. While in the first 
wave data, our model of the influence of training on 
affective commitment, person-organisation fit, and job 
satisfaction was supported, this relationship disappeared 
completely in the second model. The antecedents to turn-
over intention also changed. While in the first model 
affective commitment, job satisfaction, and professional 
ambition significantly influenced turnover intention, in 
the second wave we could only find a strong influence of 
affective commitment on turnover intention. Even one of 
the most established triggers for turnover intention, job 
satisfaction (Joseph et al., 2007), was not significant in the 
second model. These changes illustrate how the change in 
context, evoked by the pandemic, impacted not only our 
data collection but also a well-established nomological 
net of relationships. In the following pages, we provide 
recommendations on how to respond when research is 
interrupted by contextual change.

6. Act four: caution and curiosity

So what to do? Our relatively simple analysis showed 
that data collected during times of contextual change 
could be severely contaminated by external environ-
mental influences. By dividing our data into pre-pan-
demic and pandemic samples and then running 
analysis of different models, we were able to identify 
significant differences not only in the responses, but 
also in well-established sets of relationships. In the 
following, we draw on examples of the impact of the 
uncertain situation due to COVID-19 to inform 
recommendations on how to address issues that arise 
from collecting data during contextual change.

6.1. Conducting research in times of changing 
context

Many researchers, like ourselves, are likely asking 
themselves to what extent they can conduct their 
research against a backdrop of an evolving context. 
This is a challenging question, particularly because 
most research takes place over months or even years. 
On the one hand, it is normal for broader economic 
conditions to impact data collection. For example, 
during a recession, one would expect respondents to 
be generally less optimistic. On the other hand, the 
severity and reach of some current events far exceed 
what is normal, requiring that researchers employ 
a certain degree of caution when it comes to drawing 
inferences from data. Thus, we provide recommenda-
tions for those preparing to design studies and engage 
in data collection (prospective steps), conduct data 
analysis with data that might be affected by contextual 
change (retrospective steps), as well as post-hoc steps 
(supplementary steps), which help to evaluate how 

changing context impacts findings. Table 5 provides 
an overview of the guidelines.

6.2. Prospective steps

For researchers starting a new study which might be 
affected by contextual change, we recommend to con-
sider three additional steps in their research process:

6.2.1. Step 1 – Ground your study in theory, 
because theory still matters
Theory building and application represent the back-
bone of rigorous IS research. Even if the current con-
textual changes caused by the pandemic represent 
major disruptions and might imply that theories can-
not be applied as they usually are, theory should still 
form the basis of rigorous research and should not be 
neglected in times of strong contextual change. We 
even argue that theory is especially important in times 
of contextual change, since it provides a profound 
framework in times of high uncertainty, as well as 
empirical evidence on the validity of the theory across 
contexts. Instead of opting not to ground studies in 
theories, we should rather ask ourselves to what extent 
theories can be used to study current developments. 
Thus, we recommend that established theories should 
first be considered as the basis for research, and where 
possible, expanded or modified to consider contextual 
change. The next steps illustrate more clearly how 
such a modification can take place.

At this point we want to draw your attention to 
contextual change that is so severe that it leads to 
theories which can no longer be applied and thus 
causes a complete shift of the theoretical lens. After 
reviewing the theory in detail and checking for its 
feasibility, you may find that the phenomenon you 
wish to investigate is so radically affected by contextual 
change that it requires reconceptualisation and 
reframing of the study (please see the chapter on 
Radical Contextual Change and Theory Change). In 
such situations, researchers should critically ask – does 
this present an opportunity for theory construction? 
Or establishing new boundaries on existing theory? In 
either scenario, we recommend that authors faithfully 
report the impact of radical contextual change on their 
study. Such reporting is particularly important in the 
research method, in the discussion of the results, and 
in the limitations of the paper, because context will 
shape how readers interpret the results of your study. 
Even though we often tend to associate limitations as 
articulating weaknesses of a study, we suggest authors 
note that a radical contextual change occurred and 
explain how it afforded an opportunity to investigate 
questions and conditions that otherwise would not 
have been possible. If well done, such a limitation 
underscores the strengths of your work.
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6.2.2. Step 2 – Design your data collection to take 
the context into account
As you approach data collection, consider whether the 
context will change the meaning of established con-
structs or relationships, and if so, what that might 
mean for the measurement of key constructs.

● 2a – Consider context that might change. Context 
is highly dependent on the surroundings and the 
environment that exits external to the individual 
(Mowday & Sutton, 1993). Change of context can 
thus result from different sources, such as social, 
regulatory, economic, technological, or 

Table 5. Guidelines for conducting research while considering changing context.

Traditional  
Research Process Additional Steps To Consider Contextual Change Example

Prospective Steps
Study Design Step 1 – Ground your study in theory, because theory still matters Don’t 

neglect theory. Explore whether the theoretical foundation of the study can 
be applied due to contextual change. First, consider potential changes to 
your model, within the constraints of established theories, to be consistent 
with current developments. Second, if this is not possible, cast about for 
a new theory to frame your study. Third, if you cannot find a theory that 
maps to your context and data, consider the changes an opportunity for 
constructing a new theory or testing the boundaries of existing theory.

● Consider additional constructs in your 
model to adapt your theory to current 
circumstances. For example, add “remote 
work” and “supervision of children” as 
additional constructs for capturing job 
demands during COVID-19.

Step 2 – Head your data collection by taking the context into account
● Step 2a – Consider context that might change When designing your study, 

consider contextual change from social, regulatory, economic, and tech-
nological disruptions, which impact expectations and behaviour of 
individuals.

● Step 2b – Consider how the data might be context sensitive
Pay special attention to your constructs and evaluate to which extent they 

are context sensitive. Examine context sensitivity not only on the construct 
level, but also on the item level. Add items to take into account changes.

● Step 2 c – Include context-specific control variables
Collect variables which pay attention to the context as a control to capture 

“noise” in the beliefs and perceptions of individuals.

● Look for incidents related to disruptions 
that reflect the ball of contextual change 
or signal contextual change in progress

● Add additional items to your survey
● Collect control variables for emotional 

state to control for challenging sur-
roundings: e.g., negative affectivity 
(Moore, 2000), anxiety (Thatcher & 
Perrewe, 2002), or technostress (Califf 
et al., 2020)

Data Collection Step 3 – Document the data collection process to consider contextual 
change Record the data collection process as accurately as possible to 
assess the influence of contextual change. Look for striking events during 
data collection that can affect the perception and beliefs of respondents. 
Consider collecting social media posts that capture the sentiment felt by 
members of your sample frame.

● Note remarkable events (Announcements 
in firm, government restrictions, etc.) and 
economic developments (stock prices, 
unemployment rate, etc.) which might 
evoke feelings of uncertainty

Retrospective Steps
Measurement 

Validation & 
Hypotheses Testing

Step 4 – Check your data for contextual change Investigate whether the 
data collected is affected by external influences by looking for unusual 
values or changes in the data which might be a consequence of contextual 
change.

● Check for unusual values in your descrip-
tive statistics (e.g., means, distribution, 
skewness, missing values)

● Test your initial model and check for 
unexpected results

Step 5 – Conduct robustness checks for contextual change
● Step 5a – Isolate the influence Identify which constructs in the model are 

affected by delimiting the influence. Split the data sample based on time 
and respondent demographics and detect differences between subsam-
ples. Compare your results with previous research.

● Step 5b – Control for the influence Integrate control variables which reflect 
contextual shifts during data collection. Next to collected control variables 
in the survey, also integrate publicly available control variables retro-
spectively such as social media data or economic indicators.

● Conduct statistical testing for differences 
of subsamples

● Conduct wave analysis and test your 
model at different times

● Triangulate your data with publicly avail-
able data to gain knowledge based on 
a larger data resource

● Compare your results with previous 
research

● Add economic indicators to control for 
influence of economic uncertainty. (e.g., 
unemployment rate)

Pointing out Limitations Step 6 – Report contextual change in data collection 
Describe your data collection process in detail and point out possible 

limitations due to external influences based on times of crisis.

● Report the exact period of data collection 
(DD/MM/YY), striking events and influen-
cing factors that make the results con-
text-dependent.

Interpretation of Results Step 7 – Discuss the findings with regards to context and contextual 
change Describe the context of your study in detail. Link your results to 
your unique context and highlight new findings that differ from previous 
studies. Explain how your results are affected from contextual change and 
derive conclusions for future research.

● Illustrate how your participants react to 
uncertainty in times of crisis and how that 
uncertainty was reflected in your study.

Supplementary Suggestions
Post-hoc analysis Step 8 – Do not be afraid of post-hoc data collection 

In the case of surprising results, consider additional data collection as it helps 
to draw precise conclusions about your findings and how changing context 
influenced them.

● Collect additional data such as additional 
survey answers, post-hoc interviews, and 
social media posts

Discussion Step 9 – Consider post-hoc theory development 
Consider conducting post-hoc theory development in the discussion that 

speaks directly to the findings. This will provide a sound foundation for 
future studies to explore context and contextual change.

● Suggest the extension of established 
models with new constructs to consider 
the contextual change
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environmental changes, which impact expecta-
tions and behaviour of individuals. When design-
ing your study, consider how context might have 
changed in comparison to established theory. 
Watch out for the many faces of context that 
touch your study and how your contextual situa-
tion might be different from previous research 
(Johns, 2006). As these disruptions are often 
wicked problems, also look for incidents related 
to them that reflect the ball of contextual change 
or signal contextual change in progress 
(Rousseau & Fried, 2001). For instance, while 
the current pandemic is often declared to be the 
trigger for changes in behaviour and expectations 
of individuals, in many cases it is not only the 
pandemic but rather its consequences that trigger 
these changes. For example, it is most likely the 
economic uncertainty that leads to insecurity 
among employees regarding their future job 
situation, not the pandemic itself. Do not risk 
missing the contextual change by focusing too 
much on the initial stimuli.

● Step 2b – Consider how the data might be context 
sensitive. Pay special attention to your constructs 
and evaluate whether, and the extent to which, their 
meaning and measurement is context sensitive. As 
scales are often tailored to a context, it may not be 
enough to only check the construct definition itself. 
Rather we recommend examining context sensitiv-
ity on the item level. For example, the scale for 
turnover intention in our study considers two dif-
ferent time frames (Moore, 2000). While three 
questions ask for turnover intention in the next 
year, one question asks for turnover intention in 
the next five years. Naturally, the questions on the 
turnover intention next year were more affected by 
the progress of the pandemic than the question 
about the turnover intention in five years, since 
presumably the majority of the respondents hoped 
that the situation would have stabilised within five 
years. We recommend going through every single 
item in your study to see if a changing context could 
influence the answers of the survey participants. 
While we do not want to recommend unnecessarily 
adapting established scales, we would like research-
ers to consider collecting additional items and 
tweaking construct measures to tailor them to the 
current context. By adding items, we can have some 
consistency with the literature, while at the same 
time taking into account the changes. An example 
for an additional question to measure turnover 
intention would be – “After COVID-19, how likely 
is it that you will take steps to secure a job at 
a different company?” In addition to a traditional 
question for turnover “How likely is it that you will 
take steps during the next year to secure a job at 
a different company?”

● Step 2 c – Collect context-specific control variables. 
Include variables which pay attention to the con-
text as a control in your research. Select the con-
trol variables that are relevant to your study and 
research project. These control variables not only 
help to control for external influences, but also to 
detect any rapid disruption during the data col-
lection (e.g., by observing shifts in the answers 
over time). Control variables can capture “noise” 
attributable to respondents’ behaviour, attitude 
and perception. For instance, when you are inter-
ested in studying turnover, we recommend 
including questions about how respondents per-
ceive the future of their company. For studies that 
are strongly influenced by emotional states, scales 
such as negative affectivity (Moore, 2000) help to 
control for the negative emotional state of 
respondents. For studies that might be influenced 
by uncertainty due to crises, scales such as coping 
with change help to control for the respondents’ 
attitudes towards change (Cunningham, 2006).

6.2.3. Step 3 – Document the data collection 
process to consider contextual change
During data collection, it is important to document 
real or potential critical incidents, such as real-world 
events, government actions, and media reports, to be 
able to later test their influence in post-hoc analysis. 
For this purpose, we recommend recording occur-
rences and your responses to them as closely as possi-
ble to data collection, such as press releases concerning 
the target group, development of economic KPIs, or 
announcements in the company (see Table 2 as an 
example). If the study context is dependent on the 
economic situation, public data such as the unemploy-
ment rate or company data such as revenue trends 
provide reliable information on economic distur-
bances. Such data could be augmented with scraping 
social media posts on Twitter or Facebook that capture 
the sentiment felt by members of your sample frame. 
Keeping track of such incidents during the data collec-
tion facilitates the investigation of their influence in 
subsequent analysis. Furthermore, doing so in near 
real-time ensures that you have some understanding 
of how participants likely felt as they provided data.

6.3. Retrospective steps

For researches working with data that might be subject 
to contextual change, we recommend to consider six 
additional steps in their research process:

6.3.1. Step 4 – Check your data for contextual 
change
After data collection, we recommend investigating 
whether the data collected is affected by external influ-
ences. This is particularly true for data that is 
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potentially highly dependent on shifts in the economic 
situation or changes in people’s public life, work life, 
and private life, for example. A first review of the data 
can be a simple check of the descriptive statistics. 
Check means, distribution, standard deviation, excess 
kurtosis, and skewness of your variable and look for 
unexpected high or low values. Also look for unusual 
outliers and missing data. A second review of the data 
should involve testing the initial theoretical model to 
see how expected results differ from actual results. If 
the results deviate strongly from established theories, 
as was the case with our data, this could be attributable 
to the influence of changing context. Furthermore, it 
can help in investigating the influence of time on the 
model by considering different periods of time. To do 
so, create a progressive, dummy variable and test its 
impact on the dependent and independent variables of 
your model (see our approach in Act Two). If an 
influence can be identified, for example, by regression 
or correlation, it will become necessary to isolate this 
influence.

6.3.2. Step 5 – Conduct robustness checks
Consider multiple robustness checks for contextual 
change. As mentioned before, contextual change can 
result from different sources of shifts, such as social, 
regulatory, economic, and technological changes. We 
encourage researchers to look at relevant literature 
and theories and decide for themselves which scales 
and items need special attention. With that said, we 
recommend these robustness checks.

● Step 5a – Isolate the influence. Analyze the influ-
ence of the contextual change on the data in 
detail. This can be done by splitting the data 
and observing the difference between data sam-
ples. First, split your data set into different time 
periods. This division allows the data to be com-
pared over time, which might reveal the impact of 
critical incidents in patterns. Pay particular atten-
tion to critical incidents that you identified in 
Step 3. Second, split your data sample based on 
demographic variables, such as place of resi-
dence, age, or gender. This division allows the 
data to be compared for differences in responses 
or behavior of participants, which are based on 
the characteristics of the respondents. For exam-
ple, parents may be more affected by the current 
regulations on working from home than respon-
dents living alone. After splitting the data set, run 
the following robustness checks. First, visualize 
individual constructs and their development over 
time. By means of visual deviation you can see 
whether variables have changed during the 
course of data collection (see Figures 2 and 3 in 
Act Two). Second, compare the split data samples 
based on time or demographics and identify 

significant differences between samples. With 
normal distribution, these can be verified by 
means of an independent t-test (2 samples) or 
an ANOVA test (several samples). For data with-
out normal distribution, use non-parametric tests 
such as the Wilcoxon-Mann-Whitney test (2 
samples) or the Kruskal Wallis test (several sam-
ples). Lastly, running the model at different 
points in time of data collection or for different 
groups of respondents provides information on 
how responses have changed due to critical inci-
dents (see Figures 4 and 5 in Act Two). To do 
this, map your data with events that you identi-
fied while collecting the data as well as incidents 
that assumed greater post-hoc importance (see 
Table 2). Triangulating your data with publicly 
available data from remarkable events allows you 
to gain knowledge based on a larger data 
resource. These can be major events such as the 
announcement of the lockdown in our study, or 
simply an internal company announcement in 
the firm in which the study is being conducted. 
When doing so, take care to consider whether 
there is a lag in the events effects on your data. 
In the case of COVID-19 in Germany, the con-
sequences of short-time work on the attitude of 
German employees could only become noticeable 
with a delay after weeks or months of reduced 
working hours, and consequently also salaries. By 
considering remarkable events, you create an 
opportunity to check whether you can identify 
the influences of these events. Using multigroup 
analysis you can then determine whether the 
samples differ significantly from each other 
(Ahuja & Thatcher, 2005; Qureshi & Compeau, 
2009).

If your variables are not time-sensitive or you 
are not able to compare samples based on demo-
graphics, it is a good idea to compare the data 
collected with past studies. When doing so, con-
sider the context (temporal context, cultural con-
text, characteristics of the respondents, etc.) of 
the current and past studies. You may find 
instructions for comparing replica studies to be 
helpful in this regard (Simonsohn, 2015). Check 
to what extent established relations in theories 
can be verified in your study or whether they 
turned out differently than assumed. Compare 
the quality criteria of your study with compar-
able, earlier studies. Note if there are differences 
in the descriptive statistics (e.g., means, distribu-
tion). Compare the internal consistency reliabil-
ity, the convergent validity, and the discriminant 
validity of your constructs with the same con-
structs of previous studies (e.g., Cronbach’s 
alpha, AVE, outer, and cross loadings). 
Deviations in these values provide information 
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at the item as well as the construct level. Third, 
compare the relations (e.g., signs and signifi-
cance), as well as the coefficient of determination 
(e.g., R²) to detect deviations of relationships in 
the models. Finally, likelihood-ratio tests let you 
assess the goodness of fit of your model com-
pared to the models of previous research 
(Glover & Dixon, 2004). Investigate what circum-
stances and context caused the results of your 
study to differ from the results of previous stu-
dies. At the end of this step, you should have an 
understanding of which variables have been 
influenced by the changing context and how 
this influence has affected them (increasing, 
decreasing, inverted directions, no change).

● Step 5b – Control for the influence. If you decide 
that your data remains useful, despite the influ-
ence of the contextual change, we recommend to 
include control variables in your analysis. These 
may be control variables which you specifically 
considered for the control of contextual change 
in the data collection process (see Step 2 c). 
However, also consider data that are publicly 
available and can be integrated in the analysis 
retrospectively. Examples for retrospective con-
trol variables are social media data, stock prices, 
or regular business reports of firms. Depending 
on the type of influence, you should consider 
different types of control variables. Control time- 
sensitive data by using a dummy, progressive 
control variable, which reflects the chronological 
course of the data collection (see Act Three). 
Alternatively, a simple, binary variable (0|1) can 
be introduced to control the influence of 
a specific event. Furthermore, control data that 
correlates with the economic situation with the 
aid of economic indicators. For example, data 
that depends on the job market can be controlled 
by the unemployment rate or the number of job 
offers (see for example, Joseph et al. (2015)). 
Lastly, control data that is impacted by the per-
ception and attitude of individuals with senti-
ment data scraped from social media posts or 
psychological scales such as negative affectivity 
(Moore, 2000).

6.3.3. Step 6 – Report contextual change in the 
data collection
Our experience illustrates how data collection can be 
time sensitive. Even if timing has been treated as an 
essential contextual factor in management research 
(Mitchell & James, 2001) we rarely see the timing of 
data collection reported in papers. We completed 
a closet analysis of the papers published in EJIS since 
2015, which included data collection (quantitative + 
qualitative; n = 103) and found that only 32% (33 
articles in total) reported specifications of the time of 

the data collection. Of those papers, 20 reported 
the year of the data collection. Eight articles reported 
the month, and only five articles reported the specific 
dates. If data were collected during a time of contex-
tual change, this must be made transparent in the 
reporting of the study. Our experience suggests 
a need for providing greater detail (than typically 
found in IS journal papers), of data’s provenance, 
particularly for data collection disrupted by external 
factors. It is important to clearly explain how the 
research design was originally planned, what data 
was collected, when data was collected, and how the 
data compares to existing studies. This will make it 
easier for the reader to assess the impact of contextual 
change – such as what is happening through COVID- 
19 – on the study’s findings.

6.3.4. Step 7 – Discuss the findings with regard to 
context and contextual change
Finally, it is equally important to relate the results 
found to the current situation of the pandemic, and 
accordingly, to explain how the global crisis might 
have affected the results in concrete terms. In the 
case of our study, the decrease in turnover intention 
illustrates the uncertainty that IT professionals are 
currently facing. In uncertain times, risk affinity 
decreases and at the same time the willingness to 
change the current job (Callanan et al., 2017). An 
increase in affective commitment and person- 
organisation fit is most likely due to the positive 
responses of companies to the COVID-19 crisis. The 
increase in professional commitment could be 
explained by many IT professionals now realising 
that the IT profession is a robust profession with 
good future prospects, which can be practiced inde-
pendent of the workplace. By discussing the effects 
found in the data, we can gain a better understanding 
of the events of the current crisis and their impact on 
social and behavioural IS research.

6.4. Supplementary suggestions

6.4.1. Step 8 – Do not be afraid of post-hoc data 
collection
One implication of your study could be that theories 
cannot be applied as expected. As in our case, estab-
lished models could not be confirmed, which led us to 
investigate how the changing context impacted our 
study. In order to glean further insight into these 
phenomena, we conducted post-hoc interviews. Do 
not hesitate to collect additional data, it could be 
extra, time-delayed answers of the same survey, or 
other forms of data, such as post-hoc interviews or 
social media posts. This additional data collection 
allows you to draw more precise conclusions about 
the context change and its implications on the findings 
of your study. Repeated collection of the data with the 
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same sampling also opens up the possibility of long-
itudinal research and thus provides insights into 
changes over time.

6.4.2. Step 9 – Consider post-hoc theory 
development
Detecting different results than expected due to con-
text change raises the question of how to deal with 
resulting new findings. We argue that it suggests 
a need for post-hoc theory development in the discus-
sion that speaks directly to the findings (Durcikova 
et al., 2018), especially if the contextual change is so 
radical that theories can no longer be applied and 
therefore have to be developed anew. The bar for 
such post-hoc theory development should not be pri-
marily whether it is completely generalisable, but 
rather whether it is accurate and faithful to the data 
which was collected and whether it is parsimonious 
vis-a-vis to the phenomena of interest. By doing so, 
researchers create opportunities for enriched under-
standing of how the sociotechnical context is shaped 
by broader health, social, or economic conditions.

6.5. Radical contextual change and theory 
change

We recognise that our guidelines are primarily moti-
vated by the assumption that contextual change dur-
ing the data collection needs to be sought and 
detected. We also acknowledge that there are contex-
tual changes and circumstances that might lead to 
such radical shifts that they are hard to overlook. 
However, these radical changes shift the theoretical 
lens in such a way that theory is not applicable any-
more, leading to a Promethean leap (Conboy, 2019), 
meaning that it represents something unprecedented.2 

One example is the introduction of the General Data 
Protection Regulation. Its introduction in 2018 caused 
a major shift of context, entailing the development of 
new theories on data protection and related behaviour 
since then. This type of radical contextual change is 
well illustrated by the results of a recently published 
replication study examining privacy behaviour 
(Hermes et al., 2020). In their replication study, the 
authors find significant differences in the disclosure 
behaviour of their participants compared to the origi-
nal study, which they attribute in part to the introduc-
tion of the GDPR that took place between the two 
studies. The authors argue that due to the recent dis-
cussions on GDPR, the participants in their study may 
have developed such a strong affinity for privacy that 
they were no longer willing to reveal their actual dis-
closure behaviour.

In the case of radical contextual change, we recog-
nise that the guidelines as we describe them are only 
applicable to a limited extent. We also point out that 
contextual change may be too radical to be captured 

by measures in data collection or analysis. As men-
tioned in Step 1 of our guidelines, researchers experi-
encing radical contextual changes may opt to consider 
a shift of the theoretical lens and acknowledge this 
shift in the limitations and the discussion of the find-
ings. This allows radical contextual change to be used 
as an opportunity to redefine IS problems and develop 
new IS theories rather than only seeing it as a threat to 
generalisability. A world full of rapid and radical 
change may seem daunting at first glance, but is also 
a valuable opportunity for IS researchers to invigorate 
the understanding of how the environment affects 
research.

7. Conclusion

Global crises, such as the COVID-19 pandemic, pre-
sent many researchers with professional challenges. 
While the world society is currently disrupted, the 
contextual change resulting from the shifts in global 
economy brings with it implications for IS researchers 
to think about the interplay between context, research 
design, and data quality. On the one hand, this change 
poses significant threats to generalisability, but it also 
opens up numerous opportunities to study boundary 
conditions on IS research that are difficult to study 
under “normal” circumstances. Based on lessons 
drawn from our confessional tale, we draw research-
ers’ attention to the perils of conducting research in an 
environment of changing context as well as offer 
recommendations on how to address disruptions in 
data collection rooted in the context. We hope that our 
experiences will help future researchers navigate the 
unexpected in what appears to be an interesting junc-
ture in our shared global experience.

Note

1. To prevent layoffs, companies in Germany are 
allowed to announce short-time work if the regular 
working hours have to be reduced temporarily for 
economic reasons or due to unavoidable events. 
Employees are guaranteed at least 60% of their net 
salary, regardless of the actual hours worked. Gaps 
between the reduced salary and the guaranteed short- 
time working payment are compensated by the 
Federal Employment Agency.

2. We thank the senior editor for bringing these radical 
contextual changes to our attention.
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Appendix A Data analysis

Preliminary analysis of our data indicated non-normal distri-
butions in the data, which is why we decided to use techniques 
robust to non-normal distributions to test the differences 
between the waves as well as to test the whole model. As PLS- 
SEM is known to be able to handle data with non-normal 
distribution as well as formative constructs, we decided to 
analyse our model with PLS-SEM, and selected SmartPLS as 
the appropriate software tool (Ringle et al., 2015). In the 
following, we provide details about the analysis process. Table 
6 provides information on the descriptive statistics of the data. 

Tables 7 and 8 provide information on the evaluation of the 
measurement model, as well as of the structural model.

To check the reliability and validity of the constructs, we 
used Cronbach’s alpha and average variance extracted 
(AVE) (Hair et al., 2016). Our data indicated both reliability 
(Cronbach’s Alpha > 0.8) and validity (AVE > 0.6). To assess 
discriminant validity, we calculated the square root of the 
AVE of each construct and compared it with correlations 
among the latent variables. Furthermore, we checked the 
items’ loadings as well as cross loadings of the constructs. All 
items loaded higher on the intended construct than on all 
other constructs (Hair et al., 2016) . Both checks prove the 
constructs’ discriminant validity. Please note that we have 
decided to reduce the items of the construct “professional 
ambition” because of low factor loadings. Although this 
meant that we had to measure professional ambition based 
on a formative two-item construct, we decided to keep the 
construct in the model, because we believe it helps to make 
the influence of contextual change in our data collection 
process transparent. Lastly, as the correlation matrix indi-
cates high correlation between affective commitment and 
person-organisation fit, we examined VIF to detect issues 
with collinearity. However, all inner VIF values were clearly 
beneath the critical value of 5, which proves the correctness 
of the model.

Table 6. Descriptive statistics.

Item Mean Median Standard Deviation Excess Kurtosis Skewness

Training (6 months) 0.737 1.000 0.440 −0.825 −1.088
AC1 5.034 5.000 1.808 −0.497 −0.701

AC2 5.597 6.000 1.435 1.517 −1.336
AC3 5.520 6.000 1.563 0.559 −1.130

AC4 5.376 6.000 1.652 0.346 −1.062
JS1 5.497 6.000 1.355 1.559 −1.420

JS2 5.164 5.000 1.382 0.919 −1.100
JS3 5.531 6.000 1.338 2.255 −1.505
PJ1 5.418 6.000 1.416 0.501 −1.011

PJ2 5.436 6.000 1.286 0.142 −0.762
PJ3 5.367 6.000 1.436 0.081 −0.873

PC1 5.039 5.000 1.548 −0.220 −0.634
PC2 5.458 6.000 1.411 1.412 −1.285

PC3 5.230 6.000 1.539 0.148 −0.933
PC4 5.475 6.000 1.366 0.726 −1.053

PO1 5.101 5.000 1.536 −0.164 −0.777
PO2 5.153 6.000 1.549 0.048 −0.883
PO3 5.258 6.000 1.522 0.239 −1.024

PA1 6.260 6.000 0.877 3.685 −1.600
PA2 5.337 6.000 1.245 1.245 −1.174

TI1 2.212 1.000 1.658 1.349 1.460
TI2 3.243 3.000 1.946 −1.020 0.419

TI3 3.297 3.000 1.837 −0.718 0.531
TI4 3.235 3.000 2.000 −0.989 0.514
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Table 7. Correlations, AVE, and Cronbach’s Alpha*.

Affective 
Commitment

Job 
Satisfaction

Prof. 
Ambition

Perc. Job 
Alternatives

Person 
Organisation Fit

Prof. 
Commitment

Training 
6 Months

Turnover 
Intention

Affective 
Commitment

0.727

Job Satisfaction 0.603 0.826
Prof. Ambition 0.325 0.254 -

Perc. Job 
Alternatives

0.239 0.163 0.289 0.846

Person 
Organisation Fit

0.804 0.723 0.276 0.165 0.855

Professional 
Commitment

0.439 0.408 0.315 0.104 0.389 0.697

Training 6 Months 0.208 0.145 0.185 0.046 0.193 0.065 -

Turnover Intention −0.607 −0.512 −0.083 −0.021 −0.581 −0.310 −0.176 0.770
Cronbach’s Alpha 0.874 0.895 - 0.909 0.915 0.851 - 0.900

*As professional ambition was measured as a formative construct, it is not appropriate to report or interpret AVE or reliability.

Table 8. Loadings and cross loadings.

Affective 
Commitment

Job 
Satisfaction

Prof. 
Commitment

Perc. Job 
Alternatives

Person Org. 
Fit

Prof. 
Ambition

Turnover 
Intention

Training 
6 Months

AC1 0.850 0.497 0.459 0.106 0.682 0.216 −0.636 0.118
AC2 0.768 0.517 0.271 0.267 0.585 0.341 −0.424 0.281

AC3 0.894 0.473 0.383 0.273 0.683 0.296 −0.480 0.163
AC4 0.891 0.569 0.359 0.196 0.782 0.273 −0.497 0.167

JS1 0.579 0.919 0.338 0.184 0.687 0.194 −0.464 0.116
JS2 0.581 0.921 0.404 0.115 0.716 0.280 −0.489 0.163
JS3 0.479 0.887 0.369 0.149 0.562 0.213 −0.440 0.113

PC1 0.324 0.328 0.808 −0.018 0.260 0.211 −0.294 −0.034
PC2 0.417 0.318 0.704 0.215 0.351 0.306 −0.219 0.122

PC3 0.370 0.348 0.906 0.117 0.325 0.298 −0.232 0.106
PC4 0.363 0.365 0.905 0.056 0.366 0.246 −0.280 0.040

PJ1 0.198 0.114 0.045 0.934 0.132 0.209 −0.022 0.047
PJ2 0.245 0.160 0.157 0.898 0.173 0.387 −0.029 0.034
PJ3 0.221 0.185 0.096 0.926 0.157 0.213 −0.004 0.043

PO1 0.700 0.651 0.354 0.200 0.905 0.285 −0.505 0.213
PO2 0.807 0.689 0.362 0.115 0.949 0.251 −0.589 0.148

PO3 0.717 0.666 0.364 0.148 0.918 0.231 −0.513 0.177
PA1 0.224 0.112 0.199 0.211 0.145 0.898 −0.047 0.178

PA2 0.299 0.355 0.323 0.243 0.342 0.506 −0.094 0.070
TI1 −0.518 −0.445 −0.312 −0.016 −0.491 −0.009 0.873 −0.115
TI2 −0.545 −0.473 −0.285 −0.032 −0.526 −0.124 0.917 −0.197

TI3 −0.557 −0.433 −0.296 −0.024 −0.529 −0.077 0.823 −0.123
TI4 −0.508 −0.443 −0.190 0.000 −0.489 −0.079 0.895 −0.184

Training 0.208 0.145 0.065 0.046 0.193 0.185 −0.176 1.000
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